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estimating soil water retention 
for wide ranges of pressure 
head and bulk density based 
on a fractional bulk density concept
Huihui Sun1, Jaehoon Lee1, Xijuan chen2 & Jie Zhuang1,3*

Soil water retention determines plant water availability and contaminant transport processes in the 
subsurface environment. However, it is usually difficult to measure soil water retention characteristics. 
in this study, an analytical model based on a fractional bulk density (fBD) concept was presented for 
estimating soil water retention curves. the concept allows partitioning of soil pore space according 
to the relative contribution of certain size fractions of particles to the change in total pore space. the 
input parameters of the model are particle size distribution (pSD), bulk density, and residual water 
content at water pressure head of 15,000 cm. The model was tested on 30 sets of water retention 
data obtained from various types of soils that cover wide ranges of soil texture from clay to sand and 
soil bulk density from 0.33 g/cm3 to 1.65 g/cm3. Results showed that the FBD model was effective 
for all soil textures and bulk densities. the estimation was more sensitive to the changes in soil bulk 
density and residual water content than pSD parameters. the proposed model provides an easy way 
to evaluate the impacts of soil bulk density on water conservation in soils that are manipulated by 
mechanical operation.

Modeling of water flow and chemical movement in unsaturated soils has been emphasized by soil scientists and 
hydrologists for different purposes, such as evaluations of root water uptake, soil erosion, and groundwater pol-
lution risk. However, high variability and complexity of soil texture in natural field make direct measurements 
of soil hydraulic properties costly and time-consuming. It is desirable to utilize readily available information, 
such as soil texture and bulk density, to estimate soil hydraulic  properties1–3. This kind of approach benefits the 
development of computationally efficient methods for evaluating soil hydraulic heterogeneity in watershed or 
agricultural field while ensuring the economic feasibility of field investigation efforts within acceptable accuracy. 
To date, many modeling efforts have been made to relate soil texture (expressed as particle size distribution), soil 
structural properties, bulk density, and/or organic matter content to soil water  retention4–7. Soil water retention 
was estimated using multiple regression, neural network analyses, and other  methods8–14. However, the applicabil-
ity and accuracy of the models are more or less unsatisfactory. Several prediction models were derived on global 
soil hydraulic datasets, such as applying the Miller-Miller scaling approach to the soil dataset of SoilGrids1km 
to provide a global consistent soil hydraulic  parameterization15, but some of them possess a high correlation to 
particular soil types and thereby may not be suitable for other  soils16–18.

An important advancement in using soil particle size distribution to derive a soil water retention character-
istic was the development of a physical empirical model by Arya and  Paris19,20, Later, Haverkamp and  Parlange21 
proposed a similar model by combining physical hypotheses with empirical representations and tested the model 
on sandy soil. Tyler and  Wheatcraft22 interpreted the empirical scaling parameter α in the Arya and Paris model 
as being equivalent to the fractal dimension of a tortuous fractal pore system. However, Arya et al.20 argued that 
the fractal scaling was limited in estimating water retention characteristics in the complex soil matrix. In the 
optimized model of Arya et al.20, three methods were proposed for calculating the scaling parameter α, but the 
calculation still involved empirical component to some extent, making the model sometimes relatively difficult 
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for broad application. The physical basis of the model of Arya and  Paris19 or Arya et al.20 is weakened by the 
assumption that the void ratio of bulk sample is equivalent to the void ratio of individual particle size class.

To improve the mathematical description of physical relations between soil particles and soil pores, we assume 
that different fractions of soil particles may make different contributions to the total porosity or volumetric 
water content in the bulk soils and that soil pore volume and associated bulk density are specific for particle size 
fractions. This line of thinking might help derive a better physical model for mathematical estimation of soil 
water characteristics. Therefore, the objective of this work was to apply a fractional bulk density (FBD) concept 
to the development of a soil water retention model that is effective for all soil textures and a wide range of soil 
bulk density.

Results
estimation accuracy. Model estimation of water retention characteristics for some soils is presented in 
Fig. 1. The results indicate that the new procedure was in good agreement with the measured data for most of 
the soil textures except for sand in the range of water pressure head from 15 cm to 15,000 cm, which covers the 
entire range of available water content. Table 1 shows comparisons of the coefficient of determination (R2), root 
mean square error (RMSE), and t value of Student’s t distribution between the FBD model and the curve fitting 
using the Campbell  model23, which was extended from the similar media  concept24. The Campbell model is 
expressed as

where ψe is air-entry water potential, θs is saturated volumetric water content, and q can be obtained using

In the equation, Dgi is the diameter of the ith particle-size fractions, and Mi is the cumulative mass percent-
age of the ≤ Dgi particles.

RMSE values were computed from soil water contents measured and estimated as described in the section 
of methods. Table 1 shows that the mean value of RMSE of the FBD model was 0.032  cm3/cm3 while that of the 
Campbell model was 0.024  cm3/cm3. This result was acceptable because the Campbell model used the meas-
ured data to fit ψe. The R2 values also supported the acceptability of the FBD model compared to the Campbell 
model. According to the t values, the FBD model results had no significant difference and systematic bias from 
the measurements for 25 out of the 30 soils. Figure 2 shows an overall comparison between the water contents 
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Figure 1.  Water retention characteristics measured (circle) and estimated (line) using the fractional bulk 
density (FBD) model for eight different soil textures.
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Table 1.  Statistical comparison of soil water contents estimated by the fractional bulk density (FBD) model 
and fitted by the Campbell  model23. t is the value of Student’s t distribution, and the critical values of t0.05 for 04, 
08, 09, 10, 15, 18 and 30 degrees of freedom are 2.776, 2.306, 2.262, 2.228, 2.131, 2.101 and 2.042, respectively; 
R2 is determination coefficient; RMSE is root mean square errors  (cm3/cm3); n is the number of measured pairs 
of water content and pressure head.

Soil No.

t R2 RMSE

nFBD model Campbell model FBD model Campbell model FBD model Campbell model

01 1.600 − 0.508 0.662 0.507 0.097 0.117 16

02 − 1.316 − 0.288 0.939 0.888 0.039 0.040 9

03 − 1.924 − 0.213 0.982 0.958 0.011 0.014 5

04 − 0.123 − 0.308 0.968 0.932 0.012 0.015 5

05 − 0.191 0.115 0.962 0.900 0.059 0.060 10

06 − 1.374 − 0.331 0.951 0.922 0.068 0.039 5

07 − 1.948 − 0.123 0.908 0.922 0.027 0.018 5

08 − 2.411 0.125 0.985 0.942 0.020 0.031 9

09 0.532 − 0.270 0.954 0.923 0.017 0.024 5

10 1.345 0.179 0.980 0.998 0.042 0.003 9

11 0.144 0.164 0.977 0.995 0.028 0.007 9

12 0.266 0.070 0.995 0.964 0.020 0.020 9

13 10.840 − 0.819 0.938 0.899 0.029 0.010 6

14 3.572 3.885 0.951 0.956 0.023 0.024 28

15 − 0.883 − 0.128 0.932 0.980 0.028 0.013 10

16 − 0.209 − 0.163 0.876 0.877 0.062 0.057 16

17 − 0.794 − 0.056 0.908 0.958 0.027 0.014 5

18 − 0.441 − 0.227 0.957 0.967 0.019 0.014 10

19 − 0.256 − 0.065 0.891 0.936 0.027 0.017 5

20 1.153 − 0.253 0.892 0.920 0.032 0.023 10

21 1.932 − 0.156 0.908 0.928 0.030 0.020 10

22 − 5.494 − 0.218 0.945 0.881 0.035 0.024 20

23 − 3.341 − 0.067 0.922 0.966 0.056 0.015 5

24 − 1.421 − 0.061 0.939 0.971 0.023 0.012 5

25 − 1.558 − 0.077 0.938 0.970 0.023 0.013 5

26 1.707 − 0.075 0.953 0.969 0.022 0.010 10

27 − 0.108 − 0.052 0.916 0.963 0.020 0.013 5

28 − 0.346 − 0.113 0.958 0.956 0.014 0.014 9

29 − 0.026 0.016 0.968 0.969 0.014 0.012 9

30 − 1.823 − 0.032 0.952 0.965 0.021 0.013 5

Mean 0.375 − 0.009 0.934 0.931 0.032 0.024

Figure 2.  Comparison of measured and estimated volumetric water content using the fractional bulk density 
(FBD) model for 30 soils with ranges of soil texture from clay to sand and bulk density from 0.33 to 1.65 g/cm3. 
The circle represents measured values, and the line denotes a 1:1 agreement.
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measured and estimated by the FBD model for the 30 soils. The values coalesced to the 1:1 line with the RMSE 
being 0.041  cm3/cm3. This RMSE value was larger than the average in Table 1. The discrepancy was due that 
different methods were used for averaging the RMSE values for individual soils and all soils. Mayr and  Jarvis25 
presented pedotransfer functions to estimate soil water retention parameters of the Brooks–Corey model. The 
resulting mean RMSE value was 0.043  cm3/cm3 for the dependent dataset and 0.048  cm3/cm3 for the independent 
dataset. Tomasella et al.26 derived a pedotransfer function to predict the water retention parameters of the van 
Genuchten equation. The mean RMSE values ranged from 0.038  cm3/cm3 to 0.058  cm3/cm3. Our model compared 
favorably with these pedotransfer functions in terms of mean RMSE values. It could thus be concluded that the 
FBD model behaved overall well, except for Acolian sandy soil (Soil #01). For sandy soil, the relatively poor 
capture of the rapid change of water content was attributed to the limitation of applicability of capillary law (i.e., 
Young–Laplace equation) to sandy media and existence of macropores that might reduce the pore  continuity8. 
The continuity of soil pores was the dominant factor that affected the performance of our proposed model.

The FBD model also had relatively larger estimation errors for soils originated from ash parent materials (e.g., 
Soil #05, 14, 16, and 22) than for other soils (Table 1). This was due likely to the oversimplification of soil particle 
size distribution as a sigmoid curve, whereas the particle arrangement of soils developed from ash parent materi-
als was actually very complex (i.e., non-sigmoid). The less accurate prediction for sandy soils relative to the other 
soil textures suggested that the sigmoid-shape assumption of particle size distribution might be arbitrary, despite 
it was well applied to the particle systems of other soil textures. We infer that the sigmoid-type distribution was 
more applicable to the soils with a broader range of particle sizes, which demonstrated a lognormal distribution 
of particle  fractions27,28. Soil aggregates with hierarchical pore structure have dual-porosity system. Dual-porosity 
assumes that porous medium consists of two interacting regions, one associated with the macropore or fracture 
system and the other comprising micropores inside soil material. Bimodal pore size distributions are frequently 
observed in dual-porosity  soil29. The water retention estimated with the FBD model for a wide range of water 
pressure head (15–15,000 cm) should thus be a sum of the effects of macropores and  micropores30. The sigmoid-
type distribution should be more suitable for hierarchical soil aggregates than for less structured soils, such as 
sandy soil whose pore system was simply dominated by primary particles. Therefore, the FBD model might not 
perform very well against the soils if their particle sizes have a narrow range.

Sensitivity analysis of model parameters. We performed a sensitivity analysis to identify input param-
eters that most strongly affected the model behavior and to determine the required precision of the key param-
eters. The parameters included in the sensitivity test were saturated water content (θs), residual water content 
(θr), rate coefficient (λ) of Logistic-type model for particle size distribution, and particle size distribution index 
(ε). The value of each parameter was assumed to increase or decrease by 20% of its actual value since its measure-
ment error could be up to 20% according to our experience in field survey. By taking Soil #22 as an example, the 
test was implemented to monitor the change in the estimated soil water content caused by changing the value of 
one parameter at a time while others remained constant. The sensitivity analysis not only showed the influence 
patterns of the parameters on the model behavior but also ranked the parameters in terms of the magnitude of 
influences. Figure 3 shows that θs and θr had similarly large impacts on the model estimation. In comparison, 
λ and ε played less roles in defining the model performance, but their accuracy was still very important for the 
estimation accuracy. The sensitivity analysis provided insights into the behavior of the FBD model (Eq. 20) and 

Figure 3.  A sensitivity analysis on the parameters of the fractional bulk density (FBD) model (Eq. 20). The 
analysis was based on a sandy clay soil (Andisols, Soil #22 in Table 2). θs, θr, ε, and λ refer to volumetric saturated 
water content, volumetric residual water content at a pressure head of 15,000 cm water, particle size distribution 
index, and rate coefficient in Eq. (15) for particle size distribution, respectively.
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supported the notion that parameter values may have physical meanings no matter in whatever ways the related 
parameters are structured into a model.

Discussion
Particle size distribution forms a common descriptor of natural soils. It has been used routinely as one of the 
inputs to estimate some of soil physical properties, for example, water retention  characteristic31–33, bulk  density34, 
and hydraulic  conductivity35–37. In this study, two parameters, rate coefficient (λ in Eq. 15) of the Logistic-type 
model for particle size distribution and particle size distribution index (ε in Eq. 13), were employed to translate 
particle size distribution to soil water retention characteristic. However, two parameterization issues should be 
mentioned for broadening model applicability. One is the estimation of λ in the case that the upper size limit of 
the particle size distribution is 1,000 μm for some soils while it is 2,000 μm for other soils. In order to perform 
a consistent comparison among all soils, the particle size distribution with the upper limit of 2,000 μm was 
normalized to that with the upper limit of 1,000 μm using a normalization formula,

where Mi and Mi’ are measured and normalized percentage content of particles with sizes smaller than or equal 
to the ith particle size, respectively. M1,000 denotes the mass percentage of particles with a diameter smaller than 
or equal to 1,000 μm. The other issue is pertinent to the calculation of ε. It involved three particle sizes (D10, D40, 
and D60) below which the mass percentage of particles is 10%, 40%, and 60%, respectively. It is easy to identify 
D60 but sometimes relatively difficult to find D10 and D40. In some soils, the mass of particles with sizes smaller 
than or equal to the measured lower limit size (e.g., 1 μm or 2 μm) was larger than 10%. In this case, an expo-
nential equation, which was obtained by fitting the relation between the cumulative mass percentage and the 
corresponding particle sizes, was used to extrapolate for estimating D10. To minimize the deviations arising from 
the extrapolation, we used 50 μm as the upper size limit of the particle size distribution.

There is no doubt that particle assembling and resulting pore characteristics play important roles in regulating 
physical, chemical, and biological functions of soils at various scales. The FBD model was generally based on the 
assumption that the sizes of soil particles and the density of their packing are the primary determinants of the 
pore size and pore volume. This, however, may not be the case under some conditions. Aggregation of primary 
particles into secondary and tertiary particles, root channels, and microcracks would account for a fraction of 
the pore volume with pore sizes not determined by the size distribution of primary particles. The abundance of 
such pores considerably determines the extent of deviation of prediction. Therefore, it is important to incorporate 
information of soil structure into soil hydraulic modeling if  possible38. Soil structure is a non-negligible factor 
for accurate estimation of soil hydraulic properties using pedotransfer  functions39,40. But this work is difficult to 
initiate because soil structure information (e.g., soil aggregate size distribution) is mostly unavailable compared 
to soil basic properties (e.g., particle size distribution, organic matter content, and bulk density). Insufficiency 
of identification of soil structure indices precludes the inclusion of soil structure characteristics into soil water 
retention modeling. Relevant efforts have been made in some large-scale models that consider soil structure. 
For instance, Fatichi et al.41 proposed to assess the impact of soil structure on global climate using an Ocean-
Land–Atmosphere Model (OLAM). Although the model in this study does not explicitly include a structural 
component, in the FDB model we assume that soil bulk density could indirectly bring the influence of soil 
structure into the estimation of soil water retention.

Soil water retention characteristics were estimated using the FBD model from particle size distribution, bulk 
density, and measured residual water content. The starting point was the similarity of curve shapes between 
cumulative particle size distribution and soil water retention characteristics. Similarly, Arya and  Paris19 and 
Haverkamp and  Parlange21 used a simple equation to derive a set of soil water content according to the mass 
fraction of soil particles, and then a series of expressions were employed to regulate soil water pressure head to 
pair with measured soil water content. The FBD model adopted an opposite approach. A set of water pressure 
head from 15 cm to 15,000 cm were derived using a simple expression as Eq. (19), and then soil water contents 
were estimated with Eq. (8) to match the derived water pressure head. Eventually, an analytical model (Eq. 20) 
was obtained. In the FBD model, the water retention function included a residual water content in relation to 
the maximum water pressure head (15,000 cm) and the parameter (b) of soil pore size distribution. Similarly, the 
residual water content was considered in the van Genuchten  model42 or Brooks and Corey  model43. However, 
 Campbell23 described soil water retention curve by assuming there was no residual water content. An advantage 
of the Campbell equation is its excellent fitting capability. Thus, we evaluated the performance of the FBD model 
by comparing it to the Campbell model in this study.

The selection of a Logistic-type equation for the model formulation was mainly due to the consideration that 
particle size distribution and pore size distribution in most soils were approximately  lognormal27,44–46. The logistic 
growth equation generated a curve that tended towards an exponential form at low values and a power form at 
high values, with a power index smaller than 1. This characteristic implicitly included the consideration that the 
drainage of water in small pores at large suction was usually expected to be more impaired than the release of 
water from large pores at small  suctions47,48.

conclusions
An analytical model, which is based on a fractional bulk density concept, was presented for estimating soil water 
retention for the entire range of water pressure head that determines water availability. The proposed model was 
tested using 30 sets of soil water retention data measured for various textures of soils that had a wide range of 
soil bulk density from 0.33 g/cm3 to 1.65 g/cm3. Results showed that the proposed model could convert readily 
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available soil physical properties into soil retention curves in very good agreement with the measurements, and 
the model was applicable to soils with limited data of soil particle size distribution at small loss of estimation 
accuracy in the middle portion of water retention curves of sandy soils. Sensitivity analyses revealed that satu-
rated and residual water contents were two parameters of high sensitivity for accurate estimation of the water 
retention curves. The agreement between the estimated and measured results supported the concept underly-
ing the FBD model. The modeling followed a process of conceptual partitioning of pore space according to the 
relative contribution of certain sizes of particles to the change in pore space. In addition, the model assumed a 
sigmoid curve of water retention characteristic for most soils. However, these assumptions need further veri-
fication by considering the physical reality of soils and potential improvements and extensions. Compared to 
subsurface soils, larger deviations should be expected for surface soil materials where aggregation, cracking, and 
root effects may be pronounced. Further tests of the model application to other soils (e.g., Vertisols, Aridisols, 
and salt affected soils) and evaluation of the effects of water hysteresis, soil aggregation, and swelling-shrinkage 
behaviors might reveal the weaknesses of the FBD model and help identify additional variables needed for model 
improvement.

Material and methods
fractional bulk density concept. The first assumption is that soil particles with different sizes contribute 
to different porosities and water holding capacities in bulk soil. Based on a non-similar media concept (NSMC) 
defined by  Miyazaki49, soil bulk density (ρb) is defined as

where M is the mass of a given soil, V is the volume of bulk soil, ρs is soil particle density, and S and d are char-
acteristic lengths of solid phase and pore space, respectively. The parameter τ is a shape factor of the solid phase, 
defined as the ratio of the substantial volume of solid phase to the volume S3. The value of τ is 1.0 for a cube and 
π/6 for a sphere. As pointed out by  Miyazaki49, these characteristic lengths are not directly measurable but are 
representative lengths in the sense of the characteristic length in a similar media concept (SMC). Following the 
approach of NSMC represented by Eq. (4), we conceptually defined the volume of bulk soil as

where mi and ρbi are the solid mass and equivalent bulk density of the ith size fraction of soil particles, respec-
tively. In this study, diameters of the first particle fraction and the last one were assumed to be 1 µm and 1000 µm, 
 respectively8. This equation suggests that different particle size fractions are associated with different equivalent 
bulk densities due to different contributions of particle arrangement to soil pore space. As a result, the particles 
with the same size fraction could have different equivalent bulk densities in soils with different textures or after 
the soil particles are rearranged (e.g., compaction). Figure 4 provides a diagrammatic representation of such 
fractional bulk density concept for the variation of soil pore volume with soil particle assemblage.

calculation of volumetric water content. For a specific soil, Eq. (5) means

where Vpi(≤ Di) denotes the volume of the pores with diameter ≤ Di generated by soil particles with diametes ≤ Dgi 
in unit volume of soil. Mi is the cumulative mass percentage of the ≤ Dgi particles. Since the pore volume has 
the maximum value for a given bulk soil and the cumulative distribution of pore volume could be generally 
hypothesized as a sigmoid curve for most of the natural  soils44,45, we formulated Eq. (6) using a lognormal 
Logistic equation,

where Vpmax is the maximum cumulative volume of pores pertinent to the particles smaller than or equal to the 
maximum diameter (Dgmax) in unit volume of soil. In fact, here Vpmax is equal to the total porosity (φT) of soil. Vpi 
(≤ Dgi) is the volume of the pores produced by ≤ Dgi particles in unit volume of soil, and bi is a varying parameter 
of increase in cumulative pore volume with an increment of Dgi. By assuming a complete saturation of soil pore 
space, Eq. (7) changes into

where θs is saturated volumetric water content calculated with

(4)ρb =
M

V
= τρs

(

S

S + d

)3

(5)V =

∑n
i=1 mi

ρb
=

m1

ρb1
+
m2

ρb2
+ · · ·

mn

ρbn

(6)Vpi(≤ Di) = f
(

Dgi ,Mi

)

(7)Vpi

(

≤ Dgi

)

=
Vpmax

1+ κ
(

Dgi

)bi

(8)θi
(

≤ Dgi

)

=
θs

1+ κ
(

Dgi

)bi

(9)θs =

{

0.9ϕT , ρb < 1
ϕT , ρb ≥ 1



7

Vol.:(0123456789)

Scientific RepoRtS |        (2020) 10:16666  | https://doi.org/10.1038/s41598-020-73890-8

www.nature.com/scientificreports/

In the above equations, ρbis measured soil bulk density, and ρs is soil particle density (2.65 g/cm3). The empiri-
cal parameter κ in Eqs. (7) and (8) is defined as

where θr is measured residual water content. In this study, θr is set as the volumetric water content at water pres-
sure head of 15,000 cm. The empirical parameter bi is defined as

with ε, a particle size distribution index, calculated with

where D10, D40, and D60 represent the particle diameters below which the cumulative mass percentages of soil 
particles are 10%, 40%, and 60%, respectively.

The parameter ωi is coefficient for soil particles of the ith size fraction, with a range of value between θr/θs 
and 1.0. By incorporating soil physical properties, ωi can be estimated with

where g is regulation coefficient (1.0–1.2). We set it to be 1.2 in this study. λ is the ratio coefficient of particle size 
distribution fitted using the lognormal Logistic model,

(10)ϕT =
ρs − ρb

ρs

(11)κ =
θs − θr

θr

(12)bi =
ǫ

3
log

(

θs−ωiθs

κωiθs

)

(13)ε =
(D40)

2

D10D60
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g

1+ κ
(

lnDgi

)�

(15)Mi =
MT

1+ ηD�
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Figure 4.  Diagrammatic representation of the fractional bulk density (FBD) model. V and ρb are the volume of 
bulk soil and the bulk density of whole soil, respectively. mi, and ρbi refer to the solid mass and equivalent bulk 
density associated with the ith particle-size fractions, respectively.
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where MT represent the total mass percentage of all sizes of soil particles, and η is a fitting parameter. We set 
MT = 101 in Eq. (15) for best fit of the particle size distribution. In this study, this continuous function was gener-
ated from the discrete data pairs of Dgi and Mi at cutting particle diameters of 1,000, 750, 500, 400, 350, 300, 250, 
200, 150, 100, 50, 30, 15, 7.5, 5, 3, 2, and 1 μm. Considering the difference in the upper limits of particle sizes 
associated with existing datasets of Dgi and Mi, the particle size distribution with the upper limit of 2,000 μm 
for the Acolian sandy soil and volcanic ash soils in Table 2 was normalized to the case with the upper limit of 
1,000 μm using Eq. (3).

calculation of water pressure head. To estimate the capillary tube or pore diameter (Di in µm), which 
was composed of particles with the size of Dgi (µm), Arya and  Paris19 developed an expression

where α is the empirical scaling parameter varying between 1.35 and 1.40 in their original  model19, but was 
thought to vary with soil particle size in the optimized model of Arya et al.20. In Tyler and Wheatcraft’s  model22 α 
is the fractal dimension of the pore. The parameter e is the void rate of entire soil and assumed unchanging with 
particle size. However, according to Eqs. (5) and (6), e in Eq. (16) should vary with particle size and be replaced by 
ei, which depends on soil particle sizes. ni is the number of particles in the ith size fraction with a particle diameter 

(16)Di = Dgi

[

2

3
en

(1−α)
i

]0.5

Table 2.  Physical properties of soils used in the study. ρb is bulk density (g/cm3); θr is residual water content 
 (cm3/cm3) at 15,000 cm water pressure head; ε is particle size distribution index. The Soil water retention 
data of fluvo-aquic soil, red earth, humid-thermo ferralitic, purplish soil, meadow soil, and yellow earth were 
measured with pressure membrane  apparatus51,52. The soil water retention data of black soil, chernozem soil, 
cinnamon soil, brown earth, and albic soil were obtained using the suction and pressure plate  method50. The 
soil water retention data of volcanic ash soil and Acolian sandy soil were measured using the suction and 
pressure plate  method53–55.

No Soil USDA soil taxonomy Texture

Particle percentage

ρb θr ε Source < 2 μm  < 20 μm

01 Acolian sandy soil Entisols Sand 0.11 0.53 1.65 0.024 1.37 53

02 Meadow soil Inceptisols Sandy loam 6.04 35.20 1.38 0.039 1.38 51

03 Fluvo-aquic soil Inceptisols Sandy loam 9.51 38.01 1.33 0.055 1.82 52

04 Fluvo-aquic soil Inceptisols Sandy loam 10.20 33.20 1.27 0.051 1.87 52

05 Volcanic ash soil Andisols Sandy loam 10.22 35.00 0.33 0.199 3.09 55

06 Fluvo-aquic soil Inceptisols Sandy loam 13.55 45.60 1.27 0.062 1.75 52

07 Fluvo-aquic soil Inceptisols Loam 10.76 42.40 1.32 0.088 1.65 52

08 Meadow soil Inceptisols Loam 13.27 44.37 1.28 0.054 1.74 51

09 Fluvo-aquic soil Inceptisols Loam 13.40 47.88 1.32 0.059 2.48 52

10 Purplish soil Inceptisols Loam 16.32 48.04 1.30 0.092 1.58 51

11 Yellow earth Inceptisols Silt clay loam 27.35 73.87 1.29 0.108 1.61 51

12 Meadow soil Inceptisols Clay loam 22.09 47.32 1.29 0.082 1.95 51

13 Fluvo-aquic soil Inceptisols Clay loam 28.86 58.39 1.28 0.159 2.21 52

14 Volcanic ash soil Andisols Clay loam 28.01 65.00 0.80 0.370 1.73 53

15 Chernozem soil Mollisols Sandy clay 30.14 48.56 1.24 0.148 4.57 50

16 Volcanic ash soil Andisols Sandy clay 34.56 45.60 0.70 0.263 1.57 54

17 Fluvo-aquic soil Inceptisols Sandy clay 36.22 76.05 1.29 0.185 2.15 52

18 Brown earth Alfisols Sandy clay 36.77 54.36 1.29 0.142 3.85 50

19 Fluvo-aquic soil Inceptisols Sandy clay 40.02 73.30 1.28 0.195 2.31 52

20 Cinnamon soil Alfisols Sandy clay 40.12 59.37 1.19 0.138 3.74 50

21 Black soil Mollisols Sandy clay 42.18 59.34 1.15 0.186 3.44 50

22 Volcanic ash soil Andisols Sandy clay 45.37 63.28 0.82 0.385 3.14 53

23 Fluvo-aquic soil Inceptisols Silty clay 34.20 73.98 1.31 0.148 2.10 52

24 Fluvo-aquic soil Inceptisols Silty clay 33.31 78.73 1.30 0.161 2.12 52

25 Fluvo-aquic soil Inceptisols Silty clay 33.56 79.44 1.35 0.169 2.17 52

26 Albic soil Spodosols Clay 52.76 77.60 1.16 0.230 1.66 50

27 Fluvo-aquic soil Inceptisols Clay 56.05 89.82 1.25 0.283 2.76 52

28 Red earth Ultisols Clay 58.88 79.26 1.22 0.195 1.03 51

29 Humid-thermo ferralitic Oxisols Clay 72.57 85.60 1.15 0.225 1.05 51

30 Fluvo-aquic soil Inceptisols Clay 68.81 98.02 1.08 0.303 2.04 52
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(Dgi in μm), assuming that the particles are spherical and that the entire pore volume formed by assemblage of 
the particles in this class is represented by a single cylindrical pore. The equation for calculating ni is given  as19

where mi is the mass of particles in the ith size fraction of particles. Assuming that soil water has a zero contact 
angle and a surface tension of 0.075 N/m at 25 °C, the minimum diameter of soil pore (Dmin) was taken to be 
0.2 µm in this study, which is equivalent to the water pressure head of 15,000 cm according to Young–Laplace 
equation. We set this minimum pore size to correspond the minimum particle size (Dgmin = 1.0 µm). The FBD 
model might thus not apply well to porous media with pores smaller than 0.2 μm. As a result, Eq. (16) can be 
simplified into the following equation.

The equivalent capillary pressure (ψi in cm) corresponding to the ith particle size fraction can be calculated 
using

In Eq. (19), the maximum water pressure head (ψr = 15,000 cm) corresponds to θr and Dgmin (1 μm). The 
minimum water pressure head (ψ0 = 15 cm) corresponds to θs and Dgmax (1,000 μm). These assumptions were 
arbitrary and might not be appropriate for some soil types. But these values were used in the study because they 
approximated the practical range of measurements well.

the resulting model of soil water retention. Equations 8 and 19 formulate a FBD-based model for 
estimation of soil water retention curve. To simplify the computation, we incorporated the two equations into 
the following analytical form,

with the parameter b obtained using

In Eq. (21), a water pressure head of 15,000.1 cm is employed to consecutively predict the soil water content 
until the water pressure head of 15,000 cm.

Soil dataset. Evaluation of the applicability of the proposed modeling procedure required datasets that 
included soil bulk density, residual water content, and soil particle size distribution covering three particle 
diameters (D10, D40, and D60) below which the cumulative mass fractions of particles were 10%, 40%, and 60%, 
respectively. In addition, measured water content and water pressure head were required for the actual reten-
tion curve in order to compare with the result of the FBD model. In this study, the soil water retention data of 
30 different soils, measured by Yu et al.50, Chen and  Wang51, Zhang and  Miao52, Liu and  Amemiya53, Hayano 
et al.54, and Yabashi et al.55 were used for model verification (Table 2). The data covered soils in China (such as 
black soil, chernozem soil, cinnamon soil, brown earth, fluvo-aquic soil, albic soil, red earth, humid-thermo 
ferralitic, purplish soil, meadow soil, and yellow earth) and soils in Japan (such as volcanic ash soil and acolian 
sandy soil). The USDA soil taxonomy of these soils was provided in Table 2. The 30 soils ranged in texture from 
clay to sand and in bulk density from 0.33 g/cm3 to 1.65 g/cm3, which covered a much wider range of soil bulk 
density than many of the existing models or pedotransfer  functions56–59. Particle size fractions (Dgi) were chosen 
as the upper limit of the diameters between successive sieve sizes. For the data set in which particle density was 
not determined, 2.65 g/cm3 was used.

Statistical parameters for model verification
Four statistical properties, R2, RMSE, mean residual error (ME), and t value were calculated to determine the 
accuracy of the FBD model. The R2 values were computed at the same value of ψ, with the values of θ measured 
and estimated by the FBD model (Eq. 20). RMSE and ME were obtained, respectively, by

(17)ni =
6mi

ρsπD
3
gi

× 1012

(18)Di= 0.2Dgi

(19)ψi =
3000

Di
=

15000

Dgi

(20)θ =
θs

1+
(

θs−θr
θr

)(

15,000
ψ

)b

(21)b =
ǫ

3
log

{

(θ s − θr)[ln(
15,000.1

ψ
)]� − (g − 1)θ r

g(θ s − θr)

}

(22)RMSE =

[

1

n

∑

(θ est−θmea)
2

]0.5

(23)ME =
1

n

n
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i=1
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where θmea was measured soil water content, θest was soil water content estimated with the FBD model, and n was 
the number of measured pairs of water content and pressure head. With the assumption of normal distribution 
and independence of differences between the water contents measured and estimated by the FBD model, t was 
calculated with

when calculated |t| was larger than t0.05 (the critical value of the Student’s t distribution for P = 0.05 and n−1 
degrees of freedom), the differences between the measured and estimated water contents were statistically sig-
nificant. If t < 0, soil water contents were underestimated and vice versa. Thus, t was a measure for the systematic 
bias in the estimation. Values of t close to zero indicated that the measured and estimated soil water contents 
were not different systematically from each other or, equivalently, that there was no consistent bias. Values of t 
that differed greatly from zero indicated the presence of systematic bias. RMSE was a measure for the scatter of 
the data points around the 1:1 line. Low RMSE values indicated less scatter. Low RMSE values also implied low 
ME. Regarding the result that t was low while RMSE was high, it could be explained that negative and positive 
deviations distributed more evenly on the two sides of 1:1 line.

Received: 29 April 2020; Accepted: 22 September 2020

References
 1. Hwang, S. I. & Powers, S. E. Using particle-size distribution models to estimate soil hydraulic properties. Soil Sci. Soc. Am. J. 67, 

1103–1112. https ://doi.org/10.2136/sssaj 2003.1103 (2003).
 2. Wendroth, O., Koszinski, S. & Pena-Yewtukhiv, E. Spatial association among soil hydraulic properties, soil texture, and geoelectrical 

resistivity. Vadose Zone J. 5, 341–355. https ://doi.org/10.2136/vzj20 05.0026 (2006).
 3. Jarvis, N., Koestel, J., Messing, I., Moeys, J. & Lindahl, A. Influence of soil, land use and climatic factors on the hydraulic conduc-

tivity of soil. Hydrol. Earth Syst. Sc. 17, 5185–5195. https ://doi.org/10.5194/hess-17-5185-2013 (2013).
 4. Mamedov, A. et al. Relationship between soil water retention model parameters and structure stability. Eurasian J. Soil Sci. https 

://doi.org/10.18393 /ejss.2016.4.314-321 (2016).
 5. Minasny, B. & McBratney, A. B. Limited effect of organic matter on soil available water capacity. Eur. J. Soil Sci. 69, 39–47. https ://

doi.org/10.1111/ejss.12475  (2018).
 6. Tian, Z. C. et al. Approaches for estimating soil water retention curves at various bulk densities with the extended van Genuchten 

Model. Water Resour. Res. 54, 5584–5601. https ://doi.org/10.1029/2018w r0228 71 (2018).
 7. Thiam, M., Thuyet, D. Q., Saito, H. & Kohgo, Y. Performance of the tangential model of soil water retention curves for various soil 

texture classes. Geoderma 337, 514–523. https ://doi.org/10.1016/j.geode rma.2018.10.008 (2019).
 8. Zhuang, J., Jin, Y. & Miyazaki, T. Estimating water retention characteristic from soil particle-size distribution using a non-similar 

media concept. Soil Sci. 166, 308–321. https ://doi.org/10.1097/00010 694-20010 5000-00002  (2001).
 9. McBratney, A. B., Minasny, B. & Viscarra Rossel, R. Spectral soil analysis and inference systems: A powerful combination for 

solving the soil data crisis. Geoderma 136, 272–278. https ://doi.org/10.1016/j.geode rma.2006.03.051 (2006).
 10. Nemes, A. & Rawls, W. J. Evaluation of different representations of the particle-size distribution to predict soil water retention. 

Geoderma 132, 47–58. https ://doi.org/10.1016/j.geode rma.2005.04.018 (2006).
 11. Haghverdi, A., Cornelis, W. M. & Ghahraman, B. A pseudo-continuous neural network approach for developing water retention 

pedotransfer functions with limited data. J. Hydrol. 442, 46–54. https ://doi.org/10.1016/j.jhydr ol.2012.03.036 (2012).
 12. Garg, A., Garg, A., Tai, K., Barontini, S. & Stokes, A. A computational intelligence-based genetic programming approach for the 

simulation of soil water retention curves. Transp. Porous Med. 103, 497–513. https ://doi.org/10.1007/s1124 2-014-0313-8 (2014).
 13. Babaeian, E. et al. A comparative study of multiple approaches for predicting the soil-water retention curve: hyperspectral infor-

mation vs. basic soil properties. Soil Sci. Soc. Am. J. 79, 1043–1058. https ://doi.org/10.2136/sssaj 2014.09.0355 (2015).
 14. Patil, N. G. & Singh, S. K. Pedotransfer functions for estimating soil hydraulic properties: a review. Pedosphere 26, 417–430. https 

://doi.org/10.1016/s1002 -0160(15)60054 -6 (2016).
 15. Montzka, C., Herbst, M., Weihermüller, L., Verhoef, A. & Vereecken, H. A global data set of soil hydraulic properties and sub-grid 

variability of soil water retention and hydraulic conductivity curves. Earth Syst. Sci. Data 9, 529–543. https ://doi.org/10.5194/
essd-9-529-2017 (2017).

 16. Lakzian, A., Aval, M. B. & Gorbanzadeh, N. Comparison of pattern recognition, artificial neural network and pedotransfer func-
tions for estimation of soil water parameters. Not. Sci. Biol. 2, 114–120. https ://doi.org/10.15835 /nsb23 4737 (2010).

 17. Terleev, V., Mirschel, W., Schindler, U. & Wenkel, K. Estimation of soil water retention curve using some agrophysical characteristics 
and Voronin’s empirical dependence. Int. Agrophys. 24, 381–387 (2010).

 18. Bullied, W. J., Bullock, P. R. & Van Acker, R. C. Modeling the soil-water retention characteristic with pedotransfer functions for 
shallow seedling recruitment. Soil Sci. 176, 57–72. https ://doi.org/10.1097/SS.0b013 e3182 0647a 9 (2011).

 19. Arya, L. M. & Paris, J. F. A physicoempirical model to predict the soil moisture characteristic from particle-size distribution and 
bulk density data1. Soil Sci. Soc. Am. J. 45, 1023–1030. https ://doi.org/10.2136/sssaj 1981.03615 99500 45000 60004 x (1981).

 20. Arya, L. M., Leij, F. J., van Genuchten, M. T. & Shouse, P. J. Scaling parameter to predict the soil water characteristic from particle-
size distribution data. Soil Sci. Soc. Am. J. 63, 510–519. https ://doi.org/10.2136/sssaj 1999.03615 99500 63000 30013 x (1999).

 21. Haverkamp, R. T. & Parlange, J. Y. Predicting the water-retention curve from particle-size distribution: 1. Sandy soils without 
organic matter1. Soil Sci. 142, 325–339. https ://doi.org/10.1097/00010 694-19861 2000-00001  (1986).

 22. Tyler, S. W. & Wheatcraft, S. W. Application of fractal mathematics to soil water retention estimation. Soil Sci. Soc. Am. J. 53, 
987–996. https ://doi.org/10.2136/sssaj 1989.03615 99500 53000 40001 x (1989).

 23. Campbell, G. S. A simple method for determining unsaturated conductivity from moisture retention data. Soil Sci. 117, 311–314. 
https ://doi.org/10.1097/00010 694-19740 6000-00001  (1974).

 24. Miller, E. E. & Miller, R. D. Physical theory for capillary flow phenomena. J. Appl. Phys. 27, 324–332. https ://doi.org/10.1063/1.17223 
70 (1956).

 25. Mayr, T. & Jarvis, N. J. Pedotransfer functions to estimate soil water retention parameters for a modified Brooks-Corey type model. 
Geoderma 91, 1–9. https ://doi.org/10.1016/S0016 -7061(98)00129 -3 (1999).

 26. Tomasella, J., Hodnett, M. G. & Rossato, L. Pedotransfer functions for the estimation of soil water retention in Brazilian soils. Soil 
Sci. Soc. Am. J. 64, 327–338. https ://doi.org/10.2136/sssaj 2000.64132 7x (2000).

 27. Hwang, S. I. & Choi, S. I. Use of a lognormal distribution model for estimating soil water retention curves from particle-size 
distribution data. J. Hydrol. 323, 325–334. https ://doi.org/10.1016/j.jhydr ol.2005.09.005 (2006).

(24)t = ME

(

RMSE2 −ME2

n− 1

)−0.5

https://doi.org/10.2136/sssaj2003.1103
https://doi.org/10.2136/vzj2005.0026
https://doi.org/10.5194/hess-17-5185-2013
https://doi.org/10.18393/ejss.2016.4.314-321
https://doi.org/10.18393/ejss.2016.4.314-321
https://doi.org/10.1111/ejss.12475
https://doi.org/10.1111/ejss.12475
https://doi.org/10.1029/2018wr022871
https://doi.org/10.1016/j.geoderma.2018.10.008
https://doi.org/10.1097/00010694-200105000-00002
https://doi.org/10.1016/j.geoderma.2006.03.051
https://doi.org/10.1016/j.geoderma.2005.04.018
https://doi.org/10.1016/j.jhydrol.2012.03.036
https://doi.org/10.1007/s11242-014-0313-8
https://doi.org/10.2136/sssaj2014.09.0355
https://doi.org/10.1016/s1002-0160(15)60054-6
https://doi.org/10.1016/s1002-0160(15)60054-6
https://doi.org/10.5194/essd-9-529-2017
https://doi.org/10.5194/essd-9-529-2017
https://doi.org/10.15835/nsb234737
https://doi.org/10.1097/SS.0b013e31820647a9
https://doi.org/10.2136/sssaj1981.03615995004500060004x
https://doi.org/10.2136/sssaj1999.03615995006300030013x
https://doi.org/10.1097/00010694-198612000-00001
https://doi.org/10.2136/sssaj1989.03615995005300040001x
https://doi.org/10.1097/00010694-197406000-00001
https://doi.org/10.1063/1.1722370
https://doi.org/10.1063/1.1722370
https://doi.org/10.1016/S0016-7061(98)00129-3
https://doi.org/10.2136/sssaj2000.641327x
https://doi.org/10.1016/j.jhydrol.2005.09.005


11

Vol.:(0123456789)

Scientific RepoRtS |        (2020) 10:16666  | https://doi.org/10.1038/s41598-020-73890-8

www.nature.com/scientificreports/

 28. Nimmo, J. R. Modeling structural influences on soil water retention. Soil Sci. Soc. Am. 61, 712–719. https ://doi.org/10.2136/sssaj 
1997.03615 99500 61000 30002 x (1997).

 29. Li, X. & Zhang, L. M. Characterization of dual-structure pore-size distribution of soil. Can. Geotech. J. 46, 129–141. https ://doi.
org/10.1139/T08-110 (2009).

 30. Šimůnek, J., Jarvis, N. J., Van Genuchten, M. T. & Gärdenäs, A. Review and comparison of models for describing non-equilibrium 
and preferential flow and transport in the vadose zone. J. Hydrol. 272, 14–35. https ://doi.org/10.1016/S0022 -1694(02)00252 -4 
(2003).

 31. Yang, F. et al. Organic matter controls of soil water retention in an alpine grassland and its significance for hydrological processes. 
J. Hydrol. 519, 3086–3093. https ://doi.org/10.1016/j.jhydr ol.2014.10.054 (2014).

 32. Jensen, D. K., Tuller, M., de Jonge, L. W., Arthur, E. & Moldrup, P. A New Two-Stage Approach to predicting the soil water char-
acteristic from saturation to oven-dryness. J. Hydrol. 521, 498–507. https ://doi.org/10.1016/j.jhydr ol.2014.12.018 (2015).

 33. Leung, A. K., Garg, A. & Ng, C. W. W. Effects of plant roots on soil-water retention and induced suction in vegetated soil. Eng. 
Geol. 193, 183–197. https ://doi.org/10.1016/j.engge o.2015.04.017 (2015).

 34. Keller, T. & Håkansson, I. Estimation of reference bulk density from soil particle size distribution and soil organic matter content. 
Geoderma 154, 398–406. https ://doi.org/10.1016/j.geode rma.2009.11.013 (2010).

 35. Salarashayeri, A. & Siosemarde, M. Prediction of soil hydraulic conductivity from particle-size distribution. World Acad. Sci. Eng. 
Technol. 61, 454–458 (2012).

 36. Bardhan, G., Russo, D., Goldstein, D. & Levy, G. J. Changes in the hydraulic properties of a clay soil under long-term irrigation 
with treated wastewater. Geoderma 264, 1–9. https ://doi.org/10.1016/j.geode rma.2015.10.004 (2016).

 37. Kroener, E., Holz, M., Zarebanadkouki, M., Ahmed, M. & Carminati, A. Effects of mucilage on rhizosphere hydraulic functions 
depend on soil particle size. Vadose Zone J. https ://doi.org/10.2136/vzj20 17.03.0056 (2018).

 38. Schwartz, U. Factors affecting channel infiltration of floodwaters in Nahal Zin basin, Negev desert, Israel.  Hydrol. Process. 30, 
3704–3716. https ://doi.org/10.1002/hyp.10826  (2016).

 39. Pachepsky, Y. A., Rawls, W. & Lin, H. Hydropedology and pedotransfer functions. Geoderma 131, 308–316. https ://doi.
org/10.1016/j.geode rma.2005.03.012 (2006).

 40. Pachepsky, Y. A. & Rawls, W. J. Soil structure and pedotransfer functions. Eur. J. Soil Sci. 54, 443–452. https ://doi.org/10.104
6/j.1365-2389.2003.00485 .x (2003).

 41. Fatichi, S. et al. Soil structure is an important omission in Earth System Models. Nat. Commun. 11, 1–11. https ://doi.org/10.1038/
s4146 7-020-14411 -z (2020).

 42. Van Genuchten, M. T. A closed-form equation for predicting the hydraulic conductivity of unsaturated soils. Soil Sci. Soc. Am. 44, 
892–898. https ://doi.org/10.2136/sssaj 1980.03615 99500 44000 50002 x (1980).

 43. 43Brooks, R. H. & Corey, A. T. Hydraulic properties of porous media. Hydrology papers no. 3, Colorado State University, 22–27 
(1964).

 44. Buchan, G. D. Applicability of the simple lognormal model to particle-size distribution in soils. Soil Sci. 147, 155–161. https ://doi.
org/10.1097/00010 694-19890 3000-00001  (1989).

 45. Kosugi, K. I. Three-parameter lognormal distribution model for soil water retention. Water Resour. Res. 30, 891–901. https ://doi.
org/10.1029/93WR0 2931 (1994).

 46. Bayat, H., Rastgo, M., Zadeh, M. M. & Vereecken, H. Particle size distribution models, their characteristics and fitting capability. 
J. Hydrol. 529, 872–889. https ://doi.org/10.1016/j.jhydr ol.2015.08.067 (2015).

 47. Perfect, E. Modeling the primary drainage curve of prefractal porous media. Vadose Zone J. 4, 959–966. https ://doi.org/10.2136/
vzj20 05.0012 (2005).

 48. Ghanbarian-Alavijeh, B., Millán, H. & Huang, G. A review of fractal, prefractal and pore-solid-fractal models for parameterizing 
the soil water retention curve. Can. J. Soil Sci. 91, 1–14. https ://doi.org/10.4141/cjss1 0008 (2011).

 49. Miyazaki, T. Bulk density dependence of air entry suctions and saturated hydraulic conductivities of soils. Soil Sci. 161, 484–490. 
https ://doi.org/10.1097/00010 694-19960 8000-00003  (1996).

 50. Yu, G. R., Nakayama, K. & Yi, Y. L. Studies on the moisture characteristic curve and the water absorption character of soil. J. Agric. 
Meteorol. 50, 213–220. https ://doi.org/10.2480/agrme t.50.213 (1994).

 51. Chen, Z. X. & Wang, R. Z. The moisture retention of several important soils in China. Acta Pedol. Sin. 16, 277–281 (1979).
 52. Zhang, J. & Miao, F. S. Water retention characteristics of different textural soils in Huanfan Plains. Acta Pedol. Sin. 22, 350–355 

(1985).
 53. Liu, J. & Amemiya, Y. The estimation of soil water retentivity for soil and aggregate-like soil “Akadama” mixture. Environ. Control 

Biol. 37, 21–30. https ://doi.org/10.2525/ecb19 63.37.21 (1999).
 54. Hayano, M., Yabashi, S. & Amemiya, Y. Case study on the estimation of soil water characteristics with soil bulk density distribution. 

J. Jpn. Soc. Hydrol. Water Resour. 10, 299–307. https ://doi.org/10.3178/jjshw r.10.299 (1997).
 55. Yabashi, S., Amemiya, Y., Koh, S., Mizuniwa, C. & Takahashi, S. Studies on the physical properties of horticultural soils, 2: Char-

acteristics of the soil structure and soil water retentivity of Kanuma-tsuchi Tech. Bull. Fac. Hortic. Chiba Univ. 48, 135–140 (1994).
 56. da Silva, A. C., Armindo, R. A., dos Santos Brito, A. & Schaap, M. G. SPLINTEX: a physically-based pedotransfer function for 

modeling soil hydraulic functions. Soil Till. Res. 174, 261–272. https ://doi.org/10.1016/j.still .2017.07.011 (2017).
 57. Saxton, K. E. & Rawls, W. J. Soil water characteristic estimates by texture and organic matter for hydrologic solutions. Soil Sci. Soc. 

Am. 70, 1569–1578. https ://doi.org/10.2136/sssaj 2005.0117 (2006).
 58. Fredlund, M. D., Wilson, G. W. & Fredlund, D. G. Use of the grain-size distribution for estimation of the soil-water characteristic 

curve. Can. Geotech. J. 39, 1103–1117. https ://doi.org/10.1139/T02-049 (2002).
 59. Vereecken, H., Maes, J., Feyen, J. & Darius, P. Estimating the soil moisture retention characteristic from texture, bulk density, and 

carbon content. Soil Sci. 148, 389–403. https ://doi.org/10.1097/00010 694-19891 2000-00001  (1989).

Acknowledgements
This work was initially supported by Japan Society for the Promotion of Science (JSPS) [Grant number P97470] 
and later by the AgResearch Program of the University of Tennessee, Knoxville, USA.

Author contributions
Authors H.S. and J.Z. designed and tested the model. H.S. prepared the original draft. J.Z., X.C. and J.L. reviewed 
and edited the manuscript. J.Z. supervised the research. All authors participated in improving the manuscript.

competing interests 
The authors declare no competing interests.

Additional information
Correspondence and requests for materials should be addressed to J.Z.

https://doi.org/10.2136/sssaj1997.03615995006100030002x
https://doi.org/10.2136/sssaj1997.03615995006100030002x
https://doi.org/10.1139/T08-110
https://doi.org/10.1139/T08-110
https://doi.org/10.1016/S0022-1694(02)00252-4
https://doi.org/10.1016/j.jhydrol.2014.10.054
https://doi.org/10.1016/j.jhydrol.2014.12.018
https://doi.org/10.1016/j.enggeo.2015.04.017
https://doi.org/10.1016/j.geoderma.2009.11.013
https://doi.org/10.1016/j.geoderma.2015.10.004
https://doi.org/10.2136/vzj2017.03.0056
https://doi.org/10.1002/hyp.10826
https://doi.org/10.1016/j.geoderma.2005.03.012
https://doi.org/10.1016/j.geoderma.2005.03.012
https://doi.org/10.1046/j.1365-2389.2003.00485.x
https://doi.org/10.1046/j.1365-2389.2003.00485.x
https://doi.org/10.1038/s41467-020-14411-z
https://doi.org/10.1038/s41467-020-14411-z
https://doi.org/10.2136/sssaj1980.03615995004400050002x
https://doi.org/10.1097/00010694-198903000-00001
https://doi.org/10.1097/00010694-198903000-00001
https://doi.org/10.1029/93WR02931
https://doi.org/10.1029/93WR02931
https://doi.org/10.1016/j.jhydrol.2015.08.067
https://doi.org/10.2136/vzj2005.0012
https://doi.org/10.2136/vzj2005.0012
https://doi.org/10.4141/cjss10008
https://doi.org/10.1097/00010694-199608000-00003
https://doi.org/10.2480/agrmet.50.213
https://doi.org/10.2525/ecb1963.37.21
https://doi.org/10.3178/jjshwr.10.299
https://doi.org/10.1016/j.still.2017.07.011
https://doi.org/10.2136/sssaj2005.0117
https://doi.org/10.1139/T02-049
https://doi.org/10.1097/00010694-198912000-00001


12

Vol:.(1234567890)

Scientific RepoRtS |        (2020) 10:16666  | https://doi.org/10.1038/s41598-020-73890-8

www.nature.com/scientificreports/

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access  This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://creat iveco mmons .org/licen ses/by/4.0/.

© The Author(s) 2020

www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Estimating soil water retention for wide ranges of pressure head and bulk density based on a fractional bulk density concept
	Results
	Estimation accuracy. 
	Sensitivity analysis of model parameters. 

	Discussion
	Conclusions
	Material and methods
	Fractional bulk density concept. 
	Calculation of volumetric water content. 
	Calculation of water pressure head. 
	The resulting model of soil water retention. 
	Soil dataset. 

	Statistical parameters for model verification
	References
	Acknowledgements


