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Decadal oscillation provides skillful
multiyear predictions of Antarctic sea ice

Yusen Liu1, Cheng Sun 1 , Jianping Li 2,3, Fred Kucharski 4,
Emanuele Di Lorenzo5, Muhammad Adnan Abid 4,6 & Xichen Li 7

Over the satellite era, Antarctic sea ice exhibited an overall long-term
increasing trend, contrary to the Arctic reduction under global warming.
However, the drastic decline of Antarctic sea ice in 2014–2018 raises questions
about its interannual and decadal-scale variabilities, which are poorly under-
stood and predicted. Here, we identify an Antarctic sea ice decadal oscillation,
exhibiting a quasi-period of 8–16 years, that is anticorrelated with the Pacific
Quasi-Decadal Oscillation (r = −0.90). By combining observations, Coupled
Model Intercomparison Project historical simulations, and pacemaker climate
model experiments, we find evidence that the synchrony between the sea ice
decadal oscillation and Pacific Quasi-Decadal Oscillation is linked to atmo-
spheric poleward-propagating Rossby wave trains excited by heating in the
central tropical Pacific. These waves weaken the Amundsen Sea Low, melting
sea ice due to enhanced shortwave radiation and warm advection. A Pacific
Quasi-Decadal Oscillation-based regression model shows that this tropical-
polar teleconnection carries multi-year predictability.

Antarctic sea ice plays a crucial role in the exchange of heat,
momentum, and water masses, modulating global atmospheric and
oceanic circulations1–5. It is characterized by complex variations on a
variety of timescales superimposed on an overall long-term
increasing trend during the satellite era6–9. Despite this, the quick
retreat of Antarctic sea ice from 2014 to 2018 has garnered a lot of
attention3,10–13. These long-term fluctuations have been connected to
dynamic processes in the Southern Ocean14–17 and large-scale climate
modes in the Pacific and Atlantic Oceans18–23. For example, a previous
study suggested that the increasing trend of Antarctic sea ice in the
2000s is driven by the Interdecadal Pacific Oscillation (IPO)18, which
shows drastic multidecadal fluctuations (20–30 years). On an inter-
annual period (2–8 years), the Southern Annular Mode (SAM) and a
circumpolar zonal wave-3 (ZW3) are primary local circulation pat-
terns that affect the variability of sea ice through wind-driven

dynamic and thermodynamic processes24–26. Remotely, the El Niño-
Southern Oscillation (ENSO)-related tropical Pacific SST warming
causes contrasting changes in sea ice concentration (SIC) over the
Weddell and Ross Seas, referred to as the Antarctic sea ice dipole27–29.
Uncovering the complex variations of Antarctic sea ice is a basis for
advancing its prediction. However, the quasi-decadal (8–16 years)
variability and the recent drastic fluctuations in sea ice have not been
fully understood, and accurate prediction of Antarctic sea ice
remains challenging30. The interannual sea ice predictability only
reaches three years using intermediate complexity climate
models31,32. Meanwhile, the decadal prediction of Antarctic sea ice is
far from skillful since most CMIP5 models are unable to reproduce
the observed increasing trend33,34. A recent study demonstrated that
the predicting skill of sea ice over the Ross Sea on the decadal scale is
still very limited in spite of refined model initialization30. Thus, there
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is an urgent need to improve the Antarctic sea ice predictability on
the decadal scale.

Low-frequency oscillatory phenomena have been observed in the
Pacific basin on a variety of temporal scales35, providing an important
source of predictability36. Other than the interannual and multidecadal
modes, the quasi-decadal oscillating signals in the Pacific are less
understood and more pronounced on the regional scale35,37–39. One of
these decadal modes is located over the central tropical Pacific, where
the sea surface temperature (SST) exhibits alternative warming and
cooling phases, with a quasi-period of 8–16-yr, referred to as the Pacific
Quasi-Decadal Oscillation (PQDO)37,39–41. Previous studies regarded the
PQDO as a non-linear component of ENSO42, while other studies also
suggested that thedynamical couplingbetween the tropical SSTheating
and extratropical atmospheric forcing associated with the Kuroshio
Extension plays a role43–47. It has been conclusively proved that the
PQDO is an independent quasi-periodic mode and fundamentally dif-
ferent from ENSO42. Also, the PQDO can be differentiated from the IPO
in terms of their temporal scales48. Moreover, the PQDO has profound
influences on regional climate variability on the quasi-decadal time
scale, such as tropical cyclones and inland precipitation49–52. Investigat-
ing the climate impacts of thePQDOwould enlightenourunderstanding
of quasi-decadal climate variations and improve climate predictability.

In this study, we investigate the decadal variability in Antarctic sea
ice and examine its quasi-periodic nature. The underlying mechanism
is inspected in historical Coupled Model Intercomparison Project
Phase 6 (CMIP6) simulations and a dedicated pacemaker experiment
conducted with the ICTPAGCM-NEMO coupled model. A PQDO-based
sea ice regression model is further constructed to estimate the SIC
changes in the next decade.

Results
Decadal oscillation in Antarctic sea ice
To identify the predominant mode of Antarctic sea ice variability, we
employ the Empirical Orthogonal Function (EOF) on the annual mean

SIC (within 50°S–90°) derived from the NSIDC dataset for the period
1981–2020. The leading mode of EOF explains about 16.9% of the
variance (Supplementary Fig. 1a). The corresponding principle com-
ponent (PC) shows an overall increasing trend in SIC (Supplementary
Fig. 1b). The SIC increases over the Ross53 and Weddell Seas while
decreasing over the Amundson and Bellingshausen Seas, which cor-
respondswell with theobserved trendpattern (Supplementary Fig. 1c).
The second mode of EOF highlights an oscillating feature, with the
maximum loading positioned over the Ross-Amundsen Seas (Fig. 1a). It
explains 13.1% total variance (Supplementary Fig. 2a) and 26.3% dec-
adal variance (Supplementary Fig. 2b) of the entire Antarctic SIC,
indicating that the PC2 is a dominant decadal mode of Antarctic sea
ice. Note that the EOFs conducted on monthly SIC data show con-
sistent temporal and spatial characteristics (not shown here) and can
be well separated following the “rule of thumb” in ref. 54 (see Meth-
ods). The Ross-Amundsen Seas SIC strongly coincides with the PC2
(r =0.88), consistently showing a quasi-period of 8–16 years and a
spectral peak at roughly 12–14 years (Fig. 1b, c). Furthermore, we
compute the EOFs using detrended SIC data, where the PC1 strongly
correlates with the PC2 from the raw data (r = 0.77), explaining 19%
variance of Antarctic SIC and exhibiting a spectral peak at 12–14 years
(Supplementary Fig. 2c, d). It demonstrates that the decadal oscillation
is one of the primary modes of Antarctic sea ice variability, which is
most pronounced in the Ross-Amundsen Seas, but also has implica-
tions for the decadal oscillatory features elsewhere in the Antarctic
Seas. We then apply an 8-yr lowpass filter to the Ross-Amundsen Seas
SIC and the PC2 to extract the decadal component of the SIC variability
(Fig. 1d). Antarctic sea ice has gone through more than two cycles in
the past forty years, with three positive phases (1984–1990;
1996–2002; 2008–2012) and two negative phases in between. The
decline of the Ross-Amundsen Seas SIC from 2012 and reclimb from
2018 may be a part of the current cycle. The two series are largely in
phase (r = 0.96), further suggesting that the Ross-Amundsen Seas SIC
is representative of the decadal component of Antarctic sea ice

Fig. 1 | Decadaloscillation inAntarctic sea ice concentration. aThe EOF2pattern
of Antarctic sea ice concentration (SIC).bThe corresponding PC2 and theAntarctic
decadal oscillation (AADO) indexdefined as the area-weighted average of SIC in the
Ross-Amundsen Seas (180°–125°W, 60°S–75°S). c The local wavelet power spec-
trum using the Morlet wavelet, and the global wavelet/Fourier spectrums (right-
hand panel) of the AADO index. The yellow contour indicates the 95% significance

level using a red-noise background spectrum. The red dash line in the right-hand
panel indicates the 95%confidence level for the globalwavelet spectrum.dThe 8-yr
lowpass filtered series of the AADO index and the PC2 for the period 1981–2020.
The gray shading indicates the positive phase of the AADO. The series has been
detrended and normalized. Base map for Fig. 1a was generated using the NCAR
Command Language (version 6.6.2).
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variability, with a notable quasi-period of 8–16 years. We, therefore,
refer to it as the Antarctic decadal oscillation (abbreviated AADO). The
AADO index (see Index definitions in Methods) using the OISST and
the HadISST SIC datasets (Supplementary Fig. 3) consistently shows a
decadal oscillation. We may conclude that the AADO is a robust mode
and independent of SIC datasets.

Antarctic sea ice is modulated by thermodynamic and dynamic
processes largely driven by large-scale atmospheric circulations3. The
local factors affecting sea ice display a consistent quasi-decadal oscil-
lation (Fig. 2). The AADO strongly coincides with local surface air
temperature (SAT) (r = −0.97, lowpass filtered). The lead-lag correla-
tion between SAT and SIC indicates that the SIC melting driven by
preceding and contemporary SAT warming is stronger than its feed-
back to maintain the anomalous SAT (Supplementary Fig. 4a). Thus,
the local SAT plays an essential triggering role causing sea ice to melt.
The correlation maps of the AADO index (reversed) and the area-
averaged SAT over the Ross-Amundsen Seas with 200hPa geopoten-
tial height consistently showhigh anomalies, which agree well with the
climatological Amundsen Sea Low (ASL) (Figs. 2a, b). The weakened
ASL enhances shortwave radiation (Supplementary Fig. 4b) and drives
anomalous warm air advection (Supplementary Fig. 4c) to the west,
causing regional SAT warming (r = 0.84) and, consequently, SIC
decline (r = −0.87).We evaluate the relative contributions of shortwave
radiation and temperature advection to the SIC changes using

standardized partial regression coefficients (−0.83 and −0.13, respec-
tively) from a multivariate regression model of the AADO. It suggests
that the radiative heating termmay play a more important role. Based
on the above analysis, the ASL is an essential local atmospheric forcing
responsible for the changes in SICvia the thermodynamic process. The
ASL exhibits a consistent 8–16-yr quasi-period through wavelet analy-
sis (Supplementary Fig. 5) as that in the AADO. In Fig. 2c, the ASL shows
an anticorrelated relationship with the AADO, together with synchro-
nized decadal fluctuations in SAT and shortwave radiation.

Furthermore, we inspect the temporal coherence of the AADO
with subsurface temperature and SIC advection (see Methods). Both
subsurface temperature19 and sea ice advectionmay influence the low-
frequency variability of Ross-AmundsenSeas sea ice (r = −0.52 and0.11,
respectively). However, the quasi-periodicity found in the AADO is
obscure in those two variables (Supplementary Fig. 4d, e), which are
unlikely the driving factors of such a decadal oscillation. Meanwhile,
SAT warming explains over 90% low-frequency variance of the Ross-
Amundsen Seas SIC, with synchronized quasi-periods of 8–16 years.
The analysis presented above reveals that the ASL and the associated
thermodynamic processes are crucial to the development of the
AADO. The quasi-periodicity on a scale of 8–16 years is consistently
found in sea ice and the associated geopotential height and surface air
temperature, further indicating that theAADOacts as a robustmodeof
variability in the Antarctic sea ice-atmosphere coupled system.

Fig. 2 | Atmospheric forcing of theAntarctic decadaloscillation.The correlation
maps of (a) the Antarctic decadal oscillation (AADO) index (multiplied by −1) and
(b) surface air temperature (SAT) averaged over the Ross-Amundsen Seas
(180°–125°W, 60°S–75°S) with 200hPa geopotential height. The dotted shading
indicates the correlation coefficient is significant at the 95% confidence level. c The
detrended andnormalized time series of the AADO index (blue), the Amundsen Sea

Low (ASL) index (red), and domain-averaged SAT (yellow) and shortwave radiation
(SW) (positive downward; dashed purple line) for the period 1981–2020. The time
series has been preprocessed by an 8-yr low-pass filter in order to isolate the
decadal variabilities. Base maps for Fig. 2a, b were generated using the NCAR
Command Language (version 6.6.2).
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Linking the AADO to the PQDO
In this section, we attempt to explain the mechanisms behind the
AADOby seeking signals that share a synchronized decadal fluctuation
in the ocean. Here, we isolate the quasi-decadal component (8–16-yr
bandpass filtered) of SST variance (Fig. 3a). The central tropical Pacific
shows the most prominent signal, which is usually referred to as the
PQDO37. The cross-wavelet between the PQDO index (see Methods)
and the AADO index (Fig. 3b) indicates a compatible quasi-period of
8–16 years, with reversed phases. Further comparison of the two
indices (8-yr low-passfiltered) shows synchronizeddecadalfluctuation
(Fig. 3c) with a correlation coefficient of −0.90. Both the PQDOand the
AADO experience approximately three complete cycles during the
satellite observation, and the phase transitions between them are in
good agreement. The above analysis reveals coherent quasi-periodi-
cities, implying that the PQDO could be a potential driver of the AADO
on the decadal scale.

ThePQDO-AADO relationship and the underlyingmechanisms are
further inspected. In the observation, the PQDO-related SST warming
intensifies tropical convection, accelerating the Hadley circulation and
causing a disruption in the subtropical jet to excite a Rossbywave train
that is propagating poleward21. Such a tropical-polar teleconnection
pathway consists of alternating low/high pressure centers located over
New Zealand and the Amundsen Sea (Fig. 4a), linking the PQDO to the
atmospheric circulation anomalies over the Antarctic. The climatolo-
gical ASL is severely suppressed by a high-pressure center at the
downstream end of the wave train, which leads to surface warming
from increased shortwave radiation and abnormally enhanced warm
advection over the west flank. Consequently, the increased surface air

temperature causes sea ice tomelt (Fig. 4c) in response to the positive
phase PQDOand the associated tropical-polarwave train. Note that the
wave train pattern induced by the PQDO somewhat resembles the one
excited by ENSO. However, the weakened ASL downstream the wave
train exhibits considerable variation on the frequency band of 8–16
years, which cannot be explained by the interannual ENSO signal.

The central tropical Pacific pacemaker experiment (CP_EXP, see
Methods) is conducted to inspect the direct response of Antarctic sea
ice to the PQDO. The ICTP-NEMO coupled model has capability to
reproduce the observed tropical-polar teleconnection and the decadal
oscillation in the Ross-Amundsen Seas SIC (Supplementary Fig. 6). In
theCP_EXP,wefinda similarRossbywave train pattern thatpropagates
from the central tropical Pacific towards the polar region, with an
anomalous high weakening the climatological ASL (Fig. 4b). The
simulated SIC over the Ross Sea declines significantly in response to
thePQDO (Fig. 4d). However, the simulatedASLdeviates to thewest, in
accordance with the westward shifts in radiative heating and warm air
advection, introducing biases in reproducing the SIC over the
Amundsen Sea. Nevertheless, the coupled model successfully repro-
duces theASL-related thermodynamic feedback between the local SAT
and SIC (r = −0.96) and the anticorrelated relationship between the
PQDO and AADO (r = −0.53) (Fig. 4e). The SIC in this PQDO-forced
experiment shows a consistent quasi-periodicity on the decadal scale,
with a spectral peak at approximately 12–14 years (Supplementary
Fig. 7), as that in the observation. The pacemaker experiment isolates
the role of PQDO inmodulating the decadal oscillation of Antarctic sea
ice, providingmodeling evidence for the tropical-polar teleconnection
pattern.

Fig. 3 | Linking the Antarctic decadal oscillation to the Pacific Quasi-decadal
oscillation. a The sea surface temperature (SST) variance on the decadal scale (8-
16-yr bandpass filtered, unit: K2). b The cross-wavelet transform analysis between
the Pacific quasi-decadal oscillation (PQDO) and the Antarctic decadal oscillation
(AADO). The black contour indicates a 95% confidence level. The relative phase

relationship is shown as arrows (with in-phase pointing right). c The 8-yr lowpass
filtered time series of the PQDO index and the AADO index for the period
1981–2020 (detrended and normalized). Base map for Fig. 3a was generated using
the NCAR Command Language (version 6.6.2).
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In CMIP6 historical simulations (Supplementary Table. 1), over
half of the models replicate the central tropical Pacific SST’s quasi-
decadal variance ratio at over 10%. (Fig. 5a). We select 12 out of the 29
models, which show relatively good PQDO reproducibility with a var-
iance ratio greater than 14%. Six of them also successfully reproduce
the quasi-decadal signal in sea ice (Fig. 5b), and nine models indicate a
significant quasi-decadal connection between the PQDO and the
AADO, with negative correlation coefficients lower than −0.4 (Fig. 5c).
The models with the more realistic intensity of SST variance and the
quasi-decadal Ross-Amundsen Seas SIC variability simulate significant
correlations between the PQDO and AADO index.

Here, we select four models (NorESM-LM, NorESM-MM, CMCC-
ESM2, and FIO-ESM-2-0) that replicate a strong correlation between

the PQDO and AADO as Group 1, whereas another four models
(NESM3, ACCESS-CM2, MPI-ESM1-2-LR, andMRI-ESM2-0) that indicate
poor correlation as Group 2. The criterions selecting models are
introduced in the Supplementary Table 2. The composited regression
maps of the geopotential height and SAT onto the PQDO index in the
Group 1 show a strong Rossby wave train propagating to the Ross-
Amundsen Seas and the resultant surface warming (Fig. 5d). The sup-
pressed ASL in response to the PQDO causes anomalous warm (cold)
advection, reducing (increasing) SIC over the Ross-Amundsen Seas
(Bellingshausen Sea) (Supplementary Fig. 8a). The simulated patterns
of atmospheric circulation and surface warming in the Group 1 agree
with those reproduced in the pacemaker experiment and the obser-
vation. The models in Group 2 simulate a rather weak tropical-polar

Fig. 4 | Tropical-polar teleconnections. The correlationmaps of the Pacific-quasi-
decadal oscillation (PQDO) index with 200hPa geopotential height (contour) and
surface air temperature (shading) in the (a) observation and (b) the central tropical
Pacific pacemaker experiment (CP_EXP). c, d are the correlationmaps of the PQDO
index with Antarctic sea ice concentration in the observation and the CP_EXP,
respectively, and have been preprocessed by 8-yr lowpass filtering. The dotted

shading indicates the correlation coefficient is significant at the 95% confidence
level. e The detrended and normalized time series of the PQDO index and the
simulated Antarctic decadal oscillation (AADO) index in the CP_EXP. The model
output is analysed from 1981 to 2020, consistent with the observation. Base maps
for Fig. 4a–d were generated using the NCAR Command Language (version 6.6.2).
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teleconnection and consequently show no significant warming over
theAmundsenSea (Fig. 5e).Over theAntarctic, the geopotential height
pattern resembles the positive SAM, which leads to a circum-polar SIC
reduction (Supplementary Fig. 8b) due to weakened westerlies and
enhanced upwelling of warm deep water3. It is worth mentioning that
the inability of models in Group 2 to simulate the wave trains could

reflect different mechanisms connecting the central tropical Pacific
and the Antarctic, other than the stationary wave dynamics. As sug-
gested in previous studies22, the tropical Pacific SST may influence the
SAM via atmospheric background circulation, such as the subtropical
jet and theHadley circulation, whichmay be reflected by themodels in
Group 2 to someextent. In addition,models that reproduce theRossby
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wave train associated with the PQDO could accurately replicate the
quasi-decadal periodicities in Antarctic sea ice (Fig. 5f). The tropical
periodic SST signal is sent to Antarctic sea ice by the poleward pro-
pagating wave train. The lack of the Rossby wave train in models of
Group 2 suggests that the local circulation system—like the SAM—

dominates the SIC variability, as there is no decadal periodicity
(Fig. 5g).As a result, wecandraw the conclusion that thequasi-periodic
pattern of Antarctic sea ice variability is a result of a crucial poleward
propagating Rossby wave train on the quasi-decadal timescale.

Antarctic sea ice prediction model
This study demonstrates an oscillating signal in Antarctic sea ice ori-
ginating from the central tropical Pacific SST and the associated
tropical-polar teleconnection. Further, we employ the Monte Carlo
Singular Spectrum Analysis to examine the credibility of the PQDO’s
quasi-periodicity. We generated 5000 realizations using an auto-
regressive model and the extended PQDO observation (1960–2020)
since its quasi-periodicity only emerges till the late 1950s45,48. It exhibits
a spectral peak within 12–14 years, which is statistically significant at
the 95% confidence level (Supplementary Fig. 9). The result indicates
that the PQDO is a robust mode of decadal oscillation. Its oscillating
nature and projected fluctuations in Antarctic sea ice may provide a
plausible approach to improve sea ice predictability on the
decadal scale.

Here we construct a prediction model for the AADO:

AADO tð Þ=a � PQDO tð Þ+ c1 ð1Þ

PQDO tð Þ=b � PQDO t � τð Þ+ c2 ð2Þ

where t denotes year. a and b are regression coefficients, and c1 and c2
are residual. The parameter τ, estimated using the lagged auto-
correlation of the PQDO index, indicates the time length of the PQDO
phase transition. The oscillating nature of PQDO is shaped by the
lagged influence of nonlinear dynamical heating related to ENSO
nonlinearity42, with a maximum lagged auto-correlation at approxi-
mately seven years (τ = 7, Supplementary Fig. 10). Thus, knowing the
current state, PQDO t � τð Þ, will inform us on its future changes (Eq. 2).
Further, the AADO can be predicted seven years in advance based on
its simultaneous relationship with the PQDO (Eq. 1).

Figure 6a, b exhibits two experimental cross-validated forecasts
for the periods 2008–2015 and 2013–2020, respectively. The predic-
tion model is trained by excluding the data from the forecasted peri-
ods. The results are preprocessed by an 8-yr low-pass filter to isolate
the decadal variation. The sea ice prediction model successfully
reproduces the maximum around 2010 and the drastic decline in the
2010s, showing considerablemulti-year predicting skills. Additional six
sets of forecasts, individually starting from 2009 to 2012, are con-
ducted to evaluate the performance of this model (Supplementary
Fig. 11). The correlation coefficients between predicted and observed
series are ranging from0.76 to 0.97, and over half of the forecasts pass
the 90% confidence level. The capability to reproduce the multi-year
sea ice variability is overall stable among forecasts, suggesting that the
PQDO-based regression model is a robust approach to estimating the
AADO seven years ahead, with considerable accuracy. In Fig. 6c, the

predicted AADO series suggests that the Ross-Amundsen SIC will
recover in the next four to five years before it decreases once again
since the mid-2020s.

Discussion
In this study,we identify a decadalmodeof Antarctic sea ice variability,
referred to as the AADO. The AADO is modulated by the central tro-
pical Pacific SST (the PQDO), exhibiting synchronized decadal fluc-
tuations (r = −0.90) and a consistent spectral peak of 12–14 years. The
PQDO excites a poleward propagating Rossby wave train, with a sig-
nificantly weakened ASL at the downstream. The changes in local
atmospheric circulation further embed the PQDO signal into the sea
ice variation via thermodynamic feedbacks. The mechanism has also
been consistently reproduced by the Central Pacific pacemaker
experiment and CMIP6 historical simulations.

The initialization of sea ice conditions in the climate model is
challenging due to a limited observational period and data quality. In
this study, the PQDO-based statistical model can capture the multi-
year variability of sea ice well. Here we highlight the importance of
introducing the PQDO signal into climate model initializations when
predicting Antarctic sea ice, which may be a plausible approach to
further improve the multi-year predictability of sea ice in more
sophisticated physical models. Moreover, among CMIP6 models, the
performance in simulating the tropical-polar teleconnection influ-
ences the reproducibility of the Antarctic sea ice variations, whichmay
have significant implications in reducing the model biases.

The PQDO-AADO relationship can be differentiated from the
ENSO- and IPO-related tropical-polar teleconnections in terms of
temporal behaviors. For ENSO, it variates primarily on interannual
scales55,56 (Supplementary Fig. 12a), whereas the PQDO shows sig-
nificant decadal fluctuations (Supplementary Fig. 12b). The spectral
coherence of the Ross-Amundsen Seas SIC with ENSO peaks within
2–6 years, whereas it ismost significant in the frequency band of 8–16
years with the PQDO (Supplementary Fig. 12c, d), indicating a decadal
connection that is significantly differentiated from ENSO. For the
IPO, it shows a pronounced multidecadal variability (20–30 years)57

(Supplementary Fig. 12e), but the periodic feature of IPO is obscure.
Over 7% for the remaining SIC decadal anomaly in the Ross-
Amundsen Seas can be explained by the PQDO after removing the
IPO signal (Supplementary Fig. 12f), suggesting that the impacts of
PQDO on the AADO are independent of the IPO. The conclusions
drawn here do not necessarily contradict that ENSO and the IPO
modulate Antarctic sea ice18. Still, they influence the Ross-Amundsen
Seas sea ice differently from the PQDO primarily due to different
temporal scales of variability. However, we do acknowledge a
coherence between the PQDO and the North Pacific Gyre Oscillation
(NPGO)58, which shows considerable loading over the Northeast
Pacific on decadal scales (r = −0.69), implying that Antarctic sea ice
may be further influenced by the decadal signals from the extra-
tropical North Pacific.

Methods
Data
In this study, themonthly SIC is derived for the period 1981–2020 from
the National Snow and Ice Data Center (NSIDC) dataset. It covers the
range from 45°S–90°, with a spatial resolution of 1° × 1°. The SIC is

Fig. 5 | Coupled Model Intercomparison Project historical simulations. a The
quasi-decadal variance ratio (%) of the central tropical Pacific sea surface tem-
perature (SST) simulated in 29 Coupled Model Intercomparison Project Phase 6
models. The quasi-decadal variance ratio is defined as the variance of 8–16-yr
bandpass filtered series divided by the variance of the raw series. b The quasi-
decadal variance ratios (%) of the central tropical Pacific SST (CP_SST) and Ross-
Amundsen Seas sea ice concentration (R-A Seas SIC) in the models that reproduce
the Pacific quasi-decadal oscillation (PQDO). cThe correlation coefficients between

the PQDO and the Antarctic decadal oscillation (AADO) in the models that repro-
duce the PQDO.d, e are the composited regressionmaps of surface air temperature
(shading; unit: K) and 200 hPa geopotential height (contours; unit: m) onto the
PQDO index in Group 1 and Group 2, respectively. The data has been preprocessed
by 8–16-yr bandpass filtering. f, g are the composited global wavelet spectrums of
the Ross-Amundsen Seas sea ice concentration in Group 1 and Group 2, respec-
tively. Basemaps for Fig. 5d, eweregenerated using theNCARCommandLanguage
(version 6.6.2).
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Fig. 6 | Prediction model of the Antarctic decadal oscillation. The observed
(red), modeled (blue), and predicted (green) Antarctic decadal oscillation (AADO)
index. a shows the hindcast from 2008 to 2015. b as in (a) but for the period
2013–2020. c is the predicted sea ice from2020 to 2027 computed from the Pacific

quasi-decadal oscillation-based predictionmodel. The data are preprocessed by an
8-yr lowpass filter to isolate the decadal variation. The shaded areas show the
2-sigma uncertainty range of the modeled and hindcasted/predicted values.
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estimated from satellite-based observation of passive microwave
brightness temperatures59. It is calibrated from different sensors and
produces consistent long-term data to allow the analysis of sea ice
variability. We also employ the OISST60 and the HadISST61 SIC datasets
(both at a 1° resolution) in comparisonwith theNSIDCdata. The sea ice
motions are observed sea ice drift derived from the NSIDC Polar
Pathfinder Daily 25 km EASE-Grid Sea Ice Motion Vectors, Version 4.
The sea ice motion vectors are derived from satellite-based observa-
tion, buoy position data, and NCEP reanalysis data and have been
widely used in previous studies62,63. Thisdataset has a spatial resolution
of 25 km and covers from 37°S to 90°S. The data is available for the
period 1978–2021. The SST data used to define the PQDO index is
obtained from the Extended Reconstruction SSTs version 5
(ERSSTv5)64, with a spatial resolution of 2° × 2°. The atmospheric data
(surface air temperature, winds, and geopotential height) is derived
from the ERA5 reanalysis65 (regrided to the T63 grid in this study). Note
that the radiative fluxes from the ERA5 reanalysis shows a large bias in
the Southern Ocean66, while the one from the NCEP2 Reanalysis (used
in this study) has better performances67 (defined as positive
downward)68. The subsurface temperature is used for the period
1981–2020 derived from the EN4 reanalysis69, which has a spatial
resolution of 1° × 1° and 42 layers. The historical simulations from 29
CMIP6 models (listed in Supplementary Table. 1) are analyzed for the
period 1981–2014 and regrided to the T42 grid.

Index definitions
The AADO index is defined as the area-weighted average of SIC over
the Ross-Amundsen Seas (60°S–75°S, 180°–125°W).

The PQDO index is defined as the area-weighted average of sea
surface temperature in the central tropical Pacific (10°S–10°N,
165°E–165°W). This definition is consistent with previous studies45,52.

The IPO index is defined as the PC2 of 8-yr lowpass filtered Pacific
SST (120°E–120°W, 40°S–60°N),which is similar to the definition in the
previous study18.

The Nino 3 index is defined as the area-averaged SST anomalies
(ERSSTv5) over the central-eastern tropical Pacific (5°N–5°S,
150°W–90°W). It is downloaded from https://psl.noaa.gov/enso/
dashboard.html.

The NPGO index is defined as the second dominant mode of sea
surface height variability in the Northeast Pacific, which can be
downloaded from http://o3d.org/npgo/.

Statistical methods
This study focuses on quasi-decadal variability, so the annual mean of
monthly data is calculated before analysis. To identify the quasi-peri-
odicities, we apply the local wavelet spectrum method70,71 with a
Morlet wavelet base, which has been widely employed in previous
studies52. The cross-wavelet spectrum is also used so that we can
quantify the coherence of periodicities as well as phases between time
series72. The significance of the power spectrum is also examined using
the Monte Carlo Singular Spectrum Analysis73. Here we use an auto-
regressive model to fit the observed data and generate 5000 realiza-
tions with the same parameters to show if the spectral peak is a real
containing signal within a limited sample size.

We examine the separation of EOFs, following the “rule of thumb”
in ref. 54, which is estimated using the following equations:

λ1 � λ2 ≥ δλ1 + δλ2 ≈ ðλ1 + λ2Þ �
ffiffiffiffi

2
N

r

ð3Þ

where λ1 and λ2 are the eigenvalues, δλ1 and δλ2 are the corresponding
sampling errors, and N is the sample size. It has been demonstrated by
North et al. that the estimated sampling error is partly determined by
sample sizes so that the test result is plausible with a large number of
realizations.

In this study, we employ an 8-yr lowpass filter to isolate the dec-
adal SIC variationwhile removing the interannual signal, such as ENSO.
The statistical significanceof the correlation coefficient is evaluated by
a two-tail Student’s t-test, where the effective number of degrees of
freedom (Neff) is estimated by:

1

Nef f
≈
1
N

+
2
N

X

N

j = 1

N � j
N

ρXXðjÞρYYðjÞ ð4Þ

where N denotes the sample size and ρXX ðjÞ stands for the auto-
correlation of the sampled time series X and ρYY ðjÞ is for Y, while j is the
time lag.

Sea ice advection
The SIC advection term is calculated using the following equation74:

SICadv = � u � ∂SIC
∂x

+v � ∂SIC
∂y

� �

ð5Þ

where u and v are sea ice motions, x and y denote longitudes and
latitudes. The advection term is calculated based on annual mean SIC
and sea ice drift data.

Pacemaker experiment
Here we use an intermediate complexity atmospheric general circu-
lation model from the International Centre for Theoretical Physics
(ICTPAGCMversion41, also called “SPEEDY”)75,76. TheAGCM is coupled
to the Nucleus for European Modeling of the Ocean (NEMO) version 3
model77, which includes a sea ice component (LIM version 3)78. The
ICTPAGCM has eight vertical levels and a horizontal resolution of T30
(3.75° × 3.75°), with simplified parameterization schemes. Themodel is
computationally efficient, while it exhibits on-par performance in
simulating large-scale features and climate variability compared to
state-of-the-art models76. The NEMOmodel solves primitive equations
(z-coordinate) on a tripolar ORCA2 grid (horizontal resolution of
2° × 2°, and 0.5° × 0.5° in the tropics), and its physical ocean compo-
nent contains both dynamics and thermodynamics. Considering the
tight interaction between sea ice and the underlying ocean, the ocean
dynamics is interfaced with the sea ice component that takes into
account ice dynamics, thermodynamics, subgrid-scale thickness var-
iations, and brine inclusions79. The ocean and sea ice components in
the NEMO model are coupled to the ICTPAGCM via the OASISv3
coupler80, allowing us to inspect the complex interactions within the
ocean-atmosphere-sea ice system over the Antarctic Seas.

In the pacemaker experiment, the ICTPAGCM-NEMO coupled
model is relaxed to the observed monthly varying SST (ERSSTv5) over
the central tropical Pacific (10°S–10°N and 165°E–165°W), while
allowing the model to freely evolve outside the central tropical Pacific
region (referring to as CP_EXP). The pacemaker experiment aims to
inspect the PQDO-related changes in atmospheric circulation and the
associated ocean-atmosphere-sea ice coupling over the Antarctic. The
SIC is modulated by dynamic and thermodynamic processes in the
atmosphere as well as the underlying ocean. The model is conducted
from 1955 to 2022 (1981–2020 for analysis). The experiment is started
from an already spin-up state (for about 1000 years) with stabilized
global mean surface air temperature, sea ice cover, and top-of-
atmosphere net energy flux, while an additional 26-year is for the
pacemaker experiment to spin up81. The carbon dioxide concentration
is fixed in the CP_EXP so that we can isolate the internal forcing on the
sea ice decadal variability.

Data availability
All data are available publicly in the main text or the supplementary
materials. NSIDC sea ice concentration data are available at https://
nsidc.org/data/soac/sea-ice-concentration. NSIDC Polar Pathfinder
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dataset is obtained from https://nsidc.org/data/nsidc-0116/versions/4.
ERA5 Reanalysis is available at https://www.ecmwf.int/en/forecasts/
dataset/ecmwf-reanalysis-v5. NCEP2 Reanalysis is available at https://
psl.noaa.gov/data/gridded/data.ncep.reanalysis2.html. EN4 Reanalysis
data is derived from https://www.metoffice.gov.uk/hadobs/en4/.
CMIP6 historical simulations are downloaded from https://esgf-node.
llnl.gov/projects/cmip6/.

Code availability
The data and figures in this study were analyzed and produced with
publicly available packages in NCAR Command Language (NCL),
Python, and MATLAB. All base maps were generated using the NCL
(version 6.6.2)82. The scripts are provided by the corresponding author
upon requests.

References
1. Haumann, F. A., Gruber, N., Münnich, M., Frenger, I. & Kern, S. Sea-

ice transport driving Southern Ocean salinity and its recent trends.
Nature 537, 89–92 (2016).

2. Ohshima, K. I. et al. Antarctic bottom water production by intense
sea-ice formation in the Cape Darnley polynya. Nat. Geosci. 6,
235–240 (2013).

3. Eayrs, C., Li, X., Raphael, M. N. & Holland, D. M. Rapid decline in
Antarctic sea ice in recent years hints at future change.Nat. Geosci.
14, 460–464 (2021).

4. Yuan, X. &Martinson, D.G.Antarctic sea ice extent variability and its
global connectivity. J. Clim. 13, 1697–1717 (2000).

5. Raphael,M., Hobbs,W.&Wainer, I. The effect of Antarctic sea ice on
the Southern Hemisphere atmosphere during the southern sum-
mer. Clim. Dyn. 36, 1403–1417 (2011).

6. Turner, J. et al. Non‐annular atmospheric circulation change
induced by stratospheric ozone depletion and its role in the recent
increase of Antarctic sea ice extent. Geophys. Res. Lett. 36,
L08502 (2009).

7. Simpkins,G. R., Ciasto, L.M.&England,M.H.Observedvariations in
multidecadal Antarctic sea ice trends during 1979–2012. Geophys.
Res. Lett. 40, 3643–3648 (2013).

8. Yuan, N., Ding, M., Ludescher, J. & Bunde, A. Increase of the Ant-
arctic sea ice extent is highly significant only in the Ross Sea. Sci.
Rep. 7, 1–8 (2017).

9. Comiso, J. C. et al. Positive trend in the Antarctic sea ice cover and
associated changes in surface temperature. J. Clim. 30,
2251–2267 (2017).

10. Parkinson, C. L. A 40-y record reveals gradual Antarctic sea ice
increases followed by decreases at rates far exceeding the rates
seen in the Arctic. Proc. Natl. Acad. Sci. 116, 14414–14423 (2019).

11. Wang, G. et al. Compounding tropical and stratospheric forcing of
the record low Antarctic sea-ice in 2016. Nat. Commun. 10,
1–9 (2019).

12. Turner, J. et al. Unprecedented springtime retreat of Antarctic sea
ice in 2016. Geophys. Res. Lett. 44, 6868–6875 (2017).

13. Turner, J. et al. Record lowAntarctic sea ice cover in February 2022.
Geophys. Res. Lett. 49, e2022GL098904 (2022).

14. Zhang, L. et al. The relative role of the subsurface Southern Ocean
in driving negativeAntarctic Sea ice extent anomalies in 2016–2021.
Commun. Earth Environ. 3, 1–9 (2022).

15. Lecomte, O. et al. Vertical ocean heat redistribution sustaining sea-
ice concentration trends in the Ross Sea. Nat. Commun. 8,
1–8 (2017).

16. Zhang, L., Delworth, T. L., Cooke, W. & Yang, X. Natural variability of
Southern Ocean convection as a driver of observed climate trends.
Nat. Clim. Change 9, 59–65 (2019).

17. Morioka, Y. & Behera, S. K. Remote and local processes controlling
decadal sea ice variability in the Weddell Sea. J. Geophys. Res.:
Oceans 126, e2020JC017036 (2021).

18. Meehl, G. A., Arblaster, J. M., Bitz, C. M., Chung, C. T. & Teng, H.
Antarctic sea-ice expansion between 2000 and 2014 driven by
tropical Pacific decadal climate variability. Nat. Geosci. 9,
590–595 (2016).

19. Meehl, G. A. et al. Sustained ocean changes contributed to sudden
Antarctic sea ice retreat in late 2016. Nat. Commun. 10, 1–9 (2019).

20. Purich, A. & England, M. H. Tropical teleconnections to Antarctic
sea ice during austral spring 2016 in coupled pacemaker experi-
ments. Geophys. Res. Lett. 46, 6848–6858 (2019).

21. Simpkins, G. R., Peings, Y. & Magnusdottir, G. Pacific influences on
tropical Atlantic teleconnections to the Southern Hemisphere high
latitudes. J. Clim. 29, 6425–6444 (2016).

22. Li, X. et al. Tropical teleconnection impacts on Antarctic climate
changes. Nat. Rev. Earth Environ. 2, 680–698 (2021).

23. Li, X., Holland, D.M., Gerber, E. P. & Yoo,C. Impacts of the north and
tropical Atlantic Ocean on the Antarctic Peninsula and sea ice.
Nature 505, 538–542 (2014).

24. Lefebvre, W., Goosse, H., Timmermann, R. & Fichefet, T. Influence
of the Southern Annular mode on the sea ice–ocean system. J.
Geophys. Res.: Oceans 109, C09005 (2004).

25. White, W. B. & Peterson, R. G. An Antarctic circumpolar wave in
surface pressure, wind, temperature and sea-ice extent. Nature
380, 699–702 (1996).

26. Raphael, M. N. The influence of atmospheric zonal wave three on
Antarctic sea ice variability. J. Geophys. Res.: Atmos. 112,
D12112 (2007).

27. Welhouse, L. J., Lazzara,M. A., Keller, L.M., Tripoli, G. J. &Hitchman,
M. H. Composite analysis of the effects of ENSO events on Ant-
arctica. J. Clim. 29, 1797–1808 (2016).

28. Yuan, X. & Martinson, D. G. The Antarctic dipole and its predict-
ability. Geophys. Res. Lett. 28, 3609–3612 (2001).

29. Gloersen, P. Modulation of hemispheric sea-ice cover by ENSO
events. Nature 373, 503–506 (1995).

30. Morioka, Y., Iovino, D., Cipollone, A., Masina, S. & Behera, S. K.
Decadal sea ice prediction in the West Antarctic Seas with ocean
and sea ice initializations. Commun. Earth Environ. 3, 1–10
(2022).

31. Zunz, V., Goosse, H. & Dubinkina, S. Impact of the initialisation on
the predictability of the Southern Ocean sea ice at interannual to
multi-decadal timescales. Clim. Dyn. 44, 2267–2286 (2015).

32. Yang, C.-Y. et al. Assessment of Arctic and Antarctic sea ice pre-
dictability in CMIP5 decadal hindcasts. Cryosphere 10,
2429–2452 (2016).

33. Turner, J., Bracegirdle, T. J., Phillips, T., Marshall, G. J. & Hosking, J.
S. An initial assessment of Antarctic sea ice extent in the CMIP5
models. J. Clim. 26, 1473–1484 (2013).

34. Roach, L. A. et al. Antarctic sea ice area in CMIP6. Geophys. Res.
Lett. 47, e2019GL086729 (2020).

35. Liu, Z. Dynamics of interdecadal climate variability: a historical
perspective. J. Clim. 25, 1963–1995 (2012).

36. Nicolis, C. Self‐oscillations and predictability in climate dynamics.
Tellus A 36, 1–10 (1984).

37. Brassington, G. B. The modal evolution of the Southern Oscillation.
J. Clim. 10, 1021–1034 (1997).

38. Qiu, B. Kuroshio extension variability and forcing of the Pacific
decadal oscillations: responses and potential feedback. J. Phys.
Oceanogr. 33, 2465–2482 (2003).

39. Tourre, Y. M., Rajagopalan, B., Kushnir, Y., Barlow, M. &White, W. B.
Patterns of coherent decadal and interdecadal climate signals in
the Pacific basin during the 20th century. Geophys. Res. Lett. 28,
2069–2072 (2001).

40. Lyu, K., Zhang, X., Church, J. A., Hu, J. & Yu, J.-Y. Distinguishing the
quasi-decadal and multidecadal sea level and climate variations in
the Pacific: Implications for the ENSO-like low-frequency variability.
J. Clim. 30, 5097–5117 (2017).

Article https://doi.org/10.1038/s41467-023-44094-1

Nature Communications |         (2023) 14:8286 10

https://nsidc.org/data/nsidc-0116/versions/4
https://www.ecmwf.int/en/forecasts/dataset/ecmwf-reanalysis-v5
https://www.ecmwf.int/en/forecasts/dataset/ecmwf-reanalysis-v5
https://psl.noaa.gov/data/gridded/data.ncep.reanalysis2.html
https://psl.noaa.gov/data/gridded/data.ncep.reanalysis2.html
https://www.metoffice.gov.uk/hadobs/en4/
https://esgf-node.llnl.gov/projects/cmip6/
https://esgf-node.llnl.gov/projects/cmip6/


41. Ren, H.-L., Jin, F.-F., Stuecker, M. F. & Xie, R. ENSO regime change
since the late 1970s as manifested by two types of ENSO. J.
Meteorolog. Soc. Jpn. Ser. II 91, 835–842 (2013).

42. Liu, C., Zhang, W., Jin, F. F., Stuecker, M. F. & Geng, L. Equatorial
origin of the observed tropical pacificquasi‐decadal variability from
ENSOnonlinearity.Geophys. Res. Lett.49, e2022GL097903 (2022).

43. White, W. B., Tourre, Y. M., Barlow, M. & Dettinger, M. A delayed
action oscillator shared by biennial, interannual, and decadal signals
in the Pacific Basin. J. Geophys. Res.: Oceans 108(C3), 3070 (2003).

44. Liu, Z. How long is thememory of tropical ocean dynamics? J. Clim.
15, 3518–3522 (2002).

45. Chunhan, J., Bin, W. & Jian, L. Emerging pacific quasi‐decadal
oscillation over the past 70 years. Geophys. Res. Lett. 48,
e2020GL090851 (2021).

46. Joh, Y. & Di Lorenzo, E. Interactions between Kuroshio extension
and central tropical Pacific lead to preferred decadal-timescale
oscillations in Pacific climate. Sci. Rep. 9, 13558 (2019).

47. Joh, Y., Di Lorenzo, E., Siqueira, L. & Kirtman, B. P. Enhanced inter-
actions of Kuroshio Extension with tropical Pacific in a changing
climate. Sci. Rep. 11, 1–12 (2021).

48. Jin, C., Wang, B. & Liu, J. Why Pacific quasi-decadal oscillation has
emerged since the mid-20th century. Environ. Res. Lett. 17,
124039 (2022).

49. Kao, P. K., Hung, C.W. & Hong, C. C. Increasing influence of central
Pacific El Niño on the inter‐decadal variation of spring rainfall in
northern Taiwan and southern China since 1980. Atmos. Sci. Lett.
19, e864 (2018).

50. Liu, C., Zhang, W., Stuecker, M. F. & Jin, F. F. Pacific Meridional
Mode‐Western North Pacific tropical cyclone linkage explained by
tropical Pacific quasi‐decadal variability. Geophys. Res. Lett. 46,
13346–13354 (2019).

51. Anderson, B. T., Gianotti, D. J., Furtado, J. C. & Di Lorenzo, E. A
decadal precession of atmospheric pressures over the North Paci-
fic. Geophys. Res. Lett. 43, 3921–3927 (2016).

52. Liu, Y., Sun, C., Hao, Z. & He, B. Periodic decadal swings in dry/wet
conditions over Central Asia. Environ. Res. Lett. 17, 054050 (2022).

53. Yuan, N., Ding, M., Ludescher, J. & Bunde, A. Increase of the Ant-
arctic Sea ice extent is highly significant only in the Ross Sea. Sci.
Rep. 7, 41096 (2017).

54. North, G. R., Bell, T. L., Cahalan, R. F. &Moeng, F. J. Sampling errors
in the estimation of empirical orthogonal functions. Monthly
Weather Rev. 110, 699–706 (1982).

55. D’Arrigo, R., Cook, E. R., Wilson, R. J., Allan, R. & Mann, M. E. On the
variability of ENSO over the past six centuries. Geophys. Res. Lett.
32, L03711 (2005).

56. Stuecker,M. F., Timmermann,A., Jin, F.-F.,McGregor, S. &Ren,H.-L.
A combination mode of the annual cycle and the El Niño/Southern
Oscillation. Nat. Geosci. 6, 540–544 (2013).

57. Newman, M. et al. The Pacific decadal oscillation, revisited. J. Clim.
29, 4399–4427 (2016).

58. Di Lorenzo, E. et al. North PacificGyreOscillation links ocean climate
and ecosystem change. Geophys. Res. Lett. 35, L08607 (2008).

59. Cavalieri, D., Parkinson, C., Gloersen, P. and Zwally, H. J. Sea Ice
Concentrations from Nimbus-7 SMMR and DMSP SSM/I-SSMIS
passivemicrowave data, updated yearly, [temporal coverage used:
1981 to 2020]. Boulder, Colorado USA: National Snow and Ice Data
Center. (1996).

60. Reynolds, R.W. et al. Daily high-resolution-blended analyses for sea
surface temperature. J. Clim. 20, 5473–5496 (2007).

61. Rayner, N. et al. Global analyses of sea surface temperature, sea ice,
and night marine air temperature since the late nineteenth century.
J. Geophys. Res.: Atmos. 108(D14), 4407 (2003).

62. Armitage, T. W., Manucharyan, G. E., Petty, A. A., Kwok, R. &
Thompson, A. F. Enhanced eddy activity in the Beaufort Gyre in
response to sea ice loss. Nature. Communications 11, 761 (2020).

63. Landy, J. C. et al. A year-round satellite sea-ice thickness record
from CryoSat-2. Nature 609, 517–522 (2022).

64. Huang, B. et al. NOAA Extended Reconstructed Sea Surface Tem-
perature (ERSST), Version 5. NOAA National Centers for Environ-
mental Information. 10.7289/V5T72FNM. Obtain at NOAA/ESRL/PSD
at their website https://www.esrl.noaa.gov/psd/ [2022/12] (2017).

65. Hersbach, H. et al. The ERA5 global reanalysis. Q. J. R. Meteorolog.
Soc. 146, 1999–2049 (2020).

66. Mallet, M. D., Alexander, S. P., Protat, A. & Fiddes, S. L. Reducing
Southern Ocean shortwave radiation errors in the ERA5 reanalysis
with machine learning and 25 years of surface observations. Artif.
Intell. Earth Syst. 2, e220044 (2023).

67. Yu, L., Jin, X. & Schulz, E. W. Surface heat budget in the Southern
Ocean from 42 S to the Antarctic marginal ice zone: four atmo-
spheric reanalyses versus icebreaker Aurora Australis measure-
ments. Polar Res. 38, 3349 (2019).

68. Kanamitsu, M. et al. Ncep–doe amip-ii reanalysis (r-2). Bull. Am.
Meteorolog. Soc. 83, 1631–1644 (2002).

69. Good, S. A., Martin, M. J. & Rayner, N. A. EN4: quality controlled
ocean temperature and salinity profiles and monthly objective
analyses with uncertainty estimates. J. Geophys. Res.: Oceans 118,
6704–6716 (2013).

70. Torrence, C. & Compo, G. P. A practical guide to wavelet analysis.
Bull. Am. Meteorolog. Soc. 79, 61–78 (1998).

71. Lau, K.-M. & Weng, H. Climate signal detection using wavelet
transform: How to make a time series sing. Bull. Am. Meteorolog.
Soc. 76, 2391–2402 (1995).

72. Grinsted, A., Moore, J. C. & Jevrejeva, S. Application of the cross
wavelet transform and wavelet coherence to geophysical time
series. Nonlinear Process. Geophys. 11, 561–566 (2004).

73. Allen, M. R. & Smith, L. A. Monte Carlo SSA: detecting irregular
oscillations in the presence of colored noise. J. Clim. 9,
3373–3404 (1996).

74. Holmes, C. R., Holland, P. R. & Bracegirdle, T. J. Compensating
biases and a noteworthy success in the CMIP5 representation of
Antarctic sea ice processes. Geophys. Res. Lett. 46,
4299–4307 (2019).

75. Kucharski, F., Bracco, A., Yoo, J. & Molteni, F. Low-frequency
variability of the Indian monsoon–ENSO relationship and the tropi-
cal Atlantic: the “weakening” of the 1980s and 1990s. J. Clim. 20,
4255–4266 (2007).

76. Kucharski, F. et al. On the need of intermediate complexity general
circulation models: A “SPEEDY” example. Bull. Am. Meteorolog.
Soc. 94, 25–30 (2013).

77. Madec, G. NEMO ocean engine: Note du pole de modélisation,
Institut Pierre-Simon Laplace (IPSL), France, No 27 ISSN No 1288-
1619. France: IPSL (2008).

78. Fichefet, T. &Maqueda,M.M. Sensitivity of a global sea icemodel to
the treatment of ice thermodynamics and dynamics. J. Geophys.
Res.: Oceans 102, 12609–12646 (1997).

79. Group, N. S. I. W. Sea Ice modelling Integrated Initiative (SI3) The
NEMO sea ice engine. Scientific Notes of Climate Modelling Center
(31) (2020).

80. Valcke,S.OASIS3UserGuide (prism_2-5).CERFACSTechnical Report
TR/CMGC/06/73, PRISM Report No 3, Toulouse, France. (2006).

81. Kucharski, F. et al. The teleconnection of the tropical Atlantic to
Indo-Pacific sea surface temperatures on inter-annual to centennial
time scales: a review of recent findings. Atmosphere 7, 29 (2016).

82. TheNCARCommand Language (Version 6.6.2) [Software]. Boulder,
Colorado: UCAR/NCAR/CISL/TDD. https://doi.org/10.5065/
D6WD3XH5 (2023).

Acknowledgements
This research was jointly supported by the National Key Research and
Development Projects (Grant No. 2022YFF0801703), the National

Article https://doi.org/10.1038/s41467-023-44094-1

Nature Communications |         (2023) 14:8286 11

https://www.esrl.noaa.gov/psd/
https://doi.org/10.5065/D6WD3XH5
https://doi.org/10.5065/D6WD3XH5


Natural Science Foundation of China (NSFC) Project
(41975082,42130607), and the Fundamental Research Funds for the
Central Universities (2233300001).

Author contributions
Y.L. andC.S. designed the research. Y.L., C.S., F.K. andM.A.A. performed
the data analysis, prepared all figures, and led the writing of the
manuscript. Y.L., C.S., J.L., F.K., E.D.L., M.A.A. and X.L. discussed the
results and commented on the manuscript.

Competing interests
The authors declare no competing interests.

Additional information
Supplementary information The online version contains
supplementary material available at
https://doi.org/10.1038/s41467-023-44094-1.

Correspondence and requests for materials should be addressed to
Cheng Sun.

Peer review information Nature Communications thanks Yoshimitsu
Chikamoto and theother, anonymous, reviewers for their contribution to
the peer review of this work. A peer review file is available.

Reprints and permissions information is available at
http://www.nature.com/reprints

Publisher’s note Springer Nature remains neutral with regard to jur-
isdictional claims in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,
adaptation, distribution and reproduction in any medium or format, as
long as you give appropriate credit to the original author(s) and the
source, provide a link to the Creative Commons license, and indicate if
changes were made. The images or other third party material in this
article are included in the article’s Creative Commons license, unless
indicated otherwise in a credit line to the material. If material is not
included in the article’s Creative Commons license and your intended
use is not permitted by statutory regulation or exceeds the permitted
use, you will need to obtain permission directly from the copyright
holder. To view a copy of this license, visit http://creativecommons.org/
licenses/by/4.0/.

© The Author(s) 2023

Article https://doi.org/10.1038/s41467-023-44094-1

Nature Communications |         (2023) 14:8286 12

https://doi.org/10.1038/s41467-023-44094-1
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

	Decadal oscillation provides skillful multiyear predictions of Antarctic sea�ice
	Results
	Decadal oscillation in Antarctic sea�ice
	Linking the AADO to the�PQDO
	Antarctic sea ice prediction�model

	Discussion
	Methods
	Data
	Index definitions
	Statistical methods
	Sea ice advection
	Pacemaker experiment

	Data availability
	Code availability
	References
	Acknowledgements
	Author contributions
	Competing interests
	Additional information




