
ARTICLE

Environmental conditions are the dominant factor
influencing stability of terrestrial ecosystems on
the Tibetan plateau
Liang Ren 1,2, Jiaxuan Huo1,2, Xiang Xiang1,2, Yingping Pan1,2, Yuanqiao Li1,2, Yuanyuan Wang1,2,

Dehui Meng1,2, Cheng Yu1,2, Yang Chen3, Zichao Xu4 & Yongmei Huang1,2✉

Ecosystem stability is essential for the sustainable provision of diverse ecosystem services.

However, the factors that maintain ecosystem stability and their relative importance on the

Tibetan Plateau, a region sensitive to climate change, remain unclear. Here, we combined

data from ground-based biodiversity surveys at 143 sites from 2019 to 2021 with the tem-

poral stability of ecosystems derived from remote sensing data from 2000 to 2020 to

disentangle mechanisms of diversity–stability relationships. We further quantified the impact

of biodiversity (taxonomic, functional, and phylogenetic diversity) and environmental context

(spatial location, climate, and soil conditions) on temporal stability. Our results show that the

stability of a typical ecosystem on the Tibetan Plateau is mainly regulated by environmental

factors, and the environmental context can directly affect the stability of the ecosystem

rather than indirectly through biodiversity. These findings are critical for adaptation measures

and prioritizing conservation areas for future climate change scenarios.
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The stability of terrestrial ecosystems in a changing envir-
onment is a growing concern, as it is essential to ensure the
sustainable provision of various ecosystem functions and

services in the face of increasing climate change and biodiversity
loss1–3. Ecosystem stability is a multidimensional concept
encompassing resistance, resilience, invariance, and
persistence4–7. Nonetheless, empirical studies in recent years have
mainly concentrated on the temporal stability of ecosystem
functions8,9, which are often depicted by invariance in above-
ground biomass or productivity over time2,10. Plant diversity
contributes to the stability of ecosystems, as proven in experi-
mentally assembled communities10,11, but the stability of natural
communities may be driven by both biotic and abiotic
factors12,13. The extent to which these factors affect the temporal
stability of ecosystems remains unclear. Furthermore, the lack of
insights into the underlying mechanisms may hinder the pre-
diction of terrestrial ecosystem feedback under future climate
change14, as well as the development of guiding policies for
ecosystem stability15.

Two primary hypotheses regarding the mechanisms through
which biotic factors maintain temporal stability exist. First, the
diversity hypothesis suggests that communities with high diver-
sity tend to include species that respond differently to environ-
mental changes (manifested as temporal asynchrony)13,15,16. The
compensatory dynamics between these species can enhance
community stability, which increases with increasing plant
diversity9,10,17. Although this hypothesis has received widespread
attention due to statistical support18, the consistency of this
diversity-stability relationship in natural communities is currently
under debate, as many empirical tests in assembled communities
demonstrate high evenness. However, the mass ratio hypothesis
(also known as the dominance effect)19 suggests that dominant
species in a community have a strong influence on ecosystem
functioning (including temporal stability)20, and has been con-
firmed in numerous investigations in natural communities, par-
ticularly in those with low evenness14,21,22.

As both mechanisms may affect plant communities together,
quantifying biotic factors from different perspectives can help to
better predict the temporal stability of ecosystems. Simple
metrics, such as species richness (SR), Simpson’s diversity index
(D), and species evenness20, are often used to assess the impact of
species taxonomic diversity on temporal stability. Moreover,
ecological strategies associated with growth may strongly influ-
ence temporal stability23, in which conservative species with slow
growth rates, resource uptake and tissue turnover (‘slow’ species)
tend to be more stable than exploitative species with the opposite
strategy (‘fast’ species)24–26. This difference in strategy can be
characterized by plant functional traits that are largely related to
the leaf economics spectrum27. Slow species typically exhibit low
specific leaf area, high leaf dry matter content (LDMC), low leaf
nitrogen concentration (LNC), and low leaf phosphorus con-
centration (LPC); the opposite is true for fast species28,29. Metrics
of functional diversity, such as functional richness and weighted
means of key traits in communities, have been useful in
explaining ecosystem stability1,26,30. Furthermore, phylogenetic
diversity has a strong positive correlation with ecosystem stability,
as shown in many analyses12,31,32. Although taxonomic, func-
tional, and phylogenetic diversity may play important roles in the
mechanisms that maintain community stability, few studies have
comprehensively examined the relative importance of different
biodiversity facets in maintaining the temporal stability of natural
communities.

Recent analyses have shown that environmental factors, such
as climate variability and water availability, have important effects
on ecosystem stability1,26, particularly at broad spatial scales. For
example, a study on North American grasslands showed that the

biotic mechanisms that maintain community stability shift along
a precipitation gradient33. Inter- and intra-annual variability in
precipitation also has a modulating effect on ecosystem stability,
and may influence primary productivity and temporal stability by
filtering the functional traits and diversity of plant
communities34,35. Similarly, soil properties have been shown to
affect ecosystem stability, either by altering aboveground plant
diversity1,16 or by altering soil biota indirectly8,36,37. Additionally,
anthropogenically driven environmental changes can lead to
declines in ecosystem stability through mechanisms that are
dependent on or independent of plant diversity38–40. Overall,
biodiversity and ecosystem stability vary widely across climatic
regimes, geographic regions and ecosystem types41,42, and this
dependence on environmental context has severely hampered our
understanding of various biotic and abiotic drivers and how they
affect ecosystem temporal stability.

Known as the third pole of the Earth, the Tibetan Plateau is
highly sensitive to climate change43,44. It has experienced more
rapid warming than the global average in recent decades45 with
increasing interannual variations in precipitation, leading to overall
vegetation growth, despite significant spatial heterogeneity46.
Changes in biomass production and community characteristics
caused by climate change suggest that they may have a potential
impact on ecosystem stability on the Tibetan Plateau47, which has
been explored in only few studies. The results of short-term
manipulative experiments showed that warming significantly
reduced the temporal stability of community biomass in alpine
grasslands compared with the insignificant effect of precipitation
change14. Meanwhile, a 20-year experimental observation con-
ducted in alpine meadows did not find that climate change had a
significant effect on the temporal stability of community biomass48.
These results also suggest that communities maintain temporal
stability through asynchronism at the local scale. Furthermore,
asynchrony is an important mechanism for maintaining the tem-
poral stability of communities at the local scale. However, this
provides very limited knowledge to the multivariate driving
mechanisms of community stability in natural ecosystems, espe-
cially for diverse typical ecosystems distributed along the broad
climate and soil gradients of the Tibetan Plateau.

In this study, we sought to comprehensively assess the con-
tributions of biotic and abiotic drivers to temporal stability across
typical ecosystems (alpine meadows, steppes, shrubs, and deserts)
on the Tibetan Plateau, based on a regional biodiversity obser-
vation dataset. Specifically, we first obtained the community
structure and individual plant functional traits at 143 sites from
ground field surveys, from which multifaceted biodiversity indices
(taxonomic diversity, functional diversity, and phylogenetic
diversity) were calculated (Fig. 1). They were then combined with
various environmental covariates (e.g., climatic conditions and
soil properties) and with the Landsat-derived temporal stability of
the ecosystem obtained at the corresponding locations. We
hypothesized that the temporal stability of ecosystems on the
Tibetan Plateau is directly influenced by both biotic and abiotic
factors (Fig. 2); however, the strength of the different factors
varies by ecosystem. The following questions were explored:
(a) Does ecosystem temporal stability differ among typical eco-
systems on the Tibetan Plateau? (b) What are the relative
strengths of biotic and abiotic factors in stabilizing ecosystems?
and (c) How do various ecological factors directly and indirectly
affect ecosystem temporal stability? The results showed that while
the typical ecosystems on the Tibetan Plateau exhibited com-
parable levels of temporal stability, the underlying factors that
maintained the stability of the ecosystems varied greatly. Abiotic
factors such as climate and soil conditions were found to play a
more important role compared to biotic factors, directly influ-
encing the stability of the ecosystem to a large extent.
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Results
Ecosystem stability and its relationship to individual predictor
variables. The mean value of temporal stability did not vary
significantly among the four ecosystems on the Tibetan Plateau
(range of 3.63–4.42). However, the two stability components
differed significantly (Fig. 3). Ecosystems with higher mean NDVI
values also exhibited higher standard deviations of NDVI, con-
sistently ranking as alpine meadows >shrubs >steppes >deserts.

Analysis of the detrended temporal stability showed similar
results.

The correlation analysis showed that the temporal stability of
the four ecosystems was not significantly influenced by the same
driving factors (Fig. 4), although some factors were highly
correlated (Supplementary Fig. 1). Notably, soil properties had a
broad effect on temporal stability in all ecosystems except for
alpine meadows, which only showed significant correlations with

Fig. 1 The location of the 143 sampling sites and the data collection process for each site. a Sampling sites spanned different vegetation types on the
Tibetan Plateau, as shown on the background adapted from vegetation map of the People’s Republic of China (1: 1,000,000)53. b At each site, ecosystem
stability was calculated and relevant biotic and abiotic data were collected. Community illustration icons are from Integration and Application Network,
University of Maryland Center for Environmental Science (https://ian.umces.edu/imagelibrary/), which are available under a CC-BY 4.0 license (https://
creativecommons.org/licenses/by/4.0).
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latitude (and LPC and TS when analyzing detrended temporal
stability) (Fig. 4). Despite the weak relationships between
indicators of biodiversity and temporal stability, SR showed a
positive trend towards temporal stability, LNC and LPC showed a
negative trend towards temporal stability, and the role of
functional indices, such as functional richness, varied among
ecosystems. Additionally, some factors were strongly correlated
with both components of temporal stability, but decoupled from
temporal stability itself. For instance, all the considered soil
variables were significantly correlated with the components of
temporal stability within the alpine meadow ecosystems.

Relative importance of biotic and abiotic drivers for ecosystem
stability. Among the three competing models, the full model was
the best (Supplementary Tables 1 and 2) and could explain 42%
to 59% of the variation in the detrended temporal stability across
different ecosystems on the Tibetan Plateau (Supplementary
Fig. 2). After the model averaging procedure, the best subset of
each full model for the four typical ecosystems was used to assess
the relative importance of biotic and abiotic variables on eco-
system stability (Fig. 5). For the alpine meadows, the spatial factor
showed a large effect (accounting for 44% of the variance),
although the effect of no factor was significant (Fig. 5a). For
desert ecosystems, soil variables explained most of the variance in
temporal stability (77%), and soil sand content exhibited a sig-
nificant positive correlation with ecosystem stability (Fig. 5b).
Biotic variables were the most important factors for the temporal
stability of shrubs (86% of the variance), and CWM_PC2 showed
a significant negative correlation with ecosystem stability
(Fig. 5c). For the steppes, the relative effect of soil variables was
the highest (37%), and soil sand content and latitude were sig-
nificantly and positively associated with ecosystem stability
(Fig. 5d). Although some variables were not significant in the
figure, the average estimates of variables from all models in the

best subset were shown here, which are usually conservative
estimates. These variables may not be unimportant because they
are mechanistically related to temporal stability and can be sig-
nificant in a certain best model.

Direct and indirect effects of biotic and abiotic factors on
ecosystem stability. The direct or indirect effects of biotic and
abiotic variables on ecosystem stability were considered within
different ecosystems of the Tibetan Plateau. PLS-PM analysis
showed that the variance explained by the model for detrended
temporal stability across ecosystems ranged from 27% to 60%
(Fig. 6), indicating that the key variables were able to account for
most of the stability of typical ecosystems. For alpine meadows
and shrubs, ecosystem stability was mainly directly influenced by
climatic conditions (standardized path coefficient: 0.51 vs. −0.73;
Fig. 6a, c). In deserts, ecosystem stability was significantly and
directly influenced by soil properties (standardized path coeffi-
cient: −0.58; Fig. 6b). For steppes, ecosystem stability was sig-
nificantly influenced by a combination of climatic conditions, soil
properties, and CWM fast-slow (standardized path coefficients:
0.40, −0.50, −0.24; Fig. 6d).

In general, the results of the PLS-PM analysis showed that both
the direct and indirect effects of abiotic factors had a surprisingly
important impact on ecosystem stability compared to biotic
factors (Supplementary Fig. 3). Additionally, latitude is only
important in alpine meadows and steppes that span a large
geographic range, and considering latitude in the PLS-PM of
deserts and shrubs greatly reduces the goodness of fit (Supple-
mentary Fig. 4).

Discussion
Regional specificity of ecosystem stability on the Tibetan Pla-
teau. Our results showed that the temporal stability of diverse

Fig. 2 Schematic representation of how climate, soil, and biodiversity affect the temporal stability of an ecosystem. Lines with different colors indicate
distinct effects. Plant graphics were obtained from the Integration and Application Network, University of Maryland Center for Environmental Science
(https://ian.umces.edu/imagelibrary/), which are available under a CC-BY 4.0 license (https://creativecommons.org/licenses/by/4.0).
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ecosystems on the Tibetan Plateau was strongly affected by biotic
and abiotic factors of varying strength (Figs. 4 and 6), but did not
differ significantly among ecosystems (Fig. 3). Ecosystems on the
Tibetan Plateau are at a low level of stability. Previous global-scale
studies using remote sensing indices have shown that shrublands
and grasslands are the two least stable biomes over time com-
pared to other natural biomes41, and that alpine regions world-
wide are highly sensitive to climate variability49, which reflects the
sensitivity and specificity of the Tibetan Plateau.

The composition and primary productivity of plant commu-
nities in alpine regions in response to climate change is of great
interest46,50,51. However, neither diversity nor the two components
of temporal stability (mean and standard deviation of productivity)
could be substituted for monitoring temporal stability. Our results
showed that some ecological variables affected both the mean and
standard deviation of NDVI, but were decoupled from ecosystem
stability (Fig. 4). This is similar to previous findings in community
experiments26,52, in which biomass-promoting factors also increase
the standard deviation of the biomass over time. Although
manipulative experiments or long-term monitoring are more

direct means of studying climate change impacts14,47, their results
are usually limited to specific habitats, and natural communities in
different habitats may respond to climate change in very different
ways across the vast spatial extent of the Tibetan Plateau48.
Therefore, snapshot surveys were conducted on most of the
Tibetan Plateau to detect shifts in the stability of different
ecosystems along climatic or soil gradients. Biotic and abiotic
factors served as predictor variables to explain 42–59% of the
variation in ecosystem stability in this study (Fig. 5), whereas a
previous study conducted on alpine grasslands on the Tibetan
Plateau explained only 43% of the variation in ecosystem stability.
In summary, this study establishes an important bridge between
local field surveys and satellite remote sensing on a large spatial
scale to assess ecosystem stability.

Role of different biodiversity aspects on ecosystems stability.
Both theoretical and experimental studies have demonstrated the
positive effects of biodiversity on ecosystem stability. However,
these studies focused more on forest41,53,54 and grassland

Fig. 3 Differences of stability and its components among ecosystems. Differences among ecosystems in temporal stability (a), detrended temporal
stability (b) and their components, mean of NDVI (c), standard deviation of NDVI (d) and detrended standard deviation of NDVI (e) are shown. The upper
side of the box indicates the upper quartile, the lower side indicates the lower quartile, the black horizontal line represents the median, and the black dot
represents the mean. Colored scatter indicates samples from alpine meadows (n= 34), deserts (n= 20), shrubs (n= 19), and steppes (n= 70). The
results of Kruskal–Wallis test between groups are marked in the figure, and different letter marks indicate significant differences (P < 0.05).
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ecosystems10,16,55,56, and the limited studies on biodiversity
contribution to ecosystem stability on the Tibetan Plateau are
limited to alpine grasslands37,48,57. Our analysis reveals the rela-
tive importance of biotic and abiotic factors, among which biotic
factors explain a high proportion (86%) of ecosystem stability of
shrubs on the Tibetan Plateau, compared to a contribution of
10–18% in other typical ecosystems (Fig. 5). Similarly, although a
variety of indicators that could affect ecosystem stability were
selected to construct purely biotic predictive models, these models
only had near abiotic or full model performance in shrub eco-
systems (R2= 0.51), with an R2 of only 0.06 to 0.23 in other

ecosystems (Supplementary Table 2). One possible explanation is
that studies in which species diversity significantly contributed to
ecosystem stability were conducted in areas with relatively high
SR21, whereas most of our sample sites had low SR (mean= 8).
This is supported by a study conducted by ref. 37 in alpine
grasslands, in which plant diversity explained only 39% of the
variation in temporal stability in their model.

Many studies at the local scale have explored the biotic
mechanisms by which plant communities stabilize productivity
through species manipulation10,11,58,59. These suggest that
mechanisms such as compensatory dynamics and species

Fig. 4 Correlations between ecosystem stability and its components and explanatory variables. The size of the squares indicates the significance of
Spearman’s correlation between explanatory variables, and the colors represent the different strengths of the correlations. Biotic variables include:
Height_CWM, LDMC_CWM, LCC_CWM, LNC_CWM, LPC_CWM (community-level weighted means of plant functional traits); CWM_PC1 (the first
principal component of the plant functional traits), CWM_PC2 (the second principal component of the plant functional traits); SR (species richness), D
(Simpson’s diversity index), H’ (Shannon-Wiener index), J (Pielou’s evenness index); FRic (functional richness), FEve (functional evenness), FDiv (functional
divergence), FDis (functional dispersion); PD (phylogenetic diversity). Abiotic variables include: MAP (mean annual precipitation), MAP_SD (interannual
precipitation variability), PS (intraannual precipitation variability), MAT (mean annual temperature), MAT_SD (interannual temperature variability), TS
(intraannual temperature variability); BD (soil bulk density), Sand (soil sand content), Silt (soil silt content), Clay (soil clay content), pH (soil pH), SOC (soil
organic carbon), STN (soil total nitrogen), STP (soil total phosphorus); Long_sin (sinus of longitude), Long_cos (cosinus of longitude), latitude and altitude.
*P < 0.05; **P < 0.01; ***P < 0.001.
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asynchrony have critical effects on temporal stability. However,
our results are more inclined to support the dominant species
effect; the function of the community, as suggested by the mass
ratio hypothesis, is primarily influenced by dominant rather than
rare species19. This is reflected by the generally better perfor-
mance of the CWMs used in this study compared with other
indicators of functional diversity in predicting ecosystem stability,
especially in shrub ecosystems (Fig. 5c). Interestingly, CWM_PC2
(i.e., CWM fast-slow, representing a component of the leaf
economic spectrum) can have a significant negative impact on the
ecosystem stability of shrubs; this negative correlation trend was
also observed in deserts and steppes, although it was not
significant. This is consistent with the expectation that fast
species (with relatively high CWM_PC2 values) are relatively
unstable. Craven et al.26 argued that the relationship between
CWM_PC2 and ecosystem stability may be site-specific. For
example, fast species have the capacity for rapid recovery, and
may thus maintain ecosystem stability in habitats with frequent
disturbances. However, given the relatively low ecosystem
stability of shrubs (Fig. 3), their ability to stabilize ecosystems
may be limited. This presents issues, as the ongoing shrub
invasion process on the Tibetan Plateau60,61 may be accompanied
by a decrease in regional ecosystem stability. However, this needs
to be verified by subsequent studies.

Environmental conditions determine ecosystem stability on the
Tibetan Plateau. Most local-scale studies have suggested that

environmental conditions indirectly regulate ecosystem stability,
mainly through biotic factors62. However, some recent studies
have shown that environmental conditions, such as water
availability1,14,26, may have direct effects on ecosystem stability.
Our model explained a large proportion of the variation in eco-
system stability in the alpine meadows, deserts, shrubs, and
steppes (43%, 40%, 52%, and 36%, respectively), in which only
abiotic factors were considered (Supplementary Table 2). In
contrast, several studies that relied on climatic variables and/or
taxonomic diversity to predict remotely derived ecosystem sta-
bility have explained a lower percentage, with 16% in natural
mountain ecosystems in Switzerland63, 29% in natural dune
grasslands in the Netherlands64, and 29–33% in multiple eco-
systems worldwide65. From this perspective, ecosystem stability in
the Tibetan Plateau is more dependent on the environmental
variables than biodiversity.

Results on regional and global scales suggest that long-term
average background biogeographic conditions directly determine
patterns of ecosystem stability1,42, which is consistent with our
findings. In particular, soil properties representing water and
nutrient availability were important for interpreting ecosystem
stability (Figs. 5 and 6). Recent studies on grasslands spanning 5
global climate regions16 and 72 natural ecosystems across China
have shown similar results66. Thus, inconsistencies may exist
between studies that assume large environmental gradients,
manipulative experiments, or plot monitoring. The latter often
assumes that the compensatory dynamics or dominance effects of

Fig. 5 Relative effects of multiple predictors of detrended temporal stability. Results of full models for alpine meadow (a), desert (b), shrub (c) and
steppe (d) are shown. The standardized coefficients (model-averaged estimates) of the model predictors are shown with their associated 95% confidence
intervals. The stacked bars show the relative importance (percentage of variance explained) of each type of predictors. The graphs show the best model
selected based on the AICc. SR species richness, FRic functional richness, FDiv functional divergence, FDis functional dispersion, CWM_PC1 the first
principal component of the plant functional traits, CWM_PC2 the second principal component of the plant functional traits, MAP mean annual
precipitation, MAP_SD interannual temperature variability, PS intraannual precipitation variability, MAT_SD interannual temperature variability, TS
intraannual temperature variability, BD soil bulk density, Sand soil sand content, pH soil pH, STN soil total nitrogen, STP soil total phosphorus, Long_cos
cosinus of longitude. *P < 0.05; **P < 0.01; ***P < 0.001.
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organisms can effectively buffer the effects of environmental
change47,48,56; however, this may be because small sample sizes
limit the understanding of multiple abiotic factors under natural
conditions42.

In the present study, four typical ecosystems were found to be
modulated by abiotic factors in different details. The environ-
mental conditions were divided into spatial, climatic, and soil
factors, and the ecosystem stability of the alpine meadows and
steppes showed a clear spatial dependence, where latitude was
considered an important predictor of ecosystem stability (Fig. 5).
However, latitude is not a simple proxy for MAT or MAP
because it is highly correlated with other environmental factors,
including temperature seasonality and soil pH (Supplementary
Fig. 1). PLS-PM analysis showed that latitude strongly
modulated the linear combination of climatic and soil factors
in the alpine meadows and steppes, indicating that latitude was
a confounding factor. The results also showed that MAP and
temperature variability had a greater impact on the stability of
alpine meadows, whereas temperature variability was hardly
significant in the steppes. Moreover, ecosystem stability in
deserts and steppes was positively modulated by soil sand
content (Fig. 5), which has been demonstrated in studies on
global dryland ecosystems1. Soil sand content may be related to
biological mechanisms that were not considered in this study.
Perennial plants growing in water- and nutrient-limited
environments may have greater resistance to stress by relying

on a deep and extensive root system to maintain stability10,
which deserves attention in future studies.

Finally, we argue that the patterns of different ecosystem
responses to environmental change increase the difficulty in
predicting ecosystem stability on the Tibetan Plateau in the
context of climate change. Climate averaging states, climate
variability, and soil properties jointly control community
assembly and ecosystem function at different scales. Ecosystem
function changes must be explored in conjunction with scenarios
beyond simple increases or decreases in temperature or
precipitation, and the interactions between global change factors
and other predictors must be fully considered67.

Methods
Study area. The Tibetan Plateau is an extremely unique ecological region with a
typical plateau climate that is characterized by low temperatures, strong solar
radiation, and limited precipitation68. In this study, 143 sites on the Tibetan Pla-
teau were surveyed from July to August in 2019, 2020, and 2021 (Fig. 2). Con-
sidering vegetation types and road accessibility, we designed systematic survey
routes across the northern, central, and southwestern regions of the plateau. The
spatial distances between the sites were controlled at approximately 40 km (80 km
when the vegetation difference was small). These routes covered typical ecosystems
and climatic regions of the Tibetan Plateau, except for forests in the southeast and
depopulated zones in the northwest. The mean annual temperatures of the study
sites ranged from −6.19 °C to 7.70 °C, and the annual precipitation ranged from
33.34 to 669.70 mm. The investigated ecosystems were classified into four types
according to the dominant species: (1) alpine meadow ecosystems, mostly Kobresia
pygmaea meadows; (2) steppe ecosystems, mainly Stipa purpurea alpine steppes, as

Fig. 6 The most parsimonious path model illustrating the direct and indirect effects of biotic and abiotic factors on ecosystem stability. Partial least
squares path models for alpine meadow (a), desert (b), shrub (c) and steppe (d) are shown. The model explores the effects of latitude, climatic conditions,
soil properties, species richness, FRic (functional richness) and CWM fast–slow (also called CWM_PC2, the second principal component of the plant
functional traits) on detrended temporal stability. Blue and red lines indicate positive and negative significant relationships, respectively, and gray lines
indicate insignificant relationships; the thickness of the line represents the strength of the causal relationship, supplemented by a standardized path
coefficient. Each number in parentheses indicates the loading value of the indicator to the latent variable. R2 indicates the total variation of a dependent
variable is explained by independent variables; GOF indicates the goodness of fit of the entire model. MAP mean annual precipitation, MAP_SD interannual
precipitation variability, PS intraannual precipitation variability, MAT mean annual temperature, MAT_SD, interannual temperature variability; TS,
intraannual temperature variability; Sand, soil sand content; pH, soil pH. *P < 0.05; **P < 0.01; ***P < 0.001.
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well as Stipa caucasica subsp. glareosa desert steppes and Neotrinia splendens
temperate steppes; (3) shrub ecosystems, typically Sophora moorcroftiana and
Caragana versicolor shrubs; and (4) desert ecosystems, typically Haloxylon
ammodendron and Oreosalsola abrotanoides deserts.

Sampling and measurement. The most representative vegetation was selected at
each site for the community species composition surveys by randomly setting up a
1 × 1m quadrat on a relatively homogeneous plot for a meadow or steppe eco-
system, a 5 × 5 m quadrat for woody plants for a desert or shrub ecosystem, and a
nested 1 × 1m quadrat for herbaceous plants (if present). Thereby, we obtained the
cumulative number of species in the quadrats (species richness) and the absolute
and relative coverage of each species.

We collected and measured five plant functional traits for species with relatively
dominant cover, including LDMC, LNC, LPC, leaf carbon concentration, and plant
height, referring to handbooks for standardized measurements of plant functional
traits69,70. These traits characterize key aspects of plant form and function27,71 and
have been linked to ecosystem stability in other studies1,26.

Multiple facets of biodiversity. We considered taxonomic, functional, and phy-
logenetic diversity to describe different facets of biodiversity; however, rather than
prespecifying which indices were important, indices for subsequent analysis based
were selected based on their correlation with ecosystem stability. Specifically, we
used SR, D, Shannon-Wiener index (H’) and Pielou’s evenness index (J) to describe
taxonomic diversity, which can be calculated using the R package “vegan.” Phy-
logenetic diversity was measured based on Faith’s approach, and calculated using
the R package “picante”72. We calculated diversity indicators based on the five
functional traits, namely functional richness (FRic), functional evenness (FEve),
functional divergence (FDiv), functional dispersion (FDis), and calculated
community-weighted means (CWMs), using the R package “FD”73.

Plant functional traits were not available for all species in our dataset, and data
imputation considering phylogenetic information and trait correlations was
performed by combining data from our field surveys with the TRY database74,75.
Given that previous studies have shown the feasibility of using plant cover data from
field surveys and trait data from the TRY database to calculate CWMs1,76, trait
interpolation is deemed feasible and allows for a more accurate calculation of the
functional diversity metrics. Furthermore, the CWMs before and after interpolation
were highly correlated and similarly distributed (Supplementary Fig. 5).
Supplementary Note 1 provides more information on the interpolation calculation.

According to the theory of plant form and function spectrum71 and leaf
economics spectrum27, the five traits involved in this study are functionally closely
related; therefore, we could perform principal component analysis on the five
CWMs. Using the “principal” function in the R package “psych,” we extracted the
first two principal components, which together account for 65% of the variance
among the CWMs (Supplementary Fig. 6). The first principal component
(abbreviated as CWM_PC1) is negatively correlated with plant height and
positively correlated with leaf carbon concentration, reflecting the trade-off
between plant size and leaf structure across species. The second principal
component (abbreviated as CWM_PC2) is positively correlated with LNC and LPC
and negatively correlated with LDMC, which can be considered a quick-return end
described by the leaf economics spectrum27 It is also referred to as CWM fast-slow,
and is expected to have a negative impact on temporal stability.

Ecosystem temporal stability. Temporal stability (S) is defined as μ/δ, where µ is
the mean value of an ecosystem property for a time period and σ is its standard
deviation over the same interval10. Since ecosystem properties generally show
directional changes over time26, as seen in Huang and Xia41, detrended temporal
stability (Sd) was also calculated for each site, defined as μ/δd. Detrending was
performed by linear regression of the mean value of an ecosystem property against
the year, where δd is the standard deviation of the residual for each regression.
Landsat satellite-derived normalized difference vegetation index (NDVI) was used
as a proxy for vegetation productivity, and serves as an essential ecosystem
property in studies of arid and semi-arid ecosystems1,41,64. Although some studies
have used enhanced vegetation index to avoid oversaturation in areas of high
vegetation productivity37,41, our study hardly covered such areas and included
deserts with very low vegetation productivity, where the NDVI usually performs
better77. Temporal stability was calculated as the ratio of the mean annual NDVI
calculated from 2000 to 2020 to the standard deviation of the annual NDVI over
that period.

The annual NDVI for each site was obtained from the dataset of 30 m annual
maximum NDVI over China from 2000 to 202078. This dataset synthesized all
available Landsat 5/7/8 images for the entire year. It was preprocessed (eliminating
the effects of geometry, clouds, aerosols, etc.), and linear interpolation and
Savitzky-Golay filtering was used to smooth the data and reduce the effect of noise
on the composite NDVI maximum79,80. Compositing the annual maximum NDVI
allows different cycles of vegetation growth across different ecosystems1 to be
accounted for, and avoids the problem of too few pixels when compositing for
short periods (e.g., during the growing season). Plots from the field surveys were
matched one-by-one to individual pixels in Landsat data (30 m resolution) by

recorded locations, which was proven to be a feasible method in previous studies
using ground surveys of 30 × 30 m1 or 100 × 100m37 matched to MODIS data
(250 m resolution).

Climatic, soil, and spatial variables. Monthly climatic conditions (mean air
temperature and total precipitation) from 2000 to 2020 from the 1 km monthly
temperature and precipitation dataset for China were gathered81–86. Six climatic
variables affecting ecosystem stability were calculated: mean annual temperature
(MAT), mean annual precipitation (MAP), interannual temperature variability
(standard deviation of annual mean temperature, MAP_SD), intraannual tem-
perature variability (coefficient of variation of monthly temperature, TS), inter-
annual precipitation variability (standard deviation of total annual precipitation,
MAP_SD), and intraannual precipitation variability (coefficient of variation of
monthly precipitation, PS). Soil variables were the properties of layers 0-5 extracted
from the basic soil property dataset of high-resolution China soil information
grids87–89, including soil bulk density, sand content, silt content, clay content, soil
organic carbon content, soil total nitrogen content, soil total phosphorus content,
and soil pH. Because of the potential effects of spatial autocorrelation, the long-
itude, latitude, and altitude of each site were also considered as explanatory
variables1,90. The cosinus and sinus of the longitudes were used to avoid bias
caused by the intrinsic circularity of the longitude1.

Statistical analyses. Kruskal–Wallis nonparametric tests were used to compare
differences in temporal stability, detrended temporal stability, and their compo-
nents across ecosystems to account for the non-normal distribution of some data
(Fig. 3). Spearman’s correlation analysis was used to explore the strength of
association between any two variables (Fig. 4; Supplementary Fig. 1). Given that
temporal stability and detrended temporal stability were qualitatively similar and
that the relationship between explanatory variables and detrended temporal sta-
bility was more pronounced, only results for detrended temporal stability (hereafter
referred to as ecosystem stability) were shown in the other analyses.

Multiple linear regression was used to construct models to predict ecosystem
stability, and a multi-model inference method was used for model selection91.
Before constructing any linear model, a Box–Cox transformation was used for non-
spatial variables to reduce skewness (enhance normality)92,93. Variance inflation
factors (VIF) were also calculated by iteratively removing explanatory variables
with strong multicollinearity (e.g., clay content, silt content, and altitude) until
VIF < 1094–96. To obtain the best predictions of ecosystem stability and test the
relative importance of the contributions of biotic and abiotic factors, three types of
models were developed: (1) abiotic models (including only climatic, soil, and spatial
variables); (2) biotic models (including only biodiversity metrics); and (3) full
models (including all possible explanatory variables). The best subset of models was
selected separately using a procedure based on the modified Akaike information
criterion (AICc; ΔAICc <2), which was performed using the “dredging” function in
the R package “MuMIn.” Considering the R2 and AICc values of the models, the
most convincing model was selected. In most cases, more than one best model was
selected, and formed a subset of the best models (Supplementary Tables 1 and 2);
therefore, the standardized coefficients of the explanatory variables were obtained
by model averaging. The full model outperformed the other two types of models,
and their prediction performance in Supplementary Fig. 2, along with comparison
of all models in Supplementary Table 2. Variance decomposition was performed
based on the method described by ref. 97 to obtain the relative effects of spatial,
climatic, soil, and biotic factors. Additionally, to determine if spatial
autocorrelation was explained by the multiple regression model, the Moran’s I
autocorrelation index was calculated for the residuals of the best model using the R
package “ape.” The results show that the Moran’s I of alpine meadows, deserts,
shrubs and steppes were −0.03 (P= 0.95), −0.09 (P= 0.58), −0.11 (P= 0.58) and
−0.01 (P= 0.45), respectively, indicating little spatial autocorrelation.

To clarify the direct and indirect drivers of ecosystem stability, the partial least
squares path model (PLS-PM) was performed using the R package “plspm”98. This
approach has advantages over ordinary structural equation models. For example, it
requires a smaller sample size and does not impose distributional assumptions on
the data, making it suitable for exploratory analysis. Considering the comparability
among ecosystems and goodness of fit of the model, only the most critical variables
were selected to construct the PLS-PM. Adding unimportant variables or setting
unreasonable paths can reduce the overall model’s goodness of fit and R2 for
ecosystem stability; for example, considering the latitude in the model for deserts
and shrubs is redundant (Supplementary Fig. 4). Therefore, the model was built
based on a priori knowledge, as detailed in Supplementary Note 2. All the analyses
outlined above were performed in R v.4.1.299.

Reporting summary. Further information on research design is available in the Nature
Portfolio Reporting Summary linked to this article.

Data availability
Data generated and analyzed in this study are publically available in the Figshare
repository: https://doi.org/10.6084/m9.figshare.22689649.
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Code availability
The code that supports the findings of this study is openly available at: https://doi.org/10.
6084/m9.figshare.22689649.

Received: 7 September 2022; Accepted: 15 May 2023;

References
1. García-Palacios, P., Gross, N., Gaitán, J. & Maestre, F. T. Climate mediates the

biodiversity–ecosystem stability relationship globally. Proc. Natl Acad. Sci.
115, 8400–8405 (2018).

2. Liang, M. et al. Consistent stabilizing effects of plant diversity across spatial
scales and climatic gradients. Nat. Ecol. Evol. 6, 1669–1675 (2022).

3. McCann, K. S. The diversity–stability debate. Nature 405, 228–233 (2000).
4. De Keersmaecker, W. et al. How to measure ecosystem stability? An

evaluation of the reliability of stability metrics based on remote sensing time
series across the major global ecosystems. Glob. Change Biol. 20, 2149–2161
(2014).

5. Ives, A. R. & Carpenter, S. R. Stability and diversity of ecosystems. Science 317,
58–62 (2007).

6. Donohue, I. et al. On the dimensionality of ecological stability. Ecol. Lett. 16,
421–429 (2013).

7. Pimm, S. L. The complexity and stability of ecosystems. Nature 307, 321–326
(1984).

8. Liu, S. et al. Phylotype diversity within soil fungal functional groups drives
ecosystem stability. Nat. Ecol. Evol. 6, 900–909 (2022).

9. Schnabel, F. et al. Species richness stabilizes productivity via asynchrony and
drought-tolerance diversity in a large-scale tree biodiversity experiment. Sci.
Adv. 7, eabk1643 (2021).

10. Tilman, D., Reich, P. B. & Knops, J. M. H. Biodiversity and ecosystem stability
in a decade-long grassland experiment. Nature 441, 629–632 (2006).

11. Tilman, D. & Downing, J. A. Biodiversity and stability in grasslands. Nature
367, 363–365 (1994).

12. Mazzochini, G. G. et al. Plant phylogenetic diversity stabilizes large-scale
ecosystem productivity. Glob. Ecol. Biogeogr. 28, 1430–1439 (2019).

13. Valencia, E. et al. Synchrony matters more than species richness in plant
community stability at a global scale. Proc. Natl Acad. Sci. 117, 24345–24351
(2020).

14. Ma, Z. et al. Climate warming reduces the temporal stability of plant
community biomass production. Nat. Commun. 8, 15378 (2017).

15. Wilcox, K. R. et al. Asynchrony among local communities stabilises ecosystem
function of metacommunities. Ecol. Lett. 20, 1534–1545 (2017).

16. Gilbert, B. et al. Climate and local environment structure asynchrony and the
stability of primary production in grasslands. Glob. Ecol. Biogeogr. 29,
1177–1188 (2020).

17. Tilman, D. The ecological consequences of changes in biodiversity: a search
for general principles. Ecology 80, 1455–1474 (1999).

18. Yachi, S. & Loreau, M. Biodiversity and ecosystem productivity in a
fluctuating environment: the insurance hypothesis. Proc. Natl Acad. Sci. 96,
1463–1468 (1999).

19. Grime, J. P. Benefits of plant diversity to ecosystems: immediate, filter and
founder effects. J. Ecol. 86, 902–910 (1998).

20. Hillebrand, H., Bennett, D. M. & Cadotte, M. W. Consequences of dominance:
a review of evenness effects on local and regional ecosystem processes. Ecology
89, 1510–1520 (2008).

21. Li, C. et al. Dominant plant functional group determine the response of the
temporal stability of plant community biomass to 9-year warming on the
Qinghai–Tibetan plateau. Front. Plant Sci. 12, 704138 (2021).

22. Sasaki, T. & Lauenroth, W. K. Dominant species, rather than diversity,
regulates temporal stability of plant communities. Oecologia 166, 761–768
(2011).

23. Dıáz, S. & Cabido, M. Vive la différence: plant functional diversity matters to
ecosystem processes. Trends Ecol. Evol. 16, 646–655 (2001).

24. Májeková, M., de Bello, F., Doležal, J. & Lepš, J. Plant functional traits as
determinants of population stability. Ecology 95, 2369–2374 (2014).

25. Polley, H. W., Isbell, F. I. & Wilsey, B. J. Plant functional traits improve
diversity-based predictions of temporal stability of grassland productivity.
Oikos 122, 1275–1282 (2013).

26. Craven, D. et al. Multiple facets of biodiversity drive the diversity–stability
relationship. Nat. Ecol. Evol. 2, 1579–1587 (2018).

27. Wright, I. J. et al. The worldwide leaf economics spectrum. Nature 428,
821–827 (2004).

28. Ren, L. et al. Differential investment strategies in leaf economic traits across
climate regions worldwide. Front. Plant Sci. 13, 798035 (2022).

29. Reich, P. B. The world-wide ‘fast–slow’ plant economics spectrum: a traits
manifesto. J. Ecol. 102, 275–301 (2014).

30. Valencia, E. et al. Functional diversity enhances the resistance of ecosystem
multifunctionality to aridity in Mediterranean drylands. New Phytol. 206,
660–671 (2015).

31. Cadotte, M. W. Phylogenetic diversity and productivity: gauging
interpretations from experiments that do not manipulate phylogenetic
diversity. Funct. Ecol. 29, 1603–1606 (2015).

32. Flynn, D. F. B., Mirotchnick, N., Jain, M., Palmer, M. I. & Naeem, S.
Functional and phylogenetic diversity as predictors of biodiversity–ecosystem-
function relationships. Ecology 92, 1573–1581 (2011).

33. Hallett, L. M. et al. Biotic mechanisms of community stability shift along a
precipitation gradient. Ecology 95, 1693–1700 (2014).

34. Zhao, M. & Running, S. W. Drought-induced reduction in global terrestrial
net primary production from 2000 through 2009. Science 329, 940–943
(2010).

35. Le Bagousse-Pinguet, Y. et al. Testing the environmental filtering concept in
global drylands. J. Ecol. 105, 1058–1069 (2017).

36. Yang, G., Wagg, C., Veresoglou, S. D., Hempel, S. & Rillig, M. C. How soil
biota drive ecosystem stability. Trends Plant Sci. 23, 1057–1067 (2018).

37. Chen, L. et al. Above- and belowground biodiversity jointly drive ecosystem
stability in natural alpine grasslands on the Tibetan Plateau. Glob. Ecol.
Biogeogr. 30, 1418–1429 (2021).

38. Hautier, Y. et al. Anthropogenic environmental changes affect ecosystem
stability via biodiversity. Science 348, 336–340 (2015).

39. Wang, J., Knops, J. M. H., Brassil, C. E. & Mu, C. Increased productivity in wet
years drives a decline in ecosystem stability with nitrogen additions in arid
grasslands. Ecology 98, 1779–1786 (2017).

40. Liu, J. et al. Nitrogen addition reduced ecosystem stability regardless of its
impacts on plant diversity. J. Ecol. 107, 2427–2435 (2019).

41. Huang, K. & Xia, J. High ecosystem stability of evergreen broadleaf forests
under severe droughts. Glob. Change Biol. 25, 3494–3503 (2019).

42. Chen, J. et al. Quantifying the dimensionalities and drivers of ecosystem
stability at global scale. J. Geophys. Res. Biogeosci. 126, e2020JG006041 (2021).

43. Qiu, J. China: the third pole. Nature 454, 393–396 (2008).
44. Yao, T. et al. Recent third pole’s rapid warming accompanies cryospheric melt

and water cycle intensification and interactions between monsoon and
environment: multidisciplinary approach with observations, modeling, and
analysis. Bull. Am. Meteorol. Soc. 100, 423–444 (2019).

45. Chen, H. et al. The impacts of climate change and human activities on
biogeochemical cycles on the Qinghai-Tibetan Plateau. Glob. Change Biol. 19,
2940–2955 (2013).

46. Shen, M. et al. Evaporative cooling over the Tibetan Plateau induced by
vegetation growth. Proc. Natl Acad. Sci. 112, 9299–9304 (2015).

47. Liu, H. et al. Shifting plant species composition in response to climate change
stabilizes grassland primary production. Proc. Natl Acad. Sci. 115, 4051–4056
(2018).

48. Zhou, B. et al. Plant functional groups asynchrony keep the community
biomass stability along with the climate change- a 20-year experimental
observation of alpine meadow in eastern Qinghai-Tibet Plateau. Agric. Ecosyst.
Environ. 282, 49–57 (2019).

49. Seddon, A. W. R., Macias-Fauria, M., Long, P. R., Benz, D. & Willis, K. J.
Sensitivity of global terrestrial ecosystems to climate variability. Nature 531,
229–232 (2016).

50. Miehe, G. et al. The Kobresia pygmaea ecosystem of the Tibetan highlands –
Origin, functioning and degradation of the world’s largest pastoral alpine
ecosystem: Kobresia pastures of Tibet. Sci. Total Environ. 648, 754–771 (2019).

51. Wang, H. et al. Alpine grassland plants grow earlier and faster but biomass
remains unchanged over 35 years of climate change. Ecol. Lett. 23, 701–710
(2020).

52. Venail, P. et al. Species richness, but not phylogenetic diversity, influences
community biomass production and temporal stability in a re-examination of
16 grassland biodiversity studies. Funct. Ecol. 29, 615–626 (2015).

53. Dolezal, J. et al. Determinants of ecosystem stability in a diverse temperate
forest. Oikos 129, 1692–1703 (2020).

54. Stuart-Haëntjens, E. et al. Mean annual precipitation predicts primary
production resistance and resilience to extreme drought. Sci. Total Environ.
636, 360–366 (2018).

55. Ren, H. et al. Grazing weakens temporal stabilizing effects of diversity in the
Eurasian steppe. Ecol. Evol. 8, 231–241 (2018).

56. Bai, Y., Han, X., Wu, J., Chen, Z. & Li, L. Ecosystem stability and compensatory
effects in the Inner Mongolia grassland. Nature 431, 181–184 (2004).

57. Wang, C. et al. Stability response of alpine meadow communities to
temperature and precipitation changes on the Northern Tibetan Plateau. Ecol.
Evol. 12, e8592 (2022).

58. Isbell, F. I., Polley, H. W. & Wilsey, B. J. Biodiversity, productivity and the
temporal stability of productivity: patterns and processes. Ecol. Lett. 12,
443–451 (2009).

ARTICLE COMMUNICATIONS EARTH & ENVIRONMENT | https://doi.org/10.1038/s43247-023-00849-8

10 COMMUNICATIONS EARTH & ENVIRONMENT |           (2023) 4:196 | https://doi.org/10.1038/s43247-023-00849-8 | www.nature.com/commsenv

https://doi.org/10.6084/m9.figshare.22689649
https://doi.org/10.6084/m9.figshare.22689649
www.nature.com/commsenv


59. Gross, K. et al. Species richness and the temporal stability of biomass production:
a new analysis of recent biodiversity experiments. Am. Nat. 183, 1–12 (2014).

60. Yang, C., Yan, T., Sun, Y. & Hou, F. Shrub cover impacts on yak growth
performance and herbaceous forage quality on the Qinghai-Tibet Plateau,
China. Rangel. Ecol. Manag. 75, 9–16 (2021).

61. Zhang, Z. et al. Shrub encroachment impaired the structure and functioning of
alpine meadow communities on the Qinghai–Tibetan Plateau. Land Degrad.
Dev. 33, 2454–2463 (2022).

62. de Bello, F. et al. Functional trait effects on ecosystem stability: assembling the
jigsaw puzzle. Trends Ecol. Evol. 36, 822–836 (2021).

63. Oehri, J., Schmid, B., Schaepman-Strub, G. & Niklaus, P. A. Biodiversity
promotes primary productivity and growing season lengthening at the
landscape scale. Proc. Natl Acad. Sci. 114, 10160–10165 (2017).

64. van Rooijen, N. M. et al. Plant species diversity mediates ecosystem stability of
natural dune grasslands in response to drought. Ecosystems 18, 1383–1394
(2015).

65. Huang, L. et al. Drought dominates the interannual variability in global
terrestrial net primary production by controlling semi-arid ecosystems. Sci.
Rep. 6, 24639 (2016).

66. Yan, P. et al. Functional diversity and soil nutrients regulate the interannual
variability in gross primary productivity. J. Ecol 111, 1094–1106 (2023).

67. López-Angulo, J. et al. Impacts of climate, soil and biotic interactions on the
interplay of the different facets of alpine plant diversity. Sci. Total Environ.
698, 133960 (2020).

68. Li, P., Zhu, D., Wang, Y. & Liu, D. Elevation dependence of drought legacy
effects on vegetation greenness over the Tibetan Plateau. Agric. For. Meteorol.
295, 108190 (2020).

69. Cornelissen, J. H. C. et al. A handbook of protocols for standardised and easy
measurement of plant functional traits worldwide. Aust. J. Bot. 51, 335–380 (2003).

70. Perez-Harguindeguy, N. et al. New handbook for standardised measurement
of plant functional traits worldwide. Aust. J. Bot. 61, 167–234 (2013).

71. Díaz, S. et al. The global spectrum of plant form and function. Nature 529, 167–171
(2016).

72. Kembel, S. W. et al. Picante: R tools for integrating phylogenies and ecology.
Bioinformatics 26, 1463–1464 (2010).

73. Laliberté, E. & Legendre, P. A distance-based framework for measuring
functional diversity from multiple traits. Ecology 91, 299–305 (2010).

74. Kattge, J. et al. TRY plant trait database – enhanced coverage and open access.
Glob. Change Biol. 26, 119–188 (2020).

75. Fraser, L. H. TRY—A plant trait database of databases. Glob. Change Biol. 26,
189–190 (2020).

76. Sabatini, F. M. et al. sPlotOpen—an environmentally balanced, open-access,
global dataset of vegetation plots. Glob. Ecol. Biogeogr. 30, 1740–1764 (2021).

77. Li, L. et al. Increasing sensitivity of alpine grasslands to climate variability
along an elevational gradient on the Qinghai-Tibet Plateau. Sci. Total Environ.
678, 21–29 (2019).

78. Dong, J., Zhou, Y. & You, N. Dataset of 30 m annual maximum NDVI over
China from 2000–2020. Natl Ecosyst. Sci. Data Center https://doi.org/10.
12199/nesdc.ecodb.rs.2021.012 (2021).

79. Yang, J. et al. Divergent shifts in peak photosynthesis timing of temperate and
alpine grasslands in China. Remote Sensing Environ. 233, 111395 (2019).

80. Li, J. et al. Satellite observed indicators of the maximum plant growth potential
and their responses to drought over Tibetan Plateau (1982–2015). Ecol. Indic.
108, 105732 (2020).

81. Peng, S. et al. Spatiotemporal change and trend analysis of potential
evapotranspiration over the Loess Plateau of China during 2011–2100. Agric.
For. Meteorol. 233, 183–194 (2017).

82. Peng, S., Gang, C., Cao, Y. & Chen, Y. Assessment of climate change trends
over the Loess Plateau in China from 1901 to 2100. Int. J. Climatol. 38,
2250–2264 (2018).

83. Peng, S., Ding, Y., Liu, W. & Li, Z. 1 km monthly temperature and
precipitation dataset for China from 1901 to 2017. Earth Syst. Sci. Data 11,
1931–1946 (2019).

84. Peng, S. 1-km monthly mean temperature dataset for china (1901–2020). Natl
Tibet. Plateau Data Center https://cstr.cn/18406.11.Meteoro.tpdc.270961
(2019).

85. Ding, Y. & Peng, S. Spatiotemporal trends and attribution of drought across
China from 1901–2100. Sustainability 12, 477 (2020).

86. Peng, S. 1-km monthly precipitation dataset for China (1901–2020). https://
doi.org/10.5281/zenodo.3185722 (2020).

87. Liu, F. et al. High-resolution and three-dimensional mapping of soil texture of
China. Geoderma 361, 114061 (2020).

88. Liu, F. et al. Mapping high resolution National Soil Information Grids of
China. Sci. Bull. 67, 328–340 (2022).

89. Liu, F. & Zhang, G. Basic soil property dataset of high-resolution China Soil
Information Grids (2010-2018). Natl Tibet. Plateau Data Center (2021).

90. Maestre, F. T. et al. Plant species richness and ecosystem multifunctionality in
global drylands. Science 335, 214–218 (2012).

91. Grueber, C. E., Nakagawa, S., Laws, R. J. & Jamieson, I. G. Multimodel inference in
ecology and evolution: challenges and solutions. J. Evolut. Biol. 24, 699–711 (2011).

92. Box, G. E. & Cox, D. R. An analysis of transformations. J. R. Stat. Soc. Series B
(Methodol.) 26, 211–243 (1964).

93. Vélez, J. I., Correa, J. C. & Marmolejo-Ramos, F. A new approach to the
Box–Cox transformation. Front. Appl. Math. Stat. 1, 12 (2015).

94. Graham, M. H. Confronting multicollinearity in ecological multiple
regression. Ecology 84, 2809–2815 (2003).

95. Doetterl, S. et al. Soil carbon storage controlled by interactions between
geochemistry and climate. Nat. Geosci. 8, 780–783 (2015).

96. Zhao, Y. F. et al. Climate and geochemistry interactions at different altitudes
influence soil organic carbon turnover times in alpine grasslands. Agric.
Ecosyst. Environ. 320, 107591 (2021).

97. Gross, N. et al. Functional trait diversity maximizes ecosystem
multifunctionality. Nat. Ecol. Evol. 1, 1–9 (2017).

98. Sanchez, G. PLS path modeling with R. in Berkeley: Trowchez Editions 383,
551 (2013).

99. R Core Team. R: A Language and Environment for Statistical Computing. (R
Foundation for Statistical Computing, 2022).

Acknowledgements
The work was supported by the second Tibetan Plateau Scientific Expedition and
Research Program (STEP), China (Grant No. 2019QZKK0306), and the National Science
Foundation of China (Grant No. 41730854). We thank the National Ecosystem Science
Data Center, National Science & Technology Infrastructure of China for providing the
NDVI dataset (http://www.nesdc.org.cn).

Author contributions
L.R. conceived and designed the main conceptual ideas of this work, processed the laboratory
experiments, performed data analysis, and wrote the manuscript. J.H., X.X., Y.W., and Y.H.
contributed to field investigation. Y.P., Y.L., Y.W., D.M., and C.Y. assisted laboratory analysis.
Y.C. and Z.X. provided advice on remote sensing data. Y.H. supervised the study, contributed
to the revising of the manuscript, and contributed to the funding resources.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1038/s43247-023-00849-8.

Correspondence and requests for materials should be addressed to Yongmei Huang.

Peer review information Communications Earth & Environment thanks the other,
anonymous, reviewer(s) for their contribution to the peer review of this work. Primary
Handling Editor: Olga Churakova and Aliénor Lavergne. A peer review file is available.

Reprints and permission information is available at http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,

adaptation, distribution and reproduction in any medium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons licence, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons licence, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons licence and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly from
the copyright holder. To view a copy of this licence, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2023

COMMUNICATIONS EARTH & ENVIRONMENT | https://doi.org/10.1038/s43247-023-00849-8 ARTICLE

COMMUNICATIONS EARTH & ENVIRONMENT |           (2023) 4:196 | https://doi.org/10.1038/s43247-023-00849-8 |www.nature.com/commsenv 11

https://doi.org/10.12199/nesdc.ecodb.rs.2021.012
https://doi.org/10.12199/nesdc.ecodb.rs.2021.012
https://cstr.cn/18406.11.Meteoro.tpdc.270961
https://doi.org/10.5281/zenodo.3185722
https://doi.org/10.5281/zenodo.3185722
http://www.nesdc.org.cn
https://doi.org/10.1038/s43247-023-00849-8
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
www.nature.com/commsenv
www.nature.com/commsenv

	Environmental conditions are the dominant factor influencing stability of terrestrial ecosystems on the Tibetan plateau
	Results
	Ecosystem stability and its relationship to individual predictor variables
	Relative importance of biotic and abiotic drivers for ecosystem stability
	Direct and indirect effects of biotic and abiotic factors on ecosystem stability

	Discussion
	Regional specificity of ecosystem stability on the Tibetan Plateau
	Role of different biodiversity aspects on ecosystems stability
	Environmental conditions determine ecosystem stability on the Tibetan Plateau

	Methods
	Study area
	Sampling and measurement
	Multiple facets of biodiversity
	Ecosystem temporal stability
	Climatic, soil, and spatial variables
	Statistical analyses

	Reporting summary
	Data availability
	References
	Code availability
	References
	References
	Acknowledgements
	Author contributions
	Competing interests
	Additional information




