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Using dimensionality‑reduction 
techniques to understand 
the organization of psychotic 
symptoms in persistent psychotic 
illness and first episode psychosis
Leah M. Fleming 1,2, Ann Catherine Lemonde 3, David Benrimoh 3, James M. Gold 4, 
Jane R. Taylor 1,6,7,8, Ashok Malla 3,5, Ridha Joober 3,5, Srividya N. Iyer 3,5, Martin Lepage 3,5, 
Jai Shah 3,5 & Philip R. Corlett  1,6,8,9*

Psychotic disorders are highly heterogeneous. Understanding relationships between symptoms will 
be relevant to their underlying pathophysiology. We apply dimensionality-reduction methods across 
two unique samples to characterize the patterns of symptom organization. We analyzed publicly-
available data from 153 participants diagnosed with schizophrenia or schizoaffective disorder (fBIRN 
Data Repository and the Consortium for Neuropsychiatric Phenomics), as well as 636 first-episode 
psychosis (FEP) participants from the Prevention and Early Intervention Program for Psychosis (PEPP-
Montreal). In all participants, the Scale for the Assessment of Positive Symptoms (SAPS) and Scale 
for the Assessment of Negative Symptoms (SANS) were collected. Multidimensional scaling (MDS) 
combined with cluster analysis was applied to SAPS and SANS scores across these two groups of 
participants. MDS revealed relationships between items of SAPS and SANS. Our application of cluster 
analysis to these results identified: 1 cluster of disorganization symptoms, 2 clusters of hallucinations/
delusions, and 2 SANS clusters (asocial and apathy, speech and affect). Those reality distortion items 
which were furthest from auditory hallucinations had very weak to no relationship with hallucination 
severity. Despite being at an earlier stage of illness, symptoms in FEP presentations were similarly 
organized. While hallucinations and delusions commonly co-occur, we found that their specific themes 
and content sometimes travel together and sometimes do not. This has important implications, not 
only for treatment, but also for research—particularly efforts to understand the neurocomputational 
and pathophysiological mechanism underlying delusions and hallucinations.

Schizophrenia is defined by five core features1: delusions, hallucinations, disorganized speech, grossly disor-
ganized/catatonic behavior and negative symptoms. To be diagnosed, a person must exhibit at least 2 of these 
with at least one being delusions, hallucinations or disorganized speech. This means that two individuals can be 
diagnosed with schizophrenia despite having no symptoms in common.

Because of this heterogeneity, many scientists have adopted a symptom rather than syndrome approach. They 
study the mechanisms of delusions while attempting to control for other symptoms2. Such focus is common in 
cognitive neuropsychiatry3 and more recently computational psychiatry4. Since delusions and hallucinations 
often co-occur, and respond to drugs that block dopamine D2 receptors, some accounts—like Kapur’s aberrant 
incentive salience theory5, attempt to explain both hallucinations and delusions within the same framework. 

OPEN

1Department of Psychiatry, Yale University School of Medicine, New Haven, CT, USA. 2Interdepartmental 
Neuroscience Department, Yale University, New Haven, CT, USA. 3Department of Psychiatry, McGill University 
Montreal, Qubec, Canada. 4Maryland Psychiatric Research Center, University of Maryland School of Medicine, 
Baltimore, MD, USA. 5The Prevention and Early Intervention Program for Psychosis (PEPP‑Montreal), Douglas 
Mental Health University Institute, Qubec, Canada. 6Department of Psychology, Yale University, New Haven, 
CT, USA. 7Department of Neuroscience, Yale University, New Haven, CT, USA. 8Wu Tsai Institute, Yale University, 
New Haven, CT, USA. 9Connecticut Mental Health Center, 34 Park St, New Haven, CT  06519, USA. *email: 
philip.corlett@yale.edu

http://orcid.org/0000-0002-5368-1992
http://crossmark.crossref.org/dialog/?doi=10.1038/s41598-023-31909-w&domain=pdf


2

Vol:.(1234567890)

Scientific Reports |         (2023) 13:4841  | https://doi.org/10.1038/s41598-023-31909-w

www.nature.com/scientificreports/

Such efforts while admirable, have not withstood empirical examination. Hallucinations and delusions emerge 
separately6 and resolve differently with treatment7,8. Models and data that explain delusions often appeal to 
orthogonal mechanisms to those invoked for hallucinations9–11. However, some accounts suggest attending to 
symptom themes may help; commonality across passivity delusions (beliefs that one’s actions or thoughts are 
under the control of an external agent) and auditory verbal hallucinations exists12.

Thus, conclusions about the biological and computational basis of psychosis are impacted by how these 
symptoms co-occur. We believe that the clinical phenomenology should guide our construction of explanatory 
models13. However, we favor data driven rather than descriptive approaches to the organization of psychotic 
symptoms. The overarching aim of this work is to enrich and constrain accounts of positive symptoms which 
span biology and behavior by studying the ways in which positive symptoms co-occur.

A growing literature employs data-driven approaches to clarify relationships among psychotic symptoms14–17 
and has been shown to predict important long-term outcomes better than conceptual distinctions (e.g. posi-
tive and negative symptoms)18. However, these studies have used different techniques, in varying samples 
which sometimes conflate phases of illness, diagnoses, and medication experience17. For instance, Minas and 
colleagues19 applied multidimensional scaling (MDS) to the Scale for the Assessment of Positive Symptoms 
(SAPS) and the Scale for the Assessment of Negative Symptoms (SANS) scores in patients with various psychotic 
illnesses. Others have used principal component analysis (PCA) with global symptoms20, or various subsets of 
reality distortion symptoms in studies of patients with schizophrenia14 or in FEP samples15,16. And others still 
have conducted exploratory factor analysis techniques18,20–22. There are consistent findings: a three factor divi-
sion is apparent23 (Reality distortion, Disorganization, Negative Symptoms), but subdivisions within these also 
likely exist17,18,20,21, and when reality distortion is examined more closely, specific delusional contents were more 
related to auditory hallucinations (e.g. passivity delusions) while other delusion themes (such as grandiose delu-
sions) were not14–16,19,23. However, there remains many inconsistencies across these studies, leading to varying 
conclusions about symptom organization.

We therefore sought to replicate and extend these findings in publicly available SAPS and SANS measures 
from patients with persistent psychotic illness, applying MDS and cluster analysis to study latent symptom 
structure. MDS can characterize and visualize the overall structure of how symptoms relate to one another. 
This method is optimal for visualizing relationships between items24. Non-metric MDS is especially suitable for 
ordinal data like SAPS and SANS19. Similar methods have been used previously19, but advances in statistical 
techniques can increase confidence and interpretation. Our focus is on understanding how different types of 
hallucinations and delusions relate to each other, but we ground these analyses by also including the two other 
hallmark categories of symptoms experienced by patients: thought disorder (from SAPS) and negative symptoms 
(from SANS). Using MDS, we can thus visualize the relationships amongst our items of interest and also their 
proximity to other important symptoms. This can also be achieved with PCA, which we report in the Supplement.

We also repeated our analyses on an independent, minimally medicated FEP sample, and further separated 
this sample by diagnostic subtype (affective v. nonaffective psychosis), to examine the consistency of symptom 
organization across illness chronicity, medication exposure and psychotic illness sub-type.

Consistent with previous findings14–16,19 we hypothesized that MDS would yield a three-factor division: reality 
distortion, thought disorder and negative symptoms23, but would also help identify and clarify further deline-
ations of reality distortion.

In summary, we sought to study the inter-relationships between hallucinations and delusions (with different 
contents). We hope that the outcome of our efforts may assist computational psychiatry approaches to psychotic 
symptoms, which have begun to identify common and distinct processes in delusions and hallucinations.

Results
Persistent psychotic illness sample.  Four SAPS items were excluded from the MDS analysis because of 
low endorsement and an additional two SAPS and three SANS items excluded for low communality (Table S1; 
Fig. 1c).

A 2-dimensional solution was selected because there was a large reduction in stress between 1 and 2 dimen-
sions, but little reduction for subsequent dimensions (Fig. 1a). Stress is a goodness-of-fit metric of the difference 
between the observed similarity matrix and the estimated pairwise distance matrix. Our model had significantly 
lower stress than 500 random iterations (p < 0.001) (Fig. 1b). The MDS solution (Fig. 1d) had an R2-value of 
0.92, indicating a strong relationship between items in this 2D space and their pairwise correlation coefficients.

To ensure our results were not biased by our inclusion criteria, we re-ran the MDS with all items of SAPS 
and SANS (Fig. 1e). The R2 value for this solution was lower at 0.903 and the stress on the model increased from 
10.62 to 11.87. Additionally, when we apply a Procrustes transformation across the two models, we find that 
the congruence for the two dimensions is very high at 0.99 and 0.97 respectively. This confirms our exclusion 
criteria did not influence the solution extensively. We next re-ran our MDS with only SAPS items which met 
our inclusion criteria, to determine whether inclusion of SANS affects our results (Fig. S1). The localization of 
SAPS items was consistent when SANS were excluded versus included, with congruence between the two sets 
of vertical and horizontal dimensions at 0.98, and 0.76 respectively.

We performed a k-means cluster analysis with the optimal number of clusters based on gap statistic (Fig. 2a,b). 
Voice-hearing symptoms clustered with passivity delusions, while delusions of reference and persecution (para-
noid) also localized towards the upper bound of this cluster. Next, we identified a cluster containing non-auditory 
hallucinations with all other types of delusions. Another cluster comprised all items from the formal thought 
disorder section of SAPS and grandiose delusions. The remaining SANS items were divided into two distinct 
clusters: asocial and apathy versus speech and affect.
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Figure 2c shows the relative distances from auditory hallucinations (AUD) to a range of key reality distortion 
symptoms in the MDS solution, color-weighted by their bivariate correlation with AUD. Voices communicat-
ing are almost coincident and highly correlated, whereas visual hallucinations are further and weaker, as are 
persecutory delusions, grandiose delusions and delusions of jealousy. To further ensure that our results were 
not driven by unrelated characteristics of the symptom items like overall endorsement or differing variance 
in reported scores, we computed the correlation between distance from AUD and mean item rating across all 

Figure 1.   Multidimensional scaling solution for persistent psychotic illness sample. (a) Scree plot representing 
stress on the model across different potential numbers of dimensions used in the solution. (b) Permutation 
test results with distribution of estimated stress from 500 randomly permuted sets of our data. Stress in the 
experimental solution (red line) was significantly less (p < 0.001). (c) Communality exclusion criteria shown 
based on Browne index values plotted across all items of SAPS and SANS. Cutoff criteria indicated by red 
dashed line; those items lying below this criterion and therefore excluded filled in red (items which failed to 
pass inclusion criteria for endorsement not shown). (d) Two-dimensional solutions for our MDS analysis. 
The colors are added to differentiate subgroups of symptoms previously identified in the literature. (e) MDS 
solution with all items included (no exclusion criteria) with items that met inclusion criteria labeled by the box 
and items which were excluded from the original analysis (and therefore not included in d) in asterisk. CON: 
voices conversing, COM: voices commenting, SOM_H: somatic hallucinations, VIS: visual hallucinations, 
OLF: olfactory hallucinations, SOM_D: somatic delusions, GRA: grandiose delusions, REL: religious delusions, 
PERS: persecutory delusions, REF: delusions of reference, DCO: delusions of being controlled, GLT: delusions 
of guilt/sin, JEAL: delusions of jealousy, DMR: delusions of mind reading, SCL: social and sexual behavior, 
TAN: tangentiality, TBR: thought broadcasting, DER: derailment, TWD: thought withdrawal, INC: incoherence, 
ILL: illogicality, CIR: circumstantiality, PRE: pressure of speech, DST: distractible speech, TIN: thought 
insertion, GRM: grooming and hygiene, EXP: unchanging facial expression, SPO: less spontaneous activity, 
GES: paucity of gestures, EYE: poor eye contact, ANR: affective non-responsiveness, VIN: low vocal inflection, 
PSP: poverty of speech, BLK: blocking, IWS: impersistence at work, PAN: physical anergia, SEX: sexual activity, 
SOC: relationships with friends, INT: Inability to feel intimacy, REP: repetitive and stereotyped behavior, 
AGR: aggressive and agitated behavior, LAT: increased latency of response, CLN: clanging, APR: clothing and 
appearance, MST: inattentiveness during mental status testing, PCSP: poverty of content of speech.
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participants (r = 0.17, p = 0.30) as well as standard deviation in item rating (r = − 0.01, p = 0.97) and found no 
relationship with either.

First episode psychosis (FEP) vs persistent illness.  The first-episode psychosis sample had very simi-
lar patterns of symptom organization as compared to the persistent illness group (Fig. 3b,c). The items that did 
not meet criteria for inclusion for MDS analysis in this dataset were different from the original dataset (Table S1; 
Fig. 3a). Therefore, items that did not meet the criteria for both samples were removed, and MDS was run on 
the remaining items in this sample and re-run in the original sample, producing solutions with R2-values of 
0.93 and 0.96 respectively. Again, passivity delusions and auditory-type hallucinations localized together, then 
grandiose and religious delusions localized together, closer to thought disorder symptoms (Fig. 3b). The distance 
from auditory hallucinations and respective Fisher’s Z transformed correlation coefficient increased from voices 
commenting and passivity delusions to visual hallucinations and grandiose delusions consistently across both 
samples (Fig. 3d).

Note that because more items were excluded to accommodate comparison across datasets, patterns of localiza-
tion for negative affect and paranoid delusions could not be observed, but the general organization was consistent. 
The MDS solutions across persistent and first-episode samples had high congruence coefficients, 0.941 and 0.864 
for the first and second dimension respectively.

The cluster analysis for the FEP sample revealed only three clusters as the optimal solution according to gap 
statistics (Fig. 3e). The solution generally depicts a negative symptom cluster, a reality distortion cluster and a 
thought disorder cluster, although delusions separate into different clusters with grandiose and religious delu-
sions clustering with thought disorder symptoms (Fig. 3f).

We next computed Fisher’s z-transformed r for each correlation with auditory hallucinations within each 
dataset and tested for statistical differences applying Bonferroni correction for multiple comparisons. The within-
cluster correlations with auditory hallucinations were significantly stronger than those with items that fell outside 
the auditory hallucinations cluster. We also found that the Bonferroni corrected strength of between symptom 
correlations with auditory hallucinations did not differ between the datasets (Table S3).

Figure 2.   MDS follow-up cluster analysis and relationship with correlation coefficients. (a) Gap statistics 
across different number of clusters for k-means cluster analysis of persistent illness sample. Optimal number 
of clusters marked with vertical dashed line. (b) K-means cluster analysis solution with 5 clusters. (c) Relative 
distances between various reality distortion items and auditory hallucinations (AUD) from MDS with their 
pairwise correlation coefficients in color. CON: voices conversing, COM: voices commenting, SOM_H: somatic 
hallucinations, VIS: visual hallucinations, OLF: olfactory hallucinations, SOM_D: somatic delusions, GRA: 
grandiose delusions, REL: religious delusions, PERS: persecutory delusions, REF: delusions of reference, DCO: 
delusions of being controlled, GLT: delusions of guilt/sin, JEAL: delusions of jealousy, DMR: delusions of mind 
reading, SCL: social and sexual behavior, TAN: tangentiality, TBR: thought broadcasting, DER: derailment, 
TWD: thought withdrawal, INC: incoherence, ILL: illogicality, CIR: circumstantiality, PRE: pressure of speech, 
DST: distractible speech, TIN: thought insertion, GRM: grooming and hygiene, EXP: unchanging facial 
expression, SPO: less spontaneous activity, GES: paucity of gestures, EYE: poor eye contact, ANR: affective non-
responsiveness, VIN: low vocal inflection, PSP: poverty of speech, BLK: blocking, IWS: impersistence at work, 
PAN: physical anergia, SEX: sexual activity, SOC: relationships with friends, INT: Inability to feel intimacy.
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Figure 3.   MDS solution for first-episode. (a) Browne index values for items from the FEP sample. Items in red are below 
threshold for inclusion. (b) MDS solution for FEP and (c) persistent illness sample with items which met inclusion at both 
sites. (d) Relative distances between various reality distortion items and auditory hallucinations (AUD) from MDS with their 
pairwise Fisher’s Z transformed correlation coefficients in color for FEP and persistent illness samples compared side-by-side. 
(e) Gap statistics across different number of clusters for k-means cluster analysis of FEP sample. Optimal number of clusters 
marked with vertical dashed line. (f) K-means cluster analysis solution with 3 clusters. CON: voices conversing, COM: voices 
commenting, SOM_H: somatic hallucinations, VIS: visual hallucinations, OLF: olfactory hallucinations, SOM_D: somatic 
delusions, GRA: grandiose delusions, REL: religious delusions, PERS: persecutory delusions, REF: delusions of reference, 
DCO: delusions of being controlled, GLT: delusions of guilt/sin, JEAL: delusions of jealousy, DMR: delusions of mind reading, 
SCL: social and sexual behavior, TAN: tangentiality, TBR: thought broadcasting, DER: derailment, TWD: thought withdrawal, 
INC: incoherence, ILL: illogicality, CIR: circumstantiality, PRE: pressure of speech, DST: distractible speech, TIN: thought 
insertion, GRM: grooming and hygiene, EXP: unchanging facial expression, SPO: less spontaneous activity, GES: paucity of 
gestures, EYE: poor eye contact, ANR: affective non-responsiveness, VIN: low vocal inflection, PSP: poverty of speech, BLK: 
blocking, IWS: impersistence at work, PAN: physical anergia, SEX: sexual activity, SOC: relationships with friends, INT: 
Inability to feel intimacy.
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Affective FEP vs non‑affective FEP.  When the FEP sample was split into affective (Fig. 4a) and non-
affective (Fig. 4b) psychosis, we observed a similar spatial organization of symptoms in both subgroups. After 
Procrustes transformations, the congruence coefficients between the first and second dimensions were 0.960 and 
0.933 respectively.

We further tested whether reality distortion symptoms that cluster together in the MDS solution load similarly 
in a principal component analysis and did find distinct groupings of symptoms which load together in PCA and 
are also more closely aligned in MDS for both persistent illness (Fig. S2) and FEP (Fig. S3).

To draw further comparisons between the two datasets (as we have with the Procrustes transformations, con-
gruence analysis and PCA) we sought to demonstrate measurement invariance (of the SAPS and SANS) between 
the two datasets. To do so, we first conducted an exploratory factor analysis on the FEP sample (the larger of 
our two datasets) to determine the optimal number of factors and which items make up each factor. Based on a 
minimized BIC and on visualizing the elbow of the scree plot (Fig. S4), a 5-factor solution was the best model.

We then input this 5-factor model to a multigroup confirmatory factor analysis (m-CFA)—including both 
the FEP and Persistent Illness datasets—to test for measurement invariance using established methods25 across 
the two samples, excluding participants with missing data. These methods were implemented in R using the 
lavaan and semtools packages.

We start by determining whether a consistent factorial structure can be fit across our groups with a configural 
invariance model using a WLSMV estimator. The model fit our groups well (RMSEA = 0.032) based on established 
cutoff criteria for goodness of fit indices25.

Next, we tested for metric invariance by fixing the factor loadings across the FEP and persistently ill groups 
to be equivalent and find this model has a good fit and is not statistically different from the original model 
(χ2 = 32.5, df = 27, p = 0.21, RMSE = 0.028).

Since we established metric invariance, we next explored whether there was scalar invariance by setting 
both the loadings and intercepts equal across our groups. Despite a good fit for this model, we do see a sig-
nificant difference between this new, more constrained model and the previous model (χ2 = 1103.1, df = 27, 
p < 0.01, RMSEA = 0.029) so we ease our constraints and allow some items’ intercepts to be freely estimated 
across groups26.

The items which were allowed to vary freely were: PRE, TBR, SOM_H, AGR, PSP, EYE, CON, GRA, REL, 
IWS and GRM. The chi-square difference test between this partially fixed model and our original model was not 
statistically different with a similar model fit ((χ2 = − 16.2, df = 14, p > 0.9, RMSEA = 0.028), indicating partial 
metric invariance between the groups on these SAPS and SANS items.

Finally, we tested for the most stringent measurement invariance, strict invariance, where loadings, intercepts 
and residuals are fixed to be the same across our groups, allowing the same items to have freely estimated inter-
cepts as in the previous model. We were not able to establish strict invariance because this model was statistically 
different from our previous model (χ2 = 91.5, df = 32, p < 0.01, RMSEA = 0.028).

Figure 4.   MDS solution for subgroups of FEP sample. (a) MDS solution for participants with an Affective FEP 
and (b) Non-affective FEP diagnosis. CON: voices conversing, COM: voices commenting, SOM_H: somatic 
hallucinations, VIS: visual hallucinations, OLF: olfactory hallucinations, SOM_D: somatic delusions, GRA: 
grandiose delusions, REL: religious delusions, PERS: persecutory delusions, REF: delusions of reference, DCO: 
delusions of being controlled, GLT: delusions of guilt/sin, JEAL: delusions of jealousy, DMR: delusions of mind 
reading, SCL: social and sexual behavior, TAN: tangentiality, TBR: thought broadcasting, DER: derailment, 
TWD: thought withdrawal, INC: incoherence, ILL: illogicality, CIR: circumstantiality, PRE: pressure of speech, 
DST: distractible speech, TIN: thought insertion, GRM: grooming and hygiene, EXP: unchanging facial 
expression, SPO: less spontaneous activity, GES: paucity of gestures, EYE: poor eye contact, ANR: affective non-
responsiveness, VIN: low vocal inflection, PSP: poverty of speech, BLK: blocking, IWS: impersistence at work, 
PAN: physical anergia, SEX: sexual activity, SOC: relationships with friends, INT: Inability to feel intimacy.
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Taken together, we suggest there is configural and metric invariance on the SAPS and SANS across the two 
datasets, as well as good partial scalar invariance. However, our datasets lack strict invariance.

Establishing configural and metric invariance is the most important for our purposes. Configural invariance 
tells us that the items load in the same direction across the two datasets. Metric invariance tells us that each item 
loads onto each factor (latent variable) by the same amount (i.e. the slope between the item and the factor are 
equal) across the two datasets. Hence, a change from a 1 to a 2 is the same in FEP and in chronically ill samples.

We fell short of demonstrating strict invariance. Strict invariance suggests that the explained variance for 
every item is the same across groups. Put more strongly, the latent construct is measured identically across 
groups. We cannot claim identity. However, based on the Procrustes analysis, and the other invariance analyses, 
we feel confident in claiming that the organization of positive symptoms is similar in first episode and chronic 
schizophrenia. We were most interested in whether the organization of symptoms is consistent, not whether 
the magnitude of endorsement of each cluster/factor is the same across our groups, so we did not compare the 
magnitude of endorsement of each symptom or each factor in each dataset. Our analyses suggest similarities 
in the inter-relationships between hallucinations and delusions across two independent samples from different 
illness phases. Since we did not establish strict measurement invariance, we cannot conclude that these patterns 
are identical across datasets, but they are highly similar.

Discussion
In order to further understand how symptoms of psychotic illnesses relate to each other, we leveraged data-driven 
approaches14–16,19,27 in independent persistent and early-stage clinical samples. We used dimensionality-reduction 
techniques in parallel across samples, generating a robust and replicable relationship and distinction of symp-
toms. Our two samples differ in age, length of illness, diagnoses and experience with antipsychotic medication, yet 
the organization of MDS and the loadings of PCA were highly related across samples. This indicates that symptom 
organization is conserved across illness phase and across confounds like medication exposure and diagnosis.

Many of the scales and diagnostic tools used to study psychotic symptoms (including SAPS and SANS) 
currently combine items into conceptual categories. However, our results challenge the idea that hallucina-
tions versus delusions, for instance, are the best categories for organizing symptom research. Our data-driven 
approaches suggest instead studying symptoms which are statistically rather than conceptually related. In fact, 
recent neuroimaging research has shown that PCA components of symptom scales were superior for identifying 
robust correlates of brain connectivity compared to traditional scale sub-scores28.

Previous work has focused on EFA and PCA to determine how many factors best capture symptom dimen-
sions. Varying conclusions have been drawn, and in many cases a handful of symptoms do not fit into any factor18. 
Our MDS results can illuminate the relationships between items and give a more fine-grained understanding. Our 
results in the persistently ill sample capture both the overall distinction of reality distortion from other psychotic 
symptoms generally, and the clear pattern of separation of auditory hallucinations and passivity delusions from 
grandiose and negative affect delusions as well as non-auditory hallucinations. We can even draw conclusions at 
the level of individual symptoms within clusters, especially given the strong replication across our samples. And 
in both samples, we find that reality distortion items which are further from AUD have low to zero correlation 
coefficients with AUD (Fig. 3d), suggesting divergent underlying pathophysiological mechanisms.

One key difference between our persistently ill and FEP samples we observed was which items were excluded 
due to low endorsement or low communality with other items (Table S1). Further work could directly determine 
whether there are meaningful differences in these items which differ on our inclusion criteria. Importantly 
amongst those symptoms which do meet both inclusion criteria, congruence is high and the relationship between 
auditory hallucinations and other reality distortion symptoms is maintained (Fig. 3d).

Our results overall are consistent with many previous studies showing divisions in reality distortion symp-
toms exist14–16,19,27; even Liddle’s original factor analysis work indicated a division amongst reality distortion23. 
He reported a group of reality disintegration symptoms (mostly Schneiderian first rank symptoms like auditory 
verbal hallucinations and passivity delusions) and a group of what Liddle termed integrative reality distortion 
symptoms (like persecutory, referential, and grandiose delusions). This sub-structure within reality distortion 
did not become a focus for future research. We are delighted to replicate and extend it presently.

We show here a symptom-level visualization of these divisions amongst reality distortion. This symptom 
structure could aid in elucidating the underlying biopsychosocial causes of symptoms, informing and improv-
ing clinical practice. Dense-array EEG has revealed differences in cortical high gamma oscillations in patients 
with passivity delusions and auditory hallucinations compared to those lacking such symptoms29. These separate 
symptom clusters may also predict different treatment response and prognosis better than traditional diagnoses30. 
In fact, delusion severity and hallucination severity at symptom onset was shown to predict different clinical 
outcomes31; specific delusion and hallucination clusters may be most predictive of these outcomes.

This framework could also inform our computational understanding of reality monitoring. Hierarchical 
perceptual-inference models have been proposed to help explain both commonalities and differences related 
to hallucinations and delusions9,10; our work suggests such accounts must recognize that some delusions occur 
with hallucinations, and may share mechanisms, while others do not. Auditory hallucinations and passivity 
delusions may be driven by alterations at lower levels of an inferential neural hierarchy (more proximal to sen-
sory inputs)10,32. Other delusions, conversely, may be driven by changes in processing at higher (more abstract) 
levels of these hierarchical models9,10. For instance, paranoia has been connected to prior beliefs about how 
contingencies might shift dynamically22,33 and grandiosity to more severe cognitive reasoning biases34. Phenom-
enologically, our vertical axis may represent this spectrum from higher-order, more cognitive deficits grounded 
by disordered thought at the top, moving through delusions of grandiosity and persecution35 to lower-order, 
more perceptual deficits anchored by auditory hallucinations34,36. While this cannot be formally tested here, our 
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hypothesis would predict that parameters of hierarchical perceptual-inference models which related to higher 
levels of the hierarchy (and activity in brain regions proposed to anchor these levels) are more related to certain 
delusions and thought disorder, while parameters at lower levels of the model should relate more to passivity 
delusions and hallucinations.

Strengths and limitations
Symptom severity does change with illness progression in schizophrenia37 and negative symptoms severity, 
in particular, can be unstable and challenging to measure over the course of first-episode psychosis38. We do 
observe separation between the groups in the differences in exclusion criteria across samples and this may also 
drive the difference in the cluster analysis results in our FEP sample with additional delusion and hallucination 
items excluded. However, despite these known differences across illness stage, the organization of symptoms 
is highly consistent across our two samples, supporting the idea that this symptom organization is conserved 
across illness phases.

Our MDS analyses used the SAPS and SANS because these scales provide detailed symptom information 
and generally have high temporal stability, IRR39 and construct validity40. We do lack IRRs for the persistent 
psychotic illness sample here, which was collected across multiple sites, and the FEP sample was collected over 
15 years across multiple raters without complete IRRs for each rater, which could introduce additional variability. 
However, this makes it even more remarkable that these results show such high consistency across samples and 
subsamples, with this additional introduction of variance across participants.

It is also possible some patterns we observe could be driven by characteristics of these particular scales we 
chose. Although we focus on relationships amongst positive symptoms, we do include items of SANS. The SANS 
includes several items which are considered secondary to other symptom and thus not true negative symptoms 
(e.g. attention disturbance, poverty of content of speech, increased latency to response, inappropriate affect)41,42; 
most of these items were excluded because of low endorsement or communality (Table S1) which supports the 
argument that these represent a different construct from negative symptoms. In the chronically-ill sample, our 
results are consistent with the conclusion that SANS is composed of two separatable components, which is 
consistent with previous results using factor analysis and identifying separable motivational versus diminished 
expression groups of symptoms43,44. Importantly, because we applied MDS across both SAPS and SANS, we show 
here that neither of these clusters of SANS items overlap strongly with SAPS items either, demonstrating they 
offer unique contributions. Also, we show that the organization of SAPS items is generally consistent regardless 
of whether we include SANS or not (Fig. S1) so our conclusions about reality distortion symptoms stand with 
or without the SANS.

Future direction
Future studies can explicitly compare symptom organizations across medicated and unmedicated patients, or in 
relation to length of medication exposure. Our results across samples indicate that medication status is unlikely 
to drive symptom relationships observed.

Furthermore, more future work might apply similar techniques longitudinally and in at-risk youth to deter-
mine whether early-stage symptoms predict later manifestations, or indeed conversion to psychosis. Previous 
work already supports the hypothesis that specific types of symptoms and their order of onset can predict 
outcome6,18,45.

Finally, methods for visualizing dimensional structure in data are developing rapidly46. As we replicate and 
extend these observations we will employ those new methods, which may reveal further relationships amongst 
symptoms.

Conclusions
We found that certain symptoms of psychosis co-occur whilst others do not, and this is relatively consistent 
across samples of patients at different illness phases. Like the report from Peter Liddle in 1987 (in a small sample 
of patients with chronic schizophrenia) we identified two reality distortion clusters, one disorganization cluster 
and two SANS clusters (asocial and apathy, and speech and affect). One reality distortion cluster contained audi-
tory verbal hallucinations as well as passivity delusions. The other reality distortion cluster contained religious 
and referential delusions and non-auditory hallucinations, while grandiose delusions clustered separately with 
disorganization items. Perhaps these clusters are underwritten by different neurocomputational mechanisms, 
which may portend different prognoses and treatment responses. Leveraging these relationships for clinical 
practice and research will deepen our understanding of psychosis.

Methods
Participants.  Persistent psychotic illness sample and scales.  Clinical measures from 153 participants with 
a persistent psychotic disorder were obtained from open sources (see Supplementary Methods for more details 
on participants). The SAPS and SANS, two structured, patient-interview, 6-point rating scales developed spe-
cifically for schizophrenia, were administered to participants. These scales are consistent with other measures 
of positive and negative symptoms47. We included all items and determined inclusion for statistical testing in a 
data-driven manner (see “Statistical methods”).

FEP sample.  We accessed a sample of 636 participants experiencing first-episode psychosis from the Preven-
tion and Early Intervention Program for Psychosis (PEPP-Montreal). All participants had a diagnosis of affective 
or non-affective psychotic illness according to SCID-IV and received antipsychotic medications for no more 
than 30 days upon entry (average at the date of assessment was 21.7 days). They were administered the SAPS 
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and SANS by trained raters48 with moderate to high interrater reliability (IRR)49. Clinical assessments took place 
within 1-month of first intake into the PEPP-Montreal clinical services program and participants were asked to 
recall their most acute state from the last 3 months during assessment. Demographic and clinical information 
can be found in Table 1.

Statistical methods.  Persistent psychotic illness sample.  Analyses were completed in R-Version 1.0.153 
using MASS, psych, pracma and tidyr packages. To assess the relationships between items on SAPS and SANS, 
we applied non-metric MDS to Euclidean distances estimated between items19. MDS reduces dimensionality by 
maintaining dissimilarity between items as relative distances in a new space with the fewest possible dimensions. 
Nonmetric MDS is ideal for ordinal measures19 and requires fewer dimensions because it does not assume the 
distance function is linear. Literature suggests n = 153 is sufficient to characterize SAPS and SANS items into 2, 3 
or 4 dimensions, and the solution is largely insensitive to increasing sample size50 and stress measures are gener-
ally stable and reliable at this sample size51.

Consistent with prior work, and because we were interested in item inter-relation, we excluded items for which 
fewer than 10% of participants scored ≥ 2 and items with low communality with other items19. These exclusion 
criteria remove scale items which: (1) very few participants experience and thus are difficult to meaningfully 
identify relationships with other symptoms (low endorsement) and (2) have little in common with any other 
items on these scales, contributing little to the overall structure of symptoms (low communality). To determine 
items with low communality, we calculated squared multiple correlation coefficients and adjusted correlation 
metrics (multiple correlation coefficients can be inflated with this number of variables and sample size): an 
adjusted R2 and a more stringent index from Browne and colleagues52. In line with previous work19 items with 
Browne index < 0.15 were excluded from subsequent analyses (Table S1; Figs. 1C and 3A). To confirm that our 
exclusion criteria and choices about which items to include were not biasing our results and the conclusions we 
draw, we also ran MDS with different sets of items included and tested the congruence of our solutions. Here 
we also confirm whether our exclusion criteria increase goodness-of-fit and explained variance of our model.

Table 1.   Demographic and clinical measures in persistent psychotic illness participants divided by open-
access data source (fBIRN or UCLA), as well as the FEP replication sample. a Statistics reported for differences 
between fBIRN and UCLA persistent psychotic illness samples. b Statistics reported for for differences between 
MPEPP and other Samples.

Demographics
fBIRN
n (%)

UCLA
n (%) Statisticsa

PEPP-Montreal
n (%) Statisticsb

Sex χ2 = 0.35, p = 0.55 χ2 = 0.47, p = 0.79

 Female 31 (30%) 12 (24%) 191(30%)

 Male 72(70%) 38 (76%) 444(69.8)

 Missing 0 0 (0%) 1 (0.2%)

Age T = 0.42, p = 0.68 T = 15.1, p < 0.001

 Mean (SD) 37.2 (11.3) 36.5(8.9) 23.8(4.75)

 Range 19–61 22–49 14–35

Education level χ2 = 4.55, p = 0.10 χ2 = 25.4, p < 0.001

 Completed HS (or 12+ grades) 79 (76.7%) 38 (76%) 405 (63.7%)

 Did not complete HS (or < 12 grades) 9 (8.7%) 9 (18%) 194 (30.5%)

 Missing/not specified 15 (14.6%) 3 (6%) 37 (5.9%)

Visible minority status χ2 = 31.0, p < 0.001 χ2 = 69.0, p < 0.001

 White 73 (71%) 33 (66%) 374 (58.8%)

 Black 19 (18%) 2 (4%) 83 (13.1%)

 Asian 2 (2%) 1 (2%) 49 (7.7%)

 Aboriginal 0 (0%) 11 (22%) 2 (0.3%)

 More than 1 0 (0%) 1 (2%) NR

 Other 0 (0%) 0 (0%) 87 (13.7%)

 Missing/not specified 9 (9%) 2 (4%) 41 (6.4%)

Clinical variables

 Diagnosis χ2 = 0.06, p = .81

  Schizophrenia/non-affective FEP 77 (75%) 39 (78%) 412 (65%)

  Schizoaffective/affective FEP 26 (25%) 11 (22%) 172(27%)

  Other 0 (0%) 0 (0%) 52 (8%)

 Antipsychotic use χ2 = 4.11, p = .13 χ2 = 17.5, p < 0.001

  Currently using 86 (83%) 45 (90%) 447 (70%)

  Not currently using 9 (9%) 5 (10%) 76 (12%)

  Missing/not specified 8 (8%) 0 (0%) 113 (18%)
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We determined the optimal number of dimensions by quantifying stress across solutions with different 
dimensions. Stress is a goodness-of-fit metric of the difference between the observed similarity matrix and the 
estimated pairwise distance matrix. Furthermore, in order to determine whether our model performed signifi-
cantly above chance, we permuted the raw scale data53, one item at a time and then calculated the correlations 
for that permuted item with all other unpermuted items. A permutation test was chosen because it does not 
rely on assumptions about the population distribution53 and is a superior method for determining robustness 
of MDS for a given dataset as compared to stress rule-of-thumbs51. We repeated this until all correlations were 
re-computed and applied non-metric MDS to the re-computed correlation matrix. This method creates a more 
informative null distribution of stress values than permuting across all columns at once53. We repeated 500 
iterations and calculated the stress for each model in order to generate a null distribution for comparison with 
the experimental model. We then tested the underlying organization of symptoms by k-means clustering using 
the factoextra package and established methods for optimal cluster number selection based on gap statistics54 
using the cluster package in R.

We also followed this up by running PCA, an independent dimensionality reduction method, applied just 
to hallucinations and delusion items of the SAPS, to determine whether an independent technique identified 
similar subdivisions of these items as visualized in our MDS (Supplementary Methods).

FEP sample.  We repeated this MDS analysis in the independent sample of FEP patients. We only included 
items that met the communality and endorsement inclusion criteria for both persistent and first-episode sam-
ples to assess congruence across samples. We repeated MDS analysis for the persistent psychotic illness data-
set, including items that met inclusion criteria for both datasets, and applied Procrustes transformation to this 
2-dimensional solution. This uses rotations, translations and uniform scaling to reduce differences between 
dimension sets that are not driven by these data and will not affect the meaningful distances between items53. 
This transformation thus allowed us to calculate the congruence between solutions.

We further tested the relationships amongst symptoms in FEP patients with affective or non-affective psycho-
sis. We ran non-metric MDS on both sub-samples and a Procrustes transformation to calculate the congruence 
between sub-samples.

Data availability
The Chronic Schizophrenia data are available here (https://​openf​mri.​org/​datas​et/​ds000​030/) and here (http://​
www.​schiz​conne​ct.​org). Because the FEP participants did not provide informed consent to sharing their data, 
the FEP cohort data cannot be made publicly available. Those interested in exploring opportunities to examine 
this data are welcome to contact Dr Jai Shah for further details, including IRB guidance and processes.

Code availability
Analysis code is available here: https://​github.​com/​leahf​leming/​Sympt​om-​organ​izati​on.

Received: 11 August 2022; Accepted: 17 March 2023

References
	 1.	 Association AP. Diagnostic and statistical manual of mental disorders (DSM-5®) (American Psychiatric Pub, 2013).
	 2.	 Baker, S. C., Konova, A. B., Daw, N. D. & Horga, G. A distinct inferential mechanism for delusions in schizophrenia. Brain 142(6), 

1797–1812 (2019).
	 3.	 Halligan, P. W. & David, A. S. Cognitive neuropsychiatry: Towards a scientific psychopathology. Nat. Rev. Neurosci. 2(3), 209–215 

(2001).
	 4.	 Corlett, P. R. & Fletcher, P. Modelling delusions as temporally-evolving beliefs. Cogn. Neuropsychiatry 26(4), 231–241 (2021).
	 5.	 Kapur, S. Psychosis as a state of aberrant salience: A framework linking biology, phenomenology, and pharmacology in schizo-

phrenia. Am. J. Psychiatry 160(1), 13–23 (2003).
	 6.	 Compton, M. T., Potts, A. A., Wan, C. R. & Ionescu, D. F. Which came first, delusions or hallucinations? An exploration of clini-

cal differences among patients with first-episode psychosis based on patterns of emergence of positive symptoms. Psychiatry Res. 
200(2), 702–707 (2012).

	 7.	 Kapur, S. et al. Evidence for onset of antipsychotic effects within the first 24 hours of treatment. Am. J. Psychiatry 162(5), 939–946 
(2005).

	 8.	 Mizrahi, R. et al. The selective effect of antipsychotics on the different dimensions of the experience of psychosis in schizophrenia 
spectrum disorders. Schizophr. Res. 88(1), 111–118 (2006).

	 9.	 Davies, D. J., Teufel, C. & Fletcher, P. C. Anomalous perceptions and beliefs are associated with shifts toward different types of 
prior knowledge in perceptual inference. Schizophr. Bull. 44(6), 1245–1253 (2018).

	10.	 Wengler, K., Goldberg, A. T., Chahine, G. & Horga, G. Distinct hierarchical alterations of intrinsic neural timescales account for 
different manifestations of psychosis. Elife 9, e56151 (2020).

	11.	 Sterzer, P. et al. The predictive coding account of psychosis. Biol. Psychiatry 84(9), 634–643 (2018).
	12.	 Blakemore, S. J., Smith, J., Steel, R., Johnstone, C. E. & Frith, C. D. The perception of self-produced sensory stimuli in patients with 

auditory hallucinations and passivity experiences: Evidence for a breakdown in self-monitoring. Psychol. Med. 30(5), 1131–1139 
(2000).

	13.	 Feyaerts, J., Henriksen, M. G., Vanheule, S., Myin-Germeys, I. & Sass, L. A. Delusions beyond beliefs: A critical overview of 
diagnostic, aetiological, and therapeutic schizophrenia research from a clinical-phenomenological perspective. Lancet Psychiatry 
8(3), 237–249 (2021).

	14.	 Kimhy, D., Goetz, R., Yale, S., Corcoran, C. & Malaspina, D. Delusions in individuals with schizophrenia: Factor structure, clinical 
correlates, and putative neurobiology. Psychopathology 38(6), 338–344 (2005).

	15.	 Paolini, E., Moretti, P. & Compton, M. T. Delusions in first-episode psychosis: Principal component analysis of twelve types of 
delusions and demographic and clinical correlates of resulting domains. Psychiatry Res. 243, 5–13 (2016).

	16.	 Galletti, C., Paolini, E., Tortorella, A. & Compton, M. T. Auditory and non-auditory hallucinations in first-episode psychosis: 
Differential associations with diverse clinical features. Psychiatry Res. 254, 268–274 (2017).

https://openfmri.org/dataset/ds000030/
http://www.schizconnect.org
http://www.schizconnect.org
https://github.com/leahfleming/Symptom-organization


11

Vol.:(0123456789)

Scientific Reports |         (2023) 13:4841  | https://doi.org/10.1038/s41598-023-31909-w

www.nature.com/scientificreports/

	17.	 Potuzak, M., Ravichandran, C., Lewandowski, K. E., Ongür, D. & Cohen, B. M. Categorical vs dimensional classifications of 
psychotic disorders. Compr. Psychiatry 53(8), 1118–1129 (2012).

	18.	 Kotov, R. et al. Validating dimensions of psychosis symptomatology: Neural correlates and 20-year outcomes. J. Abnorm. Psychol. 
125(8), 1103–1119 (2016).

	19.	 Minas, I. H. et al. Positive and negative symptoms in the psychoses: Multidimensional scaling of SAPS and SANS items. Schizophr. 
Res. 8(2), 143–156 (1992).

	20.	 Toomey, R. et al. Revisiting the factor structure for positive and negative symptoms: Evidence from a large heterogeneous group 
of psychiatric patients. Am. J. Psychiatry 154(3), 371–377 (1997).

	21.	 Peralta, V. & Cuesta, M. J. Dimensional structure of psychotic symptoms: An item-level analysis of SAPS and SANS symptoms in 
psychotic disorders. Schizophr. Res. 38(1), 13–26 (1999).

	22.	 Reed, E. J. et al. Paranoia as a deficit in non-social belief updating. Elife 9, e56345 (2020).
	23.	 Liddle, P. F. The symptoms of chronic schizophrenia. A re-examination of the positive-negative dichotomy. Br. J. Psychiatry 151, 

145–151 (1987).
	24.	 Tucker-Drob, E. M. & Salthouse, T. A. Confirmatory factor analysis and multidimensional scaling for construct validation of 

cognitive abilities. Int. J. Behav. Dev. 33(3), 277–285 (2009).
	25.	 Hu, L.-T. & Bentler, P. M. Cutoff criteria for fit indexes in covariance structure analysis: Conventional criteria versus new alterna-

tives. Struct. Equ. Model. 6(1), 1–55 (1999).
	26.	 Van de Schoot, R., Lugtig, P. & Hox, J. A checklist for testing measurement invariance. Eur. J. Dev. Psychol. 9(4), 486–492 (2012).
	27.	 Tibber, M. S. et al. The component structure of the scales for the assessment of positive and negative symptoms in first-episode 

psychosis and its dependence on variations in analytic methods. Psychiatry Res. 270, 869–879 (2018).
	28.	 Ji, J. L. et al. Mapping brain-behavior space relationships along the psychosis spectrum. bioRxiv 2020:2020.2009.2015.267310.
	29.	 Tikka, S. K. et al. Schneiderian first rank symptoms and gamma oscillatory activity in neuroleptic naïve first episode schizophrenia: 

A 192 channel EEG study. Psychiatry Investig. 11(4), 467–475 (2014).
	30.	 Allardyce, J., Suppes, T. & Van Os, J. Dimensions and the psychosis phenotype. Int. J. Methods Psychiatr. Res. 16(Suppl 1), S34–S40 

(2007).
	31.	 Compton, M. T., Gordon, T. L., Weiss, P. S. & Walker, E. F. The “doses” of initial, untreated hallucinations and delusions: A proof-of-

concept study of enhanced predictors of first-episode symptomatology and functioning relative to duration of untreated psychosis. 
J. Clin. Psychiatry 72(11), 1487–1493 (2011).

	32.	 Powers, A. R., Mathys, C. & Corlett, P. R. Pavlovian conditioning-induced hallucinations result from overweighting of perceptual 
priors. Science 357(6351), 596–600 (2017).

	33.	 Suthaharan, P. et al. Paranoia and belief updating during the COVID-19 crisis. Nat. Hum. Behav. 5(9), 1190–1202 (2021).
	34.	 Garety, P. A. et al. Differences in cognitive and emotional processes between persecutory and grandiose delusions. Schizophr. Bull. 

39(3), 629–639 (2013).
	35.	 Fletcher, P. C. & Frith, C. D. Perceiving is believing: A Bayesian approach to explaining the positive symptoms of schizophrenia. 

Nat. Rev. Neurosci. 10(1), 48–58 (2009).
	36.	 Berrios, G. E. Tactile hallucinations: Conceptual and historical aspects. J. Neurol. Neurosurg. Psychiatry 45(4), 285–293 (1982).
	37.	 Lieberman, J. A., Small, S. A. & Girgis, R. R. Early detection and preventive intervention in schizophrenia: From fantasy to reality. 

Am. J. Psychiatry 176(10), 794–810 (2019).
	38.	 Gee, B. et al. The course of negative symptom in first episode psychosis and the relationship with social recovery. Schizophr. Res. 

174(1), 165–171 (2016).
	39.	 Kumari, S., Malik, M., Florival, C., Manalai, P. & Sonje, S. An Assessment of Five (PANSS, SAPS, SANS, NSA-16, CGI-SCH) 

commonly used Symptoms Rating Scales in Schizophrenia and Comparison to Newer Scales (CAINS, BNSS). J. Addict. Res. Ther. 
8(3), 324 (2017).

	40.	 McAdams, L. A. et al. Validity of specific subscales of the positive and negative symptom scales in older schizophrenia outpatients. 
Schizophr. Res. 27(2), 219–226 (1997).

	41.	 Mosolov, S. N. & Yaltonskaya, P. A. Primary and secondary negative symptoms in schizophrenia. Front. Psychiatry 12, 766692–
766692 (2022).

	42.	 Lincoln, T. M., Dollfus, S. & Lyne, J. Current developments and challenges in the assessment of negative symptoms. Schizophr. Res. 
186, 8–18 (2017).

	43.	 Marder, S. R. & Galderisi, S. The current conceptualization of negative symptoms in schizophrenia. World Psychiatry 16(1), 14–24 
(2017).

	44.	 Blanchard, J. J. & Cohen, A. S. The structure of negative symptoms within schizophrenia: Implications for assessment. Schizophr. 
Bull. 32(2), 238–245 (2005).

	45.	 Herbener, E. S. & Harrow, M. Course and symptom and functional correlates of passivity symptoms in schizophrenia: An 18-year 
multi-follow-up longitudinal study. Psychol. Med. 51(3), 503–510 (2021).

	46.	 Moon, K. R. et al. Visualizing structure and transitions in high-dimensional biological data. Nat. Biotechnol. 37(12), 1482–1492 
(2019).

	47.	 Norman, R. M., Malla, A. K., Cortese, L. & Diaz, F. A study of the interrelationship between and comparative interrater reliability 
of the SAPS, SANS and PANSS. Schizophr. Res. 19(1), 73–85 (1996).

	48.	 Iyer, S., Jordan, G., MacDonald, K., Joober, R. & Malla, A. Early intervention for psychosis: A Canadian perspective. J. Nerv. Ment. 
Dis. 203(5), 356–364 (2015).

	49.	 Lemonde, A. C. et al. Delusional content at initial presentation to a catchment-based early intervention service for psychosis. Br. 
J. Psychiatry 1–7 (2020).

	50.	 Rodgers, J. L. Matrix and stimulus sample sizes in the weighted MDS model: Empirical metric recovery functions. Appl. Psychol. 
Meas. 15(1), 71–77 (1991).

	51.	 Dexter, E., Rollwagen-Bollens, G. & Bollens, S. M. The trouble with stress: A flexible method for the evaluation of nonmetric 
multidimensional scaling. Limnol. Oceanogr. Methods 16(7), 434–443 (2018).

	52.	 Browne, M. W. Predictive validity of a linear regression equation. Br. J. Math. Stat. Psychol. 28(1), 79–87 (1975).
	53.	 Mair, P., Borg, I. & Rusch, T. Goodness-of-fit assessment in multidimensional scaling and unfolding. Multivariate Behav. Res 51(6), 

772–789 (2016).
	54.	 Tibshirani, R., Walther, G. & Hastie, T. Estimating the number of clusters in a data set via the gap statistic. J. R. Stat. Soc. Ser. B 

(Stat. Methodol.) 63(2), 411–423 (2001).

Acknowledgements
Dr. Fleming reports no financial relationships with commercial interests; Ms. Lemonde and Dr. Benrimoh is 
founder, shareholder, and employee of Aifred Health, a digital mental health company whose work is unrelated 
to this article and which did not provide funding for the present work; Dr. Gold performs consulting for Hoffman 
La Roche, and has also consulted for Takeda and Lundbeck and receives royalty payments from the Brief Assess-
ment of Cognition in Schizophrenia; Dr. Taylor reports no financial relationships with commercial interests; 



12

Vol:.(1234567890)

Scientific Reports |         (2023) 13:4841  | https://doi.org/10.1038/s41598-023-31909-w

www.nature.com/scientificreports/

Dr. Malla has received funding for research consultations and honoraria for lectures delivered at conferences 
sponsored by Lundbeck and Otsuka, Canada and Global; Dr. Joober has participated in advisory boards for 
Pfizer, Janssen, BMS, Sunovion, Otsuka, Lundbeck, Perdue, and Myelin. He received grant funding from them 
and from Astra Zeneca and HLS. He received honoraria from Janssen Canada, Shire, Lundbeck, Otsuka, Pfizer 
and from Perdue for CME presentations and royalties for the Henry Stewart talk; Dr. Iyer has received grant 
and salary awards from the Canadian Institutes for Health Research and Fonds de recherche du Québec–Santé, 
outside the submitted work; Dr. Lepage reports grants from Otsuka Lundbeck Alliance, diaMentis personal 
fees from Otsuka Canada, personal fees from Lundbeck Canada, grants and personal fees from Janssen, and 
personal fees from MedAvante-Prophase, outside the submitted work; Dr. Shah has received grants and salary 
awards from the Canadian Institutes of Health Research and Fonds de recherche du Québec–Santé, outside 
the submitted work; Dr. Corlett is the co-founder and a shareholder of Tetricus Labs, a digital mental health 
company whose work is unrelated to this article and which did not provide funding for the present work. U.S. 
Department of Health & Human Services | NIH | National Institute of Mental Health (NIMH) - R01MH12887 
[Gold and Corlett], U.S. Department of Health & Human Services | NIH | National Institute of Mental Health 
(NIMH) -R21MH120799 [Corlett].

Author contributions
L.M.F. designed the study, analyzed the data, drafted the paper and edited the paper. A.C.L. analyzed the data, 
drafted the paper and edited the paper. D.B. analyzed data and commented on the paper. J.M.G. provided fund-
ing, commented on all drafts, suggested analyses and edited the paper. J.R.T. commented on all drafts, suggested 
analyses and edited the paper. A.M., R.J., S.I., M.L., J.S. gathered data, commented on all drafts, suggested analyses 
and edited the paper. P.R.C. designed the study, provided funding, commented on all drafts, suggested analyses 
and edited the paper.

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​023-​31909-w.

Correspondence and requests for materials should be addressed to P.R.C.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2023

https://doi.org/10.1038/s41598-023-31909-w
https://doi.org/10.1038/s41598-023-31909-w
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Using dimensionality-reduction techniques to understand the organization of psychotic symptoms in persistent psychotic illness and first episode psychosis
	Results
	Persistent psychotic illness sample. 
	First episode psychosis (FEP) vs persistent illness. 
	Affective FEP vs non-affective FEP. 

	Discussion
	Strengths and limitations
	Future direction
	Conclusions
	Methods
	Participants. 
	Persistent psychotic illness sample and scales. 
	FEP sample. 

	Statistical methods. 
	Persistent psychotic illness sample. 
	FEP sample. 


	References
	Acknowledgements


