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Diet related non-communicable diseases (NCDs), as well as micronutrient deficiencies, are of widespread and growing importance
to public health. Authorities are developing programs to improve nutrient intakes via foods. To estimate the potential health and
economic impact of these programs there is a wide variety of models. The aim of this review is to evaluate existing models to
estimate the health and/or economic impact of nutrition interventions with a focus on reducing salt and sugar intake and
increasing vitamin D, iron, and folate/folic acid intake. The protocol of this systematic review has been registered with the
International Prospective Register of Systematic Reviews (PROSPERO: CRD42016050873). The final search was conducted on
PubMed and Scopus electronic databases and search strings were developed for salt/sodium, sugar, vitamin D, iron, and folic acid
intake. Predefined criteria related to scientific quality, applicability, and funding/interest were used to evaluate the publications. In
total 122 publications were included for a critical appraisal: 45 for salt/sodium, 61 for sugar, 4 for vitamin D, 9 for folic acid, and 3 for
iron. The complexity of modelling the health and economic impact of nutrition interventions is dependent on the purpose and data
availability. Although most of the models have the potential to provide projections of future impact, the methodological challenges
are considerable. There is a substantial need for more guidance and standardization for future modelling, to compare results of
different studies and draw conclusions about the health and economic impact of nutrition interventions.
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INTRODUCTION
Malnutrition involving micronutrient deficiencies, undernutrition,
overweight and obesity, as well as non-communicable diseases
(NCDs) are universal public health and economic problems [1].
NCDs, such as cardiovascular diseases (CVD), cancer, respiratory
diseases and diabetes are the leading causes of mortality and
morbidity globally and as such are the main contributors to health
costs worldwide [2]. Many of these diseases result from unhealthy
diets and might be preventable [1]. The global community
continues dealing with multiple burdens of malnutrition despite
the various steps relevant stakeholders worldwide have been
taking over the past few decades towards improved nutrition and
reduction in associated health burdens [3, 4]. Global diet and
nutrition surveys show that many populations still consume high
amounts of discretionary foods high in sugars, saturated fat, salt
and not enough fruits, vegetables, legumes and whole grains
[5–10]. The health impact and economic burden of insufficient or
unhealthy diets is substantial [4]. Other populations face a serious
burden of malnutrition i.e. childhood stunting, anaemia of women
in reproductive age, micronutrient deficiencies and/or obesity in
all ages [3, 4]. Studies have shown that micronutrient deficiencies
such as vitamin D [11], folate [12] and iron [13] are globally highly
prevalent [14, 15] and pay a heavy toll on economies.

Nutrition interventions and food-based global strategies aim to
change nutrient intakes either by changing composition of foods
or by changing consumer behaviour and by providing support for
making healthier food choices. Many countries have reduced
population-wide salt intake in recent years through regulations on
salt content in processed foods, labelling of processed and
prepared foods, public education and by increased engagement
of the food industry [16]. These salt reduction interventions are
regularly evaluated using salt modelling studies, and population-
wide salt reduction programs are considered a cost-effective
strategy [17]. Regular consumption of sugar-based beverages is
associated with excess weight gain and a number of co-morbid
conditions, including diabetes, CVD and dental caries [18].
Taxation of sugar-based beverages is often suggested as a
regulatory approach to address population weight gain, and also
in this case modelling studies are being performed to evaluate the
potential health and economic impact. Large-scale food fortifica-
tion is an emerging area of interest for improving nutrient intakes,
especially in more vulnerable populations [10]. While micronu-
trient public health programs focus on a broad set of micro-
nutrients including also vitamin A, D, folic acid, zinc, iron, and
iodine [3], the modelling studies in this area are mostly focusing
on vitamin D, folic acid, and iron.
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To support policy-making, modelling approaches are frequently
used to estimate the potential long-term impact of nutrition
interventions on health and economic outcomes [19]. Health and
economic modelling in the domain of public health nutrition is
still in its infancy. There is neither a recommended best practice
model nor a clear guidance for rating these models. The objective
of this review was to obtain insights into the different modelling
approaches that are currently used to estimate the health and/or
economic impact of nutrition interventions. As an example, we
selected modelling studies aiming at reducing population intake
of salt and sugars or increasing intake of micronutrients. There-
fore, in this paper, we systematically reviewed and evaluated
modelling studies using expert pre-defined quality and applic-
ability criteria. These insights may serve recommendation for best
practice models in nutrition economics.

METHODS
Literature search strategy
The protocol of this systematic review has been registered with
the International Prospective Register of Systematic Reviews
(PROSPERO: CRD42016050873). The final search was conducted
on PubMed and Scopus electronic databases in August 2020.
Search strings were developed for salt/sodium (RNU), sugars
(MDK), vitamin D, folic acid and iron (MB) (Supplemental
information 1). Per subitem two reviewers independently checked
the abstracts of all papers initially identified using the eligibility
criteria mentioned in the next paragraph (Salt: JM, AGP; sugars:
MD, PD; vitamin D, folic acid and iron: AJCR, MJB). If the different
reviewers did not agree, the original publication was consulted,
and a consensus was reached via discussions. After completion of
the abstract screening authors screened the full text of the articles
for inclusion and appraisal (Salt: JM, AGP, RNU; sugars: MD, PD;
vitamin D, folic acid and iron: AJCR, MJB).

Eligibility criteria
Studies that modelled the impact of modifying nutrient intake on
public health and/or economic outcomes due to intervention
(e.g., estimating potential changes in risk factor, disease
incidence, disease burden, quality-/disability-adjusted life years,
or health care costs) were selected as eligible modelling studies.
The search was limited to articles published in English from 2006
until August 2020. Furthermore, additional filtering criteria were
applied to restrict the number of irrelevant studies (Supple-
mental information 1).
The Prisma flowchart was used to create an overview of the

screening process and included studies (Fig. 1).

Study description and evaluation criteria
Models were classified according to type of applied modelling
approach, such as decision tree, comparative risk assessment,
Markov models, and discrete event simulation. More information
about these different types of models is provided in Table 1 [20].
In addition, the different modelling scenarios and outcome focus
of the studies were described.
To be able to evaluate the models found in different

publications, a set of draft criteria was developed, covering both
scientific- and applicability aspects. These were based on the
questionnaire to assess relevance and credibility of modelling
studies for informing health care decision making as defined by
the International Society for Pharmacoeconomics and Outcomes
Research (ISPOR) [21]. Other publications were used for guidance
[22–24]. The criteria were not meant to be interpreted as a
scorecard or checklist but served to create a good overview and
help the discussion on what appropriate models would be. These
criteria were extensively discussed with different stakeholders in
the field (public health scientists, health economics, policy
makers, and industry members) and modeling experts during

an International Life Sciences Institute (ILSI) Europe workshop on
‘Identifying Preferred Approaches for Quantifying the Health and
Economic Impact of Modifying Nutrient Intakes’ (April 6–7, 2017,
Brussels, Belgium).
After the workshop, the criteria were adapted where necessary

to reflect the experts’ views and the adapted criteria were used to
evaluate all individual studies. The final criteria used to evaluate
individual modelling studies are shown in Table 2. The scientific
aspects evaluated by the authors included the quality of the input
data, robustness, and transparency of the model, as well as
inclusion of sensitivity/uncertainty analyses. The applicability
aspects evaluated by the authors included data needs, accessi-
bility of the model, research funding and if there could be a
conflict of interest (Table 2).

RESULTS
Study selection
Figure 1 illustrates the PRISMA flowcharts for the search and
review process. In total, 174 articles were screened based on full
text. Totally 122 publications were included for critical appraisal:
45 for salt/sodium, 61 for sugars, 4 for vitamin D, 9 for folic acid,
and 3 for iron. In total, 52 articles were excluded after both
abstract and full-text screening, as they were considered not
eligible because of in- and exclusion criteria applied criteria: 24 for
salt/sodium, 26 for sugars, 1 for folic acid and 1 for iron (Fig. 1). An
overview of all studies and models included in the review is
provided in Table 3 and evaluation results in Table 4.

I. Studies modelling health and economic impact of salt
reduction interventions
An overview of the studies included and models used for
modelling the impact of salt reduction is shown in Table 3 and
evaluation results in Table 4 [9, 25–68]. More detailed information
about the individual studies included can be found in the
supplemental information.

Intervention scenarios modelled
The studies included in the review focused on interventions
to reduce salt/sodium intake to improve public health
[25, 28, 29, 35, 36, 39, 40, 44, 50, 56, 57, 59–61, 64, 65]. The
different types of scenarios modelled included sodium/salt
reformulation [9, 26, 27, 31, 32, 34, 42, 44, 48, 66, 68], taxation
[27, 32, 38, 43, 53], labelling (front-of-pack) of food packaging
[44, 66], health promotion/awareness campaigns or dietary
counselling [26, 27, 37, 46, 48, 68].

Applied modelling approaches
As presented in Table 3, Markov-type (n= 13), comparative risk
assessment (n= 22) or discrete event simulation (n= 8) models
were most frequently used to model the health and economic
consequences of different salt reduction interventions. In some
cases (n= 2), also a simple decision tree modelling approach
was applied. Some papers were published by the same
research groups, but there was no research group dominating
the publications on salt modelling using one and the exactly
same model.

Outcome focus
Health outcomes in the assessed studies were mainly measured
by the number of CVD cases or deaths averted. In some cases,
models were also applied to estimate the incidence and
prevalence of CVD events and mortality, impact on quality of life
and associated with their cost-effectiveness or cost-saving out-
comes [9, 25–27, 29, 32, 33, 35, 38, 39, 42, 43, 45, 48, 49, 51–55, 57,
65, 66]. The rest of the assessed salt reduction models assessed
the simultaneous impact on both the length and the quality of life
i.e. QALYs (Quality-Adjusted Life Years) gained or DALYs
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Table 1. Model classification and explanation*.

Type Explanation

Decision tree A flowchart-like structure, where the probability of events and their consequences are presented in a
graphical form.

Comparative risk assessment An analytic process of evaluating and ranking the different factors that contribute to a particular outcome

Markov model Transition model with discrete health states w/o probabilistic sensitivity analysis (PSA)

Markov chain model Transition model with constant transition probabilities (vs. Markov process model, where transition probabilities
are enabled to change over time)

Markov individual model “Markov microsimulation model”, where a number of single patient run through the model instead of patient
cohorts, which is usually a case in Markov models

Discrete event modelling Model outcomes as a discrete sequence of events in time.

Agent-based approaches Enable to simulate the actions and their consequences while taking into account the interactions of autonomous
agents (both individual and different groups) with a view to assessing their effects on the system as a whole

*Adapted from Briggs et al. 2016 (20).
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Fig. 1 The flow chart of the study selection.
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(Disability-Adjusted Life Years) avoided or prevented, and health
care costs saved [32, 39, 48, 49, 54, 55, 65, 66]. Literature indicates
that interventions mainly focused on a reduction of salt intake in
the whole population, like salt reduction in processed foods,
mass media campaigns, and taxes related outcomes are evaluated
for cost-effectiveness in the prevention of hypertension
[31, 36, 40, 42, 51, 56, 57].

Quality of input data
The salt related modelling studies, simulating the natural course of
the diseases (e.g., from healthy to CVD, cancer, etc.) and dietary
intake of salt consisting foods, need sufficient available input data
[64]. In general, input data were obtained from chronic disease
incidence and risk factors surveys to estimate the effect of various
salt reduction policies on mortality, and on the length and the

Table 2. Criteria used to evaluate individual modelling studies.

Criteria Options/rating

Scientific Quality of data input
Are the data used to estimate impact (e.g. associations
between exposure and risk factors, or risk factor and
disease, cost input) based on relevant evidence?

Low: Model inputs are derived from multiple sources with varying
quality. Many assumptions based on expert opinions.
Medium: Model inputs are derived from multiple sources with
good quality. Only some assumptions are based on expert
opinions.
High: Majority of model inputs are derived from small number of
studies or a single study with “high-quality” data providing
information. e.g. about the associations between exposure factors,
outcomes, quality of life, and health care utilization.

Model robustness
Is the model structure consistent with both a coherent
theory of health condition being modeled and with
available evidence regarding causal linkages between
variables?

High robustness: if using one of the recognized models (e.g. RIVM,
PRIME or IMPACT).
Medium robustness: if it concerns a model based on a consistent
theory of health condition (e.g. clear health consequences
hypertension leading to CVD) and when estimated results are
“validated” or “compared” with other estimates.
Low robustness: if none of the above

Transparency
Are all details/assumptions of the modelling revealed or is
the model a black box?

High transparency: if model equations, table with input
parameters (and underlying distributions) and some “flow chart” is
provided
Medium transparency: if only a flow chart is provided
Low transparency: if none of the above.

Sensitivity/uncertainty analysis
Are assumptions tested using sensitivity analyses?

Deterministic: Reports deterministic sensitivity analyses, either
one-way sensitivity analysis (varying one factor at the time) or
multiway (varying several factors simultaneously).
Probabilistic: Reports probabilistic sensitivity analysis based on
(second-order) Monte Carlo simulation to evaluate total parameter
uncertainty (i.e. imprecision of parameters). Microsimulation
(patient-level) is applied to evaluate the role of “random variation”
on final outcomes.
Different models: All previous + model structure uncertainty (i.e.
different model structures are tested). Different survival models
are tested to study sensitivity of applied model on final outcomes.
None/Not applicable: If none of the above.

Applicability Data needs
What are the data needs in order to be able to run
the model?

Little: The model runs on relatively little and readily available
epidemiological data.
Modest: The model needs less readily available data on incidence,
prevalence, and mortality by risk-factor status (e.g., for smokers
and nonsmokers) or on transitions between risk-factor states.
Considerable: The model needs data on longitudinal panel/cohort
data in order to be able to perform microsimulation.

Accessibility
Are models accessible for use by others?

Open source model: Established open source model, accessible for
use by others.
Reproducible: All model parameters and software used are
available for use by others to reproduce the model.
Not accessible: Established or self-built model, not accessible by
others.

Other Source of funding
How has the study been funded?

Public: Funded by public money only.
Private: Funded by private sector.
Both public and private: Funded by public and private money.
Not clear: Funding source not mentioned.
No funding: Not founded by public or private money.

Potential conflict of interest
Is the study subject to potential conflict of interest?

No: Study performed by a research institution/academia. Authors
clearly state the funder(s) had no role in study design, data
collection and analysis, decision to publish, or preparation of the
manuscript.
Yes: Involvement and funding by a party that has a clear personal
or financial interest in the outcome of the results.
Not clear: Authors do not clearly state that the funding body had
no role in the study.
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Table 3. Overview of the type of models used in publications.

Model type Salt (n= 45) Sugar (n= 61) Vitamin D (n= 4) Folic acid (n= 9) Iron (n= 3)

n References n References n References n References n References

Decision tree 2 Palar & Sturm, 2009;
Dall et al. 2009

1 Hendriksen, et al., 2011 7 Llanos et al. 2007;
Hoekstra et al.
2008; Jentink
et al. 2008;
Rabovskaja et al.
2013; Kancherla
2018; Hoddinott
2018; Saing
et al. 2019

1 Plessow
2016 (refers
to Plessow
2015;
Wieser 2013)

Comparative risk
assessment

22 Qin et al. 2009; Cobiac
et al. 2010; Rubinstein
et al., 2010; Barton et al.
2011; O’Flaherty et al.
2012; Dodhia et al.
2012; Kontis et al. 2014;
Kontis et al. 2015;
Bruins et al. 2015;
Cobiac&Tam et al. 2017;
Caro et al. 2017;
Fitzgerald et al. 2018;
Moreira et al. 2018;
Hendriksen&Over et al.
2018; Aminde et al.
2019; Labonte et al.
2019; Briggs et al. 2019;
Goiana-da-Silva et al.
2019; Saha et al. 2019;
Blakely et al. 2020;
Marklund et al. 2020;
Nilson et al. 2020

19 Fletcher et al., 2010;
Finkelstein et al., 2010&
2013; Dharmasena et al.
2012; Manyema et al.,
2014; Härkänen 2014;
Lin 2011; Ruff et al.
2015; Gustaven et al.
2013; Meijer et al., 2015;
Briggs et al. 2017;
Cobiac et al. 2017;
Ginsberg et al., 2017;
Penalvo et al. 2017;
Schwendicke et al.
2017; Vecino-Ortiz et al.
2018; O’Neill et al. 2019;
Scheelbeek et al. 2019;
Zheng et al. 2019;
Goiana da Silva
et al. 2020.

1 Sandmann
et al., 2015

Markov
(deterministic)

7 Basu et al. 2012; Coxson
et al. 2013; Nghiem
et al. 2015; Islek et al.
2016; Nghiem et al.
2016;
Cobiac&Scarborough
2017;
Hendriksen&Geleijnse
et al. 2017

27 Haby et al., 2006;
Manyema et al., 2015&
2016; Mekonnen et al.,
2013; Wang et al. 2012;
Long et al. 2015; Ma
et al. 2016; Sanchez-
Romero et al. 2016;
Veerman et al. 2016;;
Barrientos-Gutierrez,
2017; Basto-Abreu,
2019; Bourke et al. 2018;
Amies-Cull et al. 2019;
Cleghorn et al. 2019;
Crino et al. 2017;
Jevdjevic et al. 2019;
Blakely et al. 2020; Huse
et al. 2019; Kao et al.
2020; Lal et al. 2017; Lal,
2020; Lee, 2020;
Nomaguchi et al. 2020;
Salgado et al. 2020;
Sowa et al. 2018;
Wilde, 2019

Markov chain 5 Martikainen et al. 2011;
Scarborough, Allender
et al. 2012;
Scarborough, Nnoaham
et al. 2012; Hendriksen
et al. 2015; Erkoyun
et al. 2016

3 Briggs et al, 2013a;
Briggs et al. 2013b;
Cobiac et al. 2016

Markov
individual
(microsimulation)

1 Pearson-Stuttard
et al. 2018

6 Basu et al., 2014; Basu
et al. 2020; Gortmaker
et al. 2015; Grummon
et al. 2019; Lee et al.
2020; Wilde et al. 2019

3 Ethgen et al.,
2016;Hiligsman
et al. 2015;
Hiligsman
et al. 2018

1 Sharieff 2008

Discrete event
simulation (DES)

8 O’Keefe et al., 2013;
Mason et al. 2014;
Collins et al. 2014; Ni
Mhurchu et al. 2015;
Moreira et al. 2015;
Hughes et al. 2015;
Gillespie et al., 2015;
Kypridemos et al. 2017

3 Pearson-Stuttard et al.
2017; Huang et al. 2019;
Long et al. 2019

Agent-based
approaches

1 Lee et al. 2018

Not clear 1 Urwannachotima
et al. 2020

2 Bentley et al.,
2009; Dalziel
et al., 2010

1 Fiedler 2013

M. Dötsch-Klerk et al.

417

European Journal of Clinical Nutrition (2023) 77:413 – 426



quality of life [26, 33, 35, 46, 57, 64]. In this present review, the
majority (n= 38) of the selected studies were considered to have
high quality input data that are representative for the population
studied, while other studies were considered to have medium
(n= 5) and low-quality (n= 2) input data (Table 4). Insufficient
quality of the data typically occurred due to lower quality of input
data sources, such as dietary intake surveys and integrated national
health system interventions [27, 36, 39, 60, 64]. In addition, the lack
of country-specific cost and quality of life input data, or use of
simplified assumptions to reduce the complexity of the study were
considered to impact on the quality of input data [27, 52].

Robustness
Most salt modelling studies were scored as highly robust (Table 4).
In particular, the robustness of the models was based on the
reported reductions in salt intake. However, in some of these

studies, salt levels in foods, changes in consumer knowledge, or
individual attitudes and behaviours possibly impacting on
consumption patterns were not estimated, which might affect
the interpreted strength of the data [52, 64]. Rubinstein et al. [54]
reported that effects of interventions can have different effects in
subpopulations with different socio-economic statuses, but most
studies did not consider these socio-economic differences.

Transparency
Most reviewed studies were considered to have a high
transparency (Table 4) [28, 29, 31–34, 36, 39, 41–46, 50, 51,
54–56, 60, 65, 67].

Sensitivity analyses
In the studies on salt, in general long-term time horizons were
applied to ensure that all expected relevant changes in cost and

Table 4. Evaluation of studies according to the determined final criteria.

Criteria items Salt (n= 45) Sugar (n= 61) Vitamin D (n= 4) Folic acid (n= 9) Iron (n= 3)

n n n n n

Scientific

Quality of data input

High quality 38 22 0 1 0

Medium quality 5 33 4 6 0

Low quality 2 6 0 2 3

Model robustness

High 29 18 0 0 0

Medium 16 36 4 3 1

Low 0 7 0 6 2

Transparent

High 37 36 0 4 0

Medium 6 17 1 2 0

Low 2 8 3 3 3

Sensitivity/uncertainty analysis

Different models 20 0 0 0 0

Probabilistic 22 43 0 2 1

Deterministic 3 15 4 6 2

None/Not applicable 0 3 0 1 0

Applicability

Data needs

Considerable 24 21 3 0 0

Modest 11 34 0 0 0

Little 10 6 0 6 3

Accessability

Open source model 0 0 0 0 0

Reproducible 33 34 0 1 1

Not accessible 12 27 4 8 2

Source of funding

Public funding 36 50 1 9 0

Private sector 2 1 0 0 2

Public and private 4 1 2 0 1

Not clear 3 5 1 0 0

Not funding 0 4 0 0 0

Conflict of interest

No 34 54 21 9 1

Yes 7 2 1 0 2

Not clear 4 5 1 0 0
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health outcomes are considered in analyses. This, naturally,
increases uncertainty associated with the modelled health and
economic outcomes. To address this temporal and the other
sources of uncertainty different approaches are needed. In the
present review, one-way sensitivity and scenario analyses were the
most reported approaches to assess the robustness of the results.
In addition, probabilistic sensitivity analysis, which could be
considered as a state-of-art method, was also a commonly applied
approach (Table 4) [28, 29, 31–34, 36, 39, 41–46, 50, 51, 54–56,
60, 65, 67].

Data needs
The modelling studies showed substantial differences in data
needs (Table 4). In many cases, the input data used in the
modellings for salt intake reduction were derived from national
health and dietary intake surveys [26, 27, 36, 39, 51,
52, 56–60, 64, 67], national vital statistics on mortality data for
CVD, stroke and diet-related cancers and myocardial infraction,
hypertension or stroke risks [26, 36, 39, 52, 56, 57, 59–61, 67, 68]
and cost data from annual food cost surveys and reference costs
collection guidance, previously published studies, and economic
evaluation [26, 36, 39, 51, 68]. Generally, Markov-type and discrete
event simulation models required more input data comparing to
other modellings [25, 69].

Accessibility
Most of the studies’ models are accessible (Table 4). However,
models are usually complicated to use as special knowledge and
training is needed [9, 25–27, 36, 39, 40, 52–54, 58–63, 67].

Source of funding
In three of the published papers, the source of funding was not
clear (Table 4). Among those that declared funding source, around
half of the modelling studies were publicly funded, while a few
were funded by either private sector or by both public and private
sector. Generally, it was declared that the funders had no role in
study design, data collection and analysis, decision to publish, or
preparation of the manuscript.

Conflict of Interest
A minority of the studies showed an interest conflict. Among
these studies, the most common conflicts of interests were that
authors have been employed by companies and/or the work was
funded by companies, work was supported by a research grant
from other stakeholders, consultation services, or being a
shareholder. However, in 4 of the studies the conflict of interest
was not clearly stated, but the author contributions were given,
and no clear indication was determined that results were
affected (Table 4).

II. Studies modelling health and economic impact of sugar
reduction interventions
An overview of the 61 studies included and models used for
modelling the impact of sugar reduction is shown in Table 3 and
the evaluation results in Table 4 [39, 42, 43, 70–129]. Details for the
individual studies are provided in the supplementary information.

Intervention scenarios modelled
Five studies estimated the impact of a reduction in sugar-based
beverages or sugar intake [80–82, 103, 119]. One study modelled
the impact of mandatory sugar reformulation [71]. One study [83]
evaluated the impact of replacing beverages sweetened with sugar
by beverages sweetened with artificial sweeteners on body mass
index (BMI).Three studies evaluated the impact of sugar labeling
[56] or warning signs [72, 124]. One study evaluated the impact of
an increase in price of snacks [74]. Some studies evaluated the
impact of removing [70] or discouraging television advertising or
price promotion [129] of high sugar foods and beverages. [71]

Two studies evaluated the impact of a ban of sugar-based
beverages from the workplace [75] or from a national supplemental
assistance program [76]. A few studies evaluated the impact of
more comprehensive programmes that included reformulation,
portion size reduction, price increase or changes in market share
[77–79]. However, the large majority evaluated the potential impact
of sugar tax on sugar-based beverages. The studies covered
different global regions, and most were published only in the last
2–3 years. Most of these scenarios were more complex than simply
evaluating the impact of product reformulation as it included a
behavioural component and assumptions on potential replace-
ments for the taxed or discouraged foods and beverages.

Outcome focus
Approximately half of the studies investigated the impact of the
modelling scenarios exclusively on health outcomes. The other
half also evaluated the economic impact. There is large variation in
the way the impact of sugar reduction on health and/or economic
impact is modelled. The majority of the studies just modelled the
impact of sugar intake reduction via weight change on obesity
and/or diabetes risk and therefore may have underestimated the
overall health impact [71, 72, 74, 77, 82, 84–98, 124, 129]. Some
studies, in particular the ones published the past few years, looked
at impact on multiple diseases, DALYs, QALYs or HALYs (Health-
Adjusted Life Years) [42, 70, 75, 76, 79, 104–107, 109, 128]. Only a
few studies included intermediary risk factors in the model such as
blood pressure, cholesterol [39, 103, 108, 111], or glycemic load
[112, 113] in addition to weight/BMI or included diabetes as a risk
factor for CVD [39, 73, 81, 82, 111, 128] During the last 3 years, also
several studies looking at the impact of a reduction in sugar
intake on dental caries and/or oral care have been published
[77, 78, 114, 115].
Economic outcomes mainly included health care cost savings or

cost-effectiveness. Some studies also looked at tax revenues.
[76, 84, 102, 109, 110, 125, 126] Two studies focused on income
disparities [74, 101] One study looked also at changes in consumer
spending [126] and one study at impact on productivity [92]. In
most studies, health care costs included direct costs of hospital
days and outpatient consultations, but studies did not consider
incremental savings for preventing CVD events or other conditions
leading to a potential underestimation of savings [99, 116].
However, studies may not have included all costs and revenues of
the intervention which may have lead to under or overestimation
of the economic impact [99, 111].

Applied modelling approaches
An overview of the models used for modelling the impact of sugar
intake reduction is shown in Table 3. Many of studies have used
risk assessment models. However, even more studies have used
established Markov models (n= 35), like PRIME [79, 96, 97, 103],
the CVD Policy model [76, 108, 129], the US Impact Food Policy
Model [101, 128], CVD PREDICT [106], ACE model [71, 90, 100, 105,
107, 119, 129] or Choices model [76, 104, 109]. The more complex
models like agent based or discrete event modelling approaches
were less often used. Some papers were published by the same
research groups, but there was no research group dominating
the publications on sugar modelling using one and exactly the
same model.

Quality of data input
Most studies were considered to have good quality input data that
are representative for the population studied (Table 4). However,
there were also studies where the quality of data input was rated
as medium or even low. The accuracy of the intake data is key for
the quality result. Most studies have used 24h-recall data, which
are most reliable. However, various studies relied on self-reported
intake data [75, 99, 108, 116, 127] or food frequency data [82, 97]
which probably has led to underestimation of the true intake at
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baseline. Other studies have used purchase data (at household
level) as a proxy for individual intake [74, 84, 85, 91, 98, 112, 117,
118, 124], but which may not reflect true intakes due to
intrahousehold heterogeneity in terms of consumption.
Most studies have used good quality epidemiological data to

model the impact of sugar intake on risk factors and/or health
outcomes. Nevertheless, not all studies used the same data for
estimating the impact on calorie reduction on weight or diabetes
risk. For instance, some of the studies have used the formula of
Christiansen and Garby [79, 83, 94, 96, 97] for the association
between energy intake and BMI, whereas others have used the
estimates of Swindburn [90, 99, 116, 127] or the equations of Hall
[42, 72, 89, 95, 107, 112, 113, 119].
As shown earlier, most studies have modeled the impact of

interventions involving a behavioral component rather than sugar
reduction through reformulation. This implies more complexity as
it requires an additional step or assumptions in the model, i.e.,
quantifying the impact of a behavioral intervention on intakes
either by data or assumptions. There is a lack of implementation
research about the real impact of behavioral interventions like
taxes or removing TV ads on intakes. Therefore the true impact of
these interventions is uncertain [70, 110].
Studies evaluating the impact of sugar tax also need to include

estimates on price elasticities to account for substitution by other
beverages and foods. Although there are some data on price
elasticities of sugar-based beverages published, these types of
data are not available for every population studied, and
assumptions had to be made in various studies. In general, two
approaches to estimate these behavioral changes were used. On
one side there were the “econometric approaches” based on very
large consumer panel data, using complex functions to estimate
directly the different elasticities [42, 43, 74, 77, 84, 85,
88, 95, 98, 104, 107]. The other group of studies used group
specific and general price elasticity functions derived from
literature [72, 73, 76, 89, 90, 92–94, 96, 97, 105, 106,
114, 116, 120–122, 125, 127]. In addition, price elasticity could
vary per socio-economic status and geographic location [96, 97],
which was taken into account to at a certain extend by several
studies [43, 73, 74, 89, 94–97, 101, 105–107, 113, 121]. It is also not
clear, if tax was always passed on to the consumer for 100%, but in
their baseline scenario most studies assumed a 100% pass on rate.
Several studies, however, did vary with pass on rates in sensitivity
and/or uncertainty analyses [39, 73, 77, 94–96, 99,
100, 103, 105–107, 114, 120, 127].

A number of studies, mainly the studies published the past few
years [43, 72, 74, 77, 82, 84, 88, 90, 94, 105, 107, 123, 126, 128], did
account for substitution of sugar-based beverages with other
beverages. However, switches to other foods could also occur and
so affect results. Overall, most studies did not account for any form
of substitution, which could have led to an overestimation of the
impact of the tax, price increase or label.

Robustness
As mentioned, a large part of the studies has used risk assessment
models, whereas most studies have used established Markov
models like the CVD Policy Model, PRIME, IMPACT, ACE or Choices
(Table 4). Most articles provided a clear and elaborate description
of the model and were based on a coherent theory of the health
condition being modelled. In some publications [70, 78, 80,
82, 86, 91, 126], the model structure was not very clear, and
therefore robustness rated as low.

Transparency
Most studies provided a clear and elaborate description of the
structure, model parameters and assumptions, either in the article
itself or in supplemental files, or referred to another publication
where details can be found (Table 4). In a few studies, the model
structure was clear from a flowchart but details on model

parameters and assumptions was lacking. In eight studies the
information was too limited to be able to properly evaluate the
model [70, 80, 82, 94, 114, 115, 123, 126].

Sensitivity analyses
All studies did some form of sensitivity or uncertainty analyses
(Table 4), except for 3 studies [78, 83, 91]. Several studies
performed only deterministic sensitivity analyses, evaluating
different tax percentages or applied variations in other model
parameters like price elasticity, pass-on rates, BMI trends or
discount rates. Most of the studies performed probabilistic
analyses using Monte Carlo simulation, using different numbers
and type of parameters.

Data needs
Most of the models showed at least modest or even considerable
data needs (Table 4). Results clearly show that the more complex
the model, the more data is needed. In general, the comparative
risk assessment models required less data than Markov, discrete
events or agent-based models.

Accessibility
For many studies, models were not accessible, and publications
did not provide enough information to reproduce the model
(Table 4). However, most of the models for which sufficient
details were published, and which were also rated as highly
transparent, could be reproduced. None of the studies used an
open-source model.

Source of funding
Most of the models were funded by public money (Table 4).
Funders mainly included national health associations. A few
studies were partly funded by governmental bodies [80, 109]. This
could probably be explained by the fact that sugars studies mainly
evaluated the impact of policy interventions rather than food
reformulation. In some publications the funding source was not
provided [70, 83, 93, 113, 120] or was stated that funding was not
applicable [72, 77, 78, 122].

Conflict of interest
In most studies there was no sign of potential conflict of interest
(Table 4). Several publications clearly stated that the funder of the
study had no role in the design, execution and reporting of the
study. [39, 42, 72, 79, 81, 89, 91, 99, 101, 103–105,
107, 111–113, 115, 116, 123, 128] In some of the studies, authors
declared to have links with the private sector [73, 101,
106, 112, 120], or potential conflict of interest was not specified
[70, 72, 75, 95, 97], but there was no indication of conflict of
interest related to the study. In two studies [100, 126] there
seemed to be a potential conflict of interest as one or more of the
authors are employed by the funder of the study.

III. Studies modelling of health and economic impact of
vitamin D, folic acid, and iron interventions
An overview of the studies included and models used for
modelling the impact of vitamin D [130–133], folic acid
[122, 134–139] and iron [140–142] is shown in Table 3 and
evaluation results in Table 4. Details for the individual studies are
provided in the supplementary information.

Intervention scenarios modelled, outcome focus, and applied
modelling approaches
Vitamin D. In different studies, Markov microsimulation was used
to model the preventive effect of fortifying bread [130] or dairy
products [131–133] with vitamin D [131–133] or with vitamin D
and calcium [130], on bone fractures in older women and related
cost savings. Sandmann et al. [130] modelled the relative risk
reduction in fracture incidence for different fracture types using an
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Excel spreadsheet comparative risk model. Two studies simulated
transition through different fracture types based on age-related
incidence and risk in older women [131] or older men and women
[132, 133]. The health outcomes included were prevention of
fracture incidence [130] or QALYs gained [131–133]. Economic
outcomes were estimated considering costs related to residency-
dependent health care, [130] and Incremental Cost Efficiency Ratio
(ICER) [131–133].

Folic acid. Different scenarios of increasing folic acid intake of
women of childbearing age were modelled; either via food
fortification [134–139, 143–145], via folic acid supplements [134],
or via campaigns to promote folate-rich foods or folic acid
supplements [143].
In all studies, the avoided neural tube defect cases were

modelled. Health outcomes included QALYs gained [134, 135,
138], or DALYs prevented [136, 137, 143]. Other health benefits
modelled included myocardial infarct prevention [138] or health
risks of excess folic acid intake in the general population
[134, 136, 138]. Economic outcomes included the ICER
[134, 143], cost-effectiveness [135, 137], and cost savings [138]
related to the prevention of neural tube defects. In most studies,
simple [144, 145] to more sophisticated [134–137, 139] decision-
tree models were used to simulate the effect of folic acid food
fortification on neural tube defects and related health and
economic consequences, whereas in two publications the type
of modelling was not made specific [138, 143].

Iron. In all three studies, the effect of iron-fortified foods on
DALYs averted was modelled [140–142]. DALY’s were based on
diarrhea-related morbidity, mortality as well as anemia-related IQ
in young children [140–142]. Economic outcomes included
fortification and societal costs (work productivity loss) per DALY
averted [140, 141], loss of earnings [142], or fortification costs per
DALY averted [142]. None of the studies clearly reported on the
type of model and software used to model health and economic
outcomes.

Quality of data input
Vitamin D: Quality of data input for these studies was rated as
medium (Table 4). To model the health impact of improving
nutrient intakes via fortified foods, preferably, well-established
relationships between micronutrient intake, status, and health
outcome are used. However, often these relationships are not
well-established. For instance, the effect of vitamin D and calcium
fortification on reduced risk for fractures was assumed to be the
same as for supplements [130–133] whereas this reduced risk was
only reported for supplements. Authors used best available
evidence; for instance, hip and femoral fracture incidence and
cost estimates were based on the national hospital databases,
whereas non-hip fractures cases and medical cost estimates were
based on literature [130–133].

Folic acid: Quality of data input for these studies was rated as
medium or low (Table 4). Input data on folate intake and folic acid
supplement intake, for instance, were selected from national
survey data [134–136, 138, 139, 143] assuming that these were the
same in other countries [143], or were not reported [137, 144, 145].
The neural tube defect prevalence or incidence rates were based
on national data [134–139, 143–145]. One study described how
the relation between increasing folic acid intake, serum folate
concentration, and neural tube defect risk reduction was
simulated [134]. Incidence rates of masking of vitamin B12
deficiency [134], myocardial infarct and colon/colorectal cancer
[136, 138] were based on national data where available. Input data
for costs related to a child with a neural tube defect, such as
surgery, medical care and rehabilitation costs, were derived from
diverse national and insurance databases [134, 135, 137, 138, 143].

Iron: The overall quality of data input for these studies was rated
as low (Table 4). Studies used iron intake or prevalence of
inadequate iron intake from surveys [142], prevalence of iron
deficiency anemia from cohort studies [141], or assumptions were
made on the prevalence of iron deficiency attributable to anemia
due to lack of data on anemia [140]. For example, in one modelling
study [141] reduced prevalence of anemia was converted into
improved IQ based on data from a cohort study acknowledging lack
of direct observations from intervention studies.

Robustness
Vitamin D: The model robustness of the studies on vitamin D,
folic acid and iron was rated as medium or low (Table 4). The
validation of the Markov microsimulation model [131–133] for
vitamin D was reported elsewhere [146]. Validation of the Excel
model however was not mentioned [130].

Folic acid: The model robustness of the folic acid studies was
rated as medium or low (Table 4). In general, a decision tree model
suffices to model one event as neural tube defects is a life-long
disability without different stages of disease. For modelling of
masking of vitamin B12 deficiency and colorectal cancer with
different disease stages, a more complex model would have been
more suitable [134, 136, 138].

Iron: The model robustness of these studies was rated as low
(Table 4). In one modelling study [141], the simulated results were
compared with observed data of the cohort study for internal
validation, and with the data of previous studies for external
validation, both showing good agreement. For the other two
studies on iron, too little information was available to properly
judge the robustness of the models.

Transparency. Transparency of the modelling was rated as
variable for most vitamin D, folic acid, and iron studies (Table 4).
Most publications were transparent in terms of what model and
input data were used [134–137, 139, 144, 145], but few details
were given of the model structure itself [130–132, 135, 138,
140–143].

Sensitivity analyses. Probabilistic, univariate, and deterministic
sensitivity analyses were used. Deterministic one-way-sensitivity
analysis was performed in most of the studies that simulated
vitamin D [130–133] and folic acid fortification [135–138, 144, 145]
(Table 4). In two iron studies, no information could be retrieved on
sensitivity analysis performed [140, 147].

Data needs. Data needs depend on the type of models used.
Considerable data and estimates were needed as inputs for the
vitamin D model, e.g., inpatient and outpatient incident cases, risk
reductions and costs per type of fracture. While generally, little
data input was used for health-economic simulations of folic acid
and iron interventions. For the latter, the models appeared to be
self-built, and lack of overview of data input sources used made it
hard to judge data needs (Table 4).

Accessibility. Although the TreeAge software described by five
papers [131–134, 139] is accessible for use by others, the model
structure is not. Also, the other used modelling tools were not
accessible, which makes it impossible to reproduce these
modelling studies.

Source of funding and conflict of interest. The authors of the
health-economic modelling studies reported to have received
either no funds [130] or public funding [134–139, 143–145] or
industry funds [131, 132, 140] (Table 4). For one study the financial
sources of the funding agency were not clear [133]. Disclosures
reported financial support from SMB Belgium, [132] Danone [131],
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and Nestlé [140] who had no role in the design, conduct of the
study, or interpretation of the data. Other authors had no conflict
of interest to declare [134–139, 141–145].

DISCUSSION
The objective of this review was to obtain insights into the
different modelling approaches that are currently used to estimate
the health and/or economic impact of nutrition interventions
aiming at reducing population intake of salt and sugars or
increasing intake of micronutrients.The results showed that a wide
variety of models have been used to estimate the health and
economic impacts of changes in nutrient intakes, which makes it
difficult to compare models and to draw clear conclusions about
best practices.
The models included that evaluated the impact of micronu-

trient fortification or supplements were either simple decision tree
or comparative risk models developed by the authors and looking
at single health events without future change in the condition.
The models varied widely in terms of applied approaches and
methodologies.
The reviewed models evaluating salt or sugar and chronic

diseases tended to be more complex as they involve inter-
mediate risk factors and multiple disease states. Regarding the
salt models, although they are very useful in determining the
beneficial strategies for policy making, they had some limita-
tions. e.g., in terms of using simplified assumptions to reduce
complexity, difficulties in assessing the cost and benefits. Some
were lacking country-specific data or had inequalities in terms of
income in sampling.
The sugar models were even more complex as these were

mainly models modelling the impact of taxes, which involves
assumptions on impact of price elasticity on consumer beha-
viour. In addition, most of the models require specialized
knowledge in order to be used and the more established models
are often not directly publicly accessible. The quality of the
studies seems to be very much dependent on both the model
and the data used. For example, some studies using complex ‘big
data econometric analysis’ to estimate price elasticities, used very
simplistic analysis of calorie/weight changes [84, 118]. In contrast,
studies using more standard health economic models, were
based on very simple input parameters when it comes to price
elasticities [102, 110].
Limited availability of data in lower income countries such as

epidemiological data and cost data, may explain the relative low
data input in the micronutrient modelling studies. Moreover,
models simulating folic acid and iron interventions were less
sophisticated than those for salt and sugar since 1) the relation-
ship between intake and health outcomes is less well-established
for iron and folic acid than for vitamin D, salt and sugar and 2)
reducing salt and sugar reduction to reduce non-communicable
diseases have received more public health attention than
reducing micronutrient deficiencies.
A general finding was that the studies published in the last few

years mostly performed better in terms of transparency, and
sensitivity analyses. This might be explained by journals nowadays
allowing authors to submit more detailed information as
supplement to their manuscript. It should also be noted that
differences in declaration of conflict of interest may be due to the
journal where the study was published.
Several previous papers have also reviewed health modelling

studies. In 2006, Unal et al. [148] performed a systematic review to
evaluate the strengths and limitations of existing coronary heart
disease health policy models. For example, authors concluded that
these models have become more complex and comprehensive as
a result of improving computer technology and wider usage, but
also that the quality of the models has also improved over time so
that more papers published the last few years tend to explicitly

report assumptions, limitations, and sensitivity analyses. Also,
Lhachimi et al. [24] evaluated different models for health impact
assessment to explore whether already existing models can be
used as a standard tool for health impact assessment. The
conclusion was that none of the existing tools could serve as a
standard, and that any tool that intended to fill this gap need to
put equal weight on appropriate methodology and achievable
data requirements also being end-user friendly. The study of
Grieger et al. [149] included 45 simulation studies that modeled
dietary strategies aiming to improve nutritional intake, body
weight, and related chronic disease. In contrast to our review,
where we classified studies on nutrients, they categorized the
studies as modeling moderation, substitution, reformulation, or
promotion dietary strategies. In line with our results, authors
concluded that study quality was moderate to high. The study of
Hendriksen et al. [40] was the first study that systematically
compared various indirect and complex health modelling
approaches for salt reduction based on four sets of key model
features and their underlying assumptions and input data [40].
The authors concluded differences in model structure and input
data may affect the health impact estimate, and that clearly
defined assumptions and transparent reporting are crucial to be
able to interpret the outcomes of a health impact assessment.
In line with our current review, these reviews made clear that

the wide variety in modelling approaches makes it difficult to
compare model outcomes, as the structural and methodological
differences could have a major impact on the modeling results. In
addition to these reviews, [148, 149] also the participants of our
stakeholder workshop agreed that the outcomes of simulation
modelling are highly dependent on the quality of the input data
and assumptions used as model parameters. Therefore, to
improve the quality judgement and comparison of increasingly
complex modelling studies, the application of international health
economic evaluation reporting standards, such as CHEERS, [150] is
urgently needed.
Recently, Fattore et al. pointed out specific aspects that need to

be emphasized when applying the international CHEERS stan-
dards in the reporting of economic evaluation of nutrition
interventions [151]. For example, Fattore et al. recommend that
the reporting of population characteristics should include e.g.,
socio-economic and behavioral factors, since these can have
significant impact on the take-up and effectiveness of nutrition
interventions [151]. In addition, specific emphasis should also be
placed on the distribution of costs and savings between health,
other sectors, and private individuals themselves to understand
the relative cost burdens when considering the implementation of
nutrition interventions. The reports of modelling studies should
also include considerations of whether the setting in which the
study was conducted influences the expected costs and health
outcomes limiting the generalizability of the findings. In addition,
different target audiences may require different health economic
outcomes depending on the applied perspective to optimally
inform multiple decision makers with different objectives. This is
especially the case when cost and effect impacts are expected to
fall on multiple sectors in the society [152]. Thus, further
developments are needed on the international guidelines, such
as CHEERS, to be applicable to nutrition modelling.

CONCLUSIONS
This review shows that there is a wide variety of models used to
estimate the health and economic impacts of changes in nutrient
intakes, making it difficult to compare models and to draw clear
conclusions about best practices. Models can yield useful insights for
decision-making and have already been extensively used in policy
making and resource allocation. Improved technology potentially
increasingly enables practitioners and policy makers to use these
models without necessarily understanding the inherent assumptions
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or data limitations [148]. However, health impact modelling in the
domain of public health nutrition is still in its infancy, and there is
substantial need for more nutrition-specific guidance development.
This development could be supported by setting up an international
research network aiming to develop modelling standards, open-
source standard models, and compare nutrition health economic
models both in terms of their structure and performance.

DATA AVAILABILITY
All data generated or analysed during this study are included in this published article
and its supplementary information files. Correspondence and requests for materials
should be addressed to N.V. Venlet at publications@ilsieurope.be.

REFERENCES
1. Action plan for the prevention and control of noncommunicable diseases in

South-East Asia. New Delhi: World Health Organization, Regional Office for
South-East Asia; 2021. Licence: CC BY-NC-SA 3.0 IGO.

2. Assessing national capacity for the prevention and control of noncommunicable
diseases: report of the 2017 global survey. Geneva: World Health Organization;
2018. Licence: CC BY-NC-SA 3.0 IGO.

3. Development Initiatives, 2018. 2018 Global Nutrition Report: Shining a light to
spur action on nutrition. Bristol, UK: Development Initiatives.

4. WHO. Double-duty actions. Policy brief. Geneva: World Health Organization;
2017.

5. Powles J, Fahimi S, Micha R, Khatibzadeh S, Shi P, Ezzati M, et al. Global, regional
and national sodium intakes in 1990 and 2010: a systematic analysis of 24 h urinary
sodium excretion and dietary surveys worldwide. BMJ Open. 2013;3:e003733.

6. Wang Y, Guglielmo D, Welsh JA. Consumption of sugars, saturated fat, and
sodium among US children from infancy through preschool age, NHANES
2009–2014. Am J Clin Nutr. 2018;108:868–77.

7. van Schoor N, Lips P. Global overview of vitamin D status. Endocrinol Metab Clin
North Am. 2017;46:845–70.

8. Darfour-Oduro SA, Buchner DM, Andrade JE, Grigsby-Toussaint DS. A com-
parative study of fruit and vegetable consumption and physical activity among
adolescents in 49 Low-and-Middle-Income Countries. Sci Rep. 2018;8:1623.

9. Moreira PVL, Baraldi LG, Moubarac JC, Monteiro CA, Newton A, Capewell S et al.
Comparing different policy scenarios to reduce the consumption of ultra-
processed foods in UK: Impact on cardiovascular disease mortality using a mod-
elling approach. PLoS One. 2015;10. https://doi.org/10.1371/journal.pone.0118353.

10. Afshin A, Sur PJ, Fay KA, Cornaby L, Ferrara G, Salama JS, et al. Health effects of
dietary risks in 195 countries, 1990–2017: a systematic analysis for the Global
Burden of Disease Study 2017. Lancet. 2019;393:1958–72.

11. Palacios C, Gonzalez L. Is vitamin D deficiency a major global public health
problem? J Steroid Biochem Mol Biol. 2014;144:138–45.

12. McLean E, de Benoist B, Allen LH. Review of the magnitude of folate and vitamin
B12 deficiencies worldwide. Food Nutr Bull. 2008;29:S38–S51.

13. Petry N, Olofin I, Hurrell RF, Boy E, Wirth JP, Moursi M, et al. The proportion of anemia
associated with iron deficiency in low, medium, and high human development
index countries: A systematic analysis of national surveys. Nutrients. 2016;8:693.

14. WHO. The global prevalence of anaemia in 2011. Geneva: World Health Orga-
nization; 2015.

15. Nutritional anaemias: tools for effective prevention and control. Geneva: World
Health Organization; 2017. Licence: CC BY-NC-SA 3.0 IGO.

16. He FJ, MacGregor GA. A comprehensive review on salt and health and current
experience of worldwide salt reduction programmes. J Hum Hypertens.
2009;23:363–84.

17. Beaglehole R, Bonita R, Horton R, Adams C, Alleyne G, Asaria P, et al. Priority
actions for the non-communicable disease crisis. Lancet. 2011;377:1438–47.

18. Backholer K, Sarink D, Beauchamp A, Keating C, Loh V, Ball K, et al. The impact of
a tax on sugar-sweetened beverages according to socio-economic position: a
systematic review of the evidence. Public Heal Nutr. 2016;19:3070–84.

19. Marsh K, Phillips CJ, Fordham R, Bertranou E, Hale J. Estimating cost-
effectiveness in public health: a summary of modelling and valuation meth-
ods. Health Econ Rev. 2012;2:17.

20. Briggs ADM, Wolstenholme J, Blakely T, Scarborough P. Choosing an epide-
miological model structure for the economic evaluation of non-communicable
disease public health interventions. Popul Health Metr. 2016;14:17.

21. Jaime Caro J, Eddy DM, Kan H, Kaltz C, Patel B, Eldessouki R, et al. Questionnaire
to assess relevance and credibility of modeling studies for informing health care
decision making: An ISPOR-AMCP-NPC good practice task force report. Value
Heal. 2014;17:174–82.

22. Weinstein MC, O’Brien B, Hornberger J, Jackson J, Johannesson M, McCabe C,
et al. Principles of good practice for decision analytic modeling in health-care
evaluation: Report of the ISPOR task force on good research practices—mod-
eling studies. Value Heal. 2003;6:9–17.

23. Martikainen J. Application of Decision-Analytic Modelling in Health Economic
Evaluations. Doctoral dissertation. Kuopio: Kuopio University Library, 2008.

24. Lhachimi SK, Nusselder WJ, Boshuizen HC, Mackenbach JP. Standard tool for
quantification in health impact assessment. Am J Prev Med. 2010;38:78–84.

25. Islek D, Sozmen K, Unal B, Guzman-Castillo M, Vaartjes I, Critchley J, et al. Esti-
mating the potential contribution of stroke treatments and preventative policies
to reduce the stroke and ischemic heart disease mortality in Turkey up to 2032:
a modelling study. BMC Public Health. 2016;16:46.

26. Collins M, Mason H, O’Flaherty M, Guzman-Castillo M, Critchley J, Capewell S. An
economic evaluation of salt reduction policies to reduce coronary heart disease
in England: A policy modeling study. Value Heal. 2014;17:517–24.

27. Nghiem N, Blakely T, Cobiac LJ, Cleghorn CL, Wilson N. The health gains and
cost savings of dietary salt reduction interventions, with equity and age dis-
tributional aspects. BMC Public Health. 2016;16:423.

28. Kontis V, Mathers CD, Bonita R, Stevens GA, Rehm J, Shield KD, et al. Regional
contributions of six preventable risk factors to achieving the 25 × 25 non-
communicable disease mortality reduction target: a modelling study. Lancet
Glob Heal. 2015;3:e746–e757.

29. Hendriksen MAH, Over EAB, Navis G, Joles JA, Hoorn EJ, Gansevoort RT, et al.
Limited salt consumption reduces the incidence of chronic kidney disease: a
modeling study. J Public Health (Bangk). 2018;40:e351–e358.

30. Hendriksen MAH, Geleijnse JM, van Raaij JMA, Cappuccio FP, Cobiac LC, Scar-
borough P, et al. Identification of differences in health impact modelling of salt
reduction. PLoS One. 2017;12:e0186760.

31. Moreira PV, Hyseni L, Moubarac J-C, Martins APB, Baraldi LG, Capewell S, et al.
Effects of reducing processed culinary ingredients and ultra-processed foods
in the Brazilian diet: a cardiovascular modelling study. Public Health Nutr.
2018;21:181–8.

32. Briggs ADM, Wolstenholme J, Scarborough P. Estimating the cost-effectiveness
of salt reformulation and increasing access to leisure centres in England, with
PRIMEtime CE model validation using the AdViSHE tool. BMC Health Serv Res.
2019;19:1–14.

33. Goiana-Da-Silva F, Cruz-e-Silva D, Allen L, Gregório MJ, Severo M, Nogueira PJ,
et al. Modelling impacts of food industry co-regulation on noncommunicable
disease mortality, Portugal. Bull World Health Organ. 2019;97:450–9.

34. Aminde LN, Cobiac LJ, Veerman JL. Potential impact of a modest reduction in
salt intake on blood pressure, cardiovascular disease burden and premature
mortality: a modelling study. Open Hear. 2019;6:e000943.

35. Nilson EAF, Metlzer AB, Labonté M-E, Jaime PC. Modelling the effect of com-
pliance with WHO salt recommendations on cardiovascular disease mortality
and costs in Brazil. PLoS One. 2020;15:e0235514.

36. Gillespie DOS, Allen K, Guzman-Castillo M, Bandosz P, Moreira P, McGill R, et al.
The Health equity and effectiveness of policy options to reduce dietary salt
intake in England: Policy forecast. PLoS One. 2015;10:e0127927.

37. Marklund M, Singh G, Greer R, Cudhea F, Matsushita K, Micha R et al. Estimated
population wide benefits and risks in China of lowering sodium through
potassium enriched salt substitution: Modelling study. BMJ. 2020;369. https://
doi.org/10.1136/bmj.m824.

38. Ni Mhurchu C, Eyles H, Genc M, Scarborough P, Rayner M, Mizdrak A, et al.
Effects of health-related food taxes and subsidies on mortality from diet-related
disease in New Zealand: An econometric-epidemiologic modelling study. PLoS
One. 2015;10:e0128477.

39. Cobiac LJ, Tam K, Veerman L, Blakely T. Taxes and subsidies for improving diet
and population health in Australia: a cost-effectiveness modelling study. PLOS
Med. 2017;14:e1002232.

40. Hendriksen MAH, van Raaij JMA, Geleijnse JM, Breda J, Boshuizen HC.
Health gain by salt reduction in Europe: a modelling study. PLoS One.
2015;10:e0118873.

41. Scarborough P, Nnoaham KE, Clarke D, Capewell S, Rayner M. Modelling the
impact of a healthy diet on cardiovascular disease and cancer mortality. J Epi-
demiol Community Health. 2012;66:420–6.

42. Blakely T, Cleghorn C, Mizdrak A, Waterlander W, Nghiem N, Swinburn B, et al.
The effect of food taxes and subsidies on population health and health costs: a
modelling study. Lancet Public Heal. 2020;5:e404–e413.

43. Caro JC, Smith-Taillie L, Ng SW, Popkin B. Designing a food tax to impact food-
related non-communicable diseases: the case of Chile. Food Policy.
2017;71:86–100.

44. Labonté M-E, Emrich TE, Scarborough P, Rayner M, L’Abbé MR. Traffic light
labelling could prevent mortality from noncommunicable diseases in Canada: A
scenario modelling study. PLoS One. 2019;14:e0226975.

M. Dötsch-Klerk et al.

423

European Journal of Clinical Nutrition (2023) 77:413 – 426

https://doi.org/10.1371/journal.pone.0118353
https://doi.org/10.1136/bmj.m824
https://doi.org/10.1136/bmj.m824


45. Fitzgerald S, Murphy A, Kirby A, Geaney F, Perry IJ. Cost-effectiveness of a
complex workplace dietary intervention: an economic evaluation of the Food
Choice at Work study. BMJ Open. 2018;8:e019182.

46. Saha S, Nordström J, Mattisson I, Nilsson PM, Gerdtham U-G. Modelling the
effect of compliance with Nordic nutrition recommendations on cardiovascular
disease and cancer mortality in the Nordic countries. Nutrients. 2019;11:1434.

47. Cobiac LJ, Scarborough P. Translating the WHO 25×25 goals into a UK context:
the PROMISE modelling study. BMJ Open. 2017;7:e012805.

48. Nghiem N, Blakely T, Cobiac LJ, Pearson AL, Wilson N. Health and economic
impacts of eight different dietary salt reduction interventions. PLoS One.
2015;10:e0123915.

49. Barton P, Andronis L, Briggs A, McPherson K, Capewell S. Effectiveness and cost
effectiveness of cardiovascular disease prevention in whole populations: mod-
elling study. BMJ. 2011;343:d4044.

50. Kontis V, Mathers CD, Rehm J, Stevens GA, Shield KD, Bonita R, et al. Con-
tribution of six risk factors to achieving the 25×25 non-communicable disease
mortality reduction target: a modelling study. Lancet. 2014;384:427–37.

51. Dodhia H, Phillips K, Zannou M-I, Airoldi M, Bevan G. Modelling the impact on
avoidable cardiovascular disease burden and costs of interventions to lower SBP
in the England population. J Hypertens. 2012;30:217–26.

52. Martikainen JA, Soini EJO, Laaksonen DE, Niskanen L. Health economic con-
sequences of reducing salt intake and replacing saturated fat with poly-
unsaturated fat in the adult Finnish population: estimates based on the FINRISK
and FINDIET studies. Eur J Clin Nutr. 2011;65:1148–55.

53. Cobiac LJ, Vos T, Veerman JL. Cost-effectiveness of interventions to reduce
dietary salt intake. Heart. 2010;96:1920–5.

54. Rubinstein A, Colantonio L, Bardach A, Caporale J, Martí SG, Kopitowski K, et al.
Estimation of the burden of cardiovascular disease attributable to modifiable
risk factors and cost-effectiveness analysis of preventative interventions to
reduce this burden in Argentina. BMC Public Health. 2010;10:627.

55. Palar K, Sturm R. Potential societal savings from reduced sodium consumption
in the U.S. adult population. Am J Heal Promot. 2009;24:49–57.

56. O’Keeffe C, Kabir Z, O’Flaherty M, Walton J, Capewell S, Perry IJ. Modelling the
impact of specific food policy options on coronary heart disease and stroke
deaths in Ireland. BMJ Open. 2013;3:e002837.

57. Coxson PG, Cook NR, Joffres M, Hong Y, Orenstein D, Schmidt SM, et al. Mortality
benefits from US population-wide reduction in sodium consumption: Projec-
tions from 3 modeling approaches. Hypertension. 2013;61:564–70.

58. Kypridemos C, Guzman-Castillo M, Hyseni L, Hickey GL, Bandosz P, Buchan I,
et al. Estimated reductions in cardiovascular and gastric cancer disease burden
through salt policies in England: an IMPACTNCD microsimulation study. BMJ
Open. 2017;7:e013791.

59. Basu S, Stuckler D, Vellakkal S, Ebrahim S. Dietary salt reduction and
cardiovascular disease rates in India: a mathematical model. PLoS One.
2012;7:e44037.

60. O´Flaherty M, Flores-Mateo G, Nnoaham K, Lloyd-Williams F, Capewell S.
Potential cardiovascular mortality reductions with stricter food policies in the
United Kingdom of Great Britain and Northern Ireland. Bull World Health Organ.
2012;90:522–31.

61. Hughes J, Kabir Z, Bennett K, Hotchkiss JW, Kee F, Leyland AH, et al. Modelling
future coronary heart disease mortality to 2030 in the British isles. PLoS One.
2015;10:e0138044.

62. Qin X, Jackson R, Marshall R, Lee L, Cao W, Zhan S, et al. Modelling the potential
impact of population-wide and targeted high-risk blood pressure-lowering
strategies on cardiovascular disease in China. Eur J Cardiovasc Prev Rehabil.
2009;16:96–101.

63. Dall TM, Fulgoni VL, Zhang Y, Reimers KJ, Packard PT, Astwood JD. Potential
health benefits and medical cost savings from calorie, sodium, and saturated fat
reductions in the American diet. Am J Heal Promot. 2009;23:412–22.

64. Erkoyun E, Sözmen K, Bennett K, Unal B, Boshuizen HC. Predicting the health
impact of lowering salt consumption in Turkey using the DYNAMO health
impact assessment tool. Public Health. 2016;140:228–34.

65. Pearson-Stuttard J, Kypridemos C, Collins B, Mozaffarian D, Huang Y, Bandosz P,
et al. Estimating the health and economic effects of the proposed US Food and
Drug Administration voluntary sodium reformulation: Microsimulation cost-
effectiveness analysis. PLOS Med. 2018;15:e1002551.

66. Bruins M, Dötsch-Klerk M, Matthee J, Kearney M, van Elk K, Weber P, et al. A
modelling approach to estimate the impact of sodium reduction in soups on
cardiovascular health in the Netherlands. Nutrients. 2015;7:8010–9.

67. Scarborough P, Allender S, Clarke D, Wickramasinghe K, Rayner M. Modelling
the health impact of environmentally sustainable dietary scenarios in the UK.
Eur J Clin Nutr. 2012;66:710–5.

68. Mason H, Shoaibi A, Ghandour R, O’Flaherty M, Capewell S, Khatib R, et al. A cost
effectiveness analysis of salt reduction policies to reduce coronary heart disease
in four eastern mediterranean countries. PLoS One. 2014;9:e84445.

69. Boshuizen HC, Lhachimi SK, van Baal PHM, Hoogenveen RT, Smit HA, Mack-
enbach JP, et al. The DYNAMO-HIA model: An efficient implementation of a risk
factor/chronic disease markov model for use in health impact assessment (HIA).
Demography. 2012;49:1259–83.

70. Haby MM, Vos T, Carter R, Moodie M, Markwick A, Magnus A, et al. A new
approach to assessing the health benefit from obesity interventions in children
and adolescents: The assessing cost-effectiveness in obesity project. Int J Obes.
2006;30:1463–75.

71. Ma Y, He FJ, Yin Y, Hashem KM, MacGregor GA. Gradual reduction of sugar in
soft drinks without substitution as a strategy to reduce overweight, obesity, and
type 2 diabetes: A modelling study. Lancet Diabetes Endocrinol. 2016;4:105–14.

72. Grummon AH, Smith NR, Golden SD, Frerichs L, Taillie LS, Brewer NT. Health
warnings on sugar-sweetened beverages: simulation of impacts on diet and
obesity among U.S. adults. Am J Prev Med. 2019;57:765–74.

73. Lee Y, Mozaffarian D, Sy S, Liu J, Wilde PE, Marklund M, et al. Health impact and
cost-effectiveness of volume, tiered, and absolute sugar content sugar-sweetened
beverage tax policies in the United States. Circulation. 2020;142:523–34.

74. Scheelbeek PFD, Cornelsen L, Marteau TM, Jebb SA, Smith RD Potential impact
on prevalence of obesity in the UK of a 20% price increase in high sugar snacks:
Modelling study. BMJ. 2019;366. https://doi.org/10.1136/bmj.l4786.

75. Basu S, Jacobs LM, Epel E, Schillinger D, Schmidt L. Cost-effectiveness of a
workplace ban on sugar-sweetened beverage sales: A microsimulation model.
Health Aff. 2020;39:1140–8.

76. Long MW, Polacsek M, Bruno P, Giles CM, Ward ZJ, Cradock AL, et al. Cost-
effectiveness analysis and stakeholder evaluation of 2 obesity prevention poli-
cies in Maine, US. J Nutr Educ Behav. 2019;51:1177–87.

77. Briggs ADM, Mytton OT, Kehlbacher A, Tiffin R, Elhussein A, Rayner M, et al.
Health impact assessment of the UK soft drinks industry levy: a comparative risk
assessment modelling study. Lancet Public Heal. 2017;2:e15–e22.

78. Ginsberg GM. Mortality, hospital days and treatment costs of current and
reduced sugar consumption in Israel. Isr J Health Policy Res. 2017;6:1.

79. Amies-Cull B, Briggs ADM, Scarborough P. Estimating the potential impact of the
UK government’s sugar reduction programme on child and adult health:
modelling study. BMJ. 2019. https://doi.org/10.1136/bmj.l1417

80. Meier T, Senftleben K, Deumelandt P, Christen O, Riedel K, Langer M. Healthcare
costs associated with an adequate intake of sugars, salt and saturated fat in
Germany: A health econometrical analysis. PLoS One. 2015;10:e0135990.

81. Salgado MV, Penko J, Fernandez A, Konfino J, Coxson PG, Bibbins-Domingo K,
et al. Projected impact of a reduction in sugar-sweetened beverage consump-
tion on diabetes and cardiovascular disease in Argentina: a modeling study.
PLOS Med. 2020;17:e1003224.

82. Zheng M, Rangan A, Huang R-C, Beilin LJ, Mori TA, Oddy WH, et al. Modelling the
effects of beverage substitution during adolescence on later obesity outcomes
in early adulthood: Results from the Raine study. Nutrients. 2019;11:2928.

83. Hendriksen MA, Tijhuis MJ, Fransen HP, Verhagen H, Hoekstra J. Impact of
substituting added sugar in carbonated soft drinks by intense sweeteners in
young adults in the Netherlands: example of a benefit-risk approach. Eur J Nutr.
2011;50:41–51.

84. Finkelstein EA, Zhen C, Nonnemaker J, Todd JE. Impact of targeted beverage
taxes on higher- and lower-income households. Arch Intern Med.
2010;170:2028–34.

85. Finkelstein EA, Zhen C, Bilger M, Nonnemaker J, Farooqui AM, Todd JE. Impli-
cations of a sugar-sweetened beverage (SSB) tax when substitutions to non-
beverage items are considered. J Health Econ. 2013;32:219–39.

86. Fletcher JM, Frisvold D, Tefft N. Taxing soft drinks and restricting access to
vending machines to curb child obesity. Health Aff. 2010;29:1059–66.

87. Lin BH, Smith TA, Lee JY, Hall KD. Measuring weight outcomes for obesity
intervention strategies: The case of a sugar-sweetened beverage tax. Econ Hum
Biol. 2011;9:329–41.

88. Ruff RR, Zhen C. Estimating the effects of a calorie-based sugar-sweetened
beverage tax on weight and obesity in New York City adults using dynamic loss
models. Ann Epidemiol. 2015;25:350–7.

89. Barrientos-Gutierrez T, Zepeda-Tello R, Rodrigues ER, Colchero-Aragonés A,
Rojas-Martínez R, Lazcano-Ponce E, et al. Expected population weight and
diabetes impact of the 1-peso-per-litre tax to sugar sweetened beverages in
Mexico. PLoS One. 2017;12:e0176336.

90. Bourke EJ, Veerman JL. The potential impact of taxing sugar drinks on health
inequality in Indonesia. BMJ Glob Heal. 2018;3:e000923.

91. Goiana-da-Silva F, Severo M, Cruz e Silva D, Gregório MJ, Allen LN, Muc M.
et al. Projected impact of the Portuguese sugar-sweetened beverage tax on
obesity incidence across different age groups: A modelling study. PLOS Med.
2020;17:e1003036

92. Nomaguchi T, Cunich M, Zapata-Diomedi B, Veerman JL. The impact on pro-
ductivity of a hypothetical tax on sugar-sweetened beverages. Health Policy (N.
Y). 2017;121:715–25.

M. Dötsch-Klerk et al.

424

European Journal of Clinical Nutrition (2023) 77:413 – 426

https://doi.org/10.1136/bmj.l4786
https://doi.org/10.1136/bmj.l1417


93. O’Neill KN, Fitzgerald AP, Kearney PM. Impact of population distribution shifts in
sugar-sweetened beverage consumption on type II diabetes incidence in Ire-
land. Ann Epidemiol. 2020;41:1–6.

94. Schwendicke F, Stolpe M. Taxing sugar-sweetened beverages: Impact on
overweight and obesity in Germany. BMC Public Health. 2017;17:88.

95. Vecino-Ortiz AI, Arroyo-Ariza D. A tax on sugar sweetened beverages in
Colombia: estimating the impact on overweight and obesity prevalence across
socio economic levels. Soc Sci Med. 2018;209:111–6.

96. Briggs ADM, Mytton OT, Kehlbacher A, Tiffin R, Rayner M, Scarborough P. Overall
and income specific effect on prevalence of overweight and obesity of 20%
sugar sweetened drink tax in UK: Econometric and comparative risk assessment
modelling study. BMJ. 2013;347. https://doi.org/10.1136/bmj.f6189.

97. Briggs ADM, Mytton OT, Madden D, O’Shea D, Rayner M, Scarborough P. The
potential impact on obesity of a 10% tax on sugar-sweetened beverages in
Ireland, an effect assessment modelling study. BMC Public Health 2013;13.
https://doi.org/10.1186/1471-2458-13-860.

98. Dharmasena S, Capps O Jr. Intended and unintended consequences of a pro-
posed national tax on sugar-sweetened beverages to combat the U.S. obesity
problem. Health Econ. 2012;21:669–94.

99. Manyema M, Veerman LJ, Tugendhaft A, Labadarios D, Hofman KJ. Modelling
the potential impact of a sugar-sweetened beverage tax on stroke mortality,
costs and health-adjusted life years in South Africa. BMC Public Health.
2016;16:405.

100. Veerman JL, Sacks G, Antonopoulos N, Martin J. The impact of a tax on sugar-
sweetened beverages on health and health care costs: a modelling study. PLoS
One. 2016;11:e0151460.

101. Pearson-Stuttard J, Bandosz P, Rehm CD, Penalvo J, Whitsel L, Gaziano T,
et al. Reducing US cardiovascular disease burden and disparities through
national and targeted dietary policies: A modelling study. PLoS Med.
2017;14:e1002311.

102. Wang YC, Coxson P, Shen YM, Goldman L, Bibbins-Domingo K. A penny-per-
ounce tax on sugar-sweetened beverages would cut health and cost burdens of
diabetes. Health Aff. 2012;31:199–207.

103. Cobiac LJ, Scarborough P, Kaur A, Rayner M. The Eatwell guide: modelling the
health implications of incorporating new sugar and fibre guidelines. PLoS One.
2016;11:e0167859.

104. Basto-Abreu A, Barrientos-Gutiérrez T, Vidaña-Pérez D, Colchero MA, Hernández-
F M, Hernández-ávila M, et al. Cost-effectiveness of the sugar-sweetened bev-
erage excise tax in mexico. Health Aff. 2019;38:1824–31.

105. Kao KE, Jones AC, Ohinmaa A, Paulden M. The health and financial impacts of a
sugary drink tax across different income groups in Canada. Econ Hum Biol.
2020;38:100869.

106. Wilde P, Huang Y, Sy S, Abrahams-Gessel S, Jardim TV, Paarlberg R, et al. Cost-
effectiveness of a US national sugar-sweetened beverage tax with a multi-
stakeholder approach: Who pays and who benefits. Am J Public Health.
2019;109:276–84.

107. Lal A, Mantilla-Herrera AM, Veerman L, Backholer K, Sacks G, Moodie M, et al.
Modelled health benefits of a sugar-sweetened beverage tax across different
socioeconomic groups in Australia: A cost-effectiveness and equity analysis.
PLOS Med. 2017;14:e1002326.

108. Mekonnen TA, Odden MC, Coxson PG, Guzman D, Lightwood J, Wang YC
et al. Health benefits of reducing sugar-sweetened beverage intake in
high risk populations of California: Results from the Cardiovascular Disease
(CVD) policy model. PLoS One 2013;8. https://doi.org/10.1371/
journal.pone.0081723.

109. Gortmaker SL, Long MW, Resch SC, Ward ZJ, Cradock AL, Barrett JL, et al. Cost
effectiveness of childhood obesity interventions: evidence and methods for
CHOICES. Am J Prev Med. 2015;49:102–11.

110. Long MW, Gortmaker SL, Ward ZJ, Resch SC, Moodie ML, Sacks G, et al. Cost
effectiveness of a sugar-sweetened beverage excise tax in the U.S. Am J Prev
Med. 2015;49:112–23.

111. Sánchez-Romero LM, Penko J, Coxson PG, Fernández A, Mason A, Moran AE,
et al. Projected impact of Mexico’s sugar-sweetened beverage tax policy on
diabetes and cardiovascular disease: A modeling study. PLOS Med.
2016;13:e1002158.

112. Basu S, Vellakkal S, Agrawal S, Stuckler D, Popkin B, Ebrahim S Averting obesity
and type 2 diabetes in India through sugar-sweetened beverage taxation: An
economic-epidemiologic modeling study. PLoS Med 2014;11. https://doi.org/
10.1371/journal.pmed.1001582.

113. Basu S, Lewis K. Reducing added sugars in the food supply through a cap-and-
trade approach. Am J Public Health. 2014;104:2432–8.

114. Sowa PM, Keller E, Stormon N, Lalloo R, Ford PJ. The impact of a sugar-
sweetened beverages tax on oral health and costs of dental care in Australia.
Eur J Public Health. 2019;29:173–7.

115. Urwannachotima N, Hanvoravongchai P, Ansah JP, Prasertsom P, Koh VRY.
Impact of sugar-sweetened beverage tax on dental caries: A simulation analysis.
BMC Oral Health. 2020;20:76.

116. Manyema M, Veerman JL, Chola L, Tugendhaft A, Labadarios D, Hofman K.
Decreasing the burden of type 2 diabetes in South Africa: The impact of taxing
sugar-sweetened beverages. PLoS One. 2015;10. https://doi.org/10.1371/
journal.pone.0143050.

117. Härkänen T, Kotakorpi K, Pietinen P, Pirttilä J, Reinivuo H, Suoniemi I. The welfare
effects of health-based food tax policy. Food Policy. 2014;49:196–206.

118. Gustavsen GW, Rickertsen K. Adjusting VAT rates to promote healthier diets in
Norway: a censored quantile regression approach. Food Policy. 2013;42:88–95.

119. Lal A, Peeters A, Brown V, Nguyen P, Ngoc H, Tran Q, et al. The modelled
population obesity-related health benefits of reducing consumption of discre-
tionary foods in Australia. Nutrients. 2020;12:649.

120. Crino M, Maria Mantilla Herrera A, Ananthapavan J, Y Wu JH, Neal B, Yi Lee Y,
et al. Modelled cost-effectiveness of a package size cap and a kilojoule reduc-
tion intervention to reduce energy intake from sugar-sweetened beverages in
Australia. Nutrients. 2017;9:983.

121. Peñalvo JL, Cudhea F, Micha R, Rehm CD, Afshin A, Whitsel L, et al. The potential
impact of food taxes and subsidies on cardiovascular disease and diabetes
burden and disparities in the United States. BMC Med. 2017;15:208.

122. Jevdjevic M, Trescher AL, Rovers M, Listl S. The caries-related cost and effects of
a tax on sugar-sweetened beverages. Public Health. 2019;169:125–32.

123. Cleghorn C, Blakely T, Mhurchu CN, Wilson N, Neal B, Eyles H. Estimating the
health benefits and cost-savings of a cap on the size of single serve sugar-
sweetened beverages. Prev Med (Balt). 2019;120:150–6.

124. Lee BY, Ferguson MC, Hertenstein DL, Adam A, Zenkov E, Wang PI, et al.
Simulating the impact of sugar-sweetened beverage warning labels in three
cities. Am J Prev Med. 2018;54:197–204.

125. Briggs AD, Kehlbacher A, Tiffin R, Scarborough P. Simulating the impact on
health of internalising the cost of carbon in food prices combined with a tax on
sugar-sweetened beverages. BMC Public Health. 2016;16:107.

126. Summan A, Stacey N, Birckmayer J, Blecher E, Chaloupka FJ, Laxminarayan R.
The potential global gains in health and revenue from increased taxation of
tobacco, alcohol and sugar-sweetened beverages: a modelling analysis. BMJ
Glob Heal. 2020;5:2143.

127. Manyema M, Veerman LJ, Chola L, Tugendhaft A, Sartorius B, Labadarios D et al.
The potential impact of a 20% tax on sugar-sweetened beverages on obesity in
South African adults: a mathematical model. PLoS One. 2014;9. https://doi.org/
10.1371/journal.pone.0105287.

128. Huang Y, Kypridemos C, Liu J, Lee Y, Pearson-Stuttard J, Collins B, et al. Cost-
effectiveness of the US Food and Drug Administration added sugar labeling
policy for improving diet and health. Circulation 2019;139:2613–24.

129. Huse O, Ananthapavan J, Sacks G, Cameron AJ, Zorbas C, Peeters A, et al. The
potential cost-effectiveness of mandatory restrictions on price promotions for
sugar-sweetened beverages in Australia. Int J Obes. 2020;44:1011–20.

130. Sandmann A, Amling M, Barvencik F, König H-H, Bleibler F. Economic evaluation
of vitamin D and calcium food fortification for fracture prevention in Germany.
Public Health Nutr. 2017;20:1874–83.

131. Ethgen O, Hiligsmann M, Burlet N, Reginster J-Y. Cost-effectiveness of perso-
nalized supplementation with vitamin D-rich dairy products in the prevention of
osteoporotic fractures. Osteoporos Int. 2016;27:301–8.

132. Hiligsmann M, Ben Sedrine W, Bruyere O, Evers SM, Rabenda V, Reginster J-Y.
Cost-effectiveness of vitamin D and calcium supplementation in the treatment of
elderly women and men with osteoporosis. Eur J Public Health. 2015;25:20–25.

133. Hiligsmann M, Reginster J-Y. The projected public health and economic impact
of vitamin D fortified dairy products for fracture prevention in France. Expert
Rev Pharmacoecon Outcomes Res. 2018;18:191–5.

134. Rabovskaja V, Parkinson B, Goodall S. The cost-effectiveness of mandatory folic
acid fortification in Australia. J Nutr. 2013;143:59–66.

135. Jentink J, van de Vrie-Hoekstra NW, de Jong-van den Berg LTW, Postma MJ.
Economic evaluation of folic acid food fortification in The Netherlands. Eur J
Public Health. 2008;18:270–4.

136. Hoekstra J, Verkaik-Kloosterman J, Rompelberg C, van Kranen H, Zeilmaker M,
Verhagen H, et al. Integrated risk–benefit analyses: Method development with
folic acid as example. Food Chem Toxicol. 2008;46:893–909.

137. Llanos A, Hertrampf E, Cortes F, Pardo A, Grosse SD, Uauy R. Cost-effectiveness of a
folic acid fortification program in Chile. Health Policy (N. Y). 2007;83:295–303.

138. Bentley TGK, Weinstein MC, Willett WC, Kuntz KM. A cost-effectiveness ana-
lysis of folic acid fortification policy in the United States. Public Health Nutr.
2009;12:455.

139. Saing S, Haywood P, van der Linden N, Manipis K, Meshcheriakova E, Goodall S.
Real-world cost effectiveness of mandatory folic acid fortification of bread-
making flour in Australia. Appl Health Econ Health Policy. 2019;17:243–54.

M. Dötsch-Klerk et al.

425

European Journal of Clinical Nutrition (2023) 77:413 – 426

https://doi.org/10.1136/bmj.f6189
https://doi.org/10.1186/1471-2458-13-860
https://doi.org/10.1371/journal.pone.0081723
https://doi.org/10.1371/journal.pone.0081723
https://doi.org/10.1371/journal.pmed.1001582
https://doi.org/10.1371/journal.pmed.1001582
https://doi.org/10.1371/journal.pone.0143050
https://doi.org/10.1371/journal.pone.0143050
https://doi.org/10.1371/journal.pone.0105287
https://doi.org/10.1371/journal.pone.0105287


140. Plessow R, Arora NK, Brunner B, Wieser S. Cost-effectiveness of price subsidies
on fortified packaged infant cereals in reducing iron deficiency anemia in 6-23-
month-old-children in urban India. PLoS One. 2016;11:e0152800.

141. Sharieff W, Zlotkin SH, Ungar WJ, Feldman B, Krahn MD, Tomlinson G. Eco-
nomics of preventing premature mortality and impaired cognitive development
in children through home-fortification: A health policy perspective. Int J Technol
Assess Health Care. 2008;24:303–11.

142. Fiedler JL, Lividini K, Kabaghe G, Zulu R, Tehinse J, Bermudez OI, et al. Assessing
Zambia’s industrial fortification options: Getting beyond changes in prevalence
and cost-effectiveness. Food Nutr Bull. 2013;34:501–19.

143. Dalziel K, Segal L, Katz R. Cost-effectiveness of mandatory folate fortification v.
other options for the prevention of neural tube defects: results from Australia
and New Zealand. Public Health Nutr. 2010;13:566.

144. Kancherla V, Redpath B, Oakley GP. Reductions in child mortality by pre-
venting spina bifida and anencephaly: Implications in achieving Target 3.2 of
the Sustainable Development Goals in developing countries. Birth Defects Res.
2019;111:958–66.

145. Hoddinott J. The investment case for folic acid fortification in developing
countries. Ann N. Y Acad Sci. 2018;1414:72–81.

146. Hiligsmann M, Ethgen O, Bruyère O, Richy F, Gathon H-J, Reginster J-Y. Devel-
opment and validation of a markov microsimulation model for the economic
evaluation of treatments in osteoporosis. Value Heal. 2009;12:687–96.

147. Plessow R, Arora NK, Brunner B, Tzogiou C, Eichler K, Brügger U, et al. Social
costs of iron deficiency anemia in 6–59-month-old children in India. PLoS One.
2015;10:e0136581.

148. Unal B, Capewell S, Critchley JA. Coronary heart disease policy models: a sys-
tematic review. BMC Public Health. 2006;6:213.

149. Grieger JA, Johnson BJ, Wycherley TP, Golley RK. Evaluation of simulation
models that estimate the effect of dietary strategies on nutritional intake: A
systematic review. J Nutr. 2017;147:908–31.

150. Husereau D, Drummond M, Petrou S, Carswell C, Moher D, Greenberg D, et al.
Consolidated Health Economic Evaluation Reporting Standards (CHEERS)
statement. BJOG Int J Obstet Gynaecol. 2013;120:765–70.

151. Fattore G, Federici C, Drummond M, Mazzocchi M, Detzel P, Hutton ZV, et al.
Economic evaluation of nutrition interventions: Does one size fit all? Health
Policy (N. Y). 2021;125:1238–46.

152. Walker S, Griffin S, Asaria M. Striving for a societal perspective: a framework for
economic evaluations when costs and effects fall on multiple sectors and
decision makers. Appl Health Econ Health Policy. 2019;17:577–90.

ACKNOWLEDGEMENTS
The authors would like to thank the participants of the ILSI Europe workshop on
‘Identifying Preferred Approaches for Quantifying the Health and Economic Impact of
Modifying Nutrient Intakes’ held in Brussels, Belgium, 6–7 April 2017. This work was
conducted by an expert group of the European branch of the International Life
Sciences Institute (ILSI Europe). The expert group was appointed by the ILSI Europe
Functional Foods Task Force. Industry members of this task force are listed on the ILSI
Europe website at http://ilsi.eu/task-forces/nutrition/functional-foods/. Experts are
not paid for the time spent on this work; however, the non-industry members within
the expert group received a small compensatory sum (honoraria) and travel support
from the Functional Foods Task Force to attend meetings to discuss the review. The
expert group carried out the work, i.e. collecting/analysing data/information and
writing the scientific paper separate to other activities of the task force. The research

reported is the result of a scientific evaluation in line with ILSI Europe’s framework to
provide a precompetitive setting for public-private partnership (PPP). For further
information about ILSI Europe, please email info@ilsieurope.be or call +32 2 771 00
14. The opinions expressed herein and the conclusions of this publication are those
of the authors and do not represent the views of ILSI Europe nor those of its member
companies. ILSI Europe facilitated scientific meetings and coordinated the overall
project management and administrative tasks relating to the completion of this work.

AUTHOR CONTRIBUTIONS
The authors’ responsibilities were as follows: All authors contributed to the
conception and design of the systematic review, selection of included studies,
extraction of the data, study evaluation and drafting of sections of the manuscript.
MD-K was responsible for final editing of the manuscript. All authors reviewed and
approved the final manuscript.

COMPETING INTERESTS
MD-K, MB and PD work full time for Unilever, DSM, and Novartis, respectively. JM is a
founding partner of ESiOR Oy and a board member of Siltana Oy. These companies
were not involved in carrying out this research. AJCR, AGP, and RN-U declare no
conflict of interest. Their travelling and accommodation expenses were covered by
ILSI Europe.

ADDITIONAL INFORMATION
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1038/s41430-022-01199-y.

Correspondence and requests for materials should be addressed to Mariska Dötsch-
Klerk.

Reprints and permission information is available at http://www.nature.com/
reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims
in published maps and institutional affiliations.

Open Access This article is licensed under a Creative Commons
Attribution 4.0 International License, which permits use, sharing,

adaptation, distribution and reproduction in anymedium or format, as long as you give
appropriate credit to the original author(s) and the source, provide a link to the Creative
Commons license, and indicate if changes were made. The images or other third party
material in this article are included in the article’s Creative Commons license, unless
indicated otherwise in a credit line to the material. If material is not included in the
article’s Creative Commons license and your intended use is not permitted by statutory
regulation or exceeds the permitted use, you will need to obtain permission directly
from the copyright holder. To view a copy of this license, visit http://
creativecommons.org/licenses/by/4.0/.

© The Author(s) 2022

M. Dötsch-Klerk et al.

426

European Journal of Clinical Nutrition (2023) 77:413 – 426

http://ilsi.eu/task-forces/nutrition/functional-foods/
https://doi.org/10.1038/s41430-022-01199-y
http://www.nature.com/reprints
http://www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/

	Modelling health and economic impact of nutrition interventions: a systematic review
	Introduction
	Methods
	Literature search strategy
	Eligibility criteria
	Study description and evaluation criteria

	Results
	Study selection
	I. Studies modelling health and economic impact of salt reduction interventions
	Intervention scenarios modelled
	Applied modelling approaches
	Outcome focus
	Quality of input data
	Robustness
	Transparency
	Sensitivity analyses
	Data needs
	Accessibility
	Source of funding
	Conflict of Interest
	II. Studies modelling health and economic impact of sugar reduction interventions
	Intervention scenarios modelled
	Outcome focus
	Applied modelling approaches
	Quality of data input
	Robustness
	Transparency
	Sensitivity analyses
	Data needs
	Accessibility
	Source of funding
	Conflict of interest
	III. Studies modelling of health and economic impact of vitamin D, folic acid, and iron interventions
	Intervention scenarios modelled, outcome focus, and applied modelling approaches
	Vitamin D
	Folic acid
	Iron
	Quality of data input
	Vitamin D
	Folic acid
	Iron
	Robustness
	Vitamin D
	Folic acid
	Iron
	Transparency
	Sensitivity analyses
	Data needs
	Accessibility
	Source of funding and conflict of interest


	Discussion
	Conclusions
	References
	Acknowledgements
	Author contributions
	COMPETING INTERESTS
	ADDITIONAL INFORMATION




