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A Bayesian network analysis quantifying risks versus benefits
of the Pfizer COVID-19 vaccine in Australia
Jane E. Sinclair 1, Helen J. Mayfield2, Kirsty R. Short1, Samuel J. Brown 1, Rajesh Puranik3,4, Kerrie Mengersen5,
John C. B. Litt 6,7,8 and Colleen L. Lau 2,8✉

The Pfizer COVID-19 vaccine is associated with increased myocarditis incidence. Constantly evolving evidence regarding incidence
and case fatality of COVID-19 and myocarditis related to infection or vaccination, creates challenges for risk-benefit analysis of
vaccination. Challenges are complicated further by emerging evidence of waning vaccine effectiveness, and variable effectiveness
against variants. Here, we build on previous work on the COVID-19 Risk Calculator (CoRiCal) by integrating Australian and
international data to inform a Bayesian network that calculates probabilities of outcomes for the delta variant under different
scenarios of Pfizer COVID-19 vaccine coverage, age groups (≥12 years), sex, community transmission intensity and vaccine
effectiveness. The model estimates that in a population where 5% were unvaccinated, 5% had one dose, 60% had two doses and
30% had three doses, there was a substantially greater probability of developing (239–5847 times) and dying (1430–384,684 times)
from COVID-19-related than vaccine-associated myocarditis (depending on age and sex). For one million people with this vaccine
coverage, where transmission intensity was equivalent to 10% chance of infection over 2 months, 68,813 symptomatic COVID-19
cases and 981 deaths would be prevented, with 42 and 16 expected cases of vaccine-associated myocarditis in males and females,
respectively. These results justify vaccination in all age groups as vaccine-associated myocarditis is generally mild in the young, and
there is unequivocal evidence for reduced mortality from COVID-19 in older individuals. The model may be updated to include
emerging best evidence, data pertinent to different countries or vaccines and other outcomes such as long COVID.
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INTRODUCTION
In December 2020, the Pfizer vaccine (BNT162b2; Cormirnaty)
became the first COVID-19 vaccine to be authorised for public
use1, and has since had >1.5 billion doses delivered to 131
countries2,3. In June 2021, reports linking the Pfizer vaccine to
myocarditis, especially in male adolescents and young adults,
started to emerge in Israel4 and the USA5. Despite low case
numbers, this association informed government policies surround-
ing a slower vaccine rollout in younger age groups around the
world6. Furthermore, intense media focus on this uncommon
adverse event may have contributed to an increase in vaccine
hesitancy in younger age groups7, especially in Australia where it
was the only COVID-19 vaccine recommended for those aged
under 60 years at the time8.
Having access to transparent information on the risks and

benefits based on the current best available evidence is crucial for
individuals to make an informed decision on whether to get
vaccinated9,10, and also for informing public health policy
regarding the recommendation of different vaccine types for
different population subgroups. The Australian Technical Advisory
Group on Immunisation (ATAGI) produced a helpful document on
‘Weighing up the potential benefits against risk of harm from
COVID-19 vaccine AstraZeneca’11 to address concerns of vaccine-
associated thrombosis with thrombocytopenia syndrome. While
ATAGI released a clinical ‘Guidance on myocarditis and pericarditis
after mRNA COVID-19 vaccines’12, there have not been any
documents focused on risk-benefit analysis.

By October 2021, 23.4% and 55.1% of Australians aged over 16
years had received one and two doses of a COVID-19 vaccine,
respectively, and an unspecified but small percentage had
received a third dose13. Because of concerns related to the risk
of thrombosis and thrombocytopenia syndrome with the Astra-
Zeneca COVID-19 vaccine, the Pfizer vaccine was the standard
recommendation for those aged < 60 years14. However, 6-month
Pfizer vaccine effectiveness data that became available in October
2021 showed concerning reductions in protection against
symptomatic infection each month after administration of the
second dose15. In the context of the reopening of Australian
borders in December 2021 and the introduction of the highly
transmissible omicron variant, this decrease in vaccine effective-
ness may leave even those who have had two doses of a COVID-
19 vaccine at substantial risk of developing symptomatic COVID-
19. Even for the highly vaccinated population of Australia, it was
therefore crucial to communicate the necessity of third doses for
maintaining optimal protection against symptomatic infection,
serious illness and death.
To effectively facilitate this communication, a risk-benefit

analysis tool capable of integrating best evidence from multiple
data sources (both Australian and international) and formats
(government reports, published literature and expert opinion) was
required16. Furthermore, this tool must be easy to update as the
pandemic landscape rapidly evolves and as more data become
available. We have previously developed a Bayesian network (BN)
model to analyse the risks and benefits of the COVID-19
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AstraZeneca vaccine in the Australian population17,18. This model
was used to programme the COVID-19 Risk Calculator (CoRiCal)19,
a freely available user-friendly online tool that enables scenario
analysis based on user inputs (age, sex, vaccination status,
transmission scenario). The tool provides risk estimates for
targeted subgroups and can be used by health managers as well
as individuals alone or in conjunction with their general
practitioner for shared decision-making on vaccination. This study
describes the development of the BN model used to programme
the second version of the CoRiCal tool, which focuses on the risks
and benefits of the COVID-19 Pfizer vaccine for the Australian
context, and details the results of the population-level risk-benefit
analysis performed using this model, factoring in emerging
evidence of waning vaccine effectiveness over time and the
new recommendation for third doses.

RESULTS
Model description
The BN model was designed to predict five outcomes:

i. Probability of developing and dying from Pfizer vaccine-
associated myocarditis (n5, n12)—depending on vaccine
dose (n1), age (n2) and sex (n3);

ii. Background probability of developing and dying from
myocarditis (in those who have not had Pfizer vaccine or
COVID-19) (n6, n13). Estimates were converted to probability
of events over 2 months to enable comparison with the
probability of vaccine-associated (n5, n12) and infection-
associated outcomes (n10, n14) over 2-month periods;

iii. Probability of symptomatic COVID-19 (n10)—depending on
intensity of community transmission (n4), vaccine effective-
ness against symptomatic infection (n7), relative risk of
symptomatic infection by age and sex (n9);

iv. Probability of dying from COVID-19 (n14)—depending on
age (n2), sex (n3), vaccine effectiveness against death
(n8); and

v. Probability of developing and dying from COVID-19-
related myocarditis (n11, n15)—depending on age (n2),
sex (n3).

The BN (Fig. 1) displays the links between variables and outcomes
based on the assumptions presented in Table 111,15,20–35 and

Supplementary Tables S1–9. Supplementary Table 10 summarises
each of the 15 nodes and their parent/child associations. While
some links are largely association-driven (e.g., the links between
age and sex and relative risk of symptomatic infection), others are
more causal (e.g., the link between developing COVID-19-related
myocarditis and dying from it).
The BN includes four input nodes (orange) for use in scenario

analyses: Pfizer vaccine dose and time since second dose (n1), age
(n2), sex (n3) and intensity of community transmission (n4).
Community transmission scenarios were presented as probability
of infection over 2 months to enable comparison of vaccination
risks versus benefits, as vaccine effectiveness is expected to
decrease over time (modelled using 2-month intervals for time
since second dose). Transmission scenarios were based on ATAGI
definitions of low/medium/high risk11 (equivalent to 0.016%,
0.149%, 1.920% chance of infection over 2 months), and 1%, 2%,
5% and 10% chance of infection over 2 months. The model
contains six intermediate nodes (yellow): Pfizer vaccine-associated
myocarditis (n5), background incidence of myocarditis (n6),
vaccine effectiveness (n7, n8), relative risk of symptomatic
infection based on age and sex (n9), and incidence of COVID-19-
related myocarditis (n11).
Two model versions were constructed employing distinct

definitions of the ‘Pfizer vaccine dose and time since dose 2’
node (n1):

● Version 1: Pfizer vaccine doses defined as no doses, first dose,
second dose and third dose. This version allows estimation of
the probability of vaccine-associated myocarditis with each
dose of vaccine, and was used in the coding of the CoRiCal
online tool for providing individualised risk estimates.

● Version 2: Pfizer vaccine doses defined as no doses, received
only one dose, received two doses and received three doses.
This version allows estimation of the probability of deaths in
the target population based on vaccine coverage rates, and
is the model used henceforth for public health risk-benefit
analyses.

Model validation
All authors agreed that the final model accurately represented
the variables, their states and associations within the model’s
scope, in a manner consistent with the best current evidence.

Fig. 1 Bayesian network for assessing risks versus benefits of the Pfizer COVID-19 vaccine in Australia. Input nodes in orange (n1–n4),
intermediate nodes in yellow (n5–9, n11), and outcome nodes in purple (n10, n12–15). All nodes are shown in their default states.
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Table 1. Summary of data sources, assumptions and prior distributions for a Bayesian network to assess risks versus benefits of the Pfizer COVID-19
vaccine.

Model inputs Data sources, assumptions, rationale (references)

Vaccine effectiveness against
symptomatic infection

1 dose20

• Data from 503,875 individuals in Israel, 13 to 24 days after immunisation
• Age < 60 years: 53.1% effective. Age ≥60 years 46.8% effective
• Study conducted when delta was dominant variant.

2 doses15

• Data from large integrated health system in the USA
• Data not specifically for delta variant but for a mix so we assumed there would be negligible difference between
variants.

• Our model focuses on risk of symptomatic infection, but this study reports estimates for total risk of infection (not
necessarily symptomatic). Our model may therefore have underestimated vaccine effectiveness against
symptomatic infection.

• The study reports vaccine effectiveness at < 1 month, 1 to < 2 months, 2 to < 3 months, 3 to < 4 months, 4
to < 5 months and ≥5 months since the second dose. When transforming these data to the time categories used in
our model (0 to < 2 months, 2 to < 4 months and 4 to < 6 months), we averaged the reported vaccine effectiveness of
the respective months in each group.

• In transforming the reported age groups to those used in our model, we assumed that in age group 12–19 years, 50%
were aged 12–15 years and 50% were aged 16–19 years. Likewise for age group 40–49 years we assumed that 50% of
people were aged 40–44 years and 50% were aged 45–49 years. Similar assumptions were used for 50–59 and 60–69
year-olds.

• See Table S1 for summary of final assumptions.
3 doses21

• Data from Pfizer third dose efficacy study conducted in the USA, Brazil and South Africa
• Prespecified analysis was performed 2 months after last participant enroled; blinded follow-up time after booster
administration was < 2 months for 3% of the study population and ≥2 to < 4 months for 97% of the study population.

• Age 16–55 years: 96.5% effective. Age ≥56 years: 93.1% effective
• Study conducted when delta was the dominant variant.
• We assumed vaccine effectiveness in ages 12–15 years was the same as in ages 16–55 years
• In transforming reported age groups to those used in our model, we assumed that in age group 50–59 years, 60%
were 50–55 years and 40% were 56–59 years.

• See Table S1 for summary of final assumptions.

Vaccine effectiveness against death
if infected

1 dose22

• Data from Ontario study, reporting vaccine effectiveness against hospitalisation or death from delta variant
≥12 days after first dose administration. These data may therefore underestimate effectiveness against death.

• Age < 60 years: 89% effective. Age ≥60 years: 74% effective.
2 doses23

• Data from Public Health England reporting vaccine effectiveness against death from delta variant.
• In transforming reported time since second dose into the categories used in our model, we used weighted averages
of the vaccine effectiveness in different time groups reported in the study, with weighting being proportionate to
the number of weeks in each category.

• In transforming the reported age groups to the categories used in our model, we assumed that for age group 60–69
years, 50% were 60–64 years and 50% were 65–69 years.

• Data were reported only for age groups ≥16 years (which includes ≥65 years) and ≥65 years. As data were not
provided for ages 16–64 years only, we assumed estimates were the same as for the ≥16 years age group. It is
therefore possible that vaccine effectiveness for this age group was underestimated due to influence of the lower
effectiveness within the ≥65-year-olds.

• As no data were reported for age < 16 years, we assumed that ages 12–15 years had the same vaccine effectiveness
as ages 16–64 years.
See Table S2 for summary of final assumptions.

3 doses23

• As no data have yet been published on third dose effectiveness against death, we assumed the same effectiveness
as ‘Two doses (last dose 0 to < 2 months ago)’.

Relative risk of symptomatic
infection by age and sex

Data from Australian National Interoperable Notifiable Diseases Surveillance System (NINDSS)24 reports age and sex
distribution of all COVID-19 cases in Australia up to 8 Dec 2021. We subtracted data from the Australian Government
Department of Health Epidemiology Reports 32 and 4325 reporting age and sex distribution of COVID-19 cases in
Australia in 2020, and Jan to June 2021, respectively, to obtain age and sex distribution of cases from 6 June to 8 Dec
2021 to represent the delta variant. We calculated relative risk of infection by age group and sex by estimating the
probability of infection in each age-sex group if overall probability of infection in the community was 1%. See Table S3
for final assumptions.

Risk of symptomatic infection
under current transmission and
vaccination status

Definitions of low, medium and high transmission as defined by Australian Technical Advisory Group on Immunisation
(ATAGI)11. Low—similar to first wave in Australia (equivalent to 0.016% of population infected over 2 months). Medium
—similar to second wave in Victoria, Australia in 2020 (equivalent to 0.149% of population infected over 2 months).
High—similar to Europe in January 2021 (equivalent to 1.920% of population infected over 2 months). Also included
transmission scenarios equivalent to: zero transmission; 1%, 2%, 5% and 10% chance of infection over 2 months.
Chance of infection over 2 months calculated for different levels of community transmission. See Table S4 for final
assumptions.

Risk of dying from COVID-19 COVID-19 cases reported in Australia from January 2020 to 18/11/2021 were used to provide estimates of age-sex-
specific case fatality rates. Data sourced from Australian NINDSS24. To convert reported age groups into those used in
our model, calculations were based on age distribution of the Australian population26. See Table S5 for final
assumptions.

Risk of getting (background)
myocarditis

Multinational network cohort study from Australia, France, Germany, Japan, Netherlands, Spain, the UK and the USA
reports background incidence of myocarditis and pericarditis per 100,000 person-years by age group and sex27. We
assumed that 65% of reported myopericarditis cases were myocarditis, based on proportions from other studies that
differentiate between them post-vaccination28,29. We converted incidence to probability of infection per person over
2 months. To convert reported age groups into those used in the model, calculations were based on age distribution of
the Australian population26. See Table S6 for final assumptions.
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Manual calculations of risk estimates for multiple scenarios
performed using the data sources and pre-defined assumptions
matched the model outputs, validating the BN’s predictive
behaviour (Supplementary Table 11).

Risk-benefit analysis
The first risk-benefit analysis estimated the risks of background
myocarditis, Pfizer vaccine-associated myocarditis and myo-
carditis in patients with symptomatic COVID-19. Based on
background rates of myocarditis reported by Li et al.27 and
Barda et al.28, our model estimated 2-month incidence of 10.0
(females aged 12–19 years) to 53.9 (males aged ≥70 years)
cases per million, and overall case fatality rate (CFR) ranging
from 1.2% to 4.3% for different age-sex subgroups (Supple-
mentary Table 6).

Up to 09/12/2021 in Australia, age-sex-specific incidence of
Pfizer vaccine-associated myocarditis cases ranged from zero to
24 per million after the first dose, and zero to 103 per million
after the second dose (Supplementary Table 7), with no
reported deaths. Our model assumed an overall CFR of 0.17%
(two deaths out of 1195 cases) based on reports from the
Centers for Disease Control and Prevention Vaccine Adverse
Event Reporting System in the USA33 (Table 1).
At the time of writing, Australian data on myocarditis in COVID-

19 patients were limited (Table 1). Model assumptions on the
incidence and CFR of myocarditis in COVID-19 patients were
obtained from an international cohort study by Buckley et al.34,
and additional unpublished age-sex specific data from the study
via personal communication with the lead author. Data showed
incidence ranging from 1.66% to 13.74%, and CFR ranging from
< 1% to 15.14%, depending on age and sex (Supplementary Table
8). Based on estimates from model version 2, Fig. 2 shows that, in

Table 1 continued

Model inputs Data sources, assumptions, rationale (references)

Risk of dying from (background)
myocarditis

Study reports incidence of fatal myocarditis in Finland per 100,000 person-years by age group and sex as total risk30, but
not as case fatality rate. We converted incidence per 100,000 person-years to probability per person over 2 months (in
the general population), then used these values for each age-sex subgroup as the numerator and the respective values
for node ‘Risk of getting (background) myocarditis’ as the denominator to calculate case fatality rate. When converting
reported age groups to the age groups used in our model, calculations were based on the age distribution of the
Australian population26. See Table S6 for final assumptions.

Risk of getting Pfizer vaccine-
associated myocarditis

Therapeutic Goods Administration (TGA) reports rates of myocarditis from the Pfizer vaccine per 100,000 doses in
Australia, from all doses and second doses31. From this we calculated rates from first doses. At the time of writing, the
only data available for the third dose in Australia cited four reports of likely myocarditis from a third dose of Pfizer up to
09/01/2022 with 3,651,855 third doses given nationally up to that date (with no breakdown of proportion of doses by
brand). As this information is very limited, we assumed the same rate of vaccine-associated myocarditis as the second
dose. This assumption was based on data from Israel reporting that rates of Pfizer vaccine-induced myocarditis from the
third dose was higher than after the first dose but lower than after the second dose32. To provide a conservative
estimate and avoid underestimating the potential risk of myocarditis after the third dose, we assumed the same rates as
the second dose, i.e., the ‘worst-case scenario’. See Table S7 for final assumptions.

Risk of dying from Pfizer vaccine-
associated myocarditis

Case fatality rate from mRNA vaccine-associated myocarditis has not been reported widely, in part due to very low
numbers. Data from USA Centers for Disease Control and Prevention (CDC) Vaccine Adverse Event Reporting System
(VAERS)33. Reported 1195 myocarditis cases after mRNA vaccination (dose number not specified) in those aged under
30 years, of which two likely died from myocarditis, giving a case fatality rate of 0.17% (2/1195). We assumed the same
case fatality rate for Pfizer and other mRNA COVID-19 vaccines, and the same case fatality rate in those aged ≥30 years.

Risk of getting
SARS-CoV-2 infection-induced
myocarditis

Study reports that 5.0% of patients with COVID-19 developed new-onset myocarditis34 based on electronic medical
records in TriNetX, a global federated health research network. Published data were insufficient to stratify by age and
sex. Age-sex breakdown of the patient cohort with COVID-19 and related myocarditis cases were provided by the
authors through personal communication. Data from the original patient cohort in the study were no longer available;
the patient data provided through personal communication was from an updated cohort and showed a lower total
prevalence of myocarditis (~2.3%). See Table S8 for final assumptions.

Risk of dying from SARS-CoV-2
infection-induced myocarditis

Study reports a six-month all-cause mortality of 3.9% in COVID-19 patients with myocarditis, assuming that deaths were
attributable to myocarditis34. Published data were insufficient to stratify by age and sex. Age-sex breakdown of the
myocarditis cases and deaths were provided by the authors through personal communication. Data provided through
personal communication were based on electronic medical records in TriNetX, reported with patient counts ≥10
rounded up to 10 to safeguard protected healthcare data. The case fatality rate for age-sex subgroups with 10 deaths
was thus assumed to be < 1.00%, with a value of 1.00% used in the model to assume the worst-case scenario. For males
aged 12–19 and 20–29 years, there were zero deaths out of 152 and 661 cases of myocarditis, respectively. To avoid
using a 0% case fatality rate in the model, we assumed that 12–19 and 20–29-year-old males had the same case fatality
rate as 30–39-year-old males (1.00%). We believe this is a reasonable assumption because in females there was no
significant difference in case fatality rate between ages 12–19 and 20–29 years and 30–39 years. See Table S8 for final
assumptions.

Age distribution of populationa Distribution based on Australian Bureau of Statistics national population estimates from September 202126. See Table
S9 for final assumptions. Note age group 0–11 years was excluded from this version of the model because they were
not yet eligible for vaccination in Australia at time of writing. This age group can be added into the model when vaccine
coverage increases and data on vaccine effectiveness become available.

Sex distribution of populationa Assumed 50% male, 50% female.

Pfizer vaccine coverage in
populationa

Assumed 5% of population of ages ≥12 years had no doses, 5% had one dose only, 60% had two doses only, 30% had
three doses. These approximations were based on vaccine coverage data from Australian Government Department of
Health COVID-19 vaccination data on 3 Jan 202235, and our estimates of how coverage will increase over the coming
months.

Community transmission at x%
over 2 monthsa

Chance of symptomatic infection (x%) over 2 months, based on different levels of community transmission. Priors set to
even distribution between categories, assuming that community transmission level will be selected when using the
CoRiCal tool or running public health-level scenario analyses. See explanation above under ‘Risk of symptomatic
infection under current transmission and vaccination status’.

aNote that prior distributions do not affect results of scenario analysis but enables the model to provide population-level estimates. Assumptions can be
changed as the situation evolves.
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a population aged ≥12 years, with vaccine coverage of 5%
unvaccinated, 5% had one dose, 60% had two doses and 30% had
three doses, the probability of developing myocarditis related to
symptomatic COVID-19 once already infected with SARS-CoV-2
was 471 to 5847 times higher than developing Pfizer vaccine-
associated myocarditis, depending on age group and sex (Fig. 2a,
dashed lines). The probability of dying from myocarditis related to
symptomatic COVID-19 was 1430 to 384,684 times higher than
dying from vaccine-associated myocarditis, again depending on
age group and sex (Fig. 2a, solid lines).
The second risk-benefit analysis performed estimated symp-

tomatic COVID-19 cases and deaths prevented. Model version 2
was used to calculate expected symptomatic COVID-19 cases
and deaths prevented over 2 months per million population
aged ≥12 years, where 5% were unvaccinated, 5% had one
dose, 60% had two doses (20% each with the last dose
administered 0 to < 2, 2 to < 4 and 4 to < 6 months ago) and
30% had three doses. Figure 3a, b show the expected cases and
deaths, respectively, prevented by age group under different
community transmission intensities:

● 1% chance of symptomatic infection over 2 months (green),
equivalent to average of 3645 cases per day in Australia
(Supplementary Table 4);

● 5% chance of symptomatic infection over 2 months (yellow),
equivalent to average of 7290 cases per day in Australia; and

● 10% chance of symptomatic infection over 2 months (orange),
equivalent to average of 18,225 cases per day in Australia.

The model estimates that for a million 12–19 year-olds with this
vaccine coverage, 11,029 symptomatic COVID-19 cases and one
death would be expected to be prevented under 1% transmission
(green) versus 110,288 cases and 11 deaths prevented under 10%
transmission (orange) (Fig. 3a, b), with 146 expected cases of Pfizer
vaccine-associated myocarditis in males and 35 cases in females
(Fig. 3c). In contrast, for a million people aged ≥70 years, 2757
cases and 98 deaths would be expected to be prevented under
the 1% transmission scenario, 27,566 cases and 981 deaths
prevented under the 10% transmission scenario, with less than

five expected vaccine-associated myocarditis cases in males or
females. Calculations are detailed in Supplementary Table 12.
The third risk-benefit analysis estimated symptomatic COVID-19

cases and deaths under different vaccination coverage scenarios.
Model version 2 was further used to estimate expected sympto-
matic COVID-19 cases and deaths per million people if transmis-
sion intensity was equivalent to a 10% chance of infection over
2 months, if 5% were unvaccinated, 5% had one dose, 60% had
two doses and 30% had three doses (scenario one) (Fig. 4, orange),
versus if 0% of the population received no doses, 5% received the
first dose only, 15% had two doses (5% each with the second dose
administered 0 to < 2, 2 to < 4 and 4 to < 6 months ago), and 80%
had three doses (scenario two) (Fig. 4, blue).
The model shows that for a million people aged 12–19 years

with the vaccine coverage described in scenario one, 27,391 symp-
tomatic COVID-19 cases and less than one death from COVID-19
would be expected under 10% transmission over 2 months, versus
11,042 cases and less than one death in scenario two. For one
million people aged 20–29 years, 36,249 cases and two deaths
could be expected in scenario one versus 13,168 cases and less
than one death under scenario two. In contrast, for a million
people aged ≥70 years, 12,694 cases and 404 deaths would be
expected in scenario one versus 5487 cases and 68 deaths under
scenario two.

Sensitivity analysis
The first sensitivity analysis investigated the incidence of Pfizer
vaccine-associated myocarditis. Therapeutic Goods Administration
(TGA) reports between 14/10/2021 and 09/12/202136 presented
slight fluctuations in Pfizer vaccine-associated myocarditis inci-
dence in Australia ranging from two to 37 cases per million
depending on age-sex subgroup (Table 2). These small changes
exerted no substantive impact on population-level estimates of
the number of deaths. Model calculations also showed expected
Pfizer vaccine-associated myocarditis deaths per million second
doses to change only slightly during this time; differences ranged
from 0.000 to 0.063 deaths per million by age-sex subgroup when
comparing data from 14/10/2021 and 09/12/2021.

Fig. 2 Comparison of the estimated risks of developing and dying from Pfizer vaccine-associated or COVID-19-related myocarditis.
Number of times more likely (in log scale) for each age-sex subgroup to develop (circles) and die (squares) from myocarditis (a) in patients
with symptomatic COVID-19 than from Pfizer vaccine-associated myocarditis. In those not yet infected with SARS-CoV-2, estimates for
developing and dying from myocarditis over a 2-month period if 5% of population of ages ≥12 years had no doses, 5% had first dose, 60% had
two doses (evenly distributed over 0 to < 2, 2 to < 4 and 4 to < 6 months since second dose) and 30% had three doses of Pfizer COVID-19
vaccine if community transmission equivalent to (b) 1%, (c) 5% and (d) 10% chance of infection over 2 months. *For males aged ≥70 years,
Pfizer vaccine-associated myocarditis had an incidence of 0%. Note difference in y-axis scale between panel a and other panels.
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The second sensitivity analysis focused on vaccine effectiveness
against developing and dying from symptomatic COVID-19. The
model calculated that in a population where 5% are unvaccinated,
5% had one dose, 60% had two doses and 30% had three doses, a
hypothetical 5% or 10% decrease in vaccine effectiveness against
the delta variant would result in a 17.8% or 35.7% increase in
estimated symptomatic cases, respectively, and a 23.9% or 54.7%
increase in estimated expected deaths, respectively (Table 3).
Thus, model estimates of cases and deaths are highly sensitive to
reductions in vaccine effectiveness, necessitating frequent mon-
itoring of and updating with emerging vaccine effectiveness data,
particularly against new variants.

DISCUSSION
We developed a BN model to facilitate risk-benefit analysis of the
Pfizer COVID-19 vaccine for the Australian population. Results
from this model highlight the importance of both individual
factors such as age, sex and vaccination status, and location-
specific factors that reflect the current pandemic landscape, such
as transmission intensity, case incidence and CFR from COVID-19,
and COVID-19- and Pfizer vaccine-associated myocarditis. Our
model could be used to help inform discussions and decision-
making for population health managers, individuals and clinicians.
In this way, the model may aid in policy development, public
health management, increased public awareness and improved
shared decision-making in medical consultations.

For Australians ≥12 years, we compared the risk of developing
Pfizer vaccine-associated myocarditis, with the benefit of protec-
tion against developing and dying from symptomatic COVID-19
over 2 months under different transmission scenarios, if 5% were
unvaccinated, 5% had a first dose 3 weeks ago, 60% had two
doses (20% each with the last dose administered 0 to < 2, 2 to < 4
and 4 to < 6 months ago), and 30% had three doses with the last
dose administered < 4 months ago. Overall, an Australian is 471 to
5847 times more likely to develop COVID-19-related myocarditis if
infected with SARS-CoV-2 than vaccine-associated myocarditis,
and 1430 to 384,684 times more likely to die from it, depending
on age and sex (Fig. 2a). Under a transmission scenario where the
chance of infection was 5%–10% over 2 months, an Australian
who is not already infected with SARS-CoV-2 is 5–88 times more
likely to develop myocarditis from COVID-19 than the Pfizer
vaccine, and 13–2466 times more likely to die from it (Fig. 2c, d).
Under a lower transmission scenario where the chance of infection
was 1% over 2 months, all age-sex subgroups except for 20–29-
year-old males are more likely to develop myocarditis from COVID-
19 than the Pfizer vaccine, and all age-sex subgroups are more
likely to die from it (Fig. 2b), an important finding for informing
individual decision-making on Pfizer COVID-19 vaccination. Crucial
also for informing public health decision-making, modelling
showed that under any transmission level, younger age groups
benefited the most from protection against symptomatic
COVID-19 while older age groups benefited the most from
protection against fatal COVID-19 (Fig. 3), both critical markers of

Fig. 3 Comparison of estimated Pfizer vaccine-associated myocarditis cases to symptomatic COVID-19 cases and deaths prevented.
Estimated COVID-19 cases (a) and deaths (b) (in log scale) prevented by age group over 2 months per million population if 5% of population
of ages ≥12 years had no doses, 5% had first dose, 60% had two doses (evenly distributed over 0 to < 2, 2 to < 4 and 4 to < 6 months since
second dose) and 30% had three doses of Pfizer COVID-19 vaccine if community transmission equivalent to 1% (green), 5% (yellow) and 10%
(orange) chance of infection over 2 months. c Estimated cases of Pfizer COVID-19 vaccine-associated myocarditis over 2 months under the
same vaccine coverage.

Fig. 4 Estimated symptomatic COVID-19 cases and deaths under different vaccination coverage scenarios. Comparison of expected
number of COVID-19 cases (a) and deaths (b) per million population by age groups under vaccine coverage scenario one (5% of population of
ages ≥12 years had no doses, 5% had first dose, 60% had two doses [evenly distributed across time since second dose], and 30% had three
doses of Pfizer COVID-19 vaccine), versus coverage scenario two (0% of population had no doses, 5% had one dose, 15% had two doses
[evenly distributed across times since second dose] and 80% had three doses), under a transmission scenario equivalent to 10% chance of
infection over 2 months.
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vaccine effectiveness37–39. Younger age groups were at higher risk
of developing vaccine-associated myocarditis than older groups,
and males were at greater risk than females. We note that
myocarditis was more common after COVID-19 compared to the
background rates, especially in younger men. In comparison,
vaccine-associated myocarditis also has a predilection for younger
males but at a much lower prevalence than cases associated with
symptomatic COVID-19. Importantly, in the main, vaccination is
justified in all age groups because myocarditis is generally mild in
the young40–42, and there is unequivocal evidence for reduced
mortality in older individuals across all levels of community
transmission.
While the above risk-benefit analyses were conducted assuming

the Australian vaccine coverage at the time of writing, outcomes
under other coverage rates can be assessed by the model to
further inform public health decision-making. We compared the
number of COVID-19 cases and deaths expected if the chance of
infection was 10% over 2 months under a scenario where 5% are

unvaccinated, 5% had a first dose 3 weeks ago, 60% had two
doses (20% each with the last dose administered 0 to < 2, 2 to < 4
and 4 to < 6 months ago) and 30% had three doses with the last
dose administered < 4 months ago, to those expected under a
second scenario where 0% are unvaccinated, 5% had a first dose,
15% had two doses (5% each with the last dose administered 0
to < 2, 2 to < 4 and 4 to < 6 months ago) and 80% had three doses
with the last dose administered < 4 months ago (Fig. 4). Younger
age groups benefited from the steepest decline in expected case
rates, with at least 23,000 fewer cases per million in 20–29 year
olds. In contrast, older age groups benefited from the greatest
decrease in expected deaths from COVID-19, with 337 fewer
deaths per million expected in those aged ≥70 years.
The evidence on the risks versus benefits of COVID-19

vaccination was derived from an range of sources, each associated
with some level of uncertainty. The use of probabilistic modelling
techniques, such as BNs, can contribute somewhat to commu-
nicating this uncertainty by framing the outcomes in terms of

Table 2. Evolving evidence on incidence of Pfizer vaccine-associated myocarditis by age and sex in Australia in October–December 2021.

Date Sex Age
12–19 years

Age
20–29 years

Age
30–39 years

Age
40–49 years

Age
50–59 years

Age
60–69 years

Age
≥70 years

Estimated incidence of
myocarditis per million 2nd
dosesa

14/10/21 Male 75 22 6 10 3 0 0

Female 14 12 3 10 3 0 0

9/12/21 Male 103 59 15 11 1 0 0

Female 25 19 6 9 4 0 0

Estimated deaths per million
2nd doses based on 0.34%
CFRb

14/10/21 Male 0.128 0.037 0.01 0.017 0.005 0 0

Female 0.024 0.02 0.005 0.017 0.005 0 0

9/12/21 Male 0.175 0.1 0.026 0.019 0.002 0 0

Female 0.043 0.032 0.01 0.015 0.007 0 0

Difference in estimated cases
per million 2nd doses
compared to 14/10/21

9/12/21 Male 28 37 9 1 2 0 0

Female 11 7 3 1 1 0 0

Difference in estimated deaths
per million 2nd doses
compared to 14/10/21

9/12/21 Male 0.048 0.063 0.015 0.002 0.003 0 0

Female 0.019 0.012 0.005 0.002 0.002 0 0

aIncidence of myocarditis in Australia reported by Therapeutic Goods Administration (TGA)31.
bCFR: Case fatality rate for all ages combined, calculated to be 0.17%, from ref. 33.

Table 3. Impact of theoretical reduction in vaccine effectiveness against delta variant on estimated deaths, assuming 5% of population of ages ≥12
years is unvaccinated, 5% had one dose, 60% had two doses and 30% had three doses.

Current model
assumptions

If 5% less
effective

If 10% less
effective

Average vaccine effectiveness for all ages ≥12 years
against symptomatic infection after

1st dose (<3 weeks ago) 51.50% 46.50% 41.50%

2nd dose (last dose 0 to < 2 months ago) 85.30% 80.30% 75.30%

2nd dose (last dose 2 to < 4 months ago) 72.10% 67.10% 62.10%

2nd dose (last dose 4 to < 6 months ago) 52.60% 47.60% 42.60%

3rd dose (<4 months ago) 95.40% 90.40% 85.40%

% Increase in estimated symptomatic cases
compared to current model assumptions of vaccine
effectiveness

N/A 17.70% 35.40%

Average vaccine effectiveness for all ages ≥12 years
against death after

1st dose (<3 weeks ago) 85.10% 80.10% 75.10%

2nd dose (last dose 0 to < 2 months ago) 98.00% 93.00% 88.00%

2nd dose (last dose 2 to < 4 months ago) 95.20% 90.20% 85.20%

2nd dose (last dose 4 to < 6 months ago) 91.80% 86.80% 81.80%

3rd dose (<4 months ago) 98.00% 93.00% 88.00%

% Increase in estimated deaths compared to current
model assumptions of vaccine effectiveness

N/A 23.80% 54.90%

J.E. Sinclair et al.

7

Published in partnership with the Sealy Institute for Vaccine Sciences npj Vaccines (2022)    93 



probabilities. However, the nature of the evolving pandemic
landscape means that the most update-to-date evidence will
rarely be free of uncertainty. While we have not attempted here to
quantify the uncertainty levels of the data used to parameterise
individual components of the BN, all assumptions surrounding
their use have been fully explained and justified. Sensitivity
analysis was also used to examine the impact of some of the data
uncertainties on the model estimates.
Sensitivity analysis showed model estimates to be robust

against minor changes in the number of Pfizer vaccine-
associated myocarditis cases (Table 2), but highly affected by
changes in vaccine effectiveness against symptomatic infection
and death (Table 3). At a public health level, this holds important
implications for COVID-19 burden if new variants such as omicron,
for which vaccine effectiveness is decreased, continue to emerge
or if vaccine effectiveness proves to wane over time. While vaccine
effectiveness would have to drop to a very low threshold for the
associated myocarditis risk to outweigh the benefit of protection
against symptomatic infection and death from COVID-19 in any
age-sex-subgroup, this result highlights the importance of
updating the model as new evidence becomes available, or new
variants emerge.
Model estimates must be contextualised within the scope of the

BN model, which does not currently consider comorbidities or
personal behaviour that may influence an individual’s risks of
acquiring COVID-19, their response to the infection, or their
individual risk of myocarditis. Furthermore, limitations to the
availability of Australian data introduces uncertainty in the model
inputs, so results may change as more data become available. For
example, the incidence of vaccine-associated myocarditis in
Australia reported by TGA defines myocarditis based on varying
degrees of certainty (e.g., confirmed diagnosis by clinical evidence,
tests and imaging versus ECG versus possible diagnosis based on
symptoms and a doctor’s report that myocarditis is the most likely
diagnosis in the absence of medical tests and investigations)31.
The rate also includes cases of myocarditis that occurred after
vaccination but may not be vaccine-related (possibly due to
background risk instead)31. This uncertainty in the diagnosis of
myocarditis may also introduce reporting bias, e.g., self-reporting
of adverse events may be influenced by exposure to relevant
news in the media, resulting in temporary fluctuation in the
reported incidence. In another example, at the time of writing, no
Australian data were available on the incidence of Pfizer vaccine-
associated myocarditis after the third dose and international data
were deemed inappropriate as a substitute (see Table 1
assumptions), necessitating the use of rates for the second dose
as a worst-case scenario. In a third example, when calculating the
delta variant-specific CFR from COVID-19, ideally CFR for the
unvaccinated population would be used, and the 2-to-3 week lag
between diagnosis and death accounted for. This information was
not available in Australia, so the assumptions were made that the
time-window of a few months for the delta wave was long enough
to minimise the effect of time lag from infection to death, and the
great majority of deaths during the delta wave was in
unvaccinated people. Other limitations arise from the model
development process, where the use of expert elicitation may be
perceived to introduce bias in the evidence viewed. This was
minimised through broad literature searches and frequent meet-
ings with external experts such as cardiologists about the quality
of the data sources used in the model assumptions.
Despite these limitations, the use of an evidence-based BN to

model the risks and benefits of COVID-19 vaccination has many
advantages. BNs allow for interactive scenario analysis so the
model was well-suited for use in programming CoRiCal, a free
online tool aimed at better informing the public and helping
clinicians to best advise patients on the risks and benefits of
COVID-19 vaccination19. Another benefit of BNs is the ease of
updating, allowing for future model updates to incorporate

other outcomes such as long COVID, different patient groups
such as those < 12 years and those with comorbidities, other
vaccines such as Moderna, or different vaccine adverse events
such as anaphylaxis. Finally, BNs are advantageous due to their
integration of new data and different data sources in informing
different aspects of the model. While this model has been
designed for the Australian context, conditional probability
tables (CPTs) can easily be re-populated wherever possible using
data from another country.
In summary, we developed a BN to compare the risks and

benefits of Pfizer COVID-19 vaccination in the Australian popula-
tion, that incorporated emerging evidence of waning vaccine
effectiveness over time and the recent recommendation of third
doses, in order to assist clinicians with providing guidance about
the Pfizer COVID-19 vaccine. In a community rather than individual
context, the final model can also be used to calculate population-
level estimates to help inform policy development and public
health management. Although designed to compare risks of
developing and dying from COVID-19, COVID-19- and Pfizer
vaccine-associated myocarditis for the delta variant, the model
can be updated to consider the omicron or other variants, other
inputs such as patient comorbidities, and other outcomes such as
long COVID.

METHODS
Bayesian networks
BNs are graphical displays of directional associations between variables, as
defined by conditional probabilities43. Nodes represent variables and have
multiple potential states (e.g., male and female), and associations are
represented by arrows in the direction of parent (independent) to child
(dependent) variable (Fig. 5). Probabilities are assigned to each potential
node state via CPTs depending on parent node states or, in the case of no
parents, prior distributions. The use of CPTs allows for integration of
multiple data sources and formats including published figures, other
literature and expert opinion, as well as easy updating when new data are
presented44. BNs are also appropriate for analysing estimated or uncertain
risks as they allow for sensitivity analysis to test multiple possible inputs44.
Throughout the COVID-19 pandemic, BNs have been used in decision-

making45, risk assessment46 and analysis47,48. We have previously
developed the first BN model for risk–benefit analysis of a COVID-19
vaccine, and used the model outputs to design an online tool to
communicate the risks and benefits of the AstraZeneca COVID-19 vaccine
in the Australian context17–19.

Model design
The model was based on best evidence from multiple sources, designed
through collaboration between subject matter experts (KRS, RP, JL, JES,
CLL) including clinicians and researchers with expertise in virology,
infectious disease epidemiology, cardiology, general practice and public
health, and modellers (CLL, HJM, KM, JES), who facilitated the design
process and generated the model. Subject matter experts identified
relevant variables to be considered and their relationships, and agreed
on reliable information sources for each variable. A conceptual model
was drafted based on this and node states defined. The model was then
evaluated and refined, with nodes and relationships being removed in
the absence of reliable, quantitative evidence. The model focuses on
ages ≥12 years due to insufficient data on younger age groups at the
time of development.

Myocarditis
Acute myocarditis can result in myocardial inflammation from either an
infectious or immune-mediated aetiology49. Thus, our model compared
the risk of Pfizer vaccine-associated myocarditis with the risk of myocarditis
in COVID-19 patients. While often asymptomatic, myocarditis may present
as chest pain, palpitations and/or dysrhythmias49–51 and can cause dilated
cardiomyopathy, arrhythmia and/or sudden cardiac death50,51. In Australia,
myocarditis is often diagnosed using electrocardiogram, serum troponin
levels, inflammatory markers, chest X-ray, echocardiography and occa-
sionally endomyocardial biopsy12. However, these methods can
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underestimate the presence of myocarditis in comparison to more
sensitive cardiac magnetic resonance imaging (MRI), which is considered
the gold-standard for non-invasive diagnosis worldwide52,53. The 2018
Lake Louise criteria for MRI-based diagnosis of myocarditis targets tissue-
based imaging markers of oedema, hyperaemia, necrosis and fibrosis54,55.
To ensure the diagnosis of myocarditis was made robustly in our model,
data reporting myocarditis cases diagnosed via cardiac MRI were used
wherever possible.
While both the Pfizer COVID-19 vaccine and COVID-19 itself may also be

associated with pericarditis, either separately or simultaneously with
myocarditis, this model focuses solely on myocarditis. This is because
diagnostic criteria for pericarditis are not well-defined, and because it is
less common than myocarditis. In studies that reported ‘myocarditis/
pericarditis’, we estimated that ~65% of cases were attributable to
myocarditis, based on proportions of cases reported in studies that
differentiate between them28,29.
The definitions for vaccine-associated and infection-induced myocarditis

used for the model reflect those used within the studies from which data
were drawn. Vaccine-associated myocarditis was defined as confirmed or
suspected myocarditis occurring within 2 months of vaccine administra-
tion (with most cases occurring within the first 10 days)31, and COVID-19-
related myocarditis was defined as myocarditis that occurred within
6 months of COVID-19 diagnosis34.

Data sources
CPTs were derived from data compiled by experts from published material,
government reports and through dialogue with external clinical experts
(e.g., cardiologists regarding the evidence for Pfizer vaccine-associated,
COVID-19-related and background rate of myocarditis). Official Australian
authority-issued data were employed whenever possible (e.g., national
data on Pfizer vaccine-associated myocarditis). When this was unavailable,
data were retrieved from other reliable and publicly available sources (e.g.,
background rates of myocarditis). Where Australian data were not readily
available and international data were not suitable to use for the Australian
context, expert opinion was sought. For example, there were limited data
in Australia about Pfizer vaccine-associated myocarditis incidence and CFR
after the third dose. While rates were reported in Israel and Singapore,
these were deemed inappropriate to use in the model as reported rates
from first and second doses in these countries were much lower than in

Australia. However, both reported lower incidence of myocarditis after the
third dose than the second dose. Therefore, to avoid underestimating the
risk, the decision was made by the subject experts to use a conservative
assumption that incidence after the third dose was the same as the second
dose. For some variables, data analysis was required to obtain probabilities
for the CPTs, e.g., converting COVID-19 case incidence into probability of
infection over 2 months for the community transmission intensity node, or
averaging data to fit the BN age categories. Table 1 and Supplementary
Tables S1–9 summarise data sources, model assumptions and rationale.
The BN incorporates default prior distributions for age group (based on

the Australian population’s age distribution), sex (50% male, 50% female)
and vaccine coverage (5% of the population unvaccinated, 5% of received
one dose, 60% received two doses [20% with the second dose
administered 0 to < 2 months ago, 20% 2 to < 4 months ago and 20% 4
to < 6 months ago], and 30% received three doses [administered ~3 weeks
ago]). Prior distributions do not influence scenario analyses results, e.g.,
once male sex is selected, outputs relate only to males regardless of the
entered prior distribution of sexes. Prior distributions can also be altered to
model-specific scenarios, e.g., different levels of vaccine coverage.

Model validation
Subject experts and modellers reviewed the final model to evaluate if
the network structure, variables, relationships, and assumptions ade-
quately portrayed the current best evidence. Multiple scenarios were
defined, and model outputs manually calculated from the data sources
and pre-defined assumptions to validate the BN’s predictive behaviour
(Supplementary Table 11).

Risk-benefit analysis
We assessed the risks versus benefits of the Pfizer vaccine if 5% of the
population received no doses, 5% received the first dose only, 60% had
two doses (20% each with the last dose administered 0 to < 2, 2 to < 4 and
4 to < 6 months ago), and 30% had three doses within the last 2 months
(third dose administered 4 to 6 months after second dose). We assumed
the same vaccine coverage for all age groups. These priors were selected
to represent predicted vaccination coverage at the time of writing. We
compared the following risks (vaccine-associated myocarditis) and benefits
(potential COVID-19 cases and deaths prevented) assuming the above
vaccination coverage:

Fig. 5 Example Bayesian network (BN) for modelling the risk of developing background myocarditis over 2 months based on age and
sex. The output node, ‘Background myocarditis over 2 months’ is the child of two linked (arrow) parent nodes, ‘Age group’ and ‘Sex’. As these
parent nodes do not have parent themselves, the probabilities of each of their possible states are determined by a prior distribution; the
model adopts the age distribution of the Australian population and an even distribution of males and females. The conditional probability
table for the outcome node ‘Background myocarditis over 2 months’, gives the probability for each state of this node dependent on the parent
node states. a In the default state, the BN shows that the chance of developing background myocarditis (not from COVID-19 or the Pfizer
vaccine) over 2 months is 0.003% (e.g., in a population of 100,000 people, we expect three to get myocarditis in a 2-month period). b An
example of scenario analysis showing the chance of a 40–49-year-old male (underlined) developing background myocarditis over 2 months,
the model calculates a 0.004% chance of myocarditis.
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i. Estimated number of times more likely for a person with
symptomatic COVID-19 to develop and die from COVID-19-related
myocarditis, than for a person to develop and die from Pfizer
vaccine-associated myocarditis.

ii. Estimated symptomatic COVID-19 cases and deaths prevented per
million population if transmission intensity was equivalent to 1%,
5% or 10% chance of infection over 2 months, versus estimated
cases of Pfizer vaccine-associated myocarditis.

iii. Estimated symptomatic COVID-19 cases and deaths per
million if transmission intensity was equivalent to 10% chance
of infection over 2 months, under the vaccination coverage
scenario described above versus a possible future scenario where
0% of the population received no doses, 5% received the first
dose only, 15% had two doses (5% each with the last dose
administered 0 to < 2, 2 to < 4 and 4 to < 6 months ago), and 80%
had three doses.

Sensitivity analysis
Evidence informing many model inputs rapidly evolved throughout the
model development process. We ran sensitivity analyses for two variables
considered most likely to fluctuate over time, to evaluate the necessary
frequency for updating model assumptions.
From October–December 2021, reported Pfizer vaccine-associated

myocarditis incidence in Australia increased weekly but numbers remained
very low. We assessed TGA reports from 14/10/2021 and 09/12/202136 to
evaluate how changes in data influenced model predictions of age-sex-
specific myocarditis cases from the second vaccine dose, per million
people. We also assessed model output sensitivity to hypothetical 5% and
10% decreases in vaccine effectiveness against both symptomatic infection
and death for the delta variant.

Reporting summary
Further information on research design is available in the Nature Research
Reporting Summary linked to this article.
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