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Dissection of genetic architecture 
of rice plant height and heading 
date by multiple-strategy-based 
association studies
Liyuan Zhou1, Shouye Liu1, Weixun Wu2, Daibo Chen2, Xiaodeng Zhan2, Aike Zhu2, 
Yingxin Zhang2, Shihua Cheng2, Liyong Cao2, Xiangyang Lou3 & Haiming Xu1

Xieyou9308 is a certified super hybrid rice cultivar with a high grain yield. To investigate its underlying 
genetic basis of high yield potential, a recombinant inbred line (RIL) population derived from the 
cross between the maintainer line XieqingzaoB (XQZB) and the restorer line Zhonghui9308 (ZH9308) 
was constructed for identification of quantitative trait SNPs (QTSs) associated with two important 
agronomic traits, plant height (PH) and heading date (HD). By re-sequencing of 138 recombinant inbred 
lines (RILs), a total of ~0.7 million SNPs were identified for the association studies on the PH and HD. 
Three association mapping strategies (including hypothesis-free genome-wide association and its two 
complementary hypothesis-engaged ones, QTL-based association and gene-based association) were 
adopted for data analysis. Using a saturated mixed linear model including epistasis and environmental 
interaction, we identified a total of 31 QTSs associated with either the PH or the HD. The total 
estimated heritability across three analyses ranged from 37.22% to 45.63% and from 37.53% to 55.96% 
for the PH and HD, respectively. In this study we examined the feasibility of association studies in an 
experimental population (RIL) and identified several common loci through multiple strategies which 
could be preferred candidates for further research.

As an important staple crop that provides food source for over half of the world population, rice (Oryza sativa L.) 
plays a pivotal role in food security in most rice growing countries especially in Asia1. To satisfy the food demand, 
super rice breeding program was launched in China in 19962. Since then dozens of super rice varieties including 
Xieyou9308 have been successfully bred and a significant advance has been achieved after release of these super rice 
varieties to rice farming2. However, for further improvement, it is a necessary process to dissect the genetic basis 
of valuable agronomic traits. Xieyou9308 is a super hybrid rice variety with a grain yield as high as 12.23 ton/ha2  
and thus attracts more attention toward uncovering of its genetic mechanisms involved in high yield potential. 
Plant height (PH) and heading date (HD) are two determinant traits owing to their crucial roles in plant architec-
ture and environment adaptability that are closely associated with the yield potential of rice.

In general, the PH and HD are regarded as complex traits which are quantitatively inherited. Based on the 
conventional molecular markers and experimental population, many studies on QTL linkage mapping have been 
conducted to explore the casual loci for the phenotypic variation of the PH and HD in various rice populations as 
recorded in the Gramene QTL Database (http://archive.gramene.org/qtl/)3, including several QTL linkage studies 
based on derived populations from Xieyou9308 for dissecting the genetic basis of important agronomic traits4–6. 
Although numerous QTLs have been identified, only a minority of them has been successfully cloned because 
the detected QTLs still cover a large candidate region where there are considerable number of unrelated genes7 
due to the limited number of polymorphism markers used and the insufficient meiotic recombination events in 
conventional linkage mapping. As a result, a lot of work on narrowing down of the QTLs is still needed until it 
can be applied in consequent breeding program effectively, such as marker-assisted selection (MAS). Association 
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study is another promising analytic approach that makes use of historic recombination events for mapping casual 
genes, but are limited in the early time because of the unavailability of sufficient number of polymorphisms. More 
recently, benefiting from the advances on the genotyping technology, it has become possible and commonplace 
to obtain a large panel of polymorphisms such as the single nucleotide polymorphisms (SNPs), which results in 
extensive applications of association methods in genetic dissection of complex traits on a genome-wide scale 
for various organisms8–11 including rice12–14. Such new technologies provide the promise to accelerate detection 
and cloning of QTLs and thus to conduct precise molecular breeding design for improvement of many crop 
quantitative traits15,16. Using association strategy, Huang et al.12 conducted a genome-wide mapping in a natural 
population of Oryza sativa indica subspecies and identified a total of 37 loci associated with 14 agronomic traits, 
including 7 loci for HD. Moreover, a GWAS based on 413 diverse accessions of O. sativa from 82 countries, identi-
fied 234 loci associated with 34 agronomic traits using 44,100 identified SNP variants13. In a further investigation 
by Huang et al.14, they reported other 32 new loci associated with flowering time and with ten grain-related traits 
based on a natural population of 950 worldwide rice varieties including the Oryza sativa indica and Oryza sativa 
japonica subspecies.

In the present study, to explore the specific genetic basis of the super hybrid rice Xieyou9308 and to further 
dissect QTL regions for mining functional genes, a recombinant inbred line (RIL) population derived from the 
Xieyou9308 was sequenced for the identification of quantitative trait SNPs (QTSs) associated with the PH and 
HD by using a newly developed association mapping software, QTXNetwork17. It was developed based on mixed 
linear model approaches, and includes GMDR-GPU18 as a module for efficient preliminary filtering when nec-
essary. Additionally, to make full use of information from previous studies (including previously reported QTLs 
and annotated genes of rice) and thus improve the reliability of the detected QTSs, three mapping strategies, i.e., 
the “agnostic” genome-wide association mapping (GWA) that treats all genetic variants equally across the whole 
genome ignoring prior information, and two complementary hypothesis-driven strategies: QTL-based associa-
tion mapping (QBA) and gene-based association mapping (GBA), were performed separately in this study. The 
results demonstrated that association mapping in an experimental population could enhance or complement 
previous QTL mappings through multiple comparative analyses and thus provide more precise genetic variant 
information for subsequent gene cloning and genetic improvement of the traits.

Results
Structure of Linkage Disequilibrium. Linkage disequilibrium (LD) is the basis of association mapping 
which is also called as linkage disequilibrium mapping (LDM). The extent of LD highly varies across species, 
populations, even chromosome regions, and thus it is more reliable to estimate the empirical LD according to the 
investigated population. Here the LD decay rate is measured at the chromosomal distance when the average 
squared pairwise correlation coefficient (r2) of SNPs drops to the half of its maximum value r( )max

2 . Using PLINK19 
and the ~0.7 million SNPs, we estimated the pairwise LD for all SNPs in the same chromosome within 1 Mb and 
then averaged the r2 every 1 kb distance. The LD patterns were analyzed both on whole-genome wide scale and 
each separate chromosome and the results are presented in Fig. 1. As shown in the top panel of Fig. 1, the whole 
genome-wide LD decay rate was estimated at approximately 1,000 kb, which is larger than the previous esti-
mate12,20 from several rice natural populations (~100 kb to over 200 kb). We further examined the LD patterns of 
each chromosome and found it varied across 12 chromosomes (Fig. 1) with an estimated value ranging from 
~400 kb (chromosome 10) to over 1000 kb (chromosome 4 and chromosome 9), which might lead to differential 
resolutions at different chromosomes. It is noteworthy that the estimate of LD may also depend on the marker 
numbers used in calculation as it turned out to be < 50 kb when we calculated the pairwise r2 for every specific 
SNP only with its 10 adjacent SNPs (the default setting for −  − ld−  window of PLINK).

Estimated Heritability and Genetic Effects. Three mapping strategies (GWA, QBA and GBA) were 
adopted to identify candidate variants responsible for the phenotypic variation of the PH and HD; as a result, a 
total of 31 QTSs were detected significantly associated with the target traits. As shown in Table 1, the total pheno-
typic variance explained by the corresponding SNPs varies from 37.22% to 45.63% and from 37.53% to 55.95% 
for the PH and the HD, respectively. There was no significant QTS-environment interaction detected, indicating 
that the two traits are genetically highly stable across the two investigated locations. In addition, no epistasis was 
detected by three strategies for the PH and HD (Table 1).

As shown in Table 1, 14 QTSs were identified for the PH by three strategies, of which 6 were detected by the 
GWA, 5 by the QBA and 5 by the GBA, respectively. In the GWA mapping, the estimated total heritability of 
6 SNPs was 45.63% and four of these SNPs exhibited large and positive additive effects with individual herita-
bility ranging from 4.62% to 11.99%. Of note, the positive or negative effects of loci depend on the coding of 
genetic variants. In this study we coded the additive coefficient of paternal allele homozygotes (QQ, ZH9308) 
as “1” and the maternal allele homozygotes (qq, XQZB) as “− 1”. The reported effect is for the genotype of QQ 
and it should be the opposite value for genotype of qq. Here the positive additive effects indicate that paternal 
allele homozygotes (QQ, ZH9308) at these loci (rs25397447, rs2745731, rs36929057, rs8819284) could increase 
the plant height while it will be decreased by their maternal allele homozygotes genotype (qq, XQZB) at these 
loci; in contrast, the plant height will be increased by its maternal allele homozygote (qq, XQZB) at the SNP 
rs14788399 and the rs4468159 because they exhibited negative additive effects (Table 1). The following mapping 
results could be interpreted in the similar way. In the QBA mapping, we detected 5 significant SNPs distributing 
on 4 chromosomes with the total estimated heritability of 37.22%, less than that in the GWA mapping. Likewise, 
two SNPs (rs14788399 and rs4468159) which were also declared significant in the GWA still exhibited negative 
additive effects while the other three SNPs (rs37194796, rs9040677, rs9669459) expressed positive additive effects 
with individual heritability ranging from 6.1% to 9.89%. In the GBA mapping, we obtained the total heritability 
of 40.19% contributed by 5 SNPs with individual heritability varying from 5.72% to 10.63%; out of these detected 
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SNPs, only one SNP (rs10809004) showed negative effects while the others exhibited positive additive. In com-
parison of results from three strategies, we observed there are four physically close SNPs (rs8819284, rs9040677, 
rs9669459 and rs10179007) on chromosome 6 identified by three mapping strategies (Fig. 2a); three of them 
(rs8819284, rs9040677 and rs10179007) have relatively stronger pairwise LD (r2) between each other (ranging 
from 0.52 to 0.56, see Supplementary Fig. S1), which indicate these three SNPs may represent one same causal 
locus controlling the PH; the remaining one (rs9669459) has very weak pairwise LD (r2) with the other three 
SNPs (ranging from 0.006 to 0.02), indicating it should be another genetic variant although it is quite physically 
near the other three SNPs and also exhibits similar magnitude additive effect on the PH as rs9040677 in the QBA 
(Table 1). In addition, there were three loci, scattering in the end of chromosome 3, the middle of chromosome 
7 and the forehead of chromosome 11, detected by two strategies (GWA and QBA, Fig. 2a). For the loci located 
on chromosome 7 and chromosome 11, they were captured by the rs14788399 on chromosome 7 and by the 
rs4468159 on chromosome 11, respectively, which were detected both in the GWA and the QBA; the remain-
ing locus located on chromosome 3 was captured by different SNPs (rs36929057 in GWA and rs37194796 in 
QBA), but with pairwise LD (r2) reaching up to 0.78, indicating these two SNPs might still represent one same 
causal locus. These common loci detected in multiple strategies could be regarded as high priority candidates for 
follow-up.

For the HD (Table 1), we totally identified 17 significant SNPs; out of them, only the rs17909546 on chromo-
some 10 was detected by both the GWA and the GBA. In the GWA mapping, 5 significant SNPs were detected 
with total heritability of 41.56%: only the rs3033880 on chromosome 6 showed large negative additive effects with 
individual heritability of 11.53%; two SNPs (rs22665688, rs17909546) showed similar modest-size positive addi-
tive effects while the remaining two (rs12807091, rs26023433) showed relatively small positive additive effects. In 

Figure 1. The patterns of LD decay with distance. Decay of LD (r2) with distance (kb) between SNPs was 
summarized both across whole genome and each chromosome; the average LD over chromosomes was given in 
distance 1 kb; the threshold (grey horizontal line) was set at the half of its maximum =r r( /2)T max

2 2 .
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the QBA mapping, we obtained the largest heritability (55.95%) contributed by 7 SNPs: as we would expect, there 
was one locus on chromosome 6 captured by SNP rs3070122 showing negative additive effect with heritability of 
11.55%, which was also captured by another SNP rs3033880 with similar effect size and heritability (11.53%) in 
the GWA; additionally, we found that another locus on chromosome 5 captured by SNP rs2083119 also exhibited 
negative additive effect; the remaining five SNPs showed modest-size positive additive effects with individual 
heritability ranging from 5.72% to 9.53%. In the GBA mapping, we obtained the total estimated heritability of 
37.53% explained by 6 SNPs: we found the locus located on chromosome 6, which was detected previously both 
in the GWA and QBA, still showed negative effects at SNP rs3112796; the other SNPs exhibited positive additive 
effects with individual heritability varying from 4.09% to 9.79%. Likewise, we obtained some common or approx-
imately common loci across multiple strategies (Fig. 2b). The SNP rs17909546 on chromosome 10 is an exactly 
common one detected both in the GWA and GBA and its adjacent SNP (rs17462383) was detected in the QBA 
with pairwise LD (r2) of 0.40 (see Supplementary Fig. S1). The aforementioned locus on chromosome 6 with 
negative effects is an approximately common locus because it was captured by three different SNPs (rs3033880, 
rs3070122, rs3112796) in three strategies between which there exist strong pairwise LD (r2) ranging from 0.34 to 
0.53. In addition, there are other two loci located on chromosome 1, one of which was captured by rs12807091 in 
the GWA and by rs14583697 in the QBA (with LD (r2) of 0.53), and the other was captured by rs22665688 in the 
GWA and by rs22139712 in the GBA (with LD (r2) of 0.46). As described above, these common or approximately 
common loci detected by at least two strategies could be regarded as preferred candidates for further research.

Trait QTS Chr. Allele Strategy Effect type Effect size −log10 (P) h2 (%) hT
2 (%)

PH

rs25397447 1 A/G GWA a 2.61 10.74 8.91

45.63

rs2745731 3 G/A GWA a 3.03 14.19 11.99

rs36929057 3 G/A GWA a 2.50 9.96 8.21

rs8819284 6 A/T GWA a 1.88 5.89 4.62

rs14788399 7 A/T GWA a − 1.83 5.60 4.37

rs4468159 11 C/T GWA a − 2.40 9.19 7.53

rs37194796 3 C/T QBA a 2.85 10.36 9.89

37.22

rs9040677 6 T/A QBA a 2.34 7.23 6.69

rs9669459 6 T/C QBA a 2.24 6.65 6.10

rs14788399 7 A/T QBA a − 2.72 9.54 9.04

rs4468159 11 C/T QBA a − 2.12 6.06 5.50

rs24562025 1 G/A GBA a 2.20 6.55 5.72

40.19

rs10179007 6 C/G GBA a 3.01 11.59 10.63

rs7478190 8 G/T GBA a 2.31 7.15 6.29

rs489068 12 C/T GBA a 2.63 9.04 8.14

rs10809004 12 C/A GBA a − 2.83 10.35 9.41

HD

rs12807091 1 T/C GWA a 1.58 5.57 4.67

41.56

rs22665688 1 C/T GWA a 2.29 10.89 9.71

rs26023433 1 C/T GWA a 1.41 4.54 3.71

rs3033880 6 A/T GWA a − 2.49 12.78 11.53

rs17909546 10 A/G GWA a 2.53 13.2 11.94

rs14583697 1 G/A QBA a 2.28 13.94 9.53

55.95

rs4139855 4 T/C QBA a 2.22 13.26 9.03

rs2083119 5 C/T QBA a − 1.94 10.28 6.88

rs3070122 6 G/A QBA a − 2.51 16.73 11.55

rs14516781 7 A/T QBA a 2.02 11.09 7.46

rs13634598 10 G/A QBA a 1.78 8.75 5.78

rs17462383 10 T/C QBA a 1.77 8.66 5.72

rs22139712 1 G/A GBA a 1.91 7.64 7.08

37.53

rs32347548 4 T/C GBA a 1.66 5.95 5.36

rs3112796 6 G/A GBA a − 1.78 6.77 6.19

rs12634148 10 C/T GBA a 1.45 4.67 4.09

rs17909546 10 A/G GBA a 2.24 10.31 9.79

rs457324 12 C/T GBA a 1.61 5.60 5.02

Table 1.  The estimated heritability and genetic effects of all significant SNPs for the plant height (PH) and 
the heading date (HD) through three analysis strategies. QTS =  the detected significant SNPs associated with 
the PH and the HD; Chr. =  chromosome; Allele =  paternal allele/maternal allele; GWA =  genome-wide 
association, QBA =  QTL-based association, GBA =  gene-based association; a =  additive effect for paternal allele 
homozygotes (QQ, ZH9308), -a for maternal allele homozygotes (qq, XQZB); − log10 (P) =  inverse of the base 10 
logarithm of p-values for significance of genetic effects; h2 (%) =  heritability in percentage due to the genetic 
component effect; hT

2 (%) =  total heritability equal to summation of heritabilities of all individual QTSs.
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It has been observed that two loci resided in the middle of chromosome 7 and the front-end of chromosome 
12 are associated with both traits, respectively (Fig. 1c). Generally, these loci shared by multiple traits are regarded 
as the genetic basis of pleiotropism, which make it possible for us to improve multiple traits simultaneously via 
manipulating these pleiotropic loci. However, when we examine the correlations between the significant SNPs 
detected for the PH and DH, only the correlation of the SNPs on chromosome 12 is quite strong (r2 ≈  0.52, see 
Supplementary Fig. S1) but very weak for the SNPs on chromosome 7 (r2 ≈  0.003), indicating that the SNPs on 
chromosome 7 represent actually two different genetic variants though they are quite close in terms of physical 
distance. For the locus on chromosome 12, the high LD between the representative SNPs and the strong pheno-
typic correlation between PH and HD (r ≈  0.59, see Supplementary Table S1) together indicated that this locus 
might have pleiotropic effects.

Breeding Value Prediction and Candidate Genes. Theoretically, the genetic information on the 
detected QTSs could be utilized in improving the performance of corresponding target traits in breeding. Base on 
the genetic effects of QTSs, we could design any target genotypes and evaluate their breeding potential by anal-
ysis of genetic values. Since the GE interactions were not detected on the PH and HD in this study, thus the total 
genetic values keep unchanged across environments. As shown in Table 2, we calculated the total genetic values 
of the restorer line ZH9308 and the maternal line XQZB whose genotypes at all detected QTSs were denoted as 
QQ and qq, respectively. Further, the total genetic values were also estimated for all inbred lines, of which the 
highest one is regarded as the best line and denoted as BL. In addition, using the prediction methods21, we also 

Figure 2. The genomic distribution of detected QTSs for the PH and the HD. (a) Genomic positions 
of detected significant QTSs associated with the plant height through three strategies: Red, genome-wide 
association strategy (GWA); Blue, QTL-based association strategy (QBA); Yellow, gene-based association 
strategy (GBA). (b) Genomic positions of detected significant QTSs associated with the heading date through 
three strategies. (c) Genomic positions of detected significant QTSs associated with the plant height (Inverted 
triangle) and the heading date (triangle) through three strategies.
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predicted the superior genotype which could achieve the potential highest total genetic values and thus was 
referred to as superior line (SL). The corresponding estimated population means were also presented in Table 2. 
As shown in Table 2, the total genetic values of ZH9308 are much higher than XQZB on both traits across three 
strategies, which is consistent with the fact that the XQZB has inferior performance on plant height and heading 
date compared with the ZH9308. Moreover, there is no difference between the BL and the predicted SL on total 
genetic values for the PH and HD across three strategies, meanwhile, both of which are much higher than the 
better parent (ZH9308), indicating that the selected best recombinant-inbred progeny could improve plant height 
and heading date as compared with better parent line (ZH9308) but has no potential for further improvement of 
these traits based on the detected QTSs as it already achieved the potential highest total genetic values.

According to the latest version of the rice genome annotation (MSU Rice Genome Annotation Project Release 7,  
http://rice.plantbiology.msu.edu/index.shtml), of 31 QTSs associated with the PH and the HD, 15 QTSs are 
located within annotated genes as presented in Table 3. Most target genes encode constitutive proteins or 
enzymes, which exert a fundamental role in life activity, like transcription regulation, lipid metabolism, cellular 
growth and differentiation. For the PH, the variant on chromosome 1 (rs24562025) locates in the gene CENP-C1 
(also called CENP-C), which encodes the protein centromere protein C1 (CENPC1/CENPC). This protein is 
the component of the CENPA-NAC (nucleosome-associated) complex, a complex that plays a role in assembly 
of kinetochore proteins, mitotic progression and chromosome segregation22,23. Another plant height associated 
SNP rs4468159 locates in the gene encoding the DnaK (Hsp70) family protein which is a kind of chaperones 
protein. Mutations in DnaK have been previously shown to affect both DNA and RNA synthesis in E. coli24, 
indicating the DnaK is involved in chromosomal DNA replication. These biological processes may occur during 
cell proliferation and cell division which are closely related to plant growth. The helix-loop-helix (HLH) proteins 
harboring the variant rs22139712 associated with the HD has been reported by previous studies25 that it functions 
in developmental processes. GDSL-like lipase/acylhydrolase (harboring rs12807091), retrotransposon protein of 
Ty3-gypsy subclass (harboring rs12634148) and zinc finger, C3HC4 type domain containing protein (harboring 
rs457324) also have been reported by previous studies26,27 that they are closely associated with the heading date. 
Other detected genes encode protein or enzymes like double-strand break repair protein MRE11, transposon 
protein etc. which may also influence target traits via complex metabolic network.

Entry

Plant height (PH) Heading date (HD)

GWA QBA GBA GWA QBA GBA

Mean 81.55 81.40 80.61 98.49 98.33 99.46

ZH9308 5.79 2.58 7.33 5.32 5.62 7.08

XQZB − 5.79 − 2.58 − 7.33 − 5.32 − 5.62 − 7.08

BL 14.25 12.27 12.98 10.31 14.52 10.64

SL 14.25 12.27 12.98 10.31 14.52 10.64

Table 2.  The estimated population means and total genetic values for ZH9308, XQZB, best line (BL) 
and superior pure line (SL) for the plant height and the heading date in three strategies. GWA =  genome-
wide association strategy; QBA =  QTL-based association strategy; GBA =  gene-based association strategy; 
Mean =  estimated μ in Eq. (1); BL =  best line that achieved the highest genetic value among the inbred lines; 
SL =  the superior line with the potential highest genetic value in all designed homozygous lines.

QTS Chr. Allele Trait Gene ID Gene Annotation

rs24562025 1 G/A PH LOC_Os01g43050 CENP-C1, putative, expressed

rs10179007 6 C/G PH LOC_Os06g17550 retrotransposon protein, putative, Ty3-gypsy subclass

rs7478190 8 G/T PH LOC_Os08g12640 retrotransposon protein, putative, Ty3-gypsy subclass, expressed

rs4468159 11 C/T PH LOC_Os11g08460 DnaK family protein, putative, expressed

rs10809004 12 C/A PH LOC_Os12g18700 expressed protein

rs489068 12 C/T PH LOC_Os12g01810 expressed protein

rs12807091 1 T/C HD LOC_Os01g22780 GDSL-like lipase/acylhydrolase, putative, expressed

rs22139712 1 G/A HD LOC_Os01g39330 helix-loop-helix DNA-binding domain containing protein, expressed

rs26023433 1 C/T HD LOC_Os01g45810 transposon protein, putative, unclassified, expressed

rs32347548 4 T/C HD LOC_Os04g54340 double-strand break repair protein MRE11, putative, expressed

rs4139855 4 T/C HD LOC_Os04g07784 transposon protein, putative, unclassified, expressed

rs3112796 6 G/A HD LOC_Os06g06610 expressed protein

rs12634148 10 C/T HD LOC_Os10g24620 retrotransposon protein, putative, Ty3-gypsy subclass, expressed

rs17909546 10 A/G HD LOC_Os10g33790 expressed protein

rs457324 12 C/T HD LOC_Os12g01750 zinc finger, C3HC4 type domain containing protein, expressed

Table 3.  The annotation information of genes harboring the significant QTSs of plant height (PH) 
and heading date (HD). Note: Gene annotation information comes from the database: MSU Rice Genome 
Annotation Project Release 7, http://rice.plantbiology.msu.edu/index.shtml.

http://rice.plantbiology.msu.edu/index.shtml
http://rice.plantbiology.msu.edu/index.shtml
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Discussion
More recently, genome-wide association studies (GWAS) has become a powerful tool for mapping causal gene 
with fast advances in high-throughput genotyping and sequencing technology. Generally, natural population is 
the first choice for GWAS because of its convenience to collect, abundant accumulated historical recombinant 
events which is important to achieve much higher mapping resolution. However, the unknown and complex 
population structure among the collected samples which would lead to the increased false positives, has always 
been haunting. For most plant species, many designed experiment mapping populations have been constructed 
for QTL linkage mapping of complex traits, and some of these resources may be also good materials to conduct 
association mapping when genome-wide high density markers are available because these controlled populations 
are well-praised for their explicit population structure so that the haunting issue on population heterogeneity 
could be avoided. However, a widely supposed weakness of controlled populations would be the limited recom-
binant events which might result in lower mapping resolution compared with natural population. In the present 
study, as we showed on LD decay rate, the resolution of the experiment population (RIL) is not greatly inferior to 
that of the natural population (~1/10 to ~1/5). Compared with DH and F2, RIL is more desirable to reduce LD 
because RIL accumulates more recombinant events than DH and F2 during producing28 and thus could present 
an acceptable resolution in association mapping.

Most phenotypic traits of economic importance in plants, such as the PH and HD, are complex traits which 
are final performance of jointly interacting networks of multiple genes and environmental factors29. In the 
high-throughput era, hypothesis-free genome-wide association (GWA) is an intuitive strategy for dissecting 
genetic architecture of complex traits. However, most current GWA studies (GWASs), which generally exhaus-
tively scan whole genome to detect any significant signal based on simple additive model, are unable to detect 
interaction of paired genes and gene by environment; furthermore, some genetic effects from ignored epistasis 
and GE interaction will inflate residual error, as a result, the difficulty to identify minor-effect variant will be exac-
erbated. In the present study, based on mixed linear model approach, we used a saturated model including both 
epistasis and environmental interaction to detect responsible genetic variants and further estimate genetic effects 
of significant QTS. This mixed linear model approach is time-consuming; although the software QTXNetwork17 
has been speeded up using parallel computation based on GPU and CPU, it still could not be directly applied to 
GWAS with a large number of SNPs; thus, we first used GMDR-GPU18 to quickly filter candidate SNPs potentially 
associated with surveyed trait when the number of SNPs is too large (such as GWA and QBA strategy in this 
study). On the other hand, hypothesis-engaged candidate association strategy could be an alternative option to 
alleviate the computational burden issue when necessary; because it can dramatically decrease testing candidates 
and multiple-testing penalty directly by integrating the information from previous studies. The previous detected 
QTLs in the same experimental population are valuable and association based on the specific QTL regions could 
largely tackle the aforementioned problem resulting from dense markers. However, the performance of this 
method largely depends on the reliability of previous QTL studies. Annotated gene-based association (GBA) 
is also acceptable since it is genes not a single SNP inside involved in the genetics and development of a trait; in 
addition, it is much easier to understand the biological function of the detected variants in the region of annotated 
genes. Similarly, this strategy also has its limitation to capture the causal variants in non-coding region where 
some important regulatory elements may reside. This study provides a comprehensive insight into the genetic 
basis of the PH and HD in Xieyou9308, and employment of three association mapping strategies helps us identify 
more genetic variants and the detected consistent variants could be regarded as the preferred candidates for future 
study and utilization in breeding program. All four preferred candidate loci of the PH are in the region of the 
reported QTLs from previous linkage analysis in the same genetic materials30 and two of which (with represent-
ative SNPs of rs10179007 and rs4468159) are in the annotated genes (Table 3). All four preferred candidate loci 
(captured by the representative SNPs of rs12807091, rs22139712, rs3112796 and rs17909546) of the HD reside in 
the annotated genes (Table 3), therein, two (rs12807091 and rs3112796) are located in the QTL region30 and one 
(rs17909546) is quite near a QTL region30. rs22139712 on chromosome 1 is the new detected preferred candidate 
by the GWA and the GBA. rs457324 and rs489068 on chromosome 12 detected only by the GBA for the HD and 
PH, respectively, are the representative SNPs of the only one possible pleiotropic locus associated with the PH 
and HD (Fig. 2c).

As shown in Fig. 2a, all the loci detected by the QBA (blue) for the PH are quite reliable since they could be 
confirmed by the other one or two strategies, which indicates that previous linkage analysis are very informative 
and the QBA is an efficient fine-mapping strategy to narrow down the QTL using the same mapping population. 
As for the QBA mapping of the HD (blue loci in Fig. 2b), besides the “reliable” loci that could be confirmed by 
other strategy, we detected three additional loci separately distributing on chromosome 4, 5 and 7, which may, 
at least in part, contribute to the discrepancy of heritability between the QBA and the GWA/GBA (Table 1). This 
indicates that the previous detected QTLs are more informative and some relatively minor-effect variants in these 
QTL regions are easier to identify by the QBA than by the GWA and the GBA benefiting from partial allevia-
tion on the issue of multiple-testing because of relatively small number of SNPs tested in analysis. On the other 
hand, this also shows there is a risk to lose some true causal variants in the procedures of the GWA and the GBA 
because some representative SNPs in these QTLs may not be captured in the preliminary filtering on total SNPs. 
However, this does not mean that the results from the QBA must be superior to that from the GWA or the GBA 
as it still depends on the accuracy of previous QTLs. For instance, in the GWA and the GBA, we also identified 
one novel preferred candidate (LOC_Os01g39330) for the HD that is not in the previously reported QTL region. 
In conclusion, none of the strategies is perfect to dissect and get a comprehensive insight into the intricate genetic 
architecture of complex traits, but they are complementary to each other in identifying more genetic variants and 
confirming consistency of the detected variants which could be regarded as preferred ones in future study and 
utilization in the molecular improvement of target trait. Our study also demonstrated that association mapping in 
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experiment population could enhance or complement previous QTL studies through multiple strategies and thus 
promote identification of functional genes in QTLs and their application in breeding program.

Even though we used a saturated model including epistasis and gene by environmental interaction to dissect 
the phenotypic variation, no interactions were detected. It is consistent with the previous QTL studies5 which 
also did not detect epistatic QTLs involved in additive by additive interaction. Further, when we checked the 
predicted total genetic values (μ +  G) of superior line which is an optimized pure line with homozygous genotype 
of QQ or qq at each SNP loci, we found that they were 95.80 cm, 93.67 cm and 93.59 cm for the PH through three 
strategies, respectively. These predicted values are far lower than the average performance of the Xieyou9308 
(~120 cm for the PH) which is the F1 hybrid of bi-parents with genotype consisting of many heterozygous loci. 
It is suggested that the allelic interactions (dominance) or their related epistasis interactions might play a crucial 
role in the genetic basis of these two target traits; therefore, for further investigation of this genetic architec-
ture, a recombinant inbred intercross (RIX) population which is generated from random mating of recombinant 
inbred (RI) strains would be ideal since it contains more heterogeneous loci as well as more kinds of combi-
nation of two genes in different positions on genome, which are basic requirements for analyzing dominance, 
dominance-related epistasis effects and their interaction effects with environment, and then we might observe 
more epistasis or environmental interactions.

Methods
Plant Materials and Field Experiments. The RIL mapping population used in this study consists of 138 
F13 lines, which are derived from the super hybrid rice cross between the maintainer line XieqingzaoB (XQZB) 
and the restorer line Zhonghui9308 (ZH9308) through single seed descent method. Now these RILs are main-
tained in China National Rice Research Institute (CNRRI), which can be accessed with the permission of CNRRI.

The phenotypic experiments were conducted at two experimental farms of CNRRI: One is located at 
Hangzhou city (120.2 E, 30.3 N), Zhejiang province, China, and the other is located at Lingshui county (110.0 E, 
18.5 N), Hainan province, China (see Supplementary Fig. S2). Due to the different climate conditions between 
two investigated locations, the experiments were conducted in a different time in 2009 for accessing correspond-
ing desired rice-growing conditions. In Hangzhou experimental farm, the germinated seeds were sown in the 
seeding nursery on May 10th and seedlings were transplanted to field on June 5th, while they were December 3th 
for seeding and January 6th, 2010 for transplanting in Hainan. For both the field trials, the transplanted seedlings 
were planted in plots of four-row with 8 plants per row, in randomized complete blocks with two replicates. The 
distance between plants within row was 20 cm, and the row spacing was 15 cm. Both field trials followed the nor-
mal field management, being treated with natural submergence of intermediate water depth throughout the grow-
ing season, with normal fertilization for the equivalence of 225 kg N (nitrogen) ha−1, 127.5 kg P (phosphorus) ha−1 
and 330 kg K (potassium) ha−1 (N:P:K ≈  2:1:3), and with normal pest control focusing on Rice Scirpophaga incer-
tulas (walker) and Nilaparvata lugens (stal). The average monthly temperatures were 22.9–29.6 °C in Hangzhou 
during cultivation (May to September 2009), and 20.7–26.1 °C in Hainan (December 2009 to April 2010), 
respectively. The photoperiod from seeding to all heading were ranged from 12.6 hL (light)/11.4 hD (dark) to 
14.1 hL/9.9 hD in Hangzhou, and it was 11.0 hL/13.0 hD to 12.3 hL/11.7 hD in Hainan, respectively.

Six plants in middle of each plot were sampled for phenotype investigation. The PH was measured by the 
distance from the soil surface to the top of the panicle of the tallest tiller (in centimeters) and the HD was meas-
ured by the duration from the seeding to the showing of the main panicle (in days). The phenotypic data at each 
location were summarized in Supplementary Table S1, and both the traits approximately followed the normal 
distribution (see Supplementary Fig. S3).

SNP Genotyping and Filtering. DNA re-sequencing was conducted by the Beijing Genome Institute 
(BGI) for two parents with 10X coverage and 138 lines with 2X coverage (see Supplementary Table S2 
for details of sequencing and mapping data of each RI line and parents). Using the Nipponbare sequence 
(Os-Nipponbare-Reference-IRGSP-1.0) as the reference genome, sequence alignment was conducted between the 
sequence reads of each line and the reference genome using the software of BWA, and SNPs were called for each 
individual using the software of Samtools with the criteria of base quality over 30, mapping quality over 20 and 
the maximum sequence depth less than 1000. Then, those SNPs whose missing rates exceed 5% were excluded. 
Thereafter, the chi-square goodness of fit test was employed to exclude SNPs whose genotype frequency deviated 
from the theoretical distribution of 1:1 at the significance level of 0.01. Finally, a total of 701,867 SNPs were gener-
ated from 138 RILs, of which 41.96% were located in genic regions (see Supplementary Table S3). The minor allele 
frequency (MAF) in our RIL population is larger than 39%. In addition, associations in this population would not 
be subject to the population structure since these progenies are from the same ancestry (the cross of XQZB and 
ZH9308) and the relatedness among these lines are essentially evenly distributed (r ≈  0.5 for any two individuals).

For the GWA, all the originally genotyped SNPs (701,867) were used for association analysis, but the subsets 
of SNPs in the annotated genes, and in the QTLs regions previously identified for the target traits in this popula-
tion, were used for the GBA, and the QBA, respectively. For GBA, the gene annotation information was down-
loaded from the FTP site of Rice Genome Annotation Project (MSU Rice Genome Annotation Project Release 7, 
http://rice.plantbiology.msu.edu/index.shtml)31. The raw data contains 55,986 loci encoding 66,338 gene models 
(including UTR regions, extrons, and introns); after removing the unmapped data, we got 55,801 loci encoding 
66,153 gene models for the subsequent SNP filtration in GBA. Finally, there were 294,498 SNPs filtered for GBA. 
For QBA, there were 11 and 17 target QTL regions for PH and HD used for SNP filtration (see Supplementary 
Table S4), and 52,426 and 59,387 SNPs were screened, respectively.

Genetic Models and Statistical Analysis. A saturated genetic model was adopted for modeling the 
genetic architecture of complex traits from multi-environment trials, which includes additive effect (a), additive 

http://rice.plantbiology.msu.edu/index.shtml
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by additive epistasis effect (aa) as the fixed effects and the corresponding environment interaction effects (ae,aae) 
as the random effects. The genetic model for phenotypic value of the k-th genotypes in the h-th environment (yhk) 
can be expressed by the following mixed linear model,

∑ ∑ ∑ ∑µ ε= + + + + + +
< <

y a x aa x x e ae u aae u
(1)

hk
i

i ik
i j

ij ik jk h
i

hi hik
i j

hij hijk hk

where, μ is the population mean; ai is the additive effect of the i-th QTS with coefficient xik, fixed effect; aaij is the 
additive-additive epistasis effect of the i-th QTS and the j-th QTS with coefficient xik · xjk, fixed effect; eh is the main 
effect of the h-th environment, random effect; aehi is the additive by environment interaction effect of the i-th QTS 
and the h-th environment with coefficient uhik (= xhik), random effect; aaehij is the interaction effect of the aaij and 
the h-th environment with coefficient uhijk (= xhik · xhjk), random effect; and εhk is the random residual effect of the 
k-th line in the h-th environment.

In the present study, three association strategies including the GWA, QBA, and GBA, were adopted for data 
analysis. In the GWA and GBA, in order to alleviate heavy computation burden resulting from detection of the 
epistatic interactions for a large amount of SNPs (701,867 SNPs for GWA, and 294,498 filtered SNPs for GBA), 
the efficient parallel computation software GMDR-GPU18 was first employed for preliminary filtering of SNPs. 
In this process, both the marginal effects of each single SNP locus and interactions of each SNP pair were tested, 
which were achieved by separate genome scanning of one dimension (1D) and two dimension (2D), respectively. 
For each trait and each environment, ~1000 top candidate SNPs were screened by setting the “-m 1000” option in 
GMDR-GPU. Finally, 1212 and 841 SNPs were screened for the PH and HD, respectively, and used in the GWA; 
accordingly, 1063 and 914 SNPs for the PH and HD were screened and used in the GBA, respectively. In the case 
of QBA, 52,426 and 59,387 SNPs were directly used in association analysis for the PH and HD, respectively.

The software QTXNetwork17 was used for the association analysis. Firstly, a two-step mapping strategy was 
conducted during this procedure: 1) Individual locus detection. Based on the additive genetic model, significance 
testing was performed for each individual SNP locus by using F-test. The locus with F-statistic exceeding the 
threshold value was considered as a candidate individual SNP. 2) Epistasis loci detection. Using the significant 
SNPs detected in step 1 as covariates, a two dimension (2D) interaction scan was conducted for all possible SNP 
pairs by using F-test. The pair of loci with F-statistic larger than the threshold value is considered as candidate 
epistasis interacting loci. For the above two steps, the permutation testing was employed to determine the empir-
ical threshold value of the F-statistic at the significance level of 0.05, being aimed to control the experiment-wise 
type I error rate. Then, model selection was performed using stepwise method based on F-test with each candidate 
locus and each candidate epistasis loci as selection unit; as a result, a final QTS full model like the Equation (1) 
could be established. Finally, all the parameters in model (1), as well as their standard errors and p-values, were 
estimated based on the samples generated by Markov chain Monte Carlo (MCMC) with 20,000 Gibbs sampler 
iterations, with the prior distributions that are same as described by Yang et al.32. The estimations and statistical 
inferences of the parameters were achieved by summarizing the Gibbs samples17.

References
1. Khush, G. S. What it will take to feed 5.0 billion rice consumers in 2030. Plant molecular biology 59, 1–6 (2005).
2. Cheng, S.-H. et al. Super hybrid rice breeding in china: achievements and prospects. Journal of Integrative Plant Biology 49, 805–810 

(2007).
3. Ni, J. et al. Gramene qtl database: development, content and applications. Database 2009, bap005 (2009).
4. Feng, Y. et al. Mapping qtls for nitrogen-deficiency tolerance at seedling stage in rice (oryza sativa l.). Plant Breeding 129, 652–656 

(2010).
5. Liang, Y. et al. Mapping of qtls associated with important agronomic traits using three populations derived from a super hybrid rice 

xieyou9308. Euphytica 184, 1–13 (2012).
6. Wang, H. et al. Identification of qrl7, a major quantitative trait locus associated with rice root length in hydroponic conditions. 

Breeding Science 63, 267 (2013).
7. Mackay, T. F., Stone, E. A. & Ayroles, J. F. The genetics of quantitative traits: challenges and prospects. Nature Reviews Genetics 10, 

565–577 (2009).
8. Hirschhorn, J. N. & Daly, M. J. Genome-wide association studies for common diseases and complex traits. Nature Reviews Genetics 

6, 95–108 (2005).
9. Consortium, W. T. C. C. et al. Genome-wide association study of 14,000 cases of seven common diseases and 3,000 shared controls. 

Nature 447, 661–78 (2007).
10. Atwell, S. et al. Genome-wide association study of 107 phenotypes in arabidopsis thaliana inbred lines. Nature 465, 627–631 (2010).
11. Kump, K. L. et al. Genome-wide association study of quantitative resistance to southern leaf blight in the maize nested association 

mapping population. Nature genetics 43, 163–168 (2011).
12. Huang, X. et al. Genome-wide association studies of 14 agronomic traits in rice landraces. Nature genetics 42, 961–967 (2010).
13. Zhao, K. et al. Genome-wide association mapping reveals a rich genetic architecture of complex traits in oryza sativa. Nature 

communications 2, 467 (2011).
14. Huang, X. et al. Genome-wide association study of flowering time and grain yield traits in a worldwide collection of rice germplasm. 

Nature genetics 44, 32–39 (2012).
15. Miura, K., Ashikari, M. & Matsuoka, M. The role of qtls in the breeding of high-yielding rice. Trends in plant science 16, 319–326 

(2011).
16. Gao, Z.-Y. et al. Dissecting yield-associated loci in super hybrid rice by resequencing recombinant inbred lines and improving 

parental genome sequences. Proceedings of the National Academy of Sciences 110, 14492–14497 (2013).
17. Zhang, F.-T. et al. Mixed linear model approaches of association mapping for complex traits based on omics variants. Scientific 

reports 5 (2015).
18. Zhu, Z. et al. Development of gmdr-gpu for gene-gene interaction analysis and its application to wtccc gwas data for type 2 diabetes. 

PloS one 8, e61943 (2013).
19. Purcell, S. et al. Plink: a tool set for whole-genome association and population-based linkage analyses. The American Journal of 

Human Genetics 81, 559–575 (2007).
20. Mather, K. A. et al. The extent of linkage disequilibrium in rice (oryza sativa l.). Genetics 177, 2223–2232 (2007).



www.nature.com/scientificreports/

1 0Scientific RepoRts | 6:29718 | DOI: 10.1038/srep29718

21. Yang, J. & Zhu, J. Methods for predicting superior genotypes under multiple environments based on qtl effects. Theoretical and 
Applied Genetics 110, 1268–1274 (2005).

22. Gopalakrishnan, S., Sullivan, B. A., Trazzi, S., Della Valle, G. & Robertson, K. D. Dnmt3b interacts with constitutive centromere 
protein cenp-c to modulate dna methylation and the histone code at centromeric regions. Human molecular genetics 18, 3178–3193 
(2009).

23. Gascoigne, K. E. et al. Induced ectopic kinetochore assembly bypasses the requirement for cenp-a nucleosomes. Cell 145, 410–422 
(2011).

24. Tilly, K., McKittrick, N., Zylicz, M. & Georgopoulos, C. The dnak protein modulates the heat-shock response of escherichia coli. Cell 
34, 641–646 (1983).

25. Massari, M. E. & Murre, C. Helix-loop-helix proteins: regulators of transcription in eucaryotic organisms. Molecular and cellular 
biology 20, 429–440 (2000).

26. Hai-xuan, S. et al. Identification and fine mapping of heading date related mutant in rice. Rice science 19, 269–276 (2012).
27. Chen, A., Baumann, U., Fincher, G. B. & Collins, N. C. Flt-2l, a locus in barley controlling flowering time, spike density, and plant 

height. Functional & integrative genomics 9, 243–254 (2009).
28. Guo, B., Wang, D., Guo, Z. & Beavis, W. D. Family-based association mapping in crop species. Theoretical and applied genetics 126, 

1419–1430 (2013).
29. Mackay, T. F. The genetic architecture of quantitative traits. The character concept in evolutionary biology 391–411 (2001).
30. Xihong, S. Ril construction and qtl mapping for some traits of super hybrid rice (oryza sativa l.), xy9308 (2008).
31. Kawahara, Y. et al. Improvement of the oryza sativa nipponbare reference genome using next generation sequence and optical map 

data. Rice 6, 4 (2013).
32. Yang, J., Zhu, J. & Williams, R. W. Mapping the genetic architecture of complex traits in experimental populations. Bioinformatics 

23, 1527–1536 (2007).

Acknowledgements
We gratefully acknowledge our former colleague Xiangdong Kong for his helpful instruction on processing 
sequence data. This study was supported in part by the project of the National Sci-Tech Support Plan 
(2011BAD35B02), the Major Sci-Tech Programs of Zhejiang Province (2012C12901-3), the National Natural 
Science Foundation grants 31521064 and 31271608, the National Science Foundation grant DMS1462990, and 
the Bill and Melinda Gates Foundation Project.

Author Contributions
H.X. and L.C. conceived the ideas; W.W., D.C., X.Z., A.Z., Y.Z. and S.C. conducted the field trials and collected the 
data; L.Z. and S.L. analyzed the data. The manuscript was written by L.Z. and improved by H.X. and X.L.

Additional Information
Supplementary information accompanies this paper at http://www.nature.com/srep
Competing financial interests: The authors declare no competing financial interests.
How to cite this article: Zhou, L. et al. Dissection of genetic architecture of rice plant height and heading date 
by multiple-strategy-based association studies. Sci. Rep. 6, 29718; doi: 10.1038/srep29718 (2016).

This work is licensed under a Creative Commons Attribution 4.0 International License. The images 
or other third party material in this article are included in the article’s Creative Commons license, 

unless indicated otherwise in the credit line; if the material is not included under the Creative Commons license, 
users will need to obtain permission from the license holder to reproduce the material. To view a copy of this 
license, visit http://creativecommons.org/licenses/by/4.0/

http://www.nature.com/srep
http://creativecommons.org/licenses/by/4.0/

	Dissection of genetic architecture of rice plant height and heading date by multiple-strategy-based association studies
	Introduction
	Results
	Structure of Linkage Disequilibrium
	Estimated Heritability and Genetic Effects
	Breeding Value Prediction and Candidate Genes

	Discussion
	Methods
	Plant Materials and Field Experiments
	SNP Genotyping and Filtering
	Genetic Models and Statistical Analysis

	Additional Information
	Acknowledgements
	References



 
    
       
          application/pdf
          
             
                Dissection of genetic architecture of rice plant height and heading date by multiple-strategy-based association studies
            
         
          
             
                srep ,  (2016). doi:10.1038/srep29718
            
         
          
             
                Liyuan Zhou
                Shouye Liu
                Weixun Wu
                Daibo Chen
                Xiaodeng Zhan
                Aike Zhu
                Yingxin Zhang
                Shihua Cheng
                Liyong Cao
                Xiangyang Lou
                Haiming Xu
            
         
          doi:10.1038/srep29718
          
             
                Nature Publishing Group
            
         
          
             
                © 2016 Nature Publishing Group
            
         
      
       
          
      
       
          © 2016 Macmillan Publishers Limited
          10.1038/srep29718
          2045-2322
          
          Nature Publishing Group
          
             
                permissions@nature.com
            
         
          
             
                http://dx.doi.org/10.1038/srep29718
            
         
      
       
          
          
          
             
                doi:10.1038/srep29718
            
         
          
             
                srep ,  (2016). doi:10.1038/srep29718
            
         
          
          
      
       
       
          True
      
   




