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Association between the epigenetic lifespan predictor GrimAge
and history of suicide attempt in bipolar disorder
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Bipolar disorder (BD) has been previously associated with premature mortality and aging, including acceleration of epigenetic
aging. Suicide attempts (SA) are greatly elevated in BD and are associated with decreased lifespan, biological aging, and poorer
clinical outcomes. We investigated the relationship between GrimAge, an epigenetic clock trained on time-to-death and associated
with mortality and lifespan, and SA in two independent cohorts of BD individuals (discovery cohort - controls (n= 50), BD
individuals with (n= 77, BD/SA) and without (n= 67, BD/non-SA) lifetime history of SA; replication cohort - BD/SA (n= 48) and BD/
non-SA (n= 47)). An acceleration index for the GrimAge clock (GrimAgeAccel) was computed from blood DNA methylation (DNAm)
and compared between groups with multiple general linear models. Differences in epigenetic aging from the discovery cohort
were validated in the independent replication cohort. In the discovery cohort, controls, BD/non-SA, and BD/SA significantly differed
on GrimAgeAccel (F= 5.424, p= 0.005), with the highest GrimAgeAccel in BD/SA (p= 0.004, BD/SA vs. controls). Within the BD
individuals, BD/non-SA and BD/SA differed on GrimAgeAccel in both cohorts (p= 0.008) after covariate adjustment. Finally, DNAm-
based surrogates revealed possible involvement of plasminogen activator inhibitor 1, leptin, and smoking pack-years in driving
accelerated epigenetic aging. These findings pair with existing evidence that not only BD, but also SA, may be associated with an
accelerated biological aging and provide putative biological mechanisms for morbidity and premature mortality in this population.
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INTRODUCTION
Bipolar disorder (BD) is a severe and chronic psychiatric disorder
with an estimated global prevalence of at least 1% [1, 2]. Aside
from significant functional impairments in daily life [3], BD is
associated with premature mortality likely due to comorbid
medical conditions including cardiovascular diseases, diabetes
mellitus, obesity, endocrine and thyroid diseases [4], and suicide
[5]. On average, the lifespan of individuals with BD is 9–17 years
shorter than that of the general population [6, 7]. The suicide rate
for BD is 10–30 times higher than the general population, with
20–60% of these individuals attempting suicide at least once in
their lifetime [8]. Additionally, suicide attempt (SA) is associated
with decreased lifespan, which is accounted for by, besides an
increased risk of suicide, comorbid medical conditions [9].
Emerging biomarkers of aging have begun to clarify the observed

shortened lifespan in BD and, to a lesser extent, SA. Telomere length

has been repeatedly shown to be reduced in the context of BD [10],
with evidence of further shortening associated with a high number
of previous SA [11] and suicidal ideation in patients [12]. DNA
methylation (DNAm) varies with age across the lifespan (both
globally and locally), involves both genetic and environmental
contributions, and can reversibly modulate gene expression [13].
For these reasons, it is an appealing measure from which to derive
estimates of aging more closely tied to biological development [14],
contrary to the weaker predictor, time-since-birth [15]. Epigenetic
clocks, which estimate age from DNAm patterns, offer biologically-
derived age estimates which can be directly compared to
chronological age to determine acceleration or deceleration of
biological aging [16]. These clocks have traditionally been trained
on chronological age data [17, 18] and have been associated with
various neurodegenerative and psychiatric diseases [19, 20],
including BD [21, 22]. As chronological age is not perfectly
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synonymous with lifespan, novel epigenetic clocks specifically
trained on phenotypical age and lifespan data are beginning to
emerge. GrimAge, a clock estimated with DNAm-based predictors
of plasma proteins and a DNAm-based smoking pack-years
estimate, was specifically trained on time-to-death and has
outperformed others when predicting all-cause mortality [23].
GrimAgeAccel, a measure derived from the regression of DNAm-
based age on chronological age, provides information on
accelerated (positive) or decelerated (negative) epigenetic aging
(EA). Of note, positive GrimAgeAccel has been associated with
deficits in neurocognitive and neurostructural outcomes, such as
lower cognitive ability and vascular brain lesions [24].
Although investigations of EA using first-generation clocks have

revealed accelerated aging in BD [21, 22], the mortality-associated
GrimAgeAccel has only recently focused on BD, with work by our
group identifying higher GrimAgeAccel in BD as well as its
relationship with cognitive impairment in patients [25]. Given the
evidence that suicidal behavior, aside from the heightened
mortality associated with suicide, also associates with premature
mortality for natural causes [9], EA may be a plausible biological
candidate for this risk elevation. Accelerated aging studies in
suicidal behavior have documented acceleration across measures
[11, 26], but the only study that investigated GrimAgeAccel in the
context of suicide, comparing groups of high and low lethality SA,
found no significant difference [27].
No study has considered GrimAgeAccel in BD or a matched-

diagnosis reference group with and without SA, in contrast to
existing studies focusing on telomere length [11, 12]. This
consideration is critical to not only advance the understanding
of suicide within BD specifically, but to clarify whether EA
associated with SA is specific to SA vs. BD diagnosis. Furthermore,
studying SA within BD allows for rigorous insights to uniquely
associated biological mechanisms, as reference groups in previous
studies have often been non-psychiatric controls. In this study, we
investigated whether GrimAgeAccel differentiates individuals with
BD and a history of SA (BD/SA) from those with BD and no history
of SA (BD/non-SA). We leverage a richly phenotyped discovery
cohort with an independent replication cohort to test whether
GrimAgeAccel is especially pronounced in BD/SA.

MATERIALS AND METHODS
Discovery cohort
Sample recruitment for this study has been recently described [25]. Briefly,
144 BD (124 BD-I/20 BD-II) individuals were recruited alongside 50 non-
psychiatric controls (CON) matched for age, sex, and race/ethnicity at the
Center of Excellence in Mood Disorders, Houston, TX. BD diagnosis and
features of illness severity (substance use comorbidity, total number of
comorbidities, total number of psychiatric hospitalizations, age of onset of
mood disorder, length of illness) were ascertained in the Structured Clinical
Interview for DSM-IV Axis I Disorders (SCID-I), and a standardized method
was used to collect demographic information. Young Mania Rating Scale
(YMRS) [28] and Montgomery-Åsberg Depression Rating Scale (MADRS) [29]
were administered. The criterion for suicidality was one ormore documented
actual, aborted, and interrupted SA assessed by the Columbia Suicide History
Form (CSHF) [30] yielding subgroups of BD/SA (n= 67) and BD/non-SA
(n= 77). Exclusion criteria included other medical conditions such as
neurological disorders, traumatic brain injury, current pregnancy, schizo-
phrenia, developmental disorders, eating disorders, and intellectual dis-
ability. CON (n= 50) had neither history of any Axis I disorder in first-degree
relatives nor prescribed psychotropic medication. Clinical interviews were
administered by trained evaluators and reviewed by a board-certified
psychiatrist. All participants completed a urine drug screen to exclude
current illegal drug use. Informed consent was obtained from all participants
at enrollment and prior to any procedure, and the protocol for the study was
approved by the local institutional review board (IRB, HSC-MS-09-0340).

Replication cohort
Subjects were recruited through the Iowa Neuroscience Institute Bipolar
Disorder Research Program of Excellence (BD-RPOE), approved by the IRB

of the University of Iowa (IRB#201708703) [31–37]. Participants between 18
and 70 years with the ability to consent and a confirmed DSM-IV diagnosis
of BD-I were recruited. History of actual SA and number of lifetime
attempts were recorded with the Columbia Suicide Severity Rating
Scale [38], a rating scale which definitions of suicide behavior were based
in the CSHF used in the discovery cohort. Illness severity features were
ascertained with a standardized method to collect demographic informa-
tion and the Mini-International Neuropsychiatric Interview [39]. YMRS [28]
and MADRS [29] were administered. Exclusion criteria included a history of
loss of consciousness for more than 10min, seizure disorder, brain damage
or other neurological problems, coronary or cerebral artery disease, alcohol
or drug dependence within the past 3 months, current pregnancy, or
contraindication for magnetic resonance imaging. The final replication
cohort included 48 BD/SA and 47 BD/non-SA and did not include CON.

DNA extraction
Blood was collected by venipuncture in EDTA-containing vacutainers and
stored at −80 °C. In the discovery cohort, buffy coat from fasting
participants was isolated before storage, followed by DNA isolation with
the DNeasy Blood & Tissue Mini Kit (Qiagen, Hilden, Germany) and
quantification on NanoDrop (Thermo, Waltham, MA, USA). In the
replication cohort, 1 mL of whole blood per sample from non-fasting
participants was used with the Puregene Blood Kit with RNase A solution
(Qiagen). Elution Buffer CDB-02 (Kurabo Industries Ltd, Osaka, Japan) was
used instead of DNA Hydration Solution.

Methylation assay
Five hundred nanograms of DNA were bisulfite-converted with the EZ DNA
Methylation Kit (Zymo Research, Irvine, CA, USA) and interrogated for
genome-wide DNAm on the Infinium EPICMethylation BeadChip (Illumina,
San Diego, CA, USA). Poor quality probes with detection p values < 0.01
were excluded using minfi [40]. From the DNAm data, estimates of white
blood cell count proportions (CD8+ T-lymphocytes (CD8T), CD4+ T-
lymphocytes (CD4T), monocytes (Mono), granulocytes (Gran), natural killer
cells (NK), and B-lymphocytes (B cell)) using the Houseman procedure [41]
and smoking scores using EpiSmokEr [42, 43] were retrieved. DNAm-based
calculations of GrimAge and its components (i.e., DNAm surrogate markers
of the plasma levels of plasminogen activation inhibitor 1 (DNAmPAI-1),
growth differentiation factor 15 (DNAmGDF-15), leptin (DNAmLeptin),
tissue inhibitor metalloproteinases 1 (DNAmTIMP1), cystatin C (DNAmCys-
tatinC), adrenomedullin (DNAmADM), beta-2-microglobulin (DNAmB2M),
and smoking pack-years (DNAmPACKYRS)) were performed using the New
DNA Methylation Age Calculator (https://dnamage.genetics.ucla.edu/). The
DNAm surrogates of these markers are denoted by the prefix “DNAm” to
specify that they do not represent the DNA methylation of their coding
genes, but rather a composite made of multiple CpG sites predicting their
blood levels [44]. GrimAgeAccel and age-adjusted values for all GrimAge
components were calculated by regressing the predicted epigenetic
markers on chronological age and using their residuals as an acceleration
index for GrimAge and age-adjusted surrogate markers, respectively.
Positive and negative GrimAgeAccel values represent acceleration and
deceleration of GrimAge, respectively, and will be analyzed as a continuous
variable to allow for subtle differences to be detected within groups.

Genotyping
Samples from the discovery cohort were genotyped on the Infinium Global
Screening Array-24 (Illumina). Principal components (PC) analysis was
performed, and the first three PCs were retained for use as covariates of
genomic ancestry (as continuous variables).

Statistical analyses
All variables included as outcomes in analyses were examined for
normality with the Shapiro–Wilk test and, if necessary, log-normalized.
For covariate analyses, genomic data were not available for the replication
cohort. Instead, self-reported race (as a categorical variable) was used as a
substitute covariate for PCs.
In both cohorts, the association between GrimAge and chronological

age was assessed within each group using Spearman’s correlation test
(Figs. 1A, B and S1). For demographic (Table 1) and clinical (Table S1)
variables, Wilcoxon rank sum test with continuity correction, independent
samples t-test, one-way analysis of variance (ANOVA), and Kruskal-Wallis
tests were applied to reveal between-group differences. A comparison of
the two cohorts was conducted with Fisher’s Exact Test and Welch Two
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Sample t-test/Wilcoxon (Table S2). Analysis of covariance (ANCOVA) models
were tested in the discovery cohort to predict GrimAgeAccel (as a
continuous variable) from group (Table 2). In Model 1, covariates included
age, sex, years of education, and GWAS PCs (or self-reported race/ethnicity in
the replication cohort). In Model 2, covariates were age, sex, years of
education, GWAS PCs, and body mass index (BMI). In Model 3, covariates
were age, sex, years of education, GWAS PCs, BMI, andwhite blood cell count
proportions. In Model 4, covariates were age, sex, years of education, GWAS
PCs, BMI, white blood cell count proportions, and smoking score. Finally,
given our previous results on the strong association between GrimAgeAccel
and smoking in individuals with BD [25], we decided to include a model
specifically controlling for smoking score as a sensitivity analysis (in the
absence of other potential confounders, Model 5). p values < 0.01 were
considered statistically significant after Bonferroni correction for multiple
testing. Also in the discovery cohort, twomodels were tested to predict each
DNAm-based, normalized, GrimAge subcomponent per group (Table S3).
Model 6 was an ANOVA and in Model 7 (ANCOVA), age, sex, GWAS PCs, and
years of education were included as covariates. This set of analyses was not
repeated in the replication cohort due to the lack of a control group.
In both the discovery and the replication cohort, these models were

tested to predict each DNAm-based, age-adjusted GrimAge subcompo-
nent per group (BD/non-SA, BD/SA) (Table 3). Model 6 was repeated with
Welch’s independent samples t-test to compare the two groups. Finally, to
investigate the potential mechanisms for elevated GrimAgeAccel in BD/SA
compared to BD/non-SA, we tested six dichotomic logistic regression
models to predict GrimAgeAccel in each cohort, including variables related
to clinical variables as covariates (Table 4). As outcome in the analyses,
data were divided by percentile of GrimAgeAccel into two groups (high
and low GrimAgeAccel). Covariates included length of illness (in years),
total number of psychiatric comorbidities, substance use comorbidity, age
of onset of mood disorder, current lithium use (yes/no), and prescribed
medication use (yes/no). All analyses were performed in R 4.1.1 [45], using
ggplot2 [46], tidyr [47], dplyr [48],magrittr [49], and ggpubr [50] packages, as
well as SPSS 28 [51].

RESULTS
Demographic comparisons
In the discovery cohort (mean age of 36.9 years), BD and CON
groups did not significantly differ in chronological age, sex, BMI,
and race/ethnicity (Table 1). Their years of education and smoking
scores were significantly different, with the BD/SA group having
more years of education and higher smoking scores than BD/non-
SA and CON (p= 0.005 and p= 0.0001, respectively). Of note, the
reliability of the smoking scores in predicting current self-reported
smoking status was confirmed in both cohorts (Fig. S5). Age, sex,
BMI, race/ethnicity, and years of education were not significantly
different between groups in the replication cohort (mean age of
41.9 years); however, BD/SA had a significantly higher smoking
score (p= 0.001). Both cohorts included a similar proportion of
male and female subjects, but differed for age, race/ethnicity,
smoking scores, and years of education (Table S2). Finally, we
found significant differences across the three groups regarding
the levels of CD4T and NK cells in the discovery cohort, with both
BD/SA (p= 0.017) and BD/non-SA (p= 0.006) groups showing
reduced levels compared to CON, as well as a significant increase
in Mono in BD/SA group compared to BD/non-SA (p= 0.043) in
the replication cohort (Table 1).

GrimAgeAccel in BD and SA
In our primary analysis, the three groups in the discovery cohort
significantly differed on GrimAgeAccel when covaried for age, sex,
years of education, and GWAS PCs (Model 1: FBD/SA(2,176)= 5.931,
p= 0.003). Considering our sample size per group, an observed
effect size (f) of 0.24, and a significance threshold of α= 0.05, our
calculated statistical power for this between-group comparison
was 85%. The group effect remained statistically significant after

Fig. 1 Accelerated DNAm GrimAge and GrimAge in BD groups. Correlation between estimated GrimAge and chronological age in A the
discovery cohort. Spearman’s correlation analysis indicates a significant correlation (p < 2.2E-16) between DNA methylation (DNAm) GrimAge
and chronological age in the entire sample, as well as in the subgroups (BD/non-SA: rho= 0.91, p < 2.2E-16; BD/SA: rho= 0.85, p < 2.2E-16).
B In the replication cohort, Spearman’s correlation analysis indicates a significant correlation (p < 2.2E-16) between DNAm GrimAge and
chronological age in the entire sample, as well as in the subgroups (BD/non-SA: rho= 0.95, p < 2.2E-16; BD/SA: rho=0.90, p < 2.2E-16).
Accelerated GrimAge (GrimAgeAccel, log-normalized) in BD/non-SA and BD/SA in C the discovery cohort (n= 67 BD/non-SA and n= 77 BD/
SA) and D the replication cohort (n= 47 BD/non-SA and n= 48 BD/SA). p-values determined by independent samples t-tests. BD/SA, bipolar
disorder with history of suicide attempt. BD/non-SA, bipolar disorder with no history of suicide attempt.
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further adjustment for BMI (Model 2: FBD/SA(2,164)= 5.098,
p= 0.008) and after additional adjustment for white blood cell
count proportions (Model 3: FBD/SA(2,158)= 6.227, p= 0.002) and
smoking score (Model 4: FBD/SA(2,157)= 7.904, p= 0.001). We also
found an increased GrimAgeAccel among BD/SA compared to
CON when adjusting for smoking score only (Model 5: FBD/
SA(2,188)=6.457, p= 0.002) (Table 2). Post-hoc comparisons
revealed a significantly greater GrimAgeAccel in BD/SA compared
to CON (p= 0.004, Fig. S2); based on mean values, this equates to
~3 years of accelerated GrimAge. Absolute mean (standard
deviation) GrimAgeAccel (in years) was –1.41(4.77) in CON,
−0.22(4.87) in BD/non-SA, and +1.42(4.84) in BD/SA (Table S3).
When focusing only on BD groups, GrimAgeAccel was

significantly higher in BD/SA compared to BD/non-SA in both
the discovery (1.6 years accelerated, p= 0.046) and replication
cohorts (2.2 years accelerated, p= 0.008) (Fig. 1C, D; Table 2).
Based on our sample sizes per group and the observed effect sizes
obtained in our analyses, we had a statistical power of 53% and
74% to detect group differences between BD/SA and BD/non-SA
in the discovery (f= 0.17) and replication (f= 0.27) cohorts,
respectively. In the discovery cohort, adjusted models showed
that BD/SA remained significantly associated with a greater
GrimAgeAccel compared to BD/non-SA after adjusting for
covariates in Models 1, 3, 4, and 5, but not in Model 2
(p= 0.051). On the other hand, differences between groups
remained significant in all models in the replication cohort, with
BD/SA consistently showing higher GrimAgeAccel compared to
BD/non-SA (Table 2). No differences were observed between
cohorts for each of the BD groups (Table S2).

Individual GrimAge-associated surrogate and smoking pack-
years protein estimates
DNAm-based surrogate protein markers and DNAmPACKYRS
significantly correlated with chronological age, with the exception
of DNAmLeptin (Figs. S3 and S4). An advantage of the GrimAge
clock is that each of its surrogate protein DNAm markers can be
queried to investigate their role in accelerated aging. Age-
adjusted DNAmPAI1 (p= 0.027) levels and DNAmPACKYRS
(p= 0.031) were significantly higher in BD/SA compared to CON
(Model 6, Table S3), even after further adjustment for age, sex, PCs,
and years of education (p= 0.023 and p= 0.017, respectively)
(Model 7, Table S3). DNAmPAI1 was also elevated in BD/non-SA
compared to CON. Additionally, age-adjusted DNAmADM showed
a nominally significant difference (p= 0.039) between BD/SA and
CON after covariate adjustment (Model 7, Table S3).
When focusing on the two BD subgroups, no significant

differences in plasma protein markers were detected in the
discovery cohort (Table 3). However, in both cohorts, we found a

nominally significant difference in BD/SA compared to BD/non-SA
on age-adjusted DNAmPACKYRS in Model 6 (discovery p= 0.046;
replication p= 0.007), which remained after covariate adjustment
in Model 7 (p= 0.034 and p= 0.006, respectively). In the
replication cohort, age-adjusted DNAmLeptin showed a nominally
significant difference (p= 0.024) between BD/SA and BD/non-SA
after covariate adjustment (Model 7).

GrimAgeAccel in BD and SA and clinical variables
BD/non-SA and BD/SA significantly differed for many clinical
variables in both cohorts (Table S1), including MADRS scores,
length of illness, total number of comorbidities, and total number
of psychiatric hospitalizations. YMRS scores, substance abuse, and
age at onset of any mood disorder were also different between
groups in the discovery cohort, while current lithium use differed
in the replication cohort (Table S1). To assess the influence of
these clinical variables on the group differences previously
identified, we used logistic regression models to test for the
association of the diagnostic (BD-non/SA or BD/SA) with the
categorical outcome (positive or negative GrimAgeAccel) while
adjusting for these clinical variables (Table 4).
Initially, we found that BD/SA had 69% increased odds of having

accelerated GrimAge relative to BD/non-SA, with an odds ratio
(OR) of 2.362 (95% CI, 1.207–4.623). On the other hand, the BD/
non-SA group had 19% lower odds of having accelerated GrimAge
relative to BD/SA, with an OR of 0.451 (95% CI, 0.231–0.880). These
associations remained significant after adjustment for total
number of comorbidities (Model 9), comorbidities and length of
illness (Model 10), comorbidities, length of illness, and current use
of the medication (Model 11), and comorbidities, length of illness,
medication, and current lithium use (Model 12). Although the
model including substance abuse disorder was not significant
(Model 13), the p value (p= 0.056) indicates a trend towards an
increased odds of accelerated GrimAge for BD/SA compared to
BD/non-SA. These associations were replicated in the replication
cohort (Table 4).

GrimAgeAccel in BD and SA in younger and older individuals
To explore whether the SA-linked aging acceleration was different
among younger or older individuals, we repeated the analyses
after filtering our dataset to only younger (<25th percentile of
chronological age) and older (>75th percentile of chronological
age) individuals. In the discovery cohort, we found that
GrimAgeAccel was significantly higher in BD/SA compared to
BD/non-SA within the older subgroup (p= 0.009) when minimally
adjusted in Model 1. BD/SA remained significantly associated with
a greater GrimAgeAccel compared to BD/non-SA after adjusting
for covariates in Models 2, 3, and 5, but not in Model 4 (p= 0.132,

Table 2. Adjusted analysis of differences in GrimAgeAccel between groups.

Discovery cohort (3 groupsa) Discovery cohort (2 groupsb) Replication cohortc

FBD/SA (df, df) p value FBD/SA (df, df) p-value FBD/SA (df, df) p value

Model 1 5.931 (2, 176) 0.003 5.126 (1, 128) 0.025 7.683 (1, 83) 0.007

Model 2 5.098 (2, 164) 0.008 3.896 (1, 122) 0.051 8.654 (1, 82) 0.004

Model 3 6.227 (2, 158) 0.002 4.137 (1, 117) 0.044 8.837 (1, 76) 0.004

Model 4 7.904 (2, 157) 0.001 5.527 (1, 116) 0.020 17.000 (1, 75) 9.55E-05

Model 5 6.457 (2, 188) 0.002 5.127 (1, 140) 0.025 10.040 (1, 91) 0.002

Model 1: covaried for age, sex, GWAS principal components (PCs), and years of education. Model 2: covaried for age, sex, GWAS, PCs, years of education, and
body mass index (BMI). Model 3: covaried for age, sex, GWAS PCs, years of education, BMI, and white blood cell proportions. Model 4: covaried for age, sex,
GWAS PCs, years of education, BMI, white blood cell proportions, and smoking score. Model 5: covaried for smoking score. Bonferroni-corrected p < 0.01 was
taken as the significance threshold. Nominally significant differences (p < 0.05) are bolded.
aBD/SA (bipolar disorder with history of suicide attempt) vs. BD/non-SA (bipolar disorder with no history of suicide attempt) vs. controls.
bBD/SA vs. BD/non-SA.
cUsed self-reported “race/ethnicity” (as a categorical variable) instead of genomic ancestral PCs since no GWAS data was available for the replication cohort.
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Table S4). Similar set of analyses found no difference between BD/
SA and BD/non-SA within the younger subgroup of individuals
(p > 0.05 for all models) in the discovery sample. Finally, in the
replication cohort, we found no significant differences between
groups after dividing the sample into younger and older
individuals using the same strategy above (Table S4).

DISCUSSION
In this study, we extend prior work documenting an accelerated
mortality-associated epigenetic clock in BD [25] with novel
evidence that SA within BD is associated with even greater
GrimAgeAccel. Specifically, we found that BD/SA shows an
~3 years higher GrimAgeAccel when compared to CON and at
least 1.6 years higher GrimAgeAccel when compared to BD/non-
SA. These differences are robust to a variety of potential
confounds, including age, sex, years of education, BMI, white
blood cell count proportions, genomic ancestry, and smoking.
Altogether, these findings pair with existing evidence that BD and
SA are associated with accelerated biological aging and provide
putative biological mechanisms for premature mortality.
This is the first study to document higher GrimAge in SA

compared to a non-psychiatric control group, although previous
studies have investigated accelerated EA related to suicidal
behavior [26, 27]. SA is typically associated (but not synonymous)
with a more severe illness presentation [52–55], which may
account for some of the observed relationships and cumulatively
contribute to accelerated aging [19, 56–58]. Indeed, BD/SA
showed longer length of illness and higher numbers of
comorbidities and hospitalizations than BD/non-SA. We explored
whether the relationship between SA and GrimAgeAccel was
attenuated when covarying for these indices of severity (Table 4)
and found that covarying for substance abuse slightly attenuated
the observed difference between BD/SA and BD/non-SA. Although
not a strong finding, this suggests a potential influence of this
comorbidity on the excess GrimAgeAccel observed with SA, which
should be explored in future studies with larger sample sizes given
previous indications of an association between substance abuse
and accelerated aging [59, 60]. In addition, SA itself or genetic
liability for suicidal behavior may also directly contribute to
premature aging, although recent genetic data suggest that EA is
largely independent of genetic risk [61]. Future studies may also
consider exploring the association of GrimAge with specific clinical
subtypes in BD, such as suicide decedents in postmortem tissues,
and self-injurious thoughts and behaviors. Previous studies have
explored associations between accelerated aging and number of
SAs [11] and SA lethality [27]. Medical comorbidities of BD such as
cardiovascular disease [62], asthma [63], diabetes [64], and
hypothyroidism [65] may also play a role in EA [66–69]. Integrating
multi-level information in longitudinal studies may be key to
uncovering novel understandings of the underlying pathophysiol-
ogy as well as potential interventional targets.
When exploring GrimAge subcomponents, analyses revealed

that the DNAmPAI-1 was elevated in BD/SA, but even greater in
BD/non-SA compared to CON in the discovery cohort. PAI-1 is a
physiological inhibitor of tissue plasminogen activator (tPA) in
plasma and is increased in situations related to ischemic
cardiovascular events and senescence [70, 71]. A lack of tPA or
high levels of PAI-1 may disrupt brain-derived neurotrophic factor
(BDNF) processing and result in abnormal neuronal function
[72, 73] and reduced BDNF levels in BD [74], which is also
observed in suicide attempters [75] and postmortem brains of
suicide decedents [76, 77].
In the replication cohort, after covariate adjustment, DNAm-

Leptin showed a significant elevation in BD/SA compared to BD/
non-SA. An increase in leptin can increase acute inflammatory
response [78] and contribute to chronic inflammation in obesity
[79]. Indeed, violent SA has been associated with abdominalTa
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obesity in BD individuals [80], although previous studies have also
shown that plasma leptin levels are decreased in individuals with
suicide behavior compared to CON [81, 82]. High leptin levels are
associated with insulin resistance and a higher risk for metabolic
syndrome and cardiovascular disease, which have all been
previously associated with BD [83, 84] and may be related to
evidence of accelerated vascular aging [85].
GrimAgeAccel shows a stepwise elevation from CON to BD/non-

SA to BD/SA. Clinically, this suggests that interventions targeting
factors associated with risk for biological aging may contribute to
lowering the deleterious biological consequences of SA in BD.
Indeed, recent clinical trials suggest that patterns of EA can be
reversed with both pharmacological [86] and diet/lifestyle
changes [87]. Although our study found no direct association
between GrimAgeAccel and medication use, we cannot rule out
their potential anti-aging effects given our lack of detailed
information on medication adherence, treatment duration, or
response in the individuals enrolled in these studies. In fact,
lithium, which is a known anti-suicidal drug [88], has also been
repeatedly shown to present significant anti-aging effects [89],
although no specific effects on epigenetic aging have been
demonstrated yet. Any potential effect of medications on treating
individuals with suicidal behavior based on accelerated epigenetic
aging remains speculative at this time. Moreover, our exploratory
analyses also found that the difference between BD/SA and BD/
non-SA was primarily detected within older individuals, with no
clear evidence of a higher GrimAgeAccel associated with SA in
younger individuals. These findings could possibly suggest that
the GrimAge acceleration in individuals with a history of SA
reflects an accumulation of lifetime stressor exposures, as older
individuals with a greater cumulative exposure to stress might be
most likely to show the SA-specific association. Nonetheless, in
addition to being an unreplicated finding in the replication cohort,
our age-specific exploratory analyses may also be statistically
underpowered to definitively and directly address this issue, so we
cannot rule out the possibility that accelerated EA may already be
taking place in young individuals with BD based on our results (as
suggested by other aging markers in this population [90].
Limitations of the study include the cross-sectional design and

retrospective assessment of SA; lack of trauma and life stress
severity variables; and the small size of the replication sample.
Also, we do not have information on the severity of current
substance use comorbidity (including alcohol) from the partici-
pants, limiting analyses on their previously suggested effects on
EA in our sample [91, 92]. We also have limited information on
the proportion of many blood cell types, including cells known
to be associated with normal aging processes, such as naïve T
lymphocytes [93, 94]. Finally, we cannot rule out the possibility
of Type I errors given the large number of comparisons and the
relatively small sample sizes per group. Strengths of our study

include the assessment of an independent replication cohort,
which validates initial findings and reduces the likelihood of
false positives; robust covariates including genomic ancestry,
multiple white blood cell count proportions, and an objective
DNAm-based smoking score; the inclusion of three groups to
tease apart influences of BD and SA; and a rich clinical dataset in
both cohorts.
In conclusion, we found that GrimAge shows increasing

acceleration from CON to BD/non-SA to BD/SA, with a robust
differentiation between BD with and without SA. These relation-
ships were resilient to many possible confounding influences and
replicated in an independent cohort. Considering the severity of
both BD and SA and the associated reductions in life expectancy,
we propose GrimAge and EA as key targets for future studies
focused on innovating biological tools to reduce morbidity and
mortality in this population.

REFERENCES
1. Carvalho AF, Firth J, Vieta E. Bipolar disorder. N Engl J Med. 2020;383:58–66.
2. Merikangas KR, Jin R, He JP, Kessler RC, Lee S, Sampson NA, et al. Prevalence and

correlates of bipolar spectrum disorder in the world mental health survey
initiative. Arch Gen Psychiatry. 2011;68:241–51.

3. Sylvia LG, Montana RE, Deckersbach T, Thase ME, Tohen M, Reilly-Harrington N,
et al. Poor quality of life and functioning in bipolar disorder. Int J Bipolar Disord.
2017;5:10.

4. Roshanaei-Moghaddam B, Katon W. Premature mortality from general medical
illnesses among persons with bipolar disorder: a review. Psychiatr Serv.
2009;60:147–56.

5. Hayes JF, Miles J, Walters K, King M, Osborn DPJ. A systematic review and meta-
analysis of premature mortality in bipolar affective disorder. Acta Psychiatr Scand.
2015;131:417–25.

6. Bauer M, Andreassen OA, Geddes JR, Kessing LV, Lewitzka U, Schulze TG, et al.
Areas of uncertainties and unmet needs in bipolar disorders: clinical and research
perspectives. Lancet Psychiatry. 2018;5:930–9.

7. Hansen PS, Laursen MF, Grøntved S, Straszek SPV, Licht RW, Nielsen RE. Increasing
mortality gap for patients diagnosed with bipolar disorder—a nationwide study
with 20 years follow-up. Bipolar Disord. 2019;21:270–5.

8. Dome P, Rihmer Z, Gonda X. Suicide risk in bipolar disorder: a brief review. Med.
2019;55:403.

9. Jokinen J, Talb M, Feychting M, Ahlbom A, Ljung R, Ljung R. Life expectancy after
the first suicide attempt. Acta Psych Scand. 2018;137:287–95.

10. Huang YC, Wang LJ, Tseng PT, Hung CG, Lin PY. Leukocyte telomere length in
patients with bipolar disorder: an updated meta-analysis and subgroup analysis
by mood status. Psychiatry Res. 2018;270:41–49.

11. Birkenæs V, Elvsåshagen T, Westlye LT, Høegh MC, Haram M, Werner MCF, et al.
Telomeres are shorter and associated with number of suicide attempts in
affective disorders. J Affect Disord. 2021;295:1032–9.

12. Martinez D, Lavebratt C, Millischer V, de Jesus R, de Paula V, Pires T, et al. Shorter
telomere length and suicidal ideation in familial bipolar disorder. PLoS One.
2022;17:e0275999.

13. Szyf M, Bick J. DNA methylation: a mechanism for embedding early life experi-
ences in the genome. Child Dev. 2013;84:49–57.

Table 4. Phenotype-adjusted differences in GrimAgeAccel between BD/non-SA and BD/SA groups.

Discovery cohort Replication cohort

Wald X
2
BD/SA (df = 1) p value Odds Ratio (95% CI) Wald X

2
BD/SA (df = 1) p value Odds Ratio (95% CI)

Model 8 6.302 0.012 2.36 (1.207–4.623) 1.663 0.020 1.15 (0.930–1.430)

Model 9 5.602 0.018 2.28 (1.152–4.515) 3.540 0.060 1.33 (0.990–1.800)

Model 10 6.267 0.012 2.64 (1.235–5.627) 6.592 0.010 1.80 (1.150–2.830)

Model 11 5.692 0.017 2.30 (1.160–4.565) 6.311 0.010 1.12 (1.030–1.220)

Model 12 5.107 0.024 2.25 (1.114–4.551) 5.853 0.020 1.03 (0.660–1.630)

Model 13 3.637 0.056 2.01 (0.981–4.154) 2.110 0.050 1.57 (1.060–2.330)

Model 8: dichotomic logistic regression. Model 9: covaried for total number of comorbidities. Model 10: covaried for total number of comorbidities and length
of illness. Model 11: covaried for total number of comorbidities, length of illness, and current use of medication. Model 12: covaried for total number of
comorbidities, length of illness, current use of medication (any), and current use of lithium. Model 13: covaried for total number of comorbidities, length of
illness, current use of medication (any), current use of lithium, and substance use disorder. Nominally significant differences (unadjusted p < 0.05) are bolded.

C.N.C. Lima et al.

960

Neuropsychopharmacology (2023) 48:954 – 962



14. Hackett JA, Surani MA. DNA methylation dynamics during the mammalian life
cycle. Philos Trans R Soc B. 2013;368:20110328.

15. Jazwinski SM, Kim S. Examination of the dimensions of biological age. Front
Genet. 2019;10:263.

16. Horvath S, Raj K. DNA methylation-based biomarkers and the epigenetic clock
theory of ageing. Nat Rev Genet. 2018;19:371–84.

17. Hannum G, Guinney J, Zhao L, Zhang L, Hughes G, Sadda S, et al. Genome-wide
methylation profiles reveal quantitative views of human aging rates. Mol Cell.
2013;49:359–67.

18. Horvath S. DNA methylation age of human tissues and cell types. Genome Biol.
2013;14:R115.

19. Han LK, Aghajani M, Clark SL, Chan RF, Hattab MW, Shabalin AA, et al. Epigenetic
aging in major depressive disorder. Am J Psychiatry. 2018;175:774–82.

20. Grodstein F, Lemos B, Yu L, Klein HU, Iatrou A, Buchman AS, et al. The association
of epigenetic clocks in brain tissue with brain pathologies and common aging
phenotypes. Neurobiol Dis. 2021;157:105428.

21. Fries GR, Bauer IE, Scaini G, Valvassori SS, Walls-Bass C, Soares JC, et al. Accel-
erated hippocampal biological aging in bipolar disorder. Bipolar Disord.
2020;22:498–507.

22. Fries GR, Bauer IE, Scaini G, Wu MJ, Kazimi IF, Valvassori SS, et al. Accelerated
epigenetic aging and mitochondrial DNA copy number in bipolar disorder. Transl
Psychiatry 2017;7:1283.

23. McCrory C, Fiorito G, Hernandez B, Polidoro S, O’Halloran AM, Hever A, et al.
GrimAge outperforms other epigenetic clocks in the prediction of age-related
clinical phenotypes and all-cause mortality. J Gerontol A Biol Sci Med Sci.
2021;76:741–9.

24. Hillary RF, Stevenson AJ, Cox SR, McCartney DL, Harris SE, Seeboth A, et al. An
epigenetic predictor of death captures multi-modal measures of brain health.
Mol Psychiatry. 2021;26:3806–16.

25. Lima CNC, Suchting R, Scaini G, Cuellar VA, del Favero-Campbell A, Walss-Bass C,
et al. Epigenetic GrimAge acceleration and cognitive impairment in bipolar dis-
order. Eur Neuropsychopharmacol. 2022;62:10–21.

26. Okazaki S, Otsuka I, Horai T, Hirata T, Takahashi M, Ueno Y, et al. Accelerated
extrinsic epigenetic aging and increased natural killer cells in blood of suicide
completers. Prog Neuropsychopharmacol Biol Psych. 2020;98:109805.

27. Jokinen J, Andersson P, Chatzittofis A, Savard J, Rask-Andersen M, Åsberg M, et al.
Accelerated epigenetic aging in suicide attempters uninfluenced by high intent-
to-die and choice of lethal methods. Transl Psychiatry. 2022;12:224.

28. Young RC, Biggs JT, Ziegler VE, Meyer DA. A rating scale for mania: reliability,
validity and sensitivity. Br J Psychiatry. 1978;133:429–35.

29. Montgomery SA, Åsberg M. A new depression scale designed to be sensitive to
change. Br J Psychiatry. 1979;134:382–9.

30. Rocha NB, Brokke SS, Landrø NI, Haaland VØ. Cognitive control in suicide ideators
and suicide attempters. Front Psychol. 2020;11:595673.

31. Shaffer JJ, Johnson CP, Long JD, Fiederowicz JG, Christensen GE, Wemmie JA,
et al. Relationship altered between functional T1ρ and BOLD signals in bipolar
disorder. Brain Behav. 2017;7:802.

32. Shaffer JJ, Willour V, Fiedorowicz JG, Christensen GE, Long JD, Johnson CP, et al.
Distinct patterns of altered quantitative T1ρ and functional BOLD response
associated with history of suicide attempts in bipolar disorder. Brain Imaging
Behav. 2022;16:820–33.

33. Shaffer JJ, Johnson CP, Fiedorowicz JG, Christensen GE, Wemmie JA, Magnotta
VA. Impaired sensory processing measured by functional MRI in Bipolar disorder
manic and depressed mood states. Brain Imaging Behav. 2018;12:837–47.

34. Fiedorowicz JG, Prossin AR, Johnson CP, Christensen GE, Magnotta VA, Wemmie
JA. Peripheral inflammation during abnormal mood states in bipolar I disorder. J
Affect Disord. 2015;187:172–8.

35. Johnson CP, Follmer RL, Oguz I, Warren LA, Christensen GE, Fiedorowicz JG, et al.
Quantitative T1ρ mapping links the cerebellum and lithium use in bipolar dis-
order. Mol Psychiatry. 2015;20:149.

36. Johnson CP, Follmer RL, Oguz I, Warren LA, Christensen GE, Fiedorowicz JG, et al.
Brain abnormalities in bipolar disorder detected by quantitative T1ρ mapping.
Mol Psychiatry. 2015;20:201–6.

37. Johnson CP, Christensen GE, Fiedorowicz JG, Mani M, Shaffer JJ, Magnotta VA,
et al. Alterations of the cerebellum and basal ganglia in bipolar disorder mood
states detected by quantitative T1ρ mapping. Bipolar Disord. 2018;20:381–90.

38. Posner K, Brown GK, Stanley B, Brent DA, Yershova KV, Oquendo MA, et al. The
Columbia-Suicide Severity Rating Scale: initial validity and internal consistency
findings from three multisite studies with adolescents and adults. Am J Psy-
chiatry. 2011;168:1266–77.

39. Sheehan DV, Lecrubier Y, Sheehan KH, Amorim P, Janavs J, Weiller E, et al. The
Mini-International Neuropsychiatric Interview (M.I.N.I.): the development and
validation of a structured diagnostic psychiatric interview for DSM-IV and ICD-10.
J Clin Psychiatry 1998;59(suppl 20):11980.

40. Aryee MJ, Jaffe AE, Corrada-Bravo H, Ladd-Acosta C, Feinberg AP, Hansen KD,
et al. Minfi: a flexible and comprehensive Bioconductor package for the analysis
of Infinium DNA methylation microarrays. Bioinformatics. 2014;30:1363–9.

41. Houseman EA, Accomando WP, Koestler DC, Christensen BC, Marsit CJ, Nelson
HH, et al. DNA methylation arrays as surrogate measures of cell mixture dis-
tribution. BMC Bioinform. 2012;13:86.

42. Bollepalli S, Korhonen T, Kaprio J, Anders S, Ollikainen M. EpiSmokEr: A robust
classifier to determine smoking status from DNA methylation data. Epigenomics.
2019;11:1469–86.

43. Elliott HR, Tillin T, McArdle WL, Ho K, Duggirala A, Frayling TM, et al. Differences in
smoking associated DNA methylation patterns in south Asians and Europeans.
Clin Epi. 2014;6:4.

44. Lu AT, Quach A, Wilson JG, Reiner AP, Aviv A, Raj K, et al. DNA methylation
GrimAge strongly predicts lifespan and healthspan. Aging. 11:303–27.

45. R Core Team. R: a language and environment for statistical computing. 2022.
https://www.r-project.org. Accessed 1 Nov 2022.

46. Wickham H. ggplot2: elegant graphics for data analysis. Springer New York: New
York, NY; 2016.

47. Wickham H, Girlich M. tidyr: Tidy Messy Data. 2022. https://cran.r-project.org/
package=tidyr. Accessed 1 Nov 2022.

48. Wickham H, François R, Henry L, Müller K. dplyr: a grammar of data manipulation.
2022. https://cran.r-project.org/package=dplyr. Accessed 1 Nov 2022.

49. Bache SM, Wickham H. magrittr: a forward-pipe operator for R. 2022. https://
cran.r-project.org/package=magrittr. Accessed 1 Nov 2022.

50. Kassambara A. ggpubr: “ggplot2” based publication ready plots. 2020. https://
cran.r-project.org/package=ggpubr. Accessed 1 Nov 2022.

51. IBM Corp. IBM SPSS Statistics for Windows, Version 28.0. Armonk, NY; 2021.
52. Esang M, Ahmed S. A closer look at substance use and suicide. Am J Psychiatry

Residents’ J. 2018;13:6–8.
53. Melhem NM, Porta G, Oquendo MA, Zelazny J, Keilp JG, Iyengar S, et al. Severity

and variability of depression symptoms predicting suicide attempt in high-risk
individuals. JAMA Psychiatry. 2019;76:603–13.

54. Zatti C, Guimarães LSP, Soibelman M, Semensato MR, Bastos AG, Calegaro VC,
et al. The association between traumatic experiences and suicide attempt in
patients treated at the Hospital de Pronto Socorro in Porto Alegre, Brazil. Trends
Psychiatry Psychother. 2020;42:64–73.

55. Näher AF, Rummel-Kluge C, Hegerl U. Associations of suicide rates with socio-
economic status and social isolation: findings from longitudinal register and
census data. Front Psychiatry. 2020;10:898.

56. Fiorito G, McCrory C, Robinson O, Carmeli C, Rosales CO, Zhang Y, et al. Socio-
economic position, lifestyle habits and biomarkers of aging: a multi-cohort
analysis. Aging. 2019;11:2045–70.

57. Luo A, Jung J, Longley M, Rosoff DB, Chalet K, Muench C, et al. Epigenetic aging is
accelerated in alcohol use disorder and regulated by genetic variation in APOL2.
Neuropsychopharmacology. 2019;45:327–36.

58. Jovanovic T, Vance LA, Cross D, Knight AK, Kilaru V, Michopoulos V, et al. Exposure
to violence accelerates epigenetic aging in children. Nat Sci Rep. 2017;7:8962.

59. Rosen AD, Robertson KD, Hlady RA, Muench C, Lee J, Philibert R, et al. DNA
methylation age is accelerated in alcohol dependence. Transl Psychiatry.
2018;8:182.

60. Bøstrand SMK, Vaher K, de Nooij L, Harris MA, Cole JH, Cox SR, et al. Associations
between alcohol use and accelerated biological ageing. Addict Biol.
2022;27:e13100.

61. Li S, Nguyen TL, Wong EM, Dugué PA, Dite GS, Armstrong NJ, et al. Genetic and
environmental causes of variation in epigenetic aging across the lifespan. Clin
Epigenet. 2020;12:1–12.

62. Weiner M, Warren L, Fiedorowicz JG. Cardiovascular morbidity and mortality in
bipolar disorder. Ann Clin Psychiatry. 2011;23:40–47.

63. Wu MK, Wang HY, Chen YW, Lin PY, Wu CK, Tseng PT. Significantly higher pre-
valence rate of asthma and bipolar disorder co-morbidity: a meta-analysis and
review under PRISMA guidelines. Medicines. 2016;95:e3217.

64. McIntyre RS, Konarski JZ, Misener VL, Kennedy SH. Bipolar disorder and diabetes
mellitus: epidemiology, etiology, and treatment implications. Ann Clin Psychiatry.
2005;17:83–93.

65. Chakrabarti S. Thyroid functions and bipolar affective disorder. J Thyroid Res.
2011;2011:306367.

66. Franceschi C, Ostan R, Mariotti S, Monti D, Vitale G. The aging thyroid: a reap-
praisal within the geroscience integrated perspective. Endocr Rev.
2019;40:1250–70.

67. Yang Y, Yuan L, Yang M, Du Q, Wang L, Zhou K, et al. Aberrant methylation of
aging-related genes in asthma. Front Mol Biosci. 2021;8:655285.

68. Grant CD, Jafari N, Hou L, Li Y, Stewart JD, Zhang G, et al. A longitudinal study of
DNA methylation as a potential mediator of age-related diabetes risk. Ger-
oScience 2017;39:475–789.

C.N.C. Lima et al.

961

Neuropsychopharmacology (2023) 48:954 – 962

https://www.r-project.org
https://cran.r-project.org/package=tidyr
https://cran.r-project.org/package=tidyr
https://cran.r-project.org/package=dplyr
https://cran.r-project.org/package=magrittr
https://cran.r-project.org/package=magrittr
https://cran.r-project.org/package=ggpubr
https://cran.r-project.org/package=ggpubr


69. Herman AB, Occean JR, Sen P. Epigenetic dysregulation in cardiovascular aging
and disease. J Cardiovasc Aging. 2021;1:10.

70. Vaughan DE, Rai R, Khan SS, Eren M, Ghosh AK. PAI-1 is a marker and a mediator
of senescence. Arterioscler Thromb Vasc Biol. 2017;37:1446.

71. Vaughan DE. PAI-1 and atherothrombosis. J Thromb Haemost. 2005;3:1879–83.
72. Jiang H, Chen S, Li C, Lu N, Yue Y, Yin Y, et al. The serum protein levels of the tPA-

BDNF pathway are implicated in depression and antidepressant treatment. Transl
Psychiatry. 2017;7:e1079.

73. Gerenu G, Martisova E, Ferrero H, Carracedo M, Rantamäki T, Ramirez MJ, et al.
Modulation of BDNF cleavage by plasminogen-activator inhibitor-1 contributes
to Alzheimer’s neuropathology and cognitive deficits. Biochim Biophys Acta Mol
Basis Dis. 2017;1863:991–1001.

74. Goldstein BI, Young LT. Toward clinically applicable biomarkers in bipolar dis-
order: focus on BDNF, inflammatory markers, and endothelial function. Curr
Psychiatry Rep. 2013;15:425.

75. Fusar-Poli L, Aguglia A, Amerio A, Orsolini L, Salvi V, Seragini G, et al. Peripheral
BDNF levels in psychiatric patients with and without a history of suicide attempt:
a systematic review and meta-analysis. Prog Neuropsychopharmacol Biol Psy-
chiatry. 2021;111:110342.

76. Misztak P, Pańczyszyn-Trzewik P, Nowak G, Sowa-Kućma M. Epigenetic marks and
their relationship with BDNF in the brain of suicide victims. PLoS One.
2020;15:e0239335.

77. Erbay L, Karhdağ R, Oruç M, Çiğremiş Y, Celbiş O. Association of BDNF/TRBB and
NGF/TRKA levels in postmortem brain with major depression and suicide. Psy-
chiatr Danub. 2021;33:491.

78. Iikuni N, Lam QLK, Lu L, Matarese G, La Cava A. Leptin and Inflammation. Curr
Immunol Rev. 2008;4:70–79.

79. Pérez-Pérez A, Sánchez-Jiménez F, Vilariño-García T, Sánchez-Margalet V. Role of
leptin in inflammation and vice versa. Int J Mol Sci. 2020;21:1–24.

80. Lengvenyte A, Aouizerate B, Aubin V, Loftus J, Marlinge E, Belzeaux R, et al.
Violent suicide attempt history in elderly patients with bipolar disorder: The role
of sex, abdominal obesity, and verbal memory: Results from the FACE-BD cohort
(FondaMental Advanced center of Expertise for Bipolar Disorders). J Affect Disord.
2022;296:265–76.

81. da Graça Cantarelli M, Nardin P, Buffon A, Eidt MC, Godoy LA, Fernandes BS, et al.
Serum triglycerides, but not cholesterol or leptin, are decreased in suicide
attempters with mood disorders. J Affect Disord. 2015;172:403–9.

82. Atmaca M, Kuloglu M, Tezcan E, Ustundag B. Serum leptin and cholesterol values
in violent and non-violent suicide attempters. Psychiatry Res. 2008;158:87–91.

83. Fiedorowicz JG, Solomon DA, Endicott J, Leon AC, Chunshan MA, Rice J, et al.
Manic/hypomanic symptom burden predicts cardiovascular mortality with
bipolar disorder in the collaborative depression study. Psychosom Med.
2009;71:598–606.

84. Calkin CV, Ruzickova M, Uher R, Hajek T, Slaney CM, Garnham JS, et al. Insulin
resistance and outcome in bipolar disorder. Br J Psychiatry. 2015;206:52–57.

85. Sodhi SK, Linder J, Chenard CA, Miller DD, Haynes WG, Fiedorowicz JG. Evidence
for accelerated vascular aging in bipolar disorder. J Psychosom Res.
2012;73:175–9.

86. Fahy GM, Brooke RT, Watson JP, et al. Reversal of epigenetic aging and immu-
nosenescent trends in humans. Aging Cell. 2019;18:e13028.

87. Fitzgerald KN, Hodges R, Hanes D, Stack E, Cheishvili D, Szyf M, et al. Potential
reversal of epigenetic age using a diet and lifestyle intervention: a pilot rando-
mized clinical trial. Aging 2021;13:9419–32.

88. Sarai SK, Mekala HM, Lippmann S. Lithium suicide prevention: a brief review and
reminder. Innov Clin Neurosci. 2018;15:30–32.

89. Salarda EM, Zhao NO, Lima CNNC, Fries GR. Mini-review: The anti-aging effects of
lithium in bipolar disorder. Neurosci Lett. 2021;759:136051.

90. Spano L, Etain B, Meyrel M, Hennion V, Gross G, Laplanche JL, et al. Telomere
length and mitochondrial DNA copy number in bipolar disorder: identification of
a subgroup of young individuals with accelerated cellular aging. Transl Psy-
chiatry. 2022;12:135.

91. Nannini DR, Joyce BT, Zheng Y, Gao T, Wang J, Liu L, et al. Alcohol consumption
and epigenetic age acceleration in young adults. Aging. 2023;15:371–95.

92. Zindler T, Frieling H, Fliedner L, Veer I, Neyazi A, Awasthi S, et al. How alcohol
makes the epigenetic clock tick faster and the clock reversing effect of absti-
nence. Addict Biol. 2022;27:e13198.

93. Goronzy JJ, Fang F, Cavanagh MM, Qi Q, Weyand CM. Naïve T cell maintenance
and function in human aging. J Immunol. 2015;194:4073–80.

94. Pfister G, Weiskopf D, Lazuardi L, Kovaiou RD, Cioca DP, Keller M, et al. Naive
T cells in the elderly: are they still there? Ann NY Acad Sci. 2006;1067:152–7.

ACKNOWLEDGEMENTS
Reagents and sample hybridization in the replication cohort were provided by the
Iowa Institute of Human Genetics Genomics Division (IIHG). We would like to thank
Hsiang Wen for sample collection and management for the replication cohort. We
would like to thank the study participants in both cohorts for their willingness to
participate in the study. This study was supported by the National Institute of Mental
Health (NIMH, K01 MH121580 to GRF), the American Foundation for Suicide
Prevention (YIG-0-066-20 to GRF), and the Baszucki Research Foundation (GRF).
Translational Psychiatry Program (USA) is funded by the Department of Psychiatry
and Behavioral Sciences, McGovern Medical School at UTHealth. This study was also
supported by an EHSRC Career Enhancement award and an EHSRC Pilot grant (NIH
P30 ES005605) awarded to MEG, and an Iowa Neuroscience Institute Research
Program of Excellence grant with philanthropy from the Roy J. Carver Charitable
Trust. Research reported in this publication for the University of Iowa was supported
by the National Center for Advancing Translational Sciences of the National Institutes
of Health (UL1TR002537) and the National Institute of Mental Health (NIMH
R01MH125838 to VAM and JAW). APD is supported by a 2020 NARSAD Young
Investigator Grant from the Brain & Behavior Research Foundation. The content is
solely the responsibility of the authors and does not necessarily represent the official
views of the National Institutes of Health, the American Foundation for Suicide
Prevention, or the Baszucki Research Foundation.

AUTHOR CONTRIBUTIONS
Design and conceptualization of the study: CNCL, EHCK, MEG, and GRF. Sample
collection and recruitment: EHCK, BMRA, JFR, AW, JAW, VAM, JGF, APD, JQ, and JCS.
Data generation, processing, and statistical analyses: CNCL, EHCK, SM, ADFC, and
APD. Scientific discussion and interpretation of results: CNCL, EHCK, SM, AW, JAW,
VAM, APD, JQ, JCS, JGF, MEG, and GRF. Wrote the manuscript: CNCL, EHCK, SM, MEG,
and GRF.

COMPETING INTERESTS
The authors declare no competing interests.

ADDITIONAL INFORMATION
Supplementary information The online version contains supplementary material
available at https://doi.org/10.1038/s41386-023-01557-9.

Correspondence and requests for materials should be addressed to Gabriel R. Fries.

Reprints and permission information is available at http://www.nature.com/
reprints

Publisher’s note Springer Nature remains neutral with regard to jurisdictional claims
in published maps and institutional affiliations.

Springer Nature or its licensor (e.g. a society or other partner) holds exclusive rights to
this article under a publishing agreement with the author(s) or other rightsholder(s);
author self-archiving of the accepted manuscript version of this article is solely
governed by the terms of such publishing agreement and applicable law.

C.N.C. Lima et al.

962

Neuropsychopharmacology (2023) 48:954 – 962

https://doi.org/10.1038/s41386-023-01557-9
http://www.nature.com/reprints
http://www.nature.com/reprints

	Association between the epigenetic lifespan predictor GrimAge and history of suicide attempt in bipolar disorder
	Introduction
	Materials and methods
	Discovery cohort
	Replication cohort
	DNA extraction
	Methylation assay
	Genotyping
	Statistical analyses

	Results
	Demographic comparisons
	GrimAgeAccel in BD and SA
	Individual GrimAge-associated surrogate and smoking pack-years protein estimates
	GrimAgeAccel in BD and SA and clinical variables
	GrimAgeAccel in BD and SA in younger and older individuals

	Discussion
	Acknowledgements
	Author contributions
	Competing interests
	ADDITIONAL INFORMATION




