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Analysis of global Napier grass 
(Cenchrus purpureus) collections 
reveals high genetic diversity 
among genotypes with some 
redundancy between collections
Meki S. Muktar 1, Tadelech Bizuneh 2, William Anderson 3, Yilikal Assefa 1, 
Alemayehu T. Negawo 1, Abel Teshome 1, Ermias Habte 1, Alice Muchugi 1, Tileye Feyissa 4 & 
Chris S. Jones 5*

Genetic diversity amongst genotypes of several Napier grass collections was analyzed and compared 
with the diversity in a set of open pollinated progeny plants. A total of 114,881 SNP and 46,293 
SilicoDArT genome-wide markers were generated on 574 Napier grass genotypes. Of these, 86% of 
the SNP and 66% of the SilicoDArT markers were mapped onto the fourteen chromosomes of the 
Napier grass genome. For genetic diversity analysis, a subset of highly polymorphic and informative 
SNP markers was filtered using genomic position information, a maximum of 10% missing values, a 
minimum minor allele frequency of 5%, and a maximum linkage-disequilibrium value of 0.5. Extensive 
genetic variation, with an average Nei’s genetic distance value of 0.23, was identified in the material. 
The genotypes clustered into three major and eleven sub-clusters with high levels of genetic variation 
contained both within (54%) and between (46%) clusters. However, we found that there was low 
to moderate genetic differentiation among the collections and that some overlap and redundancy 
occurred between collections. The progeny plants were genetically diverse and divergent from the 
germplasm collections, with an average FST value of 0.08. We also reported QTL regions associated 
with forage biomass yield based on field phenotype data measured on a subset of the Napier grass 
collections. The findings of this study offer useful information for Napier grass breeding strategies, 
enhancement of genetic diversity, and provide a guide for the management and conservation of the 
collections.

Napier grass (Cenchrus purpureus (Schumach.) Morrone syn. Pennisetum purpureum Schumach.), also known 
as elephant grass, is a perennial C4 grass belonging to the genus Cenchrus, one of the most diverse genera, con-
sisting of about 140 species including important cultivated species such as Napier grass, pearl millet and kikuyu 
grass1–3. Napier grass is native to Sub-Saharan Africa and has been distributed to other tropical and subtropical 
regions around the world, adapting to a wide range of agro-ecologies, from sea level to 2500 m above sea level 
(m.a.s.l.). It has been acclimatized in areas of Central and South America, tropical parts of Asia, Australia, the 
Middle East and the Pacific islands1, 4.

Napier grass is mainly cultivated as a forage crop for animal feed due to its high palatability and feed quality, 
high dry matter production (up to 78 tons of dry matter/ha/year), and year-round availability under supple-
mentary irrigation1, 5–7. In addition, Napier grass has the potential to produce biofuels such as alcohol, ethanol 
and butanol, and methane since it has high cellulose content that can be used as a carbon (energy) source8–11. It 
has many other beneficial characteristics, including resistance to most pests and diseases, ease of establishment 
and fast regrowth capacity, withstanding repeated cuttings. It is also resistant to high temperatures, and has low 
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water and nutrient requirements4, 12. However, its productivity is primarily checked by the unpredictable weather 
arising from changes in climatic conditions13, 14 and biotic stressors, such as the diseases head smut and Napier 
stunt, particularly in Central and Eastern African countries15–17.

The availability of genetic diversity is a prerequisite for breeding and genetic improvement programs. It serves 
to identify novel alleles for agronomically important traits, such as disease and pest resistance, drought toler-
ance, and withstanding challenges associated with the changing climate1, 18. Napier grass is a cross-pollinating 
allotetraploid species with a chromosome number of 2n = 4x = 28 (genome A’A’BB)19, 20. The Napier grass A’A’ 
genome has been reported to be homologous to the AA genome of pearl millet (Cenchrus americanus Morrone 
syn. Pennisetum glaucum; 2n = 2x = 14; AA)21. The two species are cross-compatible, producing triploid (AA’B 
genome) sterile hybrids that can only be propagated by vegetative means1, 22, 23. The hybrids are favored as a 
forage as they combine the superior forage quality of pearl millet with the high yielding ability of Napier grass1. 
Consequently, these interspecific triploid hybrids have become a crucial part of the improved forage crop value 
chain in Africa, Asia and South America1, 4.

Several national and international genebanks have conserved a substantial number of Napier grass genotypes 
collected from various geographical regions. For example, the International Livestock Research Institute (ILRI); 
the Brazilian Agricultural Research Corporation, Empresa Brasileira de Pesquisa Agropecuária (EMBRAPA), 
United States Department of Agriculture (USDA-ARS), International Crops Research Institute for the Semi-Arid 
Tropics (ICRISAT) and the Millennium Seed Bank Kew (https://​www.​genes​ys-​pgr.​org) have collections contain-
ing a considerable amount of germplasm. Although Napier grass exhibits high genetic variation due to its strict 
out crossing and self-incompatibility nature, the global diversity is low due to its vegetative propagation and 
the common use of cuttings as planting material. This would likely have limited the exchange of genes between 
genotypes. However, limited information exists about the overall available genetic diversity and germplasm 
exchange among the global collections.

The self-incompatibility and outcrossing nature of Napier grass20, 26 results in a mixed lot of seeds from a 
genotype, thus progeny plants are heterogeneous and unpredictable in terms of performance1. In addition, reports 
of poor seed-setting, seed shattering, low seed germination, and weak seedlings indicate that seed propagation 
of this grass would be difficult4. However, in our experience the majority of the ILRI Napier grass genotypes 
growing in the Bishoftu and Ziway conservation sites can produce viable seeds27, and their progeny plants have 
been grown with varying degrees of performance, indicating their potential for breeding and improvement of 
the crop. Progeny selection from open pollination and targeted crossing have been the approach to breeding 
Napier grass and have resulted in the production of many improved cultivars1. The high biomass producing tall 
cultivar ‘Merkeron’ and the nutritious dwarf leafy cultivar ‘Mott’, which is more suitable for grazing, are among 
the well-known cultivars developed from targeted crossing1, 28–30.

Wider genetic diversity is an essential source of novel and useful alleles for improvement31 and will have an 
immediate practical impact on genetic improvement for productivity and performance18. In this study, we ana-
lyzed and compared the genetic diversity between and within Napier grass worldwide collections and progeny 
plants raised from seeds using high density genome-wide markers. The aim was to assess the overall genetic 
diversity in the global collections and to compare it with the diversity in progeny plants to generate information 
useful for designing breeding strategies in Napier grass.

Results
Napier grass populations used in the study.  With the aim of enhancing the genetic diversity and 
increasing the population size of the Napier grass collection held in the ILRI forage genebank, we analysed 32 
new genotypes from ICRISAT, 93 from the Kenya Agricultural and Livestock Research Organization (KALRO), 
86 from EMBRAPA, and 23 from the USDA-ARS collections. The genotypes from the USDA-ARS were selected, 
based on a previous genetic diversity study on the collection28, to represent as much of the diversity as possible 
held in the USDA-ARS’s collection. In addition, 219 progeny plants were raised from 13 seed setting Napier 
grass genotypes of the ILRI collection (7 to 22 progeny plants per seed parent) (Supplementary Table S2), with 
the aim of releasing the genetic diversity held in the collection by dissecting the previously observed long haplo-
type blocks18. An additional 21 genotypes, composed of two commercial varieties, Maralfalfa and Super-Napier 
(Cenchrus purpureus  ×  Cenchrus americanus), and other genotypes with unknown or different names, were 
included. We also included the 60 ILRI and 47 EMBRAPA genotypes, which have been studied previously18, 32 to 
assess and visualize the overall diversity and identify new and unique genotypes. Out of these initially selected 
581 Napier grass genotypes, genotypes with high missing values for the genome wide SNP markers were removed 
and a final set of 574 (Supplementary Table S1) genotypes was studied.

High density genome‑wide DArTseq markers and their polymorphism.  Genotyping generated 
114,881 SNP and 46,293 SilicoDArT markers, distributed over the Napier grass genome. Approximately 86% 
(98,535) of the SNP and 66% (30,745) of the SilicoDArT markers were aligned onto the fourteen chromosomes 
of the Napier grass genome and about 2% (2653 SNPs and 918 SilicoDArTs) of the markers were mapped onto 
different contigs19. The highest number of markers mapped onto chromosome CpA01 (8057 SNPs and 2947 
SilicoDArTs) while the lowest number mapped onto CpB07 (4411 SNPs and 1245 SilicoDArTs).

The percentages of the markers missing values ranged from 0 to 22% for the SilicoDArT markers and 0 to 
62% for the SNP markers. Heterozygosity (He) values for the SNP markers ranged from 0 to 0.5 with an average 
value of 0.15 while polymorphic information content (PIC) values ranged from 0 to 0.38 with an average value 
of 0.13 (Fig. 1). For the SilicoDArT markers, in which there is no difference between PIC and He, the values 
ranged from 0 to 0.38 with an average value of 0.15. More than 37% of the SilicoDArT markers and 30% of the 
SNP markers had PIC values above 0.25.

https://www.genesys-pgr.org
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In order to assess the genetic diversity of the collections, a subset of 2,186 robust SNP markers were selected 
based on the marker’s minor allele frequency (MAF ≥ 5%), missing values (≤ 10%), independence from each 
other (linkage disequilibrium-LD ≤ 0.5), and their distribution across the Napier grass genome. The PIC and He 
values of the selected markers ranged from 0.08 to 0.38 and 0.09 to 0.50 with an average value of 0.26 and 0.32, 
respectively, and about 60% of the markers had PIC and He values above 0.25 (Fig. 2). All the selected markers 
were able to be mapped onto the Napier grass genome19.

The overall genetic diversity among Napier grass genotypes from different collections.  Genetic 
diversity and population structure in all genotypes from the different collections were analysed using the Bayes-
ian algorithm implemented in STRU​CTU​RE software, hierarchical clustering, and PCA analyses. In the STRU​
CTU​RE analysis, the delta K showed the presence of three major and up to sixteen sub-clusters (Fig. 3A,B). 
At a 60% membership probability threshold of k = 3, 158 genotypes were assigned to Cluster I, 246 genotypes 
to Cluster II, and 170 genotypes to Cluster III (Supplementary Table S3). Cluster I was composed mainly of 
genotypes from the ILRI collection (25 out of 59, 42%), progeny plants (83 out of 219, 38%) and the ICRISAT 
collection (10 out of 26, 38%). In addition, about 20% of genotypes from KALRO (19 out of 93), 11% (15 out 
of 133) from EMBRAPA, and 9% (2 out of 23) from the USDA-ARS collections were clustered in this group. 
Cluster II contains the majority of the EMBRAPA (106 out of 133, 86%), KALRO (74 out of 93, 80%), and ILRI 
(31 out of 59, 53%) collections and about half of the genotypes from the ICRISAT and USDA-ARS collections. 
Only three progeny plants from NS-12 (Napier grass seedling number 12) were clustered in this group. Cluster 
III was mostly represented by progeny plants (133 out of 219, 61%) followed by USDA-ARS genotypes (10 out 
of 23, 43%) and three genotypes from ICRISAT, twelve from EMBRAPA, and three from the ILRI collection. 
Each major cluster was further partitioned into two to five sub-clusters that made an optimum number of eleven 
sub-clusters and three admixture groups (Supplementary Table S3). A total of 242 genotypes, composed of 69% 
of the ICRISAT collection, 49% of the progeny, 47% of the EMBRAPA, 43% of the USDA-ARS, 37% of the 
ILRI, and 15% of the KALRO collections were under three different admixture groups. The three major clusters 
and the eleven sub-clusters were also detected by hierarchical clustering, in which the genotypes assignment in 
each major and the sub-clusters were mostly consistent with the clusters detected by the STRU​CTU​RE analy-
sis (Fig. 3C). A similar result was observed by the PCA, in which the first and second principal components 
explained about 16% of the molecular variance (Fig. 3D).

The pairwise FST values ranged from 0.14 to 0.15 in the three major clusters and from 0.17 (between sub-
clusters I and II) to 0.47 (between sub-clusters III and VI) in the eleven sub-clusters (Table 1). AMOVA showed 

Figure 1.   Genome-wide distribution and polymorphism of the markers. The distribution of the markers 
across the fourteen chromosomes of the Napier grass genome is shown in (A) (SNPs) and (B) (SilicoDArTs). 
The distribution of polymorphic information content (PIC) (orange) and heterozygosity (He) (blue) values are 
shown for the SNPs (C) and SilicoDArTs (D).
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significant (P < 0.01) genetic variation among and within the major as well as the sub-clusters (Supplementary 
Table S4).

Genetic diversity between and within the collections and progeny plants.  The genetic diver-
sity between and within the five collections (ILRI, EMBRAPA, USDA-ARS, ICRISAT, KALRO) and progeny 
plants were compared using Nei’s genetic distance33 and fixation index (FST)34. The pairwise Nei’s genetic dis-
tance ranged from 0.018, between ILRI and KALRO/EMBRAPA, to 0.05, between the KALRO collection and 
progeny plants. Similarly, the estimated FST values ranged from 0.029, between ILRI and ICRISAT collections, 
to 0.101, between the KALRO collection and progeny plants (Table 3) which reflects moderate genetic varia-
tion between the collections. However, the variation among the five collections was low, the moderate variation 
observed was mainly between the progeny plants and the five collections (Table  2; Fig.  4A), indicating that 
there was unique genetic makeup in the progeny plants. Variance components calculated by AMOVA were also 

Figure 2.   Polymorphism of SNP markers filtered for genetic diversity analysis. The distribution of polymorphic 
information content (PIC) and heterozygosity (He) of the markers are shown by orange and blue colors, 
respectively (A). Their distribution across the fourteen Napier grass chromosomes is shown in (B).
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significant (P < 0.001) both between and within collections, however, higher variation was detected within (90%) 
than between (10%) collections (Supplementary Table S5). The range and average of Nei’s genetic distance within 
each collection and the progeny plants is shown in Fig. 4B. Higher within genetic diversity was observed in the 
ICRISAT collection (0.29 average Nei’s genetic distance), followed by the ILRI collection (0.22), and the progeny 
plants (0.22).

Potential duplicate genotypes in each collection were identified using Nei’s genetic distance at a threshold 
of 0.025, which was equivalent to the identity-by-descent (IBD) kinship threshold (k ≥ 0.45) for self, or dupli-
cate identification. A greater number of potential duplicates was detected in the KALRO collection, while all 
genotypes from ICRISAT were distinct (Fig. 5). Across collections, the largest overlap was between the ILRI 
and KALRO collections, followed by the KALRO and EMBRAPA, and the ILRI and EMBRAPA collections 
(Table 3). From the overall collection of 574 genotypes composed of the six collections, a total of 432 distinct 
(unique) genotypes that could be used in downstream genetic studies were selected (Supplementary Table S6).

Parentage analysis in the progeny plants.  We estimated the parentage of the 219 progeny plants, 
raised from 13 open pollinated seed-setting ILRI genotypes, using identity-by-descent (IBD)35 and Mendelian-
inconsistent errors36, 37 analyses. First, we examined the genetic relationship between the recorded seed parents 
and progeny plants by the IBD method of the maximum likelihood (ML) relatedness estimator35, and these were 
corrected based on the IBD result whenever there was a discrepancy between the recorded seed parent and the 
IBD result.

The most likely pollen donor of the progeny plants was analyzed by counting the Mendelian-inconsistent 
errors, considering a low percentage of errors as an indication of a putative parent–offspring relationship36, 37. 
The Mendelian error counts ranged from 2 to 316 for PC1 (parent–child relationship for potential seed parent), 

Figure 3.   Major clusters and sub-clusters of the Napier grass collections and progeny plants used in the study. 
(A) The delta K suggesting three major clusters that are partitioned into sub-clusters. (B) Bar plots based on 
the admixture model in STRU​CTU​RE, for K = 3 and 11. (C) Clusters detected by hierarchical clustering. (D) 
Clusters detected by PCA.
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1 to 401 for PC2 (parent–child relationship for potential pollen parent), and 37 to 937 for PPC (parent–par-
ent–child relationship for possible crosses or as potential complete parents), respectively. In general, we identified 
or confirmed seed parents, potential pollen parents, and possible crosses as complete parents for 189 (86%) of 
the progeny plants (Supplementary Table S5). In addition, we classified the estimated relationships into strong-
evidence vs weak-evidence based on the Mendelian error counts of the progeny plants for which the recorded 
seed parents were confirmed by the IBD analysis and determined a threshold for each relationship. A distinct 
gap in Mendelian error counts was observed at about 52 for PC1, at about 99 for PC2, and at about 94 for PPC, 

Figure 3.   (continued)
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however, the gap for PC1 and PC2 was less clear compared to the gap for PPC (Fig. 6). Therefore, the Mendelian 
error counts for 53 (28%) of the PPC relationships that showed less than 94 Mendelian error counts were con-
sidered as real parents with strong evidence (Supplementary Table S7). We identified eleven ILRI genotypes as 
potential seed and pollen parents, however, none of the progeny plants showed parent–child relationships with 
two of the recorded ILRI parent genotypes (ILRI_P2_16789 and ILRI_P4_16783). ILRI_P1_1026 was the domi-
nant pollen donor, followed by ILRI_P9_16821, ILRI_P8_16803, and ILRI_P7_16837; while ILRI_P11_16810 
was the most infrequent pollen donor.

Markers‑trait associations.  A genome wide association study (GWAS), using quality filtered DArTseq 
markers (12,214 SNPs and 3,869 SilicoDArTs) and field phenotype data measured on 85 Napier grass geno-
types, identified seven markers (6 SNPs and 1 SilicoDArT) significantly associated with fresh biomass yield. The 
associated markers mapped on chromosomes CpA01, CpA02, CpA03, CpA07, CpB01, CpB02, and CpB06 and 
explained 0.21–21% of phenotypic variation (Table 4). Significantly, two SNP markers, on B06 and A07, were 
detected by at least four of the five GAPIT models employed and together accounted for more than one-third of 
the phenotypic variation (Table 4; Fig. 7).

Discussion
It is thanks to the diversity of plant genetic resources serving as a source of new alleles which support the 
development of new cultivars with desirable qualities, including breeder’ and farmers’ preferred traits such as 
high biomass yield, high nutritional quality, larger seeds, and pest and disease resistance1, 4, 31. In order to assess 
the level of global genetic variation in Napier grass, a diverse set of genotypes acquired from five international 
institution collections was used in this study. Each collection had a different number of genotypes, ranging from 
23 in USDA-ARS to 133 in EMBRAPA. In addition, progeny plants raised from 13 open pollinated seed-setting 
ILRI genotypes were evaluated for genetic diversity and compared to the diversity held in the collections. These 
were included with the aim of enhancing the genetic diversity and generating information useful for designing 
breeding strategies for Napier grass. Each collection represented a different region of the world; for example, the 
ILRI and KALRO collections were mostly from Africa18, 38, while the EMBRAPA materials were mainly from 
Brazil39, 40. Similarly, most of the genotypes from ICRISAT’s collection had an Asian origin41. The USDA-ARS 
materials were from Latin-America (mainly from Puerto Rico), Africa (mainly from Kenya), and Tifton (geno-
types derived from the cultivar “Merkeron” in a breeding program)28, 42.

We employed the GBS method of the DArTseq technology43, an efficient and cost-effective sequencing tech-
nology that concurrently generates dominant SilicoDArT and co-dominant SNP markers (https://​www.​diver​
sitya​rrays.​com/​servi​ces/​darts​eq/) with a high density and genome coverage. Similar to our previous reports5, 18, 44, 

Table 1.   The Nei’s genetic distance (above the diagonal) and estimated fixation index (FST) (below the 
diagonal) between the eleven sub-clusters. Significant values are in bold. SC sub-cluster.

SC SC-I SC-II SC-III SC-IV SC-V SC-VI SC-VII SC-VIII SC-IX SC-X SC-XI

SC-I 0.00 0.09 0.09 0.10 0.16 0.22 0.15 0.14 0.20 0.15 0.16

SC-II 0.17 0.00 0.10 0.10 0.12 0.19 0.12 0.11 0.17 0.13 0.13

SC-III 0.20 0.18 0.00 0.12 0.17 0.23 0.17 0.15 0.21 0.17 0.17

SC-IV 0.21 0.19 0.25 0.00 0.11 0.17 0.11 0.12 0.16 0.08 0.13

SC-V 0.33 0.25 0.36 0.26 0.00 0.11 0.13 0.14 0.17 0.16 0.17

SC-VI 0.45 0.35 0.47 0.37 0.33 0.00 0.11 0.16 0.12 0.15 0.18

SC-VII 0.28 0.22 0.30 0.22 0.27 0.25 0.00 0.09 0.10 0.08 0.11

SC-VIII 0.26 0.20 0.29 0.23 0.29 0.34 0.20 0.00 0.15 0.12 0.14

SC-IX 0.42 0.32 0.44 0.35 0.40 0.37 0.23 0.33 0.00 0.15 0.18

SC-X 0.30 0.25 0.33 0.20 0.33 0.34 0.19 0.26 0.33 0.00 0.10

SC-XI 0.30 0.23 0.32 0.25 0.34 0.40 0.22 0.26 0.38 0.23 0.00

Table 2.   Nei’s genetic distance (above the diagonal) and estimated fixation index (FST) (below the diagonal) 
between the five Napier grass collections and progeny plants.

Collection Progeny EMBRAPA USDA-ARS ICRISAT ILRI KALRO

Progeny 0.000 0.040 0.040 0.041 0.035 0.050

EMBRAPA 0.079 0.000 0.021 0.032 0.018 0.029

USDA-ARS 0.071 0.031 0.000 0.037 0.022 0.039

ICRISAT 0.071 0.050 0.048 0.000 0.029 0.040

ILRI 0.067 0.032 0.024 0.029 0.000 0.018

KALRO 0.101 0.058 0.072 0.072 0.034 0.000

https://www.diversityarrays.com/services/dartseq/
https://www.diversityarrays.com/services/dartseq/
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Figure 4.   UPGMA dendrogram (A) depicting the genetic relationships between the five Napier grass 
collections and progeny plants. In (B) the minimum, maximum, and average Nei’s genetic distance within each 
of the collections and progeny plants.

Figure 5.   Distinct Napier grass genotypes and potential duplicates detected in each of the five collections and 
progeny plants.
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we obtained a large number of markers, 114,881 SNPs and 46,293 SilicoDArTs, distributed over the fourteen 
chromosomes of the Napier grass genome. More than 80% of the markers (from both marker types) were able 
to be mapped onto the genome, approximately equally onto the A’ and B sub genomes19. We applied strong 
SNP filtering criteria by setting a maximum of 10% missing values, a minimum of 5% minor allele frequency, a 
maximum of 0.5 linkage-disequilibrium (LD) value to ensure independent markers and, markers that were able 
to be mapped across the genome. The filtered polymorphic markers, with average PIC and He values of 0.26 and 
0.32, respectively, were used in the genetic diversity analysis.

Genetic diversity in worldwide Napier grass collections.  The Napier grass genotypes from the 
worldwide collections and progeny plants examined in this study demonstrated substantial genetic variation 
with an average value of 0.23 (0 to 0.41 range) Nei’s genetic diversity coefficients33. These genetic distance values 

Table 3.   Number of duplicated genotypes between collections.

Collection EMBRAPA KALRO ILRI ICRISAT USDA-ARS Progeny

EMBRAPA 0

KALRO 9 0

ILRI 7 45 0

ICRISAT 0 0 0 0

USDA-ARS 3 4 3 0 0

Progeny 0 0 0 0 0 0

Figure 6.   A gap in Mendelian error counts calculated on 133 progeny plants for which the recorded seed 
parents were confirmed by IBD analysis. (A) for PC1 (parent–child relationship for potential seed parents), (B) 
for PC2 (parent–child relationship for potential pollen parents), (C) for PPC (parent-parent–child relationship 
for possible crosses or as potential complete parents).
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were greater than the range that Wanjala et al.45 reported for 281 Napier grass genotypes. The high genetic vari-
ability detected could be attributed to the high levels of heterozygosity that exists in Napier grass due to its self-
incompatibility and obligate outcrossing nature26. Napier grass is a highly heterozygous tetraploid species with a 
broad parental diversity and rich gene pool23, 40.

Furthermore, we detected three major clusters and eleven sub-clusters that were significantly different from 
each other, based on the admixture model in STRU​CTU​RE, hierarchical clustering, PCA, and AMOVA analyses. 
The FST values ranged from 0.14 to 0.15 between the three clusters and 0.17 to 0.47 between the 11 sub-clusters. 
This substantial genetic variation was detected both within and between clusters, while within-cluster variation 
was slightly larger (54%) than between-cluster variation (46%). Generally, outcrossing species show higher levels 
of genetic variation among genotypes and less population divergence, compared to self-pollinating species46. 
Similar results were reported in other outcrossing species such as Rhodes grass (Chloris gayana)47 and perennial 
ryegrass (Lolium perenne)48. Nevertheless, about 46% of the genetic variation was detected between the eleven 
sub-clusters. This higher divergence could be explained by the clonal propagation of Napier grass through stem 
cuttings, which reduces genetic drift and gene flow among genotypes within a population45, 46, 49. Genotype 
adaptation to specific environmental conditions might have also contributed to the high genetic diversity among 
the clusters, given that the genotypes were collected from different parts of the world.

Table 4.   Markers significantly associated with forage biomass yield, their genomic positions, contrasting 
alleles, and minor allele frequency. Chr chromosome, Pos position in a chromosome, MAF minor allele 
frequency.

Marker Type Chr Pos Allele MAF

P-value

R2 EffectGLM MLM MLMM FarmCPU BLINK

100838531 |F| 0–8:C>A-8:C>A SNP CpB06 28749415 C/A 0.37 9.60E−07 5.83E−04 1.24E−11 3.51E−06 9.11E−06 21.00 2.02

100801114 |F| 0–20:C>T-20:C>T SNP CpA07 26898031 C/T 0.22 2.84E−06 0.0056 NA 2.31E−07 1.96E−04 15.00 − 0.914

100809503 |F| 0–9:C>T-9:C>T SNP CpA03 82975648 C/T 0.33 6.29E−06 NA NA NA NA 0.21 − 1.048

100472665 SilicoDArT CpA02 131154784 0/1 0.31 NA NA 8.28E−11 NA NA 16.00 0.71

100760175 |F| 0–60:G>A-60:G>A SNP CpB01 36427708 G/A 0.26 NA NA 4.40E−08 NA NA 7.70 0.78

100680666 |F| 0–26:C>A-26:C>A SNP CpB02 17060145 C/A 0.23 NA NA NA 4.06E−06 NA 5.90 0.857

100815322 |F| 0–24:G>T-24:G>T SNP CpA01 153751512 G/T 0.23 NA NA NA NA 2.63E−06 2.71 − 0.154

Figure 7.   Manhattan plots showing the distribution of significant marker-trait associations identified in the 
Napier grass genome for forage biomass yield. The vertical axis at the left represents the − log10 p-value, and 
markers and their chromosome positions are shown on the horizontal axis. The five GAPIT models (GLM, 
MLM, MLMM, FarmCPU, BLINK) used are shown on the right vertical axis.
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With an FST value of about 0.47, cluster III (which consisted of progeny plants, mainly from NS-11) and cluster 
VI (mainly from the ILRI and KALRO collections) had the highest genetic distance, followed by between cluster I 
(progeny plants, mainly from two seed parents, NS-6 and NS-9) and cluster VI, and cluster III and IX (comprised 
mainly of genotypes from EMBRAPA, ILRI, and KALRO). The results indicated a divergence between the collec-
tions and progenies, showing the potential of the progeny plants, that were produced from open pollination, for 
enhancement of genetic diversity in Napier grass collections and potential for future use in breeding programs, 
such as heterosis breeding. Heterotic contributions to increased biomass production in the F1 hybrids of Napier 
grass have previously been reported50, 51.

The ILRI genotypes were distributed across sub-clusters, mainly in sub-clusters II, VI, VII, IX, and the admix-
ture groups, and their clustering was mostly consistent with our previous report18. The genotypes in cluster II 
are low to medium biomass yielders, whereas the genotypes in clusters VI and VII are medium to high biomass 
yielders5. From the EMBRAPA collection, the majority of the elite lines (indicated by the acronym ‘CNPGL’ in 
Supplemental Table S3) and the purple genotypes were in the admixture-2 group, while most of the genebank 
materials (indicated by the acronym ‘BAGCE’) were in Cluster VIII, which was mostly consistent with our previ-
ous report18 and reflected the breeding history of the collection. BAGCE_30 from cluster VIII and CNPGL_92-
66-3 from the admixture group were reported to be high biomass yielding and drought tolerant genotypes under 
Ethiopian conditions5. Cluster V contained genotypes mainly from the KALRO collection, including Kakamega 
1 and 2 genotypes, which have been reported to be tolerant to Napier grass head smut disease52. This cluster 
included two important ILRI genotypes (ILRI_16791 and ILRI_16802), which have been identified for their 
superior biomass yields, drought tolerance, and comparatively higher protein content5.

Cluster XI was primarily comprised of USDA-ARS genotypes, with a few EMBRAPA genotypes. In line with 
the report by Harris et al.28, genotypes derived from the cultivar ‘Merkeron’ were clustered together in this group. 
‘Merkeron’ is a well-known cultivar in the USA, released by a breeding program in Tifton, Georgia50 and was 
derived from an intraspecific cross between a high yielding clone and a dwarf leafy clone, with improved yield 
and disease resistance29. Among these, the well-known variety “Mott” (Tift N75), a dwarf leafy type selected from 
progeny of selfed Merkeron30, is included in this cluster. The variety "Mott" was introduced to ILRI, has been 
preserved in the genebank with accession number ILRI_15743 and distributed to farmers and national research 
institutes in Ethiopia. However, none of the samples collected from farmers’ fields and national research institutes, 
as well as the genotype labeled as ILRI_15743, clustered in this group. Similar findings were reported by Harris 
et al.28, who found that none of the "Merkeron" samples taken from the various countries where "Merkeron" was 
distributed were genetically identical, which possibly happened due to genetic mixing up through outcrossing.

Cluster VII consisted of most C. purpureus × C. americanus hybrids including the commercial varieties 
‘Maralfalfa’53, ‘Super-Napier’, and the hybrids from the ILRI collection ILRI_16840, ILRI_16837, ILRI_1535718. 
ILRI_15357 showed very high genetic similarity to ‘Maralfalfa’, with more than 0.47 IBD value. Maralfalfa has 
been reported for its adaptability to higher altitudes (3000 m asl) and for high biomass yield (60 tn/ha) with 
higher protein content53. Many genotypes from Kiambu under the KALRO collection were also found in this 
cluster, perhaps suggesting that there are also hybrids held in this collection.

The progeny plants were almost exclusively distributed in clusters I, III, IV, and X, which were significantly 
different from each other with a range of FST values of 0.20 to 0.33 and an average value of 0.25. The progenies 
in cluster I and III were particularly distinct from the other clusters with an average FST value of 0.32, showing 
their divergence from genotypes and other progenies. Napier grass’s high heterozygosity within genotypes, self-
incompatibility, and obligate outcrossing nature54, which can increase the likelihood of developing new genetic 
make-up through recombination, may be responsible for this high level of diversity and population stratification 
in progeny plants.

The collections displayed less genetic divergence and different levels of genotype redun-
dancy.  The collections we studied generally exhibited low to moderate genetic differentiation with an FST 
range of 0.024 between the ILRI and USDA-ARS collections to 0.072 between the KALRO and ICRISAT collec-
tions. The genetic variation between collections explained only about 10% of the variation as compared to 90% of 
the variation explained by genotypes within collections, indicating a degree of overlap and redundancy that may 
have resulted from sharing and exchanging materials among the genebanks. Although Napier grass genotypes 
are primarily maintained via vegetative multiplication using cuttings, there is still some degree of hybridization 
existing in nature and also controlled crossings in some collections1, 26. Such redundancy of genotypes between 
genebanks could also have arisen because each genebank or breeding program gives its own different accession 
numbers, as there is no standardized labelling and registration procedure. Facilitated by the International Treaty 
on Plant Genetic Resources for Food and Agriculture, the ILRI forage genebank has assigned a digital object 
identifier (DOI) to each genotype held in its genebank18, 47, which could be a promising solution to this issue but 
should then be adopted by more national and international genebanks and research institutions.

The presence of genotype overlaps and redundancy among the collections was further confirmed by Nei’s 
genetic distance and identity-by-descent (IBD) analysis; the largest overlap was between the ILRI and KALRO 
collections, followed by between the KALRO and EMBRAPA, and the ILRI and EMBRAPA collections. The 
substantial overlap between the ILRI and KALRO collections could be due to the close proximity of the two 
institutes and historical sharing of genotypes, as indicated in the genotypes name, a large number of KALRO’s 
genotypes were sourced from the ILRI collection. This suggests that the introduction and incorporation of new 
genotypes to a collection should be carried out strategically to minimize duplications and capture only new 
genetic diversity that is distinct from the existing one, as conservation is a costly business32.

Within collection genotype redundancy analysis, also showed a greater number of potential duplicates in 
the KALRO collection whereas all genotypes from ICRISAT were distinct. While genotype redundancies and 
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overlaps between collections from various institutions, especially those from different continents like Africa, 
South America, Asia, and North America, can be taken into consideration and should be encouraged to preserve 
genotypes with specific adaptations to a wide range of farming systems and agroecological conditions, overlap 
within a collection should be reduced as it imposes a conservation cost. However, it is crucial to carefully remove 
overlaps using molecular marker analysis supported by field phenotype and passport data whenever possible in 
order to preserve unique alleles in closely related genotypes.

Greater genetic variation was detected in progeny plants.  When compared to the variation among 
the five collections, the progeny plants were genetically separated, with FST values ranging from 0.067 between 
the progenies and ILRI collection to 0.101 between the progenies and KALRO collection. This finding further 
supports the potential of progeny plants to increase genetic diversity with the potential to be used in breeding 
programs in the future. Open-pollinated progeny selection has been one of the breeding approaches in Napier 
grass and has resulted in the generation of improved cultivars1. Progeny plants from an open-pollinated popula-
tion of cultivars ‘A146’, ‘A148’ and ‘A149’ were developed in Taiwan, and the progenies produced 20% more dry 
matter than the seed parents, had very few hairs on the leaves, flowered late and grew more erect1, 55. However, 
the use of open pollination breeding schemes allows the control of only one-half of the genome of the resulting 
progeny material because contributions from pollen parents are not controlled, and the transfer of undesirable 
traits from unimproved lines can limit or slow the successful release of new cultivars. Therefore, Napier grass 
breeding programs should focus on targeted crossings that have the potential to yield higher rates of success50 
in rapidly generating desirable genotypes and eventually culminating in hybrid breeding wherein a superior 
individual can be maintained by vegetative propagation after being identified.

In this study, we were able to identify potential seed and pollen parents for more than 80% of the progeny 
plants using identity-by-descent (IBD) analysis based on the maximum likelihood (ML) relatedness estimator 
and Mendelian-inconsistent errors36, 37. The progenies in clusters I and III were produced primarily from the 
ILRI_P9_16821 and ILRI_P6_16835 genomes, while the progenies in clusters IV and X were dominantly from 
ILRI_P7_16837 and ILRI_P13_16790 and ILRI_P1_1026 and ILRI_P8_16803 genomes, respectively. These 
results could offer a stronger basis for selecting superior progeny plants for further selection and improvement 
through heterosis breeding in Napier grass.

Genomic regions governing forage biomass yield.  A genome-wide association study identified seven 
QTL regions associated with forage biomass yield, which represents the above-ground fresh biomass production. 
The QTLs on chromosome CpB06 and CpA07 showed a strong association and were detected by five different 
statistical models, suggesting that they can potentially be exploited in marker-assisted selection to develop high 
biomass producing Napier grass varieties. A marker on chromosome CpB06 that was strongly associated with 
fresh and dry biomass yields and water use efficiency has previously been reported44.

Conclusions and recommendations

1.	 This study represents the first comprehensive genetic diversity study in global Napier grass collections and 
revealed the presence of extensive genetic variation among Napier grass genotypes. The analysis detected 
major clusters and sub-clusters that were significantly different from each other with higher within cluster/
sub-cluster genetic variation. The study provides a global picture of the available genetic diversity of this 
important tropical perennial crop and the findings could be used to guide targeted use and conservation of 
the diversity by breeders and genebanks. Additionally, the information can be used to determine heterotic 
groups for future Napier grass breeding and improvement through heterosis breeding. Given that the geno-
types were collected from different parts of the world, which shows their potential adaptation to a wide range 
of environmental conditions, studies on genotype by environment interactions are necessary in the future.

2.	 The genetic variation amongst the different genebank collections studied here was generally low and various 
levels of genotype redundancy were detected both within and across collections. Genotype overlaps between 
genebanks, particularly those from different continents, should be encouraged in order to preserve genotypes 
with specific adaptations to a wide range of agroecological conditions. To reduce the cost of conservation, 
overlaps within a genebank should be minimized. However, overlaps within a genebank must be carefully 
removed to maintain unique alleles in closely related genotypes.

3.	 Higher genetic variation and divergence was detected in the progeny plants produced from open pollination, 
which creates new genetic makeup and diversity. Incorporating some of the distinctive progeny plants into 
the genebank collections will be advantageous to enhance the genetic diversity and population size of the col-
lections. However, a few genotypes predominated as a pollen source, as suggested by the parentage analysis, 
which invites further research on the mechanisms of pollination in Napier grass genotypes maintained in 
the ILRI forage genebank.

Methods
Plant materials.  A total of 581 Napier grass genotypes, comprising 219 progeny plants that were raised 
from open pollinated seeds and 341 genotypes from worldwide collections maintained by five institutes, were 
included in the study. These include 60 genotypes from the ILRI genebank collection, 133 genotypes from the 
EMBRAPA collection, 93 genotypes from KALRO, 23 genotypes from the USDA-ARS and, 32 genotypes from 
the ICRISAT genebank. Two commercial varieties, Maralfalfa53 and Super-Napier (Pakchong 1)—both reported 
as hybrids of Napier grass and pearl millet with high biomass yield and protein content, were included. An 
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additional 19 genotypes, collected from different places, with the name ‘Mott” or with unknown names were also 
included (Supplementary Table S1).

About 40 to 50 Napier grass seeds, collected from 13 seed-bearing ILRI genotypes and maintained in the ILRI 
forage genebank, were obtained from the genebank and pre-germinated on agar medium containing potassium 
nitrate. The germinated seeds were transplanted into pots filled with soil and maintained in a screen house until 
they produced three to four leaves, at which point plant samples for DNA extraction were taken. On average, 
about 17 progeny plants from each of the 13 genotypes were sampled to assess the level of genetic diversity within 
and between the groups of progenies, as well as to assess the genetic diversity in progeny plants compared to 
the collections27.

The ILRI forage genebank, EMBRAPA, KALRO, ICRISAT, or USDA-ARS provided all Napier grass samples, 
including seeds, leaves, or DNA samples. The studies were carried out in accordance with the guidelines and 
legislation outlined in the IUCN Policy Statement on Research Involving Species at Risk of Extinction and the 
Convention on the Trade in Endangered Species of Wild Fauna and Flora. Napier grass is a popular forage spe-
cies which is cultivated across the tropics and not at risk of extinction or a wild species.

DNA extraction and genotyping.  Young leaf samples from each individual plant were collected into 
2 ml Eppendorf tubes, stored in an icebox containing frozen ice, and transferred to a − 80 freezer as quickly as 
possible. The samples were freeze-dried for about 48 h and ground into fine powder using a tissue lyser. Genomic 
DNA was extracted from the leaf powder using a DNeasy® Plant Mini Kit (250) (Qiagen Inc.,Valencia, CA) fol-
lowing the manufacturer’s procedures. The concentration and quality of the extracted DNA was assessed using 
a Nano-drop spectrometer (DeNovix DS-11 FX spectrophotometer) and 0.8% agarose gel electrophoresis. The 
DNA concentration was adjusted to 50 to 100 ng/μl in 96 well semi-skirted plates and sent to SEQART-AFRICA 
(https://​www.​seqart.​net/), Nairobi, Kenya for genotyping.

The genotyping was conducted using the GBS (Genotyping By Sequencing) method of the DArTseq 
platform43, which provides combined marker identification and genotyping for SNP and SilicoDArT (presence/
absence of DNA fragments in genomic representations) markers, combining the DArT complexity reduction 
with sequencing on the Next Generation Sequencing (NGS) platforms18, 43. The markers were aligned with the 
Napier grass genome19 using the short sequence fragments associated with each marker to generate informa-
tion on map position of the sequences and markers across the genome. A heatmap showing the density and 
distribution of markers across the fourteen Napier grass chromosomes was generated using a free online tool at 
https://​www.​bioin​forma​tics.​com.​cn/​en. For genetic diversity analysis, polymorphic markers were filtered based 
on the marker’s minor allele frequency (MAF), missing values, and independence from each other (based on 
pairwise linkage disequilibrium, LD) using the dartR56 and SNPRelate57 R-packages in R statistical software (R 
Core Team, 2022).

Genetic diversity and population structure analysis.  Population structure and sub clustering among 
the Napier grass genotypes was assessed based on the Bayesian algorithm implemented in STRU​CTU​RE (ver. 
2.3.4) software58 using the filtered polymorphic markers. The burn-in time and number of iterations were both 
set to 100,000 with 10 repetitions, assuming hypothetical subpopulations (K) ranging from 1 to 20 in an admix-
ture model with correlated allele frequencies. The results of the run were uploaded to the software “Structure 
Harvester” (http://​taylo​r0.​biolo​gy.​ucla.​edu/​struc​tureH​arves​ter/) and the most likely number of subpopulations 
was determined by the Evanno method59. Genotypes with less than 60% membership probability were consid-
ered admixed. Population structure was further examined using hierarchical clustering and principal compo-
nent analysis (PCA) using Poppr60 and adegenet61 R-packages. Genetic diversity was estimated using pairwise 
Nei’s33 genetic distance.

Pairwise estimates of population differentiation and divergence between clusters, sub-clusters, and collec-
tions were analysed by Analysis of MOlecular VAriance (AMOVA)62 and fixation index (FST)34 in the R-packages 
Poppr60, adegenet61, and APE63. AMOVA was used for partitioning the total variance in allele frequencies within 
and among clusters, sub-clusters, and collections and to assess the significance level of the variations. FST, which 
ranges from 0 to 1, assesses the degree of genetic differentiation between clusters, sub-clusters, and collections. 
A value of 0 indicates no differentiation while a value of 1 indicates complete differentiation. In general, an FST 
value of 0:00 to 0:0.05 indicates low differentiation, 0:05 to 0:0.15 indicates moderate differentiation, 0.15 to 0.25 
high differentiation, while FST > 0.25 are considered to represent very high levels of differentiation64.

Parentage analysis.  Parentage and genetic relationship analyses were conducted using identity-by-descent 
(IBD) analysis based on the maximum likelihood (ML) relatedness estimator35 using the R package SNPRelate57 
and by counting the Mendelian-inconsistent errors using a custom R script reported in Vanderzande et al.36. The 
IBD analysis was mainly used to confirm the genetic relationship between the recorded seed parents and prog-
eny plants, whereas Mendelian-inconsistent errors count was used to determine any putative set of parent–child 
(PC) and parent-parent–child (PPC) relationships. In the Mendelian-inconsistent errors count, a low percent-
age of errors was used as an indication of putative parent–offspring relationships while higher percentages were 
indicative of more distant relationships36, 65.

Field phenotyping of Napier grass genotypes.  A subset of 85 Napier grass genotypes were planted in 
the main rain season (mid-June to mid-September 2018) using an augmented p-rep design with two replications 
at Addis Ababa, Ethiopia. Six stem cuttings per genotype were planted in a single row with a distance of 750 mm. 
After establishment, the plants were clean cut every 12 weeks of regrowth to a standard height of 50 mm above 
ground. Total fresh biomass yield per plant (TFW) was taken by weighing and calculating the average from three 

https://www.seqart.net/
https://www.bioinformatics.com.cn/en
http://taylor0.biology.ucla.edu/structureHarvester/
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randomly selected plants per row. The average value per genotype was calculated based on 24 plants, taken from 
three plants per row, in two replications, across four harvests from the 2018 to 2021 cropping seasons.

Marker trait association analysis.  Marker-trait association analysis was conducted using five statisti-
cal models implemented in Genomic Association and Prediction Integrated Tool version 3 (GAPIT3)66. The 
models used include General Linear Model (GLM), Mixed Linear Model (MLM), Multiple Loci Mixed Model 
(MLMM), Fixed and random model Circulating Probability Unification (FarmCPU) and Bayesian information 
and Linkage-disequilibrium Iteratively Nested Keyway (BLINK). A total of 16,083 markers (12,214 SNPs and 
3,869 silicoDArTs) were retained after filtering. The markers were filtered based on call rate (≥ 0.90), minor allele 
frequency (MAF ≥ 5%), missing values (NA < 10%), and their distribution across the genome.

Data availability
Most of the datasets generated for the current study are found in the supplemental information, high density 
genome-wide SNP and SilicoDArT marker data on 574 Napier grass genotypes can be found at https://​hdl.​handle.​
net/​10568/​131571, and further data can be obtained from the corresponding author upon reasonable request. The 
ILRI accessions are freely available to researchers who accept the terms and conditions of the Standard Material 
Transfer Agreement (SMTA) of the International Treaty on Plant Genetic Resources for Food and Agriculture.

Received: 23 May 2023; Accepted: 29 August 2023

References
	 1.	 Singh, B. P., Singh, H. P. & Obeng, E. Elephant Grass 271–291 (CAB, 2013).
	 2.	 Chemisquy, M. A., Giussani, L. M., Scataglini, M. A., Kellogg, E. A. & Morrone, O. Phylogenetic studies favour the unification of 

Pennisetum, Cenchrus and Odontelytrum (Poaceae): A combined nuclear, plastid and morphological analysis, and nomenclatural 
combinations in Cenchrus. Ann. Bot. 106, 107–130 (2010).

	 3.	 Kativu, S. & Mithen, R. Pennisetum in Southern Africa. Plant Genet. Resourc. Newsl. 73(74), 1–8 (1987).
	 4.	 Negawo, A. T., Teshome, A., Kumar, A., Hanson, J. & Jones, C. S. Opportunities for Napier grass (Pennisetum purpureum) improve-

ment using molecular genetics. Agronomy 7, 1–21. https://​doi.​org/​10.​3390/​agron​omy70​20028 (2017).
	 5.	 Habte, E. et al. Productivity and feed quality performance of Napier grass (Cenchrus purpureus) genotypes growing under different 

soil moisture levels. Plants https://​doi.​org/​10.​3390/​plant​s1119​2549 (2022).
	 6.	 Getiso, A., Mijena, D. & Com, P. Performance evaluation of Napier grass (Penisetum purpuruem (L.) Schumach.) accessions under 

rain fed and irrigation system at Wondo. Genetics https://​doi.​org/​10.​17352/​gje.​00001​41 (2021).
	 7.	 Oliveira, M. L. F., Daher, R. F., Menezes, B. R. S. & Vivas, M. Genetic diversity of elephant grass (Cenchrus purpureus [Schumach.] 

Morrone) for energetic production based on quantitative and multi-category traits. Chil. J. Agric. Res. 77(1), 48–57 (2017).
	 8.	 Roslan, A. M., Ibrahim, M. F. & Hassan, M. A. Potential use of Pennisetum purpureum for phytoremediation and bioenergy pro-

duction: A mini review. Sci. Rep. 10, 6613 (2020).
	 9.	 Romero, J. et al. Unraveling candidate genes underlying biomass digestibility in elephant grass (Cenchrus purpureus). MBC Plant 

Biol. 19(1), 1–12 (2019).
	10.	 Takara, D. & Khanal, S. K. Characterizing compositional changes of Napier grass at different stages of growth for biofuel and 

biobased products potential. Bioresour. Technol. 188, 103–108 (2015).
	11.	 Yasuda, M. et al. Enhancement of ethanol production from Napiergrass (Pennisetum purpureum Schumach.) by a low-moisture 

anhydrous ammonia pretreatment. J. Sustain. Bioenergy Syst. 3(3), 179 (2013).
	12.	 Kebede, G. et al. Agronomic performance, dry matter yield stability and herbage quality of Napier grass (Pennisetum purpureum 

(L.) Schumach.) accessions in different agro-ecological zones of Ethiopia. J. Agric. Crop Res. 5, 49–65 (2017).
	13.	 Nguyen, L. V. et al. Variation in root development response of napier grass to drought stress. J. Ecol. Eng. 22, 64–74 (2021).
	14.	 Cardoso, J. A. et al. Contrasting strategies to cope with drought conditions by two tropical forage C4 grasses. AoB Plants 7, 107 

(2015).
	15.	 Asudi, G. O. et al. Napier grass stunt disease in East Africa: Farmers’ perspectives on disease management. Crop Prot. 71, 116–124 

(2015).
	16.	 Jones, P., Devonshire, B. J., Holman, T. J. & Ajanga, S. Napier grass stunt: A new disease associated with a 16SrXI group phytoplasma 

in Kenya. Plant Pathol. 53, 519 (2004).
	17.	 Farrell, G. & Hillocks, R. J. Pests, diseases and weeds of Napier grass, Pennisetum purpureum: A review. Int. J. Pest Manag. 48, 

39–48 (2002).
	18.	 Muktar, M. S. et al. Genotyping by sequencing provides new insights into the diversity of Napier grass (Cenchrus purpureus) and 

reveals variation in genome-wide LD patterns between collections. Sci. Rep. 9, 1–15 (2019).
	19.	 Yan, Q. et al. The elephant grass (Cenchrus purpureus) genome provides insights into anthocyanidin accumulation and fast growth. 

Mol. Ecol. Resour. 21, 526–542 (2021).
	20.	 Martel, E., De Nay, D., Siljak-Yakovlev, S., Brown, S. & Sarr, A. Genome size variation and basic chromosome number in pearl 

millet and fourteen related Pennisetum species. J. Hered. 88, 139–143 (1997).
	21.	 Anderson, W. F., Casler, M. D & Baldwin, B. S. Improvement of perennial forage species as feedstock for bioenergy (ed. Vermerris, 

W.), 347–376 (Springer, 2008) https://​doi.​org/​10.​1007/​978-0-​387-​70805.
	22.	 Keerthana, K. et al. Identification of superior pearl millet Napier hybrids with enhanced green fodder yield and quality through 

genetic variability studies. YMER (2022).
	23.	 Robert, T. et al. Wild crop relatives: Genomic and breeding resources, millets and grasses (ed. Kole, C.), 217–255 (Springer, 2011). 

https://​doi.​org/​10.​1007/​978-3-​642-​14255-0_​13.
	24.	 Keerthana, K., Ganesan, K. N., Iyanar, K., Sivakumar, S. D. & Jeyakumar, P. Gene action and contribution of different traits for 

enhanced green fodder yield and quality in pearl millet: Napier interspecific hybrids. Electron. J. Plant Breed. 13, 1066–1076 (2022).
	25.	 Kaur, A., Kapoor, R., Vikal, Y., Kalia, A. & Bhardwaj, R. Production of interspecific hybrids between pearl millet [Pennisetum 

glaucum (L.) R. Br.] × Napier grass [Pennisetum purpureum (K.) Schum] and their characterization. Int. J. Curr. Microbiol. Appl. 
Sci. 8, 1308–1313 (2019).

	26.	 Hanna, W., Mathews, B. W., Burns, J. C. & Sollenberger, L. E. Perennial Pennisetums nutrient cycling in tropical pastures: What 
do we know? View project optimizing ecosystem services of long-term grass-N and Legume-based grassland-livestock systems 
view project. https://​www.​resea​rchga​te.​net/​publi​cation/​29276​8672 (2004).

	27.	 Bizuneh, T. Genetic diversity study of Napier grass (Cenchrus Purpureus L.) collections from different part of the world and progeny 
plants. Thesis (2021).

https://hdl.handle.net/10568/131571
https://hdl.handle.net/10568/131571
https://doi.org/10.3390/agronomy7020028
https://doi.org/10.3390/plants11192549
https://doi.org/10.17352/gje.0000141
https://doi.org/10.1007/978-0-387-70805
https://doi.org/10.1007/978-3-642-14255-0_13
https://www.researchgate.net/publication/292768672


15

Vol.:(0123456789)

Scientific Reports |        (2023) 13:14509  | https://doi.org/10.1038/s41598-023-41583-7

www.nature.com/scientificreports/

	28.	 Harris, K., Anderson, W. & Malik, R. Genetic relationships among napiergrass (Pennisetum purpureum Schum.) nursery accessions 
using AFLP markers. Plant Genet. Resour. Charac. Util. 8, 63–70 (2009).

	29.	 Burton, G. W. Registration of ‘Merkeron’ Napiergrass. Crop Sci. 29, 1327 (1989).
	30.	 Hanna, W. W. & Monson, W. G. Registration of dwarf Tift N75 Napier grass germplasm. Crop Sci. 28, 870–871 (1988).
	31.	 Bhandari, H. et al. Assessment of genetic diversity in crop plants - an overview. Adv. Plants Agric. Res. 7, 279–286. https://​doi.​org/​

10.​15406/​apar.​2017.​07.​00255 (2017).
	32.	 Negawo, A. T. et al. Molecular markers as a tool for germplasm acquisition to enhance the genetic diversity of a Napier grass 

(Cenchrus purpureus syn. Pennisetum purpureum) collection. Trop. Grasslands-Forrajes Trop. 6, 58–69 (2018).
	33.	 Nei, M. Genetic distance between populations. Am. Nat. 106, 283–292 (1972).
	34.	 Wright, S. The genetical structure of populations. Ann. Eugen. 15, 323–354 (1951).
	35.	 Milligan, B. G. Maximum-likelihood estimation of relatedness. Genetics 163, 1153–1167 (2003).
	36.	 Vanderzande, S. et al. High-quality, genome-wide SNP genotypic data for pedigreed germplasm of the diploid outbreeding species 

apple, peach, and sweet cherry through a common workflow. PLoS ONE 14, 985 (2018).
	37.	 Cheung, C. Y. K., Thompson, E. A. & Wijsman, E. M. Detection of Mendelian consistent genotyping errors in pedigrees. Genet. 

Epidemiol. 38, 291–299. https://​doi.​org/​10.​1002/​gepi.​21806 (2014).
	38.	 Wamalwa, N. I. E. et al. Screening Napier grass accessions for resistance to Napier grass stunt disease using the loop-mediated 

isothermal amplification of DNA (LAMP). Crop Prot. 98, 61–69 (2017).
	39.	 Rocha, J. R. A. S. C. et al. Bioenergetic potential and genetic diversity of elephantgrass via morpho-agronomic and biomass quality 

traits. Ind. Crops Prod. 95, 485–492 (2017).
	40.	 Azevedo, A. L. S. et al. Cross species amplification of Pennisetum glaucum microsatellite markers in Pennisetum purpureum and 

genetic diversity of Napier grass accessions. Crop Sci. 52, 1776–1785 (2012).
	41.	 Pattanashetti, S. K. et al. Genetic variability in Napier grass (Pennisetum purpureum) germplasm conserved at ICRISAT genebank. 

In International Grassland Congress (2015).
	42.	 Kandel, R., Singh, H. P., Singh, B. P., Harris-Shultz, K. R. & Anderson, W. F. Assessment of genetic diversity in Napier Grass (Pen-

nisetum purpureum Schum.) using microsatellite, single-nucleotide polymorphism and insertion-deletion markers from pearl 
millet (Pennisetum glaucum [L.] R. Br.). Plant Mol. Biol. Rep. 34, 265–272 (2016).

	43.	 Kilian, A. et al. Diversity arrays technology: A generic genome profiling technology on open platforms. Methods Mol Biol. 888, 
67–89. https://​doi.​org/​10.​1007/​978-1-​61779-​870-2_5 (2012).

	44.	 Muktar, M. S. et al. Insights into the genetic architecture of complex traits in Napier grass (Cenchrus purpureus) and QTL regions 
governing forage biomass yield, water use efficiency and feed quality traits. Front. Plant Sci. 12, 678828 (2022).

	45.	 Wanjala, B. W. et al. Genetic diversity in Napier grass (Pennisetum purpureum) cultivars: Implications for breeding and conserva-
tion. AoB Plants 5, 022 (2013).

	46.	 Holsinger, K. E. Reproductive systems and evolution in vascular plants. PNAS 97, 7037–7042 (2000).
	47.	 Negawo, A. T. et al. Genetic diversity and population structure of a rhodes grass (Chloris gayana) collection. Genes 12, 1–10 (2021).
	48.	 Huff, D. R. RAPD characterization of heterogeneous perennial ryegrass cultivars. Crop Sci. 37, 557–594 (1997).
	49.	 Xie, X. M., Zhou, F., Zhang, X. Q. & Zhang, J. M. Genetic variability and relationships between MT-1 elephant grass and closely 

related cultivars assessed by SRAP markers. J. Genet. 88, 281–290 (2009).
	50.	 Sinche, M. et al. Development and characterization of a Napier grass (Cenchrus purpureus Schumach.) mapping population for 

flowering-time- and biomass-related traits reveal individuals with exceptional potential and hybrid vigor. GCB Bioenergy 13, 
1561–1575 (2021).

	51.	 Menezes, B. R. S. et al. Estimates of heterosis parameters in elephant grass (Pennisetum purpureum Schumach.) for bioenergy 
production. Chil. J. Agric. Res. 75, 395–401 (2015).

	52.	 Mwendia, S. W., Mwangi, D. M., Wahome, R. G. & Wanyoike, M. Assessment of growth rate and yields of three Napier grass varie-
ties in central highlands of Kenya. E. Afr. agric. For. J. 74, 211–217 (2008).

	53.	 Criscioni, P. et al. Replacement of alfalfa hay (Medicago sativa) with maralfalfa hay (Pennisetum sp.) in diets of lactating dairy 
goats. Anim. Feed Sci. Technol. 219, 1–12 (2016).

	54.	 de Souza, F. R. et al. Estimation of outcrossing rate in Napier grass. Crop Sci. 59, 1030–1036 (2019).
	55.	 Cheng, Y. K. Forage breeding in Taiwan. Asian Australas. J. Anim. Sci. 4, 203–209 (1991).
	56.	 Gruber, B., Unmack, P. J., Berry, O. F. & Georges, A. dartr: An r package to facilitate analysis of SNP data generated from reduced 

representation genome sequencing. Mol. Ecol. Resour. 18, 691–699. https://​doi.​org/​10.​1111/​1755-​0998.​12745 (2018).
	57.	 Zheng, X. et al. A high-performance computing toolset for relatedness and principal component analysis of SNP data. Bioinformat-

ics https://​doi.​org/​10.​1093/​bioin​forma​tics/​bts610 (2012).
	58.	 Pritchard, J. K., Stephens, M. & Donnelly, P. Inference of population structure using multilocus genotype data. Genetics 155, 

945–959 (2000).
	59.	 Evanno, G., Regnaut, S. & Goudet, J. Detecting the number of clusters of individuals using the software structure: A simulation 

study. Mol. Ecol. 14, 2611–2620 (2005).
	60.	 Kamvar, Z. N., Tabima, J. F. & Grünwald, N. J. Poppr: An R package for genetic analysis of populations with clonal, partially clonal, 

and/or sexual reproduction. PeerJ 2, e281 (2014).
	61.	 Jombart, T. Adegenet: A R package for the multivariate analysis of genetic markers. Bioinformatics 24, 1403–1405. https://​doi.​org/​

10.​1093/​bioin​forma​tics/​btn129 (2008).
	62.	 Excoffier, L., Smouse, P. E. & Quattro, J. M. Analysis of molecular variance inferred from metric distances among DNA haplotypes: 

Application to human mitochondrial-DNA restriction data. Genetics 131, 479–491 (1992).
	63.	 Paradis, E., Claude, J. & Strimmer, K. APE: Analyses of phylogenetics and evolution in R language. Bioinformatics 20, 289–290 

(2004).
	64.	 Sethuraman, A. On inferring and interpreting genetic population structure-applications to conservation, and the estimation of 

pairwise genetic relatedness. Graduate Theses and Dissertations (2013).
	65.	 Buiteveld, J. et al. Advanced genebank management of genetic resources of European wild apple, Malus sylvestris, using genome-

wide SNP array data. Tree Genet. Genomes 17, 4 (2021).
	66.	 Wang, J. & Zhang, Z. GAPIT Version 3: Boosting power and accuracy for genomic association and prediction. Genom. Proteom. 

Bioinform. 19, 629–640 (2021).

Acknowledgements
The research was conducted under the CGIAR Sustainable Animal Productivity (SAPLING) and the genebank 
initiatives, in Feed and Forage Development (FFD) program at the ILRI forage genebank in Addis Ababa, Ethio-
pia. CGIAR research is supported by contributions from the CGIAR Trust Fund. The authors would like to thank 
EMBRAPA, USDA-ARS, KALRO, ICRISAT, and the ILRI forage genebank for making their germplasm and 
breeding lines available for this study.

https://doi.org/10.15406/apar.2017.07.00255
https://doi.org/10.15406/apar.2017.07.00255
https://doi.org/10.1002/gepi.21806
https://doi.org/10.1007/978-1-61779-870-2_5
https://doi.org/10.1111/1755-0998.12745
https://doi.org/10.1093/bioinformatics/bts610
https://doi.org/10.1093/bioinformatics/btn129
https://doi.org/10.1093/bioinformatics/btn129


16

Vol:.(1234567890)

Scientific Reports |        (2023) 13:14509  | https://doi.org/10.1038/s41598-023-41583-7

www.nature.com/scientificreports/

Author contributions
C.S.J. designed the study and supervised the project and the manuscript writing, M.S.M. analysed the data and 
drafted the manuscript, W.A. and A.M. provided germplasm and suggested some topics for the manuscript, 
Y.A. and T.B. collected leaf samples, extracted DNA and sent samples for genotyping, A.T.N., A.T.G. and E.H.H. 
involved in seedling raising and management at Bishoftu site, field phenotyping was performed by E.H.H., Y.A. 
and M.S.M, T.F. supervised the data analysis. All authors contributed to the writing, review and approval of the 
final manuscript.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​023-​41583-7.

Correspondence and requests for materials should be addressed to C.S.J.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2023

https://doi.org/10.1038/s41598-023-41583-7
https://doi.org/10.1038/s41598-023-41583-7
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Analysis of global Napier grass (Cenchrus purpureus) collections reveals high genetic diversity among genotypes with some redundancy between collections
	Results
	Napier grass populations used in the study. 
	High density genome-wide DArTseq markers and their polymorphism. 
	The overall genetic diversity among Napier grass genotypes from different collections. 
	Genetic diversity between and within the collections and progeny plants. 
	Parentage analysis in the progeny plants. 
	Markers-trait associations. 

	Discussion
	Genetic diversity in worldwide Napier grass collections. 
	The collections displayed less genetic divergence and different levels of genotype redundancy. 
	Greater genetic variation was detected in progeny plants. 
	Genomic regions governing forage biomass yield. 

	Conclusions and recommendations
	Methods
	Plant materials. 
	DNA extraction and genotyping. 
	Genetic diversity and population structure analysis. 
	Parentage analysis. 
	Field phenotyping of Napier grass genotypes. 
	Marker trait association analysis. 

	References
	Acknowledgements


