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Rapid scotch Whisky Analysis and 
Authentication using Desorption 
Atmospheric pressure Chemical 
Ionisation Mass spectrometry
Barry L. smith1, David M. Hughes2, Abraham K. Badu-tawiah3, Rebecca eccles4, Ian Goodall4 
& simon Maher1

Whisky, as a high value product, is often adulterated, with adverse economic effects for both producers 
and consumers as well as potential public health impacts. Here we report the use of DApCI-Ms to 
analyse and chemically profile both genuine and counterfeit whisky samples employing a novel ‘direct 
from the bottle’ methodology with zero sample pre-treatment, zero solvent requirement and almost 
no sample usage. 25 samples have been analysed from a collection of blended Scotch whisky (n = 15) 
and known counterfeit whisky products (n = 10). Principal component analysis has been applied to 
dimensionally reduce the data and discriminate between sample groups. Additional chemometric 
modelling, a partial least squares regression, has correctly classified samples with 92% success rate. 
DApCI-Ms shows promise for simple, fast and accurate counterfeit detection with potential for generic 
aroma profiling and process quality monitoring applications.

Scotch Whisky is a key UK export valued at £4.3 bn in 2017. In terms of sales volumes, two out of every three 
bottles of Scotch exported are blended Scotch or blended malts1. Blended Scotch Whiskies are crafted by amalga-
mation of at least one single malt and one single grain whisky, overseen by highly experienced blenders. Sensory 
analysis is used to determine which grain and malt Whiskies are selected to produce a consistently blended Scotch 
that must pass the test of the typically astute Scotch consumer. Due to its high value and premium status, there is 
a clear incentive for fraud and adulteration of this beverage2.

The counterfeiting of spirits can be divided into two types. There is the fraudulent imitation of legitimately 
branded products, including refilling, fabrication and tampering (brand counterfeits). There is also the marketing 
of products as a particular spirit type, such as Scotch Whisky, when they are not compliant with the required pro-
duction and labelling legislation (generic counterfeits). Spirit brand owners and regulatory enforcement officers 
are amongst the stakeholders that contend with counterfeiting. Counterfeiting is unregulated and exhibits large 
variability in base ingredients, distillation and production processes3.

Detection and classification of counterfeit Scotch is important to the Scotch Whisky industry to maintain 
brand integrity, consumer confidence and ultimately profitability. Variability in counterfeit production has very 
serious implications for quality control with potentially life threatening consequences for consumers4. The Scotch 
Whisky industry obtains authenticity enforcement in law via the Scotch Whisky Regulations 2009, SI 2009/2890 
governing the distillation and maturation of genuine whisky. These include: (i) distillation exclusively in Scotland, 
using water and malted barley to which other whole grain cereals can be added, (ii) aged entirely in oak barrels for 
no fewer than 3 years, (iii) free from additives with the exception of caramel colourant and water, (iv) minimum 
alcoholic strength of 40% by volume5.

Mass spectrometry (MS) methods are well established and reliable at detecting counterfeit Scotch. 
Authenticity is determined via quantification of volatile higher alcohol congeners and age-related congeners 
present in whisky6,7. Deviation from defined concentration limits for one or more analytes results in a suspect or 
counterfeit classification. For this purpose, high performance laboratory-based instrumentation and hyphenated 
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techniques (GC-MS or HPLC-MS) are routinely used8,9. Relatively complex sample pre-treatment stages9 and 
long analysis times severely limit throughput rates. Some classification methods additionally require high reso-
lution MS10,11. Increasingly sophisticated techniques and higher instances of counterfeiting motivates develop-
ment of a high throughput solution that provides rapid assessment of authenticity. Developing such an analytical 
method to screen for counterfeit Scotch in a general-purpose fashion, must overcome the challenge of identifying 
counterfeits from a chemically diverse range of genuine samples.

Ambient ionisation (AI) MS is one the most promising routes toward high throughput MS-based screening 
for food safety12–14. AI approaches have certain advantages which generally lead to a reduction in experimental 
complexity with vastly reduced sample preparation, resulting in substantial improvements for sample throughput. 
AI MS has found increasing applications in food fraud detection, for example, direct analysis in real time (DART), 
a popular ‘point-and-shoot’ ambient ionisation source was used to analyse 343 red and white wine samples using 
metabolic fingerprinting and advanced chemometrics15,16. Recently, an AI technique known as paper spray17–20, 
that generates ions from a wetted paper substrate with a high voltage applied, has been used to classify whisky21,22.

Desorption atmospheric pressure chemical ionisation (DAPCI) is one of a number of AI sources capable of 
desorbing and ionising analyte molecules for mass spectrometric analysis directly from a sample in the open envi-
ronment23. For example, DAPCI has been used to differentiate Cinnamomum camphora chemotypes directly from 
raw plant tissue24 and for the detection of melamine in powered or liquid milk25. DAPCI-MS offers some advan-
tages over other AI techniques that make it especially suitable for direct, rapid chemical analysis of Scotch. As has 
been reported26, flavour components in whisky tend to co-localise preferentially at the liquid-air interface in mix-
tures that contain up to 45 vol-% of ethanol rather than in the bulk liquid. Low charged reagent gas flow rates ena-
ble direct liquid interrogation at precisely the site where the concentration of flavour components is maximised. 
We hypothesised that this can be accomplished by gently perturbing the surface of the whisky, direct from the bot-
tle without back scattering of liquid droplets. DAPCI generates highly fluent primary charge carriers without the 
necessity for additional solvent and therefore avoidance of any liquid phase spray effluent. This makes DAPCI an 
ideal candidate for online process monitoring of analytical Scotch ‘fingerprints’ with batch variability compliance, 
where contamination from solvent spray effluent would be highly undesirable27. In this configuration, DAPCI 
requires virtually no sample usage and no sample preparation, which is highly advantageous for non-targeted 
approaches were sample preparation can impact on the accuracy of the analytical results28. Chen et al.  
have demonstrated that rapid collection of DAPCI-MS data can be reliably classified using chemometric tech-
niques29–31. The DAPCI source has been successfully miniaturised to the point of hand-held portability32,33 and 
coupled directly to portable MS instrumentation34, demonstrating its feasibility for use in mobile environments. 
This opens a number of possibilities, for example, providing an on-the-spot assessment to provide sufficient 
grounds to seize and hold Scotch pending more thorough analysis.

In this study, DAPCI-MS was employed to collect mass spectra from a total of 25 whisky samples, without any 
sample preparation or solvent addition, direct from the bottle with virtually no sample usage; the entire sampling 
and analysis time is ~20 seconds per sample (Fig. 1). MS spectral ‘fingerprints’ were analysed using principal 
component analysis (PCA) and score plots obtained to visualise the difference between authentic and counter-
feit whisky. Further modelling through partial least squares-discriminant analysis (PLS-DA) is used to predict 
authenticity of a test set from a training dataset. To the authors’ knowledge, this study represents the first time 
that direct-from-the-bottle chemical analysis and authenticity assessment of Scotch has been performed with an 
ambient desorption/ionisation source, providing rapid analysis without any sample preparation requirements.

Results and Discussion
Fingerprinting of authentic and counterfeit whisky samples by DApCI-Ms. To maintain signal 
stability for a relatively wide mass window, the average relative standard deviation (RSD) across all data points 
for the 10 measurements was deemed an appropriate metric to determine the optimum experimental conditions, 

Figure 1. CAD illustration of DAPCI-MS analysis of Scotch.
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as discussed in the methods section. The average RSDs for all mass points in each sample were as follows: 9.3%, 
9.8%, 10.3% and 11.3% for brand 1, brand 2, brand 3 and counterfeits samples, respectively (Supplementary 
Fig. S1). A proportion of the variance can be accounted for by the batch production processes used when blending 
multiple whiskies into a consistently blended Scotch. The remaining variance is likely due to experimental fluctu-
ations as a consequence of the inherent nature of direct sampling in the open environment. Given the simplicity 
of the experiment, reasonably high throughput rate (of 3 samples per minute) and lack of sample handling or 
pre-treatment stages, the variance within this experimental method is well-controlled.

A rudimentary analysis of the dataset reveals distinct differences between authentic and counterfeit samples 
under DAPCI-MS interrogation. Averaged mass spectra from three branded Scotch whiskies and 3 counterfeits 
are shown in Fig. 2. Differences between the mass spectra for authentic and counterfeit samples can be readily 
observed by visual inspection. Moreover, the spectra from the three different brands show close similarity. A holis-
tic consideration of the total number of peaks in the dataset, reveals an average increase of 7.6% in the authentic 
samples over counterfeit samples (Supplementary Fig. S2). This is not an unexpected result since it is well known 
that the maturation process in Scotch adds to the chemical richness of the whisky. Volatile aroma imparting 
compounds include lignin derived metabolites from the cask wood used to mature the Scotch35. Counterfeit 
samples will generally avoid (or skimp) the correct and lengthy (>3 years) maturation process in casks. Genuine 
samples are therefore more likely to show higher levels of chemical diversity reflecting the higher abundance of 
peaks present in the samples as a whole. The three counterfeit samples shown in Fig. 2((d) S16-0226, (e) S16-0810 
and (f) S16-0940) exhibit distinct differences not only in respect to the genuine Scotch spectra but also amongst 
themselves. This is entirely expected since there is no typical counterfeit sample. The chemical composition of 
counterfeited Scotch naturally reflects the manufacturing processes used to defraud. Typical examples include: 
rebranding of lower quality less mature whiskies as being more expensive, mature whiskies; dilution of genuine 
produce with either water or ethanol; industrially produced ‘moonshine’, a term used to denote whisky that has 
not been through cask maturation; and, relabelling of foreign, mature whisky as Scotch. The latter is likely the 

Figure 2. DAPCI-MS spectral ‘fingerprints’ from 3 authentic brands of whisky and 3 counterfeit samples (after 
post-processing to remove ethanol clusters). (a) Mean spectra of Brand 1. (b) Mean spectra of Brand 2. (c) Mean 
spectra of Brand 3. (d) Individual counterfeit sample S16-0226. (e) Individual counterfeit sample S16-0810.  
(f) Individual counterfeit sample S16-0940.
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most difficult to capture with DAPCI-MS. Further analysis, considering the total ion current distribution defined 
over a set of given m/z ranges, reveals further interesting trends. For instance, over the ranges of m/z 10–100, 100–
200, 200–300 and 300–400, an average increase in the ion abundance of lower mass regions for authentic samples 
is observed; there is a corresponding increase in the higher mass regions for counterfeit samples (Supplementary 
Fig. S3). Such trends within the data could potentially be used to enhance classification.

Chemical analysis of whisky samples by DApCI-Ms. All DAPCI spectra of Scotch are dominated by 
highly abundant protonated ethanol (M.W. 46) clusters in positive ion mode, m/z 47, 93, 139, 185, 231 and 277 
(Supplementary Fig. S4). DAPCI operation in solventless mode utilises atmospheric water to facilitate primary 
proton donation to analyte molecules. In the case of whisky analysis, higher proton affinity (776.4 kJ/mol) and 
lower vapour pressure of ethanol in comparison to water (691 kJ/mol) causes water to be displaced as the primary 
reagent ion in favour of vapour phase ethanol. Due to the high abundance of ethanol in the native sample, it is not 
possible to de-solvate entirely the ethanol peaks. To visualise the spectral differences between samples, the highly 
abundant ethanol clusters were removed in software (Fig. 2). In Fig. 2, spectrum (a) is the mean for all brand 1 
samples, spectrum (b) is the mean for all brand 2 samples and spectrum (c) is the mean of all brand 3 samples. 
The mean spectra for all three authentic brands exhibit remarkable consistency in terms of peak abundance and 
mass positions. A high degree of ‘chemical richness’ can be observed, reflecting the complexity and diversity of 
the native whisky matrix.

Well-known major constituents of whisky, aside from ethanol and water, are volatile alcohol congeners also 
called higher oils formed during ethanol fermentation. R. Aylott et al.6 devised a quantitative methodology to 
determine authentication of Scotch based on higher alcohol and related congener concentrations: Acetaldehyde 
(M.W. 44), Methanol (M.W. 32), Ethyl Acetate (M.W. 88.11), n-Propanol (M.W. 61.09), Iso-Butanol (M.W. 74.12), 
2-Methyl-1-butanol (M.W. 88.15) and 3-Methyl-1-butanol (M.W. 88.15). Deviation from normal concentration 
ranges for one or more of the major congeners can be considered as a red flag for authenticity. Supplementary 
Fig. S4 shows the corresponding mass spectral peaks suspected to correspond to these alcohols in protonated 
form (m/z 33, 45, 61, 75.1, 89.1). A rapid qualitative assessment of authenticity can be obtained by observing 
the stability of genuine brands and significant deviation in at least two of the data points for the counterfeit 
samples. Further markers provided6 include age related congeners: Vanillic Acid (M.W. 168.14), Syringic Acid 
(M.W. 198.17), Vanillin (M.W. 152.15), Syringaldehyde (M.W. 182.17) and Furfural (M.W. 96). Figure 3 shows 
the relative abundance of the suspected corresponding protonated peaks (m/z 97 169.1, 199.2, 153.1 and 183.2), 
where significant deviation can be observed for all of the counterfeit samples for at least one of the marker peaks 
and eight of the counterfeit samples show deviation in at least two of the marker peaks.

principal component analysis of whisky by DApCI-Ms. A principal component analysis (PCA) model 
was built using mean centred data on the first 3 principal components (PC) accounting for 78.3% of the total vari-
ance (35.9%, 22.9% and 19.5% for PC1, PC2 and PC3 respectively). PCA score plots are presented in Fig. 4(a) PC1 
versus PC2 and (b) PC2 versus PC3. Examination of the PCA model shows good separation across the vertical 
axis on PC1, the component explaining the largest proportion of the variance. All of the authentic samples (green 
triangles) yield positive scores on PC1 and 70% of the counterfeit samples (red circles) yield negative scores (on 
PC1). Tightly clustered authentic samples and relatively dispersed counterfeit samples can be observed, reflecting 
the varied nature of counterfeiting and the similarity of the branded samples. Therefore, we can say that PC1 is 
the component that best characterises the authenticity of Scotch using DAPCI-MS. Examination of Fig. 3b, shows 
separation across both the 2nd and 3rd PCs based on the brand characteristics. PC2 appears a reliable indicator 
for brand characteristics: Brand 1 yields negative scores on the vertical axis, whilst Brands 2 and 3 give positive 

Figure 3. Intensity heat map for selected peaks m/z 33, 45, 61.1 75.1, 89.1, 97, 169.1, 199.2, 153.1 and 183.2 for 
each sample.
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scores. Brand 3 can be separated along the horizontal PC3 axis, with four out of five samples yielding positive 
scores and all of brand 1 and 2 samples yielding negative scores. PC2 and PC3 scores are likely a function of the 
flavour profile, cask type, or maturation age of whisky.

Inspection of the loadings of PC1 (Fig. 5) indicates those variables most responsible for the separation of 
authentic and counterfeit samples. The largest contribution to authentic samples came from four markers m/z 
57, 71, 135 and 181. Counterfeit samples could mainly be distinguished by four marker peaks at m/z 64, 110, 156 
and 214. Supplementary Fig. S5 displays the relative intensity heat map for authenticity markers identified by the 
PCA loadings plot. It is clear that there is at least 1 marker ion in all of the counterfeit samples that significantly 
deviates in relative signal intensity from the genuine samples, whilst 7 counterfeit samples exhibit multiple devi-
ations. The loadings plot for PC3 (Supplementary Fig. S6) indicates major markers for Brand 3 are cations m/z 
173, 201, 219, 229 and 247. This can be readily observed by inspection of the mass spectra (see Fig. 2), where the 
peaks at m/z 201, 219 and 247 can be used to identify this brand. Interestingly, cation m/z 229.3 (which we con-
firmed as being ethyl dodecanoate (M.W. 228.3)) was recently identified as a major marker for authenticity using 
a chemical ionisation (CI) source in positive mode with high resolution MS instrumentation11. Ethyl dodecanoate 
is an ester commonly found in whisky which has a waxy aroma. In conjunction with other esters, it contributes 
to the primary aroma profile of whisky. In our case, the relative abundance at m/z 229.3 is consistently slightly 
lower in the counterfeit samples than the authentic samples (except in one case where it was significantly higher). 
Supplementary Fig. S7 confirms this identity, showing MS/MS data using collision induced dissociation (CID) for 
the parent ion, m/z 229.3 (from authentic Scotch sample S14-3233). The daughter ion at m/z 201, corresponding 
to a neutral loss of 28, is in agreement with Pichini et al.36 for the same cone voltage (20 V) and collisional energy 
(10 eV) who performed an LC-MS/MS experiment assessing the presence of alcohol in postnatal meconium.

Figure 4. Principal component analysis results from DAPCI-MS analysis of Scotch: (a) PCA score plot of PC1 
and PC2 with figure legend symbols denoting authentic (triangles) and fake (circles) samples. (b) PCA score 
plot of PC2 and PC3 with figure legend symbols denoting the different brands.

Figure 5. Principal component loading results for principal component 1.
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An additional targeted PCA model (Supplementary Fig. S8) was generated using a smaller pool of suspected 
peaks assigned to alcohol congeners and age related congeners (m/z 33, 45, 75.1, 89.1, 97, 169.1, 199.2, 153.1 and 
183.2), as illustrated in Fig. 3. All the of the authentic samples yielded positive PC1 scores and nine out of ten 
of the counterfeit samples yielded negative scores on PC1. Selection of features based on published methods to 
established Scotch authenticity, coupled with almost complete separation across PC1, suggests that the alcohol 
and age related congeners are desorbed and ionised during direct DAPCI-MS analysis of Scotch. This result sug-
gests that DAPCI-MS has much potential to be used for targeted chemical assessments of Scotch and potentially 
other foodstuffs.

Classification of genuine and authentic whisky by DAPCI-MS. A partial least squares discriminant 
analysis (PLS-DA) model was compiled from the full dataset. Unlike PCA, PLS-DA is a supervised learning 
technique whereby class information is fed into the model rather than relying on visual inspection. Furthermore, 
PLS-DA enables class predictions of unknown samples based on model parameters generated from known sam-
ple data. The optimum PLS-DA model was built using only two latent variables (LV) accounting for 73.3% of the 
variance in y and 45.3% of the variance in x. Figure 6 illustrates an example of predicted values resulting from a 
PLS-DA model when randomly partitioning the data into training and 20% holdout test sets (datasets not used 
to generate the model). Only one of the training set samples was incorrectly classified (S16-0807). Prior testing 
by SWRI using conventional GC and LC methods found sample (S16-0807) to have a profile consistent with 
the higher alcohol and related congeners referred to earlier, and a profile of age related congeners which, whilst 
judged as inconsistent with acceptable cask maturation, was close to the limits of what might be considered 
acceptable. Model validation was performed as outlined in the methods section and the figures of merit for the 
model are as follows: sensitivity (true positive rate), 100%; specificity, 80% (true negative rate); area under receiver 
operating characteristic curve (AUROC), 0.89; and an overall classification error rate of 8%.

Variables important in projection (VIP) score plot (Fig. 7), indicates the peak location and intensity values 
that contribute most to the class discrimination; the higher the score, the more important the variable. Figure 7 
indicates that m/z 57, 71, 110, 135, 167, 181, 214 are the variables most responsible for the classification. It is in 
excellent agreement with the PC1 loadings plot (Fig. 4); the most important variables in each case are consistent. 
Almost identical results from two independently generated models is a good indicator of the reliability of the 
approach in Scotch authenticity classification using DAPCI-MS. Further improvements to the robustness, accu-
racy and generality of the model could likely be improved by increasing the sample set size.

Conclusions
A non-targeted DAPCI-MS methodology combined with chemometric techniques, PCA and PLS-DA, has been 
utilised to determine blended Scotch Whisky authenticity. A sample set of 15 authentic branded samples (5x sam-
ples from 3 different Scotch brands, exhibiting batch variability) and 10 counterfeit samples were analysed directly 
from the bottle with no sample pre-treatment and virtually no sample usage, nor addition of any solvent. A suc-
cessful classification rate of 92% was achieved for the samples analysed using PLS-DA. DAPCI-MS shows promis-
ing potential to be an effective technique for rapid in-situ screening to determine authenticity of Scotch. DAPCI is 
a ‘green’ ambient source requiring no additional solvents to generate clean, informative spectra. The performance 
of this approach coupled with the simplicity and speed of analysis opens up the possibility for continuous process 
monitoring to provide a qualitative assessment of batch analytical ‘fingerprints’. Despite the limited sample size, 
the high degree of separation in PCA space for authenticity and inter brand with batch variability is compelling 
evidence that the separation is based on (semi)volatile components found in Scotch and their production depend-
ent profiles. It is reasonable to conclude that the methodology presented here would be of interest to producers of 
other high value spirits that are subjected to fraud such as wine, brandy and rum.

Figure 6. Predictions of the PLS-DA Model. Red circle markers denote counterfeit samples.
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Materials and Methods
Ms settings. All DAPCI-MS experiments were performed on a Waters Xevo triple quadrupole mass spec-
trometer (TQ MS). Full MS scan mode was used with a mass acceptance window of 10 to 400 amu. Each sample 
was analysed for 20 seconds (10 × 2 second scans) delivering a throughput rate of 3 samples per minute. The 
source temperature was maintained at 100 °C. The cone voltage was set to 50 V, optimised to attain good trans-
mission of ions in the range of interest (10–400 amu) whilst ensuring a high degree of ethanol de-clustering. No 
further optimisations were performed and the remaining instrument settings were left as per the manufacturer 
recommendations.

DApCI-Ms settings. A bespoke DAPCI-MS interface was designed and constructed, to facilitate moderately 
high throughput, automated liquid sampling directly from a bottle and reliable control of experimental parame-
ters. Figure 8 shows the design and construction of the interface. For this study, both MS and DAPCI were oper-
ated in positive ion mode. 4 kV was applied to the DAPCI electrode to facilitate a corona discharge. A nitrogen 
gas flow of 0.4LPM, controlled using a variable flow meter, was directed inline with the electrode as per normal 
DAPCI operation. A number of primary reagent ions and secondary cluster ions were generated to interact with 
the liquid surface, performing ionisation/desorption under ambient conditions. The nitrogen gas was further 
heated to 60 °C using an Omega Engineering inline heating element with integrated K-Type thermocouple pro-
viding feedback to an Omron E5CB PID temperature controller aiding thermal desorption of analyte ions within 
the complex whisky matrix. The DAPCI ion source was placed 8 mm from the inlet and at 30° to the sample. The 
distance between the needle tip and the sample was approximately 5 mm. Prior optimisation tests found that the 
probe to sample angle was of importance, in terms of the number of measured peaks and the measurement sta-
bility. Steeper angles >45° and higher gas flow rates, whereby the charged gas interaction with the liquid surface 
was more vigorous, intensified the number of peaks in the spectra, however this was accompanied by an increase 
in the overall RSDs. An angle of 30° and flow rate of 0.4LPM were selected as the gas was gently perturbing the 
surface which resulted in a reduction in the number of measured peaks but provided sufficiently stable data with 
acceptable variance. Angles lower than ~20° resulted in fewer peaks being present in the dataset.

Figure 7. VIP score result from PLS-DA model.

Figure 8. CAD illustration and implementation of the bespoke DAPCI-MS interface.

https://doi.org/10.1038/s41598-019-44456-0


8Scientific RepoRts |          (2019) 9:7994  | https://doi.org/10.1038/s41598-019-44456-0

www.nature.com/scientificreportswww.nature.com/scientificreports/

Chemicals and reagents. 25 samples provided by the Scotch Whisky Research Institute (SWRI) comprising 
15 genuine samples and 10 known counterfeits were analysed during this study. Authenticity and provenance 
were confidently determined prior to DAPCI-MS analysis using standard SWRI GC and LC methodologies. 
Supplementary Table S1 shows the labelling scheme employed within the study along with sample descriptions 
for each sample analysed. Samples were interrogated by DAPCI-MS in a random order to minimise any mem-
ory effects or residual carryover to reduce any bias to the subsequent data analysis. No additional solvent or 
pre-treatment stages were applied and the samples were directly analysed in the containers in which they arrived.

Data analysis. Raw data collected from each sample was held in separate Mass Lynx files and given appro-
priate labels based on sample numbers found in Supplementary Table S1. Conversion from Mass Lynx.RAW 
to.mzXML file format was completed to aid post-processing and chemometric analysis in Matlab R2017b 
(Mathworks). The Bioinformatics toolbox function “mzxmlread”37 was used to extract the scan data in the 
mzXML file and produced a data structure containing the intensity information from the scan data held in 
each file. Each scan was normalised to the total ion current and smoothed using Matlab functions “msloss” and 
“msnorm”. Groups of 10 spectra were then averaged to produce 1 data row consisting of 6011 m/z points (inde-
pendent variables) and associated relative intensity value (dependant variables). A final column assigning a cat-
egorical descriptor, authentic or fake, was appended to give a total data structure consisting of 25 rows and 6012 
columns. Performance of the model was analysed following guidance from the work of Cavanna et al.28, 10 times 
leave-one-out cross-validation was used to assess model accuracy, and prevent overfitting.

References
 1. Association, S. W. Scotch Whisky Export Analysis. (2018).
 2. Wiśniewska, P., Dymerski, T., Wardencki, W. & Namieśnik, J. Chemical composition analysis and authentication of whisky. Journal 

of the Science of Food and Agriculture 95, 2159–2166, https://doi.org/10.1002/jsfa.6960 (2014).
 3. Aylott, R. In Comprehensive Analytical Chemistry Vol. 60 (eds Miguel de la Guardia & Ana Gonzálvez) 409–438 (Elsevier, 2013).
 4. Kew, W., Mackay, C. L., Goodall, I., Clarke, D. J. & Uhrín, D. Complementary Ionization Techniques for the Analysis of Scotch 

Whisky by High Resolution Mass Spectrometry. Analytical Chemistry, https://doi.org/10.1021/acs.analchem.8b01446 (2018).
 5. The Scotch Whisky Regulations 2009. (Accessed (September 28th 2018)).
 6. Aylott, R. I. & MacKenzie, W. M. Analytical Strategies to Confirm the Generic Authenticity of Scotch Whisky. Journal of the Institute 

of Brewing 116, 215–229, https://doi.org/10.1002/j.2050-0416.2010.tb00424.x (2012).
 7. Aylott, R. I., Clyne, A. H., Fox, A. P. & Walker, D. A. Analytical strategies to confirm Scotch whisky authenticity. Analyst 119, 

1741–1746, https://doi.org/10.1039/AN9941901741 (1994).
 8. González-Arjona, D., González-Gallero, V., Pablos, F. & Gustavo González, A. Authentication and differentiation of irish whiskeys 

by higher-alcohol congener analysis. Analytica Chimica Acta 381, 257–264, https://doi.org/10.1016/S0003-2670(98)00764-8 (1999).
 9. Fitzgerald, G., James, K. J., MacNamara, K. & Stack, M. A. Characterisation of whiskeys using solid-phase microextraction with gas 

chromatography–mass spectrometry. Journal of Chromatography A 896, 351–359, https://doi.org/10.1016/S0021-9673(00)00737-8 
(2000).

 10. Garcia, J. S. et al. Whisky analysis by electrospray ionization-Fourier transform mass spectrometry. Food Research International 51, 
98–106, https://doi.org/10.1016/j.foodres.2012.11.027 (2013).

 11. Stupak, M., Goodall, I., Tomaniova, M., Pulkrabova, J. & Hajslova, J. A novel approach to assess the quality and authenticity of 
Scotch Whisky based on gas chromatography coupled to high resolution mass spectrometry. Analytica Chimica Acta, https://doi.
org/10.1016/j.aca.2018.09.017 (2018).

 12. Maher, S., Jjunju, F. P. & Taylor, S. Colloquium: 100 years of mass spectrometry: Perspectives and future trends. Reviews of Modern 
Physics 87, 113 (2015).

 13. Cooks, R. G., Ouyang, Z., Takats, Z. & Wiseman, J. M. Ambient mass spectrometry. Science 311, 1566–1570 (2006).
 14. Suraritdechachai, S. et al. Rapid Detection of the Antibiotic Sulfamethazine in Pig Body Fluids by Paper Spray Mass Spectrometry. 

Journal of Agricultural and Food Chemistry 67, 3055–3061, https://doi.org/10.1021/acs.jafc.9b00500 (2019).
 15. Rubert, J., Lacina, O., Fauhl-Hassek, C. & Hajslova, J. Metabolic fingerprinting based on high-resolution tandem mass spectrometry: 

a reliable tool for wine authentication? Analytical and Bioanalytical Chemistry 406, 6791–6803, https://doi.org/10.1007/s00216-014-
7864-y (2014).

 16. Cody, R. B., Laramée, J. A. & Durst, H. D. Versatile new ion source for the analysis of materials in open air under ambient conditions. 
Analytical chemistry 77, 2297–2302 (2005).

 17. Wang, H., Liu, J., Cooks, R. G. & Ouyang, Z. Paper spray for direct analysis of complex mixtures using mass spectrometry. 
Angewandte Chemie 122, 889–892 (2010).

 18. Damon, D. E. et al. 2D wax-printed paper substrates with extended solvent supply capabilities allow enhanced ion signal in paper 
spray ionization. Analyst 141, 3866–3873 (2016).

 19. Jjunju, F. P. et al. Screening and quantification of aliphatic primary alkyl corrosion inhibitor amines in water samples by paper spray 
mass spectrometry. Analytical chemistry 88, 1391–1400 (2016).

 20. Maher, S. et al. Direct analysis and quantification of metaldehyde in water using reactive paper spray mass spectrometry. Scientific 
reports 6, 35643 (2016).

 21. Teodoro, J. A. R. et al. Paper spray mass spectrometry and chemometric tools for a fast and reliable identification of counterfeit 
blended Scottish whiskies. Food Chemistry 237, 1058–1064, https://doi.org/10.1016/j.foodchem.2017.06.062 (2017).

 22. Tosato, F. et al. Paper spray ionization mass spectrometry allied to chemometric tools for quantification of whisky adulteration with 
additions of sugarcane spirit. Analytical Methods 10, 1952–1960, https://doi.org/10.1039/C8AY00071A (2018).

 23. Venter, A., Nefliu, M. & Graham Cooks, R. Ambient desorption ionization mass spectrometry. TrAC Trends in Analytical Chemistry 
27, 284–290, https://doi.org/10.1016/j.trac.2008.01.010 (2008).

 24. Guo, X. et al. Molecular differentiation of five Cinnamomum camphora chemotypes using desorption atmospheric pressure 
chemical ionization mass spectrometry of raw leaves. Scientific Reports 7, 46579, https://doi.org/10.1038/srep46579https://www.
nature.com/articles/srep46579#supplementary-information (2017).

 25. Yang, S. et al. Detection of melamine in milk products by surface desorption atmospheric pressure chemical ionization mass 
spectrometry. Analytical chemistry 81, 2426–2436 (2009).

 26. Karlsson, B. C. G. & Friedman, R. Dilution of whisky – the molecular perspective. Scientific Reports 7, 6489, https://doi.org/10.1038/
s41598-017-06423-5 (2017).

 27. Chen, H. et al. Surface desorption atmospheric pressure chemical ionization mass spectrometry for direct ambient sample analysis 
without toxic chemical contamination. Journal of mass spectrometry 42, 1045–1056 (2007).

https://doi.org/10.1038/s41598-019-44456-0
https://doi.org/10.1002/jsfa.6960
https://doi.org/10.1021/acs.analchem.8b01446
https://doi.org/10.1002/j.2050-0416.2010.tb00424.x
https://doi.org/10.1039/AN9941901741
https://doi.org/10.1016/S0003-2670(98)00764-8
https://doi.org/10.1016/S0021-9673(00)00737-8
https://doi.org/10.1016/j.foodres.2012.11.027
https://doi.org/10.1016/j.aca.2018.09.017
https://doi.org/10.1016/j.aca.2018.09.017
https://doi.org/10.1021/acs.jafc.9b00500
https://doi.org/10.1007/s00216-014-7864-y
https://doi.org/10.1007/s00216-014-7864-y
https://doi.org/10.1016/j.foodchem.2017.06.062
https://doi.org/10.1039/C8AY00071A
https://doi.org/10.1016/j.trac.2008.01.010
https://doi.org/10.1038/srep46579
https://www.nature.com/articles/srep46579#supplementary-information
https://www.nature.com/articles/srep46579#supplementary-information
https://doi.org/10.1038/s41598-017-06423-5
https://doi.org/10.1038/s41598-017-06423-5


9Scientific RepoRts |          (2019) 9:7994  | https://doi.org/10.1038/s41598-019-44456-0

www.nature.com/scientificreportswww.nature.com/scientificreports/

 28. Cavanna, D., Righetti, L., Elliott, C. & Suman, M. The scientific challenges in moving from targeted to non-targeted mass 
spectrometric methods for food fraud analysis: A proposed validation workflow to bring about a harmonized approach. Trends in 
Food Science &. Technology 80, 223–241, https://doi.org/10.1016/j.tifs.2018.08.007 (2018).

 29. Jia, B. et al. Differentiation of human kidney stones induced by melamine and uric acid using surface desorption atmospheric 
pressure chemical ionization mass spectrometry. Journal of Mass Spectrometry 46, 313–319, https://doi.org/10.1002/jms.1894 
(2011).

 30. Zhang, X. et al. Tracing Origins of Complex Pharmaceutical Preparations Using Surface Desorption Atmospheric Pressure Chemical 
Ionization Mass Spectrometry. Analytical Chemistry 82, 8060–8070, https://doi.org/10.1021/ac100407k (2010).

 31. Ouyang, Y. et al. Differential diagnosis of human lung tumors using surface desorption atmospheric pressure chemical ionization 
imaging mass spectrometry. RSC Advances 7, 56044–56053, https://doi.org/10.1039/C7RA11839B (2017).

 32. Jjunju, F. P. M. et al. Hand-Held Portable Desorption Atmospheric Pressure Chemical Ionization Ion Source for in Situ Analysis of 
Nitroaromatic Explosives. Analytical Chemistry 87, 10047–10055, https://doi.org/10.1021/acs.analchem.5b02684 (2015).

 33. Smith, B. L., Jjunju, F. P. M., Taylor, S., Young, I. S. & Maher, S. In IEEE SENSORS. 1–3 (2016).
 34. Jjunju, F. P. M. et al. Analysis of Polycyclic Aromatic Hydrocarbons Using Desorption Atmospheric Pressure Chemical Ionization 

Coupled to a Portable Mass Spectrometer. Journal of The American Society for Mass Spectrometry 26, 271–280, https://doi.
org/10.1007/s13361-014-1029-2 (2015).

 35. Roullier-Gall, C. et al. Usage of FT-ICR-MS Metabolomics for Characterizing the Chemical Signatures of Barrel-Aged Whisky. 
Frontiers in Chemistry 6, 29 (2018).

 36. Pichini, S. et al. Liquid chromatography–tandem mass spectrometry for fatty acid ethyl esters in meconium: Assessment of prenatal 
exposure to alcohol in two European cohorts. Journal of Pharmaceutical and Biomedical Analysis 48, 927–933, https://doi.
org/10.1016/j.jpba.2008.07.026 (2008).

 37. Chambers, M. C. et al. A cross-platform toolkit for mass spectrometry and proteomics. Nature Biotechnology 30, 918, https://doi.
org/10.1038/nbt.2377https://www.nature.com/articles/nbt.2377#supplementary-information (2012).

Acknowledgements
S.M. and B.L.S. acknowledge the gracious support of this work through the EPSRC and ESRC Centre for Doctoral 
Training on Quantification and Management of Risk & Uncertainty in Complex Systems & Environments (EP/
L015927/1), supported by Q Technologies. Furthermore, S.M. and B.L.S. gratefully acknowledge support from 
Waters (Wilmslow, UK).

Author Contributions
B.L.S. and S.M. designed the project. Experiments were performed by B.L.S. with support from S.M. The 
manuscript and figures were prepared by B.L.S. and S.M. Various aspects of the research ideas described were 
initiated by A.K.B.-T., D.H., R.E. and I.G. All authors reviewed the manuscript and Supplementary Information.

Additional Information
Supplementary information accompanies this paper at https://doi.org/10.1038/s41598-019-44456-0.
Competing Interests: The authors declare no competing interests.
Publisher’s note: Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© The Author(s) 2019

https://doi.org/10.1038/s41598-019-44456-0
https://doi.org/10.1016/j.tifs.2018.08.007
https://doi.org/10.1002/jms.1894
https://doi.org/10.1021/ac100407k
https://doi.org/10.1039/C7RA11839B
https://doi.org/10.1021/acs.analchem.5b02684
https://doi.org/10.1007/s13361-014-1029-2
https://doi.org/10.1007/s13361-014-1029-2
https://doi.org/10.1016/j.jpba.2008.07.026
https://doi.org/10.1016/j.jpba.2008.07.026
https://doi.org/10.1038/nbt.2377
https://doi.org/10.1038/nbt.2377
https://www.nature.com/articles/nbt.2377#supplementary-information
https://doi.org/10.1038/s41598-019-44456-0
http://creativecommons.org/licenses/by/4.0/

	Rapid Scotch Whisky Analysis and Authentication using Desorption Atmospheric Pressure Chemical Ionisation Mass Spectrometry ...
	Results and Discussion
	Fingerprinting of authentic and counterfeit whisky samples by DAPCI-MS. 
	Chemical analysis of whisky samples by DAPCI-MS. 
	Principal component analysis of whisky by DAPCI-MS. 
	Classification of genuine and authentic whisky by DAPCI-MS. 

	Conclusions
	Materials and Methods
	MS settings. 
	DAPCI-MS settings. 
	Chemicals and reagents. 
	Data analysis. 

	Acknowledgements
	Figure 1 CAD illustration of DAPCI-MS analysis of Scotch.
	Figure 2 DAPCI-MS spectral ‘fingerprints’ from 3 authentic brands of whisky and 3 counterfeit samples (after post-processing to remove ethanol clusters).
	Figure 3 Intensity heat map for selected peaks m/z 33, 45, 61.
	Figure 4 Principal component analysis results from DAPCI-MS analysis of Scotch: (a) PCA score plot of PC1 and PC2 with figure legend symbols denoting authentic (triangles) and fake (circles) samples.
	Figure 5 Principal component loading results for principal component 1.
	Figure 6 Predictions of the PLS-DA Model.
	Figure 7 VIP score result from PLS-DA model.
	Figure 8 CAD illustration and implementation of the bespoke DAPCI-MS interface.




