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The influence of attractor stability 
of intrinsic coordination patterns on 
the adaptation to new constraints
Kota Yamamoto1*, Masahiro Shinya2 & Kazutoshi Kudo  3,4

In most human movement tasks, the same goal can be achieved by a diversity of coordination patterns. 
For instance, when learning to juggle, individuals adopt their own unique coordination patterns in 
the early stages of acquiring the fundamental skills of juggling. These individual differences in the 
learning paths lead to differences in adaptability to new constraints. However, the reason for these 
differences in adaptability is still unknown. To address this problem, we quantified these differences 
in terms of attractor stability of the coordination patterns of expert jugglers using Recurrence 
Quantification Analysis. Furthermore, we quantified the attractor stability of intermediate jugglers 
and examined adaptability in a sensorimotor synchronization task. We found differences in attractor 
stability among coordination patterns of expert jugglers, as well as a difference in attractor stability 
between intrinsic coordination patterns of intermediate jugglers. Whereas, almost no significant direct 
correlation between attractor stability and adaptability of intermediate jugglers was found, suggesting 
a difference in both attractor stability and adaptability between intrinsic coordination patterns such 
that the difference in attractor stability might affect adaptability to new constraints. We submit that 
the learning path selected by each learner in the early stages of learning plays an important role in the 
subsequent development of expertise.

Motor tasks in many sports have redundant degrees of freedom in terms of viable problem-solving methods. 
Therefore, there is no singular coordination pattern to best achieve the task goal. From the viewpoint of the 
dynamical systems approach (see1 for a review), the diversity in coordination patterns arises from an interaction 
between the redundancy of the task solution and the multiple degrees of freedom of the human body2,3. For exam-
ple, it has been reported that diversity arises in coordination patterns and ball trajectories for hitting a specific 
target in an underarm throwing task4. Also, when hitting a ball with a cricket bat, different coordination patterns 
emerged depending on the type of pitch5, while in boxing, the variety of punches the boxer chooses depends on 
the distance to the opponent6. Thus, in sports-related tasks, various coordination patterns appear depending 
on the performance environment, the situation, and the performer. On the other hand, diversity also has been 
reported in the coordination patterns and solution strategies acquired by learners in the process of achieving the 
same goal7–10. In our previous study11, a longitudinal study of the learning process associated with the funda-
mental skills of juggling showed that the coordination patterns acquired by learners were divided into multiple 
attractors with a stable temporal structure. Further, the coordination pattern developed early on in the learning 
process was maintained in the long run11–14.

The motor learning process is not completed merely by achieving one goal, but involves repeated learning 
and adaptation aimed at gaining expertise. For example, in juggling, most novices master the three-ball cascade 
juggling as a fundamental skill at the beginning of the learning process. Three-ball cascade juggling is a skill in 
which three balls are exchanged alternately between left and right hands, and forms the basis of many juggling 
skills. After acquiring this fundamental skill, learners acquire additional skills, such as matching juggling patterns 
to music and passing balls to other performers. However, individual differences in coordination patterns like 
habits can affect expertise development because the intrinsic dynamics of the individual learners reflects previous 
learning experiences15, and thus the acquired coordination pattern can become an intrinsic constraint influencing 
the development of new individual adaptations. In other words, the intrinsic dynamics, including coordination 
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patterns formed by past experiences, may either promote or impede adaptation. A previous study reported that 
there is an asymmetry in adaptability of new tasks between multiple coordination patterns acquired in previous 
learning experiences16. The study findings suggested that in a visuomotor reaching task, participants who learned 
by performing discrete reaching movements in a previous process showed a nearly complete transition to per-
forming rhythmic reaching movement without hardly any transfer in the opposite direction.

Such asymmetry of adaptation also appeared in our previous study on three-ball juggling, a 
multi-degree-of-freedom movement task17. In juggling, various coordination patterns are acquired in the learn-
ing process as described above. These coordination patterns may be roughly divided into rhythmic coordination 
patterns and discrete coordination patterns17. We examined the adaptation of intermediate jugglers to juggling 
in context of in accordance with the beat of a metronome. As a result of the adaptation, participants who had a 
discrete pattern as an intrinsic pattern showed higher adaptability than participants who had a rhythmic pattern 
as an intrinsic pattern. In other words, the coordination patterns acquired in a previous learning process consti-
tuted an intrinsic constraint that determined the adaptation process17. Therefore, in this study, we investigated the 
factor that leads to asymmetry in adaptability in juggling. In particular, we focused on the differences in attractor 
stability between different coordination patterns of motor primitives.

In the dynamical systems approach, the pattern formation of human movement is understood in terms of the 
concept of self-organization as advanced in non-linear dynamics and physical theories of complexity18–20. This 
approach captures human movement as a system and adopts a description of the movement in terms of “attrac-
tors,” the specific stable states to which movement trajectories converge over time19. An attractor is a region into 
which a specific trajectory or a fixed point is naturally drawn, converges, and settles down, that does not collapse 
when a disturbance occurs, and that can converge to the original trajectory or point19. Therefore, the attractors 
play an essential role in generating stable movements. From this, it is possible to evaluate the individual skills and 
their stability and stationarity by evaluating the stability of the state of the converged attractor. Descriptions and 
quantifications of attractors from a dynamical systems perspective have focused predominantly on a bimanual 
coordination task in which the left and right fingers or arms are treated as two oscillators whose relative phase 
describes the attractors of bimanual coordination. In-phase, in which the relative phase is 0°, or anti-phase, in 
which the relative phase is 180°, are the intrinsic attractors of this task18. It is widely known that stable perfor-
mance can be achieved in the vicinity of such an inherent attractor even if some perturbation occurs.

The concept of attractor also refers to the motor learning process. In the early stages of the learning process, 
participants have considerable problems with producing the to-be-learned, intrinsically unstable pattern and tend 
to fall back into the intrinsically stable in- or anti-phase mode21–26. Therefore, participants have to overcome the 
tendency of attraction toward a 0° or 180° pattern to establish the new coordination pattern25,27. Nevertheless, it 
turned out to be possible to acquire a phase shift pattern of 90° or 45° through practice. In other words, the motor 
learning process is described dynamically as overcoming intrinsic constraints (attraction to stable attractors) and 
acquiring new coordination patterns25,28,29. Within this theoretical framework, some studies have examined how 
intrinsic attractors or pre-existing patterns affect the acquisition of new coordination patterns. For example, a 
strong attraction interferes with learning if the pattern to be learned is near an attractor with higher stability26. 
Some studies have provided evidence that the pattern close to the 0° attractor is performed better than that close 
to the 180° attractor30,31. That is, some studies have suggested that patterns that intrinsically stable coordination 
patterns before learning affect the adaptation to new constraints. However, most of the motor tasks used in these 
studies have less degree of freedom, so there are no large individual differences of attractors. In the present study, 
we investigated the stability of attractors for various coordination patterns acquired in the process of learning to 
juggle and examined the influence of individual differences in acquired patterns on the adaptation process.

In previous studies, descriptions and quantification of attractors were evaluated using nonlinear time series 
analysis20,32–37. In this study, we evaluated the attractor stability using Recurrence Quantification Analysis (RQA) 
in perspective of the degree of recurrence, determinism, and strength of attraction. In RQA, the concept of 
“recurrence” means that for a particular point of an attractor reconstructed in topological space, after a certain 
period another point on the trajectory falls close to the point in question. In RQA, it is possible to identify the 
essential characteristics of the deterministic dynamical system and the stability of the attractor by evaluating the 
recurrence plot created based on the reconstructed attractor trajectory38,39. In particular, we evaluated the state 
of the system of juggling by determining the recurrence rate, the determined rate, and Maxline. The recurrence 
rate for attractor fluctuation was the ratio of the number of actual recurrence points among all possible recur-
rence points. A smaller recurrence rate indicated more significant fluctuations in the system. The determined 
rate was the proportion of recurrence points that formed a diagonal structure on the recurrence plot, indicating 
the degree to which the attractor trajectory of the system had a deterministic structure36. Finally, Maxline was 
the maximum length of the recurrence points that continuously formed a diagonal structure. This index repre-
sented the strength of the attractor, which indicated resistance to disturbances of the system due to the strength 
of attraction36,40. In other words, RQA is a method of evaluating attractor stability of a system from the viewpoint 
of the degrees of recurrence, determinism structure, and strength of attraction. Recent studies have evaluated 
the stability and robustness of a variety of systems through the development of a description of movement in the 
dynamical systems approach (e.g., postural control41, heart rate39,42, inter-limb coordination37,40, inter-personal 
coordination43,44, and postural control of standing of ballet dancers45). All of these previous studies have success-
fully evaluated the stability of human movement using RQA.

In this paper, we applied RQA to evaluate the stability of the system for various coordination patterns of jug-
gling and to examine the relationship with asymmetric adaptability. First, we described the differences in attractor 
stability for various coordination patterns appearing in the movement frequencies of expert jugglers. We also 
examined the influence of attractor stability on the adaptation process by comparing the performance of the adap-
tation task with the stability of intrinsic coordination patterns. Consequently, a difference was found in the degree 
of deterministic structure of attractors and strength of attraction among various coordination patterns observed 
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in expert jugglers. Furthermore, in intermediate jugglers, attractors of discrete coordination patterns, which have 
higher adaptability, showed a lower degree of deterministic structure than did those of rhythmic coordination 
patterns. Thus, there was a difference in the stability or strength of attractors among the various coordination 
patterns, even though they may result in the same performance. Furthermore, this difference should be one of 
the factors determining adaptability. That is, an individual’s intrinsic coordination patterns acquired in the early 
stages of learning might play an important role in the subsequent development of expertise.

Results
Differences in stability across coordination patterns. In Experiment 1, we compared the RQA indices 
of the attractors of various coordination patterns appearing under the 10-step tempo conditions in expert jug-
glers. The coordination pattern of juggling under each tempo condition was described by a frequency analysis of 
the wrist movement in the vertical direction (Fig. 1A, modified from16). Under a condition with a relatively fast 
tempo (260  ms), the hand velocity pattern showed a sine-curve-like smooth waveform. On the other hand, under 
a condition with a relatively slow tempo (620  ms), the velocity pattern of the hand movement showed a waveform 
with a period of stopping in between velocity peaks and a high-frequency period of movement. The Coordination 
Pattern Index, defined as the proportion of the fundamental frequency component, showed a higher value as 
the tempo increased and a lower value as the tempo decreased (n = 70, r = −0.88, p = 0.001, mean of individual 
Fisher’s z = −0.28, 95% confidence intervals = [−0.99, −0.85], Fig. 1B).

Figure 2 shows a typical example of RQA, it presents the raw data of a three-directional distance between the 
vertex of the head and wrist, reconstructed attractors in three-dimensional state space, and a recurrence plot for 
each condition (260, 380, 500, and 620  ms). In the recurrence plot, the recurrence rate (%REC), the determined 
rate (%DET), and the maximum line length ratio (%MAXLINE) for each set of data are depicted. Although the 
actual embedding dimension used in this study is six, an attractor trajectory reconstructed in three dimensions is 
shown for visualization. For instance, a reconstructed attractor in the 260  ms condition (top row) showed a stable 
trajectory, and thus more recurrent points and a longer diagonal structure in the recurrence plot (right column) 
than the attractor and recurrence plot for the 500  ms or 620  ms condition. This visual difference in attractor 
trajectory or recurrence plot corresponded to the difference in %REC, %DET, or %MAXLINE for each condition 
(%REC = 6.6, %DET = 99.8, and %MAXLINE = 45.7 for the 260  ms condition versus %REC = 3.8, %DET = 98.1, 
and %MAXLINE = 19.6 for the 500  ms condition).

Figure 3 shows the results of a correlation analysis using the Coordination Pattern Index of multiple jug-
gling patterns and corresponding RQA index. For this analysis, the significance level (α) was set to 0.41% using 
the Bonferroni correction to prevent the inflation of false positives. Regarding %REC, there was no correlation 
between the Coordination Pattern Index and %REC for 3D distance (n = 70, Pearson’s r = −0.10, p = 0.399, mean 
of individual Fisher’s z = −0.28, 95% confidence intervals = [−0.77, 0.42]) or hand movement in the mediolateral 
direction (n = 70, r = 0.20, p = 0.090, mean z = 0.40, CI = [−0.32, 0.81]), superoinferior direction (n = 70, r = 
−0.15, p = 0.229, mean z = −0.33, CI = [−0.79, 0.39]), or anteroposterior direction (n = 70, r = 0.25, p = 0.036, 
mean z = 0.25, CI = [−0.46, 0.76]). That is, the attractors of the rhythmic and discrete coordination patterns had 
a similar degree of recurrence. This result indicates that the attractors of both coordination patterns had sufficient 

Figure 1. A typical example of a change in coordination pattern with a change in juggling tempo. (A) The 
vertical velocity of wrist movement with throw (green circle) and catch (red circle) timing (left column), power 
spectral density (middle column), and power spectrum density normalised with the tempo provided by the 
metronome (right column) under the 260  ms, 460  ms, and 620  ms conditions. (B) Analysis of the correlation 
between the tempo conditions and Coordination Pattern Index, calculated for all the frequency components of 
the normalised spectral density over an interval of 10% of the fundamental frequency component (gray square 
areas in figure A). The colour of the circle indicates the respective participant. The rhythmic coordination 
patterns with a higher ratio of the fundamental frequency component appeared when the tempo was faster, 
while a discrete coordination pattern with a lower ratio appeared when the tempo was slower.
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stability against fluctuations to allow for continued juggling. On the other hand, with respect to the %DET, there 
were strong correlations between the Coordination Pattern Index and %DET for 3D distance (n = 70, r = 0.97, 
p < 0.001, mean z = 2.54, CI = [0.95, 0.99]), as well as hand movement in the mediolateral direction (r = 0.87, 
p < 0.001, mean z = 1.99, CI = [0.85, 0.99]), superoinferior direction (n = 70, r = 0.97, p < 0.001, mean z = 2.24, 
CI = [0.93, 0.99]), and anteroposterior direction (n = 70, r = 0.65, p < 0.001, mean z = 1.50, CI = [0.64, 0.98]). This 
result implies that the attractor trajectory of the rhythmic coordination pattern had a higher deterministic struc-
ture than that of the discrete coordination pattern. As for %MAXLINE, there were weak correlations between 
the Coordination Pattern Index and the %MAXLINE for 3D distance (n = 70, r = 0.39, p < 0.001, mean z = 0.49, 
CI = [−0.25, 0.84]), as well as hand movement in the mediolateral direction (n = 70, r = 0.44, p < 0.001, mean 
z = 0.82, CI = [0.08, 0.92]), the superoinferior direction (n = 70, r = 0.33, p < 0.001, mean z = 0.40, CI = [−0.33, 
0.81]), and the anteroposterior direction (n = 70, r = 0.42, p < 0.001, mean z = 0.51, CI = [−0.22, 0.85]). That 
is, the rhythmic coordination pattern showed an attractor strength relatively higher than that of the discrete 
coordination pattern, indicating that while any juggling pattern had a degree of recurrence sufficient to continue 
juggling, rhythmic patterns had a higher degree of deterministic structure and strong attraction than discrete 
patterns.

Differences in attractor stability among intrinsic coordination patterns for intermediate jug-
glers. In Experiment 2, we examined the effect of attractor stability on adaptability to sensorimotor synchro-
nization tasks in intermediate jugglers. Our previous study16 showed that the intermediate jugglers who had 
intrinsically discrete coordination patterns showed greater adaptability to the sensorimotor synchronization task 
than those who had intrinsically rhythmic coordination patterns. By integrating the results on adaptability to 
new constraints for the intermediate jugglers and the results on differences in attractor stability between the 
coordination patterns of the expert jugglers in the previous section, it was hypothesized that participants who 
had attractors with low stability would be more likely to adapt to new constraints. Therefore, we examined the 

Figure 2. Recurrence quantification analysis of juggling movement. The raw data of distance between 
the vertex of the head and wrist (right column), reconstructed attractors in three-dimensional state space 
(middle column), and the recurrence plot (left column) in each condition, 260, 380, 500, and 620  ms. In the 
recurrence plot, the recurrence rate (%REC), the determined rate (%DET), and the maximum line length ratio 
(%MAXLINE) of each set of data are described. Although the actual embedment dimension used in this study is 
six dimensions, we show the attractor trajectory reconstructed in three dimensions for ease of visualisation.
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relationship between the intrinsic coordination pattern of the intermediate jugglers and the RQA indices, as well 
as the relationship between the RQA indices and the performance on the adaptation task.

First, we examined the relationship between the coordination pattern and corresponding RQA index. The 
coordination pattern of each participant was such that when juggling without the tempo being set by the met-
ronome, the participants should have displayed an intrinsic coordination pattern. Figure 4 shows the results of 
the correlation analysis for the intermediate jugglers of the Coordination Pattern Index when juggling at the 
preferred tempo and each RQA index. Before the correlation analysis, we examined whether the data were distrib-
uted normally. A normal data distribution was not confirmed, so we calculated the correlation coefficient using 
Spearman’s correlation. In this analysis, the significance level (α) was also set to 0.41% using the Bonferroni cor-
rection. The %REC showed no correlation with the preferred coordination pattern (for %REC and Coordination 
Pattern Index in the mediolateral direction, n = 10, Spearman’s r = 0.32, p = 0.365; in the superoinferior direc-
tion, n = 10, r = 0.28, p = 0.425; in the anteroposterior direction, n = 10, r = −0.16, p = 0.651; or for 3D dis-
tance, n = 10, r = 0.25, p = 0.489). This means that there was no significant difference in the degree of recurrence 
between rhythmic and discrete coordination patterns. For %DET, strong correlations were found between the 
Coordination Pattern Index and %DET for the hand movement in the mediolateral direction (n = 10, r = 0.84, 
p = 0.002) and the superoinferior direction (n = 10, r = 0.98, p < 0.001), but not in the anteroposterior direction 
(n = 10, r = 0.44, p = 0.200) and 3D distance (n = 10, r = 0.70, p = 0.025). This means that the attractor trajectory 
of the rhythmic coordination pattern had a higher degree of deterministic structure than the discrete pattern. 
As for %MAXLINE, there was no correlation with the preferred coordination pattern (for %MAXLINE and 
Coordination Pattern Index in the mediolateral direction, n = 10, r = 0.48, p = 0.162.; in the superoinferior direc-
tion, n = 10, r = 0.12, p = 0.751; in the anteroposterior direction, n = 10, r = −0.18, p = 0.614; or for 3D distance, 
n = 10, r = 0.12, p = 0.751).

The relationship between adaptability and stability of attractors. Next, we examined the relation-
ship between the RQA indices and the performance on adaptation tasks. As an adaptation task for intermediate 

Figure 3. Difference in stability and strength of attractors across coordination patterns in expert jugglers. The 
figure shows the correlation between Coordination Pattern Index and %REC (top row), %DET (middle row), 
and %MAXLINE (bottom row) of three-dimensional distance, ML, SI, and AP directional movement of expert 
jugglers in Experiment 1. The colour of the circle indicates the respective participant. In all figures, the r and p 
values represent the strength and significance of the Pearson correlation coefficients between the variables of 
interest. There was no correlation between the Coordination Pattern Index and the %REC. In contrast, there 
was a strong correlation between Coordination Pattern Index and %DET, and a moderate correlation was found 
with %MAXLINE. These results mean that the attractor of the rhythmic coordination pattern is more stable and 
stronger than the attractor of the discrete coordination pattern.
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jugglers who could perform three-ball juggling, we set up a sensorimotor synchronization task for them to juggle 
while timing their catch to metronome beeps which either increased or decreased in tempo. To measure the per-
formance of this adaptation task, we calculated %Asynchrony, which is the normalized absolute error between 
the beep and catch timing by metronome interval. %Asynchrony was obtained by scaling asynchrony based on 
the tempo-beep interval when an error occurred. This provided a ratio of errors for the tempo-beep interval. 
Figure 5A shows the results of a correlation analysis between %Asynchrony in the Up condition, in which the 
tempo increased, in the Down condition, in which the tempo decreased, and the Coordination Pattern Index at 
free tempo juggling, which was used to indicate the participants’ intrinsic coordination patterns. For this analysis, 
the significance level (α) was set to 2.5% using the Bonferroni correction. There was a strong correlation and cor-
relation trend between performance on the adaptation task and intrinsic coordination patterns in the Up and in 
the Down conditions, respectively (Up: n = 10, r = 0.84, p = 0.002, Down: n = 10, r = 0.55, p = 0.06).

Figure 5B shows the results of the correlation analysis between %Asynchrony in the Up condition and in 
the Down condition, and the RQA indices. For this analysis, the significance level (α) was set to 0.41% using 
the Bonferroni correction. Regarding %REC, there was no correlation between %Asynchrony and %REC for 
hand movement in either condition for 3D distance (Up: n = 10, r = 0.08, p = 0.829, Down: n = 10, r = −0.15, 
p = 0.676), the mediolateral direction (Up: n = 10, r = 0.02, p = 0.960, Down: n = 10, r = −0.10, p = 0.777), 
the superoinferior direction (Up: n = 10, r = 0.22, p = 0.533, Down: n = 10, r = −0.03, p = 0.934), or the anter-
oposterior direction (Up: n = 10, r = −0.01, p = 0.987, Down: n = 10, r = 0.26, p = 0.467). On the other hand, 
there was a correlation between %Asynchrony in the Up condition and %DET in the superoinferior direc-
tion (n = 10, r = 0.83, p = 0.003). However, there was no correlation between %Asynchrony in the Up condi-
tion and %DET in either the mediolateral direction (n = 10, r = 0.58, p = 0.08), the anteroposterior direction 
(n = 10, r = 0.18, p = 0.627) or 3D distance (n = 10, r = 0.50, p = 0.138). Furthermore, there was no correlation 
between %Asynchrony in the Down condition and %DET for 3D distance (n = 10, r = 0.27, p = 0.446), the medi-
olateral direction (n = 10, r = 0.42, p = 0.229), the superoinferior direction (n = 10, r = 0.55, p = 0.098), or the 

Figure 4. Difference in stability and strength of attractors across coordination patterns in intermediate jugglers. 
The figure shows the correlation between Coordination Pattern Index and %REC (top row), %DET (middle 
row), and %MAXLINE (bottom row) for three-dimensional distance and the ML, SI, and AP directional 
movements of intermediate juggles in Experiment 2. In all figures, r and p values represent the strength and 
significance of the Spearman correlation coefficients between the variables of interest. There was no correlation 
between the Coordination Pattern Index and %REC and %MAXLINE. In contrast, a strong correlation was 
found for %DET. These results indicate that the attractor of the rhythmic coordination pattern is more stable 
than the attractor of the discrete coordination pattern.
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anteroposterior direction (n = 10, r = 0.25, p = 0.489). This indicates that performance on the adaptation task is 
related to the deterministic structure of the attractor trajectory for hand movement. There was also no statistically 
significant correlation between %Asynchrony in the Up and in the Down conditions and %MAXLINE for hand 
movement in the mediolateral direction (Up: n = 10, r = 0.16, p = 0.651, Down: n = 10, r = 0.13, p = 0.726), the 
superoinferior direction (Up: n = 10, r = −0.04, p = 0.907, Down: n = 10, r = −0.37, p = 0.293), the anteroposte-
rior direction (Up: n = 10, r = −0.26, p = 0.476, Down: n = 10, r = 0.07, p = 0.854), or 3D distance (Up: n = 10, r = 
−0.12, p = 0.751, Down: n = 10, r = −0.41, p = 0.244). In other words, it was shown that %MAXLINE indicating 
attractor strength is not directly related to adaptive performance.

Discussion
In this study, we examined the stability of attractors for various coordination patterns that can appear in juggling 
tasks and the influence of those differences in attractor stability on the adaptability to new constraints. Based on 
an examination of coordination patterns produced by expert and intermediate jugglers, there was a difference in 
attractor stability between the discrete and rhythmic coordination patterns, in that the rhythmic coordination 
pattern had higher determinism of attractor trajectory and strength of attraction than the discrete coordination 
pattern. In other words, there was a difference in system stability or regularity between the coordination patterns 
that may be employed to continue three-ball juggling. Also, our previous work showed that intermediate jugglers 
with discrete coordination patterns show grater adaptability to sensorimotor synchronization tasks than those 
with rhythmic coordination patterns. By combining the results of this previous study with data from experts 
in the present study, it was hypothesized that higher attractor stability or robustness would be related to poor 
adaptability. Moreover, the relationship between the preferred coordination patterns of intermediate jugglers and 
RQA indices was similar to the results for the expert jugglers. In addition, we examined the relationship between 
performance on an adaptation task and the RQA indices and found that the relation with adaptation performance 
related to the determined rate, where there was a strong correlation with the difference in stability among coor-
dination patterns. However, there was no direct relationship with adaptation performance for the other indices.

In particular, for RQA, there was a marked difference in the determined rate among various coordination pat-
terns in juggling. The determined rate indicates the degree of the deterministic structure of the attractor trajectory 
of a system, and it was shown that the rhythmic coordination pattern had a higher degree of deterministic struc-
ture than the discrete coordination pattern. A system with a high degree of deterministic structure means that 
states occurring later are more closely determined by the previous states or history of the system41. In other words, 
a system with high deterministic structure has correspondingly high predictability of future states or regularity 
of the system. In addition, hand trajectory for the rhythmic coordination pattern fluctuated around the stable 

Figure 5. Performance of the adaptation task for various coordination patterns and the influence of attractor 
stability on adaptability. (A) Pearson’s correlation coefficients between intrinsic coordination pattern 
(Coordination Pattern Index) and performance on the adaptation task (%Asynchrony, the normalised absolute 
error between the beep and catch timing) for intermediate jugglers. (B) Spearman’s correlation coefficients 
between %Asynchrony and %REC (top row), %DET (middle row), and %MAXLINE (bottom row). There was 
a significant correlation between %Asynchrony and %DET for distance and movement in the SI direction. 
However, there was no significant correlation with the other variables.
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attractor and moved periodically and stably. This means that the attractor of a system with a high degree of deter-
minism would be a stable attractor. On the other hand, the discrete coordination pattern had a less deterministic 
structure than the rhythmic coordination pattern. It included not only the fluctuations around the attractor, but 
also phases that moved out of the trajectory. Differences in attractor stability may reflect qualitative differences 
in movement. Rhythmic coordination patterns and discrete coordination patterns are different in movement 
frequency and temporal structure.

This deviated phase is thought to have occurred in the transition from catching a ball to throwing a ball. In 
particular, the discrete coordination pattern was composed of a series of movements divided by each ball catch 
event. At this time, there was a period of waiting for the ball to be thrown and fall from the opposite hand, and it 
was conceivable that the movement of the hand, dependent on the event timing of the opposite hand, destroyed 
the deterministic structure. The difference in the deterministic structure of attractors was also reflected in some 
differences in the Maxline index indicating the attractor strength. However, especially for the intermediate group 
in Experiment 2, the sample size was small and normality was not confirmed. Therefore, in Experiment 2, sig-
nificance was tested using a nonparametric method. In order to confirm the validity of the results, it is necessary 
to acquire additional data on more intermediate jugglers and jugglers with various skill levels in future studies.

Attractors in motor control systems typically play an important role in supporting stable performance20,25. In 
the juggling task, one of these multiple attractors was acquired early in the process of learning the fundamental 
skills of juggling12. In particular, it was crucial for jugglers to control the timing of events such as throws and 
catches, and that these multiple attractors of coordination patterns had stability in the temporal structure of 
juggling. In other words, stable attractors with a stable temporal structure can support stable juggling perfor-
mance. In juggling, it is not easy to repeat a stable ball trajectory because it is necessary to throw and catch the 
ball continuously while controlling both hands at the same time46. Therefore, although the height and position 
of the thrown ball show variability, for juggling to continue, the regular trajectories of the hands and balls have 
to be maintained to a certain degree. It is the attraction to the attractor that generates such consistency. However, 
adaptation to new sensorimotor tasks showed a poorer performance for rhythmic coordination patterns than 
discrete ones17. In this adaptation process, it was necessary to perform juggling following a gradually changing 
tempo, which required changes in coordination. However, attractors are characterized as attraction of stable 
movements to maintain robust performance against variability18. Therefore, it may be difficult to change from an 
intrinsically stable movement to a to-be-learned movement trajectory or coordination pattern. The results of this 
study showed that a discrete coordination pattern with good adaptive performance was lower in system stability, 
which is the degree of deterministic structure, and attractor strength. In other words, the stability or robustness 
of the attractor can be one of the factors that determines adaptability to new constraints.

On the other hand, differences in coordination patterns and stability of attractors seen in juggling can be 
considered from the viewpoint of motor primitives. The most basic movement component is called a motor 
primitive, and discrete movements such as reaching movements and rhythmic movements, like periodic motions, 
are the basic movement primitives of human movement47. As mentioned above, there was an asymmetric trans-
fer between rhythmic and discrete movement16. This asymmetry of transfer has been attributed to the fact that 
rhythmic motor primitives include some discrete motor primitives48,49. That is, it is possible that the two motor 
primitives are not entirely independent and that some of the rhythmic motor primitives may be contained in the 
sequence of discrete motor primitives16,50–53. Based on the evidence from studies on controlled movement, it is 
conceivable that movement controlled by rhythmic motor primitives is controlled more simply than by discrete 
motor primitives. In other words, it is suggested that the rhythmic juggling movement produces consistency 
and stability of movement by maintaining a constant tempo involving relatively simple control. Conversely, the 
discrete juggling pattern generates a series of motions involving more complicated control than the rhythmic 
coordination pattern, and stability may be created by controlling the timing based on information on the position 
or velocity of the ball. For this reason, it is difficult for rhythmic coordination patterns to respond flexibly to sud-
den disturbances and inputs, and as a result, their adaptability in the sensorimotor synchronization task might be 
poorer than for the discrete pattern.

In this study, we investigated the relationship between attractor stability and adaptability for multiple move-
ments to achieve a specific task goal. Future work should examine whether the present results may be generalized 
to toher motor tasks, which we expect to be the case. Likewise, we expect that the concept of movement primitives 
may be generalized to various movements with rhythm. To confirm these expectations, it is necessary to examine 
whether similar results can be obtained for a range of motor tasks that have various solutions among individuals.

In conclusion, in juggling, there are multiple coordination patterns with different control strategies. These 
coordination patterns are acquired early in the process of learning fundamental skills and can become habits for 
learners. The difference in the stability of these coordination patterns as a system relate to adaptability, which 
requires flexibility. Our findings highlight the importance of taking into account the diversity of learning paths in 
the study of complex motor learning processes.

Methods
Participants and protocol. For Experiment 1, seven expert jugglers (males, age 19.5 ± 0.5 years) who could 
perform five- or seven-ball juggling participated in the study. The definition of expert juggler was based on previ-
ous research53. Participants were asked to perform juggling under 10 conditions with metronome beep intervals 
of 260, 300, 340, 380, 420, 460, 500, 540, 580, and 620  ms. Each tempo condition lasted for 65 beeps. Participants 
were required to perform three-ball cascade juggling while adjusting the catch timing to the metronome beep 
timing (created by Audacity version 2.1.2.0, http://audacity.sourceforge.net/). We did not instruct participants 
about the coordination patterns in each condition. Participants were asked to adjust their catch timing as soon as 
possible after the beeps began.

https://doi.org/10.1038/s41598-020-60066-7
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For Experiment 2, ten intermediate jugglers (eight males and two females, age 20.6 ± 2.7 years) who could 
perform three-ball juggling participated in the study. We established an adaptation task with two conditions in 
which the participants juggled following an auditory metronome whose tempo gradually changed. In the Up con-
dition, the interval of the beeps gradually increased from 600  ms to 300  ms in intervals of 3  ms, while the inverse 
occurred in the Down condition. One trial consisted of 101 beeps. In order to verify the intrinsic pattern of each 
participant, participants performed juggling without the metronome sound for 30  seconds as the Preferred con-
dition. The instructions were the same as in Experiment 1. Three trials were performed under each condition.

The study was carried out in accordance with the approved guidelines and approved by the Ethics Committee 
of the Graduate School of Arts and Sciences, The University of Tokyo. All participants gave their written informed 
consent to participate.

Data collection. An optical motion capture system with four cameras (100  Hz, Optitrack, Natural Points) 
was used to record the participants’ movements during all trials. Three balls (6.6  cm in diameter and mass 130  g) 
were covered with reflective tape. The cameras were placed around the participant so that the participant and the 
balls being juggled were all in view. The three-dimensional coordinates of the markers (x-axis: anterior-posterior, 
y-axis: vertical, z-axis: lateral-medial) were calculated using Motive software. Reconstruction of the known 
marker positions on the calibration frame before each learning session yielded residual errors of reconstruc-
tion of less than 1  mm for each coordinate. Also, the metronome sound generated by the PC was recorded by 
a data acquisition device (1000  Hz, NI-USB 6218, National Instrument) and recorded by Labview (National 
Instrument).

Data reduction. The obtained metronome sound data and the synchronization signal (1000  Hz) were 
down-sampled to 100  Hz by the thinning method to synchronize with the motion data of Optitrack. The digitized 
coordinates of the three balls were identified and tracked using Motive. Missing data points were interpolated 
automatically by the spline method using Motive. The raw displacement data were filtered using a second-order 
Butterworth digital filter for each marker, with a cutoff frequency defined using residual analysis54. The filtered 
displacement values along the y-axis were differentiated to obtain the velocity of the ball and hand movement in 
the vertical direction. The velocity profile of the hand was used to describe the movement pattern during juggling. 
For RQA, we calculated the three-dimensional distance between the vertex of the head and the wrist, as well as 
the position data of the wrist movement in the M ediolateral (ML), Superoinferior (SI), and Anteroposterior (AP) 
directions.

Coordination pattern index. In Experiments 1 and 2, the differences in the coordination patterns of jug-
gling were described using frequency analysis. The frequency characteristics were analyzed by calculating the 
power spectral density after a Fourier transformation of the velocity data of vertical hand movement. For data 
from the expert group in Experiment 1, we calculated the spectral density of the vertical velocity of the hand 
under each tempo condition, and the frequency component provided by the metronome was normalized as the 
fundamental frequency component. The proportion of the fundamental frequency component was calculated 
within a range of 10%, and defined as the Coordination Pattern Index (Fig. 1A). For data from the intermediate 
jugglers in Experiment 2, the Coordination Pattern Index for juggling in the Preferred condition was calculated to 
describe the intrinsic coordination pattern. In both Experiments 1 and 2, the values of the Coordination Pattern 
Index of the left and right hands were averaged and used as the representative value for each participant.

Recurrence quantification analysis. In Experiment 1, data on the position of the wrist during 65 cycles 
was obtained under 10 tempo conditions, of which 25 cycles each of the right and left hands were analyzed. The 
three-dimensional distance between the vertex of the head and wrist and the position data for the ML, SI, and AP 
directions of wrist movement for each tempo condition were standardized to 2500 points. In Experiment 2, we 
also analyzed 25 cycles each of the right and left hands while juggling at a free tempo for 30  seconds. Similarly, the 
three-dimensional distance and the position in the ML, SI, and AP directions of wrist movement were standard-
ized to 2500 points. As mentioned above, in RQA, the concept of “recurrence” means that for a particular point 
of an attractor reconstructed in topological space, after a certain period another point in the trajectory falls close 
to the given point.

We explain the procedure of RQA below (for details, see39). First, in order to calculate the time delay (τ) for 
each dimension when reconstructing the data into a high-dimensional attractor, we calculated the average mutual 
information55. The time at which the average mutual information is minimized at the beginning was determined 
as the delay time (t) and was reconstructed shifted by t for each dimension of the state space. Also, we determined 
the embedding dimension (m) to reconstruct the attractor using the false nearest neighbors method56–58. In the 
present study, the delay time t was set at 25 frames (roughly a quarter of a cycle), and the embedding dimension 
m was set at six dimensions. Based on these two calculated parameters, each set of time series data was recon-
structed as a high-dimensional attractor with time delay59,60.

Figure 2 shows a reconstructed attractor for the three-dimensional distance data based on these parameters. 
After reconstructing the attractor, we determined the other parameters for the RQA, which included a radius 
parameter (e), minimum recurrence time, and minimum line length. These parameters were thresholds for how 
close to each other the attractor trajectory points must be to be regarded as constituting “recurrence.” The radius 
parameter e used in this study was set at 15% of the maximum distance, and the minimum recurrence time and 
the minimum line length were set at 10 points.

We calculated the distance between all points of the trajectory in the attractor, then constructed a recurrence 
matrix based on the thresholds determined by these parameters and drew the matrix on the recurrence plot 
(Fig. 2, right). Based on the recurrence matrix, three variables were calculated: the recurrence rate (%REC), the 
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determined rate (%DET), and the maximum line length rate (%MAXLINE), to evaluate the stability or predicta-
bility of the attractor. %REC indicates the proportion of points that actually recurred out of all possible recurrence 
points; %DET indicates the proportion of the recurred points forming the diagonal structure; and %MAXLINE 
shows the ratio of the maximum value of the recurrence point that actually formed the diagonal structure to the 
maximum possibility of the diagonal structure. In both Experiments 1 and 2, the indices of the right and left 
hands were averaged and used as the representative value for each participant.

Performance of the adaptation task. In Experiment 2, to investigate whether the participants adapted 
to the task, we calculated %Asynchrony, the absolute error between each catch and each beep timing, which 
indicated the accuracy of performance of juggling in time with changing metronome beeps. %Asynchrony was 
obtained by scaling Asynchrony based on the tempo beep interval at which an error occurs, and indicated the 
ratio of errors to the tempo beep interval. We removed the first six of the 101 catches and analyzed the remain-
ing 95 catches. For three participants, the number of catches included in one trial was small (at least 63 catches) 
because a ball fell during the trial. Furthermore, because the tempo gradually changed during one trial, the ratio 
of absolute error for the requested tempo was calculated as %Asynchrony.

Statistical analysis. In Experiment 1, we conducted Pearson’s correlation analyses between juggling tempo 
and the Coordination Pattern Index during juggling under each tempo condition, and between the Coordination 
Pattern Index and each RQA index. In Experiment 2, application of the Shapiro-Wilk method did not indicate 
normality, and accordingly Spearman’s rank correlation analysis was performed. We examined the rank corre-
lations between the Coordination Pattern Index during juggling under the free tempo condition and each RQA 
index. Furthermore, we analyzed the correlation between each RQA index and the Coordination Pattern Index or 
performance on the adaptation task (%Asynchrony). For the analyses in Figs. 1B and 3, we performed a Fisher z 
transformation for the individual correlation coefficient, and calculated 95% confidence intervals from the mean 
z-value to examine the robustness of the statistical results. Furthermore, we performed the Bonferroni correction 
for each analysis to prevent the inflation of false positive rates. The significance level was set at 0.41% (α = 0.0041) 
for analyses in Figs. 3, 4, and 5B. In addition, the statistical data used to analyze the correlations for each partici-
pant in Figs. 1B and 3 are attached in the Supplementary Information.

Data availability
The datasets generated during and/or analysed during the current study are available from the corresponding 
author on reasonable request.

Received: 4 July 2019; Accepted: 4 February 2020;
Published: xx xx xxxx

References
 1. Seifert, L., Button, C. & Davids, K. Key properties of expert movement systems in sport. Sports. Med. 43, 167–178 (2013).
 2. Newell, K. Constraints on the development of coordination. In M. G. Wade & H. T. A. Whiting (Eds.), Motor development in 

children: Aspects of coordination and control, 314–360 (1986).
 3. Schmidt, R. C. & Fitzpatrick, P. Dynamical perspective on motor learning. In H. N. Zelanik (Ed.), Advances in motor learning and 

control. Champaign, IL: Human Kinetics, 195–223 (1996).
 4. Kudo, K., Tsutsui, S., Ishikura, T., Ito, T. & Yamamoto, Y. Compensatory coordination of release parameters in a throwing task. J. 

Mot. Behav. 32, 337–345 (2000).
 5. Pinder, R. A., Davids, K. & Renshaw, I. Metastability and emergent performance of dynamic interceptive actions. J. Sci. Med. Sport. 

15, 437–443 (2012).
 6. Hristovski, R., Davids, K., Araújo, D. & Button, C. How boxers decide to punch a target: Emergent behaviour in nonlinear dynamical 

movement systems. J. Sport. Sci. Med. 5, 60–73 (2006).
 7. Thelen, E. et al. The transition to reaching: Mapping intention and intrinsic dynamics. Child. Dev. 64, 1058–1098 (1993).
 8. King, A. C., Ranganathan, R. & Newell, K. M. Individual differences in the exploration of a redundant space-time motor task. 

Neurosci. Lett. 529, 144–9 (2012).
 9. Kostrubiec, V., Zanone, P. G., Fuchs, A. & Kelso, J. A. S. Beyond the blank slate: routes to learning new coordination patterns depend 

on the intrinsic dynamics of the learner—experimental evidence and theoretical model. Front. Hum. Neurosci. 6, 1–14 (2012).
 10. Seifert, L., Boulanger, J., Orth, D. & Davids, K. Environmental design shapes perceptual-motor exploration, learning, and transfer 

in climbing. Front. Psychol. 6, 1819 (2015).
 11. Schmidt, R. C. & Turvey, M. T. Long-term consistencies in assembling coordinated rhythmic movements. Hum. Mov. Sci. 11, 

349–376 (1992).
 12. Yamamoto, K., Tsutsui, S. & Yamamoto, Y. Constrained paths based on the Farey sequence in learning to juggle. Hum. Mov. Sci. 44, 

102–110 (2015).
 13. Park, S. W., Dijkstra, T. M. H. & Sternad, D. Learning to never forget—time scales and specificity of long-term memory of a motor 

skill. Front. Comput. Neurosci. 7, 1–13 (2013).
 14. Nourrit-Lucas, D., Zelic, G., Deschamps, T., Hilpron, M. & Delignières, D. Persistent coordination patterns in a complex task after 

10 years delay. Subtitle: How validate the old saying ‘Once you have learned how to ride a bicycle, you never forget!’ Hum. Mov. Sci. 
32, 1365–1378 (2013).

 15. Thelen, E. Motor development: A new synthesis. Am. Psychol. 50, 79–95 (1995).
 16. Ikegami, T., Hirashima, M., Taga, G. & Nozaki, D. Asymmetric transfer of visuomotor learning between discrete and rhythmic 

movements. J. Neurosci. 30, 4515–4521 (2010).
 17. Yamamoto, K., Shinya, M. & Kudo, K. Asymmetric adaptability to temporal constraints among coordination patterns differentiated 

at early stages of learning in juggling. Front. Psychol. 9, 807 (2018).
 18. Kelso, J. A. S. Phase transitions and critical behavior in human bimanual coordination. Am. J. Physiol. Integr. Comp. Physiol. 246, 

R1000–R1004 (1984).
 19. Kelso, J. A. S. Dynamic Patterns: The Self-Organization of Brain and Behavior. Cambridge: The MIT Press (1995).
 20. Haken, H., Kelso, J. S. & Bunz, H. A theoretical model of phase transitions in human hand movements. Biol. Cybern. 51, 347–356 

(1985).

https://doi.org/10.1038/s41598-020-60066-7


1 1Scientific RepoRtS |         (2020) 10:3058  | https://doi.org/10.1038/s41598-020-60066-7

www.nature.com/scientificreportswww.nature.com/scientificreports/

 21. Fontaine, R. J., Lee, T. D. & Swinnen, S. P. Learning a new bimanual coordination pattern: Reciprocal influences of intrinsic and to-
be-learned patterns. Can. J. Exp. Psychol. 51, 1–9 (1997).

 22. Lee, T. D., Swinnen, S. P. & Verschueren, S. Relative phase alterations during bimanual skill acquisition. J. Mot. Behav. 27, 263–274 
(1995).

 23. Schöner, G., Zanone, P. G. & Kelso, J. A. S. Learning as change of coordination dynamics: Theory and experiment. J. Mot. Behav. 24, 
29–48 (1992).

 24. Wenderoth, N. & Bock, O. Learning of a new bimanual coordination pattern is governed by three distinct processes. Mot. Control. 
5, 23–35 (2001).

 25. Zanone, P. G. & Kelso, J. A. S. Evolution of behavioral attractors with learning: Nonequilibrium phase transitions. J. Exp. Psychol. 
Hum. Percept. Perform. 18, 403–421 (1992).

 26. Zanone, P. G. & Kelso, J. A. S. The coordination dynamics of learning: Theoretical structure and experimental agenda. In Interlimb 
Coordination. 461–490 (1994).

 27. Walter, C. B. & Swinnen, S. P. The formation and dissolution of “bad habits” during the acquisition of coordination skills. In Interlimb 
Coordination. 491–513 (1994).

 28. Fujii, S., Kudo, K., Ohtsuki, T. & Oda, S. Intrinsic constraint of asymmetry acting as a control parameter on rapid, rhythmic 
bimanual coordination: a study of professional drummers and nondrummers. J. Neurophysiol. 104, 2178–86 (2010).

 29. Miura, A., Kudo, K., Ohtsuki, T. & Kanehisa, H. Coordination modes in sensorimotor synchronization of whole-body movement: a 
study of street dancers and non-dancers. Hum. Mov. Sci. 30, 1260–1271 (2011).

 30. Wenderoth, N., Bock, O. & Krohn, R. Learning a new bimanual coordination pattern is influenced by existing attractors. Mot. 
Control. 6, 166–182 (2002).

 31. Kostrubiec, V. & Zanone, P. G. Memory dynamics: Distance between the new task and existing behavioural patterns affects learning 
and interference in bimanual coordination in humans. Neurosci. Lett. 331, 193–197 (2002).

 32. Beek, P. J. & Beek, W. J. Tools for constructing dynamical models of rhythmic movement. Hum. Mov. Sci. 7, 301–342 (1988).
 33. Kay, B. A., Kelso, J. A. S., Saltzman, E. L. & Schöner, G. Space-time behavior of single and bimanual rhythmical movements: data and 

limit cycle model. J. Exp. Psychol. Hum. Percept. Perform. 13, 178–192 (1987).
 34. Kugler, P. N., Kelso, J. S. & Turvey, M. T. 1 On the concept of coordinative structures as dissipative structures: I. Theoretical lines of 

convergence. In Advances in psychology, North-Holland, 3–47 (1980).
 35. Webber, C. L. Rhythmogenesis of deterministic breathing patterns. In Rhythms in physiological systems, Springer, Berlin, 

Heidelberg, 177–191 (1991).
 36. Richardson, M. J., Schmidt, R. C. & Kay, B. A. Distinguishing the noise and attractor strength of coordinated limb movements using 

recurrence analysis. Biol. Cybern. 96, 59–78 (2007).
 37. Kudo, K., Park, H., Kay, B. A. & Turvey, M. T. Environmental coupling modulates the attractors of rhythmic coordination. J. Exp. 

Psychol. Hum. Percept. Perform. 32, 599–609 (2006).
 38. Eckmann, J. P., Oliffson Kamphorst, O. & Ruelle, D. Recurrence plots of dynamical systems. Europhys. Lett. 4, 973–977 (1987).
 39. Marwan, N., Carmen Romano, M., Thiel, M. & Kurths, J. Recurrence plots for the analysis of complex systems. Phys. Rep. 438, 

237–329 (2007).
 40. Richardson, M. J., Lopresti-Goodman, S., Mancini, M., Kay, B. & Schmidt, R. C. Comparing the attractor strength of intra- and 

interpersonal interlimb coordination using cross-recurrence analysis. Neurosci. Lett. 438, 340–345 (2008).
 41. Riley, M. A., Balasubramaniam, R. & Turvey, M. T. Recurrence quantification analysis of postural fluctuations. Gait Posture 9, 65–78 

(1999).
 42. Schumacher, A. M., Zbilut, J. P., Webber, C. L., Schwertz, D. W. & Piano, M. R. Detection of cardiac variability in the isolated rat 

heart. Biol. Res. Nurs. 8, 55–66 (2006).
 43. Ramenzoni, V. C., Davis, T. J., Riley, M. A., Shockley, K. & Baker, A. A. Joint action in a cooperative precision task: Nested processes 

of intrapersonal and interpersonal coordination. Exp. Brain Res. 211, 447–457 (2011).
 44. Riley, M. A., Richardson, M. J., Shockley, K. & Ramenzoni, V. C. Interpersonal synergies. Front. Psychol. 2, 1–7 (2011).
 45. Kiefer, A. W. et al. Multi-segmental postural coordination in professional ballet dancers. Gait Posture 34, 76–80 (2011).
 46. Beek, P. J. & Santvoord, A. V. Learning the cascade juggle: A dynamical systems analysis. J. Mot. Behav. 24, 85–94 (1992).
 47. Schaal, S., Sternad, D., Osu, R. & Kawato, M. Rhythmic arm movement is not discrete. Nat. Neurosci. 7, 1137–1144 (2004).
 48. Ben-Tov, M., Levy-Tzedek, S. & Karniel, A. The effects of rhythmicity and amplitude on transfer of motor learning. PLoS One 7, 

e46983 (2012).
 49. Hira, R., Terada, S. I., Kondo, M. & Matsuzaki, M. Distinct functional modules for discrete and rhythmic forelimb movements in the 

mouse motor cortex. J. Neurosci. 35, 13311–13322 (2015).
 50. Hogan, N. & Sternad, D. On rhythmic and discrete movements: Reflections, definitions and implications for motor control. Exp. 

Brain Res. 181, 13–30 (2007).
 51. Hogan, N. & Sternad, D. Dynamic primitives of motor behavior. Biol. Cybern. 106, 727–739 (2012).
 52. Howard, I. S., Ingram, J. N. & Wolpert, D. M. Separate representations of dynamics in rhythmic and discrete movements: evidence 

from motor learning. J. Neurophysiol. 105, 1722–1731 (2011).
 53. Giszter, S. F. Motor primitives-new data and future questions. Curr. Opin. Neurobiol. 33, 156–165 (2015).
 54. Winter, D. A. Biomechanics and Motor Control of Human Movement, 3rd Edn. Hoboken, NJ: JohnWiley & Sons (2005).
 55. Fraser, A. M. & Swinney, H. L. Independent coordinates for strange attractors from mutual information. Phys. Rev. A 33, 1134–1140 

(1986).
 56. Abarbanel, H. D. I. Analysis of Observed Chaotic Data. N.Y.: Springer-Verlag (1995).
 57. Kennel, M. B., Brown, R. & Abarbanel, H. D. Determining embedding dimension for phase-space reconstruction using a geometrical 

construction. Phys. Rev. A 45, 3403–3411 (1992).
 58. Takens, F. Detecting strange attractors in turbulence. In Dynamical systems and turbulence, Warwick 1980. Springer, Berlin, 

Heidelberg, 366-381 (1981).
 59. Beek, P. J. Timing and phase locking in cascade juggling. Ecol. Psychol. 1, 55–96 (1989).
 60. Yang, C. C., Su, F. C. & Guo, L. Y. Comparison of neck movement smoothness between patients with mechanical neck disorder and 

healthy volunteers using the spectral entropy method. Eur. Spine J. 23, 1743–1748 (2014).

Acknowledgements
This research was supported by JSPS KAKENHI Grants-in-Aid for Scientific Research (A) No. 25242059 awarded 
to KK and a Grant-in-Aid for JSPS Fellows No. 16J10104 awarded to KY. The funders had no role in study design, 
data collection and analysis, decision to publish, or preparation of the manuscript.

Author contributions
K.Y., M.S. and K.K. contributed to the conception and design of the work, the data analysis, and interpretation of 
data. K.Y. contributed to the data acquisition and wrote the manuscript. M.S. and K.K. commented on and revised 
the manuscript.

https://doi.org/10.1038/s41598-020-60066-7


1 2Scientific RepoRtS |         (2020) 10:3058  | https://doi.org/10.1038/s41598-020-60066-7

www.nature.com/scientificreportswww.nature.com/scientificreports/

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information is available for this paper at https://doi.org/10.1038/s41598-020-60066-7.
Correspondence and requests for materials should be addressed to K.Y.
Reprints and permissions information is available at www.nature.com/reprints.
Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© The Author(s) 2020

https://doi.org/10.1038/s41598-020-60066-7
https://doi.org/10.1038/s41598-020-60066-7
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	The influence of attractor stability of intrinsic coordination patterns on the adaptation to new constraints
	Results
	Differences in stability across coordination patterns. 
	Differences in attractor stability among intrinsic coordination patterns for intermediate jugglers. 
	The relationship between adaptability and stability of attractors. 

	Discussion
	Methods
	Participants and protocol. 
	Data collection. 
	Data reduction. 
	Coordination pattern index. 
	Recurrence quantification analysis. 
	Performance of the adaptation task. 
	Statistical analysis. 

	Acknowledgements
	Figure 1 A typical example of a change in coordination pattern with a change in juggling tempo.
	Figure 2 Recurrence quantification analysis of juggling movement.
	Figure 3 Difference in stability and strength of attractors across coordination patterns in expert jugglers.
	Figure 4 Difference in stability and strength of attractors across coordination patterns in intermediate jugglers.
	Figure 5 Performance of the adaptation task for various coordination patterns and the influence of attractor stability on adaptability.




