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Reanalysis of genomic data, how do we do it now and what if
we automate it? A qualitative study
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Automating reanalysis of genomic data for undiagnosed rare disease patients presents a paradigm shift in how clinical genomics is
delivered. We aimed to map the current manual and proposed automated approach to reanalysis and identify possible
implementation strategies to address clinical and laboratory staff’s perceived challenges to automation. Fourteen semi-structured
interviews guided by a simplified process map were conducted with clinical and laboratory staff across Australia. Individual process
maps were integrated into an overview of the current process, noting variation in service delivery. Participants then mapped an
automated approach and were invited to discuss perceived challenges and possible supports to automation. Responses were
analysed using the Consolidated Framework for Implementation Research, linking to the Expert Recommendations for
Implementing Change framework to identify theory-informed implementation strategies. Process mapping demonstrates how
automation streamlines processes with eleven steps reduced to seven. Although participants welcomed automation, challenges
were raised at six of the steps. Strategies to overcome challenges include embedding project champions, developing education
materials, facilitating clinical innovation and quality monitoring tools, and altering reimbursement structures. Future work can build
on these findings to develop context specific implementation strategies to guide translation of an automated approach to
reanalysis to improve clinical care and patient outcomes.
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INTRODUCTION
Reanalysis is a process of re-examining unsolved patient’s existing
genomic data in light of advancements in knowledge and analytic
tools, thus maximising diagnostic yield in rare disease over time.
With expanding use of genomic testing and diagnostic yield under
50%, [1] the ability to periodically reanalyse stored genomic data
manually becomes less feasible. Automating reanalysis has been a
highly anticipated solution [2]. Notwithstanding interest, translating
automated reanalysis into clinical practice has proven difficult and
presents a fundamental change in how clinical genomics is
delivered. The challenge for healthcare systems is striking a balance
between maximum clinical impact, minimising additional work-
loads, and securing acceptable financial reimbursement [3]. Other
issues include, having bioinformatics and health informatics
technology and systems in place to be able to process the
increased volume of data, and the ethical, legal, and logistical
considerations regarding consent and recontacting patients if new
findings are found [4–6]. Laboratories and clinical services raise
workforce scope and capacity with estimates that reanalysis
requires a highly skilled workforce plus 20–40 h to re-evaluate data
[7, 8] increasing clinicians’ workloads to assist in clinical interpreta-
tion of variants of interest [9] and provide counselling [10].
Clinical genomics, like many areas of healthcare operates in a

complex setting, sensitive to a range of contextual factors [11]. It is

often these factors that cause real-world implementation efforts
failure or success [12]. Applying implementation science frame-
works provides a systematic and theory-informed approach to
identifying factors influencing implementation (or barriers) and
selecting appropriate and context specific strategies to address
implementation challenges. Two frameworks used in tandem for
this purpose are, the Consolidated Framework for Implementation
Research (CFIR) [13] and the Expert Recommendation for Imple-
menting Change [14]. Whilst prospective use is less common [15]
integrating context assessment and identification of barriers and
facilitators using the CFIR throughout the implementation process
can guide tailored implementation strategies. The ERIC, amongst
other uses, contains a matrix that links CFIR factors to possible
implementation strategies. For example, ‘Patient Needs and
Resources’ corresponds with ‘Obtain and use patients/consumers
and family feedback’. Once ERIC strategies are selected, they can be
designed to suit the local context, implemented, and evaluated for
success. Ascertaining intuitively devised or experienced-based ideas
or examples from those working in the field may help to optimise
the design and translation of prospective strategies [16].
In this study, we aimed to i) process map the current manual and

proposed automated approach to reanalysis, and ii) identify potential
theory-informed implementation strategies to address clinical and
laboratory staffs’ perceived challenges to automation.
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METHODS
Study setting
As of 2020, the Australian Commonwealth Government commenced funding
for two cycles of reanalysis limited to patients <15 years old and at least
18 months after initial testing [17]. Previously, the cost of reanalysis was
covered either by clinical services, state government health departments,
research projects, or on a user-pays basis. We conducted this study within an
Australian research project investigating the development and evaluation of
a national automated reanalysis programme. The study employed a hybrid 1
effectiveness-implementation study design [18] to allow for the dual
collection and assessment of clinical and implementation outcomes.
Through the project, upwards of 10,000 rare disease patients and relatives
will have their genomic data reanalysed using a continuously updated
pipeline, with the aim of informing future policy. As part of the study, a
landscape analysis was conducted to understand current clinical and
laboratory practice, and attitudes towards automation.

Research design
This study used a deductive qualitative study design combining two
implementation research methods, process mapping and semi-structured
interviews. Process mapping provided a nuanced insight into process
variation and what needs to happen differently [19] and interviews
facilitated in-depth exploration of stakeholders’ perceptions of the
processes. Our work was underpinned by a constructivist paradigm [20]
where participants knowledge is experientially generated. For analysis, we
applied the CFIR which consists of constructs housed within five domains
and are contextualised for the study as follows. The Innovation, an
automated reanalysis programme; The Outer Setting, the Australian Health
Care system; The Inner Setting, the laboratory or health service; The
Individual, the laboratory or clinical staff; and The Process, implementing
an automated reanalysis programme.

Participants and recruitment
We invited clinical and laboratory staff to participate in semi-structured
interviews prior to the implementation of the automated reanalysis
programme. A purposeful criterion-sampling and snowball strategy was
used to identify information-rich participants [21] who had reanalysis
experience from paediatric and adult rare-disease and cancer genetics
settings. At the end of interviews, participants were asked to nominate
individuals to speak with from settings not yet captured and they were
invited if eligible. Participants were invited via email by members of the
study team with two follow-up invitations sent as required.

Data collection tools and procedure
A simplified process map outlining the patient journey from ‘unsolved
patient’ to ‘patient informed about result’ was shared with participants
prior to, and during the interview to guide discussion [22]. An
accompanying interview schedule (Supplementary Material 1) moved
through the map to cover the current process for reanalysis at the
participant’s workplace. The activity was repeated enquiring about the
automated process, and participants thoughts on implementation in
routine care (e.g., what do you think will be the main challenges to
automation? Is there anything that could support implementation? What
is the feeling in your workplace towards automation?). Questions were
asked reflexively to adapt to participants’ roles. Interviews were
conducted between May – June 2022 by experienced qualitative
researchers (ZF, SB) who for some participants they knew professionally.
Interviews were allotted 60 min, held via videoconference at the
participants’ convenience, audio-recorded, de-identified, and transcribed
verbatim by the study team.

Data analysis
Individual process maps were produced for each interview using
standardised symbols (See Fig. 1 legend). Team member (ZF) assessed
with ongoing meetings with (SB) the individual process maps and used
Miro (Miro.com) to generate a manual and automated summary map.
Team members (ZF, SB, ZS) met to review, edit, and approve the final
outputs. To identify perceived challenges, transcripts were analysed
deductively using the CFIR coding guide [13]. Following familiarisation
with transcripts, sections of text describing each step were organised
accordingly. Once in the framework, data within each step was then coded
to the CFIR independently by two team members (ZF, SB) who met to
discuss and resolve discrepancies in coding. Next, CFIR codes were
matched with the top three ranking ERIC strategies using the available tool
[14]. Finally, experience-based examples of how the strategy could be
enacted were drawn from the interview data.

RESULTS
Characteristics of participants
Of the 19 participants identified, 14 were interviewed (Table 1).
Two individuals did not respond, one felt they lacked patient
experience with reanalysis and two became unavailable. One
interview was conducted with two participants (one clinical and
one laboratory) working at the same service.

Fig. 1 Summarised current manual approach to reanalysis process map. Stage 1 of the process includes 'triggering reanalysis' starting with
an unsolved patient, stage 2 indicates the steps to 'generating the report' and stage 3 shows the steps to 'communicating the results' ending
with the patient informed about the results. Key: the start and end point of the process are symbolised by a rounded edge box, steps are
right angled boxes, decision points are diamonds and darkended shapes indicate variation.
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Current manual process and variation
Figure 1 presents the summarised map. Three stages of reanalysis
(1: Triggering Reanalysis; 2: Generating the Report; and 3:
Communicating Results) were identified through analysis of the
thirteen process maps (see Supplementary Material 2). In stage 1,
three patient pathways associated with initiating manual reana-
lysis were discussed. On top, and the pathway most frequently
taken, was that no reanalysis for a patient was triggered.
Underneath, a clinical trigger whereby reanalysis is initiated in a
clinical setting was reported as the predominant reanalysis
pathway and included eleven steps. On the bottom and the least
frequent pathway was a laboratory trigger, whereby a laboratory
initiates the possible reanalysis and included nine steps.
Variation was noted within eight steps (grey tiles) and are

reported in Table 2. For example, Step 2 Clinician Decision some
clinics had eligibility guidelines, whereas others used clinician
discretion and Step 3 Funding for Reanalysis varied between state
government funding, hospital, clinic, or laboratory service budget,
or through research projects. Step 4 Patient Consent could either
be obtained formally or informally at a review appointment and at
some cancer services was included in the original consent form.

Proposed automated process
Repeating process mapping for a proposed automated approach
shows a streamlined process with one patient pathway and the
number of steps reduced to seven (Fig. 2). From stage 1, clinical
and laboratory decision-making steps were removed, and funding
becomes part of the programme design. Overall, participants
supported automated reanalysis and discussed the patient and
family benefits, and many reflected that automation ultimately
reduces workloads as one participant put it,

“I don’t think anyone has the workforce in the lab or in the
clinical genetics’ services…whereas if we automate the process
and patients could be consented once and the pipeline runs,
suddenly the existing workforce could do this piece of work in
addition to newly requested tests, and it would pick-up
findings that would otherwise sit in the dark”. Lab07

Identifying possible implementation strategies to overcome
perceived challenges
Although welcoming, challenges exist at six of the steps. To
identify potential implementation strategies, we present chal-
lenges organised according to the step in the automate process,
coded to the CFIR and associated ‘ERIC strategy’ (bolded in
text), with an experienced-based example of the strategy drawn
from the interview data (Table 3). Exemplar quotes are presented

in text using identifiers (CG, GC, and Lab) and in Supplementary
Material 3.

Step 1: Patient consented at primary test. There was agreement
amongst participants that consent for reanalysis would become
incorporated into pre-test counselling. Required programme
design elements currently presenting as a challenge (CFIR: Design,
Quality, & Packaging) were establishing an opt-out function “we
will have to have that capacity to turn it off” (Lab10) and the
opportunity for patients to provide consent around the time they
transition to adult care, or if the scope of analysis was broadened.
Supporting non-genetic health care professionals to deliver
adequate pre-test counselling was raised by some participants.
Experience-based examples supporting clarity around processes
and education matched with ERIC strategy ‘Develop Educational
Materials’. For the scenarios requiring variation, ‘Promoting
Adaptability’ may aid implementation. Further, ‘Obtaining
Consumer Feedback’ could enhance consent processes.

Step 2: Automated pipeline triggered. Triggering reanalysis without
a mechanism to update clinical information was a perceived barrier
(CFIR: Available Resources). Establishing a clinical information
platform and teamworking with health care professionals who
have ongoing care was intuitively discussed and links with ERIC
strategies ‘Fund and Contract for Clinical Innovation’. By
removing the clinician-initiated request, gaining trust that pipeline

Table 1. Participant characteristics.

Participant characteristic, n (%)

Role

Clinical Geneticists (CG) 5 (36%)

Genetic Counsellor (GC) 5 (36%)

Clinical Scientist (Lab) 4 (28%)

Patient cohort

Paediatric 7 (50%)

Adult 2 (14%)

Both 5 (36%)

Area

Rare disease 12 (86%)

Cancer 2 (14%)

Table 2. Variation in the steps for the current manual process.

Step Variation

Step 1 Clinician books in or advises their patient to return in
2–3 years

At patient/family request

Another specialist involved in a patient’s care initiates
request or rerefers patient to genetic service

Clinician request shortly after primary test (prenatal
setting)

Laboratory flags cases where reanalysis may yield a
diagnosis

Step 2 Clinic or laboratory guideline

Clinician discretion

Consulting clinicians’ discretion

Laboratory discretion (laboratory workforce capacity,
volume of patients that would benefit)

Step 3 Clinic or Laboratory department budget (may require
other clinicians’ approval)

State Government funded

Research projects

Step 4 Formal or informal reconsent

Part of the original consent form (cancer)

Step 6 Liaison meetings between clinical teams and
laboratories (in some departments)

Step 9 New or amended report

Email, fax, phone

If laboratory triggered it might be an informal
communication

Step 10 Electronically entered in ERM

Manually entered in electronic or paper medical record

Step 11 Automatically booked into a return of results
appointment

Patient/family offered appointment to discuss finding

No new findings via telephone call
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performs as intended was emphasised (CFIR: Knowledge & Beliefs
About the Intervention). ‘Develop Education Materials’ and
‘Identify and Prepare Local Champions’ are possible implemen-
tation strategies. Likewise, an audit process (CFIR: Executing) was
proposed to build trust and links with ERIC strategies to ‘Examine
Implementation’ and ‘Develop Quality Monitoring Tools’.

Step 3: Variant curation. Whilst variant curation would follow
existing laboratory guidelines, the unknown implications of
enacting an automated pipeline on laboratory workforces were
discussed and some sites reported skills shortages (CFIR: Executing).
‘Purposively Re-examining the Implementation’, ‘Develop and
Implement Tools for Quality Monitoring’, and ‘Provide Local
Technical Assistance’ are potential implementation strategies.

Step 4: Clinical interpretation. An automated pipeline would likely
increase clinical staff attendance at laboratory multi-disciplinary
team meetings which currently lacks a funding avenue (CFIR:
Available Resources). ‘Access new funding’ aside, no intuitive
example was provided.

Step 5: Clinician informed about the results. With a once-off test
request, ensuring that a new actionable finding reached either the
requesting clinician or someone who could action it was a
perceived barrier by clinical teams and laboratory staff (CFIR:
Compatibility). ‘Promoting Adaptability’ or ‘Conducting Local
Consensus Discussion’ between laboratory and clinical teams
and testing the new workflow in ‘Small Change Cycles’ may
facilitate the change in test request pathways.

Step 6: Into medical records. None reported.

Step 7: Patient informed about the result. With the clinician-
initiated request removed, some clinical staff felt an automated
approach would increase workloads by needing to manage
ongoing patient expectations, factoring in return of results
appointments and the time spent locating patients. On the other
hand, some clinicians felt by reducing review appointments which
are currently required to trigger manual requests for reanalysis
they would have more availability (CFIR: Individual Stage of
Change). ‘Altering Allowances Structures’ or increasing clinical
workforce funding is a possible avenue or as one participant
identified better utilising the current workforce. Likewise, embed-
ding project ‘Champions’ or ‘Making Training Dynamic’ may
overcome workforce hesitancy. Issues around locating patients
and families to return results and the extent of the legal and
ethical obligation were discussed by clinical staff (CFIR: Executing).
Once underway, ‘Purposively Re-examining the programme
Implementation’, ‘Developing Quality Monitoring Tools’ and
‘Providing Assistance’ are potential strategies to ensure the step
can be achieved. Outside of the ERIC strategies, several
participants promoted the idea of a national database that could
be accessed for recontacting purposes.

Funded reanalysis programme. Whilst no longer a step, funding
was a prominent barrier (CFIR: External Policies & Incentives).
Participants discussed the lack of an appropriate funding model
and the pitfalls of the current fee-for-service model. Aside from
‘Altering Allowances Structures’ working alongside ‘Executive
Boards’ or ‘Building a Coalition’ are linked ERIC strategies that
may promote the development of a suitable funding mechanism.

DISCUSSION
The results of this study demonstrate that automating reanalysis
has the potential to streamline processes, reduce variation and
optimise resource use. Using two theoretical frameworks, our
study moves beyond reporting challenges to automating reana-
lysis raised by participants and identifies implementation strate-
gies that target barriers and may enhance future adoption,
implementation, and sustainability [23]. Additionally, several of the
theory-informed implementation strategies aligned with
experience-based examples raised by participants. Being explora-
tory in nature, we intend for this study to provide theory-informed
implementation science guidance for future efforts and contribute
to the evidence supporting implementation of genomic medicine
[24, 25].
Participants reported that reanalysis is infrequently performed

and through process mapping we were able to articulate why
services are unable to meet need. The current ‘manual’ approach
relies on a highly motivated clinician or patient and family to
attend a review appointment. Once seen, clinical decision-making
points and differences in funding models increases the number of
steps required to access reanalysis. Likewise, laboratories under-
take several steps reviewing requests prior to reanalysing a case.
Complexity, including duration, intricacy, and number of steps, is a
known cause of unintended consequences and factors into
implementation failure [26, 27]. Importantly, automated reanalysis
was shown to remove decision-making steps, reducing the
complexity and clinical and laboratory staff’s cognitive load.
Overall, clinical and laboratory staff were welcoming of an
automated approach to reanalysis, however switching from a
manual, clinician-requested approach to an automated pipeline
disrupts existing work routines and raised reservations.
Adapting to new ways of working is not without challenges and

understanding stakeholders’ perception towards the ‘implement-
ability’ of an innovation is recognised to influence uptake [28].
Challenges were raised by participants during interviews whilst
discussing an automated workflow “so thinking about it in that
linear process, one barrier will be…” (GC06) indicating process
mapping is a useful method to ascertain some of the complexities
in the process. Clinical and laboratory staff perceived challenges at
all but one of the process steps. From our analysis, CFIR coded
challenges represent each of the five domains (Innovation
Characteristics, Outer Setting, Inner Setting, Characteristics of
Individuals, and Process). This finding aligns with previous
research that demonstrates the implementation of genomic

Fig. 2 Summarised automated approach to reanalysis process map. Stage 1 of the process includes 'triggering reanalysis' starting with
patient consented at primary test, stage 2 indicates the steps to 'generating the report' and stage 3 shows the steps to 'communicating the
results' ending with the patient informed about the results. Key: the start and end point of the process are symbolised by a rounded edge
box, steps are right angled boxes, and decision points are diamonds.
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medicine requires a coordinated effort that tackles numerous
aspects at once [29]. Whilst only a handful of the CFIR constructs
were identified (seven out of a possible 37), they are in keeping
with barriers reported in the literature e.g., workforce capacity,
[7, 8, 10] reimbursement structures, [3] consent and recontacting
patients, [4–6] bioinformatics and information technology sys-
tems, [4] and the implementation of genomic medicine more
broadly [30]. We extend this work by applying two theoretical
frameworks (CFIR and ERIC) to categorise challenges and identify
targeted implementation strategies.
Establishing an appropriate funding mechanism was a promi-

nent barrier that we coded to CFIR ‘External Policies and
Incentives’ as participants spoke of a funding mechanism within
a public health system. We acknowledge that different settings
will require individual consideration towards the implications of
automated reanalysis on reimbursement structures and relevant
strategies. A recently updated version of the CFIR (CFIR_2) [31]
separates ‘External Polices and Incentives’ into several constructs
including ‘Financing’ and may provide the granularity required
across settings. ‘Executing’ was a recurrent CFIR factor, which may
not be surprising during effectiveness-implementation hybrid
type studies whereby an innovation is tested alongside the
gathering information on the implementation context and the
potential for future use [18]. As promoted by the ERIC strategies,
structured assessment of the performance of automated reana-
lysis pipelines and ongoing quality monitoring may help build
clinical and laboratory staff trust, confidence, and positive
perceptions towards the innovation [32]. Creating a supportive
social environment through embedding project champions can
also help overcome initial workforce hesitancy and target
individual level challenges. Champions can fulfil various roles
and responsibilities (e.g., front-line, or managerial) that will be
service context specific [27]. Whilst the step ‘Into Medical Records’
(Fig. 2) did not present as a barrier to participants, in other
genomic programmes it is a priority area [33].
Utilising frameworks proved advantageous by providing a

nuanced understanding of perceived challenges and insight on
‘how to’ go about enabling change [23]. Drawing on theory
explains the reason why the implementation strategy may
produce the desired outcome [34]. For example, clinical and
laboratory workforce implications were both perceived challenges,
yet they differed in CFIR coding. Clinical workforce barriers were
categorised to ‘Individual Stage of Change’ indicating the types
and level of engagement and educational strategies required.
Laboratory workforce capacity related to ‘Executing’, suggesting
encouraging a small cycles approach to trialling automated
reanalysis would be beneficial. This difference suggests which
implementation strategies will be required and as previously
described, [35] shows the value of a step-wise approach rather
than broadly applying strategies across situations.
Although theoretical frameworks such as the ERIC are useful

tools to guide and select strategies, one critique of this approach
is the insufficient description on how strategies can be
operationalised [36]. One solution is to involve end-users’ in the
design and refinement. Rather than actively seeking their
expertise which can be time consuming, [37] our results show
that clinical and laboratory staff intuitively suggested possible
examples during interviews. For the most part the experience-
based examples conceptually linked with theory and so can be
capitalised on to direct next steps. For example, to support the
adoption of a new consent process (CFIR: Design Quality &
Packaging) the ‘Development of education materials’ was both a
matched ERIC strategy and intuitively suggested in interviews.
Participants also raised the importance of education for clinical
departments following the establishment of laboratory processes.
However, ‘Obtain & Use Patient/Consumer/Family Feedback’
whilst a related ERIC strategy and is beneficial to developing
‘consumer‐informed’ materials, [38] it was not discussed inTa
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interviews. Another example of how integrating theory and
experience may be beneficial is that whilst we opted to report
the three top ranking ERIC strategies for each barrier, using the
tool in this way may not have yielded the best selection. Again,
involving end-users upfront in the selection process can be
leveraged and lead to selections with consideration of contextual
factors and preferences [39, 40].
The study limitations include the small sample of Australian

services within a public healthcare system we drew upon.
However, process mapping can be reproduced in other contexts,
as can matching the ERIC strategies to CFIR constructs, for
example [33]. We elected to use the original CFIR framework to
exploit the related ERIC matching tool. However, the updated
CFIR_2 may provide opportunity to expand on some of our
inferences. Finally, we did not capture the consumer experience
and perspective nor the view of other health care professionals
who offer genomic testing. Future work to ascertain the
perspective of these groups is underway.
We report clinical and laboratory staff’s firsthand experience of

delivering reanalysis in services across Australia. Our findings show
why a manual approach to reanalysis is unsustainable and how an
automation can improve service delivery. To realise the benefits of
automation, we have identified how implementation strategies that
target challenges, are contextually relevant, and align with end-user
preferences may be a useful addition to implementation efforts.

DATA AVAILABILITY
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made available from the corresponding author upon reasonable request.

REFERENCES
1. Smith HS, Swint JM, Lalani SR, Yamal J-M, de Oliveira Otto MC, Castellanos S, et al.

Clinical application of genome and exome sequencing as a diagnostic tool for
pediatric patients: a scoping review of the literature. Genet Med. 2019;21:3–16.

2. Sarmady M, Abou Tayoun A. Need for automated interactive genomic inter-
pretation and ongoing reanalysis. JAMA Pediatr. 2018;172:1113–4.

3. Deignan JL, Chung WK, Kearney HM, Monaghan KG, Rehder CW, Chao EC. Points
to consider in the reevaluation and reanalysis of genomic test results: a state-
ment of the American College of Medical Genetics and Genomics (ACMG). Genet
Med. 2019;21:1267–70.

4. Robertson AJ, Tan NB, Spurdle AB, Metke-Jimenez A, Sullivan C, Waddell N.
Reanalysis of genomic data: an overview of the mechanisms and complexities of
clinical adoption. Genet Med. 2022;24:798–810.

5. Bombard Y, Brothers KB, Fitzgerald-Butt S, Garrison NA, Jamal L, James CA, et al.
The responsibility to recontact research participants after reinterpretation of
genetic and genomic research results. AJHG. 2019;104:578–95.

6. Carrieri D, Howard HC, Benjamin C, Clarke AJ, Dheensa S, Doheny S, et al.
Recontacting patients in clinical genetics services: recommendations of the
European Society of Human Genetics. Eur J Hum Genet. 2019;27:169–82.

7. Wenger AM, Guturu H, Bernstein JA, Bejerano G. Systematic reanalysis of clinical
exome data yields additional diagnoses: implications for providers. Genet Med.
2017;19:209–14.

8. Dewey FE, Grove ME, Pan C, Goldstein BA, Bernstein JA, Chaib H, et al. Clinical
interpretation and implications of whole-genome sequencing. JAMA.
2014;311:1035–45.

9. Tan NB, Stapleton R, Stark Z, Delatycki MB, Yeung A, Hunter MF, et al. Evaluating
systematic reanalysis of clinical genomic data in rare disease from single center
experience and literature review. Mol Genet Genom Med. 2020;8:e1508.

10. Wright CF, McRae JF, Clayton S, Gallone G, Aitken S, FitzGerald TW, et al. Making
new genetic diagnoses with old data: iterative reanalysis and reporting from
genome-wide data in 1,133 families with developmental disorders. Genet Med.
2018;20:1216–23.

11. Long JC, Gul H, McPherson E, Best S, Augustsson H, Churruca K, et al. A dynamic
systems view of clinical genomics: a rich picture of the landscape in Australia
using a complexity science lens. BMC Med Genom. 2021;14:63.

12. Nilsen P. Making sense of implementation theories, models and frameworks.
Implement Sci. 2015;10:53.

13. Damschroder LJ, Aron DC, Keith RE, Kirsh SR, Alexander JA, Lowery JC. Fostering
implementation of health services research findings into practice: a consolidated
framework for advancing implementation science. Implement Sci. 2009;4:50.

14. Waltz TJ, Powell BJ, Matthieu MM, Damschroder LJ, Chinman MJ, Smith JL, et al.
Use of concept mapping to characterize relationships among implementation
strategies and assess their feasibility and importance: results from the Expert
Recommendations for Implementing Change (ERIC) study. Implement Sci.
2015;10:109.

15. Kirk MA, Kelley C, Yankey N, Birken SA, Abadie B, Damschroder L. A systematic
review of the use of the consolidated framework for implementation research.
Implement Sci. 2016;11:72.

16. Taylor N, Healey E, Morrow A, Greening S, Wakefield CE, Warwick L, et al. Aligning
intuition and theory: enhancing the replicability of behaviour change interven-
tions in cancer genetics. Implement Sci Comms. 2020;1:90.

17. Australian Government. MBS Online. Medicare Benefits Schedule - Item 73360.
http://www9.health.gov.au/mbs/fullDisplay.cfm?type=item&q=73360&qt=item.

18. Curran GM, Bauer M, Mittman B, Pyne JM, Stetler C. Effectiveness-implementation
hybrid designs: combining elements of clinical effectiveness and implementation
research to enhance public health impact. Med Care. 2012;50:217–26.

19. Antonacci G, Lennox L, Barlow J, Evans L, Reed J. Process mapping in healthcare:
a systematic review. BMC Health Serv Res. 2021;21:342.

20. Given L. The SAGE encyclopedia of qualitative research methods. SAGE Pub-
lications, California (USA); 2008.

21. Palinkas LA, Horwitz SM, Green CA, Wisdom JP, Duan N, Hoagwood K. Purposeful
sampling for qualitative data collection and analysis in mixed method imple-
mentation research. Adm Policy Ment Health. 2015;42:533–44.

22. Colligan L, Anderson JE, Potts HWW, Berman J. Does the process map influence
the outcome of quality improvement work? A comparison of a sequential flow
diagram and a hierarchical task analysis diagram. BMC Health Serv Res. 2010;10:7.

23. Proctor EK, Powell BJ, McMillen JC. Implementation strategies: recommendations
for specifying and reporting. Implement Sci. 2013;8:139.

24. Taylor N, Best S, Martyn M, Long JC, North KN, Braithwaite J, et al. A transformative
translational change programme to introduce genomics into healthcare: a com-
plexity and implementation science study protocol. BMJ Open. 2019;9:e024681.

25. O’Shea R, Ma AS, Jamieson RV, Rankin NM. Precision medicine in Australia: now is
the time to get it right. Med J Aust. 2022;217:559–63.

26. Grol RP, Bosch MC, Hulscher ME, Eccles MP, Wensing M. Planning and studying
improvement in patient care: the use of theoretical perspectives. Milbank Q.
2007;85:93–138.

27. Greenhalgh T, Robert G, Macfarlane F, Bate P, Kyriakidou O. Diffusion of inno-
vations in service organizations: systematic review and recommendations. Mil-
bank Q. 2004;82:581–629.

28. Klaic M, Kapp S, Hudson P, Chapman W, Denehy L, Story D, et al. Implementability
of healthcare interventions: an overview of reviews and development of a con-
ceptual framework. Implement Sci. 2022;17:10.

29. Gaff CL, M Winship I, M Forrest S, P Hansen D, Clark J, et al. Preparing for genomic
medicine: a real world demonstration of health system change. npj Genom Med.
2017;2:16.

30. Manolio TA, Abramowicz M, Al-Mulla F, Anderson W, Balling R, Berger AC, et al.
Global implementation of genomic medicine: we are not alone. Sci Transl Med.
2015;7:290ps13.

31. Damschroder LJ, Reardon CM, Widerquist MAO, Lowery J. The updated Con-
solidated Framework for Implementation Research based on user feedback.
Implement Sci. 2022;17:75.

32. Edmondson AC, Bohmer RM, Pisano GP. Disrupted routines: team learning and
new technology implementation in hospitals. Admin Sci Q. 2001;46:685–716.

33. Sperber NR, Carpenter JS, Cavallari LH, J. Damschroder L, Cooper-DeHoff RM,
Denny JC, et al. Challenges and strategies for implementing genomic services in
diverse settings: experiences from the Implementing GeNomics In pracTicE
(IGNITE) network. BMC Med Genom. 2017;10:35.

34. Lewis CC, Klasnja P, Powell BJ, Lyon AR, Tuzzio L, Jones S, et al. From classification
to causality: advancing understanding of mechanisms of change in imple-
mentation science. Front Public Health. 2018;6:136.

35. Grol R, Wensing M, Eccles M, Davis D. Improving patient care: the implementation
of change in health care. UK, John Wiley & Sons; 2013.

36. McHugh S, Presseau J, Luecking CT, Powell BJ. Examining the complementarity
between the ERIC compilation of implementation strategies and the behaviour
change technique taxonomy: a qualitative analysis. Implement Sci. 2022;17:56.

37. Kwok EYL, Moodie STF, Cunningham BJ, Oram Cardy JE. Selecting and tailoring
implementation interventions: a concept mapping approach. BMC Health Serv
Res. 2020;20:385.

38. Nilsen ES, Myrhaug HT, Johansen M, Oliver S, Oxman AD. Methods of consumer
involvement in developing healthcare policy and research, clinical practice
guidelines and patient information material. Cochrane Database Syst Rev.
2006;2006:Cd004563.

39. Denis J-L, Hébert Y, Langley A, Lozeau D, Trottier L-H. Explaining diffusion pat-
terns for complex health care innovations. Health Care Manag Rev.
2002;27:60–73.

Z. Fehlberg et al.

527

European Journal of Human Genetics (2024) 32:521 – 528

http://www9.health.gov.au/mbs/fullDisplay.cfm?type=item&q=73360&qt=item


40. Wensing M, Bosch M, Grol R. Selecting, tailoring, and implementing knowledge
translation interventions. Knowledge Translation in health care: moving from
evidence to practice. CMAG. 2009;94:113.

AUTHOR CONTRIBUTIONS
Conceptualisation: ZF, ZS, SB; Methodology: ZF, ZS, SB; Investigation: ZF, ZS, SB;
Formal analysis: ZF, ZS, SB; Writing-original draft: ZF, SB, Writing-review & editing: ZF,
ZS, and SB.

FUNDING
The project ‘A national large-scale automated reanalysis programme’ is funded
through the Australian Government’s Medical Research Future Fund as part of the
Genomics Health Futures Mission (GHFM) number grant (APP2008820). Open Access
funding enabled and organized by CAUL and its Member Institutions.

ETHICAL APPROVAL
The study was approved by the Royal Children’s Hospital Melbourne, Human
Research Ethics Committee (HREC/83623/RCHM-2022). Interview participants pro-
vided informed verbal consent prior to the interview commencing.

COMPETING INTERESTS
The authors declare no competing interests.

ADDITIONAL INFORMATION
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1038/s41431-023-01532-4.

Correspondence and requests for materials should be addressed to Stephanie Best.

Reprints and permission information is available at http://www.nature.com/
reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims
in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,

adaptation, distribution and reproduction in anymedium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons licence, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons licence, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons licence and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly
from the copyright holder. To view a copy of this licence, visit http://
creativecommons.org/licenses/by/4.0/.

© The Author(s) 2024

Z. Fehlberg et al.

528

European Journal of Human Genetics (2024) 32:521 – 528

https://doi.org/10.1038/s41431-023-01532-4
http://www.nature.com/reprints
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

	Reanalysis of genomic data, how do we do it now and what if we automate it? A qualitative�study
	Introduction
	Methods
	Study setting
	Research�design
	Participants and recruitment
	Data collection tools and procedure
	Data analysis

	Results
	Characteristics of participants
	Current manual process and variation
	Proposed automated process
	Identifying possible implementation strategies to overcome perceived challenges
	Step 1: Patient consented at primary�test
	Step 2: Automated pipeline triggered
	Step 3: Variant curation
	Step 4: Clinical interpretation
	Step 5: Clinician informed about the results
	Step 6: Into medical records
	Step 7: Patient informed about the�result
	Funded reanalysis programme


	Discussion
	References
	Author contributions
	Funding
	Ethical approval
	Competing interests
	ADDITIONAL INFORMATION




