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Transcriptomic analysis links 
hepatocellular carcinoma 
(HCC) in HZE ion irradiated 
mice to a human HCC subtype 
with favorable outcomes
Liang‑Hao Ding1, Yongjia Yu2, Elijah F. Edmondson3, Michael. M. Weil4, Laurentiu M. Pop1, 
Maureen McCarthy5, Robert L. Ullrich6 & Michael D. Story1,7*

High‑charge, high‑energy ion particle (HZE) radiations are extraterrestrial in origin and characterized 
by high linear energy transfer (high‑LET), which causes more severe cell damage than low‑LET 
radiations like γ‑rays or photons. High‑LET radiation poses potential cancer risks for astronauts 
on deep space missions, but the studies of its carcinogenic effects have relied heavily on animal 
models. It remains uncertain whether such data are applicable to human disease. Here, we used 
genomics approaches to directly compare high‑LET radiation‑induced, low‑LET radiation‑induced 
and spontaneous hepatocellular carcinoma (HCC) in mice with a human HCC cohort from The Cancer 
Genome Atlas (TCGA). We identified common molecular pathways between mouse and human HCC 
and discovered a subset of orthologous genes (mR‑HCC) that associated high‑LET radiation‑induced 
mouse HCC with a subgroup (mrHCC2) of the TCGA cohort. The mrHCC2 TCGA cohort was more 
enriched with tumor‑suppressing immune cells and showed a better prognostic outcome than other 
patient subgroups.

The uncertainty of cancer risk associated with space radiation is a major concern for human extraterrestrial 
 expeditions1. Galactic Cosmic Rays (GCRs) in deep space environments comprise high-charge, high-energy 
(HZE) ions characterized by high linear energy transfer (high-LET), which contrasts with low-LET terrestrial 
radiation types, such as photons or γ-rays2. Due to the differences in their physical characteristics, high-LET 
ion radiations induce more complex and persistent DNA damages and are more efficient at cell killing and cell 
transformation than low-LET radiations. It remains unclear whether these differences at the molecular and 
cellular levels affect carcinogenic processes and result in distinct molecular and biological features in high-LET 
radiation-induced tumors.

Significant progress has been made in addressing whether there are qualitative differences between the car-
cinogenic effects of high- and low-LET radiations. A recent publication using genetically diverse outbred mice 
demonstrated that the histotype spectrum of HZE ion-induced tumors is similar to the spectra of spontaneous 
and γ-ray-induced tumors and that the genomic loci that control susceptibility overlap between groups for some 
tumor  types3. These results suggest that cancer models and epidemiological data from γ-ray exposures could be 
used to predict cancer risk from GCRs. The question remains whether the data obtained from mice are applicable 
to humans, since most research on GCRs’ biological impact has been performed using animal models. A direct 
comparison of mouse models with human diseases will provide valuable information to improve prediction of 
carcinogenesis risk and to develop countermeasures against space radiation. Since most genes are orthologous 
and constitute common signaling pathways between mice and humans, a genomic comparison of cancers between 

OPEN

1Department of Radiation Oncology, The University of Texas Southwestern Medical Center, Dallas, TX 75390, 
USA. 2Department of Radiation Oncology, The University of Texas Medical Branch, Galveston, TX 77555, 
USA. 3Frederick National Laboratory for Cancer Research, Frederick, MD 21702, USA. 4Department 
of Environmental and Radiological Health Sciences, Colorado State University, Fort Collins, CO 80523, 
USA. 5NASA Johnson Space Center, Houston, TX 77058, USA. 6Radiation Effects Research Foundation, Hiroshima, 
Japan. 7Harold C. Simmons Comprehensive Cancer Center, The University of Texas Southwestern Medical Center, 
Dallas, TX 75390, USA. *email: michael.story@utsouthwestern.edu

http://crossmark.crossref.org/dialog/?doi=10.1038/s41598-021-93467-3&domain=pdf


2

Vol:.(1234567890)

Scientific Reports |        (2021) 11:14052  | https://doi.org/10.1038/s41598-021-93467-3

www.nature.com/scientificreports/

species is a conceivable approach. Indeed, previous data have demonstrated that gene expression signatures 
associated with clinical and molecular characteristics are conserved in mice and  humans4–6.

Liver cancer is the second most common cause of death from cancer worldwide. Hepatocellular carcinoma 
(HCC) is the predominant form of liver  cancer7, 8. The Cancer Genome Atlas (TCGA) has collected a large 
number of HCC patients for genomic studies. Substantial molecular classification studies have sought to identify 
robust subclasses with prognostic implications that could influence the clinical management of HCC. Although 
some subtyping methods have identified groups with prognostic differences in legacy HCC datasets, none of 
these classifications has shown significant survival differences in the TCGA HCC  cohort9.

The radiation risk for causing liver cancer was first reported in atomic bomb  survivors10, 11. Although it 
remained controversial that exposure to low-LET radiation was associated with liver  carcinogenesis12, there was 
sufficient evidence supporting that high-LET radiation increased liver cancer  incidence13–15. HCC is one of the 
major tumor types that high-LET radiation induces in mouse models. Previous analyses using genetically diverse 
outbred mice have suggested a moderate increase in HCC incidence after high-LET radiation when compared 
to γ-ray  radiation3. Other studies using inbred mouse strains susceptible to HCC, i.e., CBA and C3H, have 
shown a significantly higher incidence of HCC in high-LET-irradiated mice, with a substantial relative biological 
effectiveness (RBE > 50), than in low-LET-irradiated mice. The dose response curve was consistent with other 
high-LET-induced solid tumor mouse  models16. As an extension of the effort to characterize radiation-induced 
HCC at the molecular level, we have collected tumor and normal liver tissues from mice irradiated with high-
LET, γ-ray, or sham radiation, and we have profiled their gene expressions. Comparing molecular features in 
these HCC samples revealed the underlying mechanisms associated with carcinogenesis induced by high- and 
low-LET radiation. By using comparative genomics approaches, we have also compared the mouse model of 
radiation-induced HCC with TCGA human HCC transcriptome profiles to further decipher the molecular 
mechanisms that are conserved across the two species.

Results
Distinct gene expression profiles identified in HCC and non‑HCC liver tissues. We performed 
gene expression profiling to investigate the molecular features of radiation-induced HCC, especially those 
induced by high-LET radiations in mouse models. The high-LET irradiations were performed using 56Fe and 
28Si ion particles; the low-LET irradiations were performed using γ-rays. All the radiation types consisted of 
different doses (Supplementary Table S1). We also included age-matched non-HCC liver samples from 56Fe and 
γ-rays-irradiated mice, and normal livers from sham-irradiated mice as control groups. Unsupervised Principal 
Component Analysis (PCA) suggested distinct gene expression profiles between HCC and non-HCC liver tis-
sues regardless of whether the mice were irradiated or not (Fig. 1a). This is further evidenced by the source of 
variation analysis (SOV), which showed that tumors contribute to the largest mean F ratios, more than sixfold 
above background noise. Although samples did not separate based on radiation type in the PCA analysis, inter-
actions between tumor and radiation in SOV caused a slight increase in F ratios, which indicates that there may 
be modest differences in HCC induced by different radiation types (Fig. 1b).

Differentially expressed genes drive changes in signaling pathways in different types of mouse 
HCC. We performed differential gene expression analysis in high-LET radiation-induced HCC, low-LET 
radiation-induced HCC and spontaneous HCC by using a two-way ANOVA model to compare against baseline 
expression in non-irradiated normal livers. The statistical power of this model was greater than 80% at 10% of 
false discovery rate (FDR). We identified significant numbers of genes that were differentially expressed in each 
type of HCC (Fig. 2a, Supplementary Table S2). Ingenuity Pathway Analysis showed that these genes were asso-
ciated with signaling pathways, which we grouped into 12 categories based on their biological functions. Aver-
aged z-scores represented levels of activation or suppression for signaling pathways in each functional category 
(Fig. 2b). Most of the functional categories were either upregulated in all three types of HCC or downregulated 
in all three types of HCC, though the z-scores representing the magnitudes of up/downregulations differed. 
Signaling pathways under each category and their z-scores are summarized in the supplementary data. Pathways 
under three categories, i.e., Cellular Immune Response, Humoral Immune Response and Cytokine Signaling, 
comprised a large proportion (38%) of all pathways changed (Supplementary Table S3A). Pathways involved 
in reactive oxygen species production and in xenobiotic metabolisms were among the most activated and most 
inhibited signaling pathways, respectively, according to z-scores (Supplementary Table S3B). Canonical path-
ways known to be altered in human HCC were also changed in mouse HCC. These included the Pi3k, Pten, 
mTor, Egf, Erk/Mapk and Stat3 signaling pathways. Z-scores of the activated Pi3k signaling and the suppressed 
Pten signaling pathways were inversely correlated (Fig. 2c).

Supervised clustering identified genes (mR‑HCC) associated with radiation effects in mouse 
HCC. We obtained a gene set (mR-HCC) containing 357 Illumina probes (280 known mouse genes) by apply-
ing FDR < 0.2 to the interactive term of radiation type and HCC in the two-way ANOVA model. Clustering 
analysis of mR-HCC genes separated the sample cohort into non-HCC liver, high-LET radiation-induced HCC 
and low-LET/spontaneous HCC. Within the non-HCC group, mR-HCC genes separated samples by radiation 
type. Low-LET and spontaneous HCC showed similar expression patterns that differed from high-LET radia-
tion-induced HCC and non-HCC samples (Fig. 3a).

Functional analysis suggested that mR-HCC was enriched with genes associated with organismal and cell 
death/apoptosis, as well as with molecular transport, Rho signaling and small GTPase-mediated signaling trans-
duction (Fig. 3b). High-LET-induced HCC showed increased signaling (higher z-scores) in tumor cell death/
apoptosis, whereas low-LET/spontaneous HCC showed higher z-scores in molecular transport, which suggests 
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diverse activities of gene functions in different types of HCC. Detailed functional analysis results are listed in 
supplementary data (Supplementary Table S4A).

The mR‑HCC genes identified novel human HCC subtypes associated with radiation‑induced 
HCC in mice. By using mouse and human gene orthologue mapping, we matched 260 genes within mR-
HCC genes that overlap with the TCGA human HCC RNA-seq dataset (Supplementary Table S4B). The mR-
HCC genes identified three subgroups in the human TCGA cohort by clustering analysis, which we named 
mrHCC1, mrHCC2 and mrHCC3 (Fig. 4a).

We overlaid mrHCC clusters with other molecular subtypes and clinical features published by TCGA 9 and 
performed Chi-square/Krustal–Wallis tests to identify correlations. Detailed results are summarized in Fig. 4a 
and in the supplemental data (Supplementary Table S5). Among significantly correlated molecular subtypes, 
mrHCC1 and mrHCC3 exhibited similarity to the cholangiocarcinoma-like (CCL-like) signature subtype, silenc-
ing of the Hippo pathway (Hippo), non-differentiated (Hoshida C2), high risk score (RS65) and high-proliferating 
(HB16, SNUR and NCIP) phenotypes; whereas mrHCC2 was enriched with HCC-like signature subtype, acti-
vation of Hippo pathway, well-differentiated (Hoshida C3), low risk score and low-proliferating phenotypes. 
Most of the hepatic stem cell subtypes (HS) were clustered in mrHCC3 and mrHCC1, but significantly less in 
mrHCC2, based on hepatic stem cell signature (NCIHS). Isocitrate dehydrogenase isozyme (IDH)-like subtype 
was identified by TCGA based on IDH1/2 mutation signature and was correlated with poor prognosis. All 

Figure 1.  Unsupervised analysis of gene expression profiles in mouse HCC. (a) Unsupervised Principle 
Component Analysis (PCA) indicated distinct gene expression profiles between HCC and non-HCC liver 
samples. (b) Sources of Variation (SOV) analysis showed that HCC contributed to the largest variances. 
Interactions of HCC and radiation showed a slight increase in F ratios, which indicates modest differences in 
HCC induced by different radiation types.
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IDH-like samples were clustered in mrHCC3 and mrHCC1; none were clustered in mrHCC2. Integrated clusters 
(iCluster1, iCluster2 and iCluster3) were identified by TCGA using a joint multivariate regression approach 
to simultaneously cluster data from five platforms (DNA copy number, DNA methylation, mRNA expression, 
miRNA expression and RPPA). Compared with iCluster2 and iCluster3, iCluster1 showed higher tumor grade, 
presence of macrovascular invasion, poorly differentiated samples, and overexpression of proliferation marker 
genes. iCluster1 made up 61.9% of the mrHCC3 and 54.5% of the mrHCC1 samples, but only 13.4% of the 
mrHCC2 samples. Over 86% of the mrHCC2 samples were from iClusters 2 and 3.

Despite the IDH-like subtype and iCluster1 overlapping with features correlated with poor prognosis, there 
was no difference in overall survival based on the IDH or iCluster groups in the TCGA  cohort9. Kaplan–Meier 
analysis across the three mrHCC clusters indicated that the mrHCC2 cluster showed a better survival probability 
than mrHCC1 or mrHCC3 (p < 0.05) (Fig. 4b). The median survival time was 643 days for mrHCC1, 1560 days 

Figure 2.  Differential gene expression and signaling pathways analysis. (a) Venn diagram shows the number 
of differentially expressed genes in different types of mouse HCC in comparison with normal mouse liver. 
(b) Canonical signaling pathways that changed in each type of mouse HCC were summarized into functional 
groups. The heatmap shows averaged z-scores of all pathways within each functional category. A positive 
z-score indicates activation; a negative z-score indicates suppression. (c) Signaling pathways known to be 
associated with human HCC also changed in mouse HCC models. Z-scores representing activation (positive) or 
suppression (negative) of the pathways were shown as a heatmap.
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for mrHCC2 and 899 days for mrHCC3. These results suggest that mrHCC clusters exhibited better correlation 
with clinical outcome of HCC patients than the TCGA iClusters.

To compare mouse HCC with human HCC subtypes, we integrated expression data of mR-HCC genes using 
log2 ratios of HCC vs. normal liver gene expression in the TCGA RNA-seq data and in mouse HCC expression 
analysis. High-LET-induced mouse HCC samples were clustered with mrHCC2 in human HCC. Spontaneous 
and low-LET-induced mouse HCC samples were clustered with mrHCC3 (Fig. 4c). We identified 23 genes 
from the mR-HCC signature that were known to be associated with HCC via data-mining from published 
 literature17–37. We compared the expression ratios between high-LET and low-LET/spontaneous mouse HCC 
with human gene expression ratios between mrHCC2 and mrHCC3 samples. Most of the genes (18 of 23) showed 
consistent up- or downregulation between mouse and human samples (Fig. 4d). This supported our findings 
from the clustering analysis that high-LET-induced mouse HCC was similar to human mrHCC2 samples and 
that low-LET-induced HCC was similar to human mrHCC3 samples.

Profiles of tumor‑infiltrating immune cells in subtypes of mouse and human HCC. We char-
acterized the immune microenvironments in mouse and human HCC by profiling immune infiltrates using 
ImmuCC or CIBERSORTx to infer the relative abundances of different immune cell types. ANOVA results sug-
gested that several immune cell types differed significantly across mrHCC subtypes in human HCC (Fig. 5a). 
Among these, macrophage subtypes M1 and M2 and T regulatory (Treg) lymphocytes are predictive immuno-
cytes of HCC prognosis. Our analysis showed that high levels of M1 and low levels of M2 and Treg in mrHCC2 
samples indicated better survival and were consistent with the Kaplan–Meier analysis. Although profiles of 
mouse HCC immune infiltrates suggested changes associated with radiation types, none of the differences were 
statistically significant (Fig. 5b). Previous studies showed that the CD4+/CD8+ T cell ratio was positively cor-
related with the survival of patients with cancer 38, 39. We further investigated the CD4+/CD8+ ratio in mouse 
and human samples and found that mrHCC2 samples, whether from mouse models or the human HCC cohort, 
have significantly higher ratios than mrHCC1 and mrHCC3 (p < 0.05) (Fig. 5c).

Discussion
Data from recent publications showed no differences in the spectrum of tumors induced by high-LET or low-LET 
radiations in a genetically diverse outbred mouse cohort, which suggests shared mechanisms of tumorigenesis 
regardless of the type of radiation  exposure3. This agrees with our pathway analysis findings in radiation-induced 
mouse HCC models. Canonical signaling pathways associated with HCC showed the same activation/suppression 
status in tumors induced by both high-LET and low-LET radiation. Inflammatory response, including cellular 
immune signaling and cytokine signaling accounted for the largest portion among all pathways. Reactive oxy-
gen species production and xenobiotic metabolism pathways were the most activated and the most suppressed 
pathways, respectively, probably due to the impaired liver functions. The pathway analysis results also made it 
possible to compare the molecular mechanisms of mouse tumorigenesis with those of human HCC. The PTEN 
signaling pathway is a tumor suppression pathway whose downregulation leads to hyperactivation of the PI3K/
AKT/mTOR signaling pathway in human  HCC40, 41. Pten, Pi3k/Akt and mTor signaling showed strong associa-
tions with all types of HCC in the mouse model. Activation z-scores of the Pi3k/Akt pathway were inversely 
correlated in different types of mouse HCC, which suggests analogous molecular mechanisms between mouse 
and human tumors. ERK/MAPK and EGF signaling are other pathways associated with human  HCC42. Both 

Figure 3.  A gene set (mR-HCC) that discriminated mouse HCC induced by different radiation types. (a) 
Supervised clustering analysis using genes identified from ANOVA not only clustered HCC and non-HCC 
samples, they also separated un-irradiated and different radiation types in each group. (b) Gene functional 
analysis showed significantly enriched functional groups associated with the gene set. The heatmap was plotted 
with activation z-scores.



6

Vol:.(1234567890)

Scientific Reports |        (2021) 11:14052  | https://doi.org/10.1038/s41598-021-93467-3

www.nature.com/scientificreports/

of these pathways were activated in all types of mouse HCC, with upregulation of downstream genes such as 
c-Fos and Pkcα.

Although the common pathways involved in HCC induced by low-LET and high-LET radiation indicated 
similar molecular mechanisms, the variations in z-scores for each pathway suggested differences in the levels 
of activation or suppression associated with each type of HCC. These quantitative differences may result in 
different biological characteristics in low-LET and high-LET-induced cancer. Using supervised ANOVA, we 
identified a gene set (mR-HCC) that discriminated the HCC from the non-HCC mouse liver based on the types 
of radiation exposure. Functional analysis of the mR-HCC gene set suggested higher apoptosis and cell death 
activities in high-LET-induced HCC. This is mechanistically consistent with our findings that HCC induced by 
high-LET radiation had a tumor-suppressing immune cell profile and clustered with the human HCC subgroup 
that had better survival.

Previous study has shown that the incidence of Fe and Si ion radiation-induced HCC followed the same 
dose–response curve in mouse model. The HCC incidence peaked at 0.2 Gy for both Fe and Si, but only started 
to increase after 2 Gy of γ-ray  irradiation16. The different dose ranges between the high- and low-LET radiations 
in our experiment were selected to maximize the tumor incidence. Nonetheless, it is notable that mR-HCC 

Figure 4.  The mR-HCC gene set derived from the mouse HCC model identified subgroups of the human 
TCGA HCC cohort. (a) Clustering analysis of TCGA HCC samples using log2 ratios of mR-HCC genes. The 
clustering defined 3 clusters: mrHCC1, mrHCC2, and mrHCC3. Rows of annotations under the dendrogram 
are overlaid with molecular subtypes previously published by TCGA. (b) Kaplan–Meier analysis in human HCC 
based on mrHCC clusters. The survival probability differed significantly (p < 0.05) across the three clusters, 
with patients in the mrHCC2 subgroup showing better survival. Straight lines indicate median survival time in 
each mrHCC subgroup. (c) Clustering analysis of integrated mouse and human expression data using mR-HCC 
genes. High-LET radiation-induced mouse HCC samples were clustered in mrHCC2; low-LET radiation-
induced and spontaneous mouse HCC were clustered in mrHCC3. Heatmap was plotted using log2 radios 
of gene expressions between tumor and normal liver. (d) Comparison of averaged expression ratios using a 
subset of mR-HCC genes identified as related to HCC via data mining of the published literature. The mouse 
expression ratios were high-LET vs. low-LET/spontaneous HCC samples; the human expression ratios were 
mrHCC2 vs. human mrHCC3 samples.
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Figure 5.  Profiles of tumor-infiltrating immune cells in mouse and human HCC. (a) Average values of relative 
proportions of immune cells in each mrHCC cluster of human TCGA HCC cohorts. Bar: standard error. 
*Immune cell proportions of mrHCC2 were significantly different from either mrHCC1 or mrHCC3 (p < 0.05). 
(b) Average values of relative proportions of immune cells in high-LET, low-LET and spontaneous mouse HCC. 
Bar: standard error. (c) Ratios of CD4+/CD8+ tumor-infiltrating T cells in different subgroups of mouse and 
human HCC. Bar: standard error.
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genes separated HCC samples induced by Fe and Si ions within the high-LET radiation group. Unfortunately, 
due to the limited sample size, the statistical power decreased significantly when we un-pooled the high-LET 
HCC samples into two groups (Supplementary Fig. S1). Therefore, we did not perform differential expression 
analysis to interrogate the differences between the two ions. Activation z-scores of signaling pathways calculated 
separately based on Fe and Si radiations showed similarities of the two ions and consistent with the results of the 
high-LET HCC samples as a group (Supplementary Fig. S2A,B). Gene ontology of the mR-HCC genes showed 
consistent trend of higher apoptosis and cell death activities in both Fe and Si groups (Supplementary Fig. S2C).

The mR-HCC gene set allowed us to directly compare expression profiles between the TCGA human HCC 
cohort and the mouse HCC model. We identified three novel subgroups, mrHCC1, mrHCC2 and mrHCC3, by 
clustering analysis using human HCC expression data in TCGA. The human mrHCC subgroups demonstrated 
significant differences in overall survival, with mrHCC2 showing better prognosis than mrHCC1 and mrHCC3. 
The median survival time of mrHCC2 was more than 600 days longer than the other subgroups. The high-LET 
radiation-induced mouse HCC showed a similar expression profile to the mrHCC2 cluster; the low-LET and 
spontaneous mouse HCC showed similar profiles to the mrHCC3 cluster. The consistency of the expression 
ratios of known HCC-associated genes between mrHCC2 vs. mrHCC3 in humans and high-LET vs. low-LET/
spontaneous HCC in mice further supported the clustering results.

We characterized the mrHCC clusters by finding overlapping molecular and clinical features in the human 
HCC cohort published by TCGA. The most significant overlaps were in features already identified by other 
genomics clustering analyses or by historic gene signatures associated with HCC, which suggests that the molecu-
lar mechanisms of human HCC resemble those in the mouse model. Among the overlapping features, two gene 
signatures revealed the biggest differences between mrHCC/high-LET and mrHCC3/low-LET/spontaneous 
HCC samples. The CCL and NCIHS signatures showed that the mrHCC3/low-LET/spontaneous group was 
more cholangiocarcinoma-like (67%) and positive for the hepatic stem cell signature (33%), whereas mrHCC2/
high-LET samples were more HCC-like (97%) and positive for the hepatocyte signature (96%). Many other 
features, though lacking statistical significance, showed associations with particular mrHCC clusters (Supple-
mentary Table S5). It is noteworthy that none of the published features from TCGA identified subgroups with 
different prognoses in the TCGA HCC cohort, whereas the mrHCC clusters showed significant differences in 
overall survival.

The dualistic role of the immune system in HCC carcinogenesis resides on the balance between cancer-
promoting inflammation and immune surveillance that hinders tumor  development43. The distribution and the 
networking of tumor infiltrating immune cell populations are the key players in the tumor-immune ecosystem. 
Computational tools such as CIBERSORTx de-convolute cell types by using immune cell signature gene expres-
sion to estimate the global immune cell composition from whole tumor gene expression data. Immune cell 
profiling of mrHCC clusters in human samples suggested that more than half of the cell types (12 of 23) differed 
significantly across the clusters (FDR < 0.05). When comparing the antigen presenting cell (APCs) phenotype 
of the mHCC2 TCGA cohort immune phenotype to mrHCC1 and mrHCC3, we identified several significant 
differences. mrHCC2 showed a higher intratumoral infiltration of activated dendritic cells (DCs), naïve B cells, 
monocytes and anti-tumor M1 macrophages, while pro-tumor M2 macrophages where at the lowest relative 
proportion. The mrHCC2 subgroup exhibited a higher M1/M2 ratio, which is known to be associated with better 
 survival44. The relative proportion of HCC-promoting immune cells, such as  neutrophils45, activated mast  cells46, 
B cells and plasma  cells47, was abated only in the mrHCC2 subgroup. The analysis of CD4 + T cell subsets reveals 
for the mrHCC2 subgroup a minimal immune suppressive Treg cell profile, with a maximal naïve, memory rest-
ing and follicular helper cells signature, suggesting a robust control of anti-tumor immune  responses48. Moreover, 
our data support recent data which show that the intratumoral selective accumulation of resting memory CD4+ T 
cells at the expense of memory activated CD4+ T cells denotes a pivotal mechanism to constrain tumor  growth49. 
Finally, despite a low relative proportion of CD8+ T cells, the CD4+/CD8+ T cell ratio was found at the highest 
amplitude in the mrHCC2 subgroup, confirming previous studies where a similar trend was observed only in 
patients with HCC who had better  prognosis50, 51. It has also been shown that the CD4+/CD8+ T cell ratio is a 
more consistent prognostic marker than CD8+ cells  alone38, 39. Mouse data of tumor infiltrating immune cells 
indicated a significantly higher CD4+/CD8+ cell ratio in high-LET HCC than low-LET/spontaneous HCC, 
though individual mouse immune cell types showed bigger variations but no statistically significant differences, 
probably due to small sample sizes.

Even though high-LET-induced HCC samples were clustered with the human subgroup that demonstrated 
favorable survival outcomes, we do not suggest that high-LET radiation is safer than terrestrial-originated radia-
tions. Mouse epidemiological data indicate that high-LET radiation induces a higher incidence of liver tumors, 
and the median survival in the TCGA HCC mrHCC2 cohort is only 4.2  years9. Our comparative transcriptome 
analysis classified high-LET radiation-induced HCC into human HCC subgroups with unique molecular fea-
tures and will help further mechanistic studies and countermeasure development for space radiation. The fact 
that high-LET radiation induced more tumor-suppressing immune cells was consistent with previous studies 
showing that immunotherapy plus heavy ion particle radiotherapy, not photon radiation, increased antitumor 
immunity in mouse cancer  models52–54, which suggests a potential therapeutic advantage for cancer radiotherapy 
that uses heavy ion particle beams.

Methods
Mice and radiations. The details of the mouse carcinogenesis study covering this project have been 
described  previously16. All animal procedures were conducted under protocols approved by the Institutional 
Animal Care and Use Committee at the University of Texas Medical Branch (UTMB) and Brookhaven National 
Laboratory (BNL). All experiments were performed in accordance with relevant guidelines and regulations. 
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The study was reported in accordance with ARRIVE guidelines. Briefly, 8- to 10-week-old male C3H/HeNCrl 
mice were purchased from Charles River Laboratories and shipped to the Brookhaven National Laboratory 
(BNL). After a 2–3 day acclimation, these mice were subjected to single-dose whole-body irradiation with either 
600 MeV/n 56Fe ions (LET = 181 keV/µm) or 300 MeV/n 28Si ions (LET = 64 keV/µm), both at a dose range of 
0.1–1.0 Gy, and 137Cs gamma rays at a dose range of 1–3 Gy. Control mice were sham-irradiated at BNL under 
the same conditions as the irradiated groups. The mice were not anesthetized during irradiation nor in any part 
of the study. After a 3–5 day resting period after irradiation, mice were shipped to the Animal Resource Center 
at UTMB, where they were housed 5 per cage in ventilated cage racks using Harlan Sani-chip bedding and main-
tained on a Harlan 7912 diet and autoclaved reverse osmosis purified water ad libitum throughout the study. 
Animals were monitored daily and palpated weekly. They were euthanized when moribund and/or displaying 
signs and symptoms of liver tumors or other neoplasms or when they reached 800 days of age. Dead, moribund, 
or symptomatic animals were necropsied, and tissues (including lung, liver, spleen) were harvested for histologi-
cal evaluation and storage in a – 80 °C freezer after being snap frozen in liquid nitrogen. All necropsies and histo-
logical examinations were performed blinded. Liver tumors were confirmed using standard H&E histopathology 
and classified as hepatocellular carcinoma (HCC) or liver adenomas.

Total RNA extraction from tissues. Tumors or normal liver tissues were homogenized in Qiazol reagent 
(Qiagen, Inc.), and total RNA was extracted by using miRNeasy Mini Kit (Qiagen, Inc.) according to the manu-
facturer’s protocol. RNA quality was checked by measuring absorbance ratios of 260/280 nm and 260/230 nm 
via a Nanodrop spectrophotometer (ThermoFisher Scientific).

Labeling and hybridization of microarray for gene expression analysis. Gene expression profil-
ing was performed by using Mouse Whole Genome Gene Expression BeadChip (Illumina). Samples included 7 
high-LET radiation-induced HCC, 3 low-LET radiation-induced HCC, 4 spontaneous HCC, 10 non-HCC liv-
ers from high-LET–irradiated mice, 4 non-HCC livers from low-LET–irradiated mice and 6 normal livers from 
sham-irradiated mice. Each RNA sample, with 500 ng of total RNA, was amplified via the Ambion TotalPrep 
RNA amplification kit (ThermoFisher Scientific). This kit uses a T7 oligo(dT) primer to generate single-stranded 
cDNA, then a second strand synthesis to generate double-stranded cDNA, which is then column purified. We 
used in vitro transcription to synthesize biotin-labeled cRNA via T7 RNA polymerase. We then checked the 
column-purified cRNA for size and yield by using the Bio-Rad Experion system, and we hybridized 1.5 µg of 
cRNA to each array by using standard Illumina protocols with streptavidin-Cy3 (Amersham) for detection. 
Arrays were scanned on an Illumina Beadstation.

Statistical analysis of cDNA microarray and RNA‑seq data. Gene expression signals from Illumina 
mouse BeadChip were summarized via GenomicStudio 3.0 (Illumina). We background-subtracted and quantile-
normalized these summarized data by using the MBCB  algorithm55, 56. Differential gene expression analysis was 
performed by implementing a two-way ANOVA model in the Partek Genomics Suite 7.0. The ANOVA model 
included two main effects, pathological diagnosis and LET of radiation, and an interaction term of the two main 
effects. Genes were significantly changed when FDR < 0.1 and the fold changes were greater than 1.3. Pathway 
analysis was performed via Ingenuity Pathway Analysis (IPA) (Qiagen), December 2019 release. Pathways were 
considered significantly changed when statistical cutoffs of FDR and z-score were met in at least one tumor type. 
The cutoff of FDR values generated by IPA’s Fisher Exact Test was less than 0.01, and the cutoff of z-scores was 
greater than 1 for pathway analysis. We downloaded the RSEM expected counts of TCGA and GTEx RNA-seq 
data from the UC Santa Cruz Treehouse data repository. We used RNA-seq data from a total of 192 HCC and 110 
normal liver samples in this study. The count files were processed and normalized by  tximport57 and  DESeq258. 
We transformed the normalized counts by the vst function in the DESeq2 package. Log2 ratios of each gene were 
scaled to a standard deviation before comparison analysis. Kaplan–Meier analysis was performed by using the 
R package “survival.” Mouse and human gene names were matched based on Ensembl orthologue mapping. We 
profiled infiltrating immune cells in mouse HCC by using the R script provided by the authors of  ImmuCC59. We 
profiled the TCGA HCC immune cells by using the web interface of  CIBERSORTx60. We calculated statistical 
significances of immune cell abundances across the three mrHCC clusters by ANOVA analysis.

Data availability
Mouse gene expression data are deposited in GEO (GSE166653).

Received: 14 April 2021; Accepted: 15 June 2021

References
 1. Durante, M. & Cucinotta, F. A. Heavy ion carcinogenesis and human space exploration. Nat. Rev. Cancer 8, 465–472. https:// doi. 

org/ 10. 1038/ nrc23 91 (2008).
 2. Zeitlin, C. et al. Measurements of energetic particle radiation in transit to Mars on the Mars Science Laboratory. Science 340, 

1080–1084. https:// doi. org/ 10. 1126/ scien ce. 12359 89 (2013).
 3. Edmondson, E. F. et al. Genomic mapping in outbred mice reveals overlap in genetic susceptibility for HZE ion- and gamma-ray-

induced tumors. Sci. Adv. 6, eaax5940. https:// doi. org/ 10. 1126/ sciadv. aax59 40 (2020).
 4. Lee, J. S. et al. Application of comparative functional genomics to identify best-fit mouse models to study human cancer. Nat. 

Genet. 36, 1306–1311. https:// doi. org/ 10. 1038/ ng1481 (2004).
 5. Dow, M. et al. Integrative genomic analysis of mouse and human hepatocellular carcinoma. Proc. Natl. Acad. Sci. U. S. A. 115, 

E9879–E9888. https:// doi. org/ 10. 1073/ pnas. 18110 29115 (2018).

https://doi.org/10.1038/nrc2391
https://doi.org/10.1038/nrc2391
https://doi.org/10.1126/science.1235989
https://doi.org/10.1126/sciadv.aax5940
https://doi.org/10.1038/ng1481
https://doi.org/10.1073/pnas.1811029115


10

Vol:.(1234567890)

Scientific Reports |        (2021) 11:14052  | https://doi.org/10.1038/s41598-021-93467-3

www.nature.com/scientificreports/

 6. Yim, S. Y. et al. Integrated genomic comparison of mouse models reveals their clinical resemblance to human liver cancer. Mol. 
Cancer Res. 16, 1713–1723. https:// doi. org/ 10. 1158/ 1541- 7786. MCR- 18- 0313 (2018).

 7. Sung, H. et al. Global cancer statistics 2020: GLOBOCAN estimates of incidence and mortality worldwide for 36 cancers in 185 
countries. CA Cancer J. Clin. https:// doi. org/ 10. 3322/ caac. 21660 (2021).

 8. Balogh, J. et al. Hepatocellular carcinoma: A review. J. Hepatocell. Carcinoma 3, 41–53. https:// doi. org/ 10. 2147/ JHC. S61146 (2016).
 9. Cancer Genome Atlas Research Network. Comprehensive and integrative genomic characterization of hepatocellular carcinoma. 

Cell 169, 1327–1341. https:// doi. org/ 10. 1016/j. cell. 2017. 05. 046 (2017).
 10. Preston, D. L., Shimizu, Y., Pierce, D. A., Suyama, A. & Mabuchi, K. Studies of mortality of atomic bomb survivors. Report 13: 

Solid cancer and noncancer disease mortality: 1950–1997. Radiat. Res. 160, 381–407. https:// doi. org/ 10. 1667/ rr3049 (2003).
 11. Ozasa, K. et al. Studies of the mortality of atomic bomb survivors, Report 14, 1950–2003: An overview of cancer and noncancer 

diseases. Radiat. Res. 177, 229–243. https:// doi. org/ 10. 1667/ rr2629.1 (2012).
 12. Richardson, D. B. et al. Site-specific solid cancer mortality after exposure to ionizing radiation: A cohort study of workers 

(INWORKS). Epidemiology 29, 31–40. https:// doi. org/ 10. 1097/ EDE. 00000 00000 000761 (2018).
 13. Sokolnikov, M. E. et al. Lung, liver and bone cancer mortality in Mayak workers. Int. J. Cancer 123, 905–911. https:// doi. org/ 10. 

1002/ ijc. 23581 (2008).
 14. Mori, T. et al. Summary of entire Japanese thorotrast follow-up study: Updated 1998. Radiat. Res. 152, S84-87 (1999).
 15. Travis, L. B. et al. Site-specific cancer incidence and mortality after cerebral angiography with radioactive thorotrast. Radiat. Res. 

160, 691–706. https:// doi. org/ 10. 1667/ rr3095 (2003).
 16. Weil, M. M. et al. Effects of 28Si ions, 56Fe ions, and protons on the induction of murine acute myeloid leukemia and hepatocel-

lular carcinoma. PLoS One 9, e104819. https:// doi. org/ 10. 1371/ journ al. pone. 01048 19 (2014).
 17. Veronese, A. et al. Oncogenic role of miR-483-3p at the IGF2/483 locus. Cancer Res. 70, 3140–3149 (2010) (Epub 2010 Apr 3113).
 18. Kaczkowski, B. et al. Transcriptome analysis of recurrently deregulated genes across multiple cancers identifies new pan-cancer 

biomarkers. Cancer Res. 76, 216–226 (2015) (Epub 2015 Nov 2019).
 19. Li, B. et al. Competitive binding between Id1 and E2F1 to Cdc20 regulates E2F1 degradation and thymidylate synthase expression 

to promote esophageal cancer chemoresistance. Clin. Cancer Res. 22, 1243–1255 (2015) (Epub 2015 Oct 1216).
 20. Stefanska, B. et al. Definition of the landscape of promoter DNA hypomethylation in liver cancer. Cancer Res. 71, 5891–5903 (2011) 

(Epub 2011 Jul 5811).
 21. Liao, C. J. et al. A novel small-form NEDD4 regulates cell invasiveness and apoptosis to promote tumor metastasis. Oncotarget 6, 

9341–9354 (2015).
 22. Cp, S., Mp, M. & Rh, T. Differential down-regulation of the UDP-glucuronosyltransferase 1A locus is an early event in human liver 

and biliary cancer. Cancer Res. 57, 2979–2985 (1997).
 23. Hayashi, H. et al. An imbalance in TAZ and YAP expression in hepatocellular carcinoma confers cancer stem cell-like behaviors 

contributing to disease progression. Cancer Res. 75, 4985–4997 (2015) (Epub 2015 Sep 4929).
 24. Hasan, M. N. et al. Gene ontology and expression studies of strigolactone analogues on a hepatocellular carcinoma cell line. Anal. 

Cell Pathol. (Amst.) 1598182, 2019. https:// doi. org/ 10. 1155/ 2019/ 15981 82 (2019).
 25. Jin, J. et al. Nuclear expression of phosphorylated TRAF2- and NCK-interacting kinase in hepatocellular carcinoma is associated 

with poor prognosis. Pathol. Res. Pract. 210, 621–627. https:// doi. org/ 10. 1016/j. prp. 2013. 10. 007 (2014).
 26. Shi, J. Y. et al. Inferring the progression of multifocal liver cancer from spatial and temporal genomic heterogeneity. Oncotarget 7, 

2867–2877 (2016).
 27. Khetchoumian, K. et al. Loss of Trim24 (Tif1alpha) gene function confers oncogenic activity to retinoic acid receptor alpha. Nat. 

Genet. 39, 1500–1506 (2007) (Epub 2007 Nov 1518).
 28. Ramani, K., Mavila, N., Ko, K. S., Mato, J. M. & Lu, S. C. Prohibitin 1 regulates the H19-Igf2 axis and proliferation in hepatocytes. 

J. Biol. Chem. 291, 24148–24159 (2016) (Epub 22016 Sep 24129).
 29. Karczewski, K. J. et al. Systematic functional regulatory assessment of disease-associated variants. Proc. Natl. Acad. Sci. U. S. A. 

110, 9607–9612 (2013) (Epub 2013 May 9620).
 30. Chen, L. et al. CD95 promotes tumour growth. Nature 465, 492–496 (2010).
 31. Ito, M. et al. TIP30 deficiency increases susceptibility to tumorigenesis. Cancer Res. 63, 8763–8767 (2003).
 32. Satow, R. et al. Combined functional genome survey of therapeutic targets for hepatocellular carcinoma. Clin. Cancer Res. 16, 

2518–2528 (2010) (Epub 2010 Apr 2513).
 33. Nakahata, S. et al. Loss of NDRG2 expression activates PI3K-AKT signalling via PTEN phosphorylation in ATLL and other cancers. 

Nat. Commun. 5, 3393 (2014).
 34. Yan, S. et al. Redox regulation of the stability of the SUMO protease SENP3 via interactions with CHIP and Hsp90. EMBO J. 29, 

3773–3786 (2010) (Epub 2010 Oct 3775).
 35. Sohda, T. et al. Co-localisation of insulin-like growth factor II and the proliferation marker MIB1 in hepatocellular carcinoma 

cells. J. Clin. Pathol. 50, 135–137 (1997).
 36. Kim, W. et al. Comparison of proteome between hepatitis B virus- and hepatitis C virus-associated hepatocellular carcinoma. Clin. 

Cancer Res. 9, 5493–5500 (2003).
 37. Teng, Y. W., Mehedint, M. G., Garrow, T. A. & Zeisel, S. H. Deletion of betaine-homocysteine S-methyltransferase in mice perturbs 

choline and 1-carbon metabolism, resulting in fatty liver and hepatocellular carcinomas. J. Biol. Chem. 286, 36258–36267 (2011) 
(Epub 32011 Aug 36230).

 38. Unitt, E. et al. Tumour lymphocytic infiltrate and recurrence of hepatocellular carcinoma following liver transplantation. J. Hepatol. 
45, 246–253. https:// doi. org/ 10. 1016/j. jhep. 2005. 12. 027 (2006).

 39. Shah, W. et al. A reversed CD4/CD8 ratio of tumor-infiltrating lymphocytes and a high percentage of CD4(+)FOXP3(+) regulatory 
T cells are significantly associated with clinical outcome in squamous cell carcinoma of the cervix. Cell Mol. Immunol. 8, 59–66. 
https:// doi. org/ 10. 1038/ cmi. 2010. 56 (2011).

 40. Zhou, Q., Lui, V. W. & Yeo, W. Targeting the PI3K/Akt/mTOR pathway in hepatocellular carcinoma. Future Oncol. 7, 1149–1167. 
https:// doi. org/ 10. 2217/ fon. 11. 95 (2011).

 41. Xu, Z. et al. Loss of Pten synergizes with c-Met to promote hepatocellular carcinoma development via mTORC2 pathway. Exp. 
Mol. Med. 50, e417. https:// doi. org/ 10. 1038/ emm. 2017. 158 (2018).

 42. Dimri, M. & Satyanarayana, A. Molecular signaling pathways and therapeutic targets in hepatocellular carcinoma. Cancers (Basel). 
https:// doi. org/ 10. 3390/ cance rs120 20491 (2020).

 43. Hou, J., Zhang, H., Sun, B. & Karin, M. The immunobiology of hepatocellular carcinoma in humans and mice: Basic concepts and 
therapeutic implications. J. Hepatol. 72, 167–182. https:// doi. org/ 10. 1016/j. jhep. 2019. 08. 014 (2020).

 44. Jayasingam, S. D. et al. Evaluating the polarization of tumor-associated macrophages into M1 and M2 phenotypes in human cancer 
tissue: Technicalities and challenges in routine clinical practice. Front. Oncol. 9, 1512. https:// doi. org/ 10. 3389/ fonc. 2019. 01512 
(2019).

 45. Regan, C. L. & Fuller, M. T. Interacting genes that affect microtubule function in Drosophila melanogaster: Two classes of mutation 
revert the failure to complement between haync2 and mutations in tubulin genes. Genetics 125, 77–90 (1990).

 46. Ju, M. J. et al. Combination of peritumoral mast cells and T-regulatory cells predicts prognosis of hepatocellular carcinoma. Cancer 
Sci. 100, 1267–1274. https:// doi. org/ 10. 1111/j. 1349- 7006. 2009. 01182.x (2009).

https://doi.org/10.1158/1541-7786.MCR-18-0313
https://doi.org/10.3322/caac.21660
https://doi.org/10.2147/JHC.S61146
https://doi.org/10.1016/j.cell.2017.05.046
https://doi.org/10.1667/rr3049
https://doi.org/10.1667/rr2629.1
https://doi.org/10.1097/EDE.0000000000000761
https://doi.org/10.1002/ijc.23581
https://doi.org/10.1002/ijc.23581
https://doi.org/10.1667/rr3095
https://doi.org/10.1371/journal.pone.0104819
https://doi.org/10.1155/2019/1598182
https://doi.org/10.1016/j.prp.2013.10.007
https://doi.org/10.1016/j.jhep.2005.12.027
https://doi.org/10.1038/cmi.2010.56
https://doi.org/10.2217/fon.11.95
https://doi.org/10.1038/emm.2017.158
https://doi.org/10.3390/cancers12020491
https://doi.org/10.1016/j.jhep.2019.08.014
https://doi.org/10.3389/fonc.2019.01512
https://doi.org/10.1111/j.1349-7006.2009.01182.x


11

Vol.:(0123456789)

Scientific Reports |        (2021) 11:14052  | https://doi.org/10.1038/s41598-021-93467-3

www.nature.com/scientificreports/

 47. Zhang, S., Liu, Z., Wu, D., Chen, L. & Xie, L. Single-Cell RNA-Seq analysis reveals microenvironmental infiltration of plasma cells 
and hepatocytic prognostic markers in HCC with cirrhosis. Front. Oncol. 10, 596318. https:// doi. org/ 10. 3389/ fonc. 2020. 596318 
(2020).

 48. Li, C., Jiang, P., Wei, S., Xu, X. & Wang, J. Regulatory T cells in tumor microenvironment: New mechanisms, potential therapeutic 
strategies and future prospects. Mol. Cancer 19, 116. https:// doi. org/ 10. 1186/ s12943- 020- 01234-1 (2020).

 49. Blanc, C. et al. Targeting resident memory T cells for cancer immunotherapy. Front. Immunol. 9, 1722. https:// doi. org/ 10. 3389/ 
fimmu. 2018. 01722 (2018).

 50. Liu, C. et al. Early change in peripheral CD4(+) T cells associated with clinical outcomes of immunotherapy in gastrointestinal 
cancer. Immunotherapy 13, 55–66. https:// doi. org/ 10. 2217/ imt- 2020- 0068 (2021).

 51. Keenan, B. P., Fong, L. & Kelley, R. K. Immunotherapy in hepatocellular carcinoma: The complex interface between inflammation, 
fibrosis, and the immune response. J. Immunother. Cancer 7, 267. https:// doi. org/ 10. 1186/ s40425- 019- 0749-z (2019).

 52. Matsunaga, A. et al. Carbon-ion beam treatment induces systemic antitumor immunity against murine squamous cell carcinoma. 
Cancer 116, 3740–3748. https:// doi. org/ 10. 1002/ cncr. 25134 (2010).

 53. Ohkubo, Y. et al. Combining carbon ion radiotherapy and local injection of alpha-galactosylceramide-pulsed dendritic cells inhibits 
lung metastases in an in vivo murine model. Int. J. Radiat. Oncol. Biol. Phys. 78, 1524–1531. https:// doi. org/ 10. 1016/j. ijrobp. 2010. 
06. 048 (2010).

 54. Takahashi, Y. et al. Carbon ion irradiation enhances the antitumor efficacy of dual immune checkpoint blockade therapy both for 
local and distant sites in murine osteosarcoma. Oncotarget 10, 633–646. https:// doi. org/ 10. 18632/ oncot arget. 26551 (2019).

 55. Ding, L. H., Xie, Y., Park, S., Xiao, G. & Story, M. D. Enhanced identification and biological validation of differential gene expression 
via Illumina whole-genome expression arrays through the use of the model-based background correction methodology. Nucleic 
Acids Res. 36, e58 (2008).

 56. Xie, Y., Wang, X. & Story, M. Statistical methods of background correction for Illumina BeadArray data. Bioinformatics 25, 751–757. 
https:// doi. org/ 10. 1093/ bioin forma tics/ btp040 (2009).

 57. Soneson, C., Love, M. I. & Robinson, M. D. Differential analyses for RNA-seq: Transcript-level estimates improve gene-level infer-
ences. F1000Res 4, 1521. https:// doi. org/ 10. 12688/ f1000 resea rch. 7563.2 (2015).

 58. Love, M. I., Huber, W. & Anders, S. Moderated estimation of fold change and dispersion for RNA-seq data with DESeq2. Genome 
Biol. 15, 550. https:// doi. org/ 10. 1186/ s13059- 014- 0550-8 (2014).

 59. Chen, Z. et al. Inference of immune cell composition on the expression profiles of mouse tissue. Sci. Rep. 7, 40508. https:// doi. org/ 
10. 1038/ srep4 0508 (2017).

 60. Newman, A. M. et al. Determining cell type abundance and expression from bulk tissues with digital cytometry. Nat. Biotechnol. 
37, 773–782. https:// doi. org/ 10. 1038/ s41587- 019- 0114-2 (2019).

Acknowledgements
General: We thank NSRL in Brookhaven National Lab for supporting radiation experiments. We thank Jonathan 
Feinberg for editing the manuscript. This study was funded by the NASA Specialized Center of Research on 
Radiation Carcinogenesis (NSCOR) programs (NNJ08ZSA003N and NNX15AK13G).

Author contributions
L.-H.D. performed microarray, RNA-seq, immune cell profiling data analysis and drafted the manuscript. Y.Y. and 
M.M. performed radiation experiments and collected tissue samples. E.F.E. performed pathological examination 
on mouse liver samples. L.M.P. interpreted immune cell profiling results. M.D.S., R.L.U. and M.M.W. conceived 
the strategies of the projects. M.D.S. supervised the progress of the projects.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https:// doi. org/ 
10. 1038/ s41598- 021- 93467-3.

Correspondence and requests for materials should be addressed to M.D.S.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access  This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http:// creat iveco mmons. org/ licen ses/ by/4. 0/.

© The Author(s) 2021

https://doi.org/10.3389/fonc.2020.596318
https://doi.org/10.1186/s12943-020-01234-1
https://doi.org/10.3389/fimmu.2018.01722
https://doi.org/10.3389/fimmu.2018.01722
https://doi.org/10.2217/imt-2020-0068
https://doi.org/10.1186/s40425-019-0749-z
https://doi.org/10.1002/cncr.25134
https://doi.org/10.1016/j.ijrobp.2010.06.048
https://doi.org/10.1016/j.ijrobp.2010.06.048
https://doi.org/10.18632/oncotarget.26551
https://doi.org/10.1093/bioinformatics/btp040
https://doi.org/10.12688/f1000research.7563.2
https://doi.org/10.1186/s13059-014-0550-8
https://doi.org/10.1038/srep40508
https://doi.org/10.1038/srep40508
https://doi.org/10.1038/s41587-019-0114-2
https://doi.org/10.1038/s41598-021-93467-3
https://doi.org/10.1038/s41598-021-93467-3
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Transcriptomic analysis links hepatocellular carcinoma (HCC) in HZE ion irradiated mice to a human HCC subtype with favorable outcomes
	Results
	Distinct gene expression profiles identified in HCC and non-HCC liver tissues. 
	Differentially expressed genes drive changes in signaling pathways in different types of mouse HCC. 
	Supervised clustering identified genes (mR-HCC) associated with radiation effects in mouse HCC. 
	The mR-HCC genes identified novel human HCC subtypes associated with radiation-induced HCC in mice. 
	Profiles of tumor-infiltrating immune cells in subtypes of mouse and human HCC. 

	Discussion
	Methods
	Mice and radiations. 
	Total RNA extraction from tissues. 
	Labeling and hybridization of microarray for gene expression analysis. 
	Statistical analysis of cDNA microarray and RNA-seq data. 

	References
	Acknowledgements


