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Plasmid-mediated phenotypic noise leads to
transient antibiotic resistance in bacteria
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The rise of antibiotic resistance is a critical public health concern, requiring an
understanding of mechanisms that enable bacteria to tolerate antimicrobial
agents. Bacteria use diverse strategies, including the amplification of drug-
resistance genes. In this paper, we showed that multicopy plasmids, often
carrying antibiotic resistance genes in clinical bacteria, can rapidly amplify
genes, leading to plasmid-mediated phenotypic noise and transient antibiotic
resistance. By combining stochastic simulations of a computational model
with high-throughput single-cell measurements of blaTEM-1 expression in
Escherichia coli MG1655, we showed that plasmid copy number variability
stably maintains populations composed of cells with both low and high plas-
mid copy numbers. This diversity in plasmid copy number enhances the
probability of bacterial survival in the presence of antibiotics, while also
rapidly reducing the burden of carrying multiple plasmids in drug-free envir-
onments. Our results further support the tenet that multicopy plasmids not
only act as vehicles for the horizontal transfer of genetic information between
cells but also as drivers of bacterial adaptation, enabling rapid modulation of
gene copy numbers. Understanding the role of multicopy plasmids in anti-
biotic resistance is critical, and our study provides insights into how bacteria
can transiently survive lethal concentrations of antibiotics.

The evolution and spread of antimicrobial resistance in clinical
pathogens represent a major public health problem that threatens to
become a global crisis1. Drug resistance is traditionally thought of as a
stable trait mediated by mutations in existing genes or by the acqui-
sition of dedicated drug resistance genes2. However, it has become
increasingly clear that resistance can also arise from a small fraction of
cells that are tolerant to antibiotics3 and can lead to treatment failure4,5.

Multiple genetic and metabolic mechanisms generate sub-
populations with varying levels of drug resistance. For example,

some bacterial populations harbor a subset of dormant cells,
known as persisters, that survive drug exposure and resume
growth once the antibiotic is withdrawn6. Other tolerance
mechanisms are based on the heterogeneous production of drug-
degrading enzymes7,8 or signaling molecules9, which generate
subpopulations with different degrees of drug susceptibility.
Additionally, bacterial populations may exhibit stochastic expres-
sion of genes encoding intrinsic antibiotic resistance mechanisms,
notably efflux pumps10,11.

Received: 24 April 2023

Accepted: 12 January 2024

Check for updates

1Center for Genomic Sciences, Universidad Nacional Autónoma de México, 62210 Cuernavaca, México. 2Department of Microbial Population Biology, Max
Planck Institute for Evolutionary Biology, 24306 Plön, Germany. 3Department of Microbiology, Ramón y Cajal University Hospital (IRYCIS) and CIBERINFEC,
Madrid, Spain. 4Laboratory of Parasitic Diseases, National Institute for Allergy and Infectious Diseases, National Institutes ofHealth, Bethesda,MD20892, USA.
5Department of Biology, University of Oxford, OX1 3SZOxford, UK. 6Department of Microbial Biotechnology, Centro Nacional de Biotecnología - CSIC, 28049
Madrid, Spain. e-mail: hernandezbeltran@evolbio.mpg.de; rpm@ccg.unam.mx

Nature Communications |         (2024) 15:2610 1

12
34

56
78

9
0
()
:,;

12
34

56
78

9
0
()
:,;

http://orcid.org/0000-0003-4791-7206
http://orcid.org/0000-0003-4791-7206
http://orcid.org/0000-0003-4791-7206
http://orcid.org/0000-0003-4791-7206
http://orcid.org/0000-0003-4791-7206
http://orcid.org/0000-0003-3014-1229
http://orcid.org/0000-0003-3014-1229
http://orcid.org/0000-0003-3014-1229
http://orcid.org/0000-0003-3014-1229
http://orcid.org/0000-0003-3014-1229
http://orcid.org/0000-0003-1129-4932
http://orcid.org/0000-0003-1129-4932
http://orcid.org/0000-0003-1129-4932
http://orcid.org/0000-0003-1129-4932
http://orcid.org/0000-0003-1129-4932
http://orcid.org/0000-0002-7941-813X
http://orcid.org/0000-0002-7941-813X
http://orcid.org/0000-0002-7941-813X
http://orcid.org/0000-0002-7941-813X
http://orcid.org/0000-0002-7941-813X
http://orcid.org/0000-0001-8544-0387
http://orcid.org/0000-0001-8544-0387
http://orcid.org/0000-0001-8544-0387
http://orcid.org/0000-0001-8544-0387
http://orcid.org/0000-0001-8544-0387
http://orcid.org/0000-0002-2767-0640
http://orcid.org/0000-0002-2767-0640
http://orcid.org/0000-0002-2767-0640
http://orcid.org/0000-0002-2767-0640
http://orcid.org/0000-0002-2767-0640
http://crossmark.crossref.org/dialog/?doi=10.1038/s41467-024-45045-0&domain=pdf
http://crossmark.crossref.org/dialog/?doi=10.1038/s41467-024-45045-0&domain=pdf
http://crossmark.crossref.org/dialog/?doi=10.1038/s41467-024-45045-0&domain=pdf
http://crossmark.crossref.org/dialog/?doi=10.1038/s41467-024-45045-0&domain=pdf
mailto:hernandezbeltran@evolbio.mpg.de
mailto:rpm@ccg.unam.mx


Phenotypic heterogeneity in isogenic bacterial populations can
arise from variations in protein levels over time and differences in
protein abundance between individual cells12. This cell-to-cell hetero-
geneity can result from a range of factors, including promoter noise13;
protein aggregates14; asymmetry in the cell division process15; or sto-
chastic fluctuations in the concentrations of proteins, mRNAs, and
othermacromolecules present at low-copynumbers in the cell16–18. Our
study proposes a novel mechanism for producing phenotypic noise
that is mediated by the stochastic nature of plasmid population
dynamics.

Plasmids are DNA molecules that replicate independently of the
chromosome and can carry resistance genes, with some present in
multiple copies per cell19. A recent clinical study showed that a large
fraction of pathogenic Escherichia coli isolates carry small ColE1
plasmids20. The number of plasmids carried by each cell is a key driver
of virulence21 and horizontal gene transfer22. The interaction between
replication and segregation, and the complex population dynamics
this produces23,24 is known to enhance bacterial adaptation to novel
environmental conditions25, as well as to determine the repertoire of
genes carried in plasmids26 and their stability in the absence of
selection27,28.

Previous studies have shown that exhibiting phenotypic hetero-
geneity can be a microbial effective adaptive strategy to survive fluc-
tuating environmental conditions29–31. In this study, we combine
computer simulations with single-cell and population-level experi-
ments to show that heterogeneity in plasmid copy number generates
phenotypic variability that can have significant implications for the
survival of bacterial populations exposed to a β-lactam antibiotic. We
conclude by arguing that encoding drug-resistance genes inmulticopy
plasmids is beneficial for bacterial populations in rapidly changing
environments, by enabling a reversible phenotypic resistance
mechanism based on the stable coexistence of cells with varying
plasmid copy numbers.

Results
Stochastic plasmid dynamics promotes adaptation to fluctuat-
ing selection
To explore the interaction between stochastic plasmid dynamics and
fluctuating selection for plasmid-encoded genes, first, we used amulti-
level computational model that incorporates intracellular plasmid
dynamics into an ecological framework (Supplementary Information).
Briefly, this agent-based model explicitly simulates key cellular pro-
cesses, such as randomplasmid replication and segregation, resource-
dependent growth, cell duplication and antimicrobial-induced death.
The propensities of growth and death are determined from the con-
centrations of a limiting resource and a bactericidal antibiotic present
in a well-mixed environment.

Figure 1A shows numerical realizations of themodel simulating an
exponentially-growing population of cells descended from a parental
plasmid-bearing cell. We considered the number of plasmids carried
by each cell as a time-dependent variable subject to two main sources
of noise: (1) imperfect plasmid copy number control32, with plasmid
replication occurring in discrete events distributed stochastically over
time, and (2) plasmid segregation occurring randomly between
daughter cells upon division33. A consequence of this stochastic plas-
middynamics is that PCNof individual cells is highly variable over time
(Fig. 1D). This cell-to-cell heterogeneity results in a PCN distribution
with large variance (Fig. 1B).

By assuming a linear relationshipbetweenPCNand the expression
level of plasmid-encoded genes, we estimated the probability of an
individual cell dying upon exposure to a given antibiotic concentration
from the number of plasmid copies it carries and the degree of resis-
tance conferred by each plasmid-encoded gene. For instance, if we
assume that every cell in the population is equally sensitive to the
antibiotic (i.e., a populationwith a low-variancePCNdistribution), then

there exists a drug concentration that kills all cells simultaneously (a
dose referred to in the clinical literature as the minimum inhibitory
concentration, MIC). Hence, the survival probability function of such a
homogeneous population is a stepwise function that switches from 1
to 0 at this critical drug concentration (black dotted lines in Fig. 1B, C).
However, when we consider a heterogeneous population character-
ized by a PCN distributionwith large variance, the population contains
cells with fewer or more gene copies than the expected value (green
lines in Fig. 1B). This implies that the survival probability of hetero-
geneous populations is lower than that predicted for a homogeneous
population at sub-MIC concentrations and higher than the predicted
value in high-drug environments (Fig. 1C).

In our computational model, we observed that exposure to anti-
biotics led to a reduction in total bacterial density. Crucially, as cells with
lower levels of resistance were eliminated first from the population, the
remaining cells had higher plasmid copy numbers, leading to a shift in
the PCN distribution towards higher values (red lines in Fig. 1D). We also
found that the degree of drug-induced PCN amplification was directly
proportional to the strength of the selective pressure (Fig. 1E). Notably,
selection for high-copy plasmid cells occurred even at sub-lethal drug
concentrations, as the antibiotic eliminated cells with fewer plasmids
than themeanPCN.High-PCNcells that survived the antibiotic exposure
resumed growth and division, leading to stochastic replication and
segregation of plasmids, thus restoring the whole PCN distribution. As a
result, the surviving cells rapidly produced lower-PCN cells, which had a
competitive advantage over high-PCN subpopulations, resulting in the
mean PCN of the population returning to pre-exposure levels. We
repeated the computational experiment for different selective pressures
and found that the strength of selectionwas not only correlatedwith the
extent of PCN amplification but, notably, with a reversal of selective
advantage favoring lower PCN after drug removal, as shown in Fig. 1F.

Experimental modulation of PCN distributions in bacterial
populations
To evaluate in vitro how the environment modifies the distribution of
plasmids in bacterial populations, we used an experimental model
system consisting of E. coli MG1655 carrying pBGT, a ColE1-like plas-
mid containing a GFP fluorescent marker (GFPmut2) and blaTEM-1, a
gene that encodes a TEM-1 β-lactamase, which inactivates β-lactam
antibiotics by hydrolyzing the β-lactam ring34. β-lactam resistance
genes are generally located on plasmids and, in particular, TEM-1 has a
plasmid origin, withmore than two-hundred TEM β-lactamase variants
descending from this allele recorded35. We denote the strain carrying
this well-characterized36,37, non-conjugative, and multicopy plasmid as
MG/pBGT (average copy number = 19.12, s.d. = 1.53; Fig. 2A, B)36.

As a control, we used a fluorescently tagged strain carrying a
chromosomally encoded blaTEM-1, which we term MG:GT. To explore
the correlation between PCN and fluorescence, we also used strains
obtained in a prior experimental evolution study36. These strains
contain mutations in the origin of replication that lead to a higher
average PCN (Table S1), resulting in elevated fluorescence intensity
and increased drug resistance compared to MG/pBGT (Fig. 2D).

In a recent study, direct,fluorescent-reporter-basedmeasurement
of PCN, promoter activity, and protein abundance at single-cell reso-
lution revealed a positive correlation between PCN and protein
expression38. In our experimental system, we similarly observed an
association between PCN measured by qPCR25,39 and fluorescence
intensity quantified using a fluorescence spectrophotometer
(R2 = 0.9387). To validate the correlation between PCN and GFP in our
system, we sorted a population of MG/pBGT cells according to GFP
intensity into clusters with low, medium, and high fluorescence and
confirmed the positive association between fluorescence and mean
PCN estimated by qPCR (Fig. S1).

Tomeasure the effectof the strengthof antibiotic selectionon the
distributionofPCN,weexposedMG/pBGTcells to a rangeof ampicillin
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(AMP) concentrations and used flow cytometry to measure GFP
abundance of individual cells. As predicted by the model, we found
that the mean GFP abundance in the population increased with the
strength of selection (Fig. 2C). Concurrently, we observed a dimin-
ishing coefficient of variation (CoV) for the PCN distribution as the
drug concentration increased. This decrease in CoV suggests that
antibiotic selection is not merely amplifying the prevalence of plas-
mids within the population but is also homogenizing the PCN dis-
tribution. Under strong selective pressures, cells with insufficient
plasmid numbers are selectively disadvantaged, leading to a more
uniformPCNdistribution among the surviving population (Fig. 2E).We
also observed a rapid increase in GFP for the high-copy plasmid strains
in the presence of antibiotics, a result confirmed using qPCR to esti-
mate changes in mean PCN in the population before and after drug

exposure (Fig. S2). When the same experiment was repeated with
MG:GT cells, mean fluorescence and the coefficient of variation
remained constant across all AMP concentrations (Figs. S3 and 2E).

A comparison of growth rate in strains with different PCNs with
respect to plasmid-free cells revealed a negative association between
maximum growth rate and mean PCN in the absence of selection for
plasmid-encoded genes (Fig. S13). The cost associated with bearing
plasmids is well-documented40–42, particularly for ColE1-like
plasmids43,44, and has been reported for multiple plasmid-host asso-
ciations in a wide range of bacterial species36,45–47.

The burden associated with plasmid carriage is highly variable and
depends on the interaction betweenplasmids and their bacterial hosts48.
This fitness cost can be ameliorated throughmutations in genes located
either on the chromosome or the plasmid49–52. In addition to

A B

D

C

E

F

Time (seasons)
1 2 3

Drug-free Drug-freeAntibiotic

Environment:

Fig. 1 | Stochastic plasmid dynamics yield heterogeneous populations.
A Simulations of a plasmid dynamicsmodel of a population growing in a drug-free
medium from a single plasmid-bearing cell. The plasmid copy number (PCN) over
time is depicted using a gradient of greens. The red area indicates the time interval
duringwhich the populationwas exposed to a lethal drug concentration.Most cells
were killed during drug exposure (death events denoted with red circles), but a
small fraction of cells carrying a high PCN survived and proliferated once the
antibiotic was removed. B Density distribution of end-point PCNs (maximum)
estimated using the computational model. The black line represents the PCN dis-
tribution obtained using the parameter values described in Table S2, while the
green lines depict other simulations resulting in distributions with larger variances.
C Probability density functions of Normal distributions with a fixed mean and
increasing standard deviations. The dotted line corresponds to the case when the
PCN distribution has zero variance. As the variance of the PCN distribution
increases, the fraction of cells with an increased probability of survival at high drug

concentrations also increases.D PCN distributions obtained for different antibiotic
concentrations: the black line represents the drug-free environment, and the dis-
tributions obtained after exposing the heterogeneous population to increasing
drug concentrations are depicted in a gradient of red.EMean PCN (solid line) of the
PCN distributions obtained after exposing the population to a range of antibiotic
concentrations. The red area corresponds to the frequency of PCN in the popula-
tion for each drug concentration. The dotted line illustrates the minimum inhibi-
tory concentration (MIC) of the homogeneous population. Note that selection for
cells withmultiple plasmids occurs even at sub-MIC concentrations. FMean PCN at
the endof each season in experiments performedwith increasing concentrations of
antibiotics (low doses in yellow and a lethal dose in red). Note how the increase in
mean PCNobservedduring the selective phase of the experiment is proportional to
the drug concentration. The antibioticwas removed in season 3, and themean PCN
exhibited by the population is restored to levels displayed before drug exposure.
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compensatory mutations, another strategy to ameliorate the burden of
carrying high-copyplasmids is to reduce the number of plasmids carried
per cell. For instance, a previous experimental evolution study reported
that mutations near the origin of replication generated a 10-fold ampli-
fication inmean PCN, but at a very high fitness cost that resulted in high
levels of antibiotic resistance being unstable in the population once the
antibiotic was removed from the environment27.

To experimentally determine how rapidly PCN amplification
reverses once the antibiotic is no longer present, we conducted a
three-season serial dilution experiment in which a MG/pBGT popula-
tionwas subjected tofluctuating selection (season 1, nodrug; season 2,
32mg/ml AMP; season 3, no drug). The distribution of GFP fluores-
cence was recorded at the end of each season (Fig. 3A). As anticipated
by the model, the distribution of GFP fluorescence shifted to high

10 mμGFP

A B

(x105)

D

E

C

pBGT

Fig. 2 | Experimentalmodel system. A Schematic representation of plasmid pBGT
encoding blaTEM-1 (in blue) and GFPmut2 (in green). The reading frames for genes
are represented with arrows, with arrowheads indicating the direction of tran-
scription. B Representative fluorescencemicroscopy image of the plasmid-bearing
population (MG/pBGT) shows high levels of GFP heterogeneity between cells. The
GFP distribution was obtained after analyzing 46 separate microfluidic chambers.
C Fluorescence distributions of MG/pBGT exposed to a range of AMP concentra-
tions. D Mean fluorescence and mean plasmid copy number are positively

correlated in bacterial populations in the absenceof selection. The circle’s diameter
is proportional to each strain’s drug resistance level. Black dotted line is a linear
regression of PCN vs GFP intensity (R2 = 0.941, p value < 0.05). The numbers in
parentheses next to each name represent the Coefficient of Variation (CoV) in GFP
intensity. E Coefficient of variation of GFP distributions in response to a range of
drug concentrations. Data for MG/pBGT is denoted with green circles and for
MG:GT in black circles. Dotted lines represent the linear regression performed over
the range of drug concentrations.
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expression levels in the presence of AMP, but quickly returned to the
original distribution once the antibiotic was removed. This effect was
also observed with high-copy plasmids (Fig. S2), but not in the pre-
sence of the β-lactamase inhibitor sulbactam (Fig. S4).

As predicted by our computer simulations, repeat runs of the
experiment with different AMP concentrations showed that the mean
GFP fluorescence of the MG/pBGT population increased proportionally
to the strength of selection, and the shift towards higher copy numbers
was quickly reversed after the antibiotic was removed. In contrast, the
GFP intensity distribution inMG:GT cultures was unchanged, regardless
of the presence of antibiotic in the medium (Fig. 3B). Altogether, we
conclude thatmulticopyplasmidsoffer a versatile platformfor rapidand
elastic amplification and attenuation of gene dosage, both experimen-
tally (Fig. 3C) and computationally (Fig. 1G).

PCN variability enhances survival of populations exposed to
fluctuating selection
We examined the response to AMP of 88 clonal populations of plasmid-
bearing strainswith differentmean PCNs:MG/pBGT,MG/G54U andMG/
G55U,with 19, 44, and88plasmid copies, respectively. Once the cultures
reached exponential growth, we transferred approximately 1% of each
population to a replenished media environment containing a lethal
concentration of AMP. After 30min, a sample of each population was
returned to drug-free medium, and this sampling process was repeated
every 30min. For each duration of drug exposure, we counted the
number of replicates exhibiting growth after 24h.

Our main finding is that plasmid-bearing strains exhibited a sig-
nificant survival advantage relative to non-plasmid-bearing strains in
the faceoffluctuating selection (Fig. 3D; log-rank test,p value < 0.005).
For example, after 90min of AMP exposure, the probability of survival
was > 50% for all plasmid-bearing strains, whereas < 5% of the non-

plasmid-bearing populations survived. It should be noted that the
lethal drug concentration was determined independently for each
strain (see Table S1 for MICs used).

To rule out the possibility that the increased resistance exhibited
by plasmid-bearing strains was due to a decrease in growth rate
associatedwith themetabolic burden of carrying plasmids, rather than
selection of a subpopulation with more copies of blaTEM-1, we per-
formeda survival assay forMG/pBGT in the presenceof 256μg/Lof the
β-lactamase inhibitor, sulbactam. As expected, fluorescence remained
constant in environments where sulbactam removed the selective
advantage of carrying the plasmid, confirming our hypothesis that the
survival benefit is due to selection of subpopulations with higher
blaTEM-1 copy numbers rather than a consequence of the metabolic
burden of carrying plasmids (Fig. S5A).

In the absence of sulbactam, we observed a significant increase in
mean PCN in all plasmid-bearing populations, consistent with our
previous findings. This suggests that a subpopulation of highly-
resistant cells with increased PCN is responsible for the observed
survival advantage during an antibiotic pulse.Moreover, we found that
PCN was positively correlated with both the rate of increase in per-cell
GFP abundance (Fig. S5A) and the median survival time of each strain,
defined as the duration of drug exposure required to achieve a 50%
probability of survival (Fig. S5B). For MG:GT at 2mg/mL AMP, the
median survival time was 60min, while for MG/pBGT at 32mg/mL
AMP, it was 80min. We refer to this duration of exposure and con-
centration as a semi-lethal pulse.

Single-cell measurement of fluorescence and survival to a semi-
lethal pulse
In a microfluidic chemostat, MG/pBGT and MG:GT populations
were exposed separately to a semi-lethal pulse of AMP (Fig. 4A).

A

A B

D

Fig. 3 | Effect of antibiotics on GFP and survival under fluctuating selection.
A GFP histogram in a population of MG/pBGT exposed to 12-h season treatments
(Season 1 (LB): solid black line, season 2 (LB+AMP): green area/line, season 3 (LB):
dotted black line). Note that the antibiotic shifts the GFP distribution to the right
(green area) and is later restored when the antibiotic is removed. B GFP histogram
for MG:GT reveals that GFP distributions coincide independently of the environ-
mental drug concentration. C Increase in mean fluorescence in the presence of
antibiotics is correlated with drug dose (darker red, higher drug concentrations).

Once the antibiotic is removed, mean GFP intensity is restored to pre-exposure
levels. The black line shows that fluorescent intensity for MG:GT remains constant
during the experiment. D Kaplan−Meier plot comparing survival probabilities as a
function of the time exposed to a lethal ampicillin concentration (with MIC
determined separately for each strain). Dotted lines represent the duration of drug
exposure that results in a 50% survival probability (MG:GT in black, MG/pBGT
in green).
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We recorded the fluorescent intensity and division events of individual
cells in time-series data and estimated the cell-division rates of 5810
lineages for MG/pBGT and 1077 lineages for MG:GT. These data were
obtained from 46 and 8 separate microfluidic chambers, respectively
(see Supplementary Movies 1 and 2 for sample time-lapse movies).

For our analysis, we included single-cell lineages that were observed
during the entire duration of the antibiotic pulse.

First, our microfluidics data show that, for both MG/pBGT and
MG:GT, the fluorescence of surviving cells remained constant
throughout the antibiotic exposure period (Fig. S6). This indicates that

μm

Fig. 4 | Single-cell analysis of a semi-lethal pulse. A Schematic diagram illus-
trating a microfluidic experiment exposing MG:GT and MG/pBGT populations to a
semi-lethal antibiotic pulse. B Results obtained after tracking individual cell linea-
ges in time-lapsemovies.Cell lineages are classifiedbasedonwhether they survived
treatment (orange and blue) or if they died during drug exposure. C GFP dis-
tributions of cells inMG:GT (left) andMG/pBGT (right) show significant differences
in mean GFP and variance. ForMG:GT, the fluorescent distribution is characterized
by low variance and no significant differences in mean GFP between cells that
produced filaments andwere killed (light orange) or survived (light blue), as well as
for cells that did not produce filaments and died (dark orange), and those that
survived drug exposure (dark blue). The plasmid-bearing population exhibits a
large variance in GFP distribution, with survived cells showing an increased mean
fluorescence relative to cells killed. For surviving cells, mean GFP was significantly
lower for cells that did not produce filaments than cells that filamented.

D Histogram shows the number of division events per cell lineage in the MG/pBGT
(right) andMG:GT (left) populations prior to drug exposure. E Fraction of cells alive
as a function of time for lineages present upon antibiotic introduction. The y-axis
denotes the initial fluorescence of cells in each initial GFP bin, and each box
represents the proportion of cells that are still alive in each time step (high survival
rates in a light color). F Histogram of GFP expression for MG/pBGT cells estimated
after drug exposure. The size of each bar represents the probability of survival
estimated for eachGFP level after exposure to a semi-lethal pulse of AMP.Note how
the distribution appears bimodal, with high survival rates at intermediate and very
high fluorescent intensities. G Diagram illustrating that this bimodal distribution
results from a stress responsemechanism producing filamented cells and provides
transient resistance to ampicillin in cells with intermediate fluorescent values. Cells
with low GFP values before drug exposure have a low probability of survival, while
cells with high fluorescent intensities are highly resistant to the antibiotic.
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the increase in mean GFP observed in the MG/pBGT population is due
to the antibiotic selectively eliminating low-copy-number cells, rather
than individual cells upregulating plasmid replication or blaTEM-1

expression. To determine the extent of AMP-induced cell lysis, we
stained the medium with rhodamine and measured the intracellular
accumulation of the fluorescent dye. This enabled us to differentiate
cells that survived from those that were killed in response to the
antibiotic (Figs. S7 and S8). We expected the semi-lethal pulse to kill
approximately half of the population, as the antibiotic concentration
and duration of treatment were determined separately for each strain.
In agreement with this prediction, we found that 46.7% of MG:GT cells
and 44.2% of MG/pBGT cells survived the antibiotic pulse (Fig. 4B).

A retrospective analysis of surviving and non-surviving cells
revealed that surviving cells had an elevated duplication rate (Fig. 4D;
p <0.005), (in average 38.7 and 87.1min between cell duplication
events, respectively). Similarly, surviving cells had a higher rate of
elongation (changes in cell length between consecutive frames) than
cells that were killed (Fig. S9; p <0.05). These results suggest that an
enhanced probability of survival is a consequence of a dosage effect
and heterogeneity inblaTEM-1 expression and not of reducedmetabolic
activity associated with bearing plasmids.

The relationship between GFP expression before drug exposure
and survival is shown in Fig. 4E. Cells with high GFP expression had a
larger probability of survival (54% survival for the top quartile), while
cells in the bottom quartile had a mean survival rate below 34%.
Interestingly, survival probability was not a monotonously increasing
function of GFP intensity, as high survival rates were also observed in
cells with intermediate GFP expression (Fig. 4F). In the following sec-
tion, we will show this is a consequence of cells with intermediate GFP
abundances that survived exposure to the antibiotic by elongating and
delaying their cell division. ForMG:GT,we found that the probability of
survival remained constant, independently of the GFP intensity
exhibited by each cell prior to AMP exposure (Fig. S10).

Plasmid-driven phenotypic noise produces a heterogeneous
stress response
Exposure to the antibiotic resulted in some cells that stopped dividing
but continued to grow, leading to the production of filaments53,54

(Fig. 4G). We defined a filamented cell as one with a length greater than
two standard deviations from themean length of the population before
drug exposure. We classified each cell according to whether it survived
drug exposure, and whether or not it produced filaments, and observed
that most surviving cells in the MG:GT population produced filaments
(Fig. 5A. B). Drug-induced filamentation can be triggered by multiple
molecular mechanisms55, including a two-component signal transduc-
tion system56 that blocks FtsZ polymerization and prevents septation in
the presence of AMP. After the stress is removed, filamented cells
rearrange the FtsZ ring, divide, and resume normal growth57,58.

Our data support earlier results showing that stress response
machinery is tightly regulated59. When exposed to the antibiotic, 61.4%
of MG:GT cells synchronously produced filaments (Fig. 5C, D), in
contrast to the plasmid-bearing population that exhibited a highly
heterogeneous response, with only 17.1% of cells producing filaments
(Fig. 5E, F). The heterogeneity in the response of the MG/pBGT
population observed experimentally (Fig. 5G, H) was anticipated, as
the computational model predicted that PCN variation resulted in the
existence of cells that overproduce β-lactamase, therebymaintaining a
low periplasmic concentration of AMP and delaying the triggering of
the stress response. The model also predicted that cells with low PCN
would be killed by the antibiotic before they had a chance to respond,
and the experimental data confirmed this behavior.

For each subpopulation, Fig. 4C shows the histograms of GFP
fluorescence prior to the introduction of AMP into the microfluidic
device. Consistent with the population-level experiments, the MG:GT
population exhibited low variance, in contrast to the plasmid-bearing

population that presented a GFP intensity distribution with large var-
iance. We classified each cell according to whether it was killed or sur-
vived drug exposure and according to whether or not filaments were
produced, and found that most surviving cells in the MG:GT population
produced filaments (Fig. 4B). Furthermore, we found no correlation
between GFP fluorescence and survival in this population (Fig. S10).

On the other hand, among the MG/pBGT population, the surviv-
ing cells displayed two distinct characteristics: either they had a high
fluorescence intensity and exhibited slow growth, or they had inter-
mediate GFP fluorescence and formed filaments (Fig. 4C, F; Fig. S11).
An exploratory data analysis revealed that both PCN (measured
indirectly through GFP intensity) and cell length at the time of the
environmental perturbation were crucial for cell survival (see the PCA
plot in Fig. S12). Overall, these results suggest that plasmid-driven
phenotypic noise promotes random conditional filamentation,
enabling the population to survive to fluctuating selection by imple-
menting a bet-hedging strategy60,61.

Discussion
The evolution of antimicrobial resistance in response to the indus-
trialized consumption of antibiotics, specifically those of the β-lactam
class, is one of the most serious health threats societies face today62.
While drug resistance has traditionally been attributed to stable genetic
mutations or horizontal gene transfer of resistance genes, resistance can
also arise through genomic duplications that increase the dosage of
known drug-resistance genes7,63,64, such as amplification of efflux pump
operons65 or genes encoding drug-modifying enzymes66,67.

Laboratory studies have demonstrated that genomic amplifica-
tions increase in response to stronger selective pressure63, but are
unstable without continued selection due to the fitness burden asso-
ciated with duplicating large chromosome regions63,68,69. In the clinic,
tandem duplications of known antibiotic resistance genes have been
shown to produce high levels of heteroresistance in clinical isolates
from multiple bacterial species evaluated against a range of
antibiotics67,70,71, even in strains that were considered antibiotic-
sensitive by conventional clinical methods72. Notably, while some of
these duplications occurred in large chromosomal regions containing
known drug-resistance genes, others were found in plasmids5.

Here we investigated the role of multicopy plasmids in the
amplification of the antibiotic resistance gene blaTEM-1 and the emer-
gence of transient antibiotic resistance. Our study used stochastic
simulations of a computational model and high-throughput single-cell
measurements of gene expression in E. coli MG1655 to show that PCN
variability maintains a stable and diverse population with a wide range
of plasmid copy numbers. Furthermore, we found that the distribution
of plasmid copy numbers was responsive to the environment, with the
mean copy number increasing rapidly in the presence of selection, and
with a degree of amplification that was proportional to the strength of
selection.

The rapid increase inPCNobserved inpopulations under selective
conditions can be explained by two possibilities: a uniform increase in
resistance levels across all cells in the population (e.g., by enhancing
the rate of plasmid replication) or cell-to-cell heterogeneity in resis-
tance levels (pre-existing PCN variability in the population).
Population-level experiments cannot distinguish between these
hypotheses, so we used single-cell microfluidics to monitor GFP
abundance of individual cells and their corresponding phenotypic
state in response to AMP exposure. Using quantitative image analysis
and computer simulations, we confirmed that selection of highly-
resistant cells drives PCN amplification, indicating that pre-existing
PCN variability is responsible for the rapid increase in resistance levels
observed in the population in the presence of drug.

Similarly, our computer experiments show that different PCN
distribution shapes, influenced by diverse noise sources including
replication, segregation, and copy number control, lead to
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heterogeneous populations (Supplementary Information). Impor-
tantly, this population heterogeneity was associated with enhanced
resilience under fluctuating selection, including improved survival
against rapid antibiotic introduction and better adaptation to anti-
biotic withdrawal.

Our study focused on non-conjugative,multicopy plasmids that are
usually carried at around 10−30 copies per cell; however, plasmid-driven
phenotypic noise is not exclusive to high-copy plasmids73. A recent
study showed that conjugative, low PCN populations (1−8 copies per
cell) also exhibited large copy number heterogeneity that resulted in
noisy expression of plasmid-encoded genes74. Furthermore, transient
amplification of selective genes encoded inmulticopy plasmidsmay not
be exclusive to blaTEM-1, as similar effects would be achieved by anti-
microbial resistance genes encoding efflux proteins or other drug-
modifying enzymes7,75–77. In conclusion, our results provide insights into

how bacteria can transiently survive lethal concentrations of antibiotics
by using multicopy plasmids as a platform for rapid amplification and
attenuation of gene copy numbers. Understanding the role ofmulticopy
plasmids in antibiotic resistance is critical, as these elements not only act
as vehicles for the horizontal transfer of genetic information between
cells but also facilitate bacterial adaptation in dynamic environments.

Methods
Bacterial strains and culture conditions
In this study, we used Escherichia coli K12 MG1655 bearing a ColE1-like
(p15A) plasmid, pBGT, encoding for the β-lactamase resistance gene
blaTEM-1 that confers resistance to ampicillin under a constitutive
promoter, an GFPmut2 gene under an arabinose inducible promoter,
and the araC repressor. Mean PCN= 19.12, s.d. = 1.5336. As a control, a
strain E. coli K12 MG1655 was used, carrying the construct

Time (minutes)0 60 180 240

Po
pu

la
tio

n 
fra

ct
io

n 
(%

)

LB+AMPLB LB

LB+AMPLB LB

MG:GT

0

100

50

0

100

50

A

E

C

D

10 mμ

D
IC

G
F

P
+

R
ed

 d
ye

MG/pBGT

10 mμ

G
F

P
+

R
ed

 d
ye

D
IC

B

F

Normal
Filamented
Dead
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representative time-lapse images of MG:GT growing in a microfluidic device
exposed to a semi-lethal pulse of AMP. We obtained data from 5810 lineages from
46 microfluidic chambers. B Overlay time-lapse movie showing the fluorescent
intensities of GFP (green) and rhodamine (magenta) in the MG:GT population.
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stress response system. E Overlay of selected frames from the time-lapse movie
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araC − pBAD − gfp2 − blaTEM-1 inserted into the chromosome at the λ-
phage integration site (attB). Strains bearing plasmid variants G54U
and G55U contained a point mutation in the origin of replication: G to
U changes at positions 54 and 55 of the RNAI placed in the loop of the
central hairpin and affect theRNAI-RNAII kissing complex that controls
plasmid replication and PCN. All experiments were conducted in
Lysogeny Broth- Lenox (LB) (Sigma-L3022) supplemented with arabi-
nose (0.5% w/v) and appropriate ampicillin concentrations were sup-
plemented as indicated in each experiment. Arabinose stocks
solutions were prepared at 20% w/v by diluting 2 g of arabinose
(Sigma-A91906) in 10ml DDwater sterilized by 0.22μm filtration. AMP
stock solutions (100mg/ml) were prepared by diluting ampicillin
(Sigma-A0166) directly in 0.5% w/v arabinose LB.

Antibiotic susceptibility determination
The minimum inhibitory concentration (MIC) of different strains was
calculated using dose-response curves performed in 200μL of liquid
media. 96-well plates (Corning CLS3370) supplemented with LB (0.5%
w/v arabinose) and a logarithmically-separated range of drug con-
centrationswere used. Antibiotic plateswere inoculated fromamaster
plate using a 96-pin microplate replicator (Boekel 140500). Inocula-
tion plates were prepared by adding 200μL of overnight culture into
each well and incubating at 37 °C with 200 rpm shaking. Optical den-
sity measurements were performed using a BioTek ELx808 Absor-
bance Microplate Reader at 630 nm. MIC was determined when the
reader was unable to detect bacterial growth (2, 32, 43, and 46mg/mL
for strains MG:GT, pBGT, G54U, and G55U, respectively).

Plasmid copy number determination
PCN per chromosome was determined using quantitative polymerase
chain reaction (qPCR) with a CFX96 Touch Real-Time PCR Detection
System. Specific primerswereused for the E. coli’sdxsmonocopy gene
as chromosomal reference (dxs-F CGAGAAACTGGCGATCCTTA, dxs-R
CTTCATCAAGCGGTTTCACA) and primers for the blaTEM-1 plasmid-
encoded gene (Tem-F: ACATTTCCGTGTCGCCCTT, Tem-R: CACTC
GTGCACCCAACTGA) both with amplicon sizes 100bp as previously
described36. In short, samples were prepared following a previously
published protocol78: 100μl culture samples were centrifuged at
16,000g for 60", the supernatant was removed, and the pellet was
resuspended in an equal volume of MilliQ water. Then, samples were
boiled at 95 °C for 10’ using a thermoblock and stored at −20 °C for
later use. Primers were diluted in TE buffer at 10μM and stored a
−20 °C. Primers’ final concentration was 300 nM. qPCR reactions were
performed using SYBR Select Master Mix (Applied Biosystems -
4472908) in 96-well flat-bottom polystyrene microplates (Corning
3370) sealed with sterile optical film (Sigma-Aldrich Z369667-100EA).
Amplification was performed by an initial 2min at 50 °C activation,
then an initial denaturation for 2min at 95 °C, following 40 cycles of
15 s denaturation at 95 °C, 1min annealing, and 1min extension at
60 °C. After the amplification, a melting curve analysis was performed
by cooling the reaction to 60 °C and then heating slowly to 95 °C. PCN
was determined using the ΔΔCT method79.

Flow cytometry
GFP fluorescence distributions were calculated using imaging flow
cytometry in an Amnis ImageStream Mark II by Luminex. INSPIRE
software was used to control the machine and acquire data. GFP
fluorescence was excited at 488 nm using 75mv intensity. Data files
were processed using IDEAS 6.2 software to only take into account
cells on focus using area, aspect ratio, and side scatter features. Files
were exported to text files and analyzedwith custom scripts in Python.
Fluorescence-activated cell sorting of the MG/pBGT strain using a BD
FACSAria. An overnight culture was grown on 20ml of LB 0.5% w/v
arabinose at 30 °C, and 200 rpmwas sorted into subpopulations. Four
subpopulations were categorized by their fluorescence intensity and

SSC-area features. DNA extraction of sorted subpopulations wasmade
as previously described for qPCR and stored at −20 °C for later use.
Plasmid copy number measurements were performed in each sub-
population to evaluate the association between copy number and
fluorescence intensity.

Fitness costs determination
To determine strains fitness in the absence of antibiotics, each strain
was cultured in a 96-well plate with LB supplemented with arabinose
0.5% w/v. A Synergy H1 microplate reader was used to obtain the
growth kinetics of each strain by inoculating a 96-well plate with an
overnight culture of each strain and growing at 37 °C for 24 h, reading
every 20min, after 30 s of shaking. Maximum growth rate estimates
were obtained by fitting the mean optical density of N = 8 using the R
package GrowthRates using non-parametric smoothing splines fit80.

Semi-lethal pulse in bacterial populations
Strains of MG:GT and MG/pBGT were exposed to a three-season serial
transfer experiment using 96-well plates (8 replicates per strain). An
initial inoculation plate was made by putting 200ml of overnight
cultureperwell. Season 1 (LB)was inoculated froman inoculationplate
using a microplate pin replicator. Season 2 (LB-AMP) was inoculated
from season 1 after 12 h of growth. We used the following ampicillin
gradient: 0, 1/128, 1/64, 1/32, 1/16, 1/8, 1/4, 1/2, 1, and 2 MIC units. In
season 3, cultures were transferred to a new LB plate after 12 hours of
growth, allowing bacteria to grow for another 12 h. Plates were sealed
using an X-Pierce film (Sigma Z722529) perforating every well to avoid
condensation and grown at 37 °C inside a BioTek ELx808 Absorbance
Microplate Reader. Measurements were taken every 20min, after 30 s
of linear shaking at 567 cpm (3mm). At the end of each season, end-
point fluorescence intensity was measured using a BioTek Synergy H1
using OD (630 nm) and eGFP (479.520 nm). Plates were then stored at
4 °C before imaging flow cytometry was performed the following day.
A complete independent four-replicate experiment was performed for
each strain. DNA samples were extracted at the end of each season to
quantify PCN.

Population-level survival assay
Strains were grown in an LB+Amp media in a 96-well plate under a
concentration of AMPdetermined based on theMIC of each strain. For
each LB+AMP plate, we considered 88 populations growing in anti-
biotics and 8 without antibiotics as controls. Inoculated plates were
incubated in a BioTek ELx808 absorbance microplate reader at 30 °C,
with optical density measurements (630 nm) obtained every 30min,
after 1min of shaking. After each read, plates were taken out, and a
plate sample was taken with a microplate replicator to inoculate a new
LB plate. Samples were taken every 30min, from 0 to 8 h, then at 18
and 24 h. New plates were grown in a static incubator at 30 °C for 24 h.
Growth was measured using OD (630nm) and eGFP (479,520 nm) in a
Synergy H1 microplate reader after 5min shaking. An additional
experiment was performed for the MG:GT and MG/pBGT strains
sampling every 2 h from 0 to 12 h and a final sampling at 24 h.

β-lactamase inhibitor experiment
For the β-lactamase inhibition assay, sulbactam (Sigma-S9701) was
used. First, the ampicillin concentration was fixed to be that of the
MIC of MG:GT (2mg/ml). Then, a sulbactam dose-response experi-
ment with MG/pBGT was performed and found that the minimum
sulbactam concentration achieved that complete growth suppres-
sion was 256μg/l. Critical AMP and sulbactam concentrations were
used to perform a population-level survival assay consisting on
exposing 8 replicate populations to fluctuating selection: LB→ LB
+AMP+sulbactam→ LB. Samples of four replicates were used for flow
cytometry, and the remaining four replicate samples were used for
PCN quantification.
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Single-cell microfluidics
A microfluidic device built-in PDMS (polydimethylsiloxane; Sylgard
04019862) frommoldsmanufactured byMicro resist technologyGmbH
using soft photolithography (SU-8 2000.5) was used for this study. In
particular, a micro-chemostat that contains two media inputs and 48
rectangular chambers (40× 50×0.95μm3)81. Each confinement cham-
ber traps approximately 1000 cells in the same focal plane, enabling us
to use time-lapse microscopy to follow thousands of individual cells in
time. Chips were fabricated by pouring PDMS into the mold before
baking it for 2 h at 65 °C. Solid chip prints were cut, punched, and bound
to a glass coverslip using a plasma cleaner machine (Harrick Plasma -
PDC-001) at full power for 1min and 15 s. Then we baked them again
overnight at 45 °C to ensure binding. Moreover, for each strain, MG/
pBGT and MG:GT, a 1l titration flask was inoculated with 200μl of an
overnight culture (LB at 30 °C and 200 rpm) when the culture reached
0.2−0.3 OD630; it was split into 4 falcon tubes and centrifuged for 5min
at 7 rpm. The supernatant was disposed of, and cells were resuspended
by serial transfers into 5ml of freshmedia supplementedwith arabinose
0.5% w/v. This dense culture was used to inoculate the microfluidic
device. Data acquisitions started 5 h after the device chambers were
filled and cells were growing exponentially.

After 60min of growth, we switched the environment from LB to
LB+AMP. Drug concentration was determined independently for each
strain (2mg/ml and 8mg/ml for MG:GT and MG/pBGT, respectively).
Media and antibiotics were introduced into the microfluidic device
using a bespoke dynamic pressure control system based on vertical
linear actuators (adapted from82). The duration of drug exposure was
determined based on the time elapsed before the probability of sur-
vival of the population exposed to the MIC is below 50% (a semi-lethal
pulse; an exposure of 2mg/ml for 60min for MG:GT, and of 8mg/ml
for 80min for MG/pBGT). At the end of the period of drug exposure,
the population was transferred to a drug-free environment and grown
for 120min for MG:GT, and 100min for MG/pBGT. Growth media was
supplemented with arabinose at 0.5% and Tween20 (Sigma-P2287) at
0.075%, and filtered with 0.22μm filters. Experiments were conducted
at 30 °C, and the ampicillinmediawas stainedbyadding 5μl and 3μl of
afluorescent dye (rhodamine, Sigma S1402) in 100mlofmedia used to
growMG:GTandMG/pBGTcells, respectively. This redfluorescent dye
allowed us to calibratemedia inputs inside themicrofluidic device and
also worked as a dead-cell marker. Rhodamine stock solution was
prepared, diluting the powder in ethanol, and stored at 4 °C.

Fluorescence microscopy
Microscopy was performed in a Nikon Ti-E inverted microscope
equipped with Nikon’s Perfect Focus System and a motorized stage.
Temperature control is achievedwith a LexanEnclosureUnit withOko-
touch. The microscope was controlled with NIS-Elements 4.20 AR
software. Image acquisition was taken with a 100x Plan APO objective
without analog gain and with the field and aperture diaphragms as
closed aspossible to avoid photobleaching. DIC channel captureswere
madewith a 9vDIA-lamp intensity, red channel (excitation from540 to
580nm, emission from 600 to 660 nm filter), green channel (excita-
tion from 455 to 485 nm, emission from 500 to 545 nm). Exposure
times were 200ms, 200ms, and 600ms for DIC, green and red
channels, respectively. Multi-channel, multi-position images were
obtained every 10min in the following order: Red, Green, Lamp-ON,
DIC, Lamp-OFF. We added the Lamp-ON optical configuration to allow
the bright-light lamp to be fully powered before acquiring the DIC
image, while the Lamp-OFF configuration was added tomake sure that
the lamp was completely off before capturing the next position.

Image analysis
Microscopy time-lapse images were analyzed using μJ, an ImageJ-
Python-Napari image analysis pipeline that implements Deep Learning
for image segmentation. In short, the pipeline uses ImageJ macros to

arrange and manipulate microscopy images. Image segmentation was
performed using DeepCell83. Binary masks were corrected manually
using bespoke ImageJ macros. Cell tracking was performed using a
nearest-neighbor weighted algorithm coded in Python. Cell-tracking
was corrected manually using a custom cell viewer coded in Napari.
Lineage reconstructionwas performed inPython, obtaining thousands
of single-cell time-series of fluorescent intensity and cell length, aswell
as time-resolved population-level statistics, including the probability
of survival to the antibiotic shock and the distribution of fluorescent
intensities.

Computational model
We developed a stochastic individual-based model where cells are
modeled as computational objects. The complete and comprehensive
description of themodel is provided in the Supplementary Information.
The numerical experiments based on this model were implemented
using Julia, and the corresponding code has been made publicly avail-
able in a repository: https://github.com/ccg-esb-lab/pBGT/.

Reporting summary
Further information on research design is available in the Nature
Portfolio Reporting Summary linked to this article.

Data availability
The data used in our study is available in the project’s public reposi-
tory: https://doi.org/10.5281/zenodo.10403406.

Code availability
The code used to analyze images is available in a public repository:
https://github.com/ccg-esb-lab/uJ/ Code necessary for simulating the
computational model can be found in the project’s public GitHub
repository: https://doi.org/10.5281/zenodo.10403406.

References
1. World Health Organization. Antimicrobial resistance: global report

on surveillance (World Health Organization, 2014).
2. Alekshun,M. N. & Levy, S. B. Molecularmechanisms of antibacterial

multidrug resistance. Cell 128, 1037–1050 (2007).
3. Lázár, V. & Kishony, R. Transient antibiotic resistance calls for

attention. Nat. Microbiol. 4, 1606–1607 (2019).
4. El-Halfawy, O. M. & Valvano, M. A. Antimicrobial heteroresistance:

an emerging field in need of clarity. Clin. Microbiol. Rev. 28,
191–207 (2015).

5. Andersson, D. I., Nicoloff, H. & Hjort, K. Mechanisms and clinical
relevance of bacterial heteroresistance. Nat. Rev. Microbiol. 17,
479–496 (2019).

6. Balaban, N. Q. et al. Definitions and guidelines for research on
antibiotic persistence. Nat. Rev. Microbiol. 17, 441–448 (2019).

7. Wang, X. et al. Heteroresistance at the single-cell level: adapting to
antibiotic stress through a population-based strategy and growth-
controlled interphenotypic coordination. mBio 5,
e00942–13 (2014).

8. Scheler, O. et al. Droplet-based digital antibiotic susceptibility
screen reveals single-cell clonal heteroresistance in an isogenic
bacterial population. Sci. Rep. 10, 1–8 (2020).

9. Lee, H. H., Molla, M. N., Cantor, C. R. & Collins, J. J. Bacterial charity
work leads to population-wide resistance. Nature 467, 82–5 (2010).

10. El Meouche, I., Siu, Y. & Dunlop, M. J. Stochastic expression of a
multiple antibiotic resistance activator confers transient resistance
in single cells. Sci. Rep. 6, 19538 (2016).

11. Sánchez-Romero, M. A. & Casadesús, J. Contribution of phenotypic
heterogeneity to adaptive antibiotic resistance. Proc. Natl. Acad.
Sci. 111, 355–360 (2014).

12. Sanchez, A., Choubey, S. & Kondev, J. Regulation of noise in gene
expression. Annu. Rev. Biophys. 42, 469–491 (2013).

Article https://doi.org/10.1038/s41467-024-45045-0

Nature Communications |         (2024) 15:2610 10

https://github.com/ccg-esb-lab/pBGT
https://doi.org/10.5281/zenodo.10403406
https://github.com/ccg-esb-lab/uJ/tree/master/single-channel
https://doi.org/10.5281/zenodo.10403406


13. Sanchez, A., Garcia, H. G., Jones, D., Phillips, R. & Kondev, J. Effect
of promoter architecture on the cell-to-cell variability in gene
expression. PLoS Comput. Biol. 7, e1001100 (2011).

14. Govers, S. K., Mortier, J., Adam, A. & Aertsen, A. Protein aggregates
encode epigenetic memory of stressful encounters in individual
escherichia coli cells. PLoS Biol. 16, e2003853 (2018).

15. Huh, D. & Paulsson, J. Non-genetic heterogeneity from stochastic
partitioning at cell division. Nat. Genet. 43, 95 (2011).

16. Raser, J. M. & O’shea, E. K. Noise in gene expression: origins, con-
sequences, and control. Science 309, 2010–2013 (2005).

17. Elowitz, M. B., Levine, A. J., Siggia, E. D. & Swain, P. S. Stochastic
gene expression in a single cell. Science 297, 1183–1186 (2002).

18. Jahn, M., Günther, S. & Müller, S. Non-random distribution of
macromolecules as driving forces for phenotypic variation. Curr.
Opin. Microbiol. 25, 49–55 (2015).

19. Smillie, C., Garcillán-Barcia, M. P., Francia, M. V., Rocha, E. P. & de la
Cruz, F. Mobility of plasmids. Microbiol. Mol. Biol. Rev. 74,
434–452 (2010).

20. Stoesser, N. et al. Evolutionary history of the global emergence of
the Escherichia coli epidemic clone st131.mBio 7, e02162–15 (2016).

21. Wang, H. et al. Increased plasmid copy number is essential for
yersinia t3ss function and virulence. Science 353, 492–495 (2016).

22. Dimitriu, T., Matthews, A. C. & Buckling, A. Increased copy number
couples the evolution of plasmid horizontal transmission and
plasmid-encoded antibiotic resistance. Proc. Natl. Acad. Sci. 118,
e2107818118 (2021).

23. Zwanzig, M. The ecology of plasmid-coded antibiotic resistance: a
basic framework for experimental research andmodeling.Comput.
Struct. Biotechnol. J. 19, 586 (2021).

24. Hernández-Beltrán, J., San Millán, A., Fuentes-Hernández, A. &
Peña-Miller, R. Mathematical models of plasmid population
dynamics. Front. Microbiol. 12, 606396 (2021).

25. SanMillan, A., Escudero, J. A., Gifford, D. R., Mazel, D. &MacLean, R.
C. Multicopy plasmids potentiate the evolution of antibiotic resis-
tance in bacteria. Nat. Ecol. Evol. 1, 1–8 (2016).

26. Rodríguez-Beltrán, J. et al. Genetic dominance governs the evolu-
tion and spread of mobile genetic elements in bacteria. Proc. Natl.
Acad. Sci. 117, 15755–15762 (2020).

27. SanMillan, A. et al. Positive selection and compensatory adaptation
interact to stabilize non-transmissible plasmids. Nat. Commun. 5,
5208 (2014).

28. Wein, T., Wang, Y., Hülter, N. F., Hammerschmidt, K. & Dagan, T.
Antibiotics interfere with the evolution of plasmid stability. Curr.
Biol. 30, 3841–3847 (2020).

29. Kussell, E. & Leibler, S. Phenotypic diversity, population growth,
and information in fluctuating environments. Science 309,
2075–2078 (2005).

30. Acar,M.,Mettetal, J. T. & VanOudenaarden, A. Stochastic switching
as a survival strategy in fluctuating environments. Nat. Genet. 40,
471–475 (2008).

31. Arnoldini, M., Mostowy, R., Bonhoeffer, S. & Ackermann, M. Evolu-
tion of stress response in the face of unreliable environmental sig-
nals. PLoS Comput. Biol. 8, e1002627 (2012).

32. Jahn, M., Vorpahl, C., Hübschmann, T., Harms, H. & Müller, S. Copy
number variability of expression plasmids determined by cell
sorting anddroplet digital pcr.Microb. Cell Factories 15, 1–12 (2016).

33. Novick, R. P. & Hoppensteadt, F. On plasmid incompatibility. Plas-
mid 1, 421–434 (1978).

34. Knox, J. R. Extended-spectrum and inhibitor-resistant tem-type
beta-lactamases: mutations, specificity, and three-dimensional
structure. Antimicrob. Agents Chemother. 39, 2593–2601 (1995).

35. Salverda, M. L., De Visser, J. A. G. & Barlow, M. Natural evolution of
tem-1 β-lactamase: experimental reconstruction and clinical rele-
vance. FEMS Microbiol. Rev. 34, 1015–1036 (2010).

36. SanMillan, A., Escudero, J. A., Gifford, D. R., Mazel, D. &MacLean, R.
C. Multicopy plasmids potentiate the evolution of antibiotic resis-
tance in bacteria. Nat. Ecol. Evol. 1, 0010 (2017).

37. Hernandez-Beltran, J., Rodríguez-Beltrán, J., San Millán, A., Peña-
Miller, R. & Fuentes-Hernández, A. Quantifying plasmid dynamics
using single-cell microfluidics and image bioinformatics. Plasmid
113, 102517 (2021).

38. Shao, B. et al. Single-cell measurement of plasmid copy number
and promoter activity. Nat. Commun. 12, 1–9 (2021).

39. Rodriguez-Beltran, J. et al. Multicopy plasmids allow bacteria to
escape from fitness trade-offs during evolutionary innovation. Nat.
Ecol. Evol. 2, 873 (2018).

40. Baltrus, D. A. Exploring the costs of horizontal gene transfer. Trends
Ecol. Evol. 28, 489–495 (2013).

41. San, A. M. & Maclean, R. C. Fitness costs of plasmids: a limit to
plasmid transmission. Microbiol. Spectr. 5, 10–1128 (2017).

42. Hall, J. P. et al. Plasmid fitness costs are caused by specific genetic
conflicts enabling resolution by compensatorymutation. PLoS Biol.
19, e3001225 (2021).

43. Bentley, W. E., Mirjalili, N., Andersen, D. C., Davis, R. H. & Kompala,
D. S. Plasmid-encoded protein: the principal factor in the “meta-
bolic burden" associated with recombinant bacteria. Biotechnol.
Bioeng. 35, 668–681 (1990).

44. Klumpp, S. Growth-rate dependence reveals design principles of
plasmid copy number control. PloS one 6, e20403 (2011).

45. Santos-Lopez, A. et al. Compensatory evolution facilitates the
acquisition of multiple plasmids in bacteria. bioRxiv 187070
(2017).

46. Harrison, E., Koufopanou, V., Burt, A. &Maclean, R. The cost of copy
number in a selfish genetic element: the 2-μm plasmid of s
accharomyces cerevisiae. J. Evol. Biol. 25, 2348–2356 (2012).

47. Santos-Lopez, A. et al. A naturally occurring single nucleotide
polymorphism in a multicopy plasmid produces a reversible
increase in antibiotic resistance.Antimicrob. AgentsChemother.61,
e01735–16 (2017).

48. Alonso-del Valle, A. et al. Variability of plasmid fitness effects
contributes to plasmid persistence in bacterial communities. Nat.
Commun. 12, 1–14 (2021).

49. Harrison, E., Guymer, D., Spiers, A. J., Paterson, S. & Brockhurst, M.
A. Parallel compensatory evolution stabilizes plasmids across the
parasitism-mutualism continuum.Curr. Biol. 25, 2034–2039 (2015).

50. Loftie-Eaton, W. et al. Compensatory mutations improve general
permissiveness to antibiotic resistance plasmids. Nat. Ecol. Evol. 1,
1354–1363 (2017).

51. Hall, J. P., Wright, R. C., Guymer, D., Harrison, E. & Brockhurst, M. A.
Extremely fast amelioration of plasmid fitness costs by multiple
functionally diverse pathways. Microbiology 166, 56–62 (2020).

52. Porse, A., Schønning, K., Munck, C. & Sommer, M. O. Survival and
evolution of a large multidrug resistance plasmid in new clinical
bacterial hosts. Mol. Biol. Evol. 33, 2860–2873 (2016).

53. Dajkovic, A., Mukherjee, A. & Lutkenhaus, J. Investigation of reg-
ulationof ftsz assembly by sula anddevelopment of amodel for ftsz
polymerization. J. Bacteriol. 190, 2513–2526 (2008).

54. Sánchez-Gorostiaga, A. et al. Life without division: physiology of
Escherichia coli ftsz-deprived filaments. mBio 7, e01620–16 (2016).

55. Karasz, D. C., Weaver, A. I., Buckley, D. H. & Wilhelm, R. C. Condi-
tional filamentation as an adaptive trait of bacteria and its ecologi-
cal significance in soils. Environ. Microbiol. 24, 1–17 (2022).

56. Miller, C. et al. Sos response induction by ß-lactams and bacterial
defense against antibiotic lethality. Science 305, 1629–1631 (2004).

57. Wehrens, M. et al. Size laws and division ring dynamics in fila-
mentous Escherichia coli cells. Curr. Biol. 28, 972–979 (2018).

58. Sulaiman, J. E. & Lam, H. Proteomic study of the survival and
resuscitation mechanisms of filamentous persisters in an evolved

Article https://doi.org/10.1038/s41467-024-45045-0

Nature Communications |         (2024) 15:2610 11



Escherichia coli population from cyclic ampicillin treatment.
mSystems 5, e00462–20 (2020).

59. Friedman, N., Vardi, S., Ronen, M., Alon, U. & Stavans, J. Precise
temporal modulation in the response of the sos dna repair network
in individual bacteria. PLoS Biol. 3, e238 (2005).

60. Veening, J.-W., Smits, W. K. & Kuipers, O. P. Bistability, epigenetics,
and bet-hedging in bacteria. Annu. Rev. Microbiol. 62,
193–210 (2008).

61. Ackermann, M. A functional perspective on phenotypic hetero-
geneity in microorganisms.Nat. Rev. Microbiol. 13, 497–508 (2015).

62. Bush, K. & Bradford, P. A. β-lactams and β-lactamase inhibitors: an
overview. Cold Spring Harbor Perspect. Med. 6, a025247 (2016).

63. Laehnemann, D. et al. Genomics of rapid adaptation to antibiotics:
convergent evolution and scalable sequence amplification. Gen-
ome Biol. Evol. 6, 1287–1301 (2014).

64. Fuentes-Hernandez, A. et al. Using a sequential regimen to elim-
inate bacteria at sublethal antibiotic dosages. PLoS Biol. 13,
e1002104 (2015).

65. Pena-Miller, R. et al. When the most potent combination of anti-
biotics selects for the greatest bacterial load: the smile-frown
transition. PLoS Biol. 11, e1001540 (2013).

66. Sun, S., Berg, O. G., Roth, J. R. & Andersson, D. I. Contribution of
gene amplification to evolution of increased antibiotic resistance in
salmonella typhimurium. Genetics 182, 1183–1195 (2009).

67. Anderson, S. E., Sherman, E. X., Weiss, D. S. & Rather, P. N. Ami-
noglycoside heteroresistance in acinetobacter baumannii ab5075.
mSphere 3, e00271–18 (2018).

68. Reams, A. B. & Roth, J. R. Mechanisms of gene duplication and
amplification. Cold Spring Harbor Perspect. Biol. 7, a016592
(2015).

69. Adler, M., Anjum, M., Berg, O. G., Andersson, D. I. & Sandegren, L.
High fitness costs and instability of gene duplications reduce rates
of evolution of new genes by duplication-divergence mechanisms.
Mol. Biol. Evol. 31, 1526–1535 (2014).

70. Hjort, K., Nicoloff, H. & Andersson, D. I. Unstable tandem gene
amplification generates heteroresistance (variation in resistance
within a population) to colistin in Salmonella enterica. Mol. Micro-
biol. 102, 274–289 (2016).

71. Band, V. I. & Weiss, D. S. Heteroresistance: a cause of unexplained
antibiotic treatment failure? PLoS Pathogens 15, e1007726 (2019).

72. Nicoloff, H., Hjort, K., Levin, B. R. & Andersson, D. I. The high pre-
valence of antibiotic heteroresistance in pathogenic bacteria is
mainly caused by gene amplification. Nat. Microbiol. 4, 504 (2019).

73. Ng, J. W., Chatenay, D., Robert, J. & Poirier, M. G. Plasmid copy
number noise in monoclonal populations of bacteria. Phys. Rev. E
81, 011909 (2010).

74. Sánchez-Romero, M. A., Mérida-Floriano, Á. & Casadesús, J. Copy
number heterogeneity in the virulence plasmid of salmonella
enterica. Front. Microbiol. 11, 599931 (2020).

75. Zwart, M. P. et al. Unraveling the causes of adaptive benefits of
synonymous mutations in tem-1 β-lactamase. Heredity 121,
406–421 (2018).

76. Martinez, J. et al. Resistance to beta-lactam/clavulanate. Lancet
330, 1473 (1987).

77. Sun, L., Ashcroft, P., Ackermann, M. & Bonhoeffer, S. Stochastic
gene expression influences the selection of antibiotic resistance
mutations. Mol. Biol. Evol. 37, 58–70 (2020).

78. Škulj, M. et al. Improved determination of plasmid copy number
using quantitative real-time pcr for monitoring fermentation pro-
cesses. Microb. Cell Factories 7, 1–12 (2008).

79. Lee, C., Kim, J., Shin, S. G. & Hwang, S. Absolute and relative qpcr
quantification of plasmid copy number in Escherichia coli. J. Bio-
technol. 123, 273–280 (2006).

80. Hall, B. G., Acar, H., Nandipati, A. & Barlow, M. Growth rates made
easy. Mol. Biol. Evol. 31, 232–238 (2014).

81. Mondragón-Palomino,O., Danino, T., Selimkhanov, J., Tsimring, L. &
Hasty, J. Entrainment of a population of synthetic genetic oscilla-
tors. Science 333, 1315–1319 (2011).

82. Ferry, M. S., Razinkov, I. A. & Hasty, J. Microfluidics for synthetic
biology: from design to execution. In Methods in enzymology, vol.
497, 295–372 (Academic Press, 2011).

83. Van Valen, D. A. et al. Deep learning automates the quantitative
analysis of individual cells in live-cell imaging experiments. PLoS
Comput. Biol. 12, e1005177 (2016).

Acknowledgements
We thankS. Brom, J. Stavans, D. Romero, P. Padilla,M. AckermannandR.
Beardmore for useful discussions and comments on earlier versions of
this manuscript. We are also thankful to A. Saralegui from Laboratorio
Nacional de Microscopía Avanzada for assistance using the flow cyt-
ometer and J. Escudero for the gift of the strains. We also thank the
LABNALCIT-UNAM (CONACYT) for technical support using the cell sor-
ter. JCRHBwas adoctoral student in ProgramadeDoctoradoenCiencias
Biomédicas, Universidad Nacional Autónoma de México, and received
fellowship 59691 from CONACYT. BAL is a student in Programa de
Doctorado en Ciencias Bioquímicas, Universidad Nacional Autónoma de
México and received fellowship 886346 fromCONACYT. J.V.S. received
a scholarship from PAPIIT-UNAM (grant IN209419). A.S.M. is funded by
the European Union’s Horizon 2020 research and innovation program
(ERC grant agreement no.757440-PLASREVOLUTION). J.R.-B. is sup-
ported by a Miguel Servet contract from Instituto de Salud Carlos III
(ISCIII; grant no. CP20/00154), co-funded by ESB, ’Investing in your
future’. R.P.M. and R.C.M. were supported by a Newton Advanced Fel-
lowship awarded by the Royal Society (NA140196). A.F.H. and R.P.M.
were supported by PAPIIT-UNAM (grants IA201418 and IN209419,
respectively). This project was also funded by CONACYT Ciencia Básica
(grant A1-S-32164) awarded to R.P.M.

Author contributions
R.P.M., A.F.H., J.R.B., A.S.M. and R.C.M. conceived and planned the
experiments. J.C.R.H., B.A.L. and A.F.H. carried out the experiments.
J.C.R.H., J.V.S., B.A.L. and R.P.M. analyzed the data. O.M.P., J.C.R.H.,
R.P.M. and A.F.H. developed the microfluidics platform. J.C.R.H. and
R.P.M. implemented and postulated the computational model. J.C.R.H.,
A.F.H. andR.P.M.wrote themanuscript. All authorsdiscussed the results
and commented on the manuscript.

Funding
Open Access funding enabled and organized by Projekt DEAL.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains
supplementary material available at
https://doi.org/10.1038/s41467-024-45045-0.

Correspondence and requests for materials should be addressed to
J. Carlos R. Hernandez-Beltran or Rafael Peña-Miller.

Peer review informationNature Communications thanks MíriamGarcía,
and the other, anonymous, reviewer(s) for their contribution to the peer
review of this work. A peer review file is available.

Reprints and permissions information is available at
http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jur-
isdictional claims in published maps and institutional affiliations.

Article https://doi.org/10.1038/s41467-024-45045-0

Nature Communications |         (2024) 15:2610 12

https://doi.org/10.1038/s41467-024-45045-0
http://www.nature.com/reprints


Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,
adaptation, distribution and reproduction in any medium or format, as
long as you give appropriate credit to the original author(s) and the
source, provide a link to the Creative Commons licence, and indicate if
changes were made. The images or other third party material in this
article are included in the article’s Creative Commons licence, unless
indicated otherwise in a credit line to the material. If material is not
included in the article’s Creative Commons licence and your intended
use is not permitted by statutory regulation or exceeds the permitted
use, you will need to obtain permission directly from the copyright
holder. To view a copy of this licence, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2024

Article https://doi.org/10.1038/s41467-024-45045-0

Nature Communications |         (2024) 15:2610 13

http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

	Plasmid-mediated phenotypic noise leads to transient antibiotic resistance in bacteria
	Results
	Stochastic plasmid dynamics promotes adaptation to fluctuating selection
	Experimental modulation of PCN distributions in bacterial populations
	PCN variability enhances survival of populations exposed to fluctuating selection
	Single-cell measurement of fluorescence and survival to a semi-lethal�pulse
	Plasmid-driven phenotypic noise produces a heterogeneous stress response

	Discussion
	Methods
	Bacterial strains and culture conditions
	Antibiotic susceptibility determination
	Plasmid copy number determination
	Flow cytometry
	Fitness costs determination
	Semi-lethal pulse in bacterial populations
	Population-level survival�assay
	β-lactamase inhibitor experiment
	Single-cell microfluidics
	Fluorescence microscopy
	Image analysis
	Computational�model
	Reporting summary

	Data availability
	Code availability
	References
	Acknowledgements
	Author contributions
	Funding
	Competing interests
	Additional information




