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Summary of the COVID‑19 
epidemic and estimating 
the effects of emergency responses 
in China
Junwen Tao 1,2, Yue Ma 1,2, Caiying Luo1, Jiaqi Huang1, Tao Zhang1 & Fei Yin1*

Coronavirus disease‑2019 (COVID‑19) pandemic has affected millions of people since December 2019. 
Summarizing the development of COVID‑19 and assessing the effects of control measures are very 
critical to China and other countries. A logistic growth curve model was employed to compare the 
development of COVID‑19 before and after the emergency response took effect. We found that the 
number of confirmed cases peaked 9–14 days after the first detection of an imported case, but there 
was a peak lag in the province where the outbreak was concentrated. Results of the growth curves 
indicated that the fitted cumulative confirmed cases were close to the actual observed cases, and 
the R2 of all models was above 0.95. The average growth rate decreased by 44.42% nationally and by 
32.5% outside Hubei Province. The average growth rate in the 12 high‑risk areas decreased by 29.9%. 
The average growth rate of cumulative confirmed cases decreased by approximately 50% after the 
emergency response. Areas with frequent population migration have a high risk of outbreak. The 
emergency response taken by the Chinese government was able to effectively control the COVID‑
19 outbreak. Our study provides references for other countries and regions to control the COVID‑19 
outbreak.

On December 31, 2019, China notified the World Health Organization (WHO) of unknown pneumonia cases in 
Wuhan, Hubei  province1. This pneumonia came with persistent fever, cough, and  dyspnea2 and was then named 
Coronavirus Disease 2019 (COVID-19). The disease spread rapidly from Hubei province to other provinces in 
China within 2 weeks3,4. By November 14, 2020, a total of 92,409 confirmed cases and 4749 deaths had been 
reported in China, of which less than seventeen percent of the cases and less than four percent of the deaths 
occurred outside Hubei province. Since 13 January 2020, first  Thailand5, then more than 200 countries, including 
Japan,  Korea6, the United  States7, and the United  Kingdom8, have reported imported COVID-19 cases. Due to 
the speed and scale of transmission, the WHO described COVID-19 as a pandemic on 12 March 2020, officially 
declaring that COVID-19 entered the global epidemic phase.

Beginning 15 January 2020, the Chinese government launched an emergency response at all levels. On the 
one hand, in the epicenter of the outbreak, Hubei province implemented traffic control. On the other hand, the 
whole nation was required to wear masks and to avoid going out and having close contact with other people to 
reduce the exposure to susceptible people. As the earliest occurrence area, Hubei province has been through the 
process of case accumulation—outbreak detection—isolation and control. The rest of China has been through 
a complete process of case imports—detected transmission—isolation and control. Besides, as winter comes, 
the second wave of COVID-19 becomes one of the most important concerns of China and other countries. 
Those who have managed to take the COVID-19 epidemic under control are now threatened by the risk from 
imported cases while those who failed to flatten the epidemic curves are accumulating active cases continuously. 
Therefore, summarizing the COVID-19 development in Hubei province and other regions of China can help us 
to explore the epidemic characteristics of COVID-19 and provide a reference for other countries to assess the 
stages of the COVID-19 epidemic.

The course of COVID-19 includes incubation, disease, and recovery or  death2,9. This course is characterized 
at the population level, as the number of cumulative confirmed cases experience a period of delay before expo-
nential growth, then present a period of maximum increasing density, and finally enter a stable stage. The entire 
process presents an s-shaped development trend. A logistic growth curve  model10 is often used to describe such 
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ecological  processes11,12. Both the average growth rate and the maximum value of the growth curve have clear 
epidemiological significance and are of great reference value in the field of public health. Therefore, this study 
used the logistic growth curve model to evaluate the effects of emergency responses before and after implemen-
tation in two situations. One is in the epicenter, Hubei Province, in which numerical local transmissions have 
already occurred when the COVID-19 cases were firstly reported. The other is the regions with large immigration 
from the epicenter, mainly threatened by the importing risk. In addition, this study would extract historical data 
to simulate a short-term dynamic prediction and discussed the application of the growth curve model in the 
assessment of COVID-19 to provide a reference for China and other countries.

Results
General characteristics of COVID‑19 in China. Wuhan, Hubei province shut down outward traffic 
beginning 23 January 2020, followed by the rest of Hubei province. To find high-risk areas caused by imported 
cases, we drew a heatmap of the migration out of Hubei on 22 January 2020 (Fig. 1a), which indicated that people 
mainly migrated to Henan, Hunan, Chongqing, Jiangxi, Guangdong, Anhui, Sichuan, Jiangsu, Zhejiang, Beijing, 
and Shanghai. A heatmap of the cumulative confirmed cases in Chinese provinces from 22 January to 4 March 
2020 highlights similar provinces (Fig. 1b). Hubei province was the location of the concentrated COVID-19 
outbreak, followed by its neighbors (Henan, Anhui, Jiangxi, Hunan, and Chongqing) and some economically 
developed and densely populated provinces (Guangdong, Zhejiang, Jiangsu, Shandong, Sichuan, Shanghai, and 
Beijing). Thus, Sichuan, Guangdong, Beijing, Shandong, Chongqing, Zhejiang, Jiangxi, Anhui, Jiangsu, Hunan, 
Shanghai, and Henan were selected as high-risk areas with imported cases for further analysis. In addition, since 
over 80% of confirmed cases were reported in Hubei province (Table 1: 81,047 cases were reported in China, in 

Figure 1.  (a) Percentage of the migration population moving from Hubei province to other provinces on 22 
January 2020. (b) The cumulative confirmed COVID-19 cases in Chinese provinces from 22 January to 4 March 
2020.

Table 1.  Peak number of confirmed COVID-19 cases, corresponding peak date, and cumulative confirmed 
cases in China, Hubei province, and 12 high-risk provinces from 22 January to 4 March 2020.

Area Peak confirmed cases Peak date Cumulative cases

China 3893 2/4/2020 81,047

Hubei 3156 2/4/2020 67,990

China except for Hubei 890 2/3/2020 13,057

Sichuan 36 1/30/2020 538

Guangdong 127 1/31/2020 1325

Beijing 32 2/2/2020 411

Shandong 45 2/5/2020 757

Chongqing 38 2/2/2020 571

Zhejiang 132 1/29/2020 1209

Jiangxi 85 2/3/2020 937

Anhui 72 2/3/2020 991

Jiangsu 37 2/3/2020 631

Hunan 74 2/1/2020 1017

Shanghai 27 1/30/2020 329

Henan 109 2/3/2020 1273
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which 67,990 cases were reported in Hubei province), the epidemic characteristics in the rest part of China may 
be masked by that in Hubei province. Therefore, we also analyzed the national data excluding Hubei province to 
present the epidemic development in other provinces.

According to the time series of the confirmed COVID-19 cases (except outliers) in China and 12 high-risk 
provinces, we summarized the peak confirmed cases, the corresponding peak date, and the cumulative number 
of confirmed cases (Table 1). Figure 2 shows the time series of confirmed COVID-19 cases in the identified 
provinces. The confirmed COVID-19 cases in Hubei province and nationwide showed a rapid increase before 
February 4, followed by a decline, and gradually stabilized after February 18, 2020. In high-risk provinces with 
imported cases, the peak of confirmed cases was around 30 January 2020 in Sichuan, Guangdong, Zhejiang, 
and Shanghai, and around 2 February 2020 in Beijing, Chongqing, Jiangxi, Anhui, Jiangsu, Hunan, and Henan.

Two outliers occurred in China and Hubei province on February 12 and 13, as the National Health Com-
mission of the PRC revised the definition of COVID-19 confirmed cases in Hubei province on February 12, 
adding “clinical case” to “confirmed case,” and left the other provinces  unchanged13. Another outlier was found 
in Shandong Province on February 20, corresponding to an outbreak at a prison with 200 confirmed  cases14. The 
overall trend of confirmed cases in the other provinces increased first and then decreased.

Impact evaluation of emergency response. We fitted the growth curves at two different periods to 
assess the impact of the emergency response implemented in each province. Figure 3 shows the growth curves of 
each area. The coefficients of the logistic growth curve models in two periods are referred to the Supplementary 
Tables S2 and S3. The fitted cumulative confirmed cases were close to the actual observed cases, and the R2 of all 
models was above 0.95.

The average growth rates of the two periods in China, Hubei province, and 12 high-risk provinces are pre-
sented in Table 2 and Fig. 4. The average growth rate decreased by 44.4% nationally and by 32.5% outside Hubei 

Figure 2.  The time series of confirmed COVID-19 cases in China, Hubei province, and 12 high-risk provinces 
from 22 January to 4 March 2020.
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province. The average growth rate in each province decreased significantly after the emergency response. The 
average growth rate in the 12 high-risk areas decreased by 29.9%, which was lower than that outside Hubei 
province. Before the emergency response, the provinces with the highest average growth rates were ranked 
from highest to lowest as follows: Hunan, Hubei, Zhejiang, Shandong, Jiangxi, Jiangsu, Guangdong, Sichuan, 
Anhui, Henan, Chongqing, Beijing, and Shanghai. Hubei, Shandong, Zhejiang, Jiangxi, and Hunan had growth 
rates higher than the national average. After the emergency response, the average growth rate of each province 
from highest to lowest was Zhejiang, Hunan, Anhui, Shanghai, Jiangxi, Jiangsu, Hunan, Guangdong, Hubei, 
Chongqing, Beijing, Sichuan, and Shandong. The growth rates of Guangdong, Zhejiang, Jiangxi, Anhui, Jiangsu, 
Hunan, Shanghai, and Henan were higher than the national average. 

Prediction capacity evaluation of logistic growth curve models. We used cumulative confirmed 
case data, from January 22 to February 4, 2020, to simulate a short-term dynamic prediction. Table 3 shows 
the MAE and MAPE of the logistic growth curve model in each province. Figure 5 shows the 1-step dynamic 
prediction of the logistic growth curve model in China, Hubei province, and 12 high-risk provinces. The 1-step 
dynamic prediction outperformed the rest, with a MAPE of 1.16–5.45% in different areas. Except for the mod-
els for China, Hubei, and Shandong provinces, which were affected by the three outliers mentioned above, the 
models showed predictions close to the observations.

Discussion
COVID-19 has currently become one of the biggest threats to the human  world15,16. As the country reported 
the COVID-19 outbreak firstly, China issued national emergency  responses17,18, including cross-regional traffic 
control and suspending the operations of restaurants, entertainment, and cultural tourism areas, and has taken 

Figure 3.  The logistic growth curves of China, Hubei province, and 12 high-risk provinces before and after the 
emergency responses. Black points representing observed values, red lines representing fitted growth curves, 
and black dash lines representing two different periods’ cut-off points.
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the epidemic under control in early March. This study used the logistic growth curve models to summarize the 
COVID-19 epidemic in the epicenter, Hubei province, and other 12 high-risk provinces in China before and after 
the emergency responses. Results showed the areas with larger migration from Hubei province, have suffered 
more severe epidemics of the COVID-19. Prompt emergency responses after the detection of imported cases 
greatly reduced the growth rate of the local epidemic. Also, in the early stage without adequate information for 
more detailed dynamic prediction models, the logistic growth curve model has good prediction accuracy in the 
short-term forecast.

Before the shutdown of the traffic leaving Wuhan, Hubei province, people from Hubei province mainly 
migrated to Henan, Hunan, Chongqing, Jiangxi, Guangdong, Anhui, Sichuan, Jiangsu, Zhejiang, Beijing, and 
Shanghai, which was consistent with provinces later had high incidences of COVID-19. It indicated that the 
people migration was related to the spread of the COVID-19 epidemic. This finding can be supported by other 
 studies19,20. As a respiratory infectious disease, the number of transmission sources and susceptible population 
density directly affects the COVID-19  spread21. Blocking migration from severe outbreak areas would be of 
great importance to prevent the disease from spreading to other areas, especially during the early stages. Tian 

Table 2.  Comparison of the average growth rates before and after the emergency responses in China, Hubei 
province, and 12 high-risk provinces. a r_1: Average growth rate before the emergency responses. b r_2: Average 
growth rate after the emergency responses.

Area r_1a r_2b Percentage decrease

China 0.565 0.314 0.444

Hubei 0.614 0.328 0.466

China except for Hubei 0.508 0.343 0.325

Sichuan 0.475 0.279 0.413

Guangdong 0.498 0.370 0.257

Beijing 0.443 0.308 0.305

Shandong 0.584 0.179 0.693

Chongqing 0.450 0.313 0.304

Zhejiang 0.603 0.435 0.279

Jiangxi 0.576 0.397 0.311

Anhui 0.469 0.417 0.111

Jiangsu 0.509 0.393 0.228

Hunan 0.625 0.418 0.331

Shanghai 0.440 0.402 0.086

Henan 0.468 0.393 0.160

Average of 12 high-risk areas 0.512 0.359 0.299

Figure 4.  The comparison of the average growth rates before and after the emergency responses in China, 
Hubei province, and 12 high-risk provinces.
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et al. found that the confirmed cases reported in lockdown cities decreased by 37% than those cities without 
lockdown in  China22. In addition, Flaxman et al. estimated the effects of non-pharmaceutical interventions on 
COVID-19 in 11 European countries and found that lockdown had a large effect on controlling the  epidemic23.

The peak outbreak occurred from February 1 to February 4, 2020, which could be related to the population 
migration and the incubation of COVID-19. As January 25 was the traditional Chinese New Year, most people 
were returning to their hometowns to reunite with their families. Therefore, the densified migration in the week 
before the traditional Chinese New Year led to the rapid spread of COVID-19. With the estimated 3–7 days incu-
bation, each province experienced 9–14 days from the first detection of imported cases to the peak of confirmed 
cases, which was consistent with the sum of the migration peak and the incubation period. Therefore, 9–14 days 
after the detection of imported cases is the critical period for preventing further transmission. In this period, 
screening tests and the quarantine of COVID-19 patients should be carried out to find the infection source and 
protect susceptible populations. Notably, in the region with the most severe outbreak, Hubei province, the peak of 
confirmed cases was delayed, which is consistent with the findings of Sun et al.24. They found that delays between 
suspected infection and seeking care at a hospital were longer in Hubei province than in other provinces. This 
phenomenon may be attributed to the long accumulation of confirmed cases and inadequate testing capacity, 
suggested that more health resources are needed in such an area.

The logistic growth curves of cumulative COVID-19 cases before and after the implementation of emergency 
response in each study province showed an approximate 50% reduction in the average growth rate after the 
emergency response, similar to the result of Lai’s study. Lai et al. predicted the confirmed cases would have been 
67-fold higher by 29 February 2020 without the emergency response in  China25. As all the emergency responses 
were launched within 1 week after the first confirmed case, the reduction in the average growth rate suggested 
that rapid growth of the epidemic can be slowed by a timely emergency response after the early detection of 
imported cases within the critical period of 9–14 days.

The average growth rate in Zhejiang, Jiangsu, Anhui, Jiangxi, Hunan, Shanghai, and Henan provinces 
remained higher than the national average growth rate after the implementation of the emergency response. 
Among them, the economically developed provinces, and labor-exporting provinces with frequent population 
migration, such as Zhejiang, Hunan, and Anhui provinces, had the highest growth rates, indicating a high out-
break risk. Therefore, the control measures should be particularly strengthened to prevent COVID-19 outbreaks 
in these regions. Although the emergency response reduced the average growth rate, in the outbreak center, Hubei 
province, the peak in confirmed cases was delayed. This suggests that if the outbreak was not detected in time, 
the critical control period might pass, which would lead to a lag in the implementation of prevention and control 
measures in response to the outbreak. Therefore, for concentrated COVID-19 outbreak areas, the growth of the 
epidemic would not be easily controlled within the standard critical period of 9–14 days. The lagged peak of 
confirmed cases should be fully considered, and the duration of control measures should be extended for further 
development of the epidemic. And a study in the UK suggested that to avoid a rebound, the control measures 
should be maintained until a vaccine is available, which might be about 18 months26.

In the 1-step dynamic prediction of the cumulative confirmed COVID-19 cases in the early stage of the 
epidemic, the MAPE between the predicted and actual cumulative cases was 1.16–5.45%. Despite the increase 
due to the change in diagnostic criteria on February 13 in Hubei province, the values predicted by the logistic 
growth curve model were very close to the actual observed values. Thus, the logistic growth curve model can be 

Table 3.  MAE and MAPE of the logistic growth curve model in China, Hubei province, and 12 high-risk 
provinces.

Area

MAE MAPE(%)

1 out-of-sample 3 out-of-sample 7 out-of-sample 1 out-of-sample 3 out-of-sample 7 out-of-sample

China 1322.3 2170.57 2285.19 3.54 5.02 13

Hubei 1392.29 2472.08 2290.85 4.05 6.28 14.04

China except for 
Hubei 1780.99 1781.32 1805.11 3 3.97 6.55

Sichuan 2.83 7.7 11.1 4.58 5.88 8.77

Guangdong 4.81 9.62 16.37 2.64 3.3 4.99

Beijing 2.41 3.39 3.77 3.43 3.97 5.78

Shandong 17.6 23.49 27.35 5.45 7.71 12.95

Chongqing 2.17 4.03 6.04 2.7 3.33 4.73

Zhejiang 5.24 13.98 17.22 3.4 4.27 6.52

Jiangxi 3.92 9.04 13.7 1.72 2.57 4.83

Anhui 3.59 9.33 15.49 1.16 1.82 4.3

Jiangsu 2.78 9.69 13.33 2.71 3.94 7.2

Hunan 4.15 10.34 14.66 2.03 2.86 5.07

Shanghai 1.75 3.13 4.28 4.48 5.28 7.5

Henan 4.69 8.73 14.2 1.68 2.35 4.28
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used to assess the short-term development of COVID-19 and aid in the short-term adjustment of prevention 
and control measures, especially in the early stage of the epidemic.

There are several limitations to this study. As based on the existing surveillance data, the detection capacity of 
COVID-19 varies between different regions, which may lead to an underestimated occurrence at the early stage, 
and the outbreak reflected by the surveillance data may be delayed. Each region should consider local detection 
capacity when formulating prevention and control measures.

In conclusion, areas with frequent migration have a high risk of COVID-19 outbreak, so the prevention and 
control measures should be strengthened. Timely detection of imported cases and blocking migration from the 
epidemic areas are important for controlling the spread of COVID-19. The 9–14 days after the first detection of 
imported cases could be the critical period for epidemic prevention and control. In areas where the epidemic is 
severe, we need to consider the peak lag and extend prevention measures. The emergency responses launched 
in China efficiently reduced the spread and further development of the epidemic, which provides a reference 
for other countries and regions, especially facing a new wave coming with the winter. The logistic growth curve 
model can accurately evaluate and predict the short-term development of the COVID-19 epidemic.

Methods
Data sources. Confirmed COVID-19 case data were obtained from the Chinese Center for Disease Con-
trol and Prevention27. All cases were confirmed by laboratory and clinical diagnosis and met the definition of 
confirmed cases according to the National Health Commission of China28. Baidu is the most widely used search 
engine in China, and we extracted population migration data from the Baidu Qianxi to find areas with early 
imported  cases29. Considering that in the early stages of the COVID-19 outbreak, the situation reports may have 
underreported cases while the national new daily case has been reduced to the level around one hundred to the 

Figure 5.  The 1-step dynamic prediction of the logistic growth curve model in China, Hubei province, and 
12 high-risk provinces. Black points representing observed values and orange lines representing fitted growth 
curves.
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beginning of the March and kept at a low level in further, we used confirmed cases from 22 January to 4 March 
2020 to ensure the reliability of the data.

Statistical analysis. This study used heatmaps to conduct a spatiotemporal distribution analysis of cumu-
lative confirmed COVID-19 cases and population migration in China on a provincial level. The heatmaps were 
constructed with the cumulative confirmed cases and population migration data via the “rgdal” and “ggplot2” 
packages in R 3.6.3. We selected Hubei province as the concentrated outbreak area for analysis, and other prov-
inces with early reported cases as representative provinces facing the risk of an outbreak.

The logistic growth curve is a statistical model used to simulate the growth of cells, animals, plants, or popu-
lations. In a finite population, the logistic growth curve presents s-shaped. The parameters of this model have 
clear epidemiological significance and are of great reference value in the field of public health. Therefore, this 
study used the logistic growth curve model to summarize the characteristics of the COVID-19 epidemic and to 
evaluate the effects of emergency responses in China. The formula for the model is as follows:

 where  Nt represents the cumulative confirmed COVID-19 cases at time t,  N0 represents the cumulative confirmed 
cases at the initial time, K represents the maximum cumulative confirmed cases within the analysis period, and 
r is the average growth rate of the cumulative confirmed cases. The “SummarizeGrowth()” function was used to 
fit the growth curve model via the “growthcurver” package in R 3.6.3.

To evaluate the effects of the emergency response implemented in each province, we fitted the logistic growth 
curve models at two different periods, using an average incubation period of 7 days24,28 after the emergency 
response implemented date as the cut-off point (for details of the time period, see Supplementary Table S1). 
The first time period was used to assess the situation before the emergency response. The second time period, 
from the end of period one to 4 March 2020, was used to assess the situation after the emergency response had 
taken effect. The coefficient of determination (R2) was used to evaluate the goodness of fit. The average growth 
rates of periods one and two in each province were compared to evaluate the effects of the emergency response.

To simulate the short-term trend of the epidemic, we used the logistic growth curve model for dynamic 
prediction from 22 January to 4 March  202030. The step lengths of the dynamic predictions were set as 1, 3, and 
7 days, referred to as the 1, 3, or 7 out-of-sample prediction. In the 1 out-of-sample prediction, the cumulative 
confirmed cases from January 22 to February 4 were selected as the training set, and 1 day after, February 5, 
was selected as the test set. Then, the model was updated with actual observations from February 5, and the 
cumulative confirmed cases on February 6 were predicted by the updated model until all the predicted cumula-
tive confirmed cases from February 5 to March 4 were obtained. The average absolute error (MAE) and average 
absolute percentage error (MAPE) were then calculated for each dynamic prediction with different step lengths 
to evaluate the short-term trend of the epidemic.

All statistical analyses were performed in R 3.6.3 using packages such as “growthcurver”, “rgdal” and “ggplot2”.

Data availability
Chinese Center for Disease Control and Prevention has published the COVID-19 situation since Jan 16th. Eve-
ryone can obtain the daily confirmed COVID-19 cases from http://2019n cov.china cdc.cn/2019-nCoV/. This 
research has been conducted using the confirmed COVID-19 cases from 22 January 2020 to 4 March.

Received: 6 June 2020; Accepted: 16 December 2020

References
 1. World Health Organization. Pneumonia of unknown cause—China. http://origi n.who.int/csr/don/05-janua ry-2020-pneum onia-

of-unkow n-cause -china /en/ (2020).
 2. Huang, C. et al. Clinical features of patients infected with 2019 novel coronavirus in Wuhan, China. Lancet 395, 497–506 (2020).
 3. Li, Q. et al. Early transmission dynamics in Wuhan, China, of novel coronavirus-infected pneumonia. N. Engl. J. Med. 382, 

1199–1207 (2020).
 4. Chan, J. F. et al. A familial cluster of pneumonia associated with the 2019 novel coronavirus indicating person-to-person transmis-

sion: A study of a family cluster. Lancet 395, 514–523 (2020).
 5. World Health Organization. Novel Coronavirus—Thailand (ex-China). https ://www.who.int/csr/don/14-janua ry-2020-novel -coron 

aviru s-thail and-ex-china /en/ (2020).
 6. World Health Organization. Coronavirus disease 2019 (COVID-19). Situation report 13. https ://www.who.int/emerg encie s/disea 

ses/novel -coron aviru s-2019/situa tion-repor ts (2020).
 7. Holshue, M. L. et al. First case of 2019 novel coronavirus in the United States. N. Engl. J. Med. 382, 929–936 (2020).
 8. Alwan, N. A. et al. Evidence informing the UK’s COVID-19 public health response must be transparent. Lancet 395, 1036–1037 

(2020).
 9. Guan, W. et al. Clinical characteristics of coronavirus disease 2019 in China. N. Engl. J. Med. https ://doi.org/10.1056/NEJMo a2002 

032 (2020).
 10. Tsoularis, A. & Wallace, J. Analysis of logistic growth models. Math. Biosci. 179, 0–55 (2002).
 11. Mytilinaios, I., Salih, M., Schofield, H. K. & Lambert, R. J. W. Growth curve prediction from optical density data. Int. J. Food 

Microbiol. 154, 169–176 (2012).
 12. Lin, H., Shavezipur, M., Yousef, A. & Maleky, F. Prediction of growth of Pseudomonas fluorescens in milk during storage under 

fluctuating temperature. J. Dairy Sci. 99, 1822–1830 (2015).
 13. National Health Commission of China. Diagnosis and treatment of Corona Virus Disease 2019 (trial version 5). http://www.nhc.

gov.cn/yzygj /s7653 p/20200 2/3b09b 894ac 9b420 4a79d b5b89 12d44 40/files /72603 01a39 3845f c87fc f6dd5 2965e cb.pdf (2020).
 14. Jining Municipal Health Commission. Announcements. http://wjw.jinin g.gov.cn/art/2020/2/21/art_17066 _24543 67.html (2020).

Nt =
N0K

N0 + (K − N0)e
−rt

http://2019ncov.chinacdc.cn/2019-nCoV/
http://origin.who.int/csr/don/05-january-2020-pneumonia-of-unkown-cause-china/en/
http://origin.who.int/csr/don/05-january-2020-pneumonia-of-unkown-cause-china/en/
https://www.who.int/csr/don/14-january-2020-novel-coronavirus-thailand-ex-china/en/
https://www.who.int/csr/don/14-january-2020-novel-coronavirus-thailand-ex-china/en/
https://www.who.int/emergencies/diseases/novel-coronavirus-2019/situation-reports
https://www.who.int/emergencies/diseases/novel-coronavirus-2019/situation-reports
https://doi.org/10.1056/NEJMoa2002032
https://doi.org/10.1056/NEJMoa2002032
http://www.nhc.gov.cn/yzygj/s7653p/202002/3b09b894ac9b4204a79db5b8912d4440/files/7260301a393845fc87fcf6dd52965ecb.pdf
http://www.nhc.gov.cn/yzygj/s7653p/202002/3b09b894ac9b4204a79db5b8912d4440/files/7260301a393845fc87fcf6dd52965ecb.pdf
http://wjw.jining.gov.cn/art/2020/2/21/art_17066_2454367.html


9

Vol.:(0123456789)

Scientific Reports |          (2021) 11:717  | https://doi.org/10.1038/s41598-020-80201-8

www.nature.com/scientificreports/

 15. Kandel, N., Chungong, S., Omaar, A. & Xing, J. Health security capacities in the context of COVID-19 outbreak: An analysis of 
International Health Regulations annual report data from 182 countries. Lancet 395, 1047–1053 (2020).

 16. Hui, D. S. et al. The continuing 2019-nCoV epidemic threat of novel coronaviruses to global health—The latest 2019 novel coro-
navirus outbreak in Wuhan, China. Int. J. Infect. Dis. 91, 264–266 (2020).

 17. The State Council of China. The latest policy. http://www.gov.cn/zheng ce/index .html (2020).
 18. National Health Commission of China. Regulating document. http://www.nhc.gov.cn/wjw/gfxwj j/list_2.shtml  (2020).
 19. Chinazzi, M. et al. The effect of travel restrictions on the spread of the 2019 novel coronavirus (COVID-19) outbreak. Science 368, 

395–400 (2020).
 20. Kraemer, M. U. G. et al. The effect of human mobility and control measures on the COVID-19 epidemic in China. Science 368, 

493–497 (2020).
 21. Tellier, R., Li, Y., Cowling, B. J. & Tang, J. W. Recognition of aerosol transmission of infectious agents: A commentary. BMC Infect. 

Dis. 19, 101–110 (2020).
 22. Tian, H. et al. An investigation of transmission control measures during the first 50 days of the COVID-19 epidemic in China. 

Science 368, 638–642 (2020).
 23. Flaxman, S. et al. Estimating the effects of non-pharmaceutical interventions on COVID-19 in Europe. Nature 58, 257–261 (2020).
 24. Sun, K., Chen, J. & Viboud, C. Early epidemiological analysis of the coronavirus disease 2019 outbreak based on crowdsourced 

data: A population level observational. Lancet Digital Health 2, e201–e208 (2020).
 25. Lai, S. et al. Effect of non-pharmaceutical interventions to contain COVID-19 in China. Nature 58, 410–413 (2020).
 26. Ferguson, MN. et al. Impact of non-pharmaceutical interventions (NPIs) to reduce COVID-19 mortality and healthcare demand. 

https ://www.imper ial.ac.uk/media /imper ial-colle ge/medic ine/sph/ide/gida-fello wship s/Imper ial-Colle geCOV ID19-NPI-model 
ling-16-03-2020.pdf.

 27. China Center for Disease Control and Prevention. COVID-19 outbreak distribution. http://2019n cov.china cdc.cn/2019-nCoV/ 
(2020).

 28. National Health Commission of China. Diagnosis and treatment of Corona Virus Disease 2019 (trial version 7). http://www.nhc.
gov.cn/yzygj /s7653 p/20200 3/46c92 94a7d fe4ce f80dc 7f591 2eb19 89/files /ce3e6 94583 2a438 eaae4 15350 a8ce9 64.pdf (2020).

 29. Baidu. Baidu map: Baidu qianxi. http://qianx i.baidu .com/ (2020).
 30. Luz, P. M. et al. Time series analysis of dengue incidence in Rio de Janeiro, Brazil. Am. J. Trop. Med. Hyg. 79, 933–939 (2008).

Acknowledgements
This work was supported by the National Natural Science Foundation of China (Grant Nos. 81872713 and 
81803332) and Sichuan Science & Technology Program (Grant Nos. 2019YFS0471, 2020YFS0015, 2020YFS0091 
and 21ZDYF1793).

Author contributions
F.Y. and Y.M. designed the study, collected data, and contributed to data analysis. J. T. contributed to the literature 
search, data analysis, data interpretation, figures, and writing. C.L., J.H., and T.Z. contributed to data interpreta-
tion. All authors contributed to writing the manuscript and revising the final version.

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https ://doi.
org/10.1038/s4159 8-020-80201 -8.

Correspondence and requests for materials should be addressed to F.Y.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access  This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://creat iveco mmons .org/licen ses/by/4.0/.

© The Author(s) 2021

http://www.gov.cn/zhengce/index.html
http://www.nhc.gov.cn/wjw/gfxwjj/list_2.shtml
https://www.imperial.ac.uk/media/imperial-college/medicine/sph/ide/gida-fellowships/Imperial-CollegeCOVID19-NPI-modelling-16-03-2020.pdf
https://www.imperial.ac.uk/media/imperial-college/medicine/sph/ide/gida-fellowships/Imperial-CollegeCOVID19-NPI-modelling-16-03-2020.pdf
http://2019ncov.chinacdc.cn/2019-nCoV/
http://www.nhc.gov.cn/yzygj/s7653p/202003/46c9294a7dfe4cef80dc7f5912eb1989/files/ce3e6945832a438eaae415350a8ce964.pdf
http://www.nhc.gov.cn/yzygj/s7653p/202003/46c9294a7dfe4cef80dc7f5912eb1989/files/ce3e6945832a438eaae415350a8ce964.pdf
http://qianxi.baidu.com/
https://doi.org/10.1038/s41598-020-80201-8
https://doi.org/10.1038/s41598-020-80201-8
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Summary of the COVID-19 epidemic and estimating the effects of emergency responses in China
	Results
	General characteristics of COVID-19 in China. 
	Impact evaluation of emergency response. 
	Prediction capacity evaluation of logistic growth curve models. 

	Discussion
	Methods
	Data sources. 
	Statistical analysis. 

	References
	Acknowledgements


