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Characteristics of drought 
vulnerability for maize in the 
eastern part of Northwest China
Ying Wang, Wen Zhao, Qiang Zhang & Yu-bi Yao

Based on information distribution and diffusion method theory and combined with the standardized 
precipitation index and relative meteorological yield data, meteorological factors and social factors were 
comprehensively considered to assess the vulnerability of maize (Zea mays) to drought. the probability 
distribution curve of meteorological drought degree (MDD) and relative meteorological yield in the eastern 
part of Northwest China (Gansu, Ningxia and Shaanxi) from 1978 to 2016 were obtained, using a two-
dimensional normal information diffusion method to construct the vulnerability relationship between MDD 
and relative meteorological yield. the drought vulnerability curve of maize in the study area was obtained. 
the probability distribution of MDD was multiplied by the fragility curve and summed to obtain the multi-
year average risk. the MDD probability distribution curve showed that the probability of moderate drought 
in shaanxi was relatively high, followed by Gansu and Ningxia. the probability distribution of Gansu was 
more discrete. the probability of strong meteorological drought in Ningxia was high, followed by shaanxi 
and Gansu. probability distribution of relative meteorological yield for maize in Gansu province was highly 
discrete, with thick tailings, large uncertainties, and more extreme values, which were strongly affected by 
meteorological conditions, followed by shaanxi and Ningxia. taking meteorological drought as the cause 
and maize damage as the result, the vulnerability relationship between MDD and drought damage was 
obtained. With an increased MDD, the relative meteorological yield of maize gradually declined. From the 
average value, when MDD was less than −2.60, the relative meteorological yield of maize was reduced 
within 15%; when MDD was greater than −2.60, the relative meteorological yield of maize increased 
within 10%. When the degree of meteorological drought exceeded −2.2, maize was most vulnerable to 
drought in shaanxi followed by Ningxia and Gansu. When meteorological drought was less than −2.2, 
maize was most vulnerable to drought in shaanxi followed by Gansu and Ningxia. the expected values 
of relative meteorological production in Gansu, Ningxia, and Shaanxi were 1.36%, 2.48%, and −1.76%, 
respectively; therefore, Shaanxi had the highest maize drought risk, followed by Gansu and Ningxia. This 
research had a clear physical background and clear risk connotations. the results provide a data foundation 
and a theoretical basis for drought disaster reduction for maize in the study area.

Most of China lies in the East Asian monsoon climate area, which has frequent droughts1. Chinese agricultural 
statistics2–10 show that the five major meteorological disasters (drought, flood, wind hail, frost, and typhoon) 
occurred between 1978 and 2016; the annual average area affected by drought was 22,676 kha, accounting for 
53% of the total meteorological disaster area in China. Drought during this period reduced total grain output by 
more than 4.7%. Therefore, drought is the most serious meteorological disaster affecting agriculture in China. 
Northwest China extends into Eurasia and more than 80% of the area is arid or semi-arid because humid oce-
anic air is blocked by the Qinhai-Tibet plateau in the southwest. Since the 1970s, climate warming has increased 
atmospheric water-holding capacity and changed the atmospheric circulation pattern, giving Northwest China a 
clear warming and drying trend. Although there are local warm and wet phenomena, overall drought and contin-
uous drought trends have increased11–13, and let to increased drought risk.

Maize (Zea mays) is one of the main grain crops in Northwest China. It represents >30% of the total planting 
area of grain crops, and provides >50% of the region’s total grain yield14; thus, maize production plays a critical 
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role in the regional agricultural economy. According to the physiological characteristics of maize, accumulated 
temperature meets its growth requirements, but precipitation is the main factor influencing its yield and so mete-
orological drought leads to large fluctuations in maize yield and could lead to a food security crisis15. Under such 
circumstances, managing maize drought risk in Northwest China has become urgent. Related research has con-
centrated on meteorological elements and the damage to maize, such as causes of drought16,17, spatial and tem-
poral distribution characteristics of meteorological drought18–21, influence of drought22,23, and drought damage 
and risk assessment of maize24–27. However, the relationship between meteorological drought and maize damage 
has not been determined, that is, the vulnerability between drought and disaster. Mastering such relationships is 
important for drought risk management of maize.

In the Second Working Group of the Fifth Assessment Report of the Intergovernmental Panel on Climate 
Change, vulnerability is defined as sensitivity or susceptibility to harm and lack of capacity to cope and adapt28. 
The advantages of this concept are reflected in the integration of risk sources, risk bearing bodies, and different 
space–time dimensions that act on the receiver. Specific research on drought vulnerability at the complex level 
mainly adopts the index system evaluation method; i.e., establishing a multi-objective evaluation index based on 
disaster composition factors; assigning different weights, and finally establishing an evaluation model29,30. This 
method focuses on the natural attributes of drought vulnerability, with a sufficient physical basis to facilitate qual-
itative analysis31–34. The crop growth model produces rate of yield loss under different scenarios, based on mete-
orological data, soil physicochemical properties, and agricultural cultivation strategies35. This method predicts 
or simulates disaster and is not a risk analysis. The traditional probability estimation and regression model can 
analyze historical drought data and relevant meteorological data, determine the type of fitting distribution, and 
then assess risk in the study area36,37. However, this method can only be used to analyze deterministic relation-
ships, or to describe the standard form in a statistical sense. Due to the complexity of natural disaster system, it is 
difficult to assume the appropriate probability distribution type, and so non-parametric estimation methods are 
important. The histogram method is the simplest non-parametric estimation method for probability distribution 
because it ignores the difference between different sample points falling within the same histogram interval. The 
theory of information distribution and diffusion allows the utilization of this information and does not require any 
assumptions about the type of overall probability density function to improve estimation accuracy38. The difficulty 
in the assessment of natural disaster vulnerability is not only to give a more reliable overall probability distribution 
with limited information, but more importantly, the information distribution and diffusion method provides a 
new way to understand the structure of given sample information. In addition, in assessment of natural disaster 
vulnerability, it is necessary to study the relationship between the possible destructive power of a disaster and the 
degree of damage to the disaster-bearing body. At this point, the information distribution and diffusion method 
can be used to construct causal fuzzy relationships39,40. In view of this, the information distribution and diffusion 
method has been used in disaster vulnerability research. For example, Huang et al.41 used this method to study the 
vulnerability relationship between annual precipitation and the proportion of the affected population. Wang et al.42 
analyzed the characteristics of drought vulnerability in northeast China based on meteorological and social factors. 
For historical reasons, data on drought disaster and maize yield in Northwest China are discontinuous and of short 
time series. Therefore, based on the information distribution and diffusion method, this paper uses meteorological 
drought as a hazard (risk sources) and relative meteorological yield of maize (risk result). The relationship between 
the two can be defined as the vulnerability function of maize to drought, and can be used to analyze the charac-
teristics of drought vulnerability of maize in Northwest China. The research results can provide basic data and 
theoretical support for drought risk management of maize production in Northwest China.

study Area
Northwest China includes five provinces: Gansu, Ningxia, Shaanxi, Qinghai, and Xinjiang. Geographically, the 
region is in the Eurasia hinterland, surrounded by high mountains which prevent access to ocean water vapor; 
therefore, drought disasters occur periodically. The area has complex terrain, a wide range of altitudes, and mainly 
comprises plateaus, mountains, and basins. Soil types are diverse, including chestnut, gray cinnamon, loess, and 
black soils. Soil organic matter is strongly mineralized and, generally, there is low organic matter content. The 
region has a continental monsoon climate with abundant sunshine, strong evaporation, large daily and annual 
temperature differences, and frequent disastrous weather such as drought. The climatic conditions of the study 
area are shown in Table 1. Maize is the main food crop in Gansu, Ningxia, and Shaanxi, and its average annual 
output accounts for 41%, 34%, and 41% of total grain output, respectively.

Qinghai has an average elevation of 4000 m above sea level and accumulated temperature in most areas cannot 
meet the needs of maize growth. Maize is planted only in small areas in the valleys of eastern Qinghai Province. 
Annual precipitation in Xinjiang is 200 mm, and crop growth depends on glacier and snow melt water. Therefore, 
these two regions were not considered in studying the vulnerability relationship between meteorological drought 
and maize production (Fig. 1).

Province
Average annual 
precipitation (mm)

Average annual 
temperature (°C)

Average annual water 
surface evaporation (mm)

Gansu 300 8.1 1000–3500

Ningxia 450 8.6 800–1600

Shaanxi 600 13.0 1100–2500

Table 1. Climatic conditions in the study area.

https://doi.org/10.1038/s41598-018-37362-4


www.nature.com/scientificreports/

3Scientific RepoRts |           (2019) 9:964  | https://doi.org/10.1038/s41598-018-37362-4

Data and Methods
Data sources. According to the purposes of this maize drought vulnerability research in the study area, the 
main data selected were, as follow:

 (1) Meteorological data: monthly precipitation data (mm) between 1978 and 2016 were obtained from 66 me-
teorological stations in the study area, made available by the National Meteorological Science Data Sharing 
Service Platform (http://data.cma.cn/). The data are standardized, quality controlled, and have been widely 
applied in business and research work.

 (2) Maize yield data: the maize unit yield (kg/hm2) was derived from the “Statistical Data of New China 
Agriculture for 60 years” for the years 1978 to 2008 and from “China’s Agricultural Statistical Report” for 
the years 2009–2016. These data came from the Chinese Ministry of Agriculture, which uses unified and 
standard statistical methods to report agricultural yields; their data are widely used in disaster research in 
China37.

Research methods. Degree of regional meteorological drought. The standardized precipitation index (SPI) 
based on precipitation data was selected as the meteorological drought index. This index has many advantages 
such as simple calculation, good stability, multiple time scales, and space–time comparability. It has been widely 
used in drought monitoring43,44 and can be used to accurately reflect the meteorological drought characteris-
tics in Northwest China45–48. SPI assumes that changes in precipitation follow a gamma distribution and it uses 
mathematical methods to convert the cumulative frequency distribution of precipitation into a standard normal 
distribution. The multi time-scale advantage of SPI can not only reflect the change of precipitation at a short 
time-scale, but also the evolution of water resources at a long time-scale. The specific calculation methods and 
time scales have been previously described49–51 3-month time-scale SPI (SPI3) represents moisture profit-and-loss 
on a short time-scale and it is commonly used in agricultural drought studies46. Therefore, SPI3 could be calcu-
lated as a hazard factor for maize drought in all sites in the study area. Since the main growth period of maize is 
April–September, SPI3 values from April 1978 to September 2016 were considered. Because the spatial distribu-
tion of meteorological stations in various provinces was relatively uniform (Fig. 1), the SPI3 values from all mete-
orological stations in each province were regionally averaged (Equation 1), and the results were used as regional 
meteorological drought indicators in the province to calculate a spatial statistical scale of maize production.

∑=
=

X x n/
(1)i

n

i
1

where xi is the SPI3 for each site in the province, and n is the number of sites in the province.
The meteorological drought degree (MDD) was determined by the intensity of drought and its time length, 

given by Equation (2):

∑=
=

MDD X
(2)i

D

i
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where X is the regional drought indicator for each month in the growth period, which represents drought inten-
sity; D is the month when the SPI3 is lower than the value S in the year; that is, the time duration of drought in 
the growth period. According to the normal distribution curve of SPI51 (Table 2), the threshold of SPI drought 
classification was obtained, and S = 0. The interannual variability of annual MDD and average maize unit yield in 
the study area are shown in Fig. 2.

Figure 1. Location of the study area (inset map shows China).
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Separation of relative meteorological production. Maize yield can be categorized into three yield types: meteoro-
logical, trend, and random errors. The meteorological yield refers to yield components that are mainly affected by a 
short period change in meteorological factors52. The trend yield can be regarded as a long-period yield component 
that reflects the changes in productivity in a region over an historical period, such as soil properties, species char-
acteristics, agricultural policies, and science and technology. The random errors are generally neglected. This study 
used the method of linear moving average to separate trend yield53,54 and obtain the relative meteorological yield.

= −Y Y Y (3)w t

= ×Y Y Y/ 100% (4)W tr

where Y is actual yield, Yt is trend yield, Yw is meteorological yield, and Yr is relative meteorological yield (%). 
When actual yield is lower than the trend yield, Yr is negative and it is called the yield reduction rate; in contrast, 
when actual yield exceeds the trend yield, Yr is positive and is called the yield increase rate. The relative meteor-
ological yield showed that the amplitude of grain yield fluctuation was not limited by time and region, and was 
comparable and so can better reflect the impact of meteorological factors on yield, and is widely used in agricul-
tural drought risk research52,55. For specific parameters calculation, please see Appendix A.

The information and diffusion distribution method. When dealing with small amounts of sample data, because 
the information contained is not complete enough to accurately determine the statistical law that the sample 
should follow, the method of information distribution and diffusion is proposed39,56. The information distribu-
tion method is the optimization of sample probability calculated by the traditional histogram method, in which 
histogram boundary fuzzification is used to make available information on the transition boundary, so that the 
probability using a small sample is more reasonable56 (see Appendix B). The information diffusion method is 
based on the evolution of molecular diffusion theory, which allows the samples to diffuse normally and obtain 
sufficient sample size for research (see Appendix C).

Class Drought type SPI value

1 Light −1.0 < SPI ≤ 0

2 Medium −1.5 < SPI ≤ −1.0

3 Heavy −2.0 < SPI ≤ −1.5

4 Special SPI ≤ −2.0

Table 2. Classification standard of drought based on the standardized precipitation (SPI) index.

Figure 2. The interannual variability of annual MDD and average maize unit yield in the study area.
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Drought risk model. In risk analysis, the R = H°D model is widely used56, where R is the risk, H is the function 
family that describes the source of the risk, D is the function family of vulnerability that describes the risk bearer 
body, and “°” is the synthesis rule family. When the connotation of the risk is the expected value of the relative 
meteorological yield, the index system describing it is composed of two indicators: relative meteorological yield 
(D) and the probability (H), and “°” can be a multiplication operation56.

If R is the maize drought risk, p(x) is the probability distribution function of MDD, and F(x) is the drought 
vulnerability function of maize:

∫= ⋅R P x F x dx( ) ( ) , (5)

P(x) is estimated by the MDD in history, and F(x) is estimated by the relative meteorological yield of maize. 
When the probability distribution is discrete, it can be expressed as:

∑= ⋅
=

R P u F u( ) ( )
(6)j

m

j j
1

Studies have shown that information distribution and diffusion methods can greatly improve the utilization 
of incomplete information and significantly improve the accuracy of system identification57. Therefore, P(x) and 
F(x), estimated by this method, were used to calculate the risk values; that is, the uncertainty of meteorological 
factors was taken into consideration, as was the nonlinearity of the vulnerability curve. The results of such analy-
ses are more consistent with objective reality.

Results and Analysis
probability distribution estimation of MDD. According to the definition of the intensity and the time 
length for drought in 3.2.1, Equations (1) and (2) were used to obtain a sample of the MDD in maize growing sea-
sons in Gansu, Ningxia, and Shaanxi between 1978 and 2016. Using Gansu as an example, Please see Appendix D.

The probability distribution curve (Fig. 3) showed two probability peaks in Gansu, which occurred at the 
MDD of −1.67 and −2.85, with corresponding probability values of 0.18 and 0.17; Ningxia also had two prob-
ability peaks, at MDD of −0.56 and −2.73, with corresponding probability values of 0.20 and 0.16; Shaanxi had 
one probability peak at the MDD of −2.22, with a probability value of 0.24. The skewness of probability curves 
in Gansu, Ningxia, and Shaanxi was 0.24, 0.43, and 0.81, respectively; and the corresponding kurtosis of proba-
bility curves in Gansu, Ningxia and Shaanxi was −1.76, −1.37 and −1.07. These data show that the probability 
curves of the MDD in the three areas were all right-biased and data distributions were flatter than the standard 
normal distribution. The probability curve in Shaanxi had the largest degree of right-bias and kurtosis, indicating 
a relatively high probability of moderate drought, followed by Gansu and Ningxia. The distribution of probability 
curves in Gansu was the most flat and data dispersion was strong. The trailing curve on the left side in Ningxia 
was thicker than for the other two regions, indicating a greater probability of strong meteorological drought than 
for Shaanxi and Gansu.

probability distribution estimation of relative meteorological yield. According to the definition of 
the relative meteorological yield in 3.2.2, Equations (3) and (4) were used to obtain a sample of the relative mete-
orological yield of maize in Gansu, Ningxia, and Shaanxi between 1978 and 2016. Gansu is used as an example 
(see Appendix E).

The probability distribution curve (Fig. 4) showed peaks of probability in Gansu, Ningxia, and Shaanxi at 
−3.33%, 2.50%, and −1.50%, respectively, with corresponding probability values of 0.21, 0.27, and 0.30. Skewness 
in Gansu, Ningxia, and Shaanxi was 0.63, 1.11, and 0.46, respectively; and corresponding kurtosis was −1.32, 
−0.23, and 0.25. The above data show that the distributions of the probability curves of relative meteorological 
yield in Gansu and Ningxia were right-biased and flatter than standard normal distribution; however, the curve 

Figure 3. Probability of meteorological drought degree (MDD).
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in Shaanxi was left-biased and steeper than the standard normal distribution. When the relative meteorological 
yield was between −20% and −5% and between 5% and 18%, Gansu had the highest probability of occurrence, 
followed by Shaanxi and Ningxia. Thus, the probability distribution of relative meteorological yield for maize in 
Gansu was highly discrete, with thick tailings, large uncertainties, and more extreme values, which were strongly 
affected by meteorological conditions, followed by Shaanxi and Ningxia.

Analysis of maize drought vulnerability. Using MDD as a hazard factor and relative meteorological 
yield as a result of drought risk, we obtained a causal sample of maize drought vulnerability and analyzed drought 
vulnerability of maize (see Appendix F). Because meteorological data are predictable, the relative meteorological 
yields corresponding to the weather conditions were obtained by bringing the predicted meteorological data into 
the information matrix RUxV, which can be used to forecast harvest to some extent.

The relative meteorological yields of Gansu, Ningxia, and Shaanxi decreased with an increased MDD, and 
there were slight fluctuations due to disturbance of the data (Fig. 5). On average, when the MDD was greater than 
−2.60, the relative meteorological yield of maize increased within 10%; When the MDD was less than −2.60, 
the relative meteorological yield of maize decreased within 15%. For example, in 1998, the MDDs of Gansu, 
Ningxia and Shaanxi were −0.58, −0.71 and −0.38, respectively. This year was a mild drought year, consistent 
with the records of the “China Meteorological Disaster Canon”, while the relative meteorological yield increased 
by 13.33%, 5.78% and 19.67%, respectively. Regionally, when MDD exceeded −2.2, maize was most vulnerable to 
drought in Shaanxi followed by Ningxia and Gansu. When MDD was less than −2.2, maize was most vulnerable 
to drought in Shaanxi followed by Gansu and Ningxia.

Maize drought risk. Substituting the probability distribution P of MDD and the vulnerability function F(x) 
obtained from the normal information diffusion method into Equations (5) and (6), the expected values of rel-
ative meteorological production in Gansu, Ningxia, and Shaanxi of 1.36%, 2.48%, and −1.76% were obtained, 
respectively. In other words, according to the previous precipitation data and production records, the relative 
meteorological yields in Gansu and Ningxia increased by 1.36% and 2.48% in one year, respectively, and for 
Shaanxi they were reduced by 1.76%. Thus, Shaanxi had the highest maize drought risk, followed by Gansu and 
Ningxia.

Figure 4. Probability of relative meteorological yield.

Figure 5. The vulnerability curve of meteorological drought degree vs. relative meteorological yield.
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Discussion
First, because natural disaster systems are very complex, it is difficult to assume the appropriate probability dis-
tribution type, so non-parametric estimation methods are important. The histogram method is the simplest 
non-parametric method for estimating probability distribution. Because of the scarcity of natural disaster infor-
mation, sample sizes are usually very small. The traditional histogram method ignores the difference between 
different sample points which fall into the same histogram interval, and the result is only approximate. However, 
the method of information distribution and diffusion can improve the utilization rate of incomplete information 
and the accuracy of system recognition. Therefore, the risk value obtained by this method also considered the 
random uncertainty of meteorological factors and the nonlinearity of the vulnerability curve, and the results have 
high credibility. Liu et al.38 reported, for the same sample, that the information diffusion method was significantly 
better than the traditional histogram method, and the information diffusion technique has some practical refer-
ence value in research on natural disaster risk assessment for small sample.

Second, when the degree of meteorological drought was low, the relative meteorological yield of maize 
increased to some extent. The main reasons for this phenomenon are: (1) Mild drought stress can improve maize 
drought adaptability. For example, mild drought can increase the specific surface area of maize roots, increase the 
oxidation and reduction ability of roots, and improve maize drought resistance. At a later stage, once moisture 
conditions improve, maize can show a high over-compensatory effect and increased yield; with an increased 
MDD, the self-restoring capacity of maize decreased gradually after drought stress or is irreversibly damaged, 
resulting in yield reductions58,59. Qin and Wang60 found that root-induced cytokinin is a key factor in maize com-
pensatory growth during post-drought rewatering. (2) Water sensitivity of maize differs at different growth stages. 
Liu et al.61 found that mild drought hardening at the seedling stage could result in higher antioxidant enzymes 
activities and removal of reactive oxygen species, and so reduce the degree of membrane lipid peroxidation, 
which would result in the photosynthetic efficiency producing a compensation effect after rewatering. (3). The 
recovery extent or growth limitation caused by previous drought strongly depends on the drought cycles and a 
full or partial recovery of growth may occur62.

Third, the statistical scale of maize unit yield available in the study is provincial. For consistency with the 
statistical scale of the data, the MDD was constructed using the average SPI3 values of all meteorological stations 
in each province. Comparing the results with the records of “China Meteorological Disaster Canon”, “Climate 
Impact Assessment”, and “China Meteorological Disaster Yearbook” showed that the MDD index basically 
reflected the actual drought situation in the study area. According to the records, the serious drought years in 
Gansu were 1982, 1991, 1995, 1997, 2000, 2001, and 2009; in Ningxia were 1980, 1982, 1987, 2000, 2005, 2008, 
and 2011; and in Shaanxi were 1995, 1997, 2000, 2001 and 2004. However, some errors may occur in some years, 
for example, the drought recorded in 1994 was severe, but the drought reflected by MDD was lighter. The main 
reasons for this phenomenon are as follows: (1). SPI represents meteorological drought, and the data recorded 
in the yearbook represents agricultural drought. When meteorological drought is transmitted to agricultural 
drought, it is affected by many factors, such as vulnerability and sensitivity of disaster-bearing bodies, and dis-
aster prevention and mitigation capacity63,64. (2). The spatial frames applied here (i.e. province) is missing an 
adequate biological/ecological/climatological meaning. Therefore, information loss results from averaging of data 
not belonging to climatically similar locations. In our future work, we will use spatial frames such as climatic 
divisions, watersheds, or area clusters formed by grouping analysis of geographic information system (GIS) using 
relevant variables in gridded data form.

Fourth, it should be noted that the information diffusion method used in this paper was based on the nor-
mal diffusion function. This function reflects a uniform diffusion process, and there may be some asymmetric 
structure or irregularity among the elements of the incomplete sample obtained. For example, the irregular pro-
portional relationship between variables needs to consider the diffusion speed and diffusion method in different 
directions. Therefore, the asymmetric diffusion of information should be considered in future vulnerability and 
risk analysis.

Conclusions
According to the meteorological drought and relative meteorological yield, the drought vulnerability characteris-
tics of maize were analyzed in Gansu, Ningxia, and Shaanxi in the eastern part of Northwest China. Information 
distribution and diffusion technology were introduced into the analysis of small sample events to obtain the prob-
ability distribution of the degree of meteorological drought and the relative meteorological yield in the study area. 
Specifically, the probability of moderate meteorological drought in Shaanxi was high, data dispersion in Gansu 
was relatively strong, and the probability of strong meteorological drought in Ningxia was high. The probability 
distribution of the relative meteorological yield of maize in Gansu had strong dispersion, with thick tailing, large 
uncertainties, and contained more extreme values, which were strongly affected by meteorological conditions. 
Based on the causal relationship of drought events in maize, the vulnerability curves of MDD vs. relative mete-
orological yield in Gansu, Ningxia, and Shaanxi were obtained, and showed that the relative meteorological yield 
decreased with an increased degree of meteorological drought. When the degree of meteorological drought was 
low, the relative meteorological yield of maize increased within 10%. Overall, drought vulnerability of maize in 
Shaanxi was the greatest, followed by Gansu and Ningxia – in accordance with the actual situation. According to 
the risk definition and equation, the drought risk for maize was obtained and was highest in Shaanxi followed by 
Gansu and Ningxia.

References
 1. Tu, C. W. & Huang, S. S. The advances and retreats of the summer monsoon in China. Acta Meteorologica Sinica 18, 1–20 (1944).
 2. Chinese Ministry of Agriculture. Statistical Data of New China Agriculture for 60 years. ChinaAgriculture Press, Beijing (2009).
 3. Chinese Ministry of Agriculture. China agriculture statistical report 2009. China Agriculture Press, Beijing (2010).

https://doi.org/10.1038/s41598-018-37362-4


www.nature.com/scientificreports/

8Scientific RepoRts |           (2019) 9:964  | https://doi.org/10.1038/s41598-018-37362-4

 4. Chinese Ministry of Agriculture. China agriculture statistical report 2010. China Agriculture Press, Beijing (2011).
 5. Chinese Ministry of Agriculture. China agriculture statistical report 2011. China Agriculture Press, Beijing (2012).
 6. Chinese Ministry of Agriculture. China agriculture statistical report 2012. China Agriculture Press, Beijing (2013).
 7. Chinese Ministry of Agriculture. China agriculture statistical report 2013. China Agriculture Press, Beijing (2014).
 8. Chinese Ministry of Agriculture. China agriculture statistical report 2014. China Agriculture Press, Beijing (2015).
 9. Chinese Ministry of Agriculture. China agriculture statistical report 2015. China Agriculture Press, Beijing (2016).
 10. Chinese Ministry of Agriculture. China agriculture statistical report 2016. China Agriculture Press, Beijing (2017).
 11. Zhang, Q. et al. New development of climate change in Northwest China and its impact on arid environment. Journal of Arid 

Meteorology 28(1), 1–7 (2010).
 12. Shi, Y. F., Shen, Y. P. & Hu, R. J. Preliminary study on signal, impact and foreground of climatic shift from warm-dry to warm-humid 

in Northwest China. Journal of Glaciology and Geocryology 24(3), 219–226 (2002).
 13. Qin, D. H. & Stocker, T. 259 Authors & TUS (Bern & Beijing). Highlights of the IPCC working group I fifth assessment report. 

Advances in Climate Change Research 10(1), 1–6 (2014).
 14. Deng, Z. Y. et al. Influence of climate warming and drying on crop eco-climate adaptability in Northwestern China. Journal of Desert 

Research 30(3), 633–639 (2010).
 15. Wang, C. Y., Lou, X. R. & Wang, J. L. Influence of agricultural meteorological disasters on output of crop in China. Journal of Natural 

Disasters 16(5), 37–43 (2007).
 16. Xu, D., Kong, Y. & Wang, C. H. Changes of water vapor budget in arid area of northwest China and its relationship with precipitation. 

Journal of Arid Meteorology 34(3), 431–439 (2016).
 17. Liu, Z., Menzel, L., Dong, C. & Fang, R. Temporal dynamics and spatial patterns of drought and the relation to ENSO: a case study 

in Northwest China. International Journal of Climatology 36(8), 2886–2898 (2016).
 18. Yang, P., Xia, J., Zhan, C., Zhang, Y. & Hu, S. Discrete wavelet transform-based investigation into the variability of standardized 

precipitation index in Northwest China during 1960–2014. Theoretical & Applied Climatology 132(1), 167–180 (2017).
 19. Wang, Z., Li, Y. & Wang, S. Analysis of characteristics of multiple time scale drought based on SPEI in the east of Northwest China// 

EGU General Assembly Conference. EGU General Assembly Conference Abstracts (2017).
 20. Liu, Z., Wang, Y., Shao, M., Jia, X. & Li, X. Spatiotemporal analysis of multiscalar drought characteristics across the Loess Plateau of 

China. Journal of Hydrology 534, 281–299 (2016).
 21. Ren, P. G., Zhang, B., Zhang, T. F., Li, X. Y. & Chen, L. Trend analysis of meteorological drought change in Northwest China based 

on standardized precipitation evapotranspiration index. Bulletin of Soil and Water Conservation 34(1), 182–187 (2014).
 22. He, B., Liu, Z. J., Yang, X. G. & Sun, S. Temporal and spatial variations of agro-meteorological disasters of main crops in China in a 

changing climate (II): drought of cereal crops in Northwest China. Chinese Journal of Agrometeorology 38(1), 31–41 (2017).
 23. Wang, Y. J. & Qin, D. H. Influence of climate change and human activity on water resources in arid region of Northwest China: an 

overview. Climate Change Research 13(5), 483–493 (2017).
 24. Xiao, W. Y. Spring corn climate suitability zoning and drought risk assessment of northwest in China. (Dissertation, Nanjing University 

of Information Science & Technology, 2013).
 25. Wang, Y. S. Under the background of climate change, the research of the disaster loss assessment technology on corn drought in northwest 

– the spring corn in Gansu province. (Dissertation, Gansu Agricultural University, 2012).
 26. Jia, H. et al. Maize Drought Disaster Risk Assessment Based on EPIC Model: A Case Study of Maize Region in Northern China. Acta 

Geographica Sinica 66(5), 643–652 (2011).
 27. Li, C., Wang, R., Ning, H. & Luo, Q. Characteristics of meteorological drought pattern and risk analysis for maize production in 

Xinjiang, Northwest China. Theoretical & Applied Climatology 133, 1269–1278 (2018).
 28. IPCC. Climate Change 2014: Synthesis Report. Contribution of Working Groups I, II and III to the Fifth Assessment Report of the 

Intergovernmental Panel on Climate Change [Core Writing Team, Pachauri, R. K. & Meyer, L. A. (eds)]. IPCC, Geneva, Switzerland 
(2014).

 29. Mccarthy, J. J. Climate Change 2001: Impacts, Adaptation, and Vulnerability: Contribution of Working Group II to the Third Assessment 
Report of the Intergovernmental Panel on Climate Change. Cambridge University Press, Cambridge, 2001).

 30. Turner, B. L. II et al. A framework for vulnerability analysis in sustainability science. Proceedings of the National Academy of Sciences 
of the United States of America 100(14), 8074–8079 (2003).

 31. Yan, L. et al. Vulnerability evaluation and regionalization of drought disaster risk of maize in Northwestern Liaoning province. 
Chinese Journal of Eco-Agriculture 20(6), 788–794 (2012).

 32. Thomas, T., Jaiswal, R. K., Galkate, R., Nayak, P. C. & Ghosh, N. C. Drought indicators-based integrated assessment of drought 
vulnerability: a case study of Bundelkhand droughts in central India. Natural Hazards 81(3), 1627–1652 (2016).

 33. Kim, H., Park, J., Yoo, J. & Kim, T. W. Assessment of drought hazard, vulnerability, and risk: A case study for administrative districts 
in South Korea. Journal of Hydro-environment Research 9(1), 28–35 (2015).

 34. Zhang, Q., Sun, P., Li, J., Xiao, M. & Singh, V. P. Assessment of drought vulnerability of the Tarim River basin, Xinjiang, China. 
Theoretical & Applied Climatology 121(1-2), 337–347 (2015).

 35. Yue, Y. et al. An EPIC model-based vulnerability assessment of wheat subject to drought. Natural Hazards 78, 1629–1652 (2015).
 36. Wang, Z. L., Wang, J. & Wang, J. S. Risk assessment of agricultural drought disaster in southern China. Discrete Dynamics in Nature 

and Society, https://doi.org/10.1155/2015/172919 (2015).
 37. Wang, J. et al. Risk evaluation of agricultural disaster impacts on food production in southern China by probability density method. 

Natural Hazards 83, 1605–1634 (2016).
 38. Liu, J., Li, S., Wu, J., Liu, X. & Zhang, J. Research of influence of sample size on normal information diffusion based on the Monte 

Carlo method: risk assessment for natural disasters. Environmental Earth Sciences 77(13), 480 (2018).
 39. Huang, C. F. The principle of information diffusion and thought computation and their applications in earthquake engineering. (Beijing 

Normal University Publishing Group, Beijing, 1992).
 40. Huang, C. & Huang, Y. An information diffusion technique to assess integrated hazard risks. Environmental Research 161, 104–113 

(2018).
 41. Huang, C. F., Guo, J., Ai, F. L. & Wu, T. Basic paradigm of risk analysis in flood disaster and its application. Journal of Natural 

Disasters 22(4), 11–23 (2013).
 42. Wang, W. X., Zuo, D. D. & Feng, G. L. Analysis of the drought vulnerability characteristics in northeast China based on the theory 

of information distribution and diffusion. Acta Physica Sinica 63(22), 447–457 (2014).
 43. Kattelus, M., Salmivaara, A., Mellin, I., Varis, O. & Kummu, M. An evaluation of the Standardized Precipitation Index for assessing 

inter–annual rice yield variability in the Ganges–Brahmaputra–Meghna region. International Journal of Climatology 36(5), 
2210–2222 (2016).

 44. Caloiero, T. Drought analysis in New Zealand using the standardized precipitation index. Environmental Earth Sciences 76, 569 
(2017).

 45. Zhai, L. X. & Feng, Q. Dryness/Wetness climate variation based on Standardized precipitation index in Northwest China. Journal of 
Natural Resources 26(5), 847–857 (2011).

 46. Wang, Y., Li, Y. H. & Hu, T. T. Analysis on spatial and temporal patterns of drought based on standardized precipitation index in 
Hedong area in Gansu province. Journal of Desert Research 34(1), 244–253 (2014).

https://doi.org/10.1038/s41598-018-37362-4
https://doi.org/10.1155/2015/172919


www.nature.com/scientificreports/

9Scientific RepoRts |           (2019) 9:964  | https://doi.org/10.1038/s41598-018-37362-4

 47. Li, H. M. A comparative analysis of the applicability of four drought indices in Shaanxi province. China Rural Water and Hydropower 
11(50-54), 58 (2014).

 48. Hu, Y., Du, L. T., Hou, J., Liu, K. & Zhu, Y. G. Drought characteristics in arid zone of middle Ningxia from 1960 to 2012 base on SPI 
index. Agricultural Research in the Arid Areas, 35(2), 255–262 (2017).

 49. China Meteorological Adminidtration. GB/T20481-2006 Meteorological Drought Classification. Standards Press of China, Beijing 
(2006).

 50. Edwards, D. C. & McKee, T. B. Characteristics of 20th Century Drought in the United States at Multiple Time Scales. (For Colling: 
Department of Atmospheric Science Colorado State University, 1997).

 51. McKee, T. B., Doesken, N. J. & Kliest, J. The relationship of drought frequency and duration time scales. Proceedings of the 8th 
International Conference on Applied Climatology, Boston, MA, USA (1993).

 52. Fang, S. B. Exploration of method for discrimination between trend crop yield and climatic fluctuant yield. Journal of Natural 
Disasters 20(6), 13–18 (2011).

 53. Xue, C. Y., Huo, Z. G., Li, S. K. & Ye, C. L. Risk assessment of drought and yield losses of winter wheat in the northern part of North 
China. Journal of Natural Disasters 12(1), 131–139 (2003).

 54. Deng, G. & Li, S. K. Risk assessment and Countermeasures of agricultural disasters in China. China Meteorological Press, Beijing 
(1999).

 55. Qian, Y. L., Mao, L. X. & Zhou, G. S. Changes in global main crop yields and its meteorological risk assessment. Transactions of the 
Chinese Society of Agricultural Engineering 32(1), 226–235 (2016).

 56. Huang, C. F. Risk analysis and management of natural disasters. Science Press, Beijing (2012).
 57. Huang, C. F. & Shi, Y. Towards efficient fuzzy information processing – using the principle of information diffusion. Physica-Verlag 

(Springer), Heidelberg, Germany (2002).
 58. Mokany, K., Raison, R. J. & Prokushkin, A. S. Critical analysis of root: shoot ratios in terrestrial biomes. Global Change Biology 

2(1), 84–96 (2010).
 59. Bu, L. D., Zhang, R. H., Han, M. M., Xue, J. Q. & Chang, Y. The physiological mechanism of compensation effect in maize leaf by 

re-watering after drought stress. Acta Agriculturae Boreali-occidentalis Sinica 18(2), 88–92 (2009).
 60. Qin, R. R. & Wang, X. L. Effect of root depth on compensatory growth upon post-drought of corn seedlings. Chinese Journal of 

Ecology, doi:10.13292/j.1000-4890.201811.030 (2018).
 61. Liu, Y. L., Guo, X. S. & Ma, M. S. Effects of drought stress and rewatering at seedling stage on light energy utilization and antioxidant 

enzymes activities of spring maize leaves. Journal of Soil and Water Conservation 32(1), 339–343 (2018).
 62. Cai, F. et al. Effect of drought stress on root growth during the key growth periods of spring maize in Northeast China. Journal of 

Meteorology and Environment 34(2), 75–81 (2018).
 63. Jia, H. C. et al. Analysis of natural disaster chain in Northwest China. Journal of Catastrophology 31(1), 72–77 (2016).
 64. Zhang, Q., Han, L. Y., Jia, J. Y., Song, L. L. & Wang, J. S. Management of drought risk under global warming. Theoretical & Applied 

Climatology 125, 187–196 (2016).

Acknowledgements
This study is financially supported by the NSFC (National Natural Science Foundation of China) (Grant No. 
41605089, 41630426), the China Special Fund for Meteorological Research in the Public Interest (Major projects) 
(GYHY201506001-6), the China Postdoctoral Science Foundation (Grant No. 2015M572666XB) and the Natural 
Science Foundation of Gansu Province, China (Grant No. 1606RJYA284). The authors thank the many students 
at Lanzhou University who provided assistance with data management. Finally, the authors thank the anonymous 
reviewers for their helpful comments.

Author Contributions
Wang Ying conceived the experiment, Wang Ying and Zhao Wen conducted the experiment, Zhang Qiang and 
Yao Yubi analysed the results. All authors reviewed the manuscript.

Additional Information
Supplementary information accompanies this paper at https://doi.org/10.1038/s41598-018-37362-4.
Competing Interests: The authors declare no competing interests.
Publisher’s note: Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Cre-
ative Commons license, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons license, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons license and your intended use is not per-
mitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the 
copyright holder. To view a copy of this license, visit http://creativecommons.org/licenses/by/4.0/.
 
© The Author(s) 2019

https://doi.org/10.1038/s41598-018-37362-4
https://doi.org/10.1038/s41598-018-37362-4
http://creativecommons.org/licenses/by/4.0/

	Characteristics of drought vulnerability for maize in the eastern part of Northwest China
	Study Area
	Data and Methods
	Data sources. 
	Research methods. 
	Degree of regional meteorological drought. 
	Separation of relative meteorological production. 
	The information and diffusion distribution method. 
	Drought risk model. 


	Results and Analysis
	Probability distribution estimation of MDD. 
	Probability distribution estimation of relative meteorological yield. 
	Analysis of maize drought vulnerability. 
	Maize drought risk. 

	Discussion
	Conclusions
	Acknowledgements
	Figure 1 Location of the study area (inset map shows China).
	Figure 2 The interannual variability of annual MDD and average maize unit yield in the study area.
	Figure 3 Probability of meteorological drought degree (MDD).
	Figure 4 Probability of relative meteorological yield.
	Figure 5 The vulnerability curve of meteorological drought degree vs.
	Table 1 Climatic conditions in the study area.
	Table 2 Classification standard of drought based on the standardized precipitation (SPI) index.




