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Identification 
of an inflammation‑related 
risk signature for prognosis 
and immunotherapeutic response 
prediction in bladder cancer
Yanjun Wang 1,2,3,4,5, Yi Tang 1,2,3,4,5, Zhicheng Liu 1,2,3,4,5, Xingliang Tan 1,2,3,4, Yuantao Zou 1,2,3,4, 
Sihao Luo 1,2,3,4 & Kai Yao 1,2,3,4*

Tumor inflammation is one of the hallmarks of tumors and is closely related to tumor occurrence and 
development, providing individualized prognostic prediction. However, few studies have evaluated 
the relationship between inflammation and the prognosis of bladder urothelial carcinoma (BLCA) 
patients. Therefore, we constructed a novel inflammation-related prognostic model that included six 
inflammation-related genes (IRGs) that can precisely predict the survival outcomes of BLCA patients. 
RNA-seq expression and corresponding clinical data from BLCA patients were downloaded from The 
Cancer Genome Atlas database. Enrichment analysis was subsequently performed to determine the 
enrichment of GO terms and KEGG pathways. K‒M analysis was used to compare overall survival 
(OS). Cox regression and LASSO regression were used to identify prognostic factors and construct 
the model. Finally, this prognostic model was used to evaluate cell infiltration in the BLCA tumor 
microenvironment and analyze the effect of immunotherapy in high- and low-risk patients. We 
established an IRG signature-based prognostic model with 6 IRGs (TNFRSF12A, NR1H3, ITIH4, IL1R1, 
ELN and CYP26B1), among which TNFRSF12A, IL1R1, ELN and CYP26B1 were unfavorable prognostic 
factors and NR1H3 and ITIH4 were protective indicators. High-risk score patients in the prognostic 
model had significantly poorer OS. Additionally, high-risk score patients were associated with an 
inhibitory immune tumor microenvironment and poor immunotherapy response. We also found a 
correlation between IRS-related genes and bladder cancer chemotherapy drugs in the drug sensitivity 
data. The IRG signature-based prognostic model we constructed can predict the prognosis of BLCA 
patients, providing additional information for individualized prognostic judgment and treatment 
selection.
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HR	� Hazard ratio
ssGSEA	� Single sample GSEA
TAMs	� Tumor-associated macrophages

Bladder urothelial carcinoma (BLCA) is the second most common urological malignancy, with 91,893 and 84,825 
new cases per year in China and the United States, respectively, and poses a fatal threat to human health, with an 
estimated 42,973 and 19,223 deaths in 2022, respectively1,2. The majority of patients are diagnosed initially with 
nonmuscle invasive BLCA with a favorable prognosis, but progression and metastasis occur in 30% of patients 
with poor outcomes due to the complex and unclear mechanisms involved in the development of BLCA2. The 
TNM staging system, pathological differentiation degree and molecular stratification have been widely used for 
detecting high-risk BLCA patients but are still insufficient for precise and individualized prognostic prediction. 
Therefore, more attention should be focused on identifying effective biomarkers to forecast the clinical outcomes 
of BLCA for early management and reduce the additional therapeutic burden on patients.

Inflammation is one of the ten characteristics of tumors3. Tumor-associated inflammation helps incipient 
neoplasia to acquire hallmark capabilities and is closely related to tumor occurrence and development3. Sub-
stantial evidence has suggested that high-risk factors such as cigarette smoking, exposure to aromatic amines, 
schistosome infections and endogenous irritants can induce chronic and persistent bladder inflammation, which 
plays a direct etiological role in carcinogenesis and promotes the progression of BLCA4–6. In addition, tumor 
cells secrete inflammatory molecules connected with immune and stromal cells, including cytokines, to shape 
the inflammatory tumor microenvironment; growth factors, which sustain proliferative signals and prevent cell 
death; and extracellular matrix-modifying enzymes, which activate invasion and metastasis7–9. Recent immuno-
therapies have also been used in bladder cancer treatment. The tumor inflammatory environment is associated 
with an inhibitory immune microenvironment, which has been found in previous studies to modulate PDL1 
expression and influence the efficacy of immunotherapy in patients with bladder cancer10,11. However, tumor 
inflammation is a dynamic process associated with the expression of multiple genes associated with high tumor 
heterogeneity and has not been investigated in BLCA.

In this study, we constructed a novel inflammation-related prognostic model comprising six inflammation-
related genes (IRGs), TNFRSF12A, NR1H3, ITIH4, IL1R1, ELN and CYP26B1, by univariate and LASSO Cox 
regression analyses of data from The Cancer Genome Atlas (TCGA) database. The model was further validated 
with the GSE32894 dataset to determine its stability and reliability and was regarded as an independent indicator 
of survival in BLCA patients. In addition, somatic mutation information was obtained, a nomogram was con-
structed, clinical characteristic stratification was performed, and the tumor microenvironment (TME) landscape 
and chemotherapeutic response prediction were performed based on the risk of inflammation-related prognosis. 
Finally, the mRNA expression of IRGs was detected in BLCA cell lines and normal urothelial epithelial controls.

Methods
Data source and preprocessing
The RNA-seq expression data of BLCA patients, corresponding clinical characteristics and nucleotide varia-
tion data were downloaded from the TCGA database12. The TCGA-BLCA cohort containing 411 tumor and 
19 normal tissue samples was used to construct the prognostic signature of the IRGs. The GSE32894 dataset, 
which included 308 tumor samples, was used as the validation cohort13. In addition, in the cohort of patients, a 
urothelial carcinoma cohort treated with atezolizumab was used to predict the response to immunotherapy14. 
For the above datasets, RNA-seq data (FPKM values) were log2 (FPKM + 1) normalized. The panel of IRGs was 
combined with inflammation-associated genes from the NCBI-Gene website and a published panel.

Differentially expressed IRGs screening and gene mutation analysis
Differentially expressed IRGs were detected between normal and tumor tissues in the TCGA-BLCA cohort via 
the R package “DESeq2 v1.32.0”15. The cutoff values were regarded as |logfoldchange (FC)|> 1.0 and a false dis-
covery rate (FDR) < 0.05. The differentially expressed IRGs were subsequently subjected to gene ontology (GO) 
and Kyoto encyclopedia of genes and genomes (KEGG) enrichment analyses via the R package “clusterProfiler 
v4.0.5”. The somatic mutations of the IRGs were analyzed by the R package “maftools v2.8.05” and are shown 
as a landscape heatmap.

Gene set enrichment analysis (GSEA)
GSEA was conducted on the RNA-seq data of 486 differentially expressed IRGs by GSEA tools version 4.1 (http://​
www.​broad​insti​tute.​org/​gsea). We analyzed the subsets of the Molecular Signatures Database (C2 and C5) as 
previously described and calculated the corresponding p values.

Construction and validation of the IRG prognostic model
Univariate Cox regression was performed to identify overall survival-related differentially expressed IRGs. Sur-
vival analysis was performed with Kaplan–Meier survival curves, and the mean expression level of each gene 
was used as the cutoff. Survival-related differentially expressed IRGs were ranked according to hazard ratio (HR) 
and displayed in a forest plot. Subsequently, LASSO regression analyses were performed with the R package 
“glmnet v 4.1.1” to remove redundant factors and construct an optimal IRG signature-based prognostic model 
to evaluate the survival of BLCA patients. The risk score of the IRG prognostic regression model was multiplied 
by the expression level of the six IRGs and the corresponding coefficient, as previously described. The mean risk 
score was the cutoff value for distinguishing between the high- and low-risk groups and was validated in the 
GSE32894 cohort. The predictive value of the R package “survivalROC v1.0.3” was detected by the area under 
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the curve (AUC). In addition, we performed correlation analysis between risk scores and clinical features using 
stratification analysis and nomograms. The consistency between the predicted 1-, 3-, and 5-year survival prob-
abilities and the actual survival probabilities was evaluated using calibration plots.

Estimation of cell infiltration in the tumor microenvironment (TME) and the clinical signifi‑
cance of the IRG prognostic model
A prognostic model of six IRGs was used to evaluate cell infiltration in the BLCA TME. The immune landscape 
was explored by using CibersortABS and the R package “xCell v1.1.0”. Single-sample GSEA (ssGSEA) was used 
to calculate the difference in the cell composition in the TME between the high- and low-risk groups. To analyze 
the difference in immunotherapy efficacy between the high- and low-risk groups, we downloaded the IMvigor210 
immunotherapy cohort and conducted Kaplan–Meier survival analysis and AUC prediction. The relationship 
between the IRG risk score and clinical characteristics was detected in the TCGA-BLCA cohort. A significant 
difference was regarded as p < 0.05 according to one-way analysis of variance (ANOVA).

Chemotherapy response analysis
The RNA-seq data of NCI-60 cancer cell lines were downloaded from the CellMiner database (https://​disco​ver.​
nci.​nih.​gov/​cellm​iner) published by the National Institute of Health. The relationships of the expression of the six 
target IRGs between BLCA cell lines and 411 chemotherapy drugs that passed clinical trials with FDA approval 
were explored by Pearson correlation analysis. A p value < 0.05 was considered to indicate drug susceptibility.

Cell lines and culture conditions
Immortalized human normal urothelial epithelial SV-HUC-1 cells were purchased from American Type Culture 
Collection. Urothelial carcinoma cell lines, including T24, 5637, RT4, BIU-87 and UM-UC-3 cells, were obtained 
from Professor Kai Yao. SV-HUC-1 cells were cultured in Ham’s F-12K (Kaighn’s) medium; T24 and 5637 cells 
were cultured in RPMI 1640 medium; and RT4, BIU-87 and UM-UC-3 cells were cultured in Dulbecco’s modified 
Eagle’s medium. All of the media were supplemented with 10% fetal bovine serum and 1% penicillin/streptomycin 
and incubated at 37 °C in 5% carbon dioxide.

Real‑time‑quantitative polymerase chain reaction (qPCR)
The mRNA expression of six IRGs was detected in BLCA cell lines and SV-HUC-1 cells. Total RNA extraction 
(RC101, Vazyme), reverse transcription (R122-01, Vazyme) and cDNA amplification (Q711-02/03, Vazyme) were 
performed according to protocols described previously. Using the 2(−∆∆Ct) method, relative target gene expres-
sion was quantified and normalized against that of GAPDH. The sequences of primers used are listed in Table S5.

Ethics approval and consent to participate
This study was approved by the Ethics Committee of SYSUCC (SZR2022-001).

Results
Identification of differentially expressed IRGs and somatic mutation analysis
Combined with the NVCI-Gene database and a previously reported cluster of inflammation-associated genes, 
a total of 2343 IRGs were included in this study and are listed in Table S1. Differentially expressed IRGs were 
screened between 411 BLCA tumors and 19 normal tissues from the TCGA database. The detailed clinical 
information is listed in Table S2. Genomic mutation analysis indicated that most of the BLCA patients (388/411, 
94.4%) had at least one somatic mutation in an IRG, suggesting the predisposing role of IRG mutations in BLCA 
(Fig. 1A). The mutation frequencies of TP53 (47%), TTN (45%), KMT2D (29%), MUC16 (27%) and KDM6A 
were the 5 most common IRGs in BLCA (Fig. 1A). Subsequently, the differentially expressed IRGs between the 
tumors and normal tissues were detected, and the results revealed a total of 59 significantly upregulated and 426 
downregulated IRGs (Fig. 1B and Table S3). The differential IRGs were visualized by volcano plot and chromo-
some schematic (Fig. 1C,D).

Biological function analysis of differentially expressed IRGs
A total of 485 differentially expressed IRGs were obtained and subjected to GO, KEGG and GSEA to explore the 
enrichment of biofunctions. The results indicated that the IRGs in BLCA were enriched mainly in the activation 
of the inflammatory response, leukocyte secretion and regulation of tumor immunity (Fig. 1E,F). GSEA revealed 
that the differentially expressed IRGs were enriched in the regulation of interferon and the innate immune system 
(Fig. 1G). The biological functional results suggested that IRG signatures promoted an inflammatory microenvi-
ronment in BCLA patients, which might be essential for tumor progression and associated with clinical outcomes.

Generation of IRG prognostic signatures in BLCA
To further determine the prognostic value of the differentially expressed IRGs in BLCA, univariate survival 
analysis was performed, and the results indicated that 113 IRGs were associated with overall survival (Table S4). 
To remove confounding factors, a LASSO Cox regression model was used to construct a risk stratification model 
of six IRG prognostic signatures, namely, TNFRSF12A, NR1H3, ITIH4, IL1R1, ELN and CYP26B1 (Fig. 2A,B). 
The hazard ratios (HRs) of the six survival-related IRGs are presented as forest plots (Fig. 2C). We detected that 
TNFRSF12A, IL1R1, ELN and CYP26B1 were unfavorable prognostic factors that were overexpressed in tumor 
tissues and associated with poor survival in the TCGA-BLCA cohort. However, NR1H3 and ITIH4 are protective 
indicators that are overexpressed in normal tissues and predict better outcomes (Fig. 2D). Similarly, qPCR was 
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performed to detect the mRNA expression of six target genes in bladder cancer cell lines and the corresponding 
normal epithelial cell line SV-HUC-1. We found that TNFRSF12A, IL1R1, ELN and CYP26B1 were overexpressed 
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Figure 1.   Identification of differentially expressed IRGs in BLCA patients. (A) Among 411 patients, TP53, 
TTN, KMT2D, MUC16 and KDM6A were found to be the 5 most frequently mutated genes. (B–D) Among 
the differentially expressed IRGs between tumor tissues and normal tissues, 59 were upregulated and 426 were 
downregulated according to volcano plots, heatmaps and chromosome schematics. (E–F) The GO, KEGG 
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in bladder cancer cell lines, while NR1H3 and ITIH4 were downregulated (Fig. 2E). Subsequently, the risk scores 
of the IRG prognostic signatures were calculated by the target gene expression and the corresponding coeffi-
cients (Fig. 2F). The mean risk score was 3.552 in the TCGA-BLCA cohort and was regarded as the threshold 
of the IRG prognostic model. Survival analysis indicated that high-risk patients had significantly poorer overall 
survival (OS) than did patients with lower risk scores (p < 0.0001) (Fig. 2G). The area under the curve (AUC) 
curves showed that the predictive efficiency of the IRG prognostic signature had the highest AUC value (0.727) 
compared with that of traditional clinicopathological factors (Fig. 2H). In brief, we established an available IRG 
prognostic model to evaluate the clinical outcomes of BLCA patients.

The clinical significance of the IRG prognostic model in the TCGA‑BLCA cohort
To further demonstrate the clinical significance of the IRG prognostic model in the TCGA-BLCA cohort, patients 
were divided into two groups based on clinicopathological factors. Correlation analysis indicated that advanced 
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Figure 2.   The prognostic value of differentially expressed IRGs in BLCA. (A,B) The LASSO Cox regression 
model was used to construct a risk stratification model of the prognostic signatures of the 6 differentially 
expressed IRGs. (C) Hazard ratios of the IRGs are presented with forest plots. (D) Among the 6 IRGs, 
TNFRSF12A, IL1R1, ELN and CYP26B1 were unfavorable prognostic factors, and NR1H3 and ITIH4 were 
protective factors; (E) TNFRSF12A, IL1R1, ELN and CYP26B1 were overexpressed in bladder cancer cell lines, 
while NR1H3 and ITIH4 were downregulated. (F) The coefficients of the six genes related to the inflammatory 
response that were screened by LASSO regression. (G) Survival analysis revealed that high-risk patients had 
significantly poorer OS than low-risk patients. (H) The IRG prognostic signature had a greater AUC than did 
the traditional clinicopathological factors.
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T stage (pT2–pT4), lymph node metastasis, pathological grade, poor clinical stage and age (≥ 60) were positively 
associated with high-risk IRG score, suggesting poor survival (Fig. 3A). In addition, we combined prognosis-
related clinical factors and IRG signatures to construct a survival nomogram (Fig. 3B). Calibration curves from 
the TCGA-BLCA cohort showed that the nomogram-predicted 1-, 3- and 5-year survival rates were highly 
consistent with the actual survival rates, which demonstrated that the IRG prognostic signatures were stable 
and effective (Fig. 3C).

External validation of the IRG prognostic signatures
To further explore the efficacy of the IRG prognostic signatures, we used the GEO database (GSE32894) for 
independent external validation. In the GSE32894 cohort, 133 BLCA patients were divided into a low-risk group 
with an IRG risk score lower than 0.2, and 91 other patients were included in the high-risk group. The IRG 
signature expression map and the distribution of risk scores are shown in Fig. 4A,B. Survival analysis demon-
strated that the overall survival (OS) of high-risk BLCA patients was significantly shorter than that of low-risk 
patients (p < 0.0001) (Fig. 4C). The area under the curve (AUC) curves of the IRG prognostic model indicated 
even better performance, with AUC values of 0.82, 0.835 and 0.823 at 1 year, 3 years and 5 years, respectively, 
in predicting survival (Fig. 4D).

The predictive value of the IRG prognostic signature for immune cell infiltration and immuno‑
therapy efficacy
Biological enrichment analysis revealed that the differentially expressed IRGs were associated with the regulation 
of tumor immunity. To further understand the relationships between the risk stratification of the IRG prognostic 
signatures and immune cell infiltration, we evaluated the immune cell landscape in the TCGA-BLCA cohort with 
the CIBERSORT tool. A heatmap indicated that the high-risk IRG group had abundant immune cell types and 
proportions, suggesting an inflammation-associated immune microenvironment in BLCA (Fig. 5A,B). However, 
in the high-risk group, the increase in naive immune cells, Treg cells, M2 TAMs, and myeloid dendritic cells 
and the decrease in CD8+ T cells constituted a suppressive microenvironment to evade immune surveillance, 
resulting in poor prognosis (Fig. 5C). Moreover, we further validated the predictive value of the IRG prognostic 
signature for immunotherapy efficacy in patients in the IMvigor210 cohort. Survival analysis indicated that the 
overall survival of urothelial carcinoma patients with high-risk IRG signatures was significantly shorter than that 
of patients with low-risk signatures (Fig. 5D). In the low-risk IRG group, the proportion of patients with objective 
response rates was greater than that in the high-risk group (11.7% vs. 29.79%, p < 0.001) (Fig. 5E). Moreover, 
patients who responded to atezolizumab in the database had lower risk scores (Fig. 5F,G). After categorizing 
all patients into immune-activated and nonimmune-activated groups (including both immune exhausted and 
nonimmune patients) based on Meng et al.16, we compared the inflammation scores between the two groups 
and found that lower inflammatory scores in patients with immune activation status suggested a possible benefit 
from immunotherapy (Fig. 5H). Among the six molecular subtypes, the basal/squamous subtype exhibited the 
highest degree of inflammation, which was significantly different from that of the other subtypes. (Fig. 5I) The 
AUC of the IRG prognostic signature was 0.607 for predicting the clinical outcome of immunotherapy (Fig. 5J). 
Our results demonstrated that high-risk BLCA patients in the IRG prognostic model were associated with an 
inhibitory immune tumor microenvironment and poor immunotherapy response.

Prediction of the chemotherapy response in the signature
To investigate the association between chemotherapy outcomes and the expression pattern of the IRG signature, 
we explored drug sensitivity data from the Cell Miner database. The results suggested a correlation between 
IRS-related genes and bladder cancer chemotherapy drugs (Fig. 6). In the high-risk IRG cohort, IL1R1, ELN 
and ITIH4 overexpression was negatively correlated with the first-line chemotherapy drugs cisplatin and gem-
citabine, indicating that chemotherapy may not be effective. In contrast, the efficacy of paclitaxel was sensitive to 
the upregulation of ELN and ITIH4 expression; thus, paclitaxel might serve as an available chemotherapy option 
(Fig. 6). In brief, the IRG prognostic signatures provide additional information and a reference for individualized 
chemotherapy in BLCA patients.

Discussion
Increasing evidence has suggested that tumor-associated inflammation, including gene toxicity, aberrant tissue 
repair, proliferation, invasion, and metastasis, is causally associated with cancer development17,18. Due to the 
close relationship between inflammation and cancer, the correlation of inflammatory signatures with disease 
diagnosis or clinical endpoints has been studied in many cancer types19,20. Qiu et al. explored a four-gene inflam-
mation-related signature that included IL13, BDNF, PLCG2 and TIMP1 and could predict the prognosis and 
treatment response in patients with colon adenocarcinoma21. Zhang et al. identified 10 differentially expressed 
inflammation-related lncRNAs to predict individualized clinical outcomes in gastric carcinoma patients22. How-
ever, inflammation-induced carcinogenesis is the result of interactions among multiple intrinsic and extrinsic 
cellular processes, including genomic instability, reprogramming of the stromal environment, cytokine secre-
tion and the immune response, which contribute to the high degree of heterogeneity among different types of 
tumors23,24. BLCA is a chronic inflammation-related cancer and is also referred to as a “hot tumor” due to the 
increased infiltration of activated immunocytes and inflammatory-related cells25,26. However, the potential role of 
inflammation-related genes in BLCA is unknown, and inflammation-related prognostic signatures for identifying 
effective immunotherapy strategies are lacking.

Here, we constructed a novel IRG classifier that included TNFRSF12A, NR1H3, ITIH4, IL1R1, the ELN 
and CYP26B1 and explored its prognostic value for predicting overall survival (OS) and the response to 
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Figure 3.   The clinical significance of the IRG prognostic model in the TCGA-BLCA cohort. (A) Advanced 
T stage, lymph node metastasis, pathological grade, poor clinical stage and age ≥ 60 years were positively 
associated with high-risk IRG scores. (B) Survival nomograms were constructed with prognosis-related clinical 
factors and IRG signatures. (C) The nomogram-predicted 1-, 3- and 5-year survival rates were highly consistent 
with the actual survival rates in the TCGA-BLCA cohort. *p < 0.05; **p < 0.01; ***p < 0.001; ****p < 0.0001. NS 
not significant.
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immunotherapy. Among the six IRGs, TNFRSF12A is an aging-related gene involved in the hypoxia-driven 
inflammatory response and contributes to thyroid cancer27,28. A low NR1H3 expression level has been verified 
to be an independent prognostic factor for poor overall survival and predicts worse recurrence-free survival in 
muscle-invasive bladder cancer patients29. ITIH4 is a serum inflammation biomarker for early gastric cancer 
diagnosis30. The immune-related genes IL1R1 and ELN predict poor survival in patients with pancreatic adeno-
carcinoma and bladder cancer, respectively31. CYP26B1 is required for the activation of T cells via retinoic acid-
dependent signals that participate in the immune response32. These studies support that the six IRGs included 
in our classifier are potentially measurable indicators of prognosis in BLCA patients.

To further demonstrate the clinical significance of our six-IRG signature in BLCA, we first divided patients 
into high-risk and low-risk groups according to the median IRG risk score. Correlation analysis indicated that 
advanced pT stage, pN stage, pathological grade, and clinical stage were strongly associated with high-risk IRG 
scores. Moreover, the six-IRG-related signature presented a strong ability to predict overall survival, with an AUC 
of 0.727 in the TGCA-BLCA cohort and even better performance in the GSE32894 cohort (AUC of 0.820). Com-
pared with traditional prognostic factors such as the TNM staging system and clinical stage, our six-IRG-related 
signature was more effective and was an independent prognostic factor for BLCA (Fig. 2G). Previous studies have 
shown that the basal/squamous subtype of bladder cancer is linked to chronic inflammation of the bladder and 
has a poorer prognosis than other subtypes33,34. Our findings further support this association. In recent years, 
improvements in whole-genome sequencing have facilitated a deeper understanding of genomic alterations in 
BLCA. Wang et al. identified a seven-lncRNA signature with an area under the curve (AUC) of 0.734, which 
has robust efficacy in predicting overall survival in patients with BLCA35. Similarly, Wu et al. established an 
eight-immune-related lncRNA signature for predicting patient prognosis, for which the area under the curve 
(AUC) values at 1, 3 and 5 years were 0.72, 0.76 and 0.76, respectively36. Compared with the above studies, our 
study incorporated the inflammatory drivers of BLCA to create a more concise inflammation-related prognostic 
signature with comparable predictive efficacy.

In addition, an active inflammatory reaction recruits tumor-infiltrating lymphocytes into the tumor micro-
environment through the release of cytokines, tumor necrosis factors and growth factors and leads to dramatic 

0.0 0.2 0.4 0.6 0.8 1.0

0.
0

0.
2

0.
4

0.
6

0.
8

1.
0

1−specificity

se
ns

iti
vi

ty
1 years survival = 0.82
3 years survival = 0.835
5 years survival = 0.823
   AUC = 0.82

−5

0

5

10

15

0 50 100 150 200
Patient ID (increasing risk score)

R
is

k 
sc

or
e riskgroup

high
low

0

30

60

90

0 50 100 150 200
Patient ID (increasing risk score)

Su
rv

iv
al

 ti
m

e(
ye

ar
)

event
death
alive

A

B

C

D

D
E−

in
f−

ge
ne

s

NR1H3

IL1R1

ITIH4

ELN

CYP26B1

TNFRSF12A

Group

4
2
0
−2
−4

High Risk
 

Expression Level Group

Low Risk

+++
++++++++++++++++++++++++++++++++ ++ ++++ + +++ +++++++++

+ +++++ ++ + ++ + +++ +

++++ ++++ ++++++++++++++++++++++++++ +++++++++++++++++++++++++++++++++++++++++++++++++++ +++++++ ++++++++++++++++++++++++++

++++ ++ + +

Log-rank

p < 0.00010.00

0.25

0.50

0.75

1.00

0 25 75 10050
Time in Months

O
ve

ra
ll 

su
rv

iv
al

 p
ro

ba
bi

lit
y

91 55 29 9 1
133 94 46 13 2

Hig
Low-risk score

h-risk score

0 25 75 10050
Time in Months

Number at risk

GSE32894 cohort
High-risk score group
Low-risk score group

Figure 4.   External validation of the IRG prognostic signatures. (A,B) The IRG signature expression map and 
the distribution of risk scores of 133 BLCA patients in the GSE32894 cohort are shown. (C) Patients in the high-
risk score group had poorer OS than patients in the low-risk score group. (D) The area under the curve (AUC) 
of the IRG prognostic model indicated good performance in predicting patient prognosis.



9

Vol.:(0123456789)

Scientific Reports |         (2024) 14:1216  | https://doi.org/10.1038/s41598-024-51158-9

www.nature.com/scientificreports/

P
re

c
e
n

t 
w

e
ig

h
t(

%
)

High-risk inflammation score Low-risk inflammation score

BOR_binary
CR/PR
SD/PD

+

+
+

+

+ + + ++ + +++ ++++++++++++++++++++++++ +

+++
+

+
+

+

+ ++ + +++++++++++ ++++++++++++ +++++++++
+++++++++++++++++++

p = 0.0043

Log−rank

0.00

0.25

0.50

0.75

1.00

0 5 10 15 20 25
Time in Months

O
ve

ra
ll 

su
rv

iv
al

 p
ro

ba
bi

lit
y +

+
High-risk inflammation score group
Low-risk inflammation score group

***

1.5

2.5

3.5

4.5

5.5

CR/PR SD/PD
BOR_binary

R
is

k 
sc

or
e

BOR_binary
CR/PR
SD/PD

BOR_binary

0.0 0.2 0.4 0.6 0.8 1.0

0.
0

0.
2

0.
4

0.
6

0.
8

1.
0

1−specificity

 AUC =  0.607

se
ns

iti
vi

ty

1 years survival = 0.607
1.5 years survival = 0.607
2 years survival = 0.617

Unknown

1.5

2.5

3.5

4.5

5.5

0 100 200 300
index

Ri
sk

 sc
or

e

Best_Confirmed_Overall_Response
CR
PR
SD
PD
Unknown

G

A

B

C

D E

B 
ce

ll 
na

i
B 

ce
ll 

m
em

o
B 

ce
ll 

pl
as

m
a

T 
ce

ll 
fo

lli
cu

la
r h

el
pe

r
T 

ce
ll 

re
gu

la
to

T 
ce

ll 
ga

m
m

a d
el

ta
N

K
 ce

ll 
re

sti
ng

N
K

 ce
ll 

ac
ti

M
on

oc
yt

e

M
ye

lo
id

 d
en

d
M

ye
lo

id
 d

en
d

M
as

t c
el

l a
ct

i
M

as
t c

el
l r

es
tin

g
Eo

sin
op

hi
l

N
eu

tro
ph

il

ELN

Ce
ll 

Ty
pe

B cell naive
T cell CD4+ naive
T cell CD4+ memory resting
Macrophage M0
T cell regulatory (Tregs)
T cell CD8+
Mast cell activated
Mast cell resting
T cell CD4+ memory activated
NK cell resting
Macrophage M2
Neutrophil
Macrophage M1
B cell plasma
Eosinophil
B cell memory
NK cell activated
T cell gamma delta
Monocyte
Myeloid dendritic cell resting
Myeloid dendritic cell activated
T cell follicular helper
Group

ES_score

−1
−0.5
0
0.5
1

Group
High
Low

**** **** **** **** **** **** **** **** **** ****

0.00

0.05

0.10

0.15

0.20

ES
 sc

ore

Group
High

**** **** * **** * **** **** ** **** **** **** *

0.00

0.05

0.10

0.15

0.20

ES
 sc

ore

Low

Group
High
Low

B cell naive       B cell memory     B cell plasma      T cell CD8+   T cell CD4+ naive    T cell CD4+          T cell CD4+      T cell helper    T cell regulatory      T cell γδ
                                                                                                                                   memory resting   memory activated                               (Tregs)

      NK cell           NK cell          Monocyte     Macrophage   Macrophage   Macrophage  Myeloid dendritic Myeloid dendritic    Mast cell           Mast cell          Eosinophil           Neutrophil
      resting          activated                                     M0                  M1                  M2              cell resting         cell activated      activated           resting

F

H I J

Non
-Im

mun
e A

cti
vat

ed
0

2

4

6

8

Ri
sk

sc
or

e
of

IR
G

s

Im
mun

e A
cti

vat
ed

*

LumP

Lum
NS

Lum
U

Stro
ma -ric

h
Ba /Sq

NE-lik
e

0

2

4

6

8

Ri
sk

sc
or

e
of

IR
G

s

****
****

****
**** ****

Figure 5.   The predictive value of the IRG prognostic signature for immune cell infiltration and immunotherapy 
efficacy. (A,B) The high-risk IRG group had abundant immune cell types and proportions. (C) The proportions 
of naive immune cells, Treg cells, M2 TAMs, and myeloid dendritic cells were increased, while the percentage of 
CD8+ T cells was decreased in the high-risk group. (D) Survival analysis of patients in the IMvigor210 cohort 
showed that the OS of urothelial carcinoma patients with high-risk IRG signatures was significantly shorter 
than that of patients with low-risk signatures. (E) The proportion of patients with objective response rates in the 
low-risk group was greater than that in the high-risk group. (F–G) Patients in the database who responded to 
atezolizumab had lower risk scores. (H) Risk scores of IRGs between the immune-activated and nonimmune-
activated groups. (I) Risk scores of IRGs in six molecular typologies. (J) The AUC of the IRG prognostic 
signature was 0.607.
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differences in immunotherapy responses23. We found that BLCA patients with high-risk inflammatory scores 
suffer from low response rates to PD-L1 blockade, which is associated with poor survival. The AUC value of our 
six-IRG signature was 0.607 for predicting immunotherapy response in the IMvigor210 database, and the effect 
was similar to that of another nine immune-relevant gene signatures (AUC = 0.64, 95% = 0.55–0.74), which was 
reported by Jiang et al.37. Our results also indicated that the proportion of immunosuppressive cells, such as 
Treg cells and M2 TAMs, was significantly increased in high-risk patients, which is key to the formation of an 
immunosuppressive microenvironment and tumor immune evasion. M2 TAMs recruit Treg cells by secreting 
CCL22 and synergistically produce IL-10 and TGF-β to inhibit the activation and proliferation of T cells38,39. 
In addition, the reductions in dendritic cells and CD8+ T cells in high-risk patients inhibited antigen presenta-
tion and cytotoxicity, respectively, resulting in a low immunotherapy response and poor survival. In brief, our 

Figure 6.   Prediction of chemotherapy response according to the signature. In the high-risk IRG cohort, IL1R1, 
ELN and ITIH4 overexpression was negatively correlated with the first-line chemotherapy drugs cisplatin and 
gemcitabine, while the efficacy of paclitaxel was sensitive to the upregulation of ELN and ITIH4 expression.
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six-IRG signature was beneficial for identifying the tumor inflammatory microenvironment in BLCA patients 
and predicting the efficacy of immunotherapy.

Finally, our six-IRG signature also provided evidence for the effectiveness of chemotherapy in guiding per-
sonalized treatments. Gemcitabine and cisplatin are commonly used as first-line chemotherapies in combination 
and have shown clinical benefit in treating BLCA40,41. We detected that BLCA patients with high IRG risk scores, 
especially those with overexpression of ITIH4 and IL1R1, were less sensitive to gemcitabine and cisplatin chemo-
therapy. However, patients in which the oncogenes TNFR3F12A and CYP26B1 were downregulated had a better 
response to gemcitabine and cisplatin as well as a better prognosis. On the other hand, paclitaxel has been shown 
to be an active front-line and palliative therapy in BLCA42,43. Alternative regimens, including cisplatin/paclitaxel 
and gemcitabine/paclitaxel, have shown modest activity in phase I-II trials44,45. We found that high TNFR3F12A 
expression or low NR1H3 and ITIH4 expression was positively correlated with paclitaxel sensitivity, indicating 
that high-risk BLCA patients could benefit from second-line paclitaxel chemotherapy.

Our study has several limitations. First, the signature has been validated retrospectively in only the GEO 
database, and future prospective studies are needed to confirm its clinical value. Furthermore, further in vivo 
and in vitro studies are needed to determine how the six selected genes contribute to the development of BLCA. 
Despite the limited sample size in this study, we explored an inflammation-related prognostic signature and 
assessed the response to immunotherapy. This model provides useful information for individualized clinical 
treatment and prognosis judgment.

Conclusion
In this study, we constructed an available six-IRG signature based on the TCGA and GEO cohorts to predict the 
prognosis of BLCA patients. We also examined the gene mutation status, immune landscape and drug sensitiv-
ity among the different risk groups. Our inflammation-associated signature provides additional information for 
individualized prognostic judgment and treatment selection.

Data availability
The datasets supporting the conclusions of this article are available from the corresponding author upon reason-
able request. The authenticity of this article has been validated by uploading the key raw data onto the Research 
Data Deposit platform (www.​resea​rchda​ta.​org.​cn).

Received: 24 October 2023; Accepted: 1 January 2024

References
	 1.	 Xia, C. et al. Cancer statistics in China and United States, 2022: Profiles, trends, and determinants. Chin Med. J. (Engl.) 135(5), 

584–590. https://​doi.​org/​10.​1097/​CM9.​00000​00000​002108 (2022).
	 2.	 Dobruch, J. & Oszczudlowski, M. Bladder cancer: Current challenges and future directions. Medicina (Kaunas) 57(8), 749. https://​

doi.​org/​10.​3390/​medic​ina57​080749 (2021).
	 3.	 Hanahan, D. Hallmarks of cancer: New dimensions. Cancer Discov. 12(1), 31–46. https://​doi.​org/​10.​1158/​2159-​8290.​CD-​21-​1059 

(2022).
	 4.	 Michaud, D. S. Chronic inflammation and bladder cancer. Urol. Oncol. 25(3), 260–268. https://​doi.​org/​10.​1016/j.​urolo​nc.​2006.​10.​

002 (2007).
	 5.	 Cumberbatch, M. G. K. et al. Epidemiology of bladder cancer: A systematic review and contemporary update of risk factors in 

2018. Eur. Urol. 74(6), 784–795. https://​doi.​org/​10.​1016/j.​eururo.​2018.​09.​001 (2018).
	 6.	 Ohshima, H., Tatemichi, M. & Sawa, T. Chemical basis of inflammation-induced carcinogenesis. Arch. Biochem. Biophys. 417(1), 

3–11. https://​doi.​org/​10.​1016/​s0003-​9861(03)​00283-2 (2003).
	 7.	 Hanahan, D. & Coussens, L. M. Accessories to the crime: Functions of cells recruited to the tumor microenvironment. Cancer Cell 

21(3), 309–322. https://​doi.​org/​10.​1016/j.​ccr.​2012.​02.​022 (2012).
	 8.	 Greten, F. R. & Grivennikov, S. I. Inflammation and cancer: Triggers, mechanisms, and consequences. Immunity 51(1), 27–41. 

https://​doi.​org/​10.​1016/j.​immuni.​2019.​06.​025 (2019).
	 9.	 Singh, R., Mishra, M. K. & Aggarwal, H. Inflammation, immunity, and cancer. Mediat. Inflamm. 2017, 6027305. https://​doi.​org/​

10.​1155/​2017/​60273​05 (2017).
	10.	 Zheng, J. et al. Preoperative systemic immune-inflammation index as a prognostic indicator for patients with urothelial carcinoma. 

Front. Immunol. 14, 1275033. https://​doi.​org/​10.​3389/​fimmu.​2023.​12750​33 (2023).
	11.	 Liu, Q. et al. Targeting the androgen receptor to enhance NK cell killing efficacy in bladder cancer by modulating ADAR2/

circ_0001005/PD-L1 signaling. Cancer Gene Ther. 29(12), 1988–2000. https://​doi.​org/​10.​1038/​s41417-​022-​00506-w (2022).
	12.	 Colaprico, A. et al. TCGAbiolinks: An R/bioconductor package for integrative analysis of TCGA data. Nucleic Acids Res. 44(8), 

e71. https://​doi.​org/​10.​1093/​nar/​gkv15​07 (2016).
	13.	 Sjödahl, G. et al. A molecular taxonomy for urothelial carcinoma. Clin. Cancer Res. 18(12), 3377–3386. https://​doi.​org/​10.​1158/​

1078-​0432.​Ccr-​12-​0077-t (2012).
	14.	 Mariathasan, S. et al. TGFβ attenuates tumor response to PD-L1 blockade by contributing to exclusion of T cells. Nature 554(7693), 

544–548. https://​doi.​org/​10.​1038/​natur​e25501 (2018).
	15.	 Bhattacharya, A. et al. An approach for normalization and quality control for NanoString RNA expression data. Brief Bioinform. 

https://​doi.​org/​10.​1093/​bib/​bbaa1​63 (2021).
	16.	 Meng, J. et al. Tumor immune microenvironment-based classifications of bladder cancer for enhancing the response rate of 

immunotherapy. Mol. Ther. Oncol. 20, 410–421. https://​doi.​org/​10.​1016/j.​omto.​2021.​02.​001 (2021).
	17.	 Arthur, J. C. et al. Intestinal inflammation targets cancer-inducing activity of the microbiota. Science 338(6103), 120–123. https://​

doi.​org/​10.​1126/​scien​ce.​12248​20 (2012).
	18.	 Panigrahy, D. et al. Preoperative stimulation of resolution and inflammation blockade eradicates micrometastases. J. Clin. Investig. 

129(7), 2964–2979. https://​doi.​org/​10.​1172/​jci12​7282 (2019).
	19.	 Rothwell, P. M. et al. Effect of daily aspirin on risk of cancer metastasis: A study of incident cancers during randomised controlled 

trials. Lancet 379(9826), 1591–1601. https://​doi.​org/​10.​1016/​s0140-​6736(12)​60209-8 (2012).
	20.	 Yu, J. I. et al. Clinical significance of systemic inflammation markers in newly diagnosed, previously untreated hepatocellular 

carcinoma. Cancers (Basel) 12(5), 1300. https://​doi.​org/​10.​3390/​cance​rs120​51300 (2020).

http://www.researchdata.org.cn
https://doi.org/10.1097/CM9.0000000000002108
https://doi.org/10.3390/medicina57080749
https://doi.org/10.3390/medicina57080749
https://doi.org/10.1158/2159-8290.CD-21-1059
https://doi.org/10.1016/j.urolonc.2006.10.002
https://doi.org/10.1016/j.urolonc.2006.10.002
https://doi.org/10.1016/j.eururo.2018.09.001
https://doi.org/10.1016/s0003-9861(03)00283-2
https://doi.org/10.1016/j.ccr.2012.02.022
https://doi.org/10.1016/j.immuni.2019.06.025
https://doi.org/10.1155/2017/6027305
https://doi.org/10.1155/2017/6027305
https://doi.org/10.3389/fimmu.2023.1275033
https://doi.org/10.1038/s41417-022-00506-w
https://doi.org/10.1093/nar/gkv1507
https://doi.org/10.1158/1078-0432.Ccr-12-0077-t
https://doi.org/10.1158/1078-0432.Ccr-12-0077-t
https://doi.org/10.1038/nature25501
https://doi.org/10.1093/bib/bbaa163
https://doi.org/10.1016/j.omto.2021.02.001
https://doi.org/10.1126/science.1224820
https://doi.org/10.1126/science.1224820
https://doi.org/10.1172/jci127282
https://doi.org/10.1016/s0140-6736(12)60209-8
https://doi.org/10.3390/cancers12051300


12

Vol:.(1234567890)

Scientific Reports |         (2024) 14:1216  | https://doi.org/10.1038/s41598-024-51158-9

www.nature.com/scientificreports/

	21.	 Qiu, C. et al. Identification of molecular subtypes and a prognostic signature based on inflammation-related genes in colon adeno-
carcinoma. Front. Immunol. 12, 769685. https://​doi.​org/​10.​3389/​fimmu.​2021.​769685 (2021).

	22.	 Zhang, S., Li, X., Tang, C. & Kuang, W. Inflammation-related long non-coding RNA signature predicts the prognosis of gastric 
carcinoma. Front. Genet. 12, 736766. https://​doi.​org/​10.​3389/​fgene.​2021.​736766 (2021).

	23.	 Elinav, E. et al. Inflammation-induced cancer: Crosstalk between tumours, immune cells and microorganisms. Nat. Rev. Cancer 
13(11), 759–771. https://​doi.​org/​10.​1038/​nrc36​11 (2013).

	24.	 Diakos, C. I., Charles, K. A., McMillan, D. C. & Clarke, S. J. Cancer-related inflammation and treatment effectiveness. Lancet Oncol. 
15(11), e493-503. https://​doi.​org/​10.​1016/​s1470-​2045(14)​70263-3 (2014).

	25.	 Nabavizadeh, R., Bobrek, K. & Master, V. A. Risk stratification for bladder cancer: Biomarkers of inflammation and immune 
activation. Urol. Oncol. 38(9), 706–712. https://​doi.​org/​10.​1016/j.​urolo​nc.​2020.​04.​006 (2020).

	26.	 Gakis, G. The role of inflammation in bladder cancer. Adv. Exp. Med. Biol. 816, 183–196. https://​doi.​org/​10.​1007/​978-3-​0348-​
0837-8_8 (2014).

	27.	 Liang, T. et al. Clinical significance and diagnostic value of QPCT, SCEL and TNFRSF12A in papillary thyroid cancer. Pathol. Res. 
Pract. 245, 154431. https://​doi.​org/​10.​1016/j.​prp.​2023.​154431 (2023).

	28.	 Lian, M. et al. Aging-associated genes TNFRSF12A and CHI3L1 contribute to thyroid cancer: An evidence for the involvement 
of hypoxia as a driver. Oncol. Lett. 19(6), 3634–3642. https://​doi.​org/​10.​3892/​ol.​2020.​11530 (2020).

	29.	 Wu, J. et al. NR1H3 expression is a prognostic factor of overall survival for patients with muscle-invasive bladder cancer. J. Cancer 
8(5), 852–860. https://​doi.​org/​10.​7150/​jca.​17845 (2017).

	30.	 Sun, Y. et al. ITIH4 is a novel serum biomarker for early gastric cancer diagnosis. Clin. Chim. Acta 523, 365–373. https://​doi.​org/​
10.​1016/j.​cca.​2021.​10.​022 (2021).

	31.	 Zhang, M. et al. Immune-related genes LAMA2 and IL1R1 correlate with tumor sites and predict poor survival in pancreatic 
adenocarcinoma. Future Oncol. 17(23), 3061–3076. https://​doi.​org/​10.​2217/​fon-​2020-​1012 (2021).

	32.	 Takeuchi, H., Yokota, A., Ohoka, Y. & Iwata, M. Cyp26b1 regulates retinoic acid-dependent signals in T cells and its expression is 
inhibited by transforming growth factor-β. PLoS ONE 6(1), e16089. https://​doi.​org/​10.​1371/​journ​al.​pone.​00160​89 (2011).

	33.	 Kamoun, A. et al. A consensus molecular classification of muscle-invasive bladder cancer. Eur. Urol. 77(4), 420–433. https://​doi.​
org/​10.​1016/j.​eururo.​2019.​09.​006 (2020).

	34.	 Lu, X. et al. Multi-omics consensus ensemble refines the classification of muscle-invasive bladder cancer with stratified prognosis, 
tumour microenvironment and distinct sensitivity to frontline therapies. Clin. Transl. Med. 11(12), e601. https://​doi.​org/​10.​1002/​
ctm2.​601 (2021).

	35.	 Wang, J. et al. Identification and verification of an immune-related lncRNA signature for predicting the prognosis of patients with 
bladder cancer. Int. Immunopharmacol. 90, 107146. https://​doi.​org/​10.​1016/j.​intimp.​2020.​107146 (2021).

	36.	 Wu, Y. et al. Identification of immune-related LncRNA for predicting prognosis and immunotherapeutic response in bladder 
cancer. Aging (Albany NY) 12(22), 23306–23325. https://​doi.​org/​10.​18632/​aging.​104115 (2020).

	37.	 Jiang, W., Zhu, D., Wang, C. & Zhu, Y. An immune relevant signature for predicting prognoses and immunotherapeutic responses 
in patients with muscle-invasive bladder cancer (MIBC). Cancer Med. 9(8), 2774–2790. https://​doi.​org/​10.​1002/​cam4.​2942 (2020).

	38.	 Yunna, C., Mengru, H., Lei, W. & Weidong, C. Macrophage M1/M2 polarization. Eur. J. Pharmacol. 877, 173090. https://​doi.​org/​
10.​1016/j.​ejphar.​2020.​173090 (2020).

	39.	 Farhood, B., Najafi, M. & Mortezaee, K. CD8(+) cytotoxic T lymphocytes in cancer immunotherapy: A review. J. Cell. Physiol. 
234(6), 8509–8521. https://​doi.​org/​10.​1002/​jcp.​27782 (2019).

	40.	 Pfister, C. et al. Dose-dense methotrexate, vinblastine, doxorubicin, and cisplatin or gemcitabine and cisplatin as perioperative 
chemotherapy for patients with nonmetastatic muscle-invasive bladder cancer: Results of the GETUG-AFU V05 VESPER trial. J. 
Clin. Oncol. 40(18), 2013–2022. https://​doi.​org/​10.​1200/​jco.​21.​02051 (2022).

	41.	 Pfister, C. et al. Randomized phase III trial of dose-dense methotrexate, vinblastine, doxorubicin, and cisplatin, or gemcitabine 
and cisplatin as perioperative chemotherapy for patients with muscle-invasive bladder cancer. Analysis of the GETUG/AFU V05 
VESPER trial secondary endpoints: Chemotherapy toxicity and pathological responses. Eur. Urol. 79(2), 214–221. https://​doi.​org/​
10.​1016/j.​eururo.​2020.​08.​024 (2021).

	42.	 Vaughn, D. J. Paclitaxel and carboplatin in bladder cancer: Recent developments. Eur. J. Cancer 36(Suppl 2), 7–12. https://​doi.​org/​
10.​1016/​s0959-​8049(00)​00076-9 (2000).

	43.	 Jiménez-Guerrero, R. et al. Obatoclax and paclitaxel synergistically induce apoptosis and overcome paclitaxel resistance in urothelial 
cancer cells. Cancers (Basel) 10(12), 490. https://​doi.​org/​10.​3390/​cance​rs101​20490 (2018).

	44.	 Bellmunt, J. et al. Randomized phase III study comparing paclitaxel/cisplatin/gemcitabine and gemcitabine/cisplatin in patients 
with locally advanced or metastatic urothelial cancer without prior systemic therapy: EORTC intergroup study 30987. J. Clin. 
Oncol. 30(10), 1107–1113. https://​doi.​org/​10.​1200/​jco.​2011.​38.​6979 (2012).

	45.	 Mitin, T. et al. Transurethral surgery and twice-daily radiation plus paclitaxel-cisplatin or fluorouracil-cisplatin with selective 
bladder preservation and adjuvant chemotherapy for patients with muscle invasive bladder cancer (RTOG 0233): A randomised 
multicentre phase 2 trial. Lancet Oncol. 14(9), 863–872. https://​doi.​org/​10.​1016/​s1470-​2045(13)​70255-9 (2013).

Author contributions
W.Y.J., T.Y. and Y.K. contributed to the writing of the manuscript. T.Y. and L.Z.C. were responsible for the sample 
collection. L.Z.C. and T.X.L. performed the cell experiments. Z.Y.T. and L.S.H. conducted the statistical analysis. 
W.Y.J. and T.Y. reviewed the article data. W.Y.J. and Y.K. designed and supported the study. All the authors read 
and approved the final manuscript. Informed consent was obtained from all the BLCA patients (SZR2022-001). 
Written informed consent for publication of their clinical details was obtained from the patients. All of the 
authors agreed with the content of the paper and agreed to publish.

Funding
This study was supported by the Sun Yat-sen University Cancer Center Medical Scientist Training Program (No. 
14zxqk08 to Kai Yao) and the Natural Science Foundation of Guangdong Province (No. 2022A1515012318 to 
Kai Yao).

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​024-​51158-9.

https://doi.org/10.3389/fimmu.2021.769685
https://doi.org/10.3389/fgene.2021.736766
https://doi.org/10.1038/nrc3611
https://doi.org/10.1016/s1470-2045(14)70263-3
https://doi.org/10.1016/j.urolonc.2020.04.006
https://doi.org/10.1007/978-3-0348-0837-8_8
https://doi.org/10.1007/978-3-0348-0837-8_8
https://doi.org/10.1016/j.prp.2023.154431
https://doi.org/10.3892/ol.2020.11530
https://doi.org/10.7150/jca.17845
https://doi.org/10.1016/j.cca.2021.10.022
https://doi.org/10.1016/j.cca.2021.10.022
https://doi.org/10.2217/fon-2020-1012
https://doi.org/10.1371/journal.pone.0016089
https://doi.org/10.1016/j.eururo.2019.09.006
https://doi.org/10.1016/j.eururo.2019.09.006
https://doi.org/10.1002/ctm2.601
https://doi.org/10.1002/ctm2.601
https://doi.org/10.1016/j.intimp.2020.107146
https://doi.org/10.18632/aging.104115
https://doi.org/10.1002/cam4.2942
https://doi.org/10.1016/j.ejphar.2020.173090
https://doi.org/10.1016/j.ejphar.2020.173090
https://doi.org/10.1002/jcp.27782
https://doi.org/10.1200/jco.21.02051
https://doi.org/10.1016/j.eururo.2020.08.024
https://doi.org/10.1016/j.eururo.2020.08.024
https://doi.org/10.1016/s0959-8049(00)00076-9
https://doi.org/10.1016/s0959-8049(00)00076-9
https://doi.org/10.3390/cancers10120490
https://doi.org/10.1200/jco.2011.38.6979
https://doi.org/10.1016/s1470-2045(13)70255-9
https://doi.org/10.1038/s41598-024-51158-9
https://doi.org/10.1038/s41598-024-51158-9


13

Vol.:(0123456789)

Scientific Reports |         (2024) 14:1216  | https://doi.org/10.1038/s41598-024-51158-9

www.nature.com/scientificreports/

Correspondence and requests for materials should be addressed to K.Y.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2024

www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Identification of an inflammation-related risk signature for prognosis and immunotherapeutic response prediction in bladder cancer
	Methods
	Data source and preprocessing
	Differentially expressed IRGs screening and gene mutation analysis
	Gene set enrichment analysis (GSEA)
	Construction and validation of the IRG prognostic model
	Estimation of cell infiltration in the tumor microenvironment (TME) and the clinical significance of the IRG prognostic model
	Chemotherapy response analysis
	Cell lines and culture conditions
	Real-time-quantitative polymerase chain reaction (qPCR)
	Ethics approval and consent to participate

	Results
	Identification of differentially expressed IRGs and somatic mutation analysis
	Biological function analysis of differentially expressed IRGs
	Generation of IRG prognostic signatures in BLCA
	The clinical significance of the IRG prognostic model in the TCGA-BLCA cohort
	External validation of the IRG prognostic signatures
	The predictive value of the IRG prognostic signature for immune cell infiltration and immunotherapy efficacy
	Prediction of the chemotherapy response in the signature

	Discussion
	Conclusion
	References


