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Responses of marine trophic levels to the
combined effects of ocean acidification and
warming

Nan Hu 1, Paul E. Bourdeau2 & Johan Hollander 3

Marine organisms are simultaneously exposed to anthropogenic stressors
associated with ocean acidification and ocean warming, with expected inter-
active effects. Species from different trophic levels with dissimilar character-
istics and evolutionary histories are likely to respond differently. Here, we
perform a meta-analysis of controlled experiments including both ocean
acidification and ocean warming factors to investigate single and interactive
effects of these stressors onmarine species. Contrary to expectations, we find
that synergistic interactions are less common (16%) than additive (40%) and
antagonistic (44%) interactions overall and their proportion decreases with
increasing trophic level. Predators are the most tolerant trophic level to both
individual and combined effects. For interactive effects, calcifying and non-
calcifying species show similar patterns. We also identify climate region-
specific patterns, with interactive effects ranging from synergistic in tempe-
rate regions to compensatory in subtropical regions, to positive in tropical
regions. Our findings improve understanding of how ocean warming, and
acidification affect marine trophic levels and highlight the need for deeper
consideration of multiple stressors in conservation efforts.

Global climate change, characterized by unprecedented rapidity,
substantially impactsmarine ecosystems1–5. By the year of 2100, global
ocean surface temperatures are predicted to increase by about 4 °C
compared with the 1990s under the RCP 8.5 scenario (business-as-
usual), and togetherwith elevated CO2 levels, will additionally lead to a
reduction inpHby0.3–0.5 units (oceanacidification)6–8. These shifts in
temperature (ocean warming, hereafter referred to as OW) and ocean
carbonate chemistry (ocean acidification, hereafter OA) are con-
sidered twoof the greatest threats tomarine organisms2, fromprimary
producers at the base of food webs on through to intermediate con-
sumers and top-predators3,9.

OA and OW’s effects are well-documented, especially the lowered
calcium carbonate saturation state caused by OA, which negatively
impacts a range of calcifying marine organisms10–13 but see ref. 14.
Potential consequences include community-level imbalances favoring

non-calcifying organisms and food-web simplification15. In particular,
OA can lead to higher costs associated with protein synthesis and
turnover, and the maintenance of the intercellular acid-base balance
required for a series of physiological functions across a wide range of
species16,17. In contrast, someautotrophsmay actually benefit fromOA,
since a lower pH can increase the availability of substrates used for
photosynthesis and/or decrease the energy needed for carbon-
concentrating mechanisms18,19. Previous studies have also suggested
that OW can lead to increased metabolic rates20 and increased con-
sumption rates21 with shifts in food-web structures20,22.

Focusing solely on single-stressor effects overlooks climate
change’s multifaceted nature. As investigators increasingly recognize,
single-stressor studies may inaccurately represent marine global cli-
mate change effects23,24. Interactions among multiple climatic stres-
sors, where the ecological effect of one stressor is dependent on the
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magnitude of another stressor, are very common across
ecosystems25–27. Such dynamics suggest that it is important to inves-
tigate organismal responses not only to single stressors but also to the
interacting stressors that species will experience. For instance, multi-
ple stressors can lead to non-additive interaction outcomes, where the
combined effects are more or less than expected from additive mod-
els, such as synergistic or antagonistic effects, respectively25,28. For
example, for marine ecosystems, temperature can influence seawater
carbonate chemistry, such that OW will affect OA by decreasing CO2

solubility and affecting the dissociation rate of the carbonate system,
leading to higher saturation state with the same CO2 concentration

29.
Accordingly, it is essential to consider all ramifications of global
change, specifically, since there are reports of adverse impacts on
marine organisms attributed to global warming25. Conversely, alter-
native studies have revealed that elevated seawater temperatures can
serve as a mitigating factor against ocean acidification25,30. These
effects may also exert differential influences on species across various
climate regions (e.g., Tropical, Subtropical, and Temperate). A central
question regarding interactive effects is thus whether in tropical
regions, species residing near their upper temperature limits (tem-
peratures above 40 °C may disrupt physiological functions), or tropi-
cal species, adapted to higher temperatures, are less affected by heat
stress and may find relief from ocean warming offsetting low pH
effects. While in temperate regions, warmer temperatures may benefit
temperate calcifying species by compensating for ocean acidification –

conversely, temperate species, accustomed to colder waters, can be
significantly impacted by even a small temperature increase, high-
lighting the importance of relative temperature changes in assessing
organismal vulnerability. Therefore, it is imperative to refrain from
preconceiving that global change invariably leads to negative out-
comes, especially in cases of cumulative effects, where one stressor
may mask the impact of another (antagonistic interactions)27,31. In this
case and to follow the terminology in the field – here, we refer to a
stressor as any natural or anthropogenic factor that leads to a mea-
surable alteration in biological reactions, whether the change is
favorable or adverse; similar to a ‘driver’32,33.

Furthermore, dynamic shifts in climatic stressors are complex
and vary on diurnal and seasonal timescales across a wide range of
marine ecosystems34–37. It is therefore essential to investigate
responses to interacting stressors. As seen in tide pools and coral
reefs, global stressors can vary diurnally and seasonally, leading to
potentially synergistic or antagonistic effects38,39. Therefore, inves-
tigating these effects across various trophic levels becomes an
essential first step to understand the complexities of marine eco-
system interactions. Previous studies have shown that different
trophic levels vary widely in their sensitivity to climatic stressors
across ecosystems9,22,40,41. Specifically, with respect to marine eco-
systems, herbivores that are primary consumers and represent a low
position in the food web are the most vulnerable group to OA and
OW, whereas higher trophic levels (i.e., predators) demonstrate
greater tolerances than lower trophic levels9,41. Although environ-
mental stress models that have been influential in marine ecology
suggest that environmental stress effects should vary predictably
across trophic levels42,43, a basic understanding whether multiple
stressor effects vary across marine trophic levels remains unknown.
In the present study, we assemble a large dataset including 486
observations from 162 fully factorial experiments in a meta-analysis
to examine whether marine species from different trophic levels
demonstrate differential responses to the single and combined
stress of OA and OW (Fig. 1). We also tested if the distribution of
interaction types (i.e., additive, synergistic, and antagonistic) differs
across trophic levels. Finally, we additionally assessed how stressors,
individually and in combination, influence marine species along a
latitudinal gradient and among climate regions.

Results
Effects of ocean acidification, ocean warming, and their inter-
action on marine trophic levels
Overall, OA, OW, and their combination affected marine species dif-
ferently (QM = 15.39, p =0.002; Supplementary Table 3). Our data
revealed that bothOA (LnRR =�0.110, 95%CI =�0.185 to�0.034) and
OW (LnRR =�0.106, 95% CI =�0.182 to �0.030) exerted detrimental
effects, although the combined effect remained negligible (Fig. 2;
Supplementary Table 4). Antagonistic and additive interactions
accounted for 44% and 40% of all interactions, respectively, with
synergistic interactions being minimal at 16% (Fig. 2).

Trophic levels responded differently to these stressors
(QM = 22.28, p = 0.035; Supplementary Table 3). Primary producers
benefited from OA, while meso-predators and top-predators
remained unaffected. Combining meso-predators and top-
predators (Predator) resulted in a marginal negative OA effect
(Fig. 2; Supplementary Table 4). In contrast, herbivores suffered
significant negative effects fromOA (Fig. 2; Supplementary Table 4).
OW exhibited similar effects across trophic levels, positively
impacting primary producers and predators, but negatively affect-
ing herbivores. We noted similar patterns for OA and OW across
marine trophic levels, with detrimental effects decreasing as trophic
rank increased (Fig. 2; Supplementary Table 4). However, the com-
bined effect, while following a similar pattern, remained insignif-
icant, suggesting additive interactions across trophic levels (Fig. 2;
Supplementary Table 4).

Interaction types varied significantly across different trophic
levels (χ2 = 14.24, p =0.027, df = 6, n = 162). Additive effects were pre-
dominantly observed across trophic levels, increasing with the rank of
trophic levels and irrespective of whether meso-predators and top-
predators weremerged or not (Donut plots in Fig. 2), while synergistic
effects were less common (<17%). Synergistic interactions were less
common for predators in general, and were absent in top-
predators (Fig. 2).

Effects of ocean acidification, ocean warming, and their inter-
action on calcifying and non-calcifying species at different
trophic levels
Calcifiers and non-calcifiers were affected differently by stressors
(QM = 12.29, p =0.007; Supplementary Table 3). OA negatively affected
calcifiers, but OW and the combination of OA and OW had no effect
(Fig. 3a; Supplementary Table 5). Herbivores were significantly
adversely affected byOA, while primary producers and predators were
minimally affected (Fig. 3a; Supplementary Table 5). OW positively
affected primary producers and predators, while herbivores experi-
enced a negative effect of OW (Fig. 3a). The combined effects of OA
and OW were non-significant across all trophic levels, with dominant
additive and antagonistic interactions in calcifying species, and a
minimal occurrence of synergistic effects (<20%) (Fig. 3a); however,
the frequencies of interaction types did not differ significantly
(χ2 = 5.54, p =0.477, df = 6, n = 113).

Stressors had different effects on non-calcifying species
(QM = 9.38, p =0.025; Supplementary Table 3). OW had significant
negative effects, while OA and combined effects were insignificant
(Fig. 3b; Supplementary Table 6). OA positively affected non-calcifying
primary producers, but negatively affected herbivores and meso-
predators (Fig. 3b; Supplementary Table 6). OW had a large mean
positive effect on top-predators (lnRR =0.206 corresponding to a
22.8% change), yet a high degree of variability made this effect non-
significant (Fig. 3b; Supplementary Table 6). Overall, we observed
significant variation in interaction types among non-calcifying species
across different trophic levels (χ2 = 12.74,p =0.047,df = 6,n = 49), with
synergistic interactions being less common than additive and antag-
onistic effects (Fig. 3b).
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Relationship between main effect sizes and latitude across
trophic levels
Linear relationships between the main effect sizes and latitudes indi-
cated varying trends among trophic levels, though most trends were
statistically non-significant (Fig. 4; Supplementary Table 7). In low-
latitude species, a negative slope indicated a higher tolerance to
stressors. On the other hand, a positive slope indicated an increased
sensitivity in tropical species when compared to those in higher lati-
tudes. Furthermore, the degree of variation between tropical andpolar
regionswas represented by the steepness of this slope. A steeper slope
implies a more pronounced difference between these regions. OA
consistently affected all species along the latitudinal gradient, except
top-predators, which showed a significant negative slope. However, we
consider this a weak result due to a small sample size (n = 9) (Fig. 4). In

contrast, the significant negative intercept of herbivores, reflects that
herbivores in low latitudeswere significantly negatively affected byOA
(Fig. 4). OW showed no significant latitude-related effects on any
trophic levels, except primary producers. Interestingly, the combined
effects resembled those of individual OA effects, with some deviations
for herbivores (Fig. 4).

Effects of ocean acidification, ocean warming, and their inter-
action on marine species across different climate regions
Overall, the individual effects of OA, OW, and their combined impact
on tropical species were not significantly different (QM = 7.12,
p =0.068; Supplementary Table 3). The individual effects of OA and
OW were similar and negligible, yet their combined effects were
notablypositive (Fig. 5; Supplementary Table 8). On theother hand, for
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Fig. 1 | Global distribution of factorial experimental climate change studies of ocean acidification and ocean warming on marine species. Climatic regions are
denoted by points color.
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Fig. 2 | Orchard plots showing mean of main effect size, confidence interval
(CIs, bold line), and individual effect size with precision (1/SE) for ocean acid-
ification (green), ocean warming (blue), and their combined effects (red) on
marine trophic levels. Mean effect size and 95% confidence intervals were esti-
mated from multi-level meta-analytic models (two-sided) included trophic levels
and stressors as moderators using main effect sizes. 95% confidence interval does

not overlap with zero indicating significant effect showing by asterisk
(0.01 < *p <0.05; 0.001 < **p <0.01; ***p <0.001). The panel of Predator was formed
by merging the Meso-predator and top-predator. Donut charts indicate the fre-
quencies (%) of additive, antagonistic, and synergistic interaction types. Numbers
inside donut charts indicate the number of observations (k).
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subtropical species OA and OW individually had marked negative
effects (QM = 13.98, p =0.003; Supplementary Table 3), but in combi-
nation had no effect (Fig. 5; Supplementary Table 8). For temperate
species, OA and OW individually showed minor negative effects
(QM = 7.44, p = 0.059; Supplementary Table 3), but their combined
effect was significantly detrimental.

Interaction effect types differed among climate regions
(χ2 = 26.57, p < 0.001, df= 4, n = 162; Fig. 5). The majority of effects
were additive and antagonistic across these regions. Synergistic
interactions were relatively rare, being completely absent in tropical
regions, while accounting for 23% in subtropical regions, and 13% in
temperate regions (Fig. 5).

Discussion
Our results revealed that herbivores were the most sensitive trophic
level compared to predators and primary producers, which, in
contrast, were highly tolerant to OA and OW stressors and their

interactive effects. These results support previous findings of a
recentmeta-analysis9, despite the current study using only one-third
of the number of species and studies of the previous analysis. The
main reason for the smaller number of studies included here was
because this meta-analysis only included fully factorial designs with
both ocean warming and acidification. Although the combined
effects of OA and OW did not vary among trophic levels, the pattern
of mean effect sizes was however once again consistent with pre-
vious research about marine trophic levels and tolerance against
climate change for individual stressors. For example, Hu et al.9,41

demonstrated a pattern, similar to the results presented here,
whereby the effects of OA andOWwere greatest on herbivores while
higher trophic levels demonstrated greater tolerance. However, it is
important to note that the combined effects of OA and OW were
much lower than their individual effects (OA or OW), with the
interaction effect often positioned around zero. This was a some-
what surprising result compared to what experts have predicted
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about multiple climate stressors and their potential to induce
synergistic interactions (see discussion below).

Concerning primary producers, we obtained a somewhat unex-
pected result in which OA had a positive effect. However, this result
may be explained by the fact that high CO2 levels in the surrounding
environment can be used as a resource, and have the potential to
increase the carbon fixation rates in some photosynthetic primary
producers44–46. Yet, the combined effect of OA and OW was negative,
where the low effect size from the elevated ocean temperature seems
to act antagonistically with OA, reversing the individual effects to an
even greater negative combined effect. The reason for this result is at
this point difficult to disclose, but a similar resultwas detected forboth
calcifying and non-calcifying primary producers (Fig. 3). The small
effect from OW was also to some extent a surprising result, as related
studies have demonstrated that primary producers thrive in high
concentrations of CO2 and warm ocean temperatures. Still, this may
involve only certain species of primary producers as ref. 47 found that
under the “future ocean” regime, larger chain-forming diatoms
became dominant at the expense of smaller pennate forms. Such dis-
parities across taxa may be what we detected in Fig. 2, where elevated
ocean temperatures (OW) produced to some degree, large variation
around the effect size (see blue symbols). In conclusion, our results
suggest that there is likely to be interspecific variation in the sensitivity
of primary producers to climatic stressors.

Our results also support the hypothesis that calcifying herbivores,
such as molluscs and echinoderms, are more sensitive to OA9,13,48–50.
Interestingly, for herbivores, the combined effects of OA and OW
appeared less detrimental compared to their individual effects, and
this was irrespective of calcifying or non-calcifying species. The com-
pensatory effect of OW could possibly be explained by the warmer
temperatures inOWtreatments, which can increase calciumcarbonate
precipitation kinetics and offset the reduction in calcification caused

by OA, a process observed in e.g. corals51. An alternative explanation is
that higher water temperatures benefit the development of species
(Supplementary Fig. 1), thereby reducing time in the vulnerable
planktonic and early benthic juvenile stages that are particularly sen-
sitive to stressors52–54. In addition, studies have also suggested that
ocean acidification and elevated temperatures impact different meta-
bolic pathways, and in these cases, temperature was the overriding
factor, particularly when focusing on mortality55,56. Accordingly, her-
bivores seem more sensitive to OA and OW compared to primary
producers when examining individual stressors in isolation. However,
the interactive effect on herbivores was less severe, with effect sizes
equal to primary producers, and lower compared to the predator
groups (Fig. 2), where the main drivers were the combined effects on
reproduction and survival (Supplementary Fig. 1).

We found that predators were relatively tolerant to the individual
effects of OA and OW9,41 and also to their combined effects. This sug-
gests that tolerance of predators to one stressor (OA or OW) may
confer tolerance to another (OW or OA) stressor when both stressors
act on the same physiological or ecological processes, or action
pathways of stressors interact57. For example, a study in a bony
omnivorous fish demonstrated that exposure to an acute sublethal
elevated temperature can lead to increased tolerance to acidification
challenges58 due to the linkage between CO2 levels and the expression
of the heat shockproteinsHsp70 andHsp90. The similarmagnitude of
effects by individual OA, OW, and their combination suggests that co-
tolerance may prevail among higher trophic levels in response to
multiple climatic stressors59,60.

Our study revealed trophic differences in response to combined
global change stressors, where higher trophic levels seem to be
more tolerant to climate stress than lower trophic levels, a pattern
which partly has been confirmed for single environmental stressors
by two previous studies9,41. However, other species-specific trait
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characteristics may additionally contribute to marine trophic dif-
ferences in response to climate change, such as variation in body
size61–63, functional groups within trophic levels40, differential ability
to control body status and physiological processes64–66, and differ-
ent activation energy values and metabolic rates among trophic
levels24,67,68. However, none of these variables are likely to individu-
ally drive the trophic differences, instead they may interact together
to contribute to the observed variation69.

Overall, our meta-analysis showed that synergistic interactions of
OA and OW are much less common (16%) compared to antagonistic
(44%) and additive (40%) interactions on marine species. Our results
contradict results from a previous meta-analysis49, which found that
synergistic interactions between OA and OW dominated in marine
ecosystems70. The disparity between the studies could likely be due to
difference in selection criteria of literature, where in our meta-analysis
we only included fully factorial experiments. On the other hand, our
findings are consistent with other recent reviews27,31,33,71,72, indicating
far fewer synergistic interactions than previously thought. It was also
evident that the proportion of synergistic interactions decreased with
increasing trophic rank, from primary producers (17%), herbivores
(17%), meso-predators (10%), to no synergistic interactions detected
among top-predators. The reduction in synergistic interactions, which
principally are viewed as detrimental33, while moving up the food web
may further support previous results that higher trophic levelsmay be
less sensitive to climatic stressors than lower trophic levels.

There is a growing interest in how climate change impacts on
marine organisms change along latitudinal gradients3,73. It is, for
example, widely known that biodiversity is more pronounced in the
tropics and species richness declines with increasing latitude73–75, but
see ref. 76. The pattern is evident in both terrestrial andmarine realms,
and is strongly correlatedwith temperature77,78. A study ref. 73 recently
showed that species richness has declined around the equator, parti-
cularly in latitudinal bands with average annual sea surface tempera-
tures exceeding 20 °C79. For elevated ocean temperatures, we confirm
the findings of recent studies in that the relationship between absolute
latitude andmain effect size were all positive in the direction of higher
latitudes (Fig. 4). Tropical species may be more sensitive to elevated
temperatures since they already live close to the upper limits of their
temperature tolerance3. What was additionally interesting, was the
apparent increase in variation of effect size found at 30° N/S and at 45°
N/S, particularly for primary producers and herbivores (Fig. 4). This
variation aligns with latitudinal shifts from the tropics through sub-
tropics to the temperate zone. While the causality of ocean warming
and acidification effects is well-supported, the influence of latitude, a
factor not experimentally controlled, on these effects warrants cau-
tious interpretation. This caution is particularly pertinent as the tropics
and subtropics expand poleward, influencing how various marine
organisms respond to climate change through mechanisms like rapid
adaption, adaptive phenotypic plasticity, ormigration capacity80. With
that said, it is important to remember that the mid-latitudes (between
30° N/S and 60° N/S) incorporate Australia in the southern hemi-
sphere, and North America, as well as Europe in the northern hemi-
sphere, and the simple fact is that most research grants and research
projects are concentrated in these specific regions.

Our study also aimed to contribute to the ongoing debate on how
marine species from different climate regions, specifically tropical,
subtropical, and temperate regions, respond to the simultaneous
exposure of OA and OW, and whether interactions are synergistic,
antagonistic, or additive. Our findings reveal intriguing and, in some
cases, unexpected responses to these combined stressors, exposing
the complex interplay between climate change-related factors and
their impacts on marine species. We found that temperate marine
species are significantly more affected when exposed to both OA and
OW together, as opposed to these stressors individually, suggesting a
synergistic effect. This contradicts the assumption thatwarmingmight

alleviate the effects of acidification in cold water environments81–83. In
this scenario, numerous marine species and particularly calcifying
organisms are at risk of decreasing growth, reproduction, and survival
rates84, which could lead to considerable changes in marine coastal
ecosystems via habitat loss and habitat simplification85. In contrast,
tropicalmarine specieswerenot negatively affectedwhen subjected to
each stressor individually, but actually experienced a positive inter-
active effect when both stressors were present. This result is to some
extent unexpected, given the many reports of coral bleaching in tro-
pical regions86–88. However, we emphasize that our meta-analysis does
not elucidate underlying mechanisms and that the credibility of these
results relies on various factors, particularly how well experimental
conditions replicated natural ecosystems. Still, this finding suggests
that several tropical species may have evolved mechanisms to cope
with individual stressors and, when combined, these stressors may
have either a reinforcing or a complementary effect. However, it would
be important to investigate which specific taxa exhibit this positive
interaction and whether this resilience can be generalized across all
tropical marine organisms. Lastly, an intriguing aspect of the results
was obtained for the subtropical group of marine species. Unlike the
temperate group, subtropical species displayed compensatory effects,
demonstrating antagonism when exposed to the combination of OA
and OW. This implies that the negative effects of these stressors are
less severe when they occur concurrently, compared to when they act
in isolation. The negative single-stressor effect is notable in contrast to
tropical species, which may have evolved adaptations to cope with
frequent warming events. Subtropical species, on the other hand may
be less prepared for extreme environmental changes. However,
understanding the specific mechanisms that underlie the antagonistic
effect in subtropical species could be pivotal for developing con-
servation strategies and identifying potential resilient species in the
face of climate change.

It is commonly advocated that conservation actions should focus
on local stressors, as global stressors are often difficult to control and
manage89,90. However, to implement effective mitigation strategies, it
is key to identify stressor interactions to understandwhich stressors to
act on, and when and where to intervene for prioritizing conservation
actions89,91,92. For that reason, we propose that trophic levels will be an
informative predictor and ecologically relevant for the future con-
servation actions, particularly, when species interactions are
involved69. Many research studies have promoted the need for multi-
ple stressor assessments and where the combined effects of OA and
OWwill instigate greater negative effects than just the sum of the two
(i.e., synergistic effects25,33). In this meta-analysis, we examined 486
observations from 162 fully factorial experiments, which should be
considered a large investigation with a particularly high statistical
power. It is therefore notable to observe that the interaction effect
between OA and OW often produced weaker negative effects than
single-factor effects, and sometimes, reduced the negative effect, with
additive and antagonistic interactions dominating. However, since it
appears that trophic levels from other environmental realms22,40,93 can
respond differently to individual stressors, the results presented here
may be exclusive to the marine realm and for that reason, multiple
stressors deserve additional research and a deeper understanding.

Methods
Data selection
We usedWeb of Science (WoS) as our search engine, using the ‘Web of
Science Core Collection’ databases on 21st of April 2021. We used the
following search strings: (ocean acidification OR elevat* CO2 OR cli-
mat* change) AND (ocean warming OR global warming OR global*
change) AND (multi* stress* OR interact* OR combine* OR synerg*)
AND (marineOR oceanOR sea). In addition to our literature survey, we
also performed a cross-reference check of our database with the lit-
erature used and cited in the previous meta-analysis and reviews
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focusing on ocean acidification and/or warming13,48–50,94,95. To ensure
better reproducibility, we reported detailed information regarding our
literature search as a PRISMA96 (Preferred Reporting Items for Sys-
tematic Reviews andMeta-Analyse) statement in Supplementary Fig. 2.

We focused our analyses on studies that simulated realistic future
scenarios, typically based on IPCC (AR5) scenario-representative con-
centration pathways (RCP 8.5). Under these pathways, pCO2 is pre-
dicted to increase, on average, from the current levels of ~400 to
~1000μatmby the end of the century, while sea surface temperature is
predicted to rise by an average (±1 SD) of ~3.7 ± 0.7 °C7,8, compared to
average sea surface temperatures in the 1990s.

To be considered, studies had to be fully factorial experiments
that incorporate the mean effect of control, individual stressor (OA
andOW), and combined effect treatments of OA andOW, aswell as the
sample size and the standard deviation (or standard error, or 95%
confidence intervals). Studies that used acid to manipulate carbonate
chemistry were excluded because they did not mimic the expected
changes in HCO�

3 concentrations and dissolved CO2. For studies that
included stressors other than acidification and warming, we only used
the control level (as determined by the author(s)) of the additional
stressor49. Studies that focused on a combination of direct and indirect
impacts (e.g., lower trophic levels response to climate change and
predator removal via trophic cascades) were excluded for two reasons:
(i) there is difficulty to define the control level of the indirect effect; (ii)
before addressing indirect effects, it is necessary to first understand
direct effects and their interactions.

In the literature, we focused on the following organismal response
variables: calcification, development, growth, metabolism, reproduc-
tion, and survival (mortality data were transformed to survival with [1 -
mortality])13,49,95. For multiple experimental treatments (where more
than one treatment group was compared to the control group), we
included the highest testing value that was within the range of the RCP
8.5 scenario, for example, if an experiment simultaneously included
2 °C- and 4 °C-increase treatments, the 4 °C-increase treatment was
selected. When several measurements were taken for one response
variable (i.e., bodymass and length for growth), we only used themost
inclusive one13,48. For studies with time series experiments, we only
included the response reported at the end of the experiment. When a
single experiment reported several responses related to the same
organism (e.g., growth, calcification, and metabolism of the same
organism were reported simultaneously), all responses were included.
Furthermore, several studies involved multiple species or locations,
which were all taken into account. Although the above selection cri-
teria may lead to the risk of non-independences of data, they however
ensure that we did not lose important information and statistical
power. When available, data were obtained from the data repository
platforms online. When not available, data were extracted from tables
if possible, or fromgraphical images in publications using the software
GraphClick (v. 3.0; Neuchatel, Switzerland) and WebPlotDigitizer
(v.4.4; www.arohatgi.info/WebPlotDigitizer).

Effect size calculation and interaction type classification
We calculated individual, overall, and interaction effect sizes for each
individual observation using ln-transformed response ratio97 and fol-
lowing methods given by Morris et al.98. Response ratios quantify the
proportional change in responses resulting from experimental treat-
ments and ln-transformed response ratio is commonly used as it has
robust statistical properties and can be easily interpreted. In addition,
the response ratio is, on average, a more powerful and less biased
effect size than other effect sizes (i.e., Standard mean difference or
Standard mean difference with heteroscedasticity) for global change
meta-analysis99.

In factorial experiments, the effect of a stressor can be measured
in two ways: by comparing the treatments with and without that
stressor in the absence of the other stressor (individual effects) or by

comparing the mean performance in the two treatments in which the
stressor is present vs. the two treatments in which the stressor is
absent (overall effects)98. In other words, individual effects reflect the
response in the presence of a stressor alone with respect to the con-
trol, while overall effects compare the net effect of a stressor in the
presence and absence of a second stressor, which provide a more
realisticmeasureof a stressor’s effect50.We compared individual effect
sizes with interaction effect sizes for classification of interaction type
and presented main effects of OA and OW as the true effect.

Thus, individual effect sizes of OA (LnRRoa) and OW (LnRRow)
were calculated relative to the control (CT) as:

LnRRoa = ln
�Xoa
�XCT

� �
= ln�Xoa � ln�XCT ð1Þ

LnRRow = ln
�Xow
�XCT

� �
= ln�Xow � ln�XCT ð2Þ

where �Xoa, �Xow and �XCT are the mean values of the corresponding
groups. For each factorial test, the main effect of OA (LnRROA) was
calculated as:

LnRROA = ln
1
2

�XOA + �XOAW

� �
1
2

�XCT + �XOW

� �
 !

= ln �XOA + �XOAW

� �� ln �XCT + �XOW

� �

ð3Þ
where �XOA and �XOW are themean values of the corresponding groups,
and �XOAW is the mean value of the combined effects. The sampling
variance was calculated as:

S2 LnRROA

� �
=

1
�XOA + �XOAW

� �2 S2OA
NOA

+
S2OAW
NOAW

 !

+
1

�XOW + �XCT

� �2 S2OW
NOW

+
S2CT
NCT

 ! ð4Þ

where S2OA, S
2
OW and S2OAW are sampling variances of OA, OW, and their

interaction groups, NOA, NOW , and NOAW are sample sizes of the cor-
responding groups. The overall effect of OW (LnRROW ) and its sam-
pling variance (S2 LnRROW

� �
) were obtained by switching �XOA and �XOW ,

NOA and NOW and SOA and SOW in Eq. 3 and Eq. 4.
The interaction effect size of OA and OW (LnRROAW ) was calcu-

lated as:

LnRROAW = ln
�XOAW
�XOW

� �
� ln

�XOA
�XCT

� �
= ln �XOAW

�XCT

� �� ln �XOA
�XOW

� � ð5Þ

which has a sampling variance:
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2
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2
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2
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The interaction effect size for each factorial experiment was cal-
culated by comparing the null predicted additive effect to the actual
observed effect of both stressors27 (Eq. 5; OA and OW in our case).
Therefore, each interaction effect size was based on the absolute ln-
transformed difference between the observed net effect of dual
stressors against a hypothetical additive outcome based on the pro-
duct of their single independent effects (calculated by Eqs. 1 and 2).
Following Jackson et al.27, we inverted the sign of the interaction effect
size when the additive individual effects were negative (i.e., when both
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individual effect sizes were negative, or the negative individual effect
size had the higher absolute value if they are in opposing71; determined
by Eqs. 1 and 2). By doing this, we could use interaction effect sizes
irrespective of their directionality to classify interaction type for each
experiment71. This means that a positive interaction effect size repre-
sents a synergistic interaction that a combined effect greater71 (more
positive or more negative) than the addition of their single effects100,
and a negative interaction effect size reflects antagonism. An interac-
tion effect size across zero indicates an exact additive effect of two
stressors (i.e., their combined effect same as the addition of their
individual effect).

Multi-level meta-analysis models
The publications that included in our dataset often report more than
one effect size; for example, they measured different responses (e.g.,
growth and calcification); they used multiple species or conducted
experiments at multiple sites. Furthermore, experiments may be
conducted by the same author(s) with species from the same water or
country. This can however result in correlations (clustering) among
these effect sizes, which invalidates model assumptions of
independence101. To manage the potential issues of non-indepen-
dence, we used random effects models with sampling variance-
covariance matrices for our meta-analysis.

We first identified the optimal randomeffects structure of amulti-
level meta-analytic model without moderators for the full dataset. We
tested random effects including a study identifier (unique identifier
per publication), a species identifier (unique identifier per species),
while an individual effect size identifier was always included in the
model (in order to quantify residual heterogeneity), the country
(unique identifier per country) in which the experiment was per-
formed, and the author group that studies shared the first author
(Supplementary Table 1). All of the random effects, but the effect size
identifier, were possible clustering factors. Model comparisons were
conducted on models fitting with Maximum Likelihood102. In addition
to the optimal random effects structure, variance-covariancematrices
that assumed a correlation of 0.5 between effect sizes were calculated
to describe the relationship among effect sizes that shared sampling
errors (i.e., effect sizes from same organisms)9,103.

After the determination of the optimal random effects structure
and calculation of variance-covariancematrices (which was used the
sampling variance calculated by Eqs. 4 and 6), they were included in
a series of multi-level meta-analytic models where selected catego-
rical moderators were treated as fixed effects to assess overall
effects at each level of each category using main and interaction
effect sizes (calculated by Eqs. 3 and 5). Because we were interested
in the effects of OA and OW and their combined effects on trophic
levels, we ran multi-level meta-analyses treated stressors and
trophic levels as moderators. Trophic levels were classified follow-
ing an earlier work9 into primary producer, herbivore, meso-pre-
dator, and top-predator. However, discontinuous distribution of
trophic position was only evident among lower trophic levels (i.e.,
primary producer and herbivore), whereas, above the herbivore
trophic level, food webs are better characterized as a tangled web
where trophic position are continuous104. For this reason, wemerged
the “meso-predator” and “top-predator” levels into one level as the
“predator”. We presented results for both merged and unmerged of
meso and top-predators.

Previous meta-analysis on climatic stressors have shown that
marine calcifiers and non-calcifiers differ in their sensitivity to global
climatic stressors9,13,50, thus we performed models on each trophic
level of calcifiers and non-calcifiers that also included stressors as
the moderator. Earlier works have shown that impacts by climate
change are particularly striking for the trophic species such as coral-
algal symbiosis105,106. Therefore, we also tested the relationship
between the latitude and effect sizes to investigate the pattern of

effect along the latitude across climatic regions. Additionally, we
carried out a subset meta-analysis, treating the stressor as the
moderator. In this analysis, all trophic levels were pooled for each
climatic region: tropical (between 23.5° North and 23.5° South),
subtropical (ranging from 23.5° to 35° in both hemispheres), and
temperate (extending from 35° to 66.5° in both hemispheres)
(Fig. 1). Notably, since the number of observations in the polar
region (areas beyond 66.5° latitude in both hemispheres) was too
low (n = 6) to provide meaningful interpretation, we grouped them
with the temperate category.

Publication bias and sensitivity analysis
Publication bias threatens the validity of results from meta-analysis
when a subset of research findings, such as statistically significant
results, are more likely to be published107. Thus, it is important to test
for publication bias. We evaluated bias in two ways: (1) using a gra-
phical tool of funnel plots; and (2) a modified Egger’s regression test99.
Asymmetry funnels plots indicate there is evidence of publication
biases. However, the asymmetry may be due to heterogeneity among
effect sizes. Consequently, to reduce the impact of high heterogeneity
on the shape of funnel plots, we inspected the funnel plot from the
multi-level model including the optimal moderators and random
effects. Four moderators (Trophic levels, Calcifiers, and Stressors; See
Supplementary Table 2) associatedwith themain resultswere tested in
isolation and combination by comparing the AIC of models. The
optimal models then were used for the Egger’s regression test for
funnel asymmetry by including the standard error of the effect sizes as
a moderator108. A non-significant sampling error term indicates no
asymmetry and little evidence of publication bias. These two approa-
ches deal with non-independence of effect sizes, while the original
funnel plots and Egger’s regression does not109,110. We did not detect a
significant effect of sampling error (p = 0.4338) on effect sizes for our
dataset (Supplementary Fig. 3).

For sensitivity analysis, we provided results from a more
conservative model using variance-covariance matrices with a
correlation of 0.9 among correlated effect size sample variances
(Supplementary Tables 9–13). Results were comparable to the
correlation of 0.5 (presented) and none of any statistical sig-
nificance was reversed except for the relationship between lati-
tude and main effect size of OA for top-predators due to small
sample sizes. In addition, metabolism can be ambiguous with
respect to organismal performance where increased metabolism
(positive effect size) can be either beneficial or stressful to the
species111,112. For this reason, we changed the sign of the effect size
for metabolic responses, and then recalculated the main effects
that used for all analyses. The results were quantitatively similar
to the results using original metabolism data. All analyses men-
tioned in this study were conducted in R with the metafor (v.
4.3.0)package113.

Reporting summary
Further information on research design is available in the Nature
Portfolio Reporting Summary linked to this article.

Data availability
All data used in this study have been deposited on Zenodo digital
repository at https://doi.org/10.5281/zenodo.10198734.

Code availability
The R code used in this study have been deposited on Zenodo digital
repository at https://doi.org/10.5281/zenodo.10198752.

References
1. Parmesan, C. Ecological and evolutionary responses to recent

climate change. Annu. Rev. Ecol. Evol. Syst. 37, 637–669 (2006).

Article https://doi.org/10.1038/s41467-024-47563-3

Nature Communications |         (2024) 15:3400 9

https://doi.org/10.5281/zenodo.10198734
https://doi.org/10.5281/zenodo.10198752


2. Doney, S. C., Fabry, V. J., Feely, R. A. & Kleypas, J. A. Ocean
acidification: the other CO2 problem. Annu. Rev. Mar. Sci. 1,
169–192 (2009).

3. Doney, S. C. et al. Climate change impacts onmarine ecosystems.
Annu. Rev. Mar. Sci. 4, 11–37 (2012).

4. Nagelkerken, I., Goldenberg, S. U., Ferreira, C. M., Ullah, H. &
Connell, S. D. Trophic pyramids reorganize when food web
architecture fails to adjust to ocean change. Science 369,
829–832 (2020).

5. Vargas, C. A. et al. Upper environmental pCO2 drives sensitivity to
ocean acidification in marine invertebrates. Nat. Clim. Chang. 12,
200–207 (2022).

6. Calvin, K. et al. IPCC, 2023: Climate Change 2023: Synthesis
Report. In Contribution of Working Groups I, II and III to the Sixth
Assessment Report of the Intergovernmental Panel on Climate
Change (eds Core Writing Team, Lee, H. & Romero J.) (IPCC,
Geneva, Switzerland, 2023).

7. Hoegh-Guldberg, O. & Bruno, J. F. The impact of climate change
on the world’s marine ecosystems. Science 328, 1523–1528
(2010).

8. Bopp, L. et al. Multiple stressors of ocean ecosystems in the 21st
century: projections with CMIP5 models. Biogeosciences 10,
6225–6245 (2013).

9. Hu, N., Bourdeau, P. E., Harlos, C., Liu, Y. & Hollander, J. Meta-
analysis reveals variance in tolerance to climate change across
marine trophic levels. Sci. Total Environ. 827, 154244 (2022).

10. Gattuso, J.-P., Frankignoulle, M. & Wollast, R. Carbon and carbo-
nate metabolism in coastal aquatic ecosystems. Annu. Rev. Ecol.
Syst. 29, 405–434 (1998).

11. Miles, H., Widdicombe, S., Spicer, J. I. & Hall-Spencer, J. Effects of
anthropogenic seawater acidification on acid–base balance in the
sea urchin Psammechinus miliaris. Mar. Pollut. Bull. 54, 89–96
(2007).

12. Gazeau, F. et al. Impact of elevated CO2 on shellfish calcification.
Geophys. Res. Lett. 34, L07603 (2007).

13. Kroeker, K. J., Kordas, R. L., Crim, R. N. & Singh, G. G.Meta-analysis
reveals negative yet variable effects of ocean acidification on
marine organisms: Biological responses to ocean acidification.
Ecol. Lett. 13, 1419–1434 (2010).

14. Leung, J. Y. S., Zhang, S. & Connell, S. D. Is Ocean acidification
really a threat to marine calcifiers? A systematic review andmeta‐
analysis of 980+ studies spanning two decades. Small 18,
2107407 (2022).

15. Kroeker, K. J., Micheli, F., Gambi, M. C. & Martz, T. R. Divergent
ecosystem responses within a benthic marine community to
ocean acidification. Proc. Natl Acad. Sci. USA 108, 14515–14520
(2011).

16. Pan, T.-C. F., Applebaum, S. L. & Manahan, D. T. Experimental
ocean acidification alters the allocation ofmetabolic energy. Proc.
Natl Acad. Sci. USA 112, 4696–4701 (2015).

17. Frieder, C. A., Applebaum, S. L., Pan, T.-C. F. & Manahan, D. T.
Shifting balance of protein synthesis and degradation sets a
threshold for larval growth under environmental stress. Biol. Bull.
234, 45–57 (2018).

18. Connell, S. D., Kroeker, K. J., Fabricius, K. E., Kline, D. I. & Russell, B.
D. The other ocean acidification problem: CO2 as a resource
among competitors for ecosystem dominance. Philos. Trans. R.
Soc. B 368, 20120442 (2013).

19. Cornwall, C. E., Comeau, S. & McCulloch, M. T. Coralline algae
elevate pH at the site of calcification under ocean acidification.
Glob. Chang. Biol. 23, 4245–4256 (2017).

20. O’Connor,M. I., Piehler, M. F., Leech, D. M., Anton, A. & Bruno, J. F.
Warming and resource availability shift food web structure and
metabolism. PLoS Biol. 7, e1000178 (2009).

21. Sanford, E. Regulation of keystone predation by small changes in
ocean temperature. Science 283, 2095–2097 (1999).

22. Petchey, O. L., McPhearson, P. T., Casey, T. M. & Morin, P. J.
Environmental warming alters food-web structure and ecosystem
function. Nature 402, 69–72 (1999).

23. Wernberg, T., Smale, D. A. & Thomsen, M. S. A decade of climate
change experiments on marine organisms: procedures, patterns
and problems. Glob. Chang. Biol. 18, 1491–1498 (2012).

24. Jackson, M. C., Pawar, S. &Woodward, G. The temporal dynamics
of multiple stressor effects: from individuals to ecosystems.
Trends Ecol. Evol. 36, 402–410 (2021).

25. Crain,C.M., Kroeker, K. &Halpern, B. S. Interactive andcumulative
effects of multiple human stressors in marine systems. Ecol. Lett.
11, 1304–1315 (2008).

26. Dieleman, W. I. J. et al. Simple additive effects are rare: a quanti-
tative review of plant biomass and soil process responses to
combined manipulations of CO2 and temperature. Glob. Chang.
Biol. 18, 2681–2693 (2012).

27. Jackson, M. C., Loewen, C. J. G., Vinebrooke, R. D. & Chimimba, C.
T. Net effects of multiple stressors in freshwater ecosystems: a
meta-analysis. Glob. Chang. Biol. 22, 180–189 (2016).

28. Folt, C. L., Chen, C. Y., Moore, M. V. & Burnaford, J. Synergism and
antagonism among multiple stressors. Limnol. Oceanogr. 44,
864–877 (1999).

29. Humphreys, M. P. Climate sensitivity and the rate of ocean acid-
ification: future impacts, and implications for experimental
design. ICES J. Mar. Sci. 74, 934–940 (2017).

30. Cole, C., Finch, A. A., Hintz, C., Hintz, K. & Allison, N. Effects of
seawater pCO2 and temperature on calcification and productivity
in the coral genus Porites spp.: an exploration of potential inter-
action mechanisms. Coral Reefs 37, 471–481 (2018).

31. Tekin, E. et al. Using a newly introduced framework to measure
ecological stressor interactions. Ecol. Lett. 23, 1391–1403 (2020).

32. Boyd, P. & Hutchins, D. Understanding the responses of ocean
biota to a complex matrix of cumulative anthropogenic change.
Mar. Ecol. Prog. Ser. 470, 125–135 (2012).

33. Côté, I. M., Darling, E. S. & Brown, C. J. Interactions among eco-
system stressors and their importance in conservation. Proc. R.
Soc. B. 283, 20152592 (2016).

34. Gunderson, A. R., Armstrong, E. J. & Stillman, J. H. Multiple
stressors in a changing world: the need for an improved per-
spective on physiological responses to the dynamic marine
environment. Annu. Rev. Mar. Sci. 8, 357–378 (2016).

35. Ward, R. D., Friess, D. A., Day, R. H. & Mackenzie, R. A. Impacts of
climate change on mangrove ecosystems: a region by region
overview. Ecosyst. Health Sustain. 2, e01211 (2016).

36. Kendrick, G. A. et al. A systematic reviewof howmultiple stressors
from an extreme event drove ecosystem-wide loss of resilience in
an iconic seagrass community. Front. Mar. Sci. 6, 455 (2019).

37. Porter, J. W., Lewis, S. K. & Porter, K. G. The effect of multiple
stressors on the Florida Keys coral reef ecosystem: a landscape
hypothesis and a physiological test. Limnol. Oceanogr. 44,
941–949 (1999).

38. Morris, S. & Taylor, A. C. Diurnal and seasonal variation in physico-
chemical conditions within intertidal rock pools. Estuar., Coast.
Shelf Sci. 17, 339–355 (1983).

39. Bates, N. R. Seasonal variability of the effect of coral reefs on
seawater CO2 and air-sea CO2 exchange. Limnol. Oceanogr. 47,
43–52 (2002).

40. Voigt,W. et al. Trophic levels aredifferentially sensitive to climate.
Ecology 84, 2444–2453 (2003).

41. Hu, N., Brönmark, C., Bourdeau, P. E. & Hollander, J. Marine gas-
tropods at higher trophic level show stronger tolerance to ocean
acidification. Oikos 2022, e08890 (2022).

Article https://doi.org/10.1038/s41467-024-47563-3

Nature Communications |         (2024) 15:3400 10



42. Connell, R. W. Some Mechanisms Producing Structure in Natural
Communities: A Model and Evidence from Field Experiments
(Belknap Press of Harvard Univ., Cambridge, 1975).

43. Menge, B. A. & Sutherland, J. P. Species diversity gradients:
synthesis of the roles of predation, competition, and temporal
heterogeneity. Am. Nat. 110, 351–369 (1976).

44. Connell, S. D. & Russell, B. D. The direct effects of increasing CO2

and temperature on non-calcifying organisms: increasing the
potential for phase shifts in kelp forests. Proc. R. Soc. B. 277,
1409–1415 (2010).

45. Harley, C. D. G. et al. Effects of climate change on global seaweed
communities. J. Phycol. 48, 1064–1078 (2012).

46. Koch, M., Bowes, G., Ross, C. & Zhang, X.-H. Climate change and
ocean acidification effects on seagrasses andmarinemacroalgae.
Glob. Chang. Biol. 19, 103–132 (2013).

47. Tortell, P. D. et al. CO2 sensitivity of Southern Ocean phyto-
plankton. Geophys. Res. Lett. 35, L04605 (2008).

48. Kroeker, K. J. et al. Impacts of ocean acidification on marine
organisms: quantifying sensitivities and interaction with warming.
Glob. Chang. Biol. 19, 1884–1896 (2013).

49. Harvey, B. P., Gwynn-Jones, D. &Moore, P. J. Meta-analysis reveals
complex marine biological responses to the interactive effects of
ocean acidification and warming. Ecol. Evol. 3, 1016–1030 (2013).

50. Przeslawski, R., Byrne, M. & Mellin, C. A review and meta-analysis
of the effects of multiple abiotic stressors onmarine embryos and
larvae. Glob. Chang. Biol. 21, 2122–2140 (2015).

51. McCulloch,M., Falter, J., Trotter, J. &Montagna, P. Coral resilience
to ocean acidification and global warming through pH up-
regulation. Nat. Clim. Chang. 2, 623–627 (2012).

52. Gosselin, L. & Qian, P. Juvenile mortality in benthic marine inver-
tebrates. Mar. Ecol. Prog. Ser. 146, 265–282 (1997).

53. Pechenik, J. On the advantages anddisadvantages of larval stages
in benthicmarine invertebrate life cycles.Mar. Ecol. Prog. Ser. 177,
269–297 (1999).

54. Byrne, M. & Przeslawski, R. Multistressor impacts of warming and
acidification of the ocean on marine invertebrates’ life histories.
Integr. Comp. Biol. 53, 582–596 (2013).

55. Findlay, H. S., Kendall,M. A., Spicer, J. I. &Widdicombe, S. Relative
influences of ocean acidification and temperature on intertidal
barnacle post-larvae at the northern edge of their geographic
distribution. Estuar. Coast. Shelf Sci. 86, 675–682 (2010).

56. Lischka, S., Büdenbender, J., Boxhammer, T. &Riebesell, U. Impact
of ocean acidification and elevated temperatures on early juve-
niles of the polar shelled pteropod Limacina helicina: mortality,
shell degradation, and shell growth. Biogeosciences 8,
919–932 (2011).

57. Vinebrooke, R. D. et al. Impacts of multiple stressors on biodi-
versity and ecosystem functioning: the role of species co-
tolerance. Oikos 104, 451–457 (2004).

58. Feidantsis, K., Pörtner, H.-O., Antonopoulou, E. & Michaelidis, B.
Synergistic effects of acutewarming and lowpHon cellular stress
responses of the gilthead seabream Sparus aurata. J. Comp.
Physiol. B 185, 185–205 (2015).

59. Hochachka, P. W. & Somero, G. N. Biochemical Adaptation:
Mechanism and Process in Physiological Evolution (Oxford Univ.
Press, New York, 2002).

60. Kültz, D. Molecular and evolutionary basis of the cellular stress
response. Annu. Rev. Physiol. 67, 225–257 (2005).

61. Brown, J. H., Gillooly, J. F., Allen, A. P., Savage, V. M. &West, G. B.
Toward a metabolic theory of ecology. Ecology 85, 1771–1789
(2004).

62. Andersen, K. H. et al. Characteristic sizes of life in the oceans, from
bacteria to whales. Annu. Rev. Mar. Sci. 8, 217–241 (2016).

63. Rohr, J. R. et al. The complex drivers of thermal acclimation and
breadth in ectotherms. Ecol. Lett. 21, 1425–1439 (2018).

64. Pörtner, H. O. Synergistic effects of temperature extremes,
hypoxia, and increases in CO2 on marine animals: from Earth his-
tory to global change. J. Geophys. Res. 110, C9 (2005).

65. Melzner, F. et al. Swimming performance in Atlantic Cod
(Gadus morhua) following long-term (4–12 months) acclima-
tion to elevated seawater PCO2. Aquat. Toxicol. 92, 30–37
(2009).

66. Wittmann, A. C. & Pörtner, H.-O. Sensitivities of extant animal taxa
to ocean acidification. Nat. Clim. Chang. 3, 995–1001 (2013).

67. Yvon-Durocher, G., Jones, J. I., Trimmer, M., Woodward, G. &
Montoya, J. M. Warming alters the metabolic balance of ecosys-
tems. Philos. Trans. R. Soc. B 365, 2117–2126 (2010).

68. Gilbert, B. et al. A bioenergetic framework for the temperature
dependence of trophic interactions. Ecol. Lett. 17, 902–914
(2014).

69. Kroeker, K. J., Kordas, R. L. & Harley, C. D. G. Embracing interac-
tions in ocean acidification research: confrontingmultiple stressor
scenarios and context dependence. Biol. Lett. 13, 20160802
(2017).

70. Ban, S. S., Graham, N. A. J. & Connolly, S. R. Evidence for multiple
stressor interactions and effects on coral reefs.Glob. Chang. Biol.
20, 681–697 (2014).

71. Piggott, J. J., Townsend, C. R. & Matthaei, C. D. Reconceptualizing
synergism and antagonism among multiple stressors. Ecol. Evol.
5, 1538–1547 (2015).

72. Orr, J. A. et al. Towards a unified study of multiple stressors:
divisions and common goals across research disciplines. Proc. R.
Soc. B. 287, 20200421 (2020).

73. Chaudhary, C., Richardson, A. J., Schoeman, D. S. & Costello, M. J.
Global warming is causing a more pronounced dip in marine
species richness around theequator.Proc.Natl Acad. Sci. USA 118,
e2015094118 (2021).

74. Hillebrand, H. On the generality of the latitudinal diversity gra-
dient. Am. Nat. 163, 192–211 (2004).

75. Condamine, F. L., Sperling, F. A. H., Wahlberg, N., Rasplus, J.-Y. &
Kergoat, G. J. What causes latitudinal gradients in species diver-
sity? Evolutionary processes and ecological constraints on swal-
lowtail biodiversity: phylogeny and latitudinal diversity gradient.
Ecol. Lett. 15, 267–277 (2012).

76. Thyrring, J. & Harley, C. D. G. Marine latitudinal diversity gradients
are generally absent in intertidal ecosystems. Ecology https://doi.
org/10.1002/ecy.4205 (2003).

77. Macpherson, E. Large–scale species–richness gradients in the
Atlantic Ocean. Proc. R. Soc. Lond. B 269, 1715–1720 (2002).

78. Yasuhara, M. et al. Past and future decline of tropical pelagic
biodiversity. Proc. Natl Acad. Sci. USA 117, 12891–12896 (2020).

79. Chaudhary, C., Saeedi, H. & Costello, M. J. Bimodality of latitu-
dinal gradients in marine species richness. Trends Ecol. Evol. 31,
670–676 (2016).

80. Hollander, J., Linden, O., Gudka, M., Duncan, M. & Ran-
drianandrasana, J. Marine organisms responses to climate
change effects in the Western Indian. J. Indian Ocean Rim
Stud. 3, 33–59 (2020).

81. Byrne, M. Impact of ocean warming and ocean acidification on
marine invertebrate life history stages: vulnerabilities and poten-
tial for persistence in a changing ocean. Oceanogr. Mar. Biol.
Annu. Rev. 49, 1–42 (2011).

82. Sheppard Brennand, H., Soars, N., Dworjanyn, S. A., Davis, A. R. &
Byrne, M. Impact of ocean warming and ocean acidification on
larval development and calcification in the sea urchin Tripneustes
gratilla. PLoS ONE 5, e11372 (2010).

83. Arnberg,M. et al. Elevated temperature elicits greater effects than
decreased pH on the development, feeding and metabolism of
northern shrimp (Pandalus borealis) larvae. Mar. Biol. 160,
2037–2048 (2013).

Article https://doi.org/10.1038/s41467-024-47563-3

Nature Communications |         (2024) 15:3400 11

https://doi.org/10.1002/ecy.4205
https://doi.org/10.1002/ecy.4205


84. Hoppit, G. & Schmidt, D. N. A regional view of the response to
climate change: a meta-analysis of European benthic organisms’
responses. Front. Mar. Sci. 9, 896157 (2022).

85. Agostini, S. et al. Simplification, not “tropicalization”, of temperate
marine ecosystems under ocean warming and acidification.Glob.
Chang. Biol. 27, 4771–4784 (2021).

86. Hoegh-Guldberg, O. Climate change, coral bleaching and the
future of the world’s coral reefs.Mar. Freshwater Res. https://doi.
org/10.1071/MF99078 (1999).

87. Sully, S., Burkepile, D. E., Donovan, M. K., Hodgson, G. & Van
Woesik, R. A global analysis of coral bleaching over the past two
decades. Nat. Commun. 10, 1264 (2019).

88. Hughes, T. P. et al. Global warming and recurrent mass bleaching
of corals. Nature 543, 373–377 (2017).

89. Ghedini, G., Russell, B. & Connell, S. Managing local coastal
stressors to reduce the ecological effects of ocean acidification
and warming. Water 5, 1653–1661 (2013).

90. Strain, E. M. A., Thomson, R. J., Micheli, F., Mancuso, F. P. & Airoldi,
L. Identifying the interacting roles of stressors in driving the global
loss of canopy-forming to mat-forming algae in marine ecosys-
tems. Glob. Chang. Biol. 20, 3300–3312 (2014).

91. Brown, C. J., Saunders, M. I., Possingham, H. P. & Richardson, A. J.
Managing for interactions between local and global stressors of
ecosystems. PLoS ONE 8, e65765 (2013).

92. Brown, C. J., Saunders, M. I., Possingham, H. P. & Richardson, A. J.
Interactions between global and local stressors of ecosystems
determine management effectiveness in cumulative impact
mapping. Divers. Distrib. 20, 538–546 (2014).

93. Vasseur, D. A. & McCann, K. S. A mechanistic approach for mod-
eling temperature‐dependent consumer‐resource dynamics. Am.
Nat. 166, 184–198 (2005).

94. Nagelkerken, I. & Connell, S. D. Global alteration of ocean eco-
system functioning due to increasing humanCO2 emissions. Proc.
Natl Acad. Sci. USA 112, 13272–13277 (2015).

95. Cattano, C., Claudet, J., Domenici, P. &Milazzo, M. Living in a high
CO2 world: a global meta-analysis shows multiple trait-mediated
fish responses to ocean acidification. Ecol. Monogr. 88, 320–335
(2018).

96. Page, M. J. et al. The PRISMA 2020 statement: an updated
guideline for reporting systematic reviews. BMJ https://doi.org/
10.1136/bmj.n71 (2021).

97. Hedges, L. V., Gurevitch, J. & Curtis, P. S. The meta-analysis of
response ratios in experimental ecology. Ecology 80, 1150–1156
(1999).

98. Morris, W. F. et al. Direct and interactive effects of enemies and
mutualists on plant performance: a meta-analysis. Ecology 88,
1021–1029 (2007).

99. Yang, Y., Hillebrand, H., Lagisz, M., Cleasby, I. & Nakagawa, S.
Low statistical power and overestimated anthropogenic
impacts, exacerbated by publication bias, dominate field
studies in global change biology. Glob. Chang. Biol. 28,
969–989 (2022).

100. Gruner, D. S. et al. A cross-system synthesis of consumer and
nutrient resource control on producer biomass. Ecol. Lett. 11,
740–755 (2008).

101. Noble, D. W. A., Lagisz, M., O’dea, R. E. & Nakagawa, S. Non-
independence and sensitivity analyses in ecological and evolu-
tionary meta‐analyses. Mol. Ecol. 26, 2410–2425 (2017).

102. Harrison, X. A. et al. A brief introduction to mixed effects
modelling and multi-model inference in ecology. PeerJ 6,
e4794 (2018).

103. Bishop, J. &Nakagawa, S.Quantifying croppollinator dependence
and its heterogeneity usingmulti‐levelmeta‐analysis. J. Appl. Ecol.
58, 1030–1042 (2021).

104. Thompson, R. M., Hemberg, M., Starzomski, B. M. & Shurin, J. B.
Trophic levels and trophic tangles: the prevalence of omnivory in
real food webs. Ecology 88, 612–617 (2007).

105. Kleypas, J. A. & Langdon, C. Coral reefs and changing seawater
carbonate chemistry. In Coastal and Estuarine Studies Vol. 61
73–110 (Am. Geophys. Union, Washington, DC, 2006).

106. Hoegh-Guldberg, O. et al. Coral reefs under rapid climate change
and ocean acidification. Science 318, 1737–1742 (2007).

107. Rosenthal, R. The file drawer problem and tolerance for null
results. Psychol. Bull. 86, 638–641 (1979).

108. Egger, M., Smith, G. D., Schneider, M. & Minder, C. Bias in meta-
analysis detected by a simple, graphical test. BMJ 315, 629–634
(1997).

109. Nakagawa, S. et al. Methods for testing publication bias in eco-
logical and evolutionary meta‐analyses. Methods Ecol. Evol. 13,
4–21 (2022).

110. Nakagawa, S. & Santos, E. S. A. Methodological issues and
advances in biological meta-analysis. Evol. Ecol. 26, 1253–1274
(2012).

111. Munday, P., Crawley, N. & Nilsson, G. Interacting effects of ele-
vated temperature and ocean acidification on the aerobic per-
formance of coral reef fishes. Mar. Ecol. Prog. Ser. 388, 235–242
(2009).

112. Byrne, M. et al. Unshelled abalone and corrupted urchins: devel-
opment of marine calcifiers in a changing ocean. Proc. R. Soc. B.
278, 2376–2383 (2011).

113. Viechtbauer, W. Conducting meta-analyses in R with themetafor
Package. J. Stat. Soft. 36, 1–48 (2010).

Acknowledgements
We thank the Helge Ax:son Johnsons Foundation for financial support.
J.H. acknowledges the generous support by the Nippon Foundation
of Japan.

Author contributions
N.H., P.E.B. and J.H. conceived this study together and the project
advanced through close collaboration and discussions.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains
supplementary material available at
https://doi.org/10.1038/s41467-024-47563-3.

Correspondence and requests for materials should be addressed to
Johan Hollander.

Peer review information Nature Communications thanks Nova Miesz-
kowska and theother, anonymous, reviewers for their contribution to the
peer review of this work. A peer review file is available.

Reprints and permissions information is available at
http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jur-
isdictional claims in published maps and institutional affiliations.

Article https://doi.org/10.1038/s41467-024-47563-3

Nature Communications |         (2024) 15:3400 12

https://doi.org/10.1071/MF99078
https://doi.org/10.1071/MF99078
https://doi.org/10.1136/bmj.n71
https://doi.org/10.1136/bmj.n71
https://doi.org/10.1038/s41467-024-47563-3
http://www.nature.com/reprints


Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,
adaptation, distribution and reproduction in any medium or format, as
long as you give appropriate credit to the original author(s) and the
source, provide a link to the Creative Commons licence, and indicate if
changes were made. The images or other third party material in this
article are included in the article’s Creative Commons licence, unless
indicated otherwise in a credit line to the material. If material is not
included in the article’s Creative Commons licence and your intended
use is not permitted by statutory regulation or exceeds the permitted
use, you will need to obtain permission directly from the copyright
holder. To view a copy of this licence, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2024

Article https://doi.org/10.1038/s41467-024-47563-3

Nature Communications |         (2024) 15:3400 13

http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

	Responses of marine trophic levels to the combined effects of ocean acidification and warming
	Results
	Effects of ocean acidification, ocean warming, and their interaction on marine trophic�levels
	Effects of ocean acidification, ocean warming, and their interaction on calcifying and non-calcifying species at different trophic�levels
	Relationship between main effect sizes and latitude across trophic�levels
	Effects of ocean acidification, ocean warming, and their interaction on marine species across different climate regions

	Discussion
	Methods
	Data selection
	Effect size calculation and interaction type classification
	Multi-level meta-analysis�models
	Publication bias and sensitivity analysis
	Reporting summary

	Data availability
	Code availability
	References
	Acknowledgements
	Author contributions
	Competing interests
	Additional information




