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Change of urban park usage 
as a response to the COVID‑19 
global pandemic
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Urban parks became critical for maintaining the well-being of urban residents during the COVID-19 
global pandemic. To examine the impact of COVID-19 on urban park usage, we selected New York 
City (NYC) and used SafeGraph mobility data, which was collected from a large sample of mobile 
phone users, to assess the change in park visits and travel distance to a park based on 1) park type, 
2) the income level of the visitor census block group (visitor CBG) and 3) that of the park census block 
group (park CBG). All analyses were adjusted for the impact of temperature on park visitation, and 
we focused primarily on visits made by NYC residents. Overall, for the eight most popular park types 
in NYC, visits dropped by 49.2% from 2019 to 2020. The peak reduction in visits occurred in April 
2020. Visits to all park types, excluding Nature Areas, decreased from March to December 2020 as 
compared to 2019. Parks located in higher-income CBGs tended to have lower reductions in visits, 
with this pattern being primarily driven by large parks, including Flagship Parks, Community Parks 
and Nature Areas. All types of parks saw significant decreases in distance traveled to visit them, with 
the exception of the Jointly Operated Playground, Playground, and Nature Area park types. Visitors 
originating from lower-income CBGs traveled shorter distances to parks and had less reduction in 
travel distances compared to those from higher-income CBGs. Furthermore, both before and during 
the pandemic, people tended to travel a greater distance to parks located in high-income CBGs 
compared to those in low-income CBGs. Finally, multiple types of parks proved crucial destinations for 
NYC residents during the pandemic. This included Nature Areas to which the visits remained stable, 
along with Recreation Field/Courts which had relatively small decreases in visits, especially for lower-
income communities. Results from this study can support future park planning by shedding light on 
the different uses of certain park types before and during a global crisis, when access to these facilities 
can help alleviate the human well-being consequences of “lockdown” policies.

Urban parks provide a variety of ecosystem services1–3, as well as physical and mental health benefits to urban 
residents4–6. The COVID-19 global pandemic drastically altered people’s mobility patterns7–9, especially during 
the first several months when restrictions were implemented by governments to combat the spread of the disease. 
Such restrictions included stay-at-home orders, the closure of non-essential businesses, the cancelation of public 
events and in-person schooling, social distancing, and travel restrictions, etc.10–12. With the many challenges 
imposed by the pandemic, which included dramatically reduced recreational opportunities as well as widespread 
concerns about personal and public health, urban parks, which were one of the few places that urban dwellers 
were allowed to visit outside their homes, became important destinations.

In order to understand the role of parks during the COVID-19 pandemic, a variety of data and methods have 
been used by researchers to conduct relevant studies: including carrying out field surveys10,13,14, recruiting civic 
scientists to make observations15,16, collecting geotagged data from social media17–20, and acquiring data from 
recreational tracking apps21. Decreased visits to urban greenspaces in central London was reported20, which could 
be attributed with working from home restrictions; similarly, in a study conducted in multiple cities across North 
Carolina, 56% of survey respondents indicated that they had ceased or reduced their use of parks, with geo-
tracked park visits dropping by 15%14. Several studies reported increased visits to urban greenspaces and nature 
parks away from city centers10,20,21, while one study conducted in four Asian cities indicated people’s preference 
for large nature parks close to city centers18. The heightened appreciation for nature and the raised awareness of 
its importance have been highlighted by many studies10,13,19. Nonetheless, the parks studied were usually only 
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loosely categorized, such as urban parks and nature parks; and one major concern about methods used in these 
studies, is that the data might not represent the general population very well because of the limited sample sizes.

SafeGraph, a location-based product company founded in 2016, has been collecting and compiling anony-
mous GPS data from mobile phone apps, and aggregating these data to provide information on people’s mobility 
patterns22. SafeGraph’s primary product is a places dataset of millions of points of interests (POIs) in the United 
States and Canada, providing details like business name, address, category, and geographic coordinates for each 
POI. They also provide a patterns dataset with anonymized, aggregated foot traffic data for those POIs. Because 
of the pervasiveness of smart phones in modern life, such data provides an opportunity for analyzing the mobility 
patterns of the general public. Several studies have employed SafeGraph data to investigate patterns of human 
mobility and spatial interaction, as well as their relationships with the spread of COVID-1923–27.

The goal of this study was to use the SafeGraph dataset to understand how park usage changed during the 
early phases of the COVID-19 pandemic, including by park location, detailed park type, and the socio-economic 
level of the park visitors and of the neighborhood of the park. Given the extensive size of the mobility dataset, we 
selected New York City (NYC) as our study area. NYC is representative of many dense, urban environments and 
was one of the major cities affected by the first waves of the pandemic. We examined changes in the number of 
visits to parks, the number of individual visitors to parks and the change in travel distance to parks. Our focus 
was primarily on park usage by NYC residents, rather than visitors to the city. Understanding how park usage 
changed during the pandemic is considered critical to the planning and management of urban public spaces in 
post-COVID cites, and in an era where future pandemics, and other crises that might lead to public “lockdowns”, 
cannot be ruled out28.

Results
The types of parks chosen for analysis
The total number of park visits determined from SafeGraph points of interest (POIs) located in NYC parks was 
20,913,290 in 2019, but only 10,279,798 in 2020, representing a decrease of 49.2 percent.

There are 18 types of parks listed in the NYC Open Space Parks Data29. However, the top eight types of parks 
accounted for 91.35% of total park visits in 2019 and 92.17% in 2020, respectively, and are thus the focus of this 
study (Fig. 1). These parks are classified by the NYC Department of Parks and Recreation29 as (1) Community 
Park, (2) Flagship Park, (3) Jointly Operated Playground, (4) Nature Area, (5) Neighborhood Park, (6) Play-
ground, (7) Recreation Field/Courts, and (8) Triangle/Plaza. The detailed classification standard can be found 
in Table S-7.

We calculated four metrics associated with the number of park visits and the number of park visitors, namely 
(1) all visits: the total number of visits from all visitors; From the SafeGraph documentation, the duration of a 
visit must last at least 4 min, and there could be multiple visits from a single visitor during the time period when 
the data were collected; (2) all visitors: the total number of unique visitors, regardless of their origin; (3) US 
visitors: the total number of unique visitors whose home locations are within the US; (4) NYC local visitors: the 
total number of unique visitors whose home locations are within NYC. Since temperature has been reported as 

Figure 1.   Locations of parks in New York City. Each point represents an individual park. The number of parks 
and the median park area are shown for each park type.
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a vital factor influencing park visitation30,31, we corrected the data for the effects of temperature, as described in 
the  “Data and methods” section. The total numbers of these four types of visit/visitor counts by park type, and 
after the temperature correction, are summarized in Table S-1.

Park visits and visitors change rate
Park visits and visitors change rate by borough
We examined the park visits and visitors change rate in each NYC borough by computing the total number of 
park visits or visitors in a month in that borough, then calculating the percentage change in 2020 visits (or visi-
tors) compared to 2019 (i.e., (the visits in 2020—the visits in 2019)/the visits in 2019). Manhattan was divided 
into lower Manhattan and upper Manhattan using 86th street as a divide. Results for total visits, total visitors, 
US visitors, and NYC visitors are shown in Fig. 2.

Starting from March 2020, the parks in all boroughs experienced decreased total visits (Fig. 2a). April 2020 
was the month with the greatest percentage decrease in visits compared to 2019, then visits slowly increased as the 
months progressed. Lower Manhattan had the greatest decrease in park visits from March to December (overall 
− 61.1%, with a maximum of − 86.6% in April 2020), while Staten Island experienced the smallest decrease (over-
all − 20.3%, with a maximum of − 57.5% in April 2020). All other boroughs experienced similar changes in visits, 
and shared a similar trend through time. All visitors (Fig. 2b), U.S. visitors (Fig. 2b), and NYC visitors (Fig. 2d) 
had the same pattern with the greatest decrease in April, followed by a slow rebound with progressing time. 
Again, lower Manhattan had the largest decrease in unique visitors while Staten Island the smallest (Fig. 2b–d).

Park visits and visitors change rate by park type
We examined the park visits and visitors change rate across the eight selected park types, by computing the total 
number of visits or unique visitors in a month to each park type and then calculating the percentage change 
of visits/visitors in 2020 compared to 2019 (Fig. 3). There was a decrease in all types of visits and visitors to all 
eight park types across the city when comparing 2019 to 2020 for the months of March to June (Fig. 3a–d). For 
NYC local visitors, Triangle/Plazas (overall − 62.9%, with a maximum of − 82.9% in April 2020) and Flagship 
Parks (overall − 57.0%, with a maximum of − 78.7% in April 2020) had the largest decrease, followed by Jointly 
Operated Playground, Playground, Community Park, Neighborhood Park, then Recreation Field/Courts. Nature 
Areas had the smallest decrease in the number of NYC local visitors (overall − 3.6%, with a maximum of − 44.5% 
in April 2020) with some months even showing an increase. Beginning in June, the number of NYC local visitors 
to Nature Areas returned to about the same level as 2019 and even increased in some months (with a maximum 
increase of 29.0% in July 2020) (Fig. 3d). The other three types of visits/visitors shared similar trends as NYC 
local visitors (Fig. 3a–c).

In order to better understand the needs and park usage of local urban residents, we focused our remaining 
analyses on data for NYC residents (also subsequently referred to as NYC local visitors) only. We also defined 
the visitor census block group (visitor CBG) as the home census block group where a visitor lived; and defined 
the park census block group (park CBG) as the census block group that a park was in, or was the closest to.

Figure 2.   Park visits and visitors change rate by borough, which is calculated as the percent change of total 
monthly park visits/visitors in 2020 compared to 2019. The letters on the right of each figure are the Tukey HSD 
multi-group comparison results, the same letters indicate the boroughs belong to the same group.
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Park visitors change rate by both park type and by income level of park CBGs
The CBGs (neighborhoods) that surround parks were divided into three income groups: lower, middle and 
upper, based on per capita income. The results for park visits change rate between 2019 and 2020 for each of the 
analyzed park types are provided in Fig. 4.

All eight park types saw decreased NYC local visitors regardless of the park CBG income level (Fig. 4). 
Overall, parks in lower-income neighborhoods experienced statistically greater decreases in NYC local visitors 
than those in upper-income neighborhoods. No trend in visits change rate with income level was observed 
for Jointly Operated Playground, Neighborhood Park, Playground, and Triangle/Plaza. Community Parks and 
Nature Areas showed greater reductions in NYC local visitors in lower-income neighborhoods but showed no 
difference between middle- and upper-income neighborhoods. Flagship Parks showed greater reductions in 
NYC local visitors in lower- and middle-income neighborhoods. The outlier to the overall trend is Recreational 
Field/Courts, which showed greater reductions in NYC local visitors in upper-income neighborhoods than in 
lower-income neighborhoods.

Travel distance to the parks
The travel distance of visitors was used to examine how the travel behavior of NYC residents to parks changed 
during the early stages of the COVID-19 pandemic. In this section, the mean travel distances were computed 
for the time period from March to December in 2019 and 2020, as the major outbreak of the pandemic and the 
associated travel restrictions began in March 2020.

Change in travel distance by park type
Overall, the mean travel distance of NYC residents to all parks reduced from 5.9 km in 2019 to 5.1 km in 2020 
over March to December, representing a change of − 13.2% (95% CI − 13.4%, − 13.1%). In 2020, there was a 
significant decrease in travel distance compared to 2019 for all study park types except for the Jointly Operated 
Playground, Playground, and Nature Area park types (Fig. 5).

Before the pandemic, the mean travel distances to the Triangle/Plaza and Flagship Park types were the long-
est, both averaging 7.1 km—over March to December in 2019; while the travel distances to the Playground and 
Jointly Operated Playground were the shortest, averaging 5.0 km and 4.5 km, respectively. The Nature Area, 
Jointly Operated Playground and Playground park types experienced a smaller decrease than average or even a 
slight increase, which were − 1.2% (95% CI − 2.0%, − 0.3%), − 1.9% (95% CI − 2.5%, − 1.3%) and 1.1% (95% CI 
0.6%, 1.7%), respectively. All other types of parks experienced a greater reduction in travel distance (Table S-4).

Change in travel distance by both park type and by income level of visitor CBGs
The overall mean travel distances of NYC residents from lower-, middle- and upper-income level CBGs were 
5.3 km, 6.5 km, and 6.0 km, respectively, from March to December in 2019; and were 4.7 km, 5.6 km, and 5.0 km, 
respectively, in the same period in 2020 (Fig. 6a,b). In general, people from lower-income CBGs traveled a sta-
tistically shorter distance to parks than those from middle-income and upper-income CBGs in both 2019 and 

Figure 3.   Park visits and visitors change rate by park type, which is calculated as the percent change of total 
monthly park visits/visitors in 2020 compared to 2019. The letters on the right of each figure are the Tukey HSD 
multi-group comparison results, any common letter shared by two park types indicates that the two park types 
were found to belong to the same group.
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2020. This pattern was common across all types of parks, except for Nature Areas and Triangle/Plazas, to which 
visitors from upper-income CBGs traveled the shortest distance.

Overall, visitors from higher income CBGs had the greatest reduction in travel distance (Fig. 6c). The per-
centage change of travel distance for visitors from lower-income, middle-income and upper-income CBGs are 
− 10.7% (95% CI − 11.0%, − 10.4%), − 13.9% (95% CI − 14.2%, − 13.7%), and − 15.8% (95% CI − 16.2%, − 15.5%), 
respectively (Table S-5).

The specific changes varied by park type. For Community Park, Flagship Park, Jointly Operated Playground, 
Nature Area and Triangle/Plaza park types, the visitors from upper income level CBGs experienced the greatest 
percentage reduction in travel distance. While for Recreation Field/Courts, the visitors from upper income level 
CBGs had the smallest percentage reduction in travel distance.

Change in travel distance by both park type and by income level of park CBGs
The mean travel distances to parks located in lower-, middle- and upper-income level CBGs were 5.7 km, 5.6 km, 
and 6.3 km, respectively, from March to December in 2019, and were 4.9 km, 4.7 km, and 5.6 km, respec-
tively, during the pandemic from March to December in 2020 (Fig. 7a,b). In general, people tended to travel a 

Figure 4.   NYC park visitors change rate by park type and by income level of park CBGs. The letters before the 
income groups are the Tukey HSD multi-group comparison results, any common letter shared by two income 
level groups indicates that the two groups were found to belong to the same group.
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statistically longer distance to parks in upper-income CBGs than to parks in middle-income and lower-income 
CBGs in both 2019 and 2020, with the exception of Community Park and Flagship Park in 2019.

The travel distance to parks located in upper-income level CBGs had the smallest percentage decrease 
(Fig. 7c), which was − 10.6% (95% CI − 10.9%, − 10.3%), while it was − 16.0% (95% CI − 16.3%, − 15.7%) for 
parks located in middle-income CBGs, and was − 14.1% (95% CI − 14.4%, − 13.8%) for parks located in lower-
income CBGs (Table S-6).

Examining by park type, for Community Park, Flagship Park, Recreational Field/Courts and Triangle/Plaza 
park types, the parks located in upper-income level CBGs experienced the smallest percentage reduction in travel 
distance. While for Nature Area, Jointly Operated Playground and Playground park types, the parks located in 
lower income level CBGs had an increase in travel distance.

Discussion
Change in the number of park visits and visitors
The data show a sharp decrease in park visits and visitors following the start of New York City related COVID-19 
pandemic restrictions in March 2020, which for most parks lasted throughout the year. Across the boroughs, we 
observed that Lower Manhattan experienced the largest decrease in park visits and visitors. As Lower Manhat-
tan is NYC’s central area for business, culture, and government, it is to be expected that visitation to this area 
decreased substantially after the pandemic restrictions were imposed. In contrast, Staten Island, which is more 

Figure 5.   (a) Mean travel distance by park type. (b) Percentage change of mean travel distance by park type, 
with 95% CI error bars.

Figure 6.   (a,b) Mean travel distance by park type and by income level of visitor CBGs; The letters to the right of 
the mean travel distances are the Tukey HSD multi-group comparison results between income groups for each 
park type, any common letter shared by two income groups indicates that the two groups were found to belong 
to the same group. (c) Percentage change of mean travel distance by park type and by income level of visitor 
CBGs, with 95% CI error bars.
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suburban with fewer tourist attractions, experienced the smallest reduction in park visits and visitors. By park 
type, Triangle/Plaza and Flagship Park saw the biggest decrease in visits and visitors among all park types. Tri-
angles/Plazas are smaller park areas and are mostly located in densely populated business areas, the significant 
decrease in visits could be due to people not traveling to office buildings for work and therefore not using those 
Triangles/Plazas. Flagship Parks are destination attractions, even for NYC residents, and thus likely saw fewer 
visitations because people reduced destination-like leisure activities. Nature Areas had the smallest reduction in 
park visits and visitors, and even saw some increases above pre-pandemic level during summer months. Nature 
Areas are typically located on the outskirts of NYC or Staten Island (Fig. 1), where concerns about crowding are 
reduced32. The many services and benefits Nature Areas provide, from exercising, nature viewing, and birding, 
have also been shown to promote stress relief and mental health support during the pandemic10,33,34. From a 
policy perspective, certain types of parks in NYC were ordered closed from April through June, including Play-
grounds (Fig. S-3) and Jointly Operated Playgrounds (jointly operated with the NYC Department of Education, 
Fig. S-4). The biggest decrease in park visits did occur in April 2020, however, the data showed a gradual rebound 
of visits to these parks while the order was in effect until summer months when temperatures may be too high 
for outdoor activities (Fig. 3), indicating that compliance with the lockdown policy may have declined overtime. 
In addition, as per observed trends for different types of park visits and visitors are similar, there is no indication 
that NYC residents behaved differently in terms of park visitation than non-NYC residents.

Change in park visits by NYC residents based on income level of park CBGs
The decision to classify parks by income level was based on the fact that, neighborhood income was found to be 
an influential factor that impacts park usage in previous studies35–37. Furthermore, while many parks are designed 
to serve their immediate neighborhood, certain types with bigger sizes, such as Flagship Park, Community Park 
and Nature Area, could attract people from their larger service areas that may span the entire metropolitan 
region (Table S-7). This means that visitors may travel to parks in neighborhoods with different income levels 
than their own.

We observed that, parks located in higher-income neighborhoods experienced a smaller decrease in visits 
by NYC residents. This pattern was mainly driven by Flagship Park, Community Park and Nature Area, which 
are the three types of parks that usually have much larger areas (Fig. 1, Fig. S-2 and Table S-7); they saw greater 
reduction in visits in lower-income neighborhoods. Since park size was usually positively related with park 
use38,39, and wealthier neighborhoods are usually considered safer40–43; the combination of larger park areas, 
where social distancing is easier, located in wealthier neighborhoods likely explains this trend.

Recreation Field/Courts, which consist solely of hard surface and turf sports areas, showed a different trend, 
in that parks located in lower-income neighborhoods experienced a smaller decrease in visits by NYC residents. 
In many low-income communities, community located recreation facilities are often the only place for children 
to be physically active35, which might explain greater usage of these facilities in these neighborhoods. For the 
rest of the types of parks, there was no significant difference in park visits change rate by NYC residents between 
income levels.

Change in travel distance to parks for NYC residents
Through our analysis, we observed that mean travel distance to urban parks by NYC residents decreased from 
5.9 km before the pandemic to 5.1 km during the pandemic. More specifically, there was a significant decrease in 
travel distance for all park types except Nature Area, Jointly Operated Playground, and Playground where travel 

Figure 7.   (a,b) Mean travel distance by park type and by income level of park CBGs; The letters to the right of 
the mean travel distances are the Tukey HSD multi-group comparison results between income groups for each 
park type, any common letter shared by two income groups indicates that the two groups were found to belong 
to the same group. (c) Percentage change of mean travel distance by park type and by income level of park 
CBGs, with 95% CI error bars.
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distances remained similar to pre-pandemic levels. As previously discussed, Nature Area served as a safe haven 
for urban residents during the pandemic, with visits remaining relatively stable and even increasing in some 
months. People were willing to continue to travel to visit these areas despite the fact that they were frequently 
located on the fringes of the city20,21,44. Jointly Operated Playground and Playground are scattered throughout 
the city’s residential zones. Prior to the pandemic, travel distances to these two types of parks were the shortest 
among all types, implying that their primary role was to serve local residents. During the pandemic, visitors to 
them are still likely local residents, resulting in a small change in travel distance.

Visitors from lower-income CBGs tended to travel a statistically shorter distance to parks than those from 
middle-income and upper-income CBGs. This could be explained by the fact that, people with higher incomes 
were willing to spend money on transportation and, as a result, were more able to travel to parks located a fur-
ther distance away. Travel distances for visitors from upper-income CBGs decreased the most among the three 
income groups; this could be attributed to the fact that people with higher socio-economic status were more 
likely to have the ability to work from home45–47.

When considering the income level of park CBGs, in general, people tended to travel a statistically longer 
distance to the parks located in upper-income level CBGs, and the travel distance to those parks decreased the 
least in percentage compared to parks in middle-income and lower-income CBGs. As high-income neighbor-
hoods are usually perceived as a safer environment40–43, this might explain people’s willingness to travel longer 
distances to the parks located there, even during the pandemic, resulting in a smaller reduction in travel distance.

First observations, the travel distances by NYC residents appear to be longer than expected, however, from 
other studies, we found comparable travel distance ranges. For example, one study conducted in Sapporo, Japan 
investigated the travel distances to urban parks and nature trails; they reported a mean travel distance to urban 
parks of 6.8–11.0 km before the pandemic and 4.9–10.6 km after the pandemic48. Another study conducted in 
Wuhan, China found that the threshold travel distance (TTD, i.e., the third quartile travel distance for all visi-
tors) to urban parks reduced from 4.2 km in pre-pandemic time to 3.0–3.9 km during different stages of the 
pandemic; TTD varied by travel modes, it ranged from about 1.1 km for walking to about 15 km for visitors 
taking buses and subways49. The mean travel distance reported in our study reflected the general situation for all 
visitors with mixed travel modes, future studies can further disaggregate travel distances by travel modes when 
such information becomes available.

The importance of nature areas and recreation field/courts
Throughout the analysis from all these aspects, we would like to highlight Nature Areas, as they were the only 
type that saw a slight decrease or even some increases in visits and, furthermore, the travel distance to them also 
remained relatively stable. Perceived as a safe haven, these results demonstrated Nature Area’s critical role of 
serving urban residents in a time of crisis, and they should be well planned and maintained in the future urban 
developments. We would also like to highlight Recreation Field/Courts, particularly their significance in serv-
ing lower-income communities. They experienced a smaller decrease in visits than most types of parks except 
for Nature Areas, and they were the only park type that saw a greater decrease in visits in upper-income CBGs 
and less decrease in lower-income CBGs. Travel distances to them have also fallen significantly, with the biggest 
decrease coming from people living in lower-income CBGs. These findings suggested that Recreation Field/
Courts probably became the key destinations for local people during the pandemic, especially for those living 
in lower-income neighborhoods.

Limitations and avenues for future research
Although we adjusted the park visits for temperature, which was a major factor in influencing park usage, other 
potential sources of bias in the data could exist. The number of devices in SafeGraph’s panel, for example, may 
change over time, introducing biases in visit counts; this issue could be especially prominent in cross-region 
studies50,51. To overcome this bias, SafeGraph has recommended several methods for normalization52. Since 
the supplementary datasets for normalization were not available at the time when we acquired the data for the 
analyses presented in this paper, we used the normalization by total visitors method to assess this potential 
bias in a secondary analysis. Overall, the normalized visits data were highly correlated with the raw visits data 
(Pearson’s R = 0.980, Table S-8). For individual park types, all park types showed a high correlation coefficient of 
over 0.9, except for Nature Area (Pearson’s R = 0.763). From further inspection, it appears that the raw visits data 
may have overestimated the visits to Nature Areas in 2019 or have underestimated the visits in 2020 (Fig. S-5), 
implying the percentage increase in visits to Nature Area in 2020 could be even greater than reported here. 
While this does not violate our general conclusions, future research should consider this potential bias and make 
adjustments accordingly.

Our data showed that park neighborhood income level was a significant factor correlated with the park usage 
during the pandemic, however, it could be indicative of multiple factors that influence the choice to visit a park. 
Previous studies have found that parks in lower-income neighborhoods can be associated with poorer facili-
ties, fewer services and less maintenance35,37. Independent of neighborhood income level, park features such as 
sports facilities and water scenes, were found to be positively associated with park use20,53; factors describing the 
surrounding environments of parks, such as population density, road density, distance to city center and acces-
sibility via public transportation can also impact park usage38,54. Future studies should investigate the underlying 
factors that are indicated by neighborhood income and influence park usage, therefore providing more detailed 
insights that could be used to improve park service.

Our findings indicate that there has been a fundamental change in park visitation habits of urban residents, 
and the change varies by park type and socio-economic status. Future studies should explore more in detail 
how other factors could potentially affect people’s park visitation, such as age, gender, ethnicity and means of 
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transportation, etc. Furthermore, the identified specific park types, such as Nature Area, for its importance to 
general urban residents; and Recreational Field/Court, especially for its importance to lower-income commu-
nities, should be well planned and managed to make urban parks a more resilient infrastructure system in the 
face of future crisis.

Data and methods
We obtained the mobility data from SafeGraph55 for the time period of January 2018 to December 2020. Saf-
eGraph aggregates anonymized location data from numerous applications in order to provide insights about 
points of interest (POIs) that people visit, via the SafeGraph Community. To enhance privacy, SafeGraph excludes 
census block group (CBG) information if fewer than two devices visited an establishment in a month from a 
given census block group. As examined in our analysis that comparing 2020 data to 2018 yielded similar results 
to 2019, we chose to present comparisons of data from 2020 to 2019 for clarity.

SafeGraph’s places dataset contains a variety of information for each POI in its product suite, including the 
location name, address, latitude and longitude coordinates, category, brand, and additional details. To select those 
POIs of our interest, we obtained the NYC Open Space Parks Data29, which is a vector GIS dataset that provides 
information on park characteristics such as location, boundary, and park type. We then used the ArcGIS Pro 
software to spatially select those POIs within park boundaries. The NYC Open Space Parks Dataset was chosen 
because of its comprehensive coverage of the parks in the city, and the NYC Parks Department classified the 
parks into distinct types based on park features, service area and size, etc. (Table S-7).

SafeGraph designations don’t always match with NYC Parks Department designations. Some studies have 
focused on the SafeGraph designated POIs with type “Nature Parks and Other Similar Institutions”, as this 
approach unified the selection of parks across multiple cities51; however, they excluded some park types such 
as playgrounds and greenspaces that may be coded under other categories in the SafeGraph POIs dataset, such 
as “Museums, Historical Sites, and Similar Institutions” and “Other Amusement and Recreation Industries”, 
etc. Our approach included all these POIs that fall in the government-designated park boundaries and enabled 
comparisons between different types of parks in our studied urban area.

The monthly patterns dataset from SafeGraph contains visitors’ mobility information and is organized by POI. 
As mentioned in the types of parks chosen for analysis section, we calculated four types of visits: (1) all visits: 
to calculate the number of visits to each park, we summed raw_visit_counts to all the POIs within a park; (2) all 
visitors: raw_visitor_counts to all the POIs within a park were summed; (3) US visitors: the visitor_home_cbgs 
column provides the number of visitors to the POI from each US CBG based on the visitor’s home location, they 
were summed to determine US visitors; (4) NYC local visitors: the visitors who are from a CBG within NYC were 
summed as the number of NYC local visitors. When deriving travel distances, we obtained the US Census Block 
Group (CBG) Boundaries GIS data56 from the US Census Bureau, then we calculated the distance between the 
centroid of a visitor’s home CBG and the destination POI.

Temperature has been reported as a vital factor influencing park visitation30,31,57. To adjust visits data by 
temperature, NYC daily and monthly climate data were downloaded from the NOAA climate database58 for the 
year of 2018 to 2020. The data included weather information from multiple weather stations throughout the city, 
which were then averaged to represent the citywide mean temperature. The relationship between monthly park 
visits and monthly mean temperature was confirmed using Pearson’s correlation coefficient. Overall, the number 
of park visits was found to be highly positively correlated with temperature (Pearson’s R = 0.78, p < 0.001) for 
the time period from January 2018 to February 2020 (Table S-2), which was prior to the implementation of the 
COVID-19 policies restricting people’s mobility in NYC. Except for jointly operated playgrounds, the relation-
ship holds for all park types.

To adjust park visitation by temperature, we first conducted a paired t-test to compare NYC daily mean 
temperature in each month between 2019 and 2020. The temperature in 5 months was found to be significantly 
different in the two years (Table S-2), indicating the necessity for correction. Later, we built several models using 
the least squares method and the Gaussian Process method to model the relationship between park visits and 
temperature. The best one, a third-degree polynomial model with an R2 value of 0.72, was then used to adjust 
park visits data (Equation S-1 and S-2).

To investigate the impact of socioeconomic factors, the American Community Survey’s annual average per 
capita income data59 at the CBG level for the year 2019 were obtained. We defined the visitor census block group 
(visitor CBG) as the visitor’s home CBG, which was provided by the visitor_home_cbgs column in the monthly 
patterns dataset; and we defined the park census block group (park CBG) as the CBG in which the park was 
located or was the closest to, which was determined using ArcGIS Pro software by attributing the nearest CBG 
to each POI.

The income data were then combined with park visits data based on visitor CBGs and park CBGs, and the 
income groups were determined by the per capita income level of these CBGs, with the three terciles serving as 
the cutoff numbers for lower-, middle- and upper-income levels. For group comparisons, e.g. visits change rate 
between boroughs/park types, visits change rate between income groups for each park type, and travel distance 
between income groups, etc. Tukey’s HSD post-hoc test was used60.

Data availability
The smartphone mobility data that support the findings of this study are acquired from SafeGraph Inc. How-
ever, due to certain restrictions, these data, which were licensed for this specific study, are not openly accessible. 
Nevertheless, the authors can provide the data upon a reasonable request, subject to SafeGraph Inc.’s approval.
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Code availability
The other datasets and code that support this study’s findings can be publicly accessed from the project’s GitHub 
repository: https://​github.​com/​hkzha​o7/​covid​19-​urban-​park-​usage.

Received: 11 July 2023; Accepted: 4 November 2023

References
	 1.	 Wolch, J. R., Byrne, J. & Newell, J. P. Urban green space, public health, and environmental justice: The challenge of making cities 

‘just green enough’. Landsc. Urban Plan. 125, 234–244 (2014).
	 2.	 Sadeghian, M. M. & Vardanyan, Z. The benefits of urban parks, a review of urban research. J. Nov. Appl. Sci. 2, 231–237 (2013).
	 3.	 Konijnendijk, C., van den Bosch, M., Nielsen, A. & Maruthaveeran, S. Benefits of Urban Parks A systematic review—A Report for 

IFPRA (2013).
	 4.	 Larson, L. R., Jennings, V. & Cloutier, S. A. Public parks and wellbeing in urban areas of the United States. PLoS One 11, e0153211 

(2016).
	 5.	 Shanahan, D. F., Fuller, R. A., Bush, R., Lin, B. B. & Gaston, K. J. The health benefits of urban nature: How much do we need?. 

BioScience 65, 476–485 (2015).
	 6.	 Akpinar, A. How is quality of urban green spaces associated with physical activity and health?. Urban For. Urban Green. 16, 76–83 

(2016).
	 7.	 Heiler, G. et al. Country-wide Mobility Changes Observed Using Mobile Phone Data During COVID-19 Pandemic 3123–3132 

(IEEE Computer Society, 2020). https://​doi.​org/​10.​1109/​BigDa​ta500​22.​2020.​93783​74
	 8.	 Munawar, H. S., Khan, S. I., Qadir, Z., Kouzani, A. Z. & Mahmud, M. A. P. Insight into the impact of COVID-19 on Australian 

Transportation Sector: An economic and community-based perspective. Sustainability 13, 1276 (2021).
	 9.	 Gibbs, H. et al. Changing travel patterns in China during the early stages of the COVID-19 pandemic. Nat. Commun. 11, 5012 

(2020).
	10.	 Grima, N. et al. The importance of urban natural areas and urban ecosystem services during the COVID-19 pandemic. PLoS One 

15, e0243344 (2020).
	11.	 Askitas, N., Tatsiramos, K. & Verheyden, B. Estimating worldwide effects of non-pharmaceutical interventions on COVID-19 

incidence and population mobility patterns using a multiple-event study. Sci. Rep. 11, 1972 (2021).
	12.	 Bönisch, S. et al. Effects of coronavirus disease (COVID-19) related contact restrictions in Germany, March to May 2020, on the 

mobility and relation to infection patterns. Front. Public Health 8, 619 (2020).
	13.	 Ugolini, F., Massetti, L., Pearlmutter, D. & Sanesi, G. Usage of urban green space and related feelings of deprivation during the 

COVID-19 lockdown: Lessons learned from an Italian case study. Land Use Policy 105, 105437 (2021).
	14.	 Larson, L. R. et al. Urban park use during the COVID-19 pandemic: Are socially vulnerable communities disproportionately 

impacted?. Front. Sustain. Cities 3, 710243 (2021).
	15.	 Alizadehtazi, B. et al. Urban park usage during the COVID-19 pandemic. J. Extreme Events 07, 2150008 (2020).
	16.	 Alizadehtazi, B. et al. Recruiting, paying, and evaluating the experiences of civic scientists studying urban park usage during the 

beginning of the COVID-19 pandemic. Front. Sustain. Cities 4, 709968 (2022).
	17.	 Volenec, Z. M., Abraham, J. O., Becker, A. D. & Dobson, A. P. Public parks and the pandemic: How park usage has been affected 

by COVID-19 policies. PLoS One 16, e0251799 (2021).
	18.	 Lu, Y., Zhao, J., Wu, X. & Lo, S. M. Escaping to nature during a pandemic: A natural experiment in Asian cities during the COVID-

19 pandemic with big social media data. Sci. Total Environ. 777, 146092 (2021).
	19.	 Park, S., Kim, S., Lee, J. & Heo, B. Evolving norms: Social media data analysis on parks and greenspaces perception changes before 

and after the COVID 19 pandemic using a machine learning approach. Sci. Rep. 12, 13246 (2022).
	20.	 Cui, N., Malleson, N., Houlden, V. & Comber, A. Using social media data to understand the impact of the COVID-19 pandemic 

on urban green space use. Urban For. Urban Green. 74, 127677 (2022).
	21.	 Venter, Z. S., Barton, D. N., Gundersen, V., Figari, H. & Nowell, M. Urban nature in a time of crisis: Recreational use of green space 

increases during the COVID-19 outbreak in Oslo, Norway. Environ. Res. Lett. 15, 104075 (2020).
	22.	 SafeGraph. Privacy Policy. https://​www.​safeg​raph.​com/​priva​cy-​policy (2021).
	23.	 Roy, A. & Kar, B. Characterizing the spread of COVID-19 from human mobility patterns and SocioDemographic indicators. In 

Proceedings of the 3rd ACM SIGSPATIAL International Workshop on Advances in Resilient and Intelligent Cities 39–48 (Association 
for Computing Machinery, 2020). https://​doi.​org/​10.​1145/​34234​55.​34303​03

	24.	 Elarde, J., Kim, J.-S., Kavak, H., Züfle, A. & Anderson, T. Change of human mobility during COVID-19: A United States case study. 
PLoS One 16, e0259031 (2021).

	25.	 Klise, K., Beyeler, W., Finley, P. & Makvandi, M. Analysis of mobility data to build contact networks for COVID-19. PLoS One 16, 
e0249726 (2021).

	26.	 Hou, X. et al. Intracounty modeling of COVID-19 infection with human mobility: Assessing spatial heterogeneity with business 
traffic, age, and race. Proc. Natl. Acad. Sci. 118, e2020524118 (2021).

	27.	 Her, P. H., Saeed, S., Tram, K. H. & Bhatnagar, S. R. Novel mobility index tracks COVID-19 transmission following stay-at-home 
orders. Sci. Rep. 12, 7654 (2022).

	28.	 Honey-Rosés, J. et al. The impact of COVID-19 on public space: An early review of the emerging questions—Design, perceptions 
and inequities. Cities Health, 1–17 (2020).

	29.	 2014 Planimetric Survey—Open Space (Parks). NYC Open Data. https://​data.​cityo​fnewy​ork.​us/​Recre​ation/​2014-​Plani​metric-​
Survey-​Open-​Space-​Parks-/​g84h-​jbjm

	30.	 Fisichelli, N. A., Schuurman, G. W., Monahan, W. B. & Ziesler, P. S. Protected area tourism in a changing climate: Will visitation 
at us national parks warm up or overheat?. PLoS One 10, e0128226 (2015).

	31.	 Hewer, M., Scott, D. & Fenech, A. Seasonal weather sensitivity, temperature thresholds, and climate change impacts for park 
visitation. Tour. Geogr. 18, 297–321 (2016).

	32.	 Gao, S., Zhai, W. & Fu, X. Green space justice amid COVID-19: Unequal access to public green space across American neighbor-
hoods. Front. Public Health 11, 1055720 (2023).

	33.	 Aerts, R., Vanlessen, N. & Honnay, O. Exposure to green spaces may strengthen resilience and support mental health in the face 
of the covid-19 pandemic. BMJ 373, n1601 (2021).

	34.	 Derks, J., Giessen, L. & Winkel, G. COVID-19-induced visitor boom reveals the importance of forests as critical infrastructure. 
For. Policy Econ. 118, 102253 (2020).

	35.	 McKenzie, T. L., Moody, J. S., Carlson, J. A., Lopez, N. V. & Elder, J. P. Neighborhood income matters: Disparities in community 
recreation facilities, amenities, and programs. J. Park Recreat. Adm. 31, 12–22 (2013).

	36.	 Van Dyck, D. et al. Associations of neighborhood characteristics with active park use: An observational study in two cities in the 
USA and Belgium. Int. J. Health Geogr. 12, 26 (2013).

https://github.com/hkzhao7/covid19-urban-park-usage
https://doi.org/10.1109/BigData50022.2020.9378374
https://www.safegraph.com/privacy-policy
https://doi.org/10.1145/3423455.3430303
https://data.cityofnewyork.us/Recreation/2014-Planimetric-Survey-Open-Space-Parks-/g84h-jbjm
https://data.cityofnewyork.us/Recreation/2014-Planimetric-Survey-Open-Space-Parks-/g84h-jbjm


11

Vol.:(0123456789)

Scientific Reports |        (2023) 13:19324  | https://doi.org/10.1038/s41598-023-46745-1

www.nature.com/scientificreports/

	37.	 Cohen, D. A. et al. Neighborhood poverty, park use, and park-based physical activity in a Southern California city. Soc. Sci. Med. 
75, 2317–2325 (2012).

	38.	 Zhang, S. & Zhou, W. Recreational visits to urban parks and factors affecting park visits: Evidence from geotagged social media 
data. Landsc. Urban Plan. 180, 27–35 (2018).

	39.	 Zeng, L. & Liu, C. Exploring factors affecting urban park use from a geospatial perspective: A big data study in Fuzhou, China. 
Int. J. Environ. Res. Public Health 20, 4237 (2023).

	40.	 Assari, S. Parents’ perceived neighborhood safety and children’s internalizing symptoms: Race and socioeconomic status differ-
ences. J. Ment. Health Clin. Psychol. 5, 19–33 (2021).

	41.	 Graif, C., Gladfelter, A. S. & Matthews, S. A. Urban poverty and neighborhood effects on crime: Incorporating spatial and network 
perspectives. Sociol. Compass 8, 1140–1155 (2014).

	42.	 Austin, D. M., Furr, L. A. & Spine, M. The effects of neighborhood conditions on perceptions of safety. J. Crim. Justice 30, 417–427 
(2002).

	43.	 Bogar, S. & Beyer, K. M. Green space, violence, and crime: A systematic review. Trauma Violence Abuse 17, 160–171 (2016).
	44.	 Ugolini, F. et al. Effects of the COVID-19 pandemic on the use and perceptions of urban green space: An international exploratory 

study. Urban For. Urban Green. 56, 126888 (2020).
	45.	 Nwosu, C. O., Kollamparambil, U. & Oyenubi, A. Socio-economic inequalities in ability to work from home during the coronavirus 

pandemic. Econ. Labour Relat. Rev. 33, 290–307 (2022).
	46.	 Bonacini, L., Gallo, G. & Scicchitano, S. Working from home and income inequality: Risks of a ‘new normal’ with COVID-19. J. 

Popul. Econ. 34, 303–360 (2021).
	47.	 Holgersen, H., Jia, Z. & Svenkerud, S. Who and how many can work from home? Evidence from task descriptions. J. Labour Mark. 

Res. 55, 4 (2021).
	48.	 Kim, H., Shoji, Y., Mameno, K., Kubo, T. & Aikoh, T. Changes in visits to green spaces due to the COVID-19 pandemic: Focusing 

on the proportion of repeat visitors and the distances between green spaces and visitors’ places of residences. Urban For. Urban 
Green. 80, 127828 (2023).

	49.	 Zhang, W. et al. Travel changes and equitable access to urban parks in the post COVID-19 pandemic period: Evidence from Wuhan, 
China. J. Environ. Manag. 304, 114217 (2022).

	50.	 Li, Z., Ning, H., Jing, F. & Lessani, M. N. Understanding the bias of mobile location data across spatial scales and over time: A 
comprehensive analysis of SafeGraph Data in the United States. SSRN Scholarly Paper https://​doi.​org/​10.​2139/​ssrn.​43833​33 (2023).

	51.	 Jay, J. et al. Use of smartphone mobility data to analyze city park visits during the COVID-19 pandemic. Landsc. Urban Plan. 228, 
104554 (2022).

	52.	 Chong, E. Simple methods for normalizing SafeGraph patterns data over time. https://​colab.​resea​rch.​google.​com/​drive/​1lTi8​JXfX9​
rh2mn​uFjgY​gKsIc​McDI3​EG_?​usp=​shari​ng#​scrol​lTo=​affec​ted-​mirror (2021).

	53.	 Song, Y., Newman, G., Huang, X. & Ye, X. Factors influencing long-term city park visitations for mid-sized US cities: A big data 
study using smartphone user mobility. Sustain. Cities Soc. 80, 103815 (2022).

	54.	 Zhang, W. & Li, J. A quasi-experimental analysis on the causal effects of COVID-19 on urban park visits: The role of park features 
and the surrounding built environment. Urban For. Urban Green. 82, 127898 (2023).

	55.	 SafeGraph. Places Data Curated for Accurate Geospatial Analytics | SafeGraph. https://​www.​safeg​raph.​com
	56.	 US Census Bureau. TIGER/Line Shapefiles. Census.gov https://​www.​census.​gov/​geogr​aphies/​mappi​ng-​files/​time-​series/​geo/​tiger-​

line-​file.​html
	57.	 Wilkins, E. J., Howe, P. D. & Smith, J. W. Social media reveal ecoregional variation in how weather influences visitor behavior in 

U.S. National Park Service units. Sci. Rep. 11, 2403 (2021).
	58.	 NOAA. Climate Data Online (CDO) | National Climatic Data Center (NCDC). https://​www.​ncei.​noaa.​gov/​cdo-​web/
	59.	 US Census Bureau. American Community Survey (ACS). Census.gov. https://​www.​census.​gov/​progr​ams-​surve​ys/​acs
	60.	 Piepho, H.-P. An algorithm for a letter-based representation of all-pairwise comparisons. J. Comput. Graph. Stat. 13, 456–466 

(2004).

Author contributions
P.J.C. and H.Z. conceived the study. H.Z., B.J.M. and P.J.C. designed the research. H.Z. and E.M.C. acquired the 
data. H.Z. performed the analyses and drafted the manuscript. H.Z., B.J.M. and P.J.C. wrote, read, and revised 
the manuscript. All authors provided critical intellectual contributions into aspects of this study and approved 
the final manuscript.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​023-​46745-1.

Correspondence and requests for materials should be addressed to P.J.C.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2023

https://doi.org/10.2139/ssrn.4383333
https://colab.research.google.com/drive/1lTi8JXfX9rh2mnuFjgYgKsIcMcDI3EG_?usp=sharing#scrollTo=affected-mirror
https://colab.research.google.com/drive/1lTi8JXfX9rh2mnuFjgYgKsIcMcDI3EG_?usp=sharing#scrollTo=affected-mirror
https://www.safegraph.com
https://www.census.gov/geographies/mapping-files/time-series/geo/tiger-line-file.html
https://www.census.gov/geographies/mapping-files/time-series/geo/tiger-line-file.html
https://www.ncei.noaa.gov/cdo-web/
https://www.census.gov/programs-surveys/acs
https://doi.org/10.1038/s41598-023-46745-1
https://doi.org/10.1038/s41598-023-46745-1
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Change of urban park usage as a response to the COVID-19 global pandemic
	Results
	The types of parks chosen for analysis
	Park visits and visitors change rate
	Park visits and visitors change rate by borough
	Park visits and visitors change rate by park type
	Park visitors change rate by both park type and by income level of park CBGs

	Travel distance to the parks
	Change in travel distance by park type
	Change in travel distance by both park type and by income level of visitor CBGs
	Change in travel distance by both park type and by income level of park CBGs


	Discussion
	Change in the number of park visits and visitors
	Change in park visits by NYC residents based on income level of park CBGs
	Change in travel distance to parks for NYC residents
	The importance of nature areas and recreation fieldcourts
	Limitations and avenues for future research

	Data and methods
	References


