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Circadian rhythm biomarker from wearable device data is
related to concurrent antidepressant treatment response
Farzana Z. Ali 1✉, Ramin V. Parsey1,2,3,4, Shan Lin5, Joseph Schwartz2 and Christine DeLorenzo 1,2,6

Major depressive disorder (MDD) is associated with circadian rhythm disruption. Yet, no circadian rhythm biomarkers have been
clinically validated for assessing antidepressant response. In this study, 40 participants with MDD provided actigraphy data using
wearable devices for one week after initiating antidepressant treatment in a randomized, double-blind, placebo-controlled trial.
Their depression severity was calculated pretreatment, after one week and eight weeks of treatment. This study assesses the
relationship between parametric and nonparametric measures of circadian rhythm and change in depression. Results show
significant association between a lower circadian quotient (reflecting less robust rhythmicity) and improvement in depression from
baseline following first week of treatment (estimate= 0.11, F= 7.01, P= 0.01). There is insufficient evidence of an association
between circadian rhythm measures acquired during the first week of treatment and outcomes after eight weeks of treatment.
Despite this lack of association with future treatment outcome, this scalable, cost-effective biomarker may be useful for timely
mental health care through remote monitoring of real-time changes in current depression.
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INTRODUCTION
Major depressive disorder (MDD) is one of the most common mood
disorders (https://www.nimh.nih.gov/health/statistics/major-
depression.shtml) and a research area of high priority in the United
States1, where approximately 21 million adults had at least one major
depressive episode in a year2. Globally, an estimated 280 million3

individuals are affected by this medical condition considered to be
the most disabling (http://www.who.int/mediacentre/factsheets/
fs369/en/). Despite the past two decades of policy changes aimed
at increasing coverage and reducing stigma associated with mental
health care, numbers of people seeking and receiving treatment for
depression are disproportionately low in underserved communities4.
This is alarming since treatment outcome from antidepressant is
affected by the duration of depression5,6 and time to start
treatment7,8. Establishing objective biomarkers of treatment efficacy
for remote monitoring of depression can address this issue by
facilitating timely intervention. This would reduce patient suffering
and healthcare costs9,10, as conventional methods of depression
assessment can be time-consuming and resource-intensive and
require a trained clinician11. This would particularly benefit those who
lack timely access to affordable, high-quality mental health care4.
Gross motor activity and body movements are altered in

MDD12, and a significant feature of MDD is psychomotor
retardation12,13. Most common complaints among MDD patients
include somatic symptoms such as lack of energy, fatigue, general
aches and pains that can adversely affect motor activity14,15. Such
somatic symptoms are present in up to two thirds of depressed
patients, but can go undetected in current clinical practice16–18.
The questionnaire used for assessing depression focused on
current complaints can lead to underreporting, that can be
addressed by using objective measures related to somatic
characteristics from wearable monitors16.

Depressed patients on naturalistic treatment (both in and out
patient) for one week showed a positive association between motor
activity and improvement of depression19. Several smaller pilot
studies have reported such relationship between motor activity and
antidepressant response13,20,21. Therefore, an automated, objective,
and affordable way to assess depression may be through monitoring
motor activity which is likely to be lower in depression22–25, and
increase with depression improvement22,26,27.
Actigraphy allows objective and longitudinal assessment of

motor activity from the participants’ living environment with
minimal discomfort and effort28. Even though actigraphy has been
used to evaluate sleep-wake changes for nearly half a century, a
more modern and promising application in recent years involves
its automated measures of circadian motor activity rhythms with
date-time stamps29. Actigraphy data is obtained using a compact,
lightweight, and affordable device with long-term data storage
capability that only requires wearing a wrist/waist band with
minor intervention (periodic charging)28. With the growing
popularity of wearable technology, the use of actigraphy devices
with valid measures of motor activity has become widespread and
the data have become easily accessible30.
A correlation between motor activity and depression severity

has been reported in studies using actigraphy11,31. However, to
our knowledge, no study to date has used actigraphy early in
treatment to assess initial antidepressant response to conven-
tional MDD treatments. Assessing response in the first week of
treatment may be especially important since the initial effect of
antidepressants may occur by the end of the first week of
treatment32. Specifically, it has been observed that patients who
exhibit early partial symptomatic improvement are more likely to
ultimately respond33, and early improvement can be a reliable
indicator for an eventual antidepressant response33,34.
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By fitting a cosine wave to the actigraphy data, parametric
measures, including the midline estimating statistic of rhythm
(MESOR, average activity level) and amplitude, that may be
decreased in MDD35, can be extracted. The normalized value of
amplitude (normalized by MESOR) is called circadian quotient
(CQ). CQ reflects robustness of the circadian rhythm, and may be
inversely related to depression severity36,37. Another parametric
measure is acrophase (time of peak activity) which may be
delayed in MDD26,37. Baseline and concurrent measures of
acrophase have been shown to be related to response after
infusion with the fast-acting antidepressant, ketamine38. One
major limitation of these parametric measures is the assumption
of cosine wave pattern of the time series actigraphy data, even
though the activity data may not always resemble such a
pattern39.
This issue can be addressed using nonparametric methods that

do not require this assumption. Two such measures are daytime
and nighttime activity. The resolution of increased gross motor
activity in MDD patients may be more apparent during nighttime
hours12. Intensified daytime movements following four weeks of
treatment have shown correlation with improvement in depres-
sion severity13. During the first week of treatment in a previous
study, the quantity of daytime motor activity was slightly lower
and nighttime motor activity was significantly higher in those who
improved compared to those who did not improve after four
weeks of treatment40. Further, MDD patients may have altered
rest-activity cycles41,42. Nonparametric measures, such as the
intradaily variability (IV), which quantifies the fragmentation in
rest-activity cycle and interdaily stability (IS), which quantifies the

consistency of the activity patterns over multiple days43, have
shown an association with depression severity44.
The purpose of this study was to identify digital biomarkers of

motor activity, that have been previously implicated in depression,
for assessing improvement in depression with antidepressant
treatment. These biomarkers were acquired from actigraphy data
(collected using wearable devices) during the first week of
antidepressant treatment in participants with MDD and extracted
using the aforementioned parametric and nonparametric mea-
sures. The overall goal was to assess associations of the circadian
rhythm biomarkers (continuous variables) with change in depres-
sion after: (1) the first week of treatment (while the actigraphy
device was being worn) assessed as change in depression severity
(continuous variable), and (2) eight weeks of treatment assessed
as: (i) change in depression severity (continuous variable), and (ii)
remission status at week eight (binary variable). The primary
hypothesis is that improvement in depressive symptoms after the
first week and eight weeks of antidepressant treatment will be
related to the first week of actigraphy data in participants with
MDD.
Actigraphy analysis in this study shows that less robust

rhythmicity (a lower CQ) in the first week of treatment is
associated with improvement in depression over that first week.
There is insufficient evidence to establish any relationship
between the circadian rhythm measures acquired during week
one and depression outcome after eight weeks of treatment. This
study should be replicated on a larger, more diverse sample, with
the following refinements of the study design: collecting
actigraphy for the full eight weeks and weekly assessment of

Table 1. Participants’ demographics and clinical characteristics, stratified by remission status.

Variables Remission Status

Non-Remitters
(N= 24, 60%)

Remitters
(N= 16, 40%)

Fisher’s exact test t-test
(DF= 38)

MW-U test

N (%) Mean
(SD)

Median
(IQR)

N
(%)

Mean
(SD)

Median
(IQR)

(P) t (P) z (P)

Treatment assignment

SSRI (vs. Placebo) 16 (67) 6 (38) 0.11

Demographic

Sex: F (vs. M) 17
(71)

11
(69)

1.00

Age (years) 30.24
(14.20)

24.30
(10.80)

32.18
(17.44)

22.95
(24.65)

−0.39
(0.70)

0.11
(0.91)

Clinical

Week0-HDRS 19.33
(4.94)

18.00
(5.00)

15.56
(3.85)

15.50
(4.50)

2.57
(0.01*)

2.30
(0.02*)

Week1-HDRS 15.92
(3.88)

15.50
(5.50)

13.50
(3.74)

14
(5)

1.96
(0.06)

1.79
(0.07)

Week8-HDRS 14.42
(5.18)

14.00
(6.50)

4.53
(2.19)

4.50
(3.50)

7.19
(<0.01*)

5.32
(<0.01*)

ΔHDRS1 −0.20
(0.20)

−0.19
(0.28)

−0.15
(0.29)

−0.22
(0.27)

−0.61
(0.54)

−0.07
(0.94)

ΔHDRS8 −0.32
(0.30)

−0.24
(0.41)

−1.39
(0.75)

−1.13
(0.48)

6.30
(<0.01*)

5.03
(<0.01*)

Non-Remitters: Week8-HDRS > 7. Remitters: Week8-HDRS ≤ 7.
HDRS Hamilton depression rating scale, Week0-HDRS Hamilton depression rating scale score at baseline, Week1-HDRS Hamilton depression rating scale score
after first week of treatment, Week8-HDRS Hamilton depression rating scale score after eight weeks of treatment, ΔHDRS1: change in depression severity after
first week of treatment, ln(Week1-HDRS/ Week0-HDRS), with a higher value indicating more depression symptoms and a lower value indicating improvement
in depression. ΔHDRS8: change in depression severity after eight weeks of treatment, ln(Week8-HDRS/ Week0-HDRS), with a higher value indicating more
depression symptoms and a lower value indicating improvement in depression. N sample size. DF degrees of freedom= 38 for all the variables in the t-test.
MW-U test Mann–Whitney U test, SD standard deviation, IQR interquartile range (75th percentile – 25th percentile), SSRI selective serotonin reuptake inhibitor, F
female, M male.
The P-values that are statistically significant are indicated in bold for *P < 0.05 at α= 0.05.
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depression. Such activity-based biomarkers of antidepressant
efficacy can provide opportunities for personalized, noncontact,
cost-effective mental health care through real-time, unobtrusive
monitoring of current depression and characterization of circadian
rhythm during antidepressant treatment.

RESULTS
Study cohort
The study included actigraphy data collected between 07/05/2017
and 03/13/2020 from 40 participants with a minimum of 4 days
(≥5760min) of actigraphy data (without any missing data). The
study sample had an age range of 18 to 64 years, including 28
(70%) females (Table 1). Overall, 16 (40%) participants remitted
(remitters, free of depression) after eight weeks of treatment.
There was no significant difference between non-remitters (not
free of depression) and remitters in the study sample in terms of
treatment assignment, sex, or age at α= 0.05 (Table 1). The
pretreatment values of depression severity (Week0-HDRS), mea-
sured using the Hamilton Depression Rating Scale (HDRS) before
treatment, were higher in non-remitters than the remitters (Table
1). The participants’ demographics and clinical characteristics
stratified by treatment status (SSRI vs. placebo) did not show any
significant difference (Supplementary Table 1).

Statistical analysis
All analysis in this study included all participants (n= 40) without
any missing data. The Kolmogorov-Smirnov test showed that the
distribution of the log-transformed values for change in depres-
sion after one week [ΔHDRS1= ln(Week1-HDRS/Week0-HDRS)=
ln(Week1-HDRS) – ln(Week0-HDRS)] and after eight weeks
[ΔHDRS8= ln(Week8-HDRS/Week0-HDRS)= ln(Week8-HDRS) –
ln(Week0-HDRS)] of treatment followed normal distribution
(D= 0.10, P > 0.15). No significant difference in parametric or
nonparametric measures were found between non-remitters and
remitters using two-tailed t-tests or Mann-Whitney U (MW-U a.k.a.
Wilcoxon Rank Sum) test at α= 0.05 (Table 2).

Relationship of week 1 actigraphy measures with change in
depression at week 1 and week 8
Of all the parametric and nonparametric measures, circadian
quotient (CQ) was the only measure significantly correlated
(rs= 0.38, P= 0.02) with change in depression severity in the first
week of treatment (ΔHDRS1, Table 2). This relationship remained
significant even after removing two outliers (green box in
Supplementary Fig. 3). No significant correlation was seen
between any parametric or nonparametric measure and change
in depression severity at week 8.
Using repeated measures analysis of variance (RM-ANOVA) with

linear mixed model showed that there was significant association
between the standardized value of circadian quotient (CQ) and

Table 2. Participants’ circadian rhythm measures, collected during first week of treatment, stratified by remission status and their relation to change
in depression.

Variables Remission Status

Non-Remitters
(N= 24, 60%)

Remitters
(N= 16, 40%)

t-test
(DF= 38)

MW-U test Δ
HDRS1

Δ
HDRS8

Mean (SD) Median
(IQR)

Mean (SD) Median
(IQR)

t
(P)

t
(P)

rs
(P)

Parametric Circadian Rhythm Measures

MESOR
(counts)

195.59 (91.80) 221.52 (111.76) 219.31 (102.37) 229.29 (73.38) −0.76 (0.45) −0.80 (0.42) −0.10 (0.53) −0.06 (0.73)

Amplitude (activity counts/
minute)

165.45 (85.43) 172.89 (112.61) 156.99 (83.97) 182.08 (129.31) 0.31 (0.76) 0.14 (0.89) 0.11 (0.51) 0.09 (0.59)

CQ 0.83 (0.14) 0.86 (0.15) 0.75 (0.22) 0.78 (0.37) 1.41 (0.17) 0.64 (0.53) 0.38 (0.02*) 0.12 (0.44)

Acrophase −4.08 (0.99) −4.29 (0.77) −4.16 (0.68) −4.09 (0.99) 0.28 (0.78) −0.36 (0.72) −0.03 (0.84) −0.04 (0.81)

Nonparametric Circadian Rhythm Measures

M10 311.38 (156.06) 307.62 (193.26) 333.07 (159.56) 363.76 (171.38) −0.43 (0.67) −0.58 (0.56) −0.02 (0.90) −0.05 (0.75)

L5 38.28 (33.07) 26.45 (63.94) 64.00 (73.28) 39.95 (33.10) −1.51 (0.14) −1.05 (0.29) −0.24 (0.14) −0.21 (0.19)

RA 0.74 (0.20) 0.79 (0.29) 0.72 (0.24) 0.82 (0.27) 0.32 (0.75) 0.21 (0.84) 0.29 (0.07) 0.18 (0.26)

IV 1.05 (0.30) 1.02 (0.33) 1.10 (0.28) 1.13 (0.28) −0.53 (0.60) −0.76 (0.45) −0.11 (0.49) −0.20 (0.21)

IS 0.35 (0.15) 0.36 (0.18) 0.32 (0.12) 0.34 (0.10) 0.64 (0.53) 0.35 (0.73) 0.20 (0.21) 0.03 (0.86)

Non-Remitters: Week8-HDRS > 7. Remitters: Week8-HDRS ≤ 7.
HDRS Hamilton depression rating scale, Week0-HDRS Hamilton depression rating scale score at baseline, Week1-HDRS Hamilton depression rating scale score
after first week of treatment, Week8-HDRS Hamilton depression rating scale score after eight weeks of treatment, ΔHDRS1: change in depression severity after
first week of treatment, ln(Week1-HDRS/ Week0-HDRS), with a higher value indicating more depression symptoms and a lower value indicating improvement
in depression. ΔHDRS8: change in depression severity after eight weeks of treatment, ln(Week8-HDRS/ Week0-HDRS), with a higher value indicating more
depression symptoms and a lower value indicating improvement in depression. N sample size, DF degrees of freedom= 38 for all the variables in the t-test.
MW-U test Mann–Whitney U test, SD standard deviation, IQR interquartile range (75th percentile – 25th percentile). rs Spearman’s correlation coefficient, which
was used to assess correlation between each of the parametric and nonparametric measures extracted from the first week of treatment and the change in
depression after one week (ΔHDRS1) and eight weeks of treatment (ΔHDRS8). MESOR midline estimating statistic of rhythm, indicates the average activity
level. Amplitude: difference between the highest point and average value of the circadian rhythm. CQ Circadian Quotient (amplitude/MESOR), which reflects
robustness of the circadian rhythm. Acrophase: time of peak activity. M10: average activity count (min−1) during the most active 10 consecutive hours. L5:
average activity count (min−1) during the least active 5 consecutive hours. RA relative amplitude, reflecting the difference between M10 and L5 activity. IV
intradaily variability, estimates the circadian rhythm fragmentation by taking into account the extent and frequency of rest-activity transitions every hour
(range: 0–2), with a higher value indicating a more fragmented rest-activity rhythm due to daytime rest/nappings and/or nighttime arousals. IS interdaily
stability, estimates the consistency/stability of activity patterns over multiple days and its synchronization to the 24-hour light-dark cycle (range: 0–1), with a
higher value indicating stable rhythm with good synchronization.
The P-values that are statistically significant are indicated in bold for *P < 0.05 at α= 0.05.
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change in depression from baseline following first week of
treatment (estimate= 0.11, t= 2.65, F= 7.01, P= 0.01, Table 3).
The model had 33 degrees of freedom for all the predictor
variables (added as fixed effects). The results showed that for
1 standard deviation (SD) increase in an individual’s CQ, their
depressive symptoms after one week of treatment is estimated to
be greater (higher depression) by 0.11 point. If individual A was
1 SD above individual B on CQ, then the increase in A’s depressive
symptoms is estimated to be 0.11 point greater (higher
depression) than the increase in B’s depressive symptoms.
Alternatively, the decrease in A’s depressive symptoms (improve-
ment in depression) would be 0.11 point less than the decrease in
B’s depressive symptoms. Repeated measures analysis of variance
(RM-ANOVA) using linear mixed modeling did not show any
statistically significant association between the parametric or
nonparametric measures from the first week of treatment and
change in depression after eight weeks of treatment.

Prediction of remitters and non-remitters
Multivariate logistic regression models for predicting remission
status (remitters vs. non-remitters), with control variables of
treatment assignment (SSRI vs. placebo), sex (female vs. male), age
and squared value of age, did not show any significant relation-
ship between the predicted odds of remitting after eight weeks of
treatment and either the parametric or nonparametric measures
in two separate models. Yet, the model with the parametric
measures and covariates was able to predict 15 remitters correctly

out of 16 remitters in the sample. This logistic regression model
with the positive outcome threshold of 0.25 predicted remission
status (remitters vs. non-remitters) after eight weeks of treatment
with 93.75% sensitivity, 50.00% specificity (67.50% weighted
accuracy), 55.56% positive predictive value, and 92.31% negative
predictive value.
Using only the statistically significant predictive variable from

the RM-ANOVA model for the first week of treatment, CQ, a
logistic regression model with the positive outcome threshold of
0.38 predicted remission status (remitters vs. non-remitters) after
eight weeks of treatment with 62.50% sensitivity, 62.50%
specificity (62.50% weighted accuracy), 52.63% positive predictive
value, and 71.43% negative predictive value.

DISCUSSION
To the best of our knowledge, no previous study has characterized
nonparametric and parametric measures of motor activity in
participants with MDD early in antidepressant treatment. In
addition to such characterization, this study investigated potential
role of these circadian rhythm measures in assessing antidepres-
sant treatment response in a placebo-controlled randomized trial
(Advancing Personalized Antidepressant Treatment Using PET/
MRI, NCT02623205). The focus on acigraphy measures collected
during the first week of treatment is because the clinically
beneficial effect of antidepressants may occur by the end of the
first week of treatment32. The covariates in this study include age,
sex and treatment type. Of all the measures, circadian quotient
(CQ), reflecting rhythm robustness, might be the most robust,
since it provides the amplitude normalized by average motor
activity (MESOR), and thereby takes into account both daytime
and nighttime motor activity. CQ has been previously shown to
have a negative correlation with depression severity in people
with chronic heart failure36, but a positive correlation with
depression severity during peripartum period45. Little was known
about its characteristics in participants with MDD who are
undergoing treatment that may affect their rhythmicity.
In this study, a lower CQ in the first week of treatment was

correlated with improvement in depression over that first week.
This association remains significant after controlling for age, sex
and treatment assignment, suggesting that this association is
independent of those control variables related to depression. Even
though the final remission status was not associated with the first
week of actigraphy data in this study with limited power and small
sample size, CQ could still be an important factor in future models
for assessing final antidepressant response in conjunction with
other variables related to circadian rhythm (e.g. sleep)46, that are
already available from actigraphy.
The association between motor activity and depression severity

reported in earlier actigraphy studies could not be reproduced in
this study11,31. A previous actigraphy study was able to find
association of motor activity data with changes in symptoms
across 2 weeks, but that study included MDD and bipolar disorder
(BD) to increase power, not exclusively MDD as our study11. That
study used publicly available data without any information on
previous medication, that may have affected the study outcome.
Five of their patients’ movement might have been restricted for
residing in an inpatient facility during actigraphy. Moreover, their
assessment contains data from two weeks, whereas this study
assessed the relationship between the first week of motor data
and depression over that first week or depression over the eighth
week of treatment.
MESOR was previously found to be lower in responders,

compared to nonresponders, during the first day of ketamine
treatment47. The fast-acting antidepressant effect of electrocon-
vulsive therapy and ketamine as compared to SSRI and the
different type of depression across studies may lead to this type of
discrepant findings48. The acrophase was not affected by

Table 3. Results of the repeated measures analysis of variance with
linear mixed model to assess the relationship between parametric
circadian rhythm measures, collected during first week of treatment,
and change in depression after that first week of treatment.

Dependent Variable: ΔHDRS1 (N= 40)

Effects (DF= 33) Estimate Standard
Error

F P

SSRI (vs. Placebo) 0.17 0.09 3.48 0.07

Sex: F (vs. M) −0.16 0.11 2.00 0.17

Age (years) −0.01 0.03 0.05 0.82

Age_sq 0.00 0.00 0.05 0.82

CQ_std 0.07 0.05 1.95 0.17

Acrophase_std 0.05 0.05 0.98 0.33

Week −0.44 0.39 1.28 0.27

SSRI*Week −0.14 0.07 3.93 0.06

Female*Week −0.07 0.09 0.63 0.43

Age*Week 0.02 0.02 1.12 0.30

Age_sq*Week −0.00 0.00 1.00 0.32

CQ_std*Week 0.11 0.04 7.01 0.01*

Acrophase_std*Week −0.01 0.04 0.04 0.85

ΔHDRS1: change in depression severity after first week of treatment,
ln(Week1-HDRS/ Week0-HDRS), with a higher value indicating more
depression symptoms and a lower value indicating improvement in
depression. HDRS Hamilton depression rating scale. Week1-HDRS: Hamilton
Depression Rating Scale score after first week of treatment. Week0-HDRS:
Hamilton Depression Rating Scale score at baseline. N: sample size. DF:
degrees of freedom= 33 for all the predictors in the analysis. SSRI: selective
serotonin reuptake inhibitor. F Female. M Male. CQ_std: standardized values
of circadian quotient (CQ= amplitude/MESOR), which reflects robustness
of the circadian rhythm. Acrophase_std: standardized values of acrophase
reflecting the time of peak activity. Week: treatment week (Week 0 vs. Week
1, repeated measure). The P-values that are statistically significant are
indicated in bold for *P < 0.05 at α= 0.05.
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treatment (with electroconvulsive therapy) in a previous actigra-
phy study in patients with treatment-resistant MDD, where
depression was assessed with the 17-item Hamilton Depression
Rating Scale used in the current study31. This open, non-
randomized study had 10 women and 5 men (higher ratio of
females compared to the current study) with an average age of
47.9 which is higher than the current study population. Such older
population are more likely to respond to ECT49. MDD patients
have displayed activity rhythm advancement (lower acrophase)
one day after infusion with the fast-acting antidepressant,
ketamine, which reverted to baseline after three days38. The
mean age in the study was 42.6 with 57% female. The study
included both MDD and BD patients with treatment resistant
depression. The study participants were medication free for
2–5 weeks before initiating treatment, but some were on mood
stabilizers for BD. The wearable monitor was worn for 2–3 days
before and three days after the ketamine infusion. A blunted
amplitude was detected in these responders three days after
treatment38. Amplitude was higher in responders, compared to
nonresponders, during the first day of ketamine treatment in
another study focused on individuals with treatment-resistant
depression47. These ketamine studies included both MDD and BD
with some receiving mood stabilizers that can affect the findings.
Moreover, depression was assessed using Montgomery-Asberg
Depression Rating Scale (MADRS) as opposed to HDRS in the
ketamine studies. In treatment-resistant depressed patients, ECT
resulted in increases of circadian amplitude in remitters, but not
non-remitters, which could not be replicated in the current
study31. The current study did not show any difference in
amplitude between remitters and non-remitters during first week
of treatment that may lack the rapid response expected from
ECT49 and ketamine47. The ECT sessions averaged between
7.849–9.831 and ketamine was administered as a single dose in
those previous studies38,47.
Clinical improvement in depressive symptoms after four weeks

of treatment in patients with MDD was previously related to
daytime, but not nighttime motor activity from the first week of
treatment assessed via actigraphy40. Daytime motor activity was
slightly lower and nighttime motor activity was significantly
higher during the first week of treatment in patients with
depression who improved (≥50% on HDRS) compared to those
who did not improve after four weeks of treatment40. Correspond-
ingly, the mean relative amplitude (RA) in our study reflecting the
difference between daytime and nighttime activity was lower in
the remitters compared to non-remitters, but this finding did not
reach statistical significance. In this study, no difference was
observed between the remitters and non-remitters in terms of
daytime or nighttime activity, and no correlation was found
between the first week of daytime and nighttime motor activity
data and the clinical improvement after eight weeks of treatment.
To recapitulate, this study did not replicate some of the findings

from previous actigraphy studies mainly due to the following
differences. (1) Diagnosis: majority of the previous studies
included patients with MDD and BD. (2) Mean age: the mean
age of the previous studies was much older than the current study
cohort. (3) Length of treatment: the length of treatment was
mostly shorter compared to the current study. (4) Treatment type:
one study used mood stabilizers, while another used antipsychotic
drugs during antidepressant treatment, that can affect motor
activity.
The treatment assignment of SSRI vs. placebo (binary variable: 0.

Placebo, 1. SSRI) was a fixed effect in the repeated measures
analysis of variance (RM-ANOVA) using linear mixed model and a
covariate in the logistic regression models in the study for
analyzing association between circadian rhythm measures and
change in depression. The findings partially validated the same
response rate expected for placebo and SSRI in mild to moderate
depression50,51. Prior literature suggests that with treatment,

improvement in depression is likely associated with placebo and
spontaneous recovery approximately half the time, while the rest
may be attributable to active intervention52,53. No difference has
been observed in treatment-induced neurobiological changes
from antidepressants versus placebo54. The ECT studies with
treatment resistant depressed patients did not have a placebo
group (for not expecting a large bias due to placebo effect)31,49.
One of the aforementioned ketamine studies had a placebo
group, but no significant differences were found between MESOR,
amplitude or acrophase due to treatment with ketamine or
placebo one day before the circadian rhythm measurements47.
Relatedly, assignment of SSRI or placebo did not affect the final
outcome of remitters or non-remitters in the study. More
importantly, to our knowledge, no other study has shown a
similar lack of difference between SSRI and placebo effects on the
characteristics of circadian rhythm measures in MDD patients yet.
A major limitation of this study is the lack of power that can be

improved in future by replicating this study in larger, more diverse
samples. The study design can be improved by collecting
actigraphy for the full eight weeks of treatment and assessing
the relationship between circadian rhythm measures and change
in depression for each week of treatment. Furthermore, machine
learning techniques may help recognize patterns in current data
not apparent through conventional statistical analysis by using all
parametric and nonparametric measures in a single model with
appropriate management of overfitting through hyperparameter
optimization55. Such a model can be expanded to include other
demographics and measures of actigraphy time series data (e.g.,
energy expenditure, sleep duration, etc.) and activity related
circadian genes56 as well as clinical notes, lab values, and medical
imaging46,57 for a comprehensive clinical decision support tool.
Continuous actigraphy data can be used to identify changes in
circadian motor activity over time, by quantifying patterns in
sequential time series data, which is also useful for forecasting58.
Further, the results may be applicable to other lines of
antidepressant treatment, such as cognitive behavioral therapy,
transcranial magnetic stimulation, etc. Therefore, such lines of
research may create new opportunities and directions at the
frontiers of wearable technology.
As an added benefit of such a technique, one of the goals of

WHO’s Mental Health Gap Action Programme (mhGAP) is to
increase services for mental health care by those who are not
specialists in mental health (https://www.who.int/news-room/fact-
sheets/detail/depression). Since CQ appears to be a biomarker of
concurrent depression severity during treatment, using this
biomarker instead of subjective reports could facilitate automated
treatment monitoring. Furthermore, such circadian rhythm
biomarkers can be continuously recorded in an affordable manner
without expert intervention, unlike subjective reports. This can
support personalized patient care and empower and engage
patients in their care, through accelerated feedback. This
monitoring of treatment would be particularly beneficial for
underserved communities, including the elderly, low-income
populations, and residents in rural areas, who have limited access
to mental health care, despite the need for psychiatric
treatment59.
The relationship between mental health and motor activity has

been researched before, however, most of the studies do not
provide validation of depression diagnosis from a clinician. In
contrast, participants in this study were screened, diagnosed, and
treated by a trained clinical team including psychiatrists, a
psychiatric nurse practitioner, and psychologists with combined
decades of experience in psychological assessment. All the study
participants were medication free for at least three weeks before
initiation of treatment that was useful for minimizing the
confounding effects of prior psychotropic medications. Moreover,
the current study design consisted of a comprehensive data
analysis plan with a priori designation of the primary outcome of
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remission, based on the ideal target of antidepressant treatment60.
The processing techniques for the actigraphy data were based on
prior literature. A notable strength of the current study is the
younger sample that is more informative for a larger group of
adults with depression61. The largest meta-analysis of depression
studies had an average age of 44 years62. An individual patient
data meta-analysis on the effect of age on depression treatment
outcomes had an average age around 4263. The mean age in this
study sample is 31 with a median age of 23.6, which reflects the
large university population near the research institution. This is an
important cohort to study as adults ages 18–29 are most likely to
experience depression (https://www.cdc.gov/nchs/products/
databriefs/db379.htm). However, rather than the younger partici-
pants in this study, nonparametric measures are more useful for
older adults who are likely to have less pronounced (frail) circadian
rhythm, since the nonparametric measures are not based on
assumptions about the robustnest of the circadian rhythm36. This
ancillary actigraphy study used data from the pre-registered
protocol for imaging study, which may have affected the sample
size and power. Participants in this study had actigraphy data
ranging from 4–7 days during their first week of treatment. This
variability in the length of days of actigraphy data in the study
sample makes it more generalizable to real life population. The
current study design closely resembles the expectations in real life
scenarios where individuals may not be adherent to wearing their
activity monitoring watches all day for seven consecutive days.
The current study sample consisted of participants with variable
medication start dates, and during their treatment, activity may
have been externally influenced depending on the season and
availability of sunlight64. Yet, the findings from this study provide
a framework on which future research can be built to effectively
investigate the relationship between circadian rhythm character-
istics and antidepressant outcomes in patients with MDD, and

inform researchers and clinicians about the value of these
potential biomarkers in depression.
The purpose of this study was to identify digital circadian

rhythm biomarkers using actigraphy data from the first week of
antidepressant treatment that can assess antidepressant response
over the time the actigraphy device is worn and in the future. The
parametric and nonparametric measures in the study did not
show any relationship with change in depression after eight weeks
of treatment. However, circadian quotient, a parametric measure
assessing circadian rhythm robustness, has shown utility for
assessing current depression during treatment, which could be
particularly beneficial for real-time, unobstructive, objective
monitoring of antidepressant efficacy and depression improve-
ment remotely in individuals with MDD who lack proper access to
mental health care.

METHODS
Study cohort
The motor activity data in this actigraphy study was acquired as an
optional add-on to a randomized, placebo-controlled, double-
blind, single-site clinical trial of the SSRI escitalopram with brain
imaging (name of the trial registry: Advancing Personalized
Antidepressant Treatment Using PET/MRI, registration number:
NCT02623205, date of registration: 12/07/2015, https://
clinicaltrials.gov/ct2/show/NCT02623205), as described in a pre-
vious publication65. The Institutional Review Board of Stony Brook
University (IRB #570152) approved this study. Written informed
consent was obtained from all participants prior to study for
participation in this research involving experimentation with
human subjects. The CONSORT reporting guidelines were used
for reporting66. A sample size calculation was performed with two-

Fig. 1 CONSORT flow diagram depicting the progression of participants through the actigraphy study. CONSORT consolidated standards
of reporting trials.
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tailed analysis for α= 0.05 to achieve 80% power and detection of
true correlation of at least 0.39. Adults meeting the Diagnostic and
Statistical Manual of Mental Disorders, fourth edition (DSM-IV)
criteria for MDD were recruited by radio, print, and internet
advertising starting in March 2015. Initially, all interested
individuals went through a phone screening. After determining
their eligibility, prospective participants were brought in for a
more in-depth, in-person evaluation. 613 individuals completed
the initial phone screening, 488 of whom did not meet the
eligibility criteria described below, and 40 chose not to enroll (Fig.
1).

Eligibility criteria
To be eligible for this study, participants had to have a current
diagnosis of MDD and a minimum score of 22 on the
Montgomery-Åsberg Depression Rating Scale (MADRS)67. The
study included participants who were medication-free for 21 days
prior to data collection. All participants were provided with the
necessary information to make informed decisions. Individuals
who lack the capacity to consent were excluded. Further exclusion
criteria included significant medical conditions, active physical
illness, current efficacious treatment with antidepressants, contra-
indications to escitalopram including previous failure of escitalo-
pram, electroconvulsive therapy (ECT) within the past 6 months,
lifetime history of psychosis or bipolar disorder, active suicidality,
high potential for substance use during the study period,
significant neurological deficits or previous head injury involving
loss of consciousness or motor deficits, or dementia (clinical and
neurocognitive criteria).

Treatment randomization
The participants were washed off any psychotropic medication for
three weeks before initiating treatment. Randomization of
treatment was performed using a double-blind design in a 1:1
ratio to provide participants with either the first-line treatment
with an SSRI26–28 called escitalopram (ESC) or placebo. A pseudo-
random allocation scheme was generated by the study pharmacist
using the computer software, Research Randomizer®, before
labeling and distributing the medication bottles to study
participants. This allowed for blinding of the research participants,
study clinicians, raters, and study coordinators. The participants
randomized to escitalopram received 10mg (one pill) for one
week, 20 mg (two pills) for two weeks, and 30mg (three pills)
thereafter, as a single daily dose. The increase in dosage
depended on clinical judgment based on the participant’s
tolerance and response. By the end of the trial, all participants
on escitalopram received the maximum recommended dose of

30mg. Participants on placebo followed the same schedule for the
number of placebo pills. The placebo group was included to
examine if the actigraphy variables predicted antidepressant
response from SSRI or in general regardless of treatment
assignment of SSRI vs. placebo. This is because motor activity
may change differently due to SSRI as compared to placebo. The
depression severity of the participants was quantified by trained
raters using the 17-item Hamilton Depression Rating Scale (HDRS)
before initiating treatment, and at the end of the first and eighth
week of treatment.

Actigraphy data acquisition
The CONSORT flow diagram for the actigraphy study is provided in
Fig. 1. Briefly, 77 participants completed the trial after 8
discontinued, 57 of whom opted for actigraphy. Participants wore
the actigraphy monitor, ActiCal (Philips Respironics, Mini Mitter
Company Inc., Oregon, USA), a uniaxial accelerometer that senses
acceleration in a single vertical plane from body movement68–73.
Participants were given instructions to wear the device on the
non-dominant wrist at all times, except when showering. The
device recorded digital signal of time series activity data from
wrist actigraphy for 1-minute intervals (epoch) for a continuous
period of 1 week after initiating treatment. Therefore, the sample
rate of the acceleration data acquisition was activity per minute
(min−1). Electric signal is generated in the ceramic enclosure of the
sensor (piezoelectricity) when the sensor is deformed in response
to vibrations from movement/activity74. The generated signal is
amplified and filtered through a bandpass filter75, where any
acceleration signal outside of 0.5–3.0 Hz was filtered out to
remove artifacts or noise76. This analog signal is digitized using an
analog to digital converter at 32 Hz sampling frequency. In this
way, the sensor detects minute-by-minute acceleration (rate of
change of displacement every minute), and activity counts per
minute are recorded. 40 participants with a minimum of 4 days
(≥5760min) of actigraphy data (without any missing data) from
the first week after non-wear data removal (described below) were
included in the study. This is in line with previous actigraphy
studies for antidepressants that have used data from at least
3 days38,47.

Actigraphy data processing
The raw accelerometer files were processed using the Actical
software, which included verification of epoch length: 1 min,
device location: wrist, sex, age, and height and weight from
physical exams. Afterwards, the standard Choi algorithm was
applied to remove non-wear data with a 90-minute window of
consecutive zero counts77. This algorithm allows artifacts defined

Fig. 2 Cosinor fit used to extract parametric measures from continuous actigraphy with minute-by-minute activity. Cosinor fit (red line)
used to extract parametric measures over the 7 days of continuous actigraphy data (blue lines) from a sample participant with MDD. Each dot
on the plot signifies one minute in time and the height of the line indicates motor activity for that minute. 1 day length of data (recorded from
midnight to midnight) is indicated by the horizontal length of the purple rectangular box. Amplitude (brown double arrow) is indicated at half
the distance between peaks of the fitted waveform. Acrophase (φ, dark olive, double arrow) refers to the time of the point of peak activity.
MESOR (Midline Estimating Statistic of Rhythm, green dashed line) indicates the average cycle value.
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as 2-minute interval of nonzero counts, that has 30-minute
consecutive zero counts upstream or downstream. The segmen-
ted periods of wear time and activity were appended, with the
timestamps intact. Even though the standard practice is to include
data from days with >600min of data per day78, this study
required 900 min of data per day (for at least 4 out of 7 days) to
extract the variables related to 600 most active minutes (M10) and
300 least active minutes (L5) each day79. This design minimized
any overlapping between the hours included in M10 and L5, and
their difference (relative amplitude) was used in the final model.

Parametric measures
The preliminary parametric measures included Midline Estimating
Statistic of Rhythm (MESOR), amplitude, and acrophase. These
parametric measures for the periodic characteristics were
obtained using cosinor analysis with a least squares approach80.
This single-component cosinor model used regression to fit a
cosine wave to the time series activity data as shown in the
equation below (Fig. 2)81:

Yi tð Þ ¼ Mi þ Ai: cos
2πt
τ

þ φi

� �
þ eiðtÞ (1)

In Eq. (1), Yi tð Þ refers to the motor activity at time t for
participant i. Mi indicates the rhythm-adjusted average activity
count, known as the Midline Estimating Statistic of Rhythm
(MESOR) (Fig. 2, green line). Ai refers to the amplitude measuring
the average difference between the maximum and minimum
motor activity, which is half the distance of the peak of the fitted
waveform (Fig. 2, brown double arrow). The normalized value of
amplitude is circadian quotient (CQ: amplitude/MESOR) that
allows comparison of circadian rhythm robustness among
participants with varying activity levels by considering both of
their daytime and nighttime activity36.
τ indicates the period of 24 h, the assumed duration for one

cycle. Acrophase, φi; measures the time of the peak motor activity,
the time of overall highest amplitude, recurring in each cycle (Fig.
2, dark olive double arrow). ei(t) is the error term. With an assumed
period of τ= 24 h, the non-linear problem of fitting a cosine
function (Eq. 1) is reduced to a problem with linear parameters.
The cosinor analysis is applied using a cycle length of 2π. Using
the trigonometric angle sum identity:

Ai : cos
2πt
τ

þ φi

� �
¼ Ai : cos φi þ

2πt
τ

� �
¼ Ai: cos φið Þ � Ai : cos 2πt

τ

� �
� Ai : sin φið Þ � Ai : sin 2πt

τ

� �

The model in Eq. 1 can be transformed to the model below:

Yi tð Þ ¼ Mi þ βx þ γz þ ei tð Þ;
where β ¼ Ai: cos ϕið Þ;x ¼ cos 2πt

τ

� �
;γ ¼ -Ai: sin ϕið Þ;

z ¼ sin
2πt
τ

� �

Nonparametric measures
The nonparametric measures include average activity (min−1) over
the most active 10 consecutive hours (M10) and the least active 5
consecutive hours (L5), relative amplitude (RA), intradaily varia-
bility (IV), and interdaily stability (IS). RA reflects the difference
between M10 and L5 activity calculated as shown in Eq. (2) below:

RA ¼ M10� L5
M10þ L5

(2)

The RA value ranges from 0 to 1, with a high value indicating
sufficient balance of rest-active status, whereas a low value
indicates insufficient balance of rest-active status. In motor activity

research, M10 refers to “daytime activity” in healthy individuals.
However, the time of the day of most active hours may vary for an
individual with MDD. Therefore, this article refers to M10 as “most
active hours.” L5 measures the average activity of five consecutive
least active hours (including sleep), known as “nocturnal activity”
in a healthy individual, and is referred to as the “least active hours”
in this article43.
Intradaily variability (IV) estimates the circadian rhythm

fragmentation by taking into account the extent and frequency
of rest-activity transitions every hour. IV value ranges from 0 to 2,
with a higher value indicating a more fragmented rest-activity
rhythm due to daytime rest/nappings and/or nighttime arou-
sals43,82. An IV value near 0 indicates a strong rest-activity rhythm,
while Gaussian noise would generate an IV near 2. IV is obtained
by calculating the ratio of the mean squared first derivative of the
data and the variance, as shown in Eq. (3) below82,83.

IV ¼ N
PN

i¼2 xi � xi�1ð Þ2
N � 1ð ÞPN

i¼1 xi � xð Þ2 (3)

Where N is the total number of sampling points in the time series
data. x is the average of all data and xi is the individual data point,
which is calculated as an hourly value for this equation83.
Interdaily stability (IS) estimates the consistency/stability of

activity patterns over multiple days and its synchronization to the
24-hour light-dark cycle. IS value ranges from 0 to 1, with a high
value indicating stable rhythm with good synchronization43.

IS ¼ N
Ps

h¼1 xh � xð Þ2
s
PN

i¼1 xi � xð Þ2 (4)

In Eq. (4), N is the total number of sampling points in the time
series data; s is the number of sampling points per day. xh is the
hourly mean. x is the average of all data and xi is the individual
data point, which is calculated as an hourly value for this
equation83.

Statistical analysis
Each circadian rhythm measure was visualized and summarized
(Supplementary Figs. 1–4). For any detected outlier, the associated
actigraphy data was visually inspected for unusual patterns, that
did not result in the removal of any outliers. All analysis was
performed with and without the outliers to test for robustness.
The Hamilton Depression Rating Scale (HDRS) scores were
positively skewed. Therefore, they were log-transformed to make
their distribution and the distribution in change in depression
better approximate normal distribution. The distribution of these
log-transformed values was subsequently tested for normality
using the Kolmogorov-Smirnov test. The change in depression
after one week of treatment was calculated as: ΔHDRS1=
ln(Week1-HDRS/Week0-HDRS)= ln(Week1-HDRS) – ln(Week0-
HDRS)]. The change in depression after eight weeks of treatment
was calculated as: [ΔHDRS8= ln(Week8-HDRS/Week0-HDRS)=
ln(Week8-HDRS) – ln(Week0-HDRS)]. For instance, ΔHDRS1=
−0.176 implies that ratio of Week1-HDRS to Week0-HDRS is
~exp(−0.176)= 0.838, corresponding to 0.838–1.000=−0.162 or
a 16.2% decrease in depressive symptoms at week 1 from
baseline. The same method was used for interpreting the values of
ΔHDRS8. The parametric measures (CQ and acrophase) and the
non-parametric measures (RA, IV, and IS) were standardized before
being used in statistical analysis. The binary variables (treatment
assignment: SSRI vs. placebo and sex: female vs. male) were
analyzed using the Fisher’s exact test. The numeric data was
analyzed using two-tailed t-tests and Mann-Whitney U (MW-U
a.k.a. Wilcoxon Rank Sum) test. Variable extraction from cosinor
analysis and data visualization were performed using Matlab
R2020a (MathWorks, Natick, MA) and Python 3.9.0 (Python
Software Foundation, Beaverton, OR). Statistical analyses were
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performed using R 4.1.0 (RStudio, Boston, MA), SAS 9.4 (SAS
Institute, Cary, NC) and STATA/SE 13.0 (StataCorp LLC, College
Station, TX).

Relationship of week 1 actigraphy measures with change in
depression at week 1 and week 8
Spearman’s correlation was assessed between each of the parametric
and nonparametric measures extracted from the first week of
treatment and the change in depression after one week [ΔHDRS1=
ln(Week1-HDRS/Week0-HDRS)= ln(Week1-HDRS) – ln(Week0-HDRS)]
and eight weeks of treatment [ΔHDRS8= ln(Week8-HDRS/ Week0-
HDRS)= ln(Week8-HDRS) – ln(Week0-HDRS)]. Repeated measures
analysis of variance (RM-ANOVA) was performed using a linear mixed
model with restricted maximum likelihood (REML) estimation for the
repeated measures of treatment week (Week0 vs. Week1). The
standardized values of the parametric (CQ and acrophase) and
nonparametric (RA, IV, and IS) measures extracted from the first week
of treatment were included as fixed effects. Association of these
parametric and nonparametric measures with the change in
depression from pretreatment values after the first week of
treatment [ΔHDRS1= ln(Week1-HDRS/Week0-HDRS)= ln(Week1-
HDRS) – ln(Week0-HDRS)] was the dependent variable in two
separate models. Similarly, association of these parametric and
nonparametric measures with the change in depression from
pretreatment values after the eighth week [ΔHDRS8= ln(Week8-
HDRS/ Week0-HDRS)= ln(Week8-HDRS) – ln(Week0-HDRS)] were
analyzed by using ΔHDRS8 as dependent variable in two separate
models. All RM-ANOVA models included n= 40 participants (random
effect) with 1 observation at each of the 2 time points (Week 0 vs.
Week 1) for a total of 80 observations. They also included the fixed
effects of treatment assignment (SSRI vs. placebo), sex (female vs.
male), age, and squared value of age (to address a potential
nonlinear relationship with depression)84 and their interactions with
treatment week.

Prediction of remitters and non-remitters
The standardized parametric and nonparametric measures were
independent variables in two separate multivariate logistic
regression models, along with covariates of treatment assignment
(SSRI vs. placebo), sex (female vs. male), age and squared value of
age. The binary outcome was remitter (free of depression, vs. non-
remitter) designated a priori as at least 50% reduction in
depression, which is a score of ≤7 on the 17-item Hamilton
Depression Rating Scale (HDRS), after eight weeks of
treatment85–87.
In addition, the most significant predictor from previous RM-

ANOVA models was used as an independent variable in a separate
logistic regression model. The optimal threshold for identifying
positive outcome was designated by calculating the difference
between the True Positive Rate and False Positive Rate from the
Receiver Operating Characteristic (ROC) curve. The model
performance metrics of sensitivity, specificity, positive predictive
value and negative predictive value were calculated afterwards
after setting the optimal threshold for positive outcome.

Reporting summary
Further information on research design is available in the Nature
Research Reporting Summary linked to this article.

DATA AVAILABILITY
The authors confirm that all relevant data are available from the authors and can be
provided on request.

CODE AVAILABILITY
Standard software applications have been used for data analysis and are mentioned
in the methodology.

Received: 22 November 2022; Accepted: 11 April 2023;

REFERENCES
1. McCall, W. V. A rest-activity biomarker to predict response to SSRIs in major

depressive disorder. J. Psychiatr. Res. 64, 19–22 (2015).
2. Battle, C. L. et al. Treatment goals of depressed outpatients: a qualitative inves-

tigation of goals identified by participants in a depression treatment trial. J.
Psychiatr. Pr. 16, 425–430 (2010).

3. Reddy, M. S. Depression: the disorder and the burden. Indian J. Psychol. Med. 32,
1–2 (2010).

4. Goodwin, R. D. et al. Trends in U.S. depression prevalence from 2015 to 2020: the
widening treatment gap. Am. J. Prevent. Med. 63, 726–733 (2022).

5. Lorenzo-Luaces, L., Rodriguez-Quintana, N. & Bailey, A. J. Double trouble: do
symptom severity and duration interact to predicting treatment outcomes in
adolescent depression? Behav. Res Ther. 131, 103637 (2020).

6. Buckman, J. E. J. et al. The contribution of depressive ‘disorder characteristics’ to
determinations of prognosis for adults with depression: an individual patient
data meta-analysis. Psychol. Med. 51, 1068–1081 (2021).

7. Saunders, R. et al. Improvement in IAPT outcomes over time: are they driven by
changes in clinical practice? Cogn. Behav. Ther. 13, e16 (2020).

8. Clark, D. M. et al. Transparency about the outcomes of mental health services
(IAPT approach): an analysis of public data. Lancet 391, 679–686 (2018).

9. Leuchter, A. F. et al. Biomarkers to predict antidepressant response. Curr. Psy-
chiatry Rep. 12, 553–562 (2010).

10. Greenberg, P. E., Fournier, A. A., Sisitsky, T., Pike, C. T. & Kessler, R. C. The economic
burden of adults with major depressive disorder in the United States (2005 and
2010). J. Clin. Psychiatry 76, 155–162 (2015).

11. Jacobson, N. C., Weingarden, H. & Wilhelm, S. Digital biomarkers of mood dis-
orders and symptom change. npj Digital Med. 2, 3 (2019).

12. Sobin, C. & Sackeim, H. A. Psychomotor symptoms of depression. Am. J. Psychiatry
154, 4–17 (1997).

13. Todder, D., Caliskan, S. & Baune, B. T. Longitudinal changes of day-time and night-
time gross motor activity in clinical responders and non-responders of major
depression. World J. Biol. Psychiatry 10, 276–284 (2009).

14. Black, D. W. & Andreasen, N. C. Introductory textbook of psychiatry. 5th edn,
(American Psychiatric Pub., 2011).

15. Buyukdura, J. S., McClintock, S. M. & Croarkin, P. E. Psychomotor retardation in
depression: biological underpinnings, measurement, and treatment. Prog. Neu-
ropsychopharmacol. Biol. Psychiatry 35, 395–409 (2011).

16. Tylee, A. & Gandhi, P. The importance of somatic symptoms in depression in
primary care. Prim. Care Companion J. Clin. Psychiatry 7, 167–176 (2005).

17. Kok, G. D. et al. Double trouble: does co-morbid chronic somatic illness increase
risk for recurrence in depression? A systematic review. PLoS One 8, e57510
(2013).

18. Simon, G. E., VonKorff, M., Piccinelli, M., Fullerton, C. & Ormel, J. An international
study of the relation between somatic symptoms and depression. N. Engl. J. Med.
341, 1329–1335 (1999).

19. Bewernick, B. H., Urbach, A. S., Bröder, A., Kayser, S. & Schlaepfer, T. E. Walking
away from depression-motor activity increases ratings of mood and incentive
drive in patients with major depression. Psychiatry Res. 247, 68–72 (2017).

20. Raoux, N. et al. Circadian pattern of motor activity in major depressed patients
undergoing antidepressant therapy: relationship between actigraphic measures
and clinical course. Psychiatry Res. 52, 85–98 (1994).

21. Godfrey, H. P. & Knight, R. G. The validity of actometer and speech activity
measures in the assessment of depressed patients. Br. J. Psychiatry 145, 159–163
(1984).

22. Wielopolski, J. et al. Physical activity and energy expenditure during depressive
episodes of major depression. J. Affect. Disord. 174, 310–316 (2014).

23. Schuch, F. et al. Physical activity and sedentary behavior in people with major
depressive disorder: a systematic review and meta-analysis. J. Affect Disord. 210,
139–150 (2017).

24. Vancampfort, D. et al. Sedentary behavior and physical activity levels in people
with schizophrenia, bipolar disorder and major depressive disorder: a global
systematic review and meta-analysis. World Psychiatry 16, 308–315 (2017).

25. Krane-Gartiser, K., Henriksen, T. E. G., Morken, G., Vaaler, A. & Fasmer, O. B.
Actigraphic assessment of motor activity in acutely admitted inpatients with
bipolar disorder. PLOS ONE 9, e89574 (2014).

F.Z. Ali et al.

9

Published in partnership with Seoul National University Bundang Hospital npj Digital Medicine (2023)    81 



26. Bennabi, D., Vandel, P., Papaxanthis, C., Pozzo, T. & Haffen, E. Psychomotor
retardation in depression: a systematic review of diagnostic, pathophysiologic,
and therapeutic implications. BioMed. Res. Int. 2013, 158746 (2013).

27. Burton, C. et al. Activity monitoring in patients with depression: a systematic
review. J. Affect. Disord. 145, 21–28 (2013).

28. Smith, M. T. et al. Use of actigraphy for the evaluation of sleep disorders and
circadian rhythm sleep-wake disorders: an american academy of sleep medicine
clinical practice guideline. J. Clin. Sleep. Med. 14, 1231–1237 (2018).

29. Neikrug, A. B. et al. Characterizing behavioral activity rhythms in older adults
using actigraphy. Sensors 20, 549 (2020).

30. Raza, M. M., Venkatesh, K. P. & Kvedar, J. C. Intelligent risk prediction in public
health using wearable device data. npj Digital Med. 5, 153 (2022).

31. Winkler, D. et al. Actigraphy in patients with treatment-resistant depression
undergoing electroconvulsive therapy. J. Psychiatr. Res. 57, 96–100 (2014).

32. Taylor, M. J., Freemantle, N., Geddes, J. R. & Bhagwagar, Z. Early onset of selective
serotonin reuptake inhibitor antidepressant action: systematic review and meta-
analysis. Arch. Gen. Psychiatry 63, 1217–1223 (2006).

33. Kudlow, P. A., Cha, D. S. & McLntyre, R. S. Predicting treatment response in major
depressive disorder: the impact of early symptomatic improvement. Can. J. Psy-
chiatry 57, 782–788 (2012).

34. Kudlow, P. A., McIntyre, R. S. & Lam, R. W. Early switching strategies in anti-
depressant non-responders: current evidence and future research directions. CNS
Drugs 28, 601–609 (2014).

35. Hori, H. et al. 24-h activity rhythm and sleep in depressed outpatients. J. Psychiatr.
Res. 77, 27–34 (2016).

36. Jeon, S., Conley, S. & Redeker, N. S. Rest-activity rhythms, daytime symptoms, and
functional performance among people with heart failure. Chronobiol. Int. 37,
1223–1234 (2020).

37. Smagula, S. F. et al. Circadian rest–activity rhythms predict future increases in
depressive symptoms among community-dwelling older men. Am. J. Geriatr.
Psychiatry 23, 495–505 (2015).

38. Duncan, W. C. Jr. et al. Are 24-hour motor activity patterns associated with
continued rapid response to ketamine? Neuropsychiatr. Dis. Treat. 14, 2739–2748
(2018).

39. Czeisler, C. A. et al. Stability, precision, and near-24-hour period of the human
circadian pacemaker. Science 284, 2177–2181 (1999).

40. Todder, D., Caliskan, S. & Baune, B. Longitudinal changes of day-time and night-
time gross motor activity in clinical responders and non-responders of major
depression. World J. Biol. Psychiatry.: Off. J. World Fed. Soc. Biol. Psychiatry. 10,
276–284 (2009).

41. Thij, M. T. et al. Depression alters the circadian pattern of online activity. Sci. Rep.
10, 17272 (2020).

42. Mitchell, J. A. et al. Variation in actigraphy-estimated rest-activity patterns by
demographic factors. Chronobiol. Int 34, 1042–1056 (2017).

43. Gonçalves, B. S. B., Cavalcanti, P. R. A., Tavares, G. R., Campos, T. F. & Araujo, J. F.
Nonparametric methods in actigraphy: an update. Sleep. Sci. 7, 158–164 (2014).

44. Smagula, S. F. Opportunities for clinical applications of rest-activity rhythms in
detecting and preventing mood disorders. Curr. Opin. Psychiatry 29, 389–396
(2016).

45. Slyepchenko, A., Minuzzi, L., Reilly, J. P. & Frey, B. N. Longitudinal changes in sleep,
biological rhythms, and light exposure from late pregnancy to postpartum and
their impact on peripartum mood and anxiety. J. Clin. Psychiatry 83, 21m13991
(2022).

46. Kline, A. et al. Multimodal machine learning in precision health: a scoping review.
npj Digital Med. 5, 171 (2022).

47. Duncan, W. C. Jr. et al. Motor-activity markers of circadian timekeeping are
related to Ketamine’s rapid antidepressant properties. Biol. Psychiatry 82,
361–369 (2017).

48. Lee, H. J. Is advancing circadian rhythm the mechanism of antidepressants?
Psychiatry Investig. 16, 479–483 (2019).

49. Husain, M. M. et al. Speed of response and remission in major depressive disorder
with acute electroconvulsive therapy (ECT): a Consortium for Research in ECT
(CORE) report. J. Clin. Psychiatry 65, 485–491 (2004).

50. Taylor, M. J. et al. Early increase in marker of neuronal integrity with anti-
depressant treatment of major depression: 1H-magnetic resonance spectroscopy
of N-acetyl-aspartate. Int J. Neuropsychopharmacol. 15, 1541–1546 (2012).

51. Colloca, L. & Barsky, A. Placebo and nocebo effects. N. Engl. J. Med. 382, 554–561
(2020).

52. Whiteford, H. A. et al. Estimating remission from untreated major depression: a
systematic review and meta-analysis. Psychol. Med. 43, 1569–1585 (2013).

53. Krogsbøll, L. T., Hróbjartsson, A. & Gøtzsche, P. C. Spontaneous improvement in
randomised clinical trials: meta-analysis of three-armed trials comparing no
treatment, placebo and active intervention. BMC Med. Res. Methodol. 9, 1 (2009).

54. Brown, V. & Pecina, M. Neuroimaging studies of antidepressant placebo effects:
challenges and opportunities. Front. Psychiatry 10, 1–8 (2019).

55. Ali, F. Identifying Biomarkers for Treatment Response in Depression Using Neuroi-
maging and Actigraphy Doctor of Philosophy thesis, State University of New York
at Stony Brook, (2022).

56. Sirignano, L. et al. Depression and bipolar disorder subtypes differ in their genetic
correlations with biological rhythms. Sci. Rep. 12, 15740 (2022).

57. Ali, F. Z. et al. Gradient boosting decision-tree-based algorithm with neuroima-
ging for personalized treatment in depression. Neurosci. Inform. 2, 100110 (2022).

58. Pincus, S. M. Approximate entropy as a measure of irregularity for psychiatric
serial metrics. Bipolar Disord. 8, 430–440 (2006).

59. Wang, P. S. et al. Twelve-month use of mental health services in the United
States: results from the national comorbidity survey replication. Arch. Gen. Psy-
chiatry 62, 629–640 (2005).

60. Nierenberg, A. A. & DeCecco, L. M. Definitions of antidepressant treatment
response, remission, nonresponse, partial response, and other relevant outcomes:
a focus on treatment-resistant depression. J. Clin. Psychiatry 62, 5–9 (2001).

61. Kessler, R. C. et al. Lifetime prevalence and age-of-onset distributions of DSM-IV
disorders in the National Comorbidity Survey Replication. Arch. Gen. Psychiatry
62, 593–602 (2005).

62. Cipriani, A. et al. Comparative efficacy and acceptability of 21 antidepressant
drugs for the acute treatment of adults with major depressive disorder: a sys-
tematic review and network meta-analysis. Lancet 391, 1357–1366 (2018).

63. Buckman, J. E. J. et al. Role of age, gender and marital status in prognosis for
adults with depression: an individual patient data meta-analysis. Epidemiol. Psy-
chiatr. Sci. 30, e42 (2021).

64. Praschak-Rieder, N. & Willeit, M. Treatment of seasonal affective disorders. Dia-
logues Clin. Neurosci. 5, 389–398 (2003).

65. Hill, K. R. et al. Measuring brain glucose metabolism in order to predict response
to antidepressant or placebo: a randomized clinical trial. Neuroimage Clin. 32,
102858 (2021).

66. Schulz, K. F., Altman, D. G. & Moher, D. The Consort Group. CONSORT 2010
Statement: updated guidelines for reporting parallel group randomised trials.
BMC Med. 8, 18 (2010).

67. Montgomery, S. A. & Asberg, M. A new depression scale designed to be sensitive
to change. Br. J. Psychiatry 134, 382–389 (1979).

68. Van Someren, E., Lazeron, R. & Vonk, B. Wrist acceleration and consequences for
actigraphic rest-activity registration in young and elderly subjects. Sleep-Wake
Research in the Netherlands 6, 6123–6125 (1995).

69. Bassett, D. R. Jr. Validity and reliability issues in objective monitoring of physical
activity. Res. Q Exerc. Sport 71, S30–S36 (2000).

70. Berlin, J. E., Storti, K. L. & Brach, J. S. Using activity monitors to measure physical
activity in free-living conditions. Phys. Ther. 86, 1137–1145 (2006).

71. Feito, Y., Bassett, D. R. & Thompson, D. L. Evaluation of activity monitors in
controlled and free-living environments. Med. Sci. Sports Exerc. 44, 733–741
(2012).

72. Troiano, R. P., McClain, J. J., Brychta, R. J. & Chen, K. Y. Evolution of accelerometer
methods for physical activity research. Br. J. Sports Med. 48, 1019–1023 (2014).

73. Trost, S. G., McIver, K. L. & Pate, R. R. Conducting accelerometer-based activity
assessments in field-based research. Med. Sci. Sports Exerc. 37, S531–S543 (2005).

74. John, D. & Freedson, P. ActiGraph and actical physical activity monitors: a peek
under the hood. Med. Sci. Sports Exerc. 44, S86–S89 (2012).

75. Schaefer, C. A., Nigg, C. R., Hill, J. O., Brink, L. A. & Browning, R. C. Establishing and
evaluating wrist cutpoints for the GENEActiv accelerometer in youth. Med. Sci.
Sports Exerc. 46, 826–833 (2014).

76. Chen, K. Y. & Bassett, D. R. Jr. The technology of accelerometry-based activity
monitors: current and future. Med. Sci. Sports Exerc. 37, S490–S500 (2005).

77. Choi, L., Liu, Z., Matthews, C. E. & Buchowski, M. S. Validation of accelerometer
wear and nonwear time classification algorithm. Med. Sci. Sports Exerc. 43,
357–364 (2011).

78. Kerr, J. et al. Comparison of accelerometry methods for estimating physical
activity. Med. Sci. Sports Exerc. 49, 617–624 (2017).

79. Ludwig, V. M. et al. Association between depressive symptoms and objectively
measured daily step count in individuals at high risk of cardiovascular disease in
South London, UK: a cross-sectional study. BMJ Open 8, e020942–e020942 (2018).

80. Cornelissen, G. Cosinor-based rhythmometry. Theor. Biol. Med. Model. 11, 16
(2014).

81. Nelson, W., Tong, Y. L., Lee, J. K. & Halberg, F. Methods for cosinor-rhythmometry.
Chronobiologia 6, 305–323 (1979).

82. Witting, W., Kwa, I. H., Eikelenboom, P., Mirmiran, M. & Swaab, D. F. Alterations in
the circadian rest-activity rhythm in aging and Alzheimer’s disease. Biol. Psy-
chiatry 27, 563–572 (1990).

83. Blume, C., Santhi, N. & Schabus, M. ‘nparACT’ package for R: a free software tool
for the non-parametric analysis of actigraphy data. MethodsX 3, 430–435
(2016).

84. Best, J. R., Gan, D. R. Y., Wister, A. V. & Cosco, T. D. Age and sex trends in
depressive symptoms across middle and older adulthood: comparison of the

F.Z. Ali et al.

10

npj Digital Medicine (2023)    81 Published in partnership with Seoul National University Bundang Hospital



Canadian longitudinal study on aging to American and European cohorts. J.
Affect. Disord. 295, 1169–1176 (2021).

85. Paykel, E. S. Partial remission, residual symptoms, and relapse in depression.
Dialogues Clin. Neurosci. 10, 431–437 (2008).

86. Maoz, H. Failure of first SSRI for depression-what is the next step? Isr. J. Psychiatry
Relat. Sci. 44, 327–329 (2007).

87. Frank, E. et al. Conceptualization and rationale for consensus definitions of terms
in major depressive disorder. Remission, recovery, relapse, and recurrence. Arch.
Gen. Psychiatry 48, 851–855 (1991).

ACKNOWLEDGEMENTS
This work was supported by the National Institute of Mental Health [R01MH104512,
R36MH130050], the New York State Faculty Development Grant, and the Ruth L.
Kirschstein National Research Service Award and National Health Service Corps
Scholarship by the National Institutes of Health [T32GM127253] which supported the
corresponding author’s training in the Scholars in Biomedical Sciences program. The
research team acknowledges the support from Nichole Hoehn, Maria G Amella, Jason
Schneiderman, Stephen Huysman, Nayan Kondakalla and Daksha Reddy, Renaissance
School of Medicine at Stony Brook University.

AUTHOR CONTRIBUTIONS
All authors read and approved the final manuscript and are accountable for all
aspects of the work. CRediT author statement lists individual contributions below.
F.Z.A.: conceptualization, software, validation, formal analysis, data curation, writing
—original draft, writing—review & editing, visualization. R.V.P.: conceptualization,
investigation, writing—review & editing. S.L.: conceptualization, investigation, writing
—review & editing. J.S.: methodology, formal analysis, writing—review & editing,
visualization. C.D.: conceptualization, investigation, resources, writing—review &
editing, supervision, project administration, funding acquisition.

COMPETING INTERESTS
The authors declare no competing interests.

ADDITIONAL INFORMATION
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1038/s41746-023-00827-6.

Correspondence and requests for materials should be addressed to Farzana Z. Ali.

Reprints and permission information is available at http://www.nature.com/
reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims
in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,

adaptation, distribution and reproduction in anymedium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons license, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons license, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons license and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly
from the copyright holder. To view a copy of this license, visit http://
creativecommons.org/licenses/by/4.0/.

© The Author(s) 2023

F.Z. Ali et al.

11

Published in partnership with Seoul National University Bundang Hospital npj Digital Medicine (2023)    81 

https://doi.org/10.1038/s41746-023-00827-6
http://www.nature.com/reprints
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

	Circadian rhythm biomarker from wearable device data is related to concurrent antidepressant treatment response
	Introduction
	Results
	Study cohort
	Statistical analysis
	Relationship of week 1 actigraphy measures with change in depression at week 1 and week 8
	Prediction of remitters and non-remitters

	Discussion
	Methods
	Study cohort
	Eligibility criteria
	Treatment randomization
	Actigraphy data acquisition
	Actigraphy data processing
	Parametric measures
	Nonparametric measures
	Statistical analysis
	Relationship of week 1 actigraphy measures with change in depression at week 1 and week 8
	Prediction of remitters and non-remitters
	Reporting summary

	DATA AVAILABILITY
	References
	Acknowledgements
	Author contributions
	Competing interests
	ADDITIONAL INFORMATION




