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Evaluation and validation 
of reference genes for RT‑qPCR 
gene expression in Naegleria 
gruberi
Tania Martín‑Pérez *, Martina Köhsler  & Julia Walochnik 

Naegleria gruberi is a free-living amoeboflagellate commonly found in freshwater and in soils around 
the world. It is a non-pathogenic relative of Naegleria fowleri, which is the etiologic agent of Primary 
Amoebic Meningoencephalitis (PAM). PAM occurs world-wide and it is considered a rare disease, but 
its fatality rate is high (96%) mainly because of delay in initiation of treatment due to misdiagnosis 
and lack of a specific treatment. The analysis of gene expression by quantitative real-time PCR in N. 
gruberi could be a highly efficient means to understand the pathogenicity of N. fowleri and also to find 
drug targets. Accurate RT-qPCR analysis requires correct normalization of gene expression data using 
reference genes (RG), whose expression should be constant under different experimental conditions. 
In this study, six genes, representing the most frequently used housekeeping genes, were selected 
for evaluation as reference genes in N. gruberi. The expression and stability of these genes was 
evaluated employing four algorithms (geNorm, NormFinder, BestKeeper and RefFinder). This work 
shows significant variations of the stability of RGs depending on the algorithms employed and on the 
experimental conditions (i.e. logarithmic, stationary, heat-shock and oxidative stress). The geNorm, 
NormFinder and RefFinder analysis of all the experimental conditions in combination revealed that 
ACT​ and G6PD were the most stable RGs. While BestKeeper analysis showed that 18S and TBP were 
the most stable RGs. Moreover, normalization of HSP90 gene expression with the most stable RGs 
resulted in an upregulation whereas when the normalization was done with the unstable RGs, the 
gene expression was not reliable. Hence, the implications of this study are relevant to gene expression 
studies in N. gruberi.

Naegleria gruberi is a free-living amoeba of the genus Naegleria, which occurs worldwide in wet soil and bod-
ies of freshwater, such as lakes, ponds, swimming pools, spas and also wastewater sewage1,2. N. gruberi is being 
studied to answer questions on early eukaryotic evolution3. Moreover, N. gruberi is a safe model organism for 
its pathogenic relative N. fowleri4, because of a similar genetic and biochemical repertoire5. N. fowleri is the only 
species in the Naegleria genus known to produce an acute fulminant, necrotizing, and hemorrhagic menin-
goencephalitis called Primary Amoebic Meningoencephalitis (PAM). PAM is considered a rare disease that is 
underreported6,7. In the past years, an increase in the number of reported cases has been observed, mostly due 
to raised awareness of the disease and better diagnostic tools. PAM has a very high fatality rate, around 96%, and 
most cases occur in healthy children following recreational water activities6. Recently, cases related to the ablu-
tion rituals practiced by Muslims have been described, especially when cleansing the nose using so-called neti 
pots8. The main reason for the high fatality rate is delayed diagnosis, leading to delayed initiation of treatment. In 
addition, there is a lack of specific treatment related to many biological mechanisms of Naegleria being unknown, 
such as the factors that contribute to its pathogenicity, the components of the redox chain, and its mechanism to 
transform into cysts or to the flagellar form9. To understand all these mechanisms, it is necessary to evaluate the 
expression of the respective genes, with real-time quantitative reverse transcription polymerase chain reaction 
(RT-qPCR) being the method of choice for the quantification of mRNA10. The RT-qPCR is a powerful and accu-
rate tool that can provide reliable and reproducible results, but it is important to select a robust normalization 
approach. The most common and simple method for normalizing the mRNA levels of a target gene is comparing 
them with reference genes (RGs), whose expression levels are constant under different experimental conditions11. 
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Nevertheless, several studies have highlighted there is no single gene that fulfills the criteria required from a 
universal RG because its expression stability varies depending on the conditions or the type of cell12,13. Classic 
RGs or housekeeping genes (for example β-actin, glyceraldehyde-3-phosphate dehydrogenase, 18S ribosomal RNA) 
have been used as references in Northern blots, RNase protection assays, and conventional RT-PCR assays14. 
It has been proven that the expression levels of these classic RGs can vary greatly and, in some experimental 
conditions, are invalid for normalization and could lead to biased findings11. As far as we know, in the numerous 
studies that have investigated changes in gene expression in the genus Naegleria, none have demonstrated the 
stability, suitability, and reliability of RGs for qRT-PCR standardization15–18.

This research assesses the stability of potential RGs for normalizing gene expression in N. gruberi using 
RT-qPCR across diverse conditions. The 18S rRNA gene (18S), actin (ACT​), glucose-6-phosphate dehydroge-
nase (G6PD), glycerol-3-phospahte dehydrogenase (GAPDH), hypoxanthine–guanine phosphoribosyltransferase 
(HPRT), and TATA-binding-protein (TBP) genes were evaluated under different experimental conditions, such 
as heat-shock and exposure to hydrogen peroxide. The RGs were analyzed using four algorithms: geNorm19, 
NormFinder20, BestKeeper21 and RefFinder22.

Results
Primer specificity and the amplification efficiency
Each primer set of RGs produced a single amplicon in agarose gel electrophoresis (Supplementary Fig. S1). The 
amplification efficiency and R2 of the RT-qPCR assays of RGs were calculated with the slope of the standard 
curve. The amplification efficiency ranged from 95 to 122%. The primers of each RG with the best amplification 
efficiency were selected for further analysis (Table 1). The amplification efficiency and coefficients of determina-
tion (R2) of the primer set selected ranged from 95 to 105% and 0.948 to 0.999, respectively.

Quantification cycle (Cq) values and the expression profiles of the six RGs
RT-qPCR assays were performed with the selected primers for the six candidate RGs using RNA as a template 
extracted from different N. gruberi growth-phase conditions (logarithmic and stationary) and under stressful 
conditions (heat-shock and oxidative stress). Based on the Cq values obtained from RT-qPCR (Supplementary 
Table S1), the efficiency correction (CqE) was calculated and is displayed in a box diagram (Fig. 1 and Supple-
mentary Table S2). The average Cq values of the RGs ranged from 5.98 to 26.23 and 4.12 to 24.95 for growth stages 
and stressful conditions, respectively. The results reveal that GAPDH had the smallest variation, followed by TBP, 
whereas ACT​ had the largest variation for different growth phases. In stress conditions, the smallest variation 
was observed in ACT​, followed by 18S, whereas HPRT displayed the largest variation. Regardless of expression 
levels, 18S was the gene with the highest expression (lower CqE value), and ACT​ was the least expressed (higher 
CqE value) in both experimental conditions.

Stability of the candidate RGs
Four algorithms were used to calculate the expression stability of RGs under different experimental conditions 
(i.e., logarithmic, stationary, heat-shock, and oxidative stress). The outcomes of all the analyses revealed the 
rankings of the RGs varied depending on the conditions tested (Table 2, Supplementary Table S3). Across all 
conditions combined (Fig. 2), ACT​ and G6PD were ranked equally as most stable, with geNorm and NormFinder. 
In the RefFinder analysis, ACT​ and G6PD were also the most stable RGs, but ACT​ ranked first. However, the 
analysis with BestKeeper was remarkably different; 18S and TBP were the most stable RGs.

In addition, geNorm software was used to determine the optimal number of RGs needed for RT-qPCR 
standardization by calculating the paired variation value Vn/Vn + 1 (n represents the reference gene number). 
The results reveal the Vn/Vn + 1 values of all the conditions studied were all lower than 0.15 (Fig. 3), suggest-
ing two RGs were sufficient to complete the RT-qPCR normalization in N. gruberi under these test conditions.

Stability of the candidate RGs in different growth stages
The analysis of N. gruberi cells at different growth phases (LOG and STAT in combination) revealed the results 
obtained with the different algorithms were more inconsistent compared with the results obtained when all 
conditions were analyzed. The genes G6PD and GAPDH, HPRT and G6PD, 18S and GAPDH, and HPRT and 
G6PD were the two most stable RGs when the analysis was conducted with geNorm, NormFinder, BestKeeper, 
and RefFinder, respectively (Table 2, Supplementary Table S3).

The analysis of RG stability in trophozoites in LOG phase revealed that NormFinder, BestKeeper, and Ref-
Finder matched for the most stable gene (TBP), whereas the most stable genes obtained with geNorm (18S and 
GAPDH) did not match any of the previous programs. When the analysis was conducted in STAT trophozoites, 
geNorm, NormFinder, and RefFinder concurred regarding the most stable genes (18S/GAPDH), whereas the 
results of BestKeeper only agreed in one of the genes (18S), and the other most stable gene was G6PD, which the 
other algorithms ranked as less stable (Table 2, Supplementary Table S3).

Stability of the candidate RGs under stress conditions
The stability of the RGs under stress conditions (heat-shock and oxidative stress combined) differed depending 
on the software employed. When geNorm was used, 18S and ACT​ genes were the most stable, whereas with 
NormFinder, GAPDH and G6PD were the most stable, and the analysis with BestKeeper revealed that G6PD 
and 18S were the most stable. Finally, the overall ranking according by RefFinder was that ACT​ and, as in the 
two previous cases, G6PD were the most stable RGs (Table 2, Supplementary Table S3).

The most stable genes in heat-shocked trophozoites were common in geNorm, NormFinder, and RefFinder 
(TBP/G6PD), but again, BestKeeper agreed only regarding the stability of one of the genes (TBP), whereas the 
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most stable gene (GAPDH) was considered less stable by the other three programs. When the analysis was con-
ducted with trophozoites under oxidative stress conditions, the RGs were ranked differently in each algorithm: 
ACT​ and HPRT, G6PD and TBP, 18S and G6PD, ACT​ and G6PD, when geNorm, NormFinder, BestKeeper, and 
RefFinder were respectively used. As in most of the cases studied, the results according to geNorm, NormFinder, 
and RefFinder were the same for the most and least stable RGs (Table 2, Supplementary Table S3).

The least stable RG results varied for most conditions studied but were identical for stationary cells and 
heat-shock-treated cells in HPRT. Furthermore, when only one condition was analyzed with the four different 
algorithms, it revealed that geNorm, NormFinder, and RefFinder had the same ranking for the least stable genes, 
except when all the conditions were combined. Therefore, the results of BestKeeper were not used for validation.

Table 1.   Primer details and parameters derived from a tenfold standard curve of the six references genes and 
target gene. Underlined primers were chosen for further analysis.

Primer Primer sequence (5’–3’) Amplicon length (bp) Average Tm (°C)
Amplification efficiency 
(%) Slope

Correlation coefficient 
(R2) GenBank accession no

18S (1)
F: GCC​TGA​GAA​ATC​
GCT​ACC​AC
R: CAG​AAG​ACA​ATA​
CCT​CCC​CAC​

125 60.1 94.80 − 3.50 0.949

M18732.1

18S (2)
F: ATA​ACG​AAC​GAG​
ACC​TAA​GCC​
R: TCC​GAC​AAA​CTA​
ACC​CTT​CCC​

70 62.5 95.96 − 3.43 0.948

ACT (1)
F: CCT​CGT​GCT​GTT​
TTC​CCA​TC
R: GCT​TCA​TCT​CCG​
ACA​TAG​GC

95 57.2 105.95 − 3.19 0.998

XM_002672078.1

ACT (2)
F: TGG​AAT​GGA​AGC​
TGC​TGG​TA
R: GGT​TGT​ACC​GCC​
TGA​AAG​TA

111 56.8 122.60 − 2.88 0.976

G6PD (1)
F: GTT​CAA​CCA​GAG​
CCA​TAT​CC
R: TGC​TTG​CTA​CTA​
AAC​CAT​AACG​

84 56.9 102.94 − 3.26 0.991

XM_002681275.1

G6PD (2)
F: GGG​AGT​TGA​AGG​
AAG​AGG​TG
R: GTT​CCA​TAG​CAA​
TGA​GAG​CC

101 55.0 101.50 − 3.29 0.999

GAPDH (1)
F: TGT​CCA​CGC​TGT​
TAC​TGC​TA
R: ATT​GTA​ACC​AGC​
AGC​ACG​AC

84 56.9 96.78 − 3.44 0.986

XM_002669943.1

GAPDH (2)
F: TGG​TCG​TGA​AAT​
CCA​CGT​TT
R: TAG​CAC​CAC​CCT​
TCA​AGT​GC

140 59.2 101.34 − 3.29 0.999

HPRT (1)
F: CTT​GTG​TCT​TGT​
TGA​CTG​CCC​
R: CCA​AAC​CGT​ATC​
CAA​CAA​CGA​

107 60.7 117.45 − 2.97 0.976

XM_002673756.1

HPRT (2)
F: CGT​GTC​AAG​GAA​
TTG​GCT​CA
R: ACC​CTT​CAA​AAC​
TGG​AAC​CA

93 57.0 104.44 − 3.23 0.998

TBP (1)
F: ACG​GTA​AAT​CTT​
GCT​TGC​GA
R: ACG​CAT​AAT​CAC​
AGC​AGC​AA

98 55.8 105.11 − 3.21 0.999

XM_002679885.1

TBP (2)
F: GAC​ACC​AGT​GCC​
AGG​TAC​AC
R: GAA​GAG​GTG​TTG​
ATG​TCG​GC

101 58.4 99.44 − 3.35 0.998

Target gene

HSP90 (1)
F: TCT​AAT​AGA​CTC​
TCC​TCT​GCAC​
R: TTC​ATC​ATC​CAA​
TCC​ATA​CCAC​

127 57.1 100.54 − 3.31 0.997

XM_002682845.1

HSP90 (2)
F: AAT​AGA​CTC​TCC​
TCT​GCA​CC
R: TTC​ATC​ATC​CAA​
TCC​ATA​CCAC​

124 55.1 97.05 − 3.40 0.999
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Validation of the RGs by RT‑qPCR
The relative HSP90 expression of N. gruberi was studied after 1 h of heat-shock treatment. Untreated N. gruberi 
cells were used as controls. The relative expression was calculated based on normalization with different RGs 
for validation. The two most stable RGs, ACT​/G6PD (all conditions in combination) and G6PD/TBP (after heat-
shock), were selected for normalization and were also the most stable RGs under stress conditions. These RGs 
were different depending on the software used—18S/ACT​ (geNorm), G6PD/GAPDH (NormFinder), and ACT​
/G6PD (RefFinder). Moreover, the least stable RGs were employed for normalization, which were GAPDH and 
TBP when all conditions were analyzed in combination, HPRT under heat-shock, and TBP under the combina-
tion of stressful conditions. Although HSP90 relative expression patterns had a similar tendency, which was an 
increase in expression after the cells were exposed to heat-shock (Fig. 4, Supplementary Tables S5 and S6), nor-
malization with different RGs led to considerable dissimilarities. HSP90 expression normalized with ACT​/G6PD 
in combination and alone (Fig. 4a,b) was similar to each other, and no statistical differences were observed. The 
relative HSP90 expression was slightly lower if it was normalized with 18S/ACT, the most stable RGs according 
to geNorm under stressful conditions in combination (Fig. 4b), and G6PD/TBP, the most stable RGs in agree-
ment with geNorm, NormFinder, and RefFinder following heat-shock treatment (Fig. 4c). TBP was considered 
the least stable RG under all the conditions in combination, displaying low HSP90 RG expression, so it makes 
sense the relative expression of HSP90 expression was also lower when normalized with G6PD/TBP, leading 
to an inaccurate HSP90 relative expression. However, when GAPDH also ranked as one of the least stable RGs 
under all conditions combined, the relative expression of HSP90 was significantly higher.

Hence, for an appropriate normalization of HSP90 expression following heat-shock treatment, the use of the 
combination of ACT​/G6PD, which was suggested by geNorm, NormFinder, and RefFinder as the ideal pair of 
RGs for N. gruberi under all conditions, was the best option.

Discussion and conclusion
In this study, the stability of different genes was analyzed to determine their appropriateness as RGs for the 
normalization of gene expression RT-qPCR experiments in N. gruberi under different conditions. Choosing the 
most stable RG to normalize RT-qPCR data is crucial for obtaining the accurate quantification of gene expression 
and preventing bias by variations that can be introduced from RNA extractions, cDNA synthesis, PCR protocol, 
and sample loadings11,13. In the last decades, genes known as housekeeping genes were broadly used as internal 
controls for the normalization of RNA levels for Northern blotting, RNAse protection, and RT-qPCR analyses 
because it was assumed these genes are constitutively expressed and regulated, but no studies have evaluated the 
stability of expression of these genes under various experimental conditions11,23. Moreover, the expression levels 
of these housekeeping genes vary depending on the conditions and tissues expressed24–28. Therefore, it is difficult 
to select a perfect RG that would be consistently expressed in all tissues and cell types without being influenced 
by internal or external factors. As a result, recent studies have attempted to determine the stability of RGs under 
various conditions for several species29–32.

However, to date, very few gene expression studies have been conducted for the genus Naegleria. In these 
studies, various genes were used as an internal control, such as β-actin17, α-actin15, and glyceraldehyde 3-phosphate 
dehydrogenase16,18,33. However, the stability of these genes in the Naegleria genus under different conditions is 
unknown. Interestingly, in this study, the GAPDH gene depended on the conditions and algorithm and was not 
always the most promising choice. Given the lack of a study analyzing the stability of the most commonly used 
RGs in the genus Naegleria, we analyzed these genes in N. gruberi as it is a nonpathogenic relative of the brain-
eating amoeba. The genes analyzed in this study included those for 18S, ACT​, G6PD, GAPDH, HPRT, and TBP. 
This study employed the four widely used programs geNorm19, NormFinder20, BestKeeper21 and RefFinder22 on 

Figure 1.   Box plot of mean Cq values after efficiency correction (CqE) of the RGs from two experimental 
conditions. (a) Different growth stage (LOG and STAT). (b) Stressful conditions (HS and OS). The average 
(horizontal line), upper and lower quartiles (box), and maximum and minimum values (whisker) of each RG are 
shown.
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N. gruberi trophozites under different conditions. Additionally, the geNorm19 algorithm enabled the determina-
tion of the number of RGs required for the normalization of gene expression, which in all the conditions inves-
tigated for this study was two (Fig. 3). As mentioned in several studies, for accurate and trustworthy results, two 
or more RGs are needed19. Moreover, our findings agree with those found in the genus Acanthamoeba, another 
free-living amoeba, for which geNorm analysis similarly recommended the use of two RGs34 and with the results 
from other protozoan parasites, such as Trichomonas vaginalis35 and Trypanosoma brucei36.

The results of this study revealed slight variances among the four programs (Table 2), as reported previ-
ously, and these are understandable since each software employs a different algorithm to determine the gene 
stability32,37–39. Moreover, differences in gene stability under the different conditions tested were observed, which 
were also found in other protozoan parasites26,34–36. Therefore, the analysis was also conducted after combining 
the findings from all the conditions confirming that geNorm, NormFinder, and RefFinder concur regarding 

Table 2.   Ranking of RGs for all conditions of N. gruberi cultures based on geNorm, NormFinder, BestKeeper 
and RefFinder. AC All conditions combined, GP Growth phases: LOG + STAT, SC Stress conditions: HS + OS, 
LOG Logarithmic phase, STAT​ Stationary phase, HS Heat shock, OS Oxidative stress.

Rank geNorm NormFinder BestKeeper RefFinder

AC

1 ACT/G6PD ACT/G6PD 18S ACT​

2 TBP G6PD

3 HPRT HPRT G6PD HPRT

4 18S 18S HPRT GAPDH

5 TBP GAPDH ACT​ 18S

6 GAPDH TBP GAPDH TBP

GP

1 G6PD/GAPDH HPRT 18S HPRT

2 G6PD GAPDH G6PD

3 ACT​ TBP TBP GAPDH

4 HPRT GAPDH G6PD ACT​

5 TBP ACT​ HPRT TBP

6 18S 18S ACT​ 18S

SC

1 18S/ACT​ GAPDH G6PD ACT​

2 G6PD 18S G6PD

3 G6PD ACT​ GAPDH 18S

4 HPRT 18S HPRT GAPDH

5 GAPDH HPRT TBP HPRT

6 TBP TBP ACT​ TBP

LOG

1 18S/GAPDH G6PD/TBP TBP TBP

2 ACT​ G6PD

3 TBP HPRT 18S GAPDH

4 G6PD GAPDH GAPDH 18S

5 HPRT 18S G6PD HPRT

6 ACT​ ACT​ HPRT ACT​

STAT​

1 18S/GAPDH 18S/GAPDH G6PD GAPDH

2 18S 18S

3 TBP TBP TBP TBP

4 ACT​ ACT​ HPRT ACT​

5 G6PD G6PD GAPDH G6PD

6 HPRT HPRT ACT​ HPRT

HS

1 TBP/G6PD TBP GAPDH TBP

2 G6PD TBP G6PD

3 GAPDH ACT/GAPDH G6PD 18S

4 18S 18S ACT​

5 ACT​ 18S HPRT GAPDH

6 HPRT HPRT ACT​ HPRT

OS

1 ACT/HPRT G6PD 18S ACT/G6PD

2 TBP G6PD

3 G6PD ACT​ TBP HPRT

4 18S 18S HPRT TBP

5 TBP HPRT GAPDH 18S

6 GAPDH GAPDH ACT​ GAPDH
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the most stable genes (ACT​/G6PD), whereas BestKeeper once more provided a completely different outcome 
(Table 2). Studies on different organisms have revealed that geNorm, NormFinder, and RefFinder provide similar 
results, whereas BestKeeper produces a different ranking of gene stability34,40,41. This difference can be partially 
explained since BestKeeper uses raw Ct values as input21, whereas relative quantity (RQ) values are used by 
geNorm19 and NormFinder20.

To validate that ACT​ and G6PD can be used as RGs in all the conditions studied in this work, the expression 
of HSP90 in N. gruberi trophozoites following 1 h of heat-shock was analyzed, as the expression of this protein is 
high under heat-shock conditions34,42–44 and the relative gene expression obtained when it was normalized with 
ACT​/G6PD was compared with the one obtained when normalized with TBP/G6PD (the most stable genes under 
heat-shock conditions). Our findings demonstrate that fold change values for relative gene expression normal-
ized with ACT​/G6PD are comparable to those normalized with TBP/G6PD (no statistical difference). Actin is the 
most abundant protein in many eukaryotic cells and is crucial for a wide variety of cellular processes, including 
cell division, migration, transcriptional regulation, and cell shape regulation, among many others45,46. Therefore, 
ACT​ is widely used as an internal control. This RG revealed greater or lesser expression stability depending on 
the organism and conditions under study47. For instance, the gene is stable in the protozoan human pathogen 
T. vaginalis under nutrient restriction35 or in the agricultural pest Diabrotica undecimpunctata howardi29, but it 
is not stable in hepatic fibrosis caused by Schistosoma japonicum48 or in the Siberian giant trout Hucho taimen 
under heat stress39. The enzyme glucose-6-phosphate dehydrogenase is an important enzyme in all species, from 
bacteria to mammals, and its metabolic function is to catalyze the first step in the pentose phosphate pathway 
and to provide the NADPH needed in various biosynthetic and detoxification reactions49–51. Similar to ACT​, 
G6PD is used as an internal control, and its expression varies depending on the organism and condition34,52,53. 
This work, therefore, reaffirms the importance of analyzing the expression stability of RGs on a case-by-case basis.

Figure 2.   Expression stability of RGs for the normalization of all conditions in N. gruberi cells calculated by 
different algorithms. (a) geNorm expression stability M. (b) NormFinder stability values, the line indicates the 
NormFinder cut-off value of 0.15. (c) BestKeeper coefficient of correlation. (d) RefFinder geomean of ranking 
values.
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The use of N. gruberi as a safer model of its pathogenic relative N. fowleri has been widely established4,5. How-
ever, since it is not pathogenic, there are biological aspects that cannot be compared between the two species. 
Nevertheless, the similarity between their genomes is sufficient to make correlations in gene expression studies. 
Therefore, when conducting gene expression studies in N. fowleri, instead of assessing the stability of a wide 
variety of RGs, the stability of only ACT​ and G6PD could be studied and verified regarding stability.

In conclusion, ACT​ and G6PD are proposed as reliable RGs for accurate gene expression in N. gruberi, as these 
displayed the best stability when ranked by the different algorithms and under different conditions. Due to the 
differences in the stability of the RGs in the different conditions studied, it is advisable to review the stability of 
these genes in other experimental conditions. Moreover, this research revealed that a reliable normalization of 
gene expression should be conducted with at least two RGs.

Figure 3.   Pairwise variation calculated by geNorm software for N. gruberi cultured at different conditions. Vn/
Vn + 1 values were used to determine the optimal number of RGs (with threshold value: 0.15). AC: all conditions 
combined. GP: growth phases: LOG + STAT. SC: stress conditions: HS + OS. LOG: logarithmic phase. STAT: 
stationary phase. HS: heat shock. OS: oxidative stress.

Figure 4.   Relative expression of HSP90 of N. gruberi after 1 h heat-shock was compared with the relative 
expression of HSP90 of N. gruberi control. Normalization with the two most and the least stable RGs. (a) Based 
on results of the analysis of all conditions combined (AC) normalized with the two most stable RGs (ACT/
G6PD). (b) Based on the analysis of stress conditions (SC) normalized with the two most stable RGs (18S/ACT​
, G6PD/GAPDH or ACT/G6PD). (c) Based on the analysis of heat-shock conditions (HS) normalized with 
the two most stable RGs (G6PD/TBP). p-values are marked with asterisks (*p < 0.05, **p < 0.01, ***p < 0.001, 
****p < 0.0001).
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Materials and methods
Biological samples and experimental conditions
N. gruberi NEG-M ATCC 30224 was used as nonpathogenic counterpart for N. fowleri5. It was cultured at 25 °C 
in M7 media54 in 75 cm2 tissue culture flasks with weekly medium changes. Initial experiments were conducted 
with amoebae in the logarithmic growth phase (LOG cells) and in the stationary growth phase (STAT cells). For 
logarithmic and stationary cells, 10 ml of amoebae-containing medium from the culture flasks was transferred 
into fresh flasks and topped up with fresh medium to 20 ml and grown for another 4 days and 14 days, respec-
tively, before harvesting. N. gruberi culture in the logarithmic phase was exposed to heat-shock (HS) and oxida-
tive stress (OS). To generate HS cells, growth temperature was shifted for 1 h from 25 to 37 °C, and to generate 
oxidative stress cells, the cultures were exposed to 250 µM hydrogen peroxide (H2O2) for 6 h prior to harvesting 
the cells for RNA isolation. For all the preparations, the flasks were on ice for 10 min to detach the trophozoites, 
then the amoebae were counted using a Fuchs-Rosenthal counting chamber.

Selecting the RGs and PCR efficiency study
After referring to general recommendations from other publications34–36 and sequences, we chose six candidate 
RGs for the primer design. The genes selected were the 18S, ACT​, G6PD, GAPDH, HPRT, and TBP. Two pairs 
of primers non-exon-spanning for each RG were designed using Primer355and were synthesized by Eurofins. 
The primers were initially tested in conventional PCR using genomic DNA and checked in a 1% agarose gel. 
Then, using RT-qPCR, standard curves were generated with five points of tenfold serial dilutions of RNA to 
calculate the primer efficiency (E) and the correlation coefficients (R2). Efficiency was calculated according to 
the formula E = (10−1/slope − 1)*100. The primer pair with the best efficiency in RT-qPCR was selected for further 
experiments (Table 1).

RNA extraction and quantitative real‑time PCR (RT‑qPCR)
Total RNA was isolated from 3 × 106 amoeba using the GeneJET RNA Purification Kit (Thermo Scientific # 
K0732) following the manufacturer’s protocol. The concentration and purity of RNA were measured using a 
NanoDrop ND1000 spectrophotometer (NanoDrop Technologies). All the RNA samples were diluted to 10 ng/
µl using nuclease-free water and stored at − 80 °C until use.

RT-qPCR was performed in a CFX96 thermocycler (Bio-Rad) using the Luna® Universal One-Step RT-qPCR 
Kit, which is optimized for the dye-based real-time quantitation of target RNA sequences via the SYBR®/FAM 
fluorescence channel (New England BioLabs® Inc., E3005L). The reaction mixture (20 µl per reaction) contained 
10 µl of Luna Universal One-Step Reaction Mix 2x, 1 µl of Luna WarmStart® RT Enzyme Mix 20x, 400 nM of 
each primer, and 50 ng of RNA (5 µl of 10 ng/µl). The RT-qPCR profile included a reverse transcription step at 
55 °C for 10 min, an initial denaturation step at 95 °C for 1 min, followed by 40 cycles of denaturation at 95 °C 
for 10 s, and extension at 60 °C for 60 s. A melting curve was performed at the end of the run by stepwise (0.5 °C 
per 5 s) increasing the temperature from 60 to 95 °C. All the experiments were conducted in three technical and 
three biological replicates.

Expression stability analysis of the candidate RGs
The expression stabilities of the RGs in LOG, STAT, HS, and OS cells were individually assessed, and the com-
bination of all these conditions was determined using geNorm19, NormFinder20 and BestKeeper21, which are 
Microsoft Excel tools, as well as RefFinder22, which is a web-based tool. For the geNorm and NormFinder analy-
ses, the raw Cq values were transformed in the RQ using the following formula: RQ = E(Cq min−Cq sample), in which 
E is the primer efficiency, and Cq min is the lowest Cq value across the sample pool (Supplementary Table S4). 
Raw Cq values were used directly for BestKeeper and RefFinder. The geNorm program selects the most stable 
RG by calculating the average expression stability (M-value) of each RG19. NormFinder calculates the standard 
deviation for each gene and compares it with the expression of the other genes. The gene with the lowest variation 
between intra- and intergroup comparisons is then considered the most stable20. BestKeeper reveals stability 
based on the Pearson coefficient of correlation (r) and standard deviation (SD)21. Finally, RefFinder generates a 
comprehensive ranking by calculating the geometric mean of each RG in the above three methods and delta-Ct 
method, in which the smaller the ranking, the more stable the RG22.

Pair-wise variation (V) was calculated with geNorm to identify the optimal number of RGs required for an 
accurate normalization for the conditions tested. In this context, the cut-off V value is 0.15, below which the 
addition of another internal control gene does not result in a significant improvement in normalization.

Validation of the RG expression
The relative gene expression of the target gene HSP90 was analyzed using the Pfaffl method56, employing all the 
RGs separately for normalization. Additionally, based on pair-wise variation, expression patterns of the target 
gene were normalized with the two most stable RGs using the Vandesompele method19. The relative change of 
expression upon normalization was compared with the calculated RQ of the target gene based on the formula 
RQ = E−ΔCq by comparing the Cq values of LOG cells with the HS cells. This calculation was based on each RT-
qPCR having the same amount of RNA.

Statistical analysis
Statistical analysis was performed with GraphPad Prism 8 (GraphPad Software Inc., USA). To determine statisti-
cal significance among investigated groups, one-way analysis of variance (ANOVA) was performed. Statistical 
difference was considered when p < 0.05.
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Data availability
All data generated or analyzed during this study are included in this published article [and its supplementary 
information files].

Received: 26 May 2023; Accepted: 29 September 2023

References
	 1.	 Heggie, T. W. Swimming with death: Naegleria fowleri infections in recreational waters. Travel Med. Infect. Dis. 8, 201–206 (2010).
	 2.	 Grace, E., Asbill, S. & Virga, K. Naegleria fowleri: Pathogenesis, diagnosis, and treatment options. Antimicrob. Agents Chemother. 

59, 6677–6681 (2015).
	 3.	 Velle, K. B. et al. Naegleria’s mitotic spindles are built from unique tubulins and highlight core spindle features. Curr. Biol. 32, 

1247-1261.e6 (2022).
	 4.	 Mach, J. et al. Iron economy in Naegleria gruberi reflects its metabolic flexibility. Int. J. Parasitol. 48, 719–727 (2018).
	 5.	 Herman, E. K. et al. Genomics and transcriptomics yields a system-level view of the biology of the pathogen Naegleria fowleri. 

BMC Biol. 19, 1–18 (2021).
	 6.	 Gharpure, R. et al. Epidemiology and clinical characteristics of primary amebic meningoencephalitis caused by Naegleria fowleri: 

a global review. Clin. Infect. Dis. 73, E19–E27 (2021).
	 7.	 Maciver, S. K., Piñero, J. E. & Lorenzo-Morales, J. Is Naegleria fowleri an emerging parasite?. Trends Parasitol. 36, 19–28 (2020).
	 8.	 Siddiqui, R. & Khan, N. A. Primary amoebic meningoencephalitis caused by Naegleria fowleri: An old enemy presenting new 

challenges. PLoS Negl. Trop. Dis. 8, e3017 (2014).
	 9.	 Rodriguez-Anaya, L. Z., Félix-Sastré, Á. J., Lares-Villa, F., Lares-Jiménez, L. F. & Gonzalez-Galaviz, J. R. Application of the omics 

sciences to the study of Naegleria fowleri, Acanthamoeba spp., and Balamuthia mandrillaris: Current status and future projections. 
Parasite 28, 36. https://​doi.​org/​10.​1051/​paras​ite/​20210​33 PMID: 33843581; PMCID: PMC8040595 (2021).

	10.	 Nolan, T., Hands, R. E. & Bustin, S. A. Quantification of mRNA using real-time RT-PCR. Nat. Protoc. 1, 1559–1582 (2006).
	11.	 Bustin, S. A. & Nolan, T. Pitfalls of quantitative real-time reverse-transcription polymerase chain reaction. J. Biomol. Tech. JBT 

15(3), 155 (2004).
	12.	 Bustin, S. A., Benes, V., Nolan, T. & Pfaffl, M. W. Quantitative real-time RT-PCR - a perspective. J. Mol. Endocrinol. 34, 597–601 

(2005).
	13.	 Huggett, J., Dheda, K., Bustin, S. & Zumla, A. Real-time RT-PCR normalisation; strategies and considerations. Genes Immun. 6, 

279–284 (2005).
	14.	 Suzuki, T., Higgins, P. J. & Crawford, D. R. Control selection for RNA quantitation. Biotechniques. 29(2), 332–337 (2000).
	15.	 Tiewcharoen, S. et al. Differentially expressed genes of Naegleria fowleri during exposure to human neuroblastma cells. Asian 

Biomed. 6, 909–915 (2012).
	16.	 Thaí, T. L. et al. Fowlerstefin, a cysteine protease inhibitor of Naegleria fowleri, induces inflammatory responses in BV-2 microglial 

cells in vitro. Parasit. Vectors 13, 1–15 (2020).
	17.	 Grechnikova, M., Ženíšková, K., Malych, R., Mach, J. & Sutak, R. Copper detoxification machinery of the brain-eating amoeba 

Naegleria fowleri involves copper-translocating ATPase and the antioxidant system. Int. J. Parasitol. Drugs Drug Resist. 14, 126–135 
(2020).

	18.	 Lê, H. G. et al. A novel cysteine protease inhibitor of Naegleria fowleri that is specifically expressed during encystation and at 
mature cysts. Pathogens 10, 388 (2021).

	19.	 Vandesompele, J. et al. Accurate normalization of real-time quantitative RT-PCR data by geometric averaging of multiple internal 
control genes. Genome Biol. 3(7), 1–12 (2002).

	20.	 Andersen, C. L., Jensen, J. L. & Falck Ørntoft, T. Normalization of real-time quantitative reverse transcription-pcr data: A model-
based variance estimation approach to identify genes suited for normalization, applied to bladder and colon cancer data sets. 
Cancer Res. 64, 5245–5250 (2004).

	21.	 Pfaffl, M. W., Tichopad, A., Prgomet, C. & Neuvians, T. P. Determination of stable housekeeping genes, differentially regulated 
target genes and sample integrity: BestKeeper-Excel-based tool using pair-wise correlations. Biotechnol. Lett. 26, 509–515 (2004).

	22.	 Xie, F., Xiao, P., Chen, D., Xu, L. & Zhang, B. miRDeepFinder: A miRNA analysis tool for deep sequencing of plant small RNAs. 
Plant Mol. Biol. 80, 75–84 (2012).

	23.	 Thellin, O. et al. Housekeeping genes as internal standards: Use and limits. J. Biotechnol. 75, 291–295 (1999).
	24.	 Rubie, C. et al. Housekeeping gene variability in normal and cancerous colorectal, pancreatic, esophageal, gastric and hepatic 

tissues. Mol. Cell. Probes 19, 101–109 (2005).
	25.	 Gutierrez, L. et al. The lack of a systematic validation of reference genes: A serious pitfall undervalued in reverse transcription-

polymerase chain reaction (RT-PCR) analysis in plants. Plant Biotechnol. J. 6, 609–618 (2008).
	26.	 Marcial-Quino, J. et al. Validation of housekeeping genes as an internal control for gene expression studies in Giardia lamblia using 

quantitative real-time PCR. Gene 581, 21–30 (2016).
	27.	 Hu, Y. et al. Validation and evaluation of reference genes for quantitative real-time PCR in Macrobrachium nipponense. Int. J. Mol. 

Sci. 19, 2258 (2018).
	28.	 Lee, Y. M. et al. Validation of reference genes for quantitative real-time PCR in chemical exposed and at different age’s brackish 

water flea Diaphanosoma celebensis. Sci. Rep. 11, 23691 (2021).
	29.	 Basu, S. et al. Evaluation of reference genes for real-time quantitative PCR analysis in southern corn rootworm, Diabrotica undec-

impunctata howardi (Barber). Sci. Rep. 9, 10703 (2019).
	30.	 Friedrichs, V., Balkema-Buschmann, A., Dorhoi, A. & Pei, G. Selection and stability validation of reference gene candidates for 

transcriptional analysis in Rousettus aegyptiacus. Sci. Rep. 11, 21662 (2021).
	31.	 Guo, Y. Q., Yang, Y., Chai, Y., Gao, L. L. & Ma, R. Identification and evaluation of reference genes for quantitative pcr normalization 

in alligator weed flea beetle (Coleoptera: Chrysomelidae). J. Insect Sci. 21, 9 (2021).
	32.	 Ogonowska, P. & Nakonieczna, J. Validation of stable reference genes in Staphylococcus aureus to study gene expression under 

photodynamic treatment: A case study of SEB virulence factor analysis. Sci. Rep. 10, 16354 (2020).
	33.	 Cervantes-Sandoval, I., de Serrano-Luna, J., García-Latorre, E., Tsutsumi, V. & Shibayama, M. Mucins in the host defence against 

Naegleria fowleri and mucinolytic activity as a possible means of evasion. Microbiology 154, 3895–3904 (2008).
	34.	 Köhsler, M., Leitsch, D., Müller, N. & Walochnik, J. Validation of reference genes for the normalization of RT-qPCR gene expres-

sion in Acanthamoeba spp. Sci. Rep. 10, 10362 (2020).
	35.	 Dos Santos, O., De Vargas Rigo, G., Frasson, A. P., Macedo, A. J. & Tasca, T. Optimal reference genes for gene expression normali-

zation in Trichomonas vaginalis. PLoS One 10, e0138331 (2015).
	36.	 Brenndörfer, M. & Boshart, M. Selection of reference genes for mRNA quantification in Trypanosoma brucei. Mol. Biochem. 

Parasitol. 172, 52–55 (2010).
	37.	 Jose, S., Abbey, J., Jaakola, L. & Percival, D. Selection and validation of reliable reference genes for gene expression studies from 

Monilinia vaccinii-corymbosi infected wild blueberry phenotypes. Sci. Rep. 10, 11688 (2020).

https://doi.org/10.1051/parasite/2021033


10

Vol:.(1234567890)

Scientific Reports |        (2023) 13:16748  | https://doi.org/10.1038/s41598-023-43892-3

www.nature.com/scientificreports/

	38.	 Li, R. et al. Selection of the reference genes for quantitative gene expression by RT-qPCR in the desert plant Stipagrostis pennata. 
Sci. Rep. 11, 21711 (2021).

	39.	 Yang, X. et al. Evaluation of qPCR reference genes for taimen (Hucho taimen) under heat stress. Sci. Rep. 12, 313 (2022).
	40.	 Zhou, Y. et al. Screening and validating of endogenous reference genes in Chlorella sp. TLD 6B under abiotic stress. Sci. Rep. 13, 

15555 (2023).
	41.	 Toorani, T., Mackie, P. M. & Mastromonaco, G. F. Validation of reference genes for use in untreated bovine fibroblasts. Sci. Rep. 

11, 10253 (2021).
	42.	 Sreedhar, A. S., Kalmár, É., Csermely, P. & Shen, Y. F. Hsp90 isoforms: Functions, expression and clinical importance. FEBS Lett. 

562, 11–15 (2004).
	43.	 Timperio, A. M., Egidi, M. G. & Zolla, L. Proteomics applied on plant abiotic stresses: Role of heat shock proteins (HSP). J. Prot-

eomics 71, 391–411 (2008).
	44.	 Oksala, N. K. J. et al. Natural thermal adaptation increases heat shock protein levels and decreases oxidative stress. Redox Biol. 3, 

25–28 (2014).
	45.	 Perrin, B. J. & Ervasti, J. M. The actin gene family: Function follows isoform. Cytoskeleton 67, 630–634 (2010).
	46.	 Dominguez, R. & Holmes, K. C. Actin structure and function. Annu. Rev. Biophys. 40, 169–186 (2011).
	47.	 Ruan, W. & Lai, M. Actin, a reliable marker of internal control?. Clin. Chim. Acta 385, 1–5 (2007).
	48.	 Zhang, B. et al. β-actin: Not a suitable internal control of hepatic fibrosis caused by Schistosoma japonicum. Front Microbiol. 10, 

66 (2019).
	49.	 Luzzatto, L. & Battistuzzi, G. Glucose-6-phosphate dehydrogenase. Adv. Human Genet. 14, 217–329 (1985).
	50.	 Tian, W. N. et al. Importance of glucose-6-phosphate dehydrogenase activity in cell death. Am. J. Physiol. -Cell Physiol. 276(5), 

C1121–C1131 (1999).
	51.	 Cappellini, M. D. & Fiorelli, G. Glucose-6-phosphate dehydrogenase deficiency. Lancet 371, 64–74 (2008).
	52.	 Kletzien, R. F., Harris, P. K. W. & Foellmi, L. A. Glucose-6-phosphate dehydrogenase: A ‘housekeeping’ enzyme subject to tissue-

specific regulation by hormones, nutrients, and oxidart stress. FASEB J. 8(2), 174–181 (1994).
	53.	 Wang, Z. et al. Evaluation and validation of reference genes for quantitative real-time PCR in Helopeltis theivora Waterhouse 

(Hemiptera: Miridae). Sci. Rep. 9, 13291 (2019).
	54.	 Fulton, C. Axenic cultivation of Naegleria gruberi: requirement for methionine. Exp. Cell Res. 88(2), 365–370 (1974).
	55.	 Kõressaar, T. et al. Primer3-masker: Integrating masking of template sequence with primer design software. Bioinformatics 34, 

1937–1938 (2018).
	56.	 Pfaffl, M. W. Relative quantification. In Real-time PCR (ed. Dorak, M.) 89–108 (Taylor & Francis, 2006).

Acknowledgements
This research was funded in whole by the Austrian Science Fund (FWF) [M 3095-B].

Author contributions
All authors designed the study. T.M.P. performed the experiments. T.M.P. and M.K. analyzed the data. T.M.P. 
wrote the manuscript. M.K. and J.W. supervised the research. All authors reviewed and edited the manuscript.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​023-​43892-3.

Correspondence and requests for materials should be addressed to T.M.-P.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2023

https://doi.org/10.1038/s41598-023-43892-3
https://doi.org/10.1038/s41598-023-43892-3
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Evaluation and validation of reference genes for RT-qPCR gene expression in Naegleria gruberi
	Results
	Primer specificity and the amplification efficiency
	Quantification cycle (Cq) values and the expression profiles of the six RGs
	Stability of the candidate RGs
	Stability of the candidate RGs in different growth stages
	Stability of the candidate RGs under stress conditions
	Validation of the RGs by RT-qPCR

	Discussion and conclusion
	Materials and methods
	Biological samples and experimental conditions
	Selecting the RGs and PCR efficiency study
	RNA extraction and quantitative real-time PCR (RT-qPCR)
	Expression stability analysis of the candidate RGs
	Validation of the RG expression
	Statistical analysis

	References
	Acknowledgements


